
ED 358 296

AUTHOR
TITLE

INSTITUTION

SPONS AGENCY

PUB DATE
NOTE

PUB TYPE

EDRS PRICE
DESCRIPTORS

IDENTIFIERS

ABSTRACT

DOCUMENT RESUME

CE 063 825

Friedlander, Daniel; And Others
GAIN: Two-Year Impacts in Six Counties. California's
Greater Avenues for Independence Program.
Manpower Demonstration Research Corp., New York,
N.Y.

California State Dept. of Social Services,
Sacramento.
May 93
276p.; For related documents, see ED 308 297-298 and
ED 345 089.
Reports Research/Technical (143)

MF01/PC12 Plus Postage.
*Adult Basic Education; Economically Disadvantaged;
Followup Studies; Job Placement; Job Search Methods;
Job Training; One Parent Family; *Program
Effectiveness; Program Evaluation; *State Programs;
Statewide Planning; *Welfare Recipients; Welfare
Services
Aid to Families with Dependent Children; *California;
*Greater Avenues for Jndependence

An evaluation was conducted of the effectiveness of
California's Greater Avenues for Independence (GAIN) Program, a
statewide initiative aimed at increasing the employment and
self-sufficiency of recipients of Aid to Families with Dependent
Children. Based on 2 years of follow-up data for 33,000 people who
entered GAIN between early 1988 and mid-1990, the study explored the
program's effects on employment, earnings, and welfare receipt and
updated the 1-year results of an earlier study. The findings revealed
a number of positive trends. For single parents, who represented
about two-thirds of the welfare applicants and recipients in the
study, the earnings gains and welfare savings that GAIN produced in
the first year of follow-up grew stronger in the second year. For the
heads of two-parent families, the second-year impacts on these two
measures approximately equaled those for the first year. Although the
results varied considerably across the six counties studied, five of
the six produced modest-to-large earnings gains or welfare savings
(or both) over the entire 2-year period. In addition, some counties
showed substantial effects across a number of subgroups of welfare
recipients, including long-term recipients. (Twenty -eight tables and
nine figures are provided. Appendixes contain 19 supplemental tables
and a supplemental figure. Contains 14 references.) (YLB)

***********************************************************************

Reproductions supplied by EDRS are the best that can be made
from the original document.

***********/,***********************************************************



rv)
\

d

Two Year
Impacts

in Six Counties

California 's Greater Avenues for Independence Program

ORc
u & ogriurrlttivr 00, EDUCATOR

Educahoeuil Rmmeti lid itnompitAt
ED ATIONAL RESOURCES INFORMATION

CENTER (ERIC)

his docuenot Nil b*n fOfoolucad
/wed lion* mit weal or arynnosion
ormainatorq rt

O Minor cnangs Oar* 1 ifI011 IC fropf011
fOfOducOOn QUOItly

Point, 01 folly of %moans mated in ;Pollid0Cor
r^00, do not Ialmarsh mammal oftcol
OE RI 0011.1.00 p policy

PERMISSION TO REPRODUCE THIS
MATERIAL HAS BEEN GRANTED BY

ti
I

/
to THE EDUCATIONAL RESOURCES

k INFORMATION CENTER (ERIC)...

Daniel Friedlander
James Riccio
Stephen Freedman

Manpower Demonstration
Research Corporation

May 1993

MDRC
RrtT CnPV AVAIL ADI C



BOARD OF DIRECTORS

RICHARD P. NATHAN, Chairman
Provost, Rockefeller College
State University of New York
Director, Rockefeller Institute

of Government

BERNARD E. ANDERSON, Vice Chairman
President
The Anderson Group

PAUL H. O'NEILL, 7 reasurer
Chairman and CEO
Alcoa

ELI GINZBERG, Chairman Emeritus
Director
The Eisenhower Center for the

Conservation of Human Resources
Columbia University

ANTONIA HERNANDEZ
President and General Counsel
Mexican American Legal Defense and

Educational Fund

ALAN KISTLER
President
Human Resources Development Institute
AFL-CIO

RUDOLPH G. PENNER
Director of Economic Studies
Policy Economics Group
KPMG Peat Marwick

ISABEL V. SAWHILL
Senior Fellow
The Urban Institute

ROBERT SOLOW
Institute Professor
Massachusetts Institute of Technology

GILBERT STEINER
Senior Fellow
Brookings Institution

MITCHELL SVIRIDOFF
Professor Emeritus and Senior Fellow
Community Development Research Center
New School for Social Research

WILLIAM S. WOODSIDE
Chairman, Sky Chefs. Inc.
Former Chairman and CEO,

Primerica Corporation

JUDITH M. GUERON
President
Manpower Demonstration Research Corporation

MDRC



GAIN:

TWO-YEAR IMPACTS IN SIX COUNTIES

Daniel Friedlander
James Riccio

Stephen Freedman

Manpower Demonstration
Research Corporation

May 1993

't



The Manpower Demonstration Research Corporation's evaluation of the California Greater
Avenues for Independence (GAIN) Program is funded by a contract from California's State
Department of Social Services. This report is the latest in a series of documents from that
evaluation.

Dissemination of MDRC reports is also supported by our Public Policy Outreach funders: the
Ford Foundation, the Ambrose Monell Foundation, the Alcoa Foundation, and Exxon
Corporation.

The findings and conclusions in this report do not necessarily represent the official positions or
policies of the funders.

Library of Congress Cataloging-in-Publication Data

Friedlander, Daniel.
GAIN: two-year impacts in six counties/Daniel Friedlander, James Riccio,

Stephen Freedman.
p. cm.
Updated ed. of Riccio, James A. GAIN/James Riccio. c1992.
Updates the one-year results presented in the previous report on California's

Greater Avenues for Independence (GAIN) Program.
1. Welfare recipients EmploymentGovernment policy California.

2.. Public welfare California. I. Riccio, James A. U. Freedman, Stephen.
IIL Riccio, James A. GAIN. IV. Manpower Demonstration Research Corporation.
V. Title.
fiD5708.85.U62C27 1993
362.5'8'09794dc20 93-19497

CEP

Copyright © 1993 by the Manpower Demonstration Research Corporation

5



ACKNOWLEDGMENTS

p

This report on GAIN is the product of a long-term collaboration that began in 1986 among a
diverse group of administrators and program staff in California and researchers at MDRC. In last
year's report (May 1992), we acknowledged and thanked a range of people involved in this ongoing
effort. At this time, we would like to express our appreciation to some of these people and to others
whose involvement in the evaluation is more recent.

In California's State Department of Social Services (SDSS), Bruce Wagstaff, Chief of the
Employment Programs Branch, has provided wise counsel and strong support since the inception of

the evaluation, as did his predecessor, Kathy Lewis. Along with Thomas Burkeand other SDSS staff,

Mr. Wagstaff provided valuable comments on an earlier draft of this report. We also appreciate the
continued support of Russell S. Gould, Secretary of the State of California Health and Welfare
Agency, Eloise Anderson, Director of SDSS; and Michael Genest, Deputy Director of AFDC
Programs at SDSS.

The commitment and cooperation of staff throughout the study sites, which are absolutely
crucial to the successful completion of this evaluation, have been unwavering. We would like to
thank all who have contributed to the project, and especially the county welfare directors and the
evaluation coordinators, along with other key staff. These include: in Alameda, Rodger G. Lum and
Jo Mueller; in Butte, Patricia Cragar, Jeff Fontana, and Betsy Kruger; in Los Angeles, Eddy Tanaka,

John Martinelli, Pat Knauss, and Brenda Rosenfeld; in Riverside, Lawrence E. Townsend, Jr., and
Marilyn Kuhlman; in San Diego, Cecil H. Steppe, Ted Schwend, Ray Koenig, and Marilyn Stewart;
and in Tulare, Arnold Fein and Allan Tufts. In addition, we are grateful to the many state and
county staff who have facilitated MDRC's access to and use of state and county automated records
data.

