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Debates about grade inflation and grade equity in U.S. col-
leges have intensified the focus on instructor grading prac-
tices, highlighting the significant impact that grades have on 
higher education institutions, students, and instructors. 
Recent controversies surrounding the firing of college 
instructors over grading practices (e.g., Quinn, 2023; Saul, 
2022) demonstrate the challenges that academic institutions 
face as they struggle to address both rampant grade inflation 
(Denning et al., 2022; Rojstaczer & Healy, 2012) and dis-
criminatory and unfair grading practices (E. S. Park et al., 
2021; J. J. Park et al., 2020). For students, the impact of 
grades extends well beyond the classroom. Grades deter-
mine their eligibility for scholarships, educational opportu-
nities (e.g., clubs/sports, internships), graduation, and can 
strongly shape future career prospects. For instructors, the 
grades that they assign can impact their job performance 
evaluations and opportunities for career advancement 
(Ginther & Kahn, 2006; Isely & Singh, 2005).

Given the broad importance of college grades, research 
has begun to examine how instructor characteristics and 
work-related pressures influence grading practices. To date, 

research finds that instructor grading practices often differ 
based on the gender, race, and position rank (e.g., adjunct, 
pre-tenure) of instructors (Jewell & McPherson, 2012; Ran 
& Xu, 2019). These differences are partly due to differential 
work pressures (e.g., job security) and classroom contexts 
(e.g., class size) (Franz, 2010; Griffith & Sovero, 2021). But 
they also reflect differences in teaching philosophy, student-
instructor race and gender match, and department-specific 
grading norms (Harbatkin, 2021; Jewell et al., 2013; Joshi 
et al., 2018; Koedel, 2011).

Though valuable, this research has yet to examine the 
grading practices of international instructors, a vital and cul-
turally diverse segment of the U.S. higher education work-
force. Although estimates of the size of the international 
instructor workforce differ based on the data source and 
definition used (nativity, citizenship, or visa status), all evi-
dence suggests that international instructors make up a siz-
able share of U.S. instructors (Kim et al., 2012). According 
to the National Center for Education Statistics (NCES, 
2021), in 2019, international faculty measured based on tem-
porary visa status (i.e., nonresident alien) made up 6% 
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(50,628 positions) of all full-time faculty positions at U.S. 
higher education institutions. This rate is higher in the 
Harvard COACHE survey. The estimated share of interna-
tional faculty, as measured by non-U.S. citizenship status, at 
4-year research-intensive universities varies across disci-
plines and ranges from 8.9% in education to as high as 33% 
in physical sciences (Kim et al., 2012). 

In addition to their prominent size, international instruc-
tors are culturally diverse, coming from roughly 200 coun-
tries and territories. Given that evidence suggests grading 
expectations and practices often differ across countries 
(Anglin & Meng, 2000; Cheng et al., 2018), research is 
needed to assess whether these same cross-country differ-
ences persist between domestic and international instructors 
in the U.S. higher educational system. Foreign-born faculty 
who obtained their undergraduate degrees outside the United 
States may have differing grading expectations and prac-
tices. That is because they are less likely to be familiar with 
the U.S. undergraduate higher educational system and, as 
suggested by prior research (Kim et al., 2011), may have dif-
ferent undergraduate cultural, social, and educational expe-
riences that shape their academic experience. For instance, 
foreign-born instructors educated abroad are often distinct 
from their foreign-born, U.S.-educated and U.S.-born peers: 
They have higher work productivity but lower job satisfac-
tion than both (Kim et al., 2011). Research, however, has yet 
to examine whether similar differences exist in grading 
practices.

Given the prominence of international instructors in higher 
education, understanding their grading practices is essential 
for informing broader college grading debates. This article 
initiates a pivotal exploration by assessing how U.S.-based 
international instructors’ undergraduate-level grading prac-
tices compare to that of domestic instructors. We follow Kim 
et al. (2011, 2012), and define international status based on 
undergraduate degree country location for theoretical and 
practical reasons. Theoretically, we want to understand the 
grading practices of international instructors who are learning 
to adapt to the U.S. higher educational undergraduate grading 
system. Foreign-born instructors educated outside the under-
graduate U.S. educational system, no matter their citizenship 
or visa status, are the group of instructors most likely to face 
unique U.S. undergraduate grading adaptation challenges due 
to their different undergraduate grading experiences and cul-
tural norms. Practically, we focus on the country of under-
graduate degree attainment to overcome data limitations. 
Because no current large-scale dataset (survey or administra-
tive) simultaneously collects information on instructors’ inter-
national status and grading practices, researchers have not 
been able to examine domestic and international instructor 
grading practices. We overcome this challenge by creating a 
unique, large-scale dataset that combines institutional admin-
istrative grading records with data from individual instructor 
CVs (curricula vitae)—from which country of undergraduate 

degree attainment is the strongest proxy available to identify 
international versus domestic status.

Building on different literatures related to U.S. grading 
practices, this article develops a framework for understand-
ing the different factors shaping instructors’ grading prac-
tices. We then apply this framework to international 
instructors by incorporating literature on immigrant adapta-
tion and assimilation to examine how their differing back-
grounds, cultural perspectives, and contextual experiences 
within the U.S. higher educational system may lead to dif-
fering grading behaviors. Using a unique large-scale data-
base of U.S. instructors across three major U.S. universities, 
we assess (a) whether undergraduate-level grading practices 
differ between domestic and international instructors; (b) 
what factors, including instructor characteristics, classroom 
and departmental contexts, and immigrant background, con-
tribute to international-domestic instructor grading differ-
ences; and (c) whether international-domestic instructor 
grading differences differ across key subgroups (e.g., gen-
der, position rank). The results of this study reveal key dif-
ferences in the grading practices of domestic and international 
instructors and identify avenues for future research.

Current Evidence on Instructor Grading Practices

Because grades are a standard form of assessment used 
across educational systems, evidence of the grading prac-
tices of college-level instructors is informed by studies  
at both the K–12 and higher educational system levels. 
Grading is a complex process that requires an instructor’s 
objective and subjective judgment about a body of students’ 
work and performance to communicate with wider audi-
ences, such as other institutions, students’ families, or 
recruiters (Brookhart et al., 2016; Schneider & Hutt, 2014). 
Grades are largely presumed to signal students’ academic 
abilities (Pattison et al., 2013). However, grade decisions 
can also reveal how instructors navigate their teaching envi-
ronments, interpreting external norms, practices, and pres-
sures related to their individual characteristics, position 
rank, classroom structure, and departmental and institu-
tional contexts (see e.g., Ehrenberg & Zhang, 2005; 
Hermanowicz & Woodring, 2019; Jewell & McPherson, 
2012; Kokkelenberg et al., 2008).

Instructor Characteristics and Position Rank

Extant research finds that instructor grading practices dif-
fer based on the instructors’ gender, race, and position rank. 
At the college level, research has largely focused on examin-
ing grade inflation and how discrimination and job insecu-
rity pressures lead to differential grading practices by gender 
and position rank. Using two decades of data from one large 
public university, Jewell and McPherson (2012) found that 
female instructors grade students significantly higher than 
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males. This difference exists because female instructors face 
higher levels of discrimination in student evaluations 
(Boring, 2017; Radchenko, 2020) and greater overall job 
insecurity (Ginther, 2001; Ginther & Kahn, 2006), both of 
which create pressure to grade higher. Instructors who award 
higher grades tend to have higher student evaluations (Isely 
& Singh, 2005; Kostal et al., 2016), and females are more 
likely to be retained if they award higher grades (Griffith & 
Sovero, 2021).

Research on instructor rank finds a similar work-pres-
sure, job security grading incentive. This research consis-
tently finds that adjunct, nontenured, and pre-tenure 
instructors award higher grades than tenured instructors 
(Kezim et al., 2005) and that these higher grades do not com-
pletely reflect better student quality (Ehrenberg & Zhang, 
2005; Ran & Xu, 2019). The assumed reason for the higher 
grades is that instructors with less job security are pressured 
to give higher grades to improve their student evaluations 
and to reduce time dealing with student complaints, which 
can hinder work productivity (Franz, 2010).

Though the same heightened discrimination and job inse-
curity pressures affect non-White instructors (Arnold et al., 
2016; Ward & Hall, 2022), there is limited research at the 
college level on how grading practices differ by instructor 
race/ethnicity. The only study that we are aware of found 
that grading practices differed by gender but not by race/
ethnicity (White versus non-White instructors) (Jewell & 
McPherson, 2012). The authors caution, however, that due 
to data limitations, they could not distinguish between 
domestic and international non-White instructors, the latter 
of which may have different grading motivations and 
incentives.

Instead, research at the K–12 level provides insights into 
how grading practices of instructors with different racial/
ethnic backgrounds may differ. These studies focus on how 
a teacher’s race/ethnicity may impact the quality of the stu-
dent-teacher relationship and consistently find that students, 
particularly Black students, perform better on tests, grades, 
and behavior indicators (e.g., attendance) when classes are 
taught by an instructor of the same race/ethnicity (Downey 
& Pribesh, 2004; Harbatkin, 2021; Joshi et al., 2018; 
Kozlowski, 2015). Though there is debate as to why, two 
main assumptions are that non-White teachers are less likely 
to harbor negative racial/ethnic biases against non-White 
students and that they are more likely to serve as positive 
role models for them (Downey & Pribesh, 2004; Kozlowski, 
2015). In turn, students are more engaged, and teachers are 
more effective. Given that colleges and universities are 
increasingly concerned about racial equity in student perfor-
mance and grading practices (Bowman & Denson, 2022), 
these results, combined with Jewell and McPherson’s (2012) 
study, highlight the need to examine how grading practices 
differ by the racial/ethnic background of the instructor, for 
both domestic and international instructors.

Classroom and Departmental Factors

Other research on instructor grading practices focuses on 
how structural differences across classrooms/courses, par-
ticularly the role of class size, shape instructor grading prac-
tices. In grading, instructors consider what scholars often 
refer to as achievement (e.g., test scores) and nonachieve-
ment factors (e.g., class participation, effort, and motivation) 
(Brookhart, 2013; Brookhart et al., 2016; Cheng et al., 2020; 
Olsen & Buchanan, 2019).1 Although some debates remain 
about whether and how class size affects course grades 
(Ake-Little et al., 2020), common views among researchers 
are that nonachievement factors are harder to track in large 
classes. Large class size adversely affects students’ and pro-
fessors’ motivation and attitudes—nonachievement fac-
tors—toward the learning process. In smaller classes, 
instructors have a better understanding of students’ efforts 
and are likely to account for effort when grading (Millea 
et al., 2018). Consequently, studies show that class grades 
decrease when class size increases (Diette & Raghav, 2015; 
Kokkelenberg et al., 2008) and that class grades are lower in 
introductory/entry-level courses than advanced/upper-level 
courses due to the former having larger class sizes (Bean, 
1985).

Additionally, research indicates that grading norms and 
practices differ across fields of study and departments. 
Courses in the humanities, education, and, to a lesser extent, 
social sciences tend to have higher grades than courses in 
STEM (science, technology, engineering, and mathematics) 
and business fields (Butcher et al., 2014; Jewell & McPherson, 
2012; Koedel, 2011; Rojstaczer & Healy, 2012). Though the 
exact reasons for these differences are unknown, potential 
explanations are that more quantitative disciplines have 
fewer subjective grading elements, whereas instructors in 
the humanities and similar disciplines are more likely to 
give credit for nonachievement factors (Hermanowicz & 
Woodring, 2019). Additionally, differences in teacher gender 
and racial/ethnic biases—which are particularly concerning 
in STEM—and the use of grading protocols—which have 
discriminatory effects—may lead to across discipline grad-
ing differences (E. S. Park et al., 2021; J. J. Park et al., 2020). 
And departmental size matters. Small departments may try 
to attract more students by inflating grades, while large 
departments may be more research-oriented and focus less 
on teaching effectiveness (Jewell et al., 2013).

Teaching Philosophy and Instructional Approaches

Finally, research indicates that instructors’ teaching phi-
losophy and instructional approaches shape grading prac-
tices. Instructors differ on how much they weigh achievement 
and nonachievement factors, their consideration of external 
factors (e.g., family demands), their use of instructional 
approaches (e.g., lecturing vs. active learning activities), 
views on the purpose of assessments (e.g., hold students 
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accountable vs. “weed out” students), and inclusion of diver-
sity into the classroom and curriculum—all of which have 
strong implications for student performance and instructor 
grading practices (E. S. Park et al., 2021).

International Instructors and Their Grading Practices

The lack of research on international instructors’ grading 
practices is largely due to data limitations. There is no large-
scale dataset that simultaneously collects information on  
an instructor’s international status and grading practices. 
Administrative datasets, such as university-published grades, 
provide the class-average grades an instructor assigns but do 
not include detailed instructor information. Conversely, 
large-scale surveys of instructors and doctorate degree-hold-
ers (e.g., National Study of Postsecondary Faculty, Survey of 
Earned Doctorates) have information to identify international 
status (e.g., citizenship status) but not instructor grades. 
Consequently, no large-scale study has examined how grad-
ing practices differ between domestic and international 
instructors. Appendix A details this data challenge further.

Instructor, Department, and Classroom Factors

Instead, research on international instructors’ characteris-
tics and work context provides useful insights into how their 
differential demographic profiles, position ranks, and depart-
mental backgrounds may lead to differing grading practices 
compared to domestic instructors. Available studies on inter-
national instructors highlight several consistent demographic 
and professional characteristics of international instructors, 
despite the fact that each study captures different time frames 
and U.S. higher education workforce segments (see Appendix 
A for further details). Overall, these studies indicate that 
international instructors are more likely to be male and Asian, 
with the top three origin countries being China, Korea, and 
India (Kim et al., 2011; Open Doors, 2022b). They are more 
likely to be in a research-intensive university (Marvasti, 
2005), a STEM field (Lin et al., 2009), and a tenure-track, 
pre-tenure position (Espinosa et al., 2019).

The demographic profiles and position ranks of interna-
tional instructors suggest that they may grade higher than 
domestic instructors, while their associated departmental 
and classroom contexts suggest the opposite. Because inter-
national instructors are more likely to be in a pre-tenure-
track position, they may feel job insecurity pressures to 
inflate grades. Like female and racial/ethnic minority 
instructors, foreign-born instructors are discriminated 
against in student evaluations (Fan et al., 2019; Hamermesh 
& Parket, 2005), which may worsen this job insecurity, 
grade inflation incentive. Additionally, as a majority of inter-
national instructors are non-White, they may be more effec-
tive at teaching non-White students, leading to higher 
achievement and grades. Alternatively, given that the 

majority of international instructors are in STEM fields, they 
may adhere to departmental norms and practices, and award 
lower grades than non-STEM instructors (Hermanowicz & 
Woodring, 2019; Koedel, 2011). The extent to which they do 
so will likely depend on the classroom context. But there is 
limited research on the types of classes that international 
instructors teach.

Consequently, we have no a priori expectation of whether 
international instructors will grade higher or lower than 
domestic instructors. We simply suspect that their grading 
practices will differ and that differences in demographic pro-
file, instructor rank, and departmental and classroom con-
texts will explain some of this difference.

Immigrant Background and Teaching Philosophy/
Instructional Approach

International and domestic grading differences are likely 
to extend beyond just these factors. That is because interna-
tional instructors are immigrants with their own culturally 
informed teaching philosophy and approaches. Importantly, 
how instructors allocate recognition for nonachievement 
factors in grading is not culturally unanimous. For instance, 
Cheng et al. (2018) found that Chinese secondary teachers 
equally weigh achievement (e.g., tests) and non-achieve-
ment (e.g., learning habits) factors when grading, while 
Canadian teachers focus mostly on achievement factors. 
Additionally, countries differ in terms of how much they 
encourage the freedom of inquiry by students (Macfarlane, 
2012). International instructors from countries where aca-
demic freedom is regulated or oppressed may struggle to 
adapt to the U.S. higher educational system’s approach of 
encouraging student academic freedom and in-class discus-
sion (Altbach, 2001, 2009). As a result, they may be less 
receptive to students’ ideas or confrontations, or vice versa, 
and grade students differently.

These and other cultural differences in grading practices, 
however, may lessen over time as international instructors 
adapt to the U.S. higher education system and cultural norms. 
As suggested by immigrant assimilation theories (Brown & 
Bean, 2006; Massey & Malone, 2003), upon arrival interna-
tional instructors, like other immigrants, may face adaptation 
challenges that affect grading practices. For instance, it may 
take time for them to adjust to the U.S. standard grading sys-
tem, which also requires a cultural understanding of what 
standards to apply when assigning grades (Witte, 2011). 
Additionally, international instructors may adjust their grad-
ing behaviors to be more similar to that of domestic instruc-
tors as a way to signal becoming an in-group member (Alba 
& Nee, 2003). Extant research finds that over time, immi-
grants often behave more like the U.S.-born population (e.g., 
speak English) (NAEMS, 2015). 

However, cultural minorities may also resist assimilation if 
certain practices in the host culture are not aligned with their 
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values (Pennesi, 2016; Schultz, 2016). The practice of grade 
inflation, which some evidence suggests may be more serious 
in the United States (Rojstaczer & Healy, 2012; Rodriguez-
Planas, 2022), is one potential example. International instruc-
tors may resist grade inflation pressures and maintain grading 
differences over time.

Methods

Data

To address data limitations, we created the first large-
scale dataset that combines instructors’ international status 
and assigned grades. Creating this dataset was a time- and 
labor-intensive process that required constructing and com-
bining two different data sources: (a) publicly available 
course-grade data from university websites and (b) corre-
sponding instructor characteristic data compiled from CVs. 
The latter required a manual search through each instructor’s 
CV and website to identify key characteristics (e.g., interna-
tional status). Because data collection was labor-intensive, 
we had to be decisive with our priorities. We pooled the uni-
verse of undergraduate course-grade data from three univer-
sities, then used this to select a random subsample of faculty 
within each university. Below, we describe this process fur-
ther (see Appendix C for more details).