At MDRC, numerous staff have played an important role in the production of this report. We
would especially like to thank Judith Gueron, Gordon Berlin, Barbara Goldman, and John Wallace
for their many valuable comments on earlier drafts as well as for their overall guidance to the project.

Karin Martinson and Alan Orenstein, a consultant, also offered helpful comments. For the collection
and processing of the county and state data, we are grateful to Karen Paget, who supervised the
effort, and to Debra Romm, Anita Kraus, and Mohammed Ainzad. Stacey Fox coordinated the
production of the report and, along with Daniel Lehman, provided the main research support in
analyzing the data. Christine Vincent and Venitta Barnett also assisted in this effort. Judith
Greissman edited the report and was supported by Michael Wilde, Patt Pontevolpe, Stephanie
Cowell, and Marcie Champlain.

The Authors



PREFACE

This report provides important information at a time of renewed debate in state capitals and

Washington about ways to improve the welfare system. California's Greater Avenues for
Independence (GAIN) Program is the nation's largest state welfare-to-work program. Its passage

helped point the way to the landmark 1988 federal legislation, the Family Support Act, which

included a vision of reciprocal obligations between government and heads of welfare families. GAIN,

as the state's version of the Job Opportunities and Basic Skills Training (JOBS) Program authorized

in that act, provides new opportunities notably, comprehensive services emphasizing basic

education in addition to activities designed to get people quickly into jobs. At the same time, it sets

new expectations for participation in such a program and for commitment to getting a job.

In the 1980s, a number of studies of pre-JOBS welfare-to-work programs showed that low-cost

programs emphasizing job search and unpaid work experience could increase employment, reduce

welfare receipt, and be cost-effective. However, the impacts were limited and programs usually did

not succeed in raising the employment of long-term recipients and other high-risk groups. Two

studies of special demonstrations with features of GAIN and JOBS were promising. But the
architects of both the GAIN and JOBS legislation faced many unknowns: Could more complex

programs be implemented on a large scale? Could states change the basic character and message of

AFDC so that, for most people, welfare receipt would entail real obligations? Would GAIN/JOBS

do better than the low-cost programs? Would it positively affect long-term recipients, have more

enduring impacts, get people better jobs, move families out of poverty, or succeed with people in two-

parent households? What would be the relative success of different approaches?

This report on the second-year results of GAIN begins to provide some of the answers. It shows

that:

Large-scale, complex, multi-activity programs can be implemented in a variety of
localities.

Programs such as GAIN can change the basic character of AFDC, introducing real
opportunities and real obligations.

For single parents, GAIN resulted in notable and increasing impacts on employment
and earnings and reductions in welfare costs. Importantly, in several counties this
was also true for long-term recipients.

-v-
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Results varied widely across the six counties studied. While, overall, GAIN
increased single parents' second-year earnings by 24 percent and cut welfare
payments by 7 percent, impacts were particularly large in one county, where
earnings went up 53 percent and welfare costs decreased 17 percent.

For two-parent families, the results were also positive, but effects did not grow from
the first to the second year.

These new findings constitute an interim report card. Further results from GAIN (on longer-

term impacts, costs, and benefits), other state studies, and the national JOBS evaluation will

substantially complete the story.

The findings to date, however, are sufficient to offer several lessons. First, programs such as

GAIN can make an important contribution to the overall effectiveness of welfare reform. With

resources and commitment, states that want to combine opportunities and real participation

obligations can change the nature of welfare and thereby both increase employment and reduce

welfare costs. Second, while on average the results are encouraging, at their strongest they represent

a major achievement and evidence of what can be accomplished within the JOBS system. Third, the

results do not lead us to expect that GAIN or other JOBS programs will by themselves move large

numbers of people into work, off welfare, and out of poverty. Meeting that goal may require a mix

of strategies, including supporting children with income from both parents, increasing the reward for

work, and directly providing work opportunities and mandates.

Finally, for GAIN or JOBS to promote change and transform AFDC from an entitlement into

a reciprocal obligation requires upfront resources to make the activities, and thus the obligation, real.

In the current hard-pressed fiscal climate, JOBS can provide only limited services to relatively small

numbers of welfare recipients. It does not have the funds to achieve what many favor: an effective

marriage of opportunities and real participation obligations that will change the basic character of

welfare. The absence of widespread change is a key reason that the welfare reform debate has been

joined again in 1993.

-vi-
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EXECUTIVE SUMMARY

This report presents new findings on the effectiveness of California's Greater Avenues for

Independence (GAIN) Program, a statewide initiative aimed at increasing the employment and self-
sufficiency of recipients of Aid to Families with Dependent Children (AFDC), the nation's major cash
welfare program. Based on two years of follow-up data for 33,000 people who entered GAIN
between early 1988 and mid-1990, the study examines the program's effects on employment, earnings,
and welfare receipt, and is intended as an update of the one-year results presented in the previous
report.1 The results are of broad relevance to welfare reform because California has the country's
biggest AFDC caseload and GAIN is the largest and one of the most ambitious programs operating
under the federal Job Opportunities and Basic Skills Training (JOBS) Program.

The findings reveal a number of positive trends. For single parents, who represent about two-
thirds of the welfare applicants and recipients in the study, the earnings gains and welfare savings that
GAIN produced in the first year of follow-up grew stronger in the second year. For the heads of
two-parent families, the second-year impacts on these two measures approximately equaled those for
the first year. While the results varied considerably across the six counties studied, five of the six
produced modest-to-large earnings gains or welfare savings (or both) over the entire two-year period.

In addition, some counties showed substantial effects across a number of subgroups of welfare
recipients, including long-term recipients.

In interpreting the results, it is important to bear in mind that two years of follow-up are not
sufficient to capture all the potential effects of GAIN, notably those attributable to the program's
extensive use of education and training activities. It is reasonable to expect (as some evidence in this

report indicates) that GAIN will continue to have positive impacts beyond this period, although to
a lesser extent among the heads of two-parent families.

The GAIN Program and Study

GAIN, which was established in 1985, is overseen by California's State Department of Social

Services (SDSS) and administered by the 58 counties. Owing especially to its emphasis on basic

1See James Riccio and Daniel Friedlander, GAIN: Program Strategies, Participation Patterns, and First-Year
Impacts in Sir Counties (New York: MDRC, 1992).



education for those determined to need it, it was an important precursor of the JOBS program

created by the Family Support Act of 1988. Operating as California's JOBS program since July 1989,

GAIN currently accounts for approximately 12 percent of federal spending on JOBS. This report is

part of an ongoing evaluation being conducted for SDSS by the Manpower Demonstration Research

Corporation (MDRC).

The Study Counties

The six counties selected to participate in the study of GAIN's impacts capture a wide variety

of local conditions and account for more than one-third of the state's GAIN caseload and more than

one-half of its AFDC caseload. Three counties are in southern California: Los Angeles, with about

one-third of the state's caseload and a welfare population larger than all but a few states'; San Diego,

with the state's second-largest AFDC caseload; and Riverside, a large county encompassing both urban

and rural areas. Two counties are in northern California: Alameda, an urban county, which includes

the City of Oakland, and, further north, the mid-sized county of Butte. Tulare is located in the largely

agricultural, rural Central Valley.

It is important to stress that this report's descriptions of the counties' strategies for

implementing GAIN are based on data collected no later than mid-1991, and prior to that in most

cases. This is the relevant information for describing the "treatment" those in the research sample

experienced. However, some of the information does not portray the counties' current modes of

operating GAIN. All of the counties have continued to revise their strategies as they have become

more experienced in operating this very complex welfare-to-work initiative, and in response to

changes in funding and other circumstances.

The Research Sample

The impact results come from a study of 33,000 applicants for and recipients of AFDC whose

participation in GAIN was mandatory, i.e., a condition for receiving their full welfare grant. This

group included single heads of families (AFDC-FGs, who are usually mothers) with children age 6

or older, and all heads of two-parent families (AFDC-Us, typically fathers). The sample does not

include mandatory GAIN registrants who were single parents with preschool-age children. (This

group became mandatory for GAIN under JOBS regulations.)