For our university choices, we selected three large R1, 
public, and flagship universities in the Midwest for several 
reasons. First, we focused on R1 institutions, given that inter-
national instructors are more likely to work at research-inten-
sive universities (Marvasti, 2005). Second, we prioritized 
selecting three comparably similar (e.g., public, flagship, 
Midwest) institutions to increase internal validity. This mini-
mizes the risk that unobserved institutional differences con-
found our international-domestic grading comparison. 
Finally, all three universities selected publish their course-
grade data online, which was necessary to be included. These 
data were often not available (or complete) at smaller or pri-
vate institutions. Appendix Table C-1 describes the key fea-
tures of the three universities selected. Overall, each 
university offers a wide array of undergraduate degree pro-
grams (260+), has a large undergraduate population (between 
~23,000 and 33,000), is majority White both in terms of 
undergraduates (between ~55% and 80%) and instructors 
(between ~60% and 70%), and has a sizable share of nonresi-
dent alien instructors (between ~5% and 15%).

From each school, we collected data on all courses offered 
during all semesters between 2011 to 2017. Data include 
class-average grades (on a 5-point scale), the full distribu-
tion of grades (percentage As, Bs, etc.), class level, student 
enrollment, department, semester, and instructor’s full name. 
From this list, we eliminated all lab sections of a course (if 
lab and main course were graded separately) since the 
instructor of record may not be the primary day-to-day 

instructor (e.g., labs led by graduate student teaching assis-
tants). We also eliminated cotaught courses, given that each 
instructor is likely to have differing characteristics.

Given the size of the grade data (over 166,000 courses 
taught by 18,000 instructors), it was not feasible to build a 
corresponding dataset of all instructors across universities. 
Thus, we decided to create a random sample of instructors 
that would be representative of the entire population of 
instructors at each university. To do so, we used a conserva-
tive power calculation on the grade dataset and found that a 
sample size of ~3,000 instructors would be sufficient to 
detect a grading difference of at least 10%. Using a list of 
instructors derived from the grade data, we then randomly 
selected instructors, stratified by university (~1,000 per uni-
versity), from this list to create our targeted sample.

We stratified by university and not department for two 
reasons. First, department structure differed across universi-
ties, making it difficult to stratify by department. For exam-
ple, Public Policy was a school in one university, but in the 
Political Science Department in another. Second, though 
prior research suggests that international instructors are 
more likely to be in STEM fields (Kim et al., 2012; Marvasti, 
2005), we had no way to confirm this for our focal universi-
ties or to know the distribution of international instructors by 
field and department at the sampling stage. Thus, we used 
simple random sampling at the university level (adjusted to 
ensure exceptionally large and small departments were not 
overrepresented; see Appendix C). This ensures that the 
final sample of international and domestic instructors that 
we observe is representative of all instructors at each of the 
three universities.

Then, using full names from the grade dataset, we con-
ducted a manual search through each instructor’s CV and 
website to collect information on instructors’ qualifications, 
employment history, demographics (e.g., gender), and infor-
mation to identify international instructor status (e.g., coun-
try where bachelor’s degree was obtained). Because we 
omitted graduate student instructors (N = 766) and instruc-
tors who could not be found during the manual search 
(N = 211), the final dataset contains 2,023 instructors who 
taught 16,021 courses over 21 semesters. This sample size is 
sufficient to capture statistically meaningful international-
domestic instructor grading differences.

Measures

Instructor Grades. The key outcome of interest is class-
average grade. Following prior research (Ake-Little et al., 
2020; Butcher et al., 2014), we calculate the mean value of 
all students’ grades in one class, measured on a 4.0-point 
scale (rounded to the hundredth).

International Versus Domestic Instructor. The key indepen-
dent variable of interest is a binary indicator classifying 
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instructors as 1 = international or 0 = domestic instructors. 
As noted, we follow Kim et al. (2011, 2012) and classify 
instructors as international if they obtained their bachelor’s 
degree outside the United States. We use a three-stage sys-
tem to identify bachelor’s degree country location. In Stage 
1, we identified country location based on CVs and online 
profiles. For example, if an instructor reported that they 
received their bachelor’s degree from China, we coded them 
as international, and China as their origin country. We coded 
80% of instructors in stage one.

For the remaining 20%, we had to use additional methods 
to identify country location. In Stage 2, we classified instruc-
tors as international if they had clear research interests in a 
specific country and bore a common name of that country 
(e.g., named Paganini, a common Italian name, who pub-
lished on Italian politics). We coded an additional 14% of 
instructors using these criteria. In Stage 3, we used instruc-
tors’ last names or language spoken to classify international 
status. For instance, if they reported speaking a non-English 
language and had a corresponding origin last name (e.g., 
spoke Korean, last name Kim), we coded them as interna-
tional. If they had a common American-based last name 
(e.g., Smith) and no international markers (e.g., language), 
we coded them as domestic. Six percent of the sample were 
coded using these criteria. We use all instructors (no matter 
their identification stage) in our analysis. Sensitivity checks 
excluding those identified in Stages 2 and 3 were qualita-
tively similar (see Appendix Table B-2).

Because CVs and online profiles rarely identify a per-
son’s nativity or citizenship status, our measure also cap-
tures a small share of U.S.-born instructors who completed 
their undergraduate degrees abroad. These instructors are 
not our primary focus of interest, but there is no systematic 
way to identify them. They, however, are likely to make-up 
an extremely small share. Best available estimates from the 
Institute of International Education indicate that, in 2022, 
~40,000 U.S.-born individuals pursued an undergraduate 
degree abroad—a dramatically smaller number than the over 
16.5 million undergraduates (the vast majority of whom are 
U.S.-born) pursuing a U.S. undergraduate degree (NCES, 
2023; Project Atlas, 2022). Moreover, their inclusion in our 
“international” classification is likely to attenuate (i.e., 
underestimate) differences between “domestic” and “inter-
national” instructors due to induced measurement error.

Instructor Characteristics and Position Rank. Because grad-
ing practices often differ based on gender, race/ethnicity, and 
position rank, we create indicators for each. For gender and 
race/ethnicity, we create proxy indicators since these are not 
explicitly listed on CVs. Following prior research (Li & Koe-
del, 2017), we use a combination of visual inspection, last 
name origin (e.g., Hispanic surname), and other biographic 
information (e.g., country of degree attainment, employment 
history, self-reported citizenship status), to 

classify individuals by race and ethnicity (White, Black, 
Asian, Hispanic, and other) and by gender (male and female). 
The “other” category for race and ethnicity includes (a) indi-
viduals we identify as aligning with a different race and eth-
nicity category based on U.S. Census standards (e.g., Native 
American, Pacific Islander, two or more races) and (b) indi-
viduals for whom we could not identify their race and or eth-
nicity (9.46% of the sample). For gender, we are not able to 
identify the gender of 1% of our sample. Because we do not 
want to overclaim inferences on this small unknown gender 
group in our statistical estimates, we combined this group 
with females (the reference category) to limit sample reduc-
tion. Results are robust after excluding observations with 
unknown or unidentifiable data on race, ethnicity and gender.

Though we would prefer to use self-identified indicators 
and recognize that this proxy approach is problematic—phe-
notypic characteristics do not identify race or ethnicity, both 
of which are products of long-standing power inequities, not 
biology (Laughter, 2018)—we contend that this is still an 
appropriate approach given data limitations. In the U.S. con-
text, where race is a social construct, this method presents the 
social understanding of racial and gender groups rather than 
a representation of self (Leonardo, 2007). To ensure that we 
captured a broad social understanding of these groups, our 
coding team represented different self-identified race, ethnic, 
and gender categories (i.e., non-Hispanic White male, Asian 
female). Interrater reliabilities for race and gender were 95% 
and 98%, respectively. We also verified that race and gender 
shares in our sample matched with shares reported in the 
2014 IPEDS (Integrated Postsecondary Education Data 
System) Research-I universities data sample and the Li and 
Koedel (2017) study.

To capture position and rank, we classify each instruc-
tor’s highest reported university job title into three broad 
categories: (a) assistant professor, (b) tenured professor 
(includes associate, full, and emeritus/emerita), and (c) non-
tenure instructor (include lecturers, adjunct, teaching spe-
cialists, visiting professors, postdoctoral fellows, and other 
unknown ranks).

Departmental and Classroom Factors. We create several 
indicators to capture departmental and classroom differences 
in grading practices (Bean, 1985; Kokkelenberg et al., 2008). 
For departmental differences, we capture unique differences 
across academic disciplines using three broad disciplinary 
categories—(a) STEM, (b) social sciences, and (c) arts, 
humanities, and other—based on the 2010 U.S. Department 
of Education’s official Classification of Instructional Program 
taxonomy. We use this broad categorization because it is con-
sistent with prior studies (e.g., Butcher et al., 2014) and 
departmental structures differed across universities. However, 
in sensitivity analysis, we add department-university fixed 
effects, which capture more specific disciplinary differences 
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and unobserved cultural differences specific to each depart-
ment at each university.

For classroom differences, we measure classroom size 
using total student hours (divided by 100) and its squared 
term to capture nonlinearity. We measure course-level by 
classifying course numbers into one of three categories: 
introductory (1000 level or equivalent), intermediate (2000 
& 3000 level or equivalent; reference category), and 
advanced (4000+ level or equivalent).

Immigrant-Specific Background. We use three measures to 
capture international instructors’ diverse backgrounds. Using 
the country of bachelor’s degree attainment, we classify 
international instructors into three broad regions of origin—
Asia, Europe and Canada, and Other Regions—each of 
which has a sufficient sample size. We combine Canada with 
Europe (rather than Other Regions) given its historical con-
nection with England. See Table C-1 for a list of the top 10 
origin countries. To capture potential differences in U.S. 
higher educational system familiarity, we use two measures—
U.S. graduate degree attainment, and U.S. academia work 
time—both of which follow similar logic to standard time-
based acculturation measures used in the immigration litera-
ture (National Academies of Sciences, Engineering, and 
Medicine [NAEMS], 2015) but are specific to academia. 
U.S. graduate degree attainment (available for 96% of the 
sample) is coded as 1 if international instructors received a 
master’s or doctorate degree from a U.S. institution, 0 if no 
U.S. graduate degree. We measure international (and domes-
tic) instructors’ work time (available for 97% of the sample) 
in the U.S. academy (semester units) from the time they 
received the highest degree (usually PhD), until the current 
semester. In a few cases, we use date of the first publication 
if degree date is not available. Overall, with this method, we 
assume that instructors start working in U.S. academia upon 
graduation, which induces measurement error but is the only 
consistent way to measure U.S. academic work-time. Such 
measurement error will attenuate estimates toward zero.

Analysis

First, we use descriptive statistics to examine overall dif-
ferences in the grading practices of international and domes-
tic instructors, and to identify differences in instructor 
characteristics and departmental and classroom factors. 
Next, we use regression analysis to examine how these fac-
tors—instructor, departmental, and classroom—contribute 
to observed differences in international-domestic instructor 
grading. We use the following specification:

Y I X S Tikjnt i i ikjnt i n t ikjnt= + + + + + + +β β β β β γ θ µ0 1 2 3 4′ ′ ′ ,

where Yijknt is the class-average grade given by instructor 
i for course-section k in department discipline j in university 

n in semester t. Ii is the key variable of interest and identifies 
instructors’ international status. X i′  is a vector of general 
instructor characteristics (race, gender, and position rank). 
S ikjt′  is a vector of classroom and department controls (stu-
dent hours, class level, and academic discipline). T i′  is a vec-
tor of instructor I’ immigration-specific background (U.S. 
worktime and graduate degrees). ∝ijknt is the error term. To 
account for differences in grading across semesters and uni-
versities, we include semester fixed effects, θt, and univer-
sity fixed effects, γn. We cluster standard errors at the 
department level to account for multiple courses nested 
under one department. Results were similar if we clustered 
at the instructor-semester level.

We estimated four additive models to assess the unique 
and combined influence of different theoretical blocks of 
interest. In each model, β1 is the coefficient of interest. It cap-
tures the overall grading difference between international and 
domestic instructors. Model 1 is a minimally adjusted model 
that controls for semester and university fixed effects only. 
Models 2 through 4, respectively, add instructor, classroom 
and departmental, and immigrant-specific controls. Then, 
using our full model (Model 4), we add more detailed indica-
tors to assess if international-domestic grading patterns differ 
based on international instructors’ diverse origins (i.e., 
region/country of origin) and U.S. higher educational system 
familiarity (i.e., U.S. work time and U.S. graduate degrees). 
Lastly, we add interaction terms one at a time to our full 
model to assess whether international-domestic grading pat-
terns differed by gender, race/ethnicity, rank, and discipline.

A multilevel model is not applicable in this case due to a 
violation of the uncorrelation assumption. A multilevel 
model assumes that the model levels are uncorrelated with 
its independent variables. For example, if students are dis-
tributed randomly within classes within a school, student’s 
ability is not correlated with their class, that is, good students 
are scattered rather than gathered within one class. However, 
in our data, instructors are nested within a department disci-
pline within a university, the key covariate (international sta-
tus) is correlated with departments and fields (see Kim et al., 
2012; Marvasti, 2005, and Appendix Table C-2). The uncor-
relation assumption would be violated if we apply a multi-
level or hierarchical model in our article.

Results

Overall Grading Practices and Characteristics of 
International and Domestic Instructors

Table 1 presents the descriptive statistics of the instructor 
sample and their courses side by side. We find that interna-
tional instructors make up 19% of the teaching workforce 
and teach 17% of the undergraduate course load. Overall, 
international instructors assign lower grades on average than 
domestic instructors (3.17 versus 3.30, p < .05). The 
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TABLE 1
Descriptive Statistics

Instructor-Level Sample Course-Level Sample

 All Faculty
Domestic 
Instructors

International 
Instructors All Courses

Courses Taught 
by Domestic 
Instructors

Courses Taught 
by International 

Instructors

Outcome variables
 Class-average grade 3.28

(0.46)
3.30

(0.46)
3.17a

(0.46)
Instructor characteristics
 Gender
  Male 0.55 0.54 0.57 0.60 0.60 0.56a

  Female 0.45 0.46 0.43 0.40 0.40 0.44 a

 Race
  White (non-Hispanic) 0.72 0.81 0.40a 0.76 0.82 0.45a

  Black 0.04 0.04 0.04 0.04 0.04 0.04
  Asian 0.11 0.02 0.43a 0.07 0.01 0.39a

  Hispanic 0.02 0.01 0.03a 0.02 0.01 0.04a

  Other races 0.12 0.12 0.10a 0.11 0.12 0.08a

 Position rank
  Assistant (pre-tenure) prof. 0.15 0.13 0.21a 0.10 0.09 0.17a

  Tenured prof. 0.42 0.40 0.51a 0.51 0.50 0.56a

  Nontenure prof. 0.43 0.47 0.29a 0.39 0.42 0.27a

Classroom and departmental contexts
 Departmental disciplines
  Social Sciences 0.45 0.46 0.40 0.45 0.45 0.43
  STEM 0.30 0.26 0.44a 0.31 0.29 0.40a

  Arts, humanities, healthcare 0.25 0.27 0.16a 0.24 0.26 0.16a

 Course levels
  Introductory level class 0.44 0.44 0.44
  Intermediate level class 0.27 0.27 0.29a

  Advanced level class 0.29 0.29 0.27a

 Course enrollment
  Total student-hours (x100) 0.56

(0.82)
0.56

(0.84)
0.59

(0.73)
  Total student-hours (x100) squared 0.99

(5.92)
1.01

(6.29)
0.88

(3.31)
Immigrant-specific background
 Regions of origin
  Asia 0.51 0.46
  Europe & Canada 0.36 0.42
  Other region 0.13 0.13
 Experience with U.S. higher education
 U.S. graduate degree 0.93 0.99 0.69a 0.95 0.99 0.75a

 U.S. work time (x100 semesters) 0.40
(0.36)

0.41
(0.38)

0.35a

(0.31)
0.49

(0.36)
0.50

(0.36)
0.44a

(0.35)
 Number of observations 2,023 1,620 384 16,021 13,458 2,563

Note. Mean statistics, standard deviation in parentheses. The female category also includes the small 1% sample for whom we could not identify gender.
a.Indicates differences at 5%.
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difference is about 35% of a standard deviation, equivalent 
to an A– versus B+.

We find important demographic, rank, and classroom and 
departmental differences between domestic and interna-
tional instructors that may contribute to these grading differ-
ences. Though the majority of domestic (54%) and 
international (57%) instructors are male, racial/ethnic differ-
ences are stark. The vast majority of domestic instructors are 
White (81%), whereas Asians (43%) make up the largest 
share of international instructors. International instructors 
are more likely than domestic to be in a tenure-track posi-
tion, pre- (21% vs. 13%) or post-tenure (51% vs. 40%), and 
to be in STEM (44% vs. 26%). In terms of classroom con-
text, international instructors are more likely to teach inter-
mediate-level courses and slightly larger classes.

Lastly, international instructors have diverse backgrounds 
and U.S. higher educational histories. The majority (51%) 
are from Asia, 36% are from Europe or Canada, and the rest 
are from other regions—most notably Latin American coun-
tries like Mexico, Colombia, and Brazil. Most (69%) 
obtained their graduate degrees (master’s and/or PhD) in the 
United States, meaning that they themselves experienced the 
U.S. educational system as a student. A sizable share (31%), 
however, had no U.S. degree. As for work experience, inter-
national instructors have worked on average 13.3 years (40 
semesters) in the U.S. higher educational system. But there 
is sizable variation: 44% have worked in the U.S. higher 
educational system for less than 10 years, 36% for 11 to 
25 years, and 20% for over 25 years.