During the period in which members of the research sample registered for GAIN, four of the

six counties had sufficient resources to extend the program's requirements and services to all

-xvi-
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registrants in their caseloads who were mandatory for GAIN under the pre-JOBS rules. The other

counties Alameda and Los Angeles focused exclusively on long-term recipients, in conformity

with GAIN's rules in cases where resources did not permit services to all those required to
participate. In all six counties, individuals who volunteered for the program before being called in

for an orientation to GAIN were included in the study only if they were subject to the participation

mandate and actually attended an orientation.

Program Features

A key feature of GAIN, which distinguishes it from most other welfare-to-work programs

studied in the 1980s, is the use of educational and basic skills levels to sort registrants into one of two

treatment streams. Those who do not have a high school diploma (Or its equivalent) or fail to
achieve predetermined scores on both parts of a math and literacy test or are not proficient in
English are deemed by GAIN to be "in need of basic education." These individuals can choose to

attend a basic education class or a job search activity first, but if they choose job search and fail to

obtain employment, they must then enter basic education. Registrants judged "not in need of basic
education" those who both pass the literacy test and possess a high school diploma (or its
equivalent) usually must participate in job search first. Registrants already enrollees in education

and training programs when they enter GAIN can continue in them if the activities meet certain

criteria (e.g., they must prepare registrants for occupations in demand in the local labor market, and

registrants must be able to complete the training within two years after enrolling in GAIN).

Participants in any of these three sequences who do not find employment after completing their initial

activities undergo an employability assessment designed to help them choose theirnext activity, e.g.,

skills training, vocationally oriented post-secondary education, on-the-job training, or unpaid work
experience. Any GAIN registrant, who, without "good cause," fails to participate in GAIN's

orientation and services may incur a "sanction," i.e., a reduction of the welfaregrant. (The grant level
in California is one of the nation's highest.)

Did GAIN's Effects Increase Between the First and Second Years e7 Follow-Up?

To determine the effects of GAIN, mandatory registrants who attended an orientation were

randomly assigned to either an experimental group (who remained subject to GAIN's participation

mandate) or a control group (who were precluded from GAIN but could seek access to other services

in the community). The two groups' employment rates, average earnings, and average AFDC

-xvii-



payments, and the percentage of each group that left the AFDC rolls, were compared over the course

of the follow-up period. The differences between the two groups on these rr.easures are the estimated

"impacts" of GAIN.2

The average earnings for experimentals and controls were calculated for the full sample,

including people who did not work (and whose earnings were counted as zero) as well as those who

did work. Averaged across the six counties, with each county given equal weight, earnings for AFDC-

FGs in the second year were $2,712 per experimental group member3 and $2,193 per control group

member. This yields an earnings gain, or impact, of $519 per experimental (or 24 percent of the

average control group member's earnings), as shown in the "all counties" section of Table 1. This

earnings impact is almost twice as large as the year 1 results ($266). Welfare savings were $347 per

experimental in the second year (i.e., AFDC payments were 7 percent lower than the average

payments of $5,017 for controls). This effect is 23 percent larger than the impact in the first year

($283).4 As indicated by the asterisks for the "all counties" rows for years 1 and 2, these results are

statistically significant, meaning that one can have greater confidence that they are due to the

program rather than to statistical chance.

Among the AFDC-Us, as shown in Table 2, the earnings gains in year 2 averaged $370 per

experimental (a 12 percent increase compared to the control group), while welfare savings were $469

(a 7 percent reduction in welfare payments). (Alameda is excluded from Table 2 because of small

sample sizes.) These effects were roughly the same as the impacts in year 1, although the earnings

impacts tended to decline over the course of the second year. Nonetheless, the overall effects remain

noteworthy, in part because the very limited number of prior studies of the AFDC-U population did

not show consistent earnings impacts.

Caution is warranted when reviewing the second-year findings because many experimentals

participated in GAIN's education and training activities. In some counties, one-fifth or more of all

2111e study does not capture the potential effects of GAIN, if any, on registrants who did not show up for
an orientation.

3Dividing the average earnings of the experimental group by the proportion of experimentals who were
employed shows that those who actually worked (including part-time workers and those working only part of
the year) earned an average of $6,696 in the second year.

4As was the case for average earnings, average welfare payments were estimated for the full sample,
including people who received benefits as well as those who were not on the rolls at some time during the
follow-up period. It should also be noted that some of the year 1 numbers in Table 1 and other tables in this
report differ slightly from the numbers in the 1992 report on GAIN's first-year impacts. The changes resulted
from a reestimation of the first-year numbers based on updated earnings and AFDC data.
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AFDC-FG experimentals were continuing or just starting education or training in the second year.

If these activities which aim to increase the "human capital" of welfare recipients have a payoff,

GAIN'S effects might grow in future years. Thus, the two-year period is still a relatively short time

frame for assessing the full effectiveness of GAIN.

What Were GAIN's Effects on Employment and Welfare Case Closures?

Table 3 shows GAIN's effects on the proportion of people employed and the proportion off

welfare entirely at the end of the second year (i.e., in the last quarter of the two-year follow-up

period). Overall, about 29 percent of AFDC-FG experimentals (top panel) were working at that

time, almost 6 percentage points more than the control group (a statistically significant difference).

Employment rates for both experimentals and controls during the last quarter are lower than for the

entire two-year period because some people who had worked previously did not work in that quarter

(although they may have worked again later). About 51 percent of AFDC-FG experimentals were

employed at some time during the two years, compared to 45 percent of the controls (not shown in

Table 3).

The proportion of AFDC-FG experimentals receiving any AFDC payments had dropped to 61

percent (for all six counties combined) by the end of the two-year period. However, only a portion

of this change can be attributed to GAIN, since the control group experienced a similar decline.

Nonetheless, three counties produced a statistically significant reduction in the proportion of

experimentals receiving welfare by the end of year 2, ranging from 2.4 to 5.3 percentage points. For

the AFDC-Us, GAIN's combined effects on employment rates and welfare case closures (for the five

counties other than Alameda) were nearly the same as for the AFDC-FGs.

What Were the Results for the Individual Counties?

GAIN's effects varied by county. One county, Riverside, which had unusually large first-year

earnings gains and welfare savings, again produced large second-year effects on AFDC-FGs. (See

Table 1.) Over the entire two-year period, Riverside increased the experimental group's earnings by

an average of $2,099, a 55 percent gain over the control group average. It reduced welfare payments

by $1,397, a 14 percent reduction compared to the control group. These impacts were the largest

in any of the six counties, and are larger than those found in previous large-scale experimental studies

of state welfare-to-work programs. They are notable as much for their consistency as their

magnitude: Riverside had statistically significant earnings gains for all key subgroups of the single-
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parent research sample, and in all cases these gains were accompanied by welfare savings. Such a

consistent pattern was not found in any other county.

Among AFDC-Us, as Table 2 shows, the earnings of Riverside's control group rose in year 2

to a level closer to the experimental group's earnings, and the second-year impact was smaller and

not statistically significant. Nonetheless, the overall two-year earnings impact of $1,174 (an 18

percent increase over the control group average) was comparatively large and was statistically

significant. Riverside's welfare savings for AFDC-Us, while somewhat lower than in the first year,

remained large and statistically significant in the second year, contributing to a two-year total savings

of $1,714 (a reduction of 16 percent compared to the control group), which is larger than in the other

counties.

Tulare County fell at the other extreme. Continuing the pattern observed in the first year, it

had no statistically significant earnings gains or welfare savings overall or for subgroups, with the

exception of welfare savings for the AFDC-U applicants (not showa in the tables).

The four remaining counties Alameda, Butte, Los Angeles, and San Diego comprise a

"middle group," with generally positive impacts on either earnings or welfare, but not always on both.

Among AFDC-FGs, three of the four (Alameda, Butte, and San Diego) produced modest impacts

on earnings for the entire two-year follow-up period, averaging $733 to $1,058 per experimental, or

an increase of 20 percent to 26 percent over the control group average. Welfare payments were

reduced in all four counties by $411 to $783 over the two years, or a 3 percent to 7 percent savings

compared to the control group. (See Table 1.) Many of the earnings gains and welfare savings were

statistically significant, and in some cases the improvement between the first and second years was

substantial.

Among AFDC-Us, two of the counties in this group Los Angeles and Butte produced

statistically significant earnings gains of $579 and $1,877, respectively, over the two-year period,

representing increases of 22 percent and 36 percent compared to the control group. Butte's earnings

impact is particularly notable: It was the only AFDC-U earnings impact to grow substantially between

the first and second years and, over the two years, was the largest in any county. San Diego produced

small earnings gains but relatively large welfare savings. (See Table 2. Again, owing to small sample

sizes, results for AFDC-Us in Alameda are not presented.) Los Angeles was the only county other

than Riverside to produce statistically significant earnings gains and welfare savings for AFDC-Us.

Not surprisingly, given California's state-supervised but county-operated welfare system, the

counties varied in their implementation approaches. For example, they made different choices



concerning the kinds of staff they hired to serve as case managers, their registrant-to-case manager

ratios, how much they promoted quick entry into jobs, how much they relied on GAIN's formal

mechanisms (ending in financial sanctions) to enforce the legislation's participation mandate, and how

much personalized attention they gave to registrants. In part, these and other choices reflected

alternative views of how best to operate this complex program, and meant that welfare recipients'

experiences in GAIN varied in ways that transcended observed county differences in participation

patterns.

The counties also varied strikingly in the demographic characteristics of their GAIN registrants,

reflecting different local populations and, in Alameda and Los Angeles, the effects of GAIN's

targeting provisions, which gave higher priority to longer-term welfare recipients. In addition,

different local economic conditions prevailed during the period covered by this report.

The evidence of impacts across five of the six counties thus shows that GAIN can produce

positive effects within a two-year period, even when it is operated in very different ways and under

different circumstances. This is an encouraging finding because local conditions will always vary

across counties and because some variation in key implementation practices is impossible to avoid.

At the same time, the lack of positive impacts in Tulare, which are further discussed below, suggests

that GAIN may not necessarily be effective under all circumstances, at least in the short term.

Did GAIN's Two-Year !mullets Vary for Different Subgroups?

A central question for GAIN is whether particular subgroups of welfare recipients are or are

not affected by the services the program offers and its participation mandate. Three important

subgroups are those determined "not in need of basic education," those deemed "in need of basic

education," and long-term welfare recipients, i.e., those who have received welfare for more than two

years.

As summarized in Table 4, GAIN produced second-year earnings gains and welfare savings for

each of these three subgroups among AFDC-FGs, but not in every county and not always at

statistically significant levels. (Impact estimates are generally less accurate and less likely to be

statistically significant for subgroups, compared to the full research sample, because of smaller sample

sizes.) Earnings impacts for the "not in need of basic education" subgroup continued in the second

year to be generally larger in four of the six counties than were the effects on the "in need of basic

education" subgroup or the long-term welfare recipients. This finding is not surprising because results

4e 3
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from education programs (which these latter two groups used more heavily) can take longer to

appear. Interestingly, however, welfare savings differed less among these three subgroups.

Results for S' le Parents N in Need of Basic Education

As previously noted, GAIN registrants who were determined not in need of basic education

were usually expected to participate in job search as their first activity unless theywere already in an
approved education or training activity or excused from participation for "good cause." Across the

six counties, 25 percent to 50 percent of the AFDC-FG experimentals in this subgroup participated

in job search activities. A somewhat smaller but still sizable proportion (21 percent to 38 percent)
took part in some form of education and training. (All participation information in this study pertains
to the first 11 months following random assignment.)

GAIN's positive effects on earnings were widespread for this subgroup: Five of the six counties

(Tulare was the exception) produced positive and growing impacts between the first and second

follow-up years, as shown in the first panel of Table 4. Over the entire two-year period, these effects

ranged from $525 to $2,662 (not all of them were statistically significant). Three counties produced

modest-to-large welfare savings for this subgroup, ranging from $873 to $1,487 for the two-year
period. In contrast, in the other three counties, welfare payments for experimentals were nearly the

same as or higher than payments for the controls (although by amounts that were not statistically
significant).

Even though job search was the predominant activity among AFDC-FG experimentals
determined not to need basic education, the fact that many of these experimentals took part in
"human capital development" activities, such as post-secondary education or vocational training,

suggests that GAIN's two-year impacts for this group may not simply reflect a "job search" effect;

other activities and other aspects of the GAIN mandate andtreatment may have contributed to these

impacts. However, the use of these activities, in combination with the time trends in impacts, also

implies that, even for this subgroup, the full effects of GAIN may not have been captured within the

two-year period on which this report is based.

Results for Single Parents in Need of Basic Education

People determined in need of basic education usually took part in either job search or basic

education as their initial GAIN activity. Overall, participation in job search (although not always as

a first activity) ranged from 6 percent to 29 percent of the AFDC-FG experimentals, depending on
the county; participation :.1 basic education was somewhat higher or much higher, varying from 27

3



percent to 56 percent. In addition, some members of this subgroup took part in vocational education

and training (including activities begun before they registered for GAIN).

Most of the counties were successful in achieving welfare savings for this subgroup. As shown

in the second panel of Table 4, statistically significant welfare savings over the two-year period were

found in five of the six counties. However, only two counties Butte and Riverside produced

statistically significant earnings increases ($1,479 and $1,760, respectively) along with those savings.

The evidence available to date provides no clear explanation as to why these two counties,

which adopted very different approaches to implementing GAIN, had the largest earnings effects on

this subgroup. Yet some hypotheses can be ruled out or considered unlikely. For example, these

effects cannot simply be attributed to unusually high rates of participation in basic education, since

this activity was more widely used in all of the other counties. Differences in the "quality" of the basic

education classes could be another factor, although on one (albeit limited) measure, the GAIN case

managers in Butte and Riverside rated the quality of this component lower than did the staff in the

other four counties. (Perceived quality was especially high in San Diego and Tulare.) The use of

job search, an activity that could lead to rapid employment even for this subgroup, is also not likely

to explain the similarity of impacts in Butte and Riverside, since job search participation rates were

dramatically different in the two counties (6 percent compared to 29 percent, respectively). Perhaps

the fact, discussed below, that these two counties experienced more economic growth than the others

(according to one measure) contributed to their stronger impacts. MDRC's future reports will

continue to explore a number of alternative hypotheses for the Butte and Riverside findings.

Of course, because basic education is a longer-term investment, the full extent of its

contribution to impacts, if any, might not be seen until future years. Hence, the counties' impacts

for the win-need" subgroup may grow over time. Indeed, some preliminary evidence, based on a small

group of people who became part of the research sample at an early stage of the study, suggests that

earnings impacts may remain strong in Riverside for this subgroup in the third year of follow-up, and

may actually increase not only in Butte, but also in Alameda, San Diego, and Tulare as well.

Results for Single- Parent Long-Term Welfare Recipients

Individuals who have received welfare for a long period of time, generally more than two years,

account for the bulk of all AFDC costs over time. Studies of welfare-to-work programs have not

consistently found earnings impacts for this group, although welfare savings have been found. The

impact of GAIN on long-term recipients (a group that includes people determined not to need basic

education as well as those determined to need it) has added importance because two of the counties



in this study (Alameda and Los Angeles) served long-term recipients exclusively, for reasons noted

earlier.