Explaining Grading Practice Differences Between 
International and Domestic Instructors

Table 2 presents our four additive models. Across all 
models, we consistently find that international faculty grade 
lower than domestic faculty—around 0.13 to 0.16 point 
lower on a 4-point scale (or about 28% to 35% of a standard 
deviation). The international coefficient is consistently neg-
ative and remains largely robust in size with the inclusion of 
different controls across models. As seen in Model 4, even 
after adding the full set of controls, we find that interna-
tional instructors grade, on average, lower than domestic 
instructors.

Focusing on Model 4 and the controls, we find that our 
estimates are largely consistent with the current instructor 
grading literature with a few exceptions. As expected, non-
tenured professors, and to a lesser extent, assistant professors 
assign higher grades compared with tenured professors. The 
coefficient on both is positive (.06 and .04, respectively), and 
in the case of nontenured professors, remains statistically sig-
nificant in the full model. Additionally, grades are lower in 
larger classes, with about a 0.02-point decrease for every 10 
students (p < .01). This decrease follows a nonlinear slow 
and increasing rate. Across class levels, grades are highest in 

advanced courses (b = 0.14; p < .01) and suggestively lower 
in introductory courses (b = −.04; p > .1). Compared to fac-
ulty in STEM, faculty in the arts and humanities (b = 0.20; 
p < .01) and, to a lesser extent, social sciences (b = 0.07; 
p < .1) grade higher. Unlike prior research, we do not detect 
grading differences by gender, nor across racial/ethnic 
groups, except for the other race/ethnicity category, which 
consists of multiple groups (e.g., Native Americans, mixed 
races, and race not determined), making it difficult to 
interpret.

Grading Practice Differences Among Diverse Subgroups of 
International Instructors

Adjusting our full model (Model 4), the three panels in 
Table 3 examine if international instructor grading differs 
based on their origin region and prior U.S. higher educational 
system experience. To do so, we expand our international 
instructor dummy into respective subcategories, keeping 
domestic instructors as the reference group, and run separate 
regressions. In Panel 1, we find suggestive evidence that 
international instructors across all origin regions—Asia, 
Europe and Canada, and Other Regions—assign lower grades 
than domestic instructors. The coefficient on each is nega-
tive, but not always statistically significant, a possible reflec-
tion of smaller sample sizes. Those from Europe and Canada, 
however, appear to assign grades with the most significant 
difference from domestic instructors (b = −.18, p < .01).

As for differences in prior U.S. higher educational system 
experience, we find mixed results. Panel 2 suggests that 
grading practices of international instructors differ based on 
where they obtained their graduate degree(s). Those who 
obtained their graduate degree from the U.S. grade lower 
than domestic instructors (b = −.16; p < .01) and interna-
tional instructors with a foreign degree (b = −.05; p > .1). 
Tests show that the coefficients are not equivalent (p = .06). 
In contrast, Panel 3 indicates that grading practices of inter-
national instructors do not differ based on their U.S. aca-
demic work time. Classifying international instructors into 
two categories—above and below the median (14.6 years)—
we found that no matter their length of residence, interna-
tional instructors assigned similarly lower grades. The 
coefficient on both terms is negative, similar in size, and 
statistically significant. We found a similar result using a 
continuous work-time measure (not shown).

Moderating Effects in Domestic and International 
Instructor Grading Practices

Lastly, because domestic instructor grading practices dif-
fer across key subgroups, we explore whether similar differ-
ences exist for international instructors. Using our full model, 
we ran four separate regressions, adding (one at a time) an 
interaction term between international status and the 
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TABLE 2
Estimates of Differences in Grades Assigned by International and Domestic Faculty

(1) (2) (3) (4)

Variables Baseline Model
Instructor 

Characteristics
Classroom & 

Department Factors
Full Model, Immigrant 

Background

International −0.14***
(0.04)

−0.16***
(0.05)

−0.13***
(0.05)

−0.14***
(0.05)

General instructor characteristics
 Gender (ref. = female)
  Male −0.03

(0.03)
0.00

(0.03)
0.00

(0.03)
 Race (ref. = White)
  Black −0.00

(0.06)
−0.01
(0.06)

−0.01
(0.06)

  Asian 0.06
(0.05)

0.07
(0.05)

0.06
(0.05)

  Hispanic −0.00
(0.07)

−0.01
(0.07)

−0.01
(0.07)

  Other races −0.11**
(0.05)

−0.11**
(0.04)

−0.11**
(0.04)

 Position ranks (ref. = taught by tenured prof.)
  Taught by assistant prof. 0.06*

(0.03)
0.05*

(0.03)
0.04

(0.03)
  Taught by nontenure prof. 0.03

(0.03)
0.06**

(0.03)
0.06*

(0.03)
Classroom and Department contexts
 Class enrollment
  Total student hours (x100) −0.19***

(0.03)
−0.19***
(0.03)

  Total student hours (x100) squared 0.01***
(0.00)

0.01***
(0.00)

 Class levels (ref. = intermediate level class)
  Introductory level class −0.04

(0.02)
−0.04
(0.02)

  Advanced level class 0.14***
(0.02)

0.14***
(0.02)

 Department disciplines (ref. = STEM)
  Social sciences 0.07*

(0.04)
0.07*

(0.04)
  Arts, humanities, others 0.20***

(0.04)
0.20***

(0.04)
Immigrant-specific backgrounds
 U.S. graduate education −0.04

(0.06)
 U.S. work time (x100 semesters) −0.01

(0.04)
Constant 3.20***

(0.03)
3.21***

(0.04)
3.14***

(0.04)
3.19***

(0.07)
Observations 16,021 16,021 16,021 16,021
R-squared .03 .04 .16 .16
Semester fixed effects X X X X
Institution fixed effects X X X X

Note. Robust standard errors in parentheses, clustered at department levels throughout. The female reference category also includes the small 1% sample for 
whom we could not identify gender.
*p < .1, **p < .05, ***p < .01.
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following subgroups: gender (males vs. females), race (White 
vs. non-White), position rank (post-tenure vs. nontenure and 
pre-tenure), and discipline (STEM vs. social sciences and 
arts & humanities). See Appendix Table B-1 for full results. 
Focusing on the statistically significant results only, Figure 1 
graphs the predicted values for each respective sub-group. 
Among international instructors, we find that, in contrast to 
domestic instructor patterns, females grade lower than males 
(0.11 point lower; p < .1), and Whites grade lower than non-
Whites (0.22 point lower, p < .01). Across-discipline grading 
patterns, however, were similar: Both international and 
domestic instructor grades were highest in the arts & humani-
ties and lowest in STEM. Differences by position rank were 
more distinct among international instructors but often not 
statistically significant.

Sensitivity Analysis

We conducted a series of sensitivity tests to ensure the 
robustness of our results. First, we test whether student sort-
ing biases our results (Table 4). This addresses the concern 
that students with different instructor preferences may 
choose to enroll or not enroll in international instructor-led 
classes. Our results would be biased if students’ personal 
preferences were correlated with students’ academic ability, 
captured by class-average grades. For instance, if academi-
cally strong students prefer to enroll in classes led by 

domestic rather than international instructors, those classes 
would have higher grades on average due to students’ stron-
ger academic performance, not differential instructor grad-
ing practices. To test for potential student sorting, we first 
assess whether students prefer a specific type of instructor. 
In column 1, we test whether more students enroll in classes 
taught by international (versus domestic) instructors using 
our full model but switching the dependent variable to total 
student-hours. We reject this hypothesis; international and 
domestic instructors taught courses with similar enrollment. 
Next, to alleviate concerns about the potential correlation 
between students’ instructor preferences and academic abil-
ity, we use class-average grades and narrow our analysis to 
two situations where student sorting is not possible: among 
courses that were taught by only international or only domes-
tic instructors (column 2); and among courses with only one 
class per semester (column 3). In both columns, the coeffi-
cients on international status are similar to our main result 
(Table 2). We conclude that student sorting does not bias our 
results.

Next, we assess whether international and domestic fac-
ulty are sorted into different departments with distinct 
grading practices by adding department-university fixed 
effects to our full model (Appendix Table B-2). These fixed 
effects capture unobserved differences across more spe-
cific academic disciplines than our broader measure (e.g., 
biology, not just STEM), and also capture cultural differ-
ences/practices unique to each university-specific depart-
ment. With these added fixed effects, the coefficient on 
international is reduced by half but remains statistically 
significant (b = −0.07; p < .1). This suggests the potential 
sorting of international faculty into lower-grading depart-
ments. Nonetheless, even with these more extensive con-
trols, we are still not able to fully explain why international 
instructors grade lower than domestic instructors.

Discussion

Given the broad importance of college grades and height-
ened focus on U.S. college grading practices, this study uses 
a novel dataset to provide the first large-scale assessment of 
undergraduate grading practices of international instruc-
tors—a sizable yet understudied segment of the U.S. higher 
education workforce. We make no normative claims as to 
whether grading students higher or lower is a grading policy/
practice that should be valued. Instead, we argue that given 
the importance of international instructors and U.S. higher 
education concerns about grade inflation, grade equity, and 
teacher effectiveness, research is needed to understand what 
factors shape international instructor grading practices—the 
focus of our article—and the potential implications of these 
practices. Our results provide insights into the U.S. higher 
educational grading system broadly and for supporting the 
international instructor workforce.

TABLE 3
Assessment of International Versus Domestic Grading Differences 
by International Instructor Subgroups (ref. Domestic Instructor)

Panel 1. International instructor by region of origin  
 International instructor from Asia −0.09

(0.05)
 International instructor from Europe & Canada −0.18***

(0.07)
 International instructor from Other Region −0.09

(0.07)
Panel 2. International instructor by country of  

graduate degree
 International instructor with U.S. graduate 

degree
−0.16***
(0.05)

 International instructor with foreign graduate 
degree

−0.05
(0.06)

Panel 3. International instructor by U.S. work time  
 International instructor with U.S. work time 

<median
−0.12***
(0.04)

 International instructor with U.S. work time 
≥median

−0.17**
(0.07)

Note. All panels use the full model (Model 4, Table 2), except in Panel 
3, a dichotomy indicator replaces the U.S. work time continuous measure. 
U.S. work time median in Panel 3 is 44 semesters (or 14.6 years). Robust 
standard errors in parentheses, clustered at department levels throughout.
**p < .05, ***p < .01.
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Focusing on instructors at three U.S. public research uni-
versities, we found that international instructors make up 
almost 20% of undergraduate instructors—a statistic that is 
consistent with past estimates (Kim et al., 2011)—and that, 
on average, they grade about 35% of a standard deviation 
lower than domestic instructors—the equivalent difference 

between an A– and a B+. Cumulatively, such a grading dif-
ference can have a sizable effect on students’ overall grade 
point average (GPA).

Though international and domestic instructors often dif-
fered on key characteristics and classroom and departmen-
tal factors known to influence grading practices, these 

FIGURE 1. Moderating effects in domestic and international instructors’ grading practices.
Note. All panels use the full model (Model 4, Table 2) with the addition of an interaction between international status and the corresponding moderator. 
Confidence intervals are at 95%. N = 16,021. A significant moderating effect is detected when confidence intervals of two groups are not interlaced. Female 
category also includes the small 1% sample for whom we could not identify gender.

TABLE 4
Sensitivity Test on Student Sorting

(1) (2) (3)

 Student Self-Selection
Courses Taught by Only International 

or Only Domestic Instructors
Only One Course Section 

per Semester

Variables DV = Total Student-Hours DV = Class-Average Grades DV = Class-Average Grades

International 0.02
(0.11)

−0.15***
(0.05)

−0.11***
(0.04)

Constant −0.44
(0.35)

3.20***
(0.07)

3.23***
(0.06)

Observations 532 15,489 11,371
R-squared .30 .16 .15
Chance of sorting Yes No No

Note. Full model (Model 4, Table 2), except for column 1, where DV is replaced by total student-hours. Robust standard errors in parentheses, clustered at 
department level.
***p < .01.
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differences did not explain why international instructors 
grade lower. Consistent with prior research (Kim et al., 2012; 
Open Doors, 2022a, 2022b), international instructors in our 
sample were more likely to be in STEM and were dispropor-
tionately male—two factors typically associated with lower 
grading. But these and other differences, including race/eth-
nicity, position rank, class size, and class level, did not 
explain international-domestic grading differences. 

Instead, these factors simply contributed to instructor 
grading practices overall. Specifically, all else equal, courses 
led by tenured professors had lower grades than those led by 
nontenure or assistant professors. This is consistent with 
prior study findings that instructors in a more precarious 
position rank (e.g., pre-tenure) tend to give higher grades 
due to job security and retention pressures (Kezim et al., 
2005). We also found that grades were lower in larger 
classes, possibly because nonachievement factors are harder 
to track (Diette & Raghav, 2015; Millea et al., 2018), and 
that grades are highest in advanced-level courses.

In terms of departmental and disciplinary differences, we 
found that consistent with prior research (Hermanowicz & 
Woodring, 2019), faculty in STEM fields were more likely 
to grade lower than their peers in arts & humanities and 
social sciences. Our study, however, adds to this literature by 
showing that both international and domestic faculty seem to 
adhere to this same broad disciplinary grading pattern. In our 
interaction results, we found that both domestic and interna-
tional STEM faculty graded lower than their respective 
peers in other disciplines. The fact that international faculty 
were more likely to be in STEM, however, did not fully 
explain why international faculty grade lower.

The inclusion of department-university fixed effects 
helped explain a sizable share of the international-domestic 
instructor grading differences. One potential explanation is 
that international instructors may sort into subfields within 
STEM, such as math and chemistry, where the allocation of 
grades may be even lower (Hermanowicz & Woodring, 
2019). The challenge is that these fixed effects are “catch-
all” measures that capture both specific disciplinary differ-
ences (e.g., subdisciplines within STEM) and unobserved 
cultural and structural differences (e.g., departmental size, 
cultural norms, student differences) specific to each aca-
demic department. Our study, consequently, reiterates the 
need for future research to examine how grading practices 
differ across specific disciplines and departments within a 
university (Hermanowicz & Woodring, 2019).

Grading practices of international instructors, however, 
were not homogenous. In our sample, international instruc-
tors were highly diverse, spanning broad global regions—
Asia (51%), Europe and Canada (36%), and Other Regions 
(13%)—and with varied U.S. educational system histories. 
Some had considerable prior U.S. higher education system 
histories (e.g., 69% obtained a U.S. graduate degree), while 
others were relatively new (44% had worked in U.S. higher 

education for less than 10 years). Overall, we found that 
international instructors from all regions assign lower grades 
than domestic instructors, but the difference is the greatest 
for those from Europe and Canada. One possible explana-
tion, as suggested by cross-national research between 
Canadian and Chinese instructors, is that Canadian (and 
European) instructors may be less likely to consider non-
achievement factors in grading, which can lead to assigning 
lower grades (Cheng et al., 2018).

We also found that international instructors’ grading prac-
tices differ based on their prior U.S. higher educational sys-
tem experience, but the results are mixed. On the one hand, 
we found no evidence that over time international and domes-
tic instructor grades converge, as suggested by immigrant 
assimilation and adaptation literatures (NAEMS, 2015). 
Coefficients on U.S. work time were never statistically sig-
nificant. However, we did find that international instructors 
who obtained a U.S. (versus foreign) graduate degree graded 
lower. Presumably, these international instructors should be 
more familiar with the United States’s higher educational 
system than their international counterparts who obtained all 
foreign degrees. A lack of familiarity or cultural understand-
ing of the U.S. higher educational system is not likely to 
explain why international instructors with a U.S. graduate 
degree grade lower. Instead, more research is needed.

Lastly, we found that international instructor grading prac-
tices differed by gender and race/ethnicity. Among interna-
tional instructors, males grade higher, not lower, than 
females. This contrasts with prior evidence on gender grad-
ing dynamics, which finds that female instructors grade 
higher than males to avoid poor student evaluation and for 
better job retention (Griffith & Sovero, 2021; Radchenko, 
2020). Our result suggests a different gender dynamic is 
likely occurring among international instructors and high-
lights the need for future research to examine how gender and 
international status intersect to influence instructor grading.

Similarly, more research is needed to better understand 
how race/ethnicity intersects with international status to 
shape instructor grading. Among international instructors, we 
found that White (non-Hispanic) instructors graded lower on 
average than non-White instructors. This racial/ethnic differ-
ence likely reflects grading practice differences between 
White (non-Hispanic) and Asian instructors, each of whom 
makes up the vast majority of international instructors (43% 
and 40%, respectively). Consistent with prior research, we 
found no similar racial/ethnic differences among domestic 
instructors (Jewell & McPherson, 2012; McPherson et al., 
2009). This nonresult is likely because domestic instructors 
are largely homogenous—81% were non-Hispanic White—
making it difficult to assess racial/ethnic patterns. As for 
international instructors, there is limited insight from current 
research to understand why White instructors grade lower. It 
could be that non-White instructors face similar heightened 
discrimination and job insecurity, grade inflation pressures 
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as female instructors (Boring, 2017; Radchenko, 2020). 
Alternatively, non-White international instructors may be 
more effective at connecting with classroom diversity, lead-
ing to higher student achievement (Downey & Pribesh, 2004; 
Kozlowski, 2015). Our study cannot distinguish between 
these or other explanations. Instead, we highlight the need for 
further investigation.