As shown in the third panel of Table 4, positive trends in earnings impacts between the first

and second years were found in all six counties for long-term AFDC-FG recipients. The total two-

year impact was moderate to large (and statistically significant) in three counties, ranging from $733

to $2,471. Two-year welfare savings of $411 to $1,550 were found across five counties (and were

statistically significant in three of them). However, Riverside was the only county to produce large

and statistically significant earnings gains and welfare savings for longer-term AFDC-FG recipients.

Results for AFDC-U Subgroups

GAIN'S two-year impacts on the heads of two-parent families (AFDC-Us), like its effects on

single parents, varied by subgroup. Overall, the counties tended to have more positive impacts for

AFDC-Us who were determined not to need basic education than for the In-need" subgroup.

However, in contrast to the AFDC-FG results, the magnitude of the impacts within each of these

subgroups did not increase as consistently across the counties between the first and second years.

As shown in the first panel of Table 5, three of the five counties (excluding Alameda because of small

sample sizes) had statistically significant two-year earnings gains for those judged not to need basic

education, and four of the five produced statistically significant welfare savings. However, only one

county Butte had earnings impacts that were large and growing between the first and second

years.

The results for the AFDC-Us determined to need basic education can be seen in the second

panel of Table 5. Two-year earnings gains or welfare reductions were found in four of the five

counties, but only one county Los Angeles produced statistically significant (though not large)

effects on both of these variables.

Finally, the results for the AFDC-U long-term recipients provide additional evidence (along

with the AFDC-FG findings for this subgroup) of GAIN's ability to have some effect on people with

a comparatively long welfare history. As shown in the third panel of Table 5, modest or large

earnings gains and welfare savings were found for this subgroup in four of the five counties, although

not all of these effects were statistically significant.
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What Accounts for the Riverside Results?

While evidence of GAIN's effectiveness was found in five of the six study counties, Riverside

continues to stand out by virtue of the overall magnitude and, especially, the consistency of its

impacts, as it did in the previous (1992) report, which analyzed GAIN's first-year impacts. Unlike any

other county, Riverside produced both earnings gains and welfare savings for all of the AFDC-FG

subgroups studied. And while its earnings impact on AFDC-Us decliaed in the second year, its two-

year earnings and welfare effects for that group were still large and exceeded those in all of the other

counties with the exception of Butte's impact on earnings.5 Although this study cannot definitively

explain the reasons for Riverside's more impressive results, a number of factors are worth considering.

It appears unlikely that Riverside's more impressive results can be explained simply by any

distinctiveness in the background characteristics of its GAIN registrants. Indeed, when cross-county

differences in a number of these characteristics are "held constant" statistically, the ranking of the

counties with Riverside at the top, Tulare at the bottom, and the others forming a middle tier

is unchanged. This suggests that the explanation is to be found in other factors.

One of these factors might be Riverside's unusually strong emphasis on getting people into jobs

quickly. (Table 6 summarizes selected county differences in registrants' characteristics and in program

implementation.) This approach does not mean that Riverside was "just a job search program."

Quite the contrary: Although it had a relatively high job search participation rate, it also had, like

other counties, a substantial amount of participation in education and training activities. About 36

percent of all AFDC-FG experimentals in Riverside participated in some type of education or

training (i.e., basic education, post-secondary education, or occupational training), which represents
a majority 60 percent of those Riverside experimentals who entered any GAIN activity.

More distinctive was Riverside's attempt to communicate a strong "message" to all registrants,

at all stages of the program, that employment was central, that it should be sought expeditiously, and

that opportunities to obtain relatively low-paying jobs should not routinely be turned down. The

county's management underscored this message by establishing job placement standards as one of
several criteria for assessing staff performance. In addition, the county instituted a strong job

development component to assist recipients in gaining access to job opportunities. Perhaps

5During the study period, Riverside obtained a federal waiver to eliminate the rule under which AFDC-U
welfare cases were closed when recipients worked more than 100 hours per month. Riverside also obtained
permission to register for GAIN both parents on the AFDC-U case. The implications of these changes for
the trends in Riverside's impacts on AFDC-Us is uncertain at this time.



TABLE 6

IMPLEMENTATION PRACTICES AND CONDITIONS AT THE TIME
THE SIX COUNTIES WERE STUDIED FOR THE GAIN IMPACT ANALYSIS

Alameda, which includes the city of Oakland, has the largest welfare caseload of single
parents (AFDC-FGs), and the second-largest caseload of heads of two-parent families
(AFDC-Us), among counties in the San Francisco Bay area It was one of two evaluation
counties that had a large inner-city welfare population and that enrolled only long-term
recipients, a practice that was consistent with the statutory requirement for counties that
did not have enough resources to serve all GAIN-eligibles. More than 80 percent of both
its AFDC-FG and AFDC-U GAIN registrants were minorities; a large majority (69 percent)
of its single-parent registrants were black, and a substantial proportion (40 percent) of its
heads of two-parent families were Indochinese. Alameda had the second-highest
proportion of registrants who were determined 'in need of basic education' (65 percent
for AFDC-FGs and 81 percent for AFDC-Us). Although Alameda largely avoided resorting
to GAIN's formal enforcement and sanctioning procedures to achieve compliance with the
program's participation mandate, it achieved the highest overall rate of participation for
AFDC-FGs (63 percent). To some degree, this could have been due to the relatively high
degree of personalized attention staff offered to registrants. Alameda also had the highest
rate of participation in basic education classes among AFDC-FGs (39 percent) and the
second-highest for AFDC-Us (42 percent). (These rates are based on all experimentals,
not just the in-need of basic education subgroup.) This reflected in part its emphasis on
education and training services and the low priority it gave to immediate job placement;
its job search activities, in which 26 percent of its AFDC-FGs participated, were not
necessarily intended to result in immediate employment, but rather to provide information
to assist registrants in choosing an education or training program at assessment. The
caseload size per case manager in Alameda was relatively low, about 75:1.

Butte, a mid -sized county in northern California, had by far the smallest welfare caseload
of the counties studied and the largest proportion of non-minorities (more than 85 percent
of AFDC-FGs and about three-quarters of AFDC-Us). Although it enrolled a broad cross
section of its mandatory GAIN caseload, Butte appeared to have the least disadvantaged
AFDC-FG sample in the study, with the lowest rate of those determined 'in need of basic
eduCatiore (49 percent), the lowest proportion of longterm recipients (28 percent), and
the second-highest proportion of registrants with a recent work history (57 percent). Butte
used an unusual GAIN intake procedure in order to keep caseload size per case manager
relatively low (63:1); registrants were brought into GAIN but were placed on waiting lists
for up to several months until a case manager had an opening. This contributed to
Butte's having the lowest participation rate for single parents (43 percent), but permitted
staff to provide a high degree of personalized attention once registrants were assigned
to case managers. Consistent with the characteristics of its AFDC-FG population and its
overall participation rate, Butte had the lowest rate of participation in basic education
classes among AFDC-FGs (15 percent), compared to 18 percent in job search activities.
It placed a relatively low emphasis on formal enforcement.

(continued)
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TABLE 6 (continued)

Los Angeles, with about one-third of the state's caseload and a welfare population larger
than all but a few states', was the other county that had a large inner-city welfare
population and that enrolled only long-term recipients. As a result, Los Angeles had the
highest relative proportion of recipients in the research sample who were determined 'in
need of basic education* (81 percent for AFDC-FGs and 92 percent for AFDC-Us). Los
Angeles' registrants also had the smallest proportion of AFDC-FGs with a recent work
history (just 17 percent) and the second-smallest proportion of AFDC-Us who had recently
worked (32 percent), the highest average age (almost 39 years for AFDC-FGs and 42 for
AFDC-Us), and the highest proportion of minorities (nearly 90 percent for both AFDC-FGs
and AFDC-Us). Nearly 60 percent of its AFDC-U population was Indochinese. Los
Angeles' program started later and was somewhat less fully developed than other
counties' programs during the study period. The overall rate of participation in GAIN was
51 percent for AFDC-FGs, with 37 percent of these registrants participating in basic
education classes, compared to 12 percent in job search activities. It made substantial
use of GAIN's formal enforcement procedures, with about one-third of the AFDC-FGs (but
a much lower proportion of the AFDC-Us) having been placed in conciliation, sanctioned,
or slated for sanctioning. Actual sanctions were imposed for 5.4 percent of the AFDC-FGs
and 2.1 percent of the AFDC-Us within the first 11 months after orientation. The county
established tight restrictions on case management duties in order to minimize
discretionary decision-making by case managers. Alone among the counties in California,
Los Angeles also contracted with a private-sector firm to conduct case management.
Compared ,to other counties, Los Angeles placed lower emphasis on providing
personalized attention to registrants; this may have been due in past to its GAIN caseload
per case manager, which, at 128:1, was the highest among the six counties.