Limitations and Avenues for Future Research

Though this is the first large-scale study of international 
instructors’ grading practices, our study is exploratory. 
Future research is needed to address data limitations and to 
assess whether our findings expand to more nuanced inter-
national status definitions and other types of institutions. 
Our international status indicator—undergraduate degree 
country location—is better-suited than other indicators (e.g., 
nativity) to identify the international instructor subgroup of 
interest as they are most likely to face U.S.-grading adapta-
tion challenges. However, there are several important limita-
tions to this dichotomized measure. As noted, our measure 
also captures the small share of U.S.-born instructors who 
completed their undergraduate degree abroad and likely 
underestimates the international-domestic instructor grading 
difference. Related, future research should use a more 
nuanced, multitiered classification of international instructor 
status that better captures the diverse backgrounds (nativity, 
citizenship status, length in the U.S. academia) and increas-
ingly global academic training (graduate preparation, work 
history) of international and domestic instructors (e.g., U.S.-
born instructors trained abroad). These factors are likely to 
expose them to different teaching styles and grading prac-
tices. To do so, we need better quantitative data on interna-
tional instructors and more qualitative studies to better 
unpack the complex, lifetime journeys and academic trajec-
tories of international instructors that shape their overall 
teaching philosophy and practices.

Additionally, though we are the first to connect interna-
tional instructor status with grades across a wide variety of 
courses, we do not have data on the students. Despite the 
robustness of our results to several sensitivity checks, we 
cannot completely rule out whether different types of stu-
dents (e.g., high versus lower performing) may differentially 
self-select into courses taught by international versus domes-
tic instructors. Nor do we know how the grading difference 
we observe may impact instructors, particularly if interna-
tional instructors are evaluated more harshly by students as 
a result of their lower grading. Given the importance of 
grading for students’ future, instructors’ job security, and 
university reputations, comprehensive data that connect all 
the pieces—student and instructor characteristics, grades, 
and instructor evaluations—are needed to further explore 
these issues. To accurately capture student and instructor 
characteristics and related experiences, this data must 
include self-reported indicators of gender, race, and 

ethnicity. Without self-reports, studies like ours are forced to 
rely on proxy indicators, which, though valuable, are prone 
to measurement error and fail to capture the full spectrum of 
gender or the social and historical complexities surrounding 
race and ethnicity (Laughter, 2018; Li and Koedel, 2018).

Lastly, our data and results are not designed to be repre-
sentative of all U.S. universities. Instead, we provide a foun-
dational starting point for understanding potential differences 
between domestic and international instructor grading prac-
tices. We do so by focusing on a distinct type of university: 
Three large R1, flagship, public universities in the Midwest, 
all of which are Predominantly White Institutions. Grading 
practices of international instructors at Minority Serving 
Institutions and other types of higher education institutions 
(e.g., private, liberal arts, community colleges) and geo-
graphic locations may differ due to differential work pres-
sures, grading norms, and instructor and student body 
composition (Butcher et al., 2014; Rojstaczer & Healy, 
2012). Future research should examine if our results are gen-
eralizable to other types of higher education institutions.

Conclusion

Overall, we consistently find that international instructors 
grade lower on average than domestic instructors. Although 
we are not able to identify the exact structural and/or cultural 
mechanisms as to why international instructors grade lower, 
our study serves as a call to action for U.S. higher educational 
systems to recognize and support its diverse international 
instructor workforce. Higher educational systems need to 
ensure that international-domestic grading differences, as well 
as other possible differences in research collaboration, net-
working, and service, do not unfairly impact the job security 
and promotion of international instructors. Finally, much can 
be learned from international instructors. For instance, they 
may help curb grade inflation, a pressing problem at many 
universities (Denning et al., 2022; Rojstaczer & Healy, 2012), 
or help higher educational systems serve the increasingly 
diverse student bodies in a more equitable manner. To do so, 
international instructors must be supported in all endeavors.

Appendix A

Summary of Prior Studies and Data Sources Used to 
Examine International Instructors: Data Limitations and 

Key Characteristics

Table A-1 highlights the main data sources that studies 
have used to estimate the share of international instructors 
and/or examine international instructor experiences. The first 
two data sources—IPEDS and Open Doors—are aggregated 
administrative data often used to estimate the size of the 
international instructor workforce. The other data sources are 
survey data, all designed for different purposes (e.g., to 
examine new U.S. PhD recipients) but have information that 
enables researchers to identify if the participant (a) works in 
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TABLE A-1
Overview of Main Data Sources Used to Identify, Estimate and/or Examine U.S. International Instructors

Database Organization Data Overview Data Years
Types of Instructors 
/ Scholars Included

International 
Status 

Indicator(s)

Available 
Information Related 

to Teaching

Integrated 
Postsecondary 
Education 
System 
(IPEDS)

U.S. 
Department 
of Education

Collects a variety 
of characteristics 
of most U.S. 
higher education 
institutions

Annual (since 
2004)

Full- & part-time 
faculty (all ranks 
and type)

Nonresident 
alien

Position title onlya

Open Doors Institute of 
International 
Education

Comprehensive 
information 
resource on 
international 
students and 
scholars studying 
or teaching at 
U.S. higher 
education 
institutions

Annual (since 
1999)

International 
individuals on 
nonimmigrant 
visas, engaged 
in temporary 
academic 
activities and 
not enrolled as 
a student at a 
U.S. college or 
university

Nonresident 
alien

Primary function is 
(a) Teaching Only 
or (b) Research & 
Teaching

Survey of 
Earned 
Doctorate 
(SED)

National 
Science 
Foundation

Provides 
educational 
history, funding, 
and postdoctoral 
plans for new 
U.S. PhD 
recipients

Annual (since 
1957)

New doctoral 
graduates from a 
U.S. institution; 
can select subset 
employed in 
higher education

U.S. citizenship (only available in 
restricted-access 
data)

Position title; 
primary function 
is (1) Teaching 
Only or (2) 
Research & 
Teaching

Survey of 
Doctorate 
Recipients 
(SDR)

National 
Science 
Foundation 
& National 
Institution of 
Health

Provides data on 
the characteristics 
of science, 
engineering, and 
health research 
doctorate degree 
holders from 
U.S. academic 
institutions

Biennial (since 
1973)

All doctoral 
graduates with a 
degree in science, 
engineering and 
heath from a U.S. 
institution up to 
the current year; 
can select subset 
employed in 
higher education

U.S. citizenship (only available in 
restricted-access 
data)

Position title; 
primary function 
is (1) Teaching 
Only, or (2) 
Research & 
Teaching

National 
Study of 
Postsecondary 
Faculty 
(NSOF)

U.S. 
Department 
of Education

Survey data on 
faculty and 
instructional 
staff in American 
colleges and 
universities

1987–88; 
1992–93; 
1998–99; 
2003–04

Full- & part-time 
faculty (all ranks 
and type)

Foreign-born Primary function is 
(1) Teaching Only 
or (2) Research & 
Teaching

COACHE Harvard 
University

Survey of U.S. 
faculty job 
satisfaction at 
participating 
higher education 
institutions

Annual (since 
2003)

Full-time faculty 
only (all ranks 
and type)

U.S. 
citizenship; 
foreign-born

Position title 
& overall 
satisfaction 
indicators related 
to students, 
teaching, and 
courses

a.These data only identify the type of teaching position (e.g., full, associate, or assistant professor, lecturer, adjunct) an individual (or share of individuals) 
holds but no other detail related to their teaching/instructor duties.
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higher education, and (b) is international or domestic, using 
one or more indicators available in the dataset.

Overall, the table highlights several important data limi-
tations. First, none of these databases has information on 
instructor grading practices. The available teaching-related 
information is very limited and often only includes position 
titles. Consequently, these data cannot be used to examine 
international instructor grading practices. Second, because 
each data captures different segments of the U.S. higher edu-
cation workforce (e.g., only new doctoral graduates in 
Survey of Earned Doctorate [SED], or faculty in STEM and 
health in Survey of Doctorate Recipients [SDR]), and has 
different indicators that can be used to identify international 
status (e.g., nativity, citizenship), estimates of the size and 
characteristics of the international instructor workforce will 
differ depending on the data source used.

Table A-2 demonstrates this variation. The table high-
lights available statistics on the characteristics of interna-
tional and domestic instructors from several prominent 
studies that have used one or more of the data sources high-
lighted in Table A-1. These studies have examined interna-
tional instructors’ career satisfaction and general academic 
experiences. The table also highlights key instructor charac-
teristics from Open Door, a main data source most studies 
use to provide a broad overview of international scholars, 
including instructors.

Overall, the table shows that there is significant variation 
in the time frame examined, as well as the international sta-
tus indicator and data source used. Consequently, each of 
these studies captures different segments of the overall U.S. 
higher education workforce as well as different international 
instructor definitions.

TABLE A-2
Available Study Evidence on International and Domestic Instructor Characteristics, Publication and Data Year Reported

Marvasti (2005) Kim et al. (2011) Lin et al. (2009) Kim et al. (2012)
Espinosa et al. 