Riverside, a large county in southern California with both urban and rural areas, had the
fastest-growing economy in the six study counties (as measured by the increase in the
number of employed residents), especially early in the study period. ft enrolled a broad
cross section of its mandatory welfare population and operated the most employment-
focused program, even for participants in basic education classes. This approach was
continuously reinforced by top- and mid-level management and communicated to
supervisory an line staff partly through the assignment of job placement standards to
district offices, units within offices, and individual case managers. A prominent role was
also given to job development Riverside balanced its emphasis on job placement with
a parallel focus on participation. A substantial proportion of its registrants (60 percent for
AFDC-FGs, two-thirds for AFDC-Us) were determined 'in need of basic education,' and just
over one -fifth of Riverside's AFDC-FG GAIN registrants participated in basic education
classes, compared to more than one-third who were enrolled in job search activities.
Nearly half of Riverside's AFDC-FG registrants, and 57 percent of its AFDC-U registrants,
were minorities, largely Hispanic. Riverside's overall AFDC-FG participation rate was 60
percent. ft relied heavily on formal enforcement procedures, with about one-third of the
AFDC-FGs and 42 percent of the AFDC-Us having been placed in conciliation, sanctioned,
or slated for sanctions. However, only 6.0 percent of the AFDC-FGs and 6.8 percent of
AFDC-Us were actually sanctioned within the first 11 months after orientation. Riverside
had the second-lowest ranking of the counties in the degree of personalized attention staff
provided registrants. Owint, to a special study of the impact of different caseload sizes,
the average caseloads were about 53:1 (for one group of case managers ) and 97:1 (for
the other group).

(continued)
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TABLE 6 (continued)

San Diego, with the states second-largest AFDC-FG caseload and the fourth-largest
AFDC-U caseload, enrolled a broad cross section of its caseload in GAIN. About 60
percent of its registrants were minorities, and well over half were determined 'in need of
basic education.' The county's GAIN sample had the highest proportion of registrants
who had recently worked 59 percent among AFDC-FGs and the second-highest
among AFDC-Us (nearly 80 percent). For AFDC-FGs, San Diego recorded a 55 percent
participation rate and the highest enrollment rate for self-initiated participants (15 percent).
A key and highly regarded feature of San Diego's program was its network of
computerized GAIN Learning Centers for basic education classes, although early on there
were too few slots given the demand. This led to a lower rate of participation in basic
education classes (19 percent for the full sample of AFDC-FGs) and a higher rate in job
search (30 percent) than the county intended. San Diego ranked in the middle of the
counties in terms of the personalized attention staff gave to registrants and in its reliance
on formal enforcement, and it had the second-highest average caseload per case
manager (103:1).

Tulare was the only county of the six that had to operate GAIN in the context of a rural
and highly agricultural, seasonal labor market and had an unemployment rate that
averaged more than 14 percent over the course of the study period. As a result of a
winter freeze, the county was declared a state disaster area during part of the follow-up
period. The high proportion of Tulare's GAIN registrants who were determined 'in need
of basic education' (65 percent of AFDC-FGs and nearly three-fourths of AFDC-Us) may
have contributed together with the poor state of its local economy to a relatively high
use of basic education, in which 36 percent of its AFDC-FG registrants and more than
two - fifths of its AFDC-U registrants participated. One-fifth of AFDC-FGs and 16 percent
of AFDC-Us participated in job search. About 40 percent of its registrants were Hispanic,
the highest proportion of any county. Tulare achieved the second-highest participation
rate for both AFDC-FGs (61 percent) and AFDC-Us (60 percent), but placed a low
emphasis on formal enforcement to achieve compliance. Tulare's emphasis on giving
personalized attention to registrants was the second highest of the six counties, despite
a relatively high average caseload per case manager a ratio of 100:1.



Riverside's pervasive employment message, backed up by strong job development, affected how much

effort registrants across a number of subgroups made to look for a job, and how selective they

were with regard to the kinds of jobs they would accept.

Along many other dimensions of a program that (theoretically) might be related to its

effectiveness, Riverside was not unique. For example, while its overall participation rates were high,

they were no higher than those in Alameda and Tulare. And while Riverside ranked high in its

reliance on the formal penalty mechanisms to enforce GAIN's participation mandate, so did Los

Angeles. Furthermore, Riverside had neither the most (nor the least) favorable rankings in terms

of the availability or quality of its job search, education, and training services.6 The Riverside results

also suggest that the very high levels of case managers' personalized attention to program registrants

that were found in several counties may not be a prerequisite for producing large impacts, at least

in the relatively short run. Riverside ranked lower on this dimension than most of the other counties,

according to the case manager survey. Nor did its case managers have the highest or most favorable

rankings (compared to the other counties) in terms of their education levels, degree of job

satisfaction and morale, views of welfare recipients, or registrant-to-case manager ratios.

What most distinguished Riverside from the other counties and, therefore, what might have

contributed to Riverside's more favorable results was its particular combination of practices and

conditions. Its pervasive employment message and job development efforts, its more equal use of job

search and education and training activities, its strong commitment to (and adequate resources for)

securing the participation of all mandatory registrants, and its greater reliance on GAIN's formal

enforcement mechanisms to reinforce the seriousness with which it viewed the participation obligation

(and which, in general, may be associated with greater welfare savings across the six counties) made

up a constellation of practices not found in any other county.

Riverside's approach may have enjoyed an "added boost" from its growing economy; at the very

least, this hypothesis cannot be ruled out. During the period of this study, Riverside's economy grew

at a faster rate than any of the other counties', especially early on, with a 3 percent average annual

increase in the number of employed persons in the county. The number of jobs reported by

employers also grew substantially. (However, Riverside's unemployment rate was not the lowest,

averaging 8.6 percent over the data collection period for this report.) Yet the fact that Riverside's

earnings impacts for the heads of two-parent families largely diminished over the course of the second

6These rankings are based on a survey of GAIN case managers in the six counties, which elicited their
perceptions of various aspects of the program in the first two years after the counties started operating GAIN.
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year of follow-up (to some extent because controls began to "catch up" to the experimentals) shows

that a growing economy is no guarantee of groviTg earnings impacts. Also, Riverside was not alone

in experiencing economic growth during the study period; Butte also showed substantial growth

(based, again, on the number of employed persons living there). Yet Butte's impacts were not
consistently as large as Riverside's. Furthermore, for AFDC-FG registrants determined not to need

basic education, the substantial earnings impacts not only in Riverside but also in Alameda and San

Diego, where economic conditions appear to have been less favorable, lends additional weight to the
conclusion that the local economy is by iio means the sole determinant of a program's effectiveness.

What Accounts for the Tulare Results?

If Riverside is impressive because of its relatively large and consistent earnings gainsand welfare

savings, especially among AFDC-FGs, Tulare is noteworthy for its consistent absence ofstatistically

significant effects (although some of its impact trends between the two years were in a positive

direction). The reasons for this are not clear. Like Alameda and Butte, Tulare placed a relatively

high emphasis on personalized attention and a relatively low emphasis on formal enforcement, and

like San Diego it placed a moderate emphasis on rapid employment. Moreover, its rates of
participation in job search and in education and training activities were comparable to the rates in

several other counties, and it had one of the highest rates of participation in GAIN activitiesoverall.

It is possible that Tulare's results are the product of the distinctive local conditions under which

it had to operate its GAIN program. Tulare clearly stands apart from the other five counties in that

a much larger share of its population lives in rural areas and its economy is much more agricultural.

(Earlier MDRC studies found little impact for welfare-to-work programs in rural environments,

although very few studies inform this issue.) Moreover, Tulare's unemployment rate was unusually

high averaging 14.2 percent over the data collection period for this report and the county

experienced an average annual decline of 1.4 percent in the number of its employed residents.

During part of this time, the county suffered a severe winter freeze, boosting its unemploymentrate
to an even higher level. These conditions suggest that the experimental group in Tulare may have

faced unusually difficult obstacles to finding employment opportunities.

At the same time, employment rates and average earnings among controls in Tulare were as

high as or higher than the figures for controls in the other five counties. Perhaps many of Tulare's

controls were able to find employment in nearby counties, where opportunities appear to have been

greater. If so, these same opportunities would have been available to the experimentals. This makes



it more difficult to conclude that unusually poor job prospects fully account for Tulare's lack of

positive two-year impacts. Perhaps some aspects of the county's particular implementation strategies

in conjunction with certain features of its local environment would offer a better explanation. This

and other hypotheses will be explored further in MDRC's future reports.

Next Steps in the GAIN Evaluation

In summary, GAIN, in five of the six stuciy counties, produced modest-to-large earnings gains

or welfare savings (or both) over the first two years of follow-up, and it is evident that additional

impacts will accrue in the future. Of course, if these future effects are substantially larger in some

counties than in others, that could change the relative rankings of the six counties in terms of their

overall effectiveness. Thus, policymakers and administrators should be cautious in drawing final

conclusions from this report about what kinds of approaches to operating GAIN work best, or about

the full payoff of the GAIN program.

MDRC's continuing evaluation will measure GAIN's impacts in the six counties over a longer

follow-up period and will reexamine the relationship of county implementation conditions and

strategies to county impacts. In addition, future reports will draw upon a survey of GAIN registrants

and other data to examine the program's effects on a wide array of outcomes (such as educational

attainment and other economic and noneconomic outcomes), estimate its benefits and costs, and

explore the role played by other factors in shaping GAIN's effectiveness in moving welfare recipients

off welfare and into jobs.



CHAFFER 1

INTRODUCTION

This report is the sixth in a series on the effects of California's Greater Avenues for

Independence (GAIN) Program, which the Manpower Demonstration Research Corporation

(MDRC) is evaluating under contract to California's State Department of Social Services (SDSS).1

GAIN, which began operations in 1986, aims to increase employment and foster self-sufficiency

among people receiving Aid to Families with Dependent Children (AFDC), i.e., welfare. Operating

in all 58 California counties, GAIN is the largest and one of the most ambitious welfare-to-work

initiatives in the United States. Among its most distinctive features is its emphasis on mandatory,

upfront basic education usually preceding or following job search efforts for welfare recipients

who lack either a high school diploma or basic literacy skills in mathematics, reading, or the English

language.

In July 1989, the GAIN program, with a few modifications, became California's version of the

national Job Opportunities and Basic Skills Training (JOBS) Program. The basic service sequences

were hot changed, but, in accordance with the JOBS legislation (the Family Support Act of 1988),

GAIN's mandate was broadened to include single parents of preschool-age children (in addition to

those whose children were all 6 years old or older) and, in some cases, the second parent in two-

parent families.

Intended as an "update" of the previous (1992) study, which examined GAIN's first-year impacts

on employment, earnings, and welfare receipt in six counties, this report extends the analysis through

a full second year of follow-up, using the same impact measures and analysis strategies. In order to

provide readers with a full context for interpreting the new findings rather than just a summary

of them the report has been closely modeled on parallel chapters in the 1992 document. Future

reports will use a wider array of measures and strategies to assess GAIN's performance more

comprehensively. In addition, the final report will use longer-term data, which are essential for

1MDRCs previous reports on GAIN are: Jolin Wallace and David Long, GAIN: Planning and Early
Implementation (New York: MDRC, 1987); James Riccio, Barbara Goldman, Gayle Hamilton, Karin
Martinson, and Alan Orenstein, GAIN: Early Implementation Experiences and Lessons (New York: MDRC,
1989); Karin Martinson and James Riccio, GAIN: Child Care in a Welfare Employment Initiative (New York:
MDRC, 1989); Stephen Freedman and James Riccio, GAIN: Participation Patterns in Four Counties (New
York: MDRC, 1991); and James Riccio and Daniel Friedlander, GAIN: Program Strategies, Participation
Patterns, and First-Year Impacts in Sit Counties (New York: MDRC, 1992).
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determining the overall success of any program that, like GAIN, makes a substantial investment in

education and training; the total return on such an investment may be evident only after several years.

1 he 1992 study found that, together, the GAIN programs in the six research counties

Alameda, Butte, Los Angeles, Riverside, San Diego, and Tulare produced statistically significant

earnings increases and reductions in AFDC payments in the first year after individuals in the research

sample entered the programs. However, the effects varied substantially across the counties, with one

county (Riverside) having had unusually large first-year impacts and another county (Tulare) having

had virtually no impacts. The other four counties also produced significant impacts in the fitst year,

although not always on earnings and AFDC payments, and not for all subgroups of GAIN registrants.

As in the previous study, this report presents separate impact findings for each of the six

counties, recogni:Ang that the program's effects may have varied because of differences in the way

the counties chose to implement GAIN as well as differences in demographics of their caseloads and

local economic and other conditions. These alternative approaches have themselves been fostered

by the manner in which California's welfare system is run: Each 4:-..--,unty administers its own welfare

agency under the supervision of SDSS. Thus, county administrators can exert significant control over

the day-to-day operation of the program and the emphasis placed on different implementation

strategies. Through a comparison of the six research counties, the previous report began to examine

whether differences in the counties' implementation practices and conditions contributed to their

differences in program impacts. This report continues that analysis using the two-year follow-up data.

However, for reasons discussed below, this type of assessment cannot be of the same level of rigor

as the determination of whether or not GAIN is effective within each county.

Results from the GAIN evaluation continue to be important for other states and the federal

government because little other information is available on the effectiveness of a large-scale welfare-

to-work program that puts a major emphasis on upfront basic education in addition to job search and

a range of vocational training options. (Most pre-JOBS evaluations were of programs emphasizing

primarily job search and subsidized work experience.)2 Also, California includes about one-sixth of

the nation's AFDC population, and GAIN accounted for a large share (12 percent) of the federal

government's total JOBS spending for fiscal year 1992. Thus, California's experiences are particularly

important in the continuing national debate over welfare reform.

In its emphasis on education and on serving longer- term,welfare recipients, GAIN is similar to

the JOBS programs in many other states. However, though broadly relevant, the GAIN model differs

2See Gueron and Pauly, 1991.
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substantially from many other states' approaches. In particular, GAIN's highly specific sequences

including, in varying arrangements, job search, basic education, and other education and training

activities are unusual. More typically, welfare recipients begin the JOBS program in other states

with an in-depth assessment of their needs and interests, and they are permitted greater choice over

their initial activity assignment.3 Also, during much of the period of this evaluation, California

counties served a broad cross section of the GAIN-mandatory caseload, in contrast to the emphasis

in many other states on serving volunteers first. (More recently, California has been giving preference

to mandatory and, in some cases, non-mandatory welfare recipients who volunteer and who fall into

one of the JOBS "target groups.")4 Finally, California's AFDC grant levels are among the highest

in the nation.5 Grant levels can affect work incentives and the relationship between work and

welfare in a number of ways: High grants can reduce the relative attractiveness of low-paying jobs,

but they also allow people to work and still remain on welfare, which, in certain cases, can increase

work incentives. A state's grant levels may thus affect a program's impacts by hindering or reinforcing

a program's efforts to move recipients into jobs and off welfare.