(2019)
Open Doors 

(2019b)

 1993 1999 2003 2004 2003-2005 2016 2017

 Int’l Domestic Int’l Domestic Int’l Domestic Int’l Domestic Int’l Domestic Int’l Domestic Int’l

% of instructors 12.1% 87.9% 13.3% 86.7% 20.0% 80.0% 22.1% 77.9% 21.8% 78.2% 4.5% 95.5% —
Instructor characteristics
 Gender
  Male — — — — 87.0% 73.5% 71.3% 62.9% — — 64.0% 53.0% —
  Female — — — — 23.0% 26.5% 28.8% 37.1% — — 36.0% 47.0% —
 Race
  White — — — — — — 46.2% 89.7% — — — — —
  Black — — — — — — 7.1% 5.0% — — — — —
  Asian — — — — — — 39.2% 2.2% — — — — —
  Hispanic — — — — — — 7.3% 1.7% — — — — —
  Others — — — — — — 0.2% 1.4% — — — —  
 Fields —
  STEM — — — — 84.4% 85.3% 43.5% 31.4% — — — — 57.9%
  Social sciences — — — — 15.6% 14.7% 52.6% 58.2% — — — — 18.0%
  Arts, humanities, 

healthcare, other
— — — — 3.9% 10.3% — — — — 23.6%

 Rank  
  Assistant professor — — — — 70.4% 22.9% 32.2% 25.8% — — 55.0% 21.0% —
  Tenured professor — — — — 29.6% 77.1% 53.2% 57.8% — — 24.0% 43.0% —
  Nontenure professor — — — — — — 14.7% 16.5% — — 21.0% 35.0% —
 Work at research 

universities
51.6% 34.5% 65.3% 34.8% — — — — — — — —  

 Regions of origin
  Asia — — — — — — — — — — — — 57.5%
  Europe & Canada — — — — — — — — — — — — 27.6%
  Other Region — — — — — — — — — — — — 13.5%
Total number of faculty 25,780 17,600 6,938 11,562 14,543 Over 345,000 135,009
Database used NSOF IPEDS & SED NSOF COACHE IPEDS Open Doors
International defined as: Foreign-born Nonresident aliens Foreign-born International 

faculty
Nonresident 

aliens
Int’l 

scholars
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Despite this variation, the studies show important con-
sistencies. International faculty make up a sizable share of 
the U.S. higher education instructors (between 5% and 
20% depending on the types of institution and subfaculty 
group examined). The share of male and Asian instructors 

is higher among international faculty than domestic fac-
ulty, across all studies. International faculty are more 
likely to be in a STEM field (58% according to Open 
Doors) and to be in a tenured position, often pre-tenure/
assistant position.

TABLE B-1
Moderating Effects in Domestic and International Instructors’ Grading Practices

(1) (2) (3) (4)

Variables Male vs. Female White vs. Non-White
Tenure vs. Nontenure 

and Pre-Tenure STEM vs. Non-STEM

International −0.20***
(0.07)

−0.20***
(0.06)

−0.14***
(0.05)

−0.14*
(0.09)

Main effects
 Male −0.02

(0.03)
 

 Non-White −0.10**
(0.04)

 

 Position ranks (ref. = tenured prof.)
  Assistant prof. 0.02

(0.04)
 

  Nontenure prof. 0.06*
(0.03)

 

 Department disciplines (ref. = STEM)
  Social sciences 0.07*

(0.04)
  Arts, humanities, healthcare 0.19***

(0.04)
Interaction effects
 International × Male 0.11*

(0.06)
 

 International × Non-White 0.22***
(0.07)

 

 International × Assistant Prof. 0.07
(0.07)

 

 International × Nontenure Prof. −0.04
(0.09)

 

 International × Social Sciences −0.01
(0.09)

 International × Arts/Humanities/Others 0.05
(0.09)

Constant 3.19***
(0.07)

3.19***
(0.07)

3.20***
(0.07)

3.19***
(0.07)

Observations 16,021 16,021 16,021 16,021
R-squared .16 .16 .16 .16
Semester fixed effects X X X X
Institution fixed effects X X X X

Note. All models are based on the full model (Model 4, Table 2) with all other control variables and semester and institution fixed effects. Robust standard 
errors in parentheses, clustered at department level throughout.
*p < .1, **p < .05, ***p < .01.

Appendix B

Robustness and Sensitivity Analysis
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Appendix C

Data Construction Process

This section describes how the dataset of 2,023 univer-
sity instructors was constructed for the analysis. The dataset 
is built from two sources. The first is from the course and 
grade data from three focal universities spanning all semes-
ters between 2011 and 2017 inclusively (hereafter: grade 
dataset). The data were publicly available and downloaded 
from the university registrars’ websites. The grade dataset 
has information about class-average grades, class levels, 
class enrollment, numbers of each letter grades, depart-
ments, semesters, and most importantly, class instructors’ 
full names. The second source is a unique dataset with 
information on instructors’ qualifications and demographics 
(hereafter: instructor dataset), which were manually col-
lected based on instructors’ full names, universities, and 
departments.

With these two data sources, we address the limitations of 
widely used survey databases in the existing literature. The 
grade dataset is based on administrative records of courses 
taught by faculty at the three universities, which ensures no 
concerns about non-random sample attrition (e.g., non-sur-
vey response). The instructor dataset contains instructors’ 
nationality information, which enables us to attain specific 
country-level statistics.

The construction of our dataset proceeded in the follow-
ing steps.

Step 1: Identify the Sample Size. First, the initial down-
loaded grade file yielded a universe of 18,000 instructors 
who taught over 166,000 classes during 21 semesters. From 
this we eliminated lab sections and cotaught courses. Given 
that the instructor dataset requires manual data construction, 
our first objective was to identify a sample size that would 

be large enough to detect a meaningful difference in grading 
behavior and ensure the feasibility of a manual data search. 
A preanalysis showed that in order to achieve a minimum 
detectable effect size of 10% of a standard deviation of the 
average-grade distribution, our target standard error size 
needed to be 0.025 for the main analysis, per the following:
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In this equation, Z is the effect size, σ is the target stan-
dard error of the parameter of interest (i.e., international sta-
tus), t is the critical t-value, and St.Dev(G) is the standard 
deviation of the class-average grades of the population.

To perform an ad hoc power calculation, we collected 
information from 300 randomly selected instructors as a test 
sample (100 from each university) and calculated the stan-
dard errors of the main effect when we artificially duplicated 
the test sample repeatedly. Our calculation showed that 
when the sample increased tenfold to 3,000 faculty observa-
tions, the standard error was approximately 0.025. Although 
this ad hoc power calculation is not perfectly accurate 
because it replicates the same exact 300 observations, it 
gives a good estimate of the actual standard error as the real 
sample size grows. Based on this calculation, we collected 
data for 3,000 instructors to ensure a well-powered model 
with the ability to statistically detect meaningful grading dif-
ferences between domestic and international faculty.

Step 2: Randomly Select 3,000 Instructors. Next, we uti-
lized a stratified sampling strategy to create a drawing pool 
of instructors from departments and then randomly selected 
3,000 instructors from within. To ensure that exceptionally 
large or small departments were not overrepresented in the 
drawing pool, we removed small departments of less than 10 
instructors. For large departments of over 100 instructors, 
we randomly selected 100 to enter the pool. Departments 
with instructor populations from 11 to 99 enter the pool as 
they are. Then, we randomly selected 1,000 instructors from 
the stratified population at each university to make up the 
instructor dataset of 3,000 instructors. Given that the distri-
bution of international instructors by field and department 
was unknown to us at the sampling stage, we applied this 
strategy to ensure that the sampled 3000 instructors were 
representative of departments in three universities.

Step 3: Manually Collect Instructors’ Data. With the list of 
3,000 instructors in hand, we moved on to the manual data 
collection. This was the most labor-extensive step. We con-
ducted a manual search to obtain the qualifications and 
demographic information of each instructor. We collected 
this information from instructors’ curricula vitae and web-
sites. In rare instances when these sources were unavailable, 
we substituted them with information from other sources, 

TABLE B-2
Sensitivity Tests With More Restricted Model and Sample

(1) (2)

Variables
Department 
Fixed Effect

Only Tier-1 
Data

International status −0.07*
(0.04)

−0.11**
(0.05)

Constant 3.36***
(0.05)

3.17***
(0.07)

Observations 16,021 13,199
R-squared .09 .17

Note. All models are based on full model (Model 4, Table 2) with all other 
control variables. Column 1 adds a department fixed effect, column 2 
restricts the estimation within Tier-1 data only. Robust standard errors in 
parentheses, clustered at department level throughout.
*p < .1, **p < .05, ***p < .01.
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such as Scopus, LinkedIn, news articles, and university bul-
letins. This completed the instructor dataset.

Step 4: Assemble the Final Data. At this step, we merged 
the instructor dataset with the grade dataset and removed 
those whose profiles were unavailable online. For the cur-
rent article, we also removed graduate instructors from the 
analysis. Elsewhere (Pham, 2021), we kept this analysis on 
graduate instructors despite some noises. This completes a 
dataset of 2,023 instructors who taught 16,021 undergradu-
ate courses in three focal universities during 21 semesters. 
Features of the three universities are reported in Table C-1. 
Breakdowns of the top 10 countries of origin of 384 interna-
tional instructors are reported in Table C-2.
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