I. The GAIN Model

The GAIN model begins at the county welfare department's Income Maintenance office.

(Figure 1.1 ihustrates the basic sequences in simplified form.) Here, when determining initial or

continuing eligibility for welfare, the staff identify and refer to GAIN those AFDC applicants and

recipients who are mandatory for the program, and offer to refer recipients who are GAIN-exempt

but might wish to volunteer for the program. Depending on the county, either Income Maintenance

or GAIN staff officially register individuals for GAIN. As indicated above, the pre-JOBS rules

defining mandatoriness for GAIN exempted single parents with children under the age of 6, a group

that accounts for about two-thirds of all single-parent AFDC recipients. No such exemption existed

for the heads of two-parent families.

At the GAIN office, the registrant attends an orientation and appraisal. At orientation, the

opportunities and obligations of the program are explained, and the registrant takes a basic reading

and mathematics test (unless she or he is not proficient in English). As part of the appraisal

3See, e.g., Hagen and Lurie, 1992.
,The federal government encourages states to give certain categories of welfare recipients higher priority

for JOBS, and when 55 percent or more of a state's JOBS expenditures are on the designated target groups,
it matches the state's JOBS spending at a higher rate than it otherwise would.

51n California, the basic AFDC grant for a family of three is $624, which was reduced from $663 in 1992.
Grant levels are higher only in Alaska, Hawaii, Connecticut, and Vermont.
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interview, the assigned case manager reviews the registrant's background characteristics, including

circumstances that might prevent her or him from participating in GAIN. The registrant is then

either referred to a GAIN activity or deferred (i.e., temporarily excused from participating). GAIN's

support services, such as child care and transportation, are arranged at this time if the registrant

needs them to take advantage of the program's activities.6 Participation in GAIN is expected to

continue until the individual finds employment, leaves welfare, or is no longer required to participate

for other reasons. Failure to comply with program rules can result in a "sanction" (i.e., a reduction

or termination of the monthly welfare grant).7

As noted above, not all those who attend an orientation are expected to take part in a GAIN

activity. GAIN's regulations permit temporary deferral from the participation requirement for those

who have a part-time job, temporary illness, family emergency, or another situation that precludes

attending an activity. Welfare recipients are also not required to remain registered for GAIN if they

meet certain exemption criteria such as getting a full-time job (of at least 30 hours per week) that

does not pay enough to make a person ineligible for AFDC or being chronically ill. These individuals

are officially removed (i.e., "deregistered") from the program, as are those who leave AFDC entirely

for employment or other reasons. Still others who are expected to participate but choose not to may

be sanctioned.

As shown in Figure 1.1, GAIN has two primary service tracks. Registrants who do not have

a high school diploma or its equivalent (a General Educational Development GED certificate),

or score low on either the reading or mathematics part of the basic skills test,8 or are not proficient

in English, are determined by GAIN regulations to be "in need of basic education." They usually

enter one of three basic education programs: GED preparation, Adult Basic Education (ABE), or

English as a Second Language (ESL). Registrants on this track may elect to pursue job search

6GAIN helps registrants find, and pays for, child care services for children who are under age 13
assistance that continues for a one-year transitional period if the registrant leaves welfare for employment.
GAIN also reimburses program participants for relevant public transportation costs (unless a car is essential)
including transportation for their children to and from a child care facility. Participants may also receive
reimbursement for program-related expenses such as tools and books. Finally, GAIN funds can be used to
identify the need for counseling for personal or family problems that arise from or hinder participation or
employment and to make an appropriate referral. For details on GAIN's support services, see Riccio et al.,
1989.

7Prior to JOBS, registrants who were heads of two-parent families lost their entire grant if they were
sanctioned, whereas single parents lost only the parent's (not the children's) portion of the grant. Under
JOBS, the heads of two-parent families who are sanctioned similarly lose only the parent's share of the grant.

8The screening test is the Comprehensive Adult Student Assessment System (CASAS) test, and a score
lower than 215 on the reading or mathematics portion is a criterion for designating a person to be "in need
of basic education.'
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assistance first, but must then enroll in a basic education class if they do not find a job. Alternatively,

they may choose to participate in basic education first and then job search, or they may elect to

attend job search and basic education concurrently.

The second track is for registrants who are determined "not in need of basic education" (i.e.,

they have a high school diploma or a GED, pass the literacy test, and are deemed to be proficient

in English). They are usually referred first to a job search activity. Job search activities include job

club group training sessions in which participants learn basic job-seeking and interviewing skills

and supervised job search, in which participants have access to telephone banks, job listings,

employment counseling, and other assistance under staff supervision.9 Job search activities usually

last for three weeks.

A third track is available for registrants who began an education or training activity prior to

attending an orientation and appraisal (and irrespective of whether their appraisal determined them

to be in need of basic education). At the appraisal session, the registrant's case manager decides

whether the activity furthers the registrant's employment goal. If the decision is yes, the case

manager may authorize the registrant to continue attending the program as a GAIN activity and to

be eligible (for no more than two years) for GAIN's child care and transportation payments. Such

an activity is referred to in GAIN as "self-initiated" education or training.

Registrants who complete their upfront activities without having found a job must participate

in a formal assessment of their career plans and work out an individual employment plan. They are

then referred to "post-assessment" activities intended to further their employment plan. Possible

activities include vocational or on-the-job training, unpaid work experience (or "workfare," which in

GAIN is referred to as PREP),1° supported work,11 or other forms of education and training.

For some individuals, a 90-day job search follows the post-assessment activity, they seek workon their

own and periodically report to GAIN staff. If this fails to lead to a job, they are assigned to long-

9Some counties assign some individuals to unsupervised job search prior to an assessment.
"PREP (Pre-Employment Preparation) is unpaid work experience in a public or nonprofit agency in

exchange for the recipient's welfare grant PREP assignments can be short-term, lasting up to three months,
or long-term, lasting up to one year. The number of hours of the work assignment are determined by adding
the recipient's grant (less any child support the noncustodial parent has paid to the county) and the Food
Stamp allotment, and dividing that sum by the statewide average hourly wage. PREP work assignmentscannot
exceed 32 hours per week.

"Supported work is paid work experience, in a group setting, for participants with little work history.
It is characterized by close on-site supervision, peer support, and gradually increased responsibilities. A closely
associated activity is transitional employment, which provides less intensive supervised training in a work
setting. Neither of these activities was used in the six research counties during the period covered by this
report

4 ;



term PREP. After completing that component, registrants are assessed again and another activity

is selected.

In most of California's 58 counties, GAIN operates through a network of service providers in the

community, with the welfare department at the center. Typically, the county welfare departments

register people for GAIN, manage the overall program, provide case management, develop PREP

positions (rarely used during the participation follow-up period covered by this report), and, in some

cases, conduct job clubs and other job search activities. With a few exceptions, the rest of the GAIN

program functions and services are provided by agencies outside the welfare department, but the

welfare department retains overall administrative responsibility. For example, adult schools and

sometimes community colleges and other organizations supply basic education services, often using

state Job Training Partnership Act (JTPA) "8 percent funds" (i.e., funds set aside for education and,

in California, a portion of which was earmarked specifically for GAIN participants); community

colleges, proprietary schools, regional occupational centers, and JTPA vendors typically provide

vocational education and training. Also, in some counties, the local offices of the state's Employment

Development Department (EDD) operates GAIN's job club and other job search components. In

addition, most counties rely on local child care resource and referral agencies (although to different

degrees) to help registrants find child care and often to make arrangements with child care providers.

Frequently, the GAIN staff also take part in this process.

H. The Research Counties

The six counties in the study of GAIN's impacts represent diverse geographical regions of the

state, vary widely in local economic conditions and population characteristics, and constitute a mix

of urban and rural areas. (See Figure 1.2 and Table 1.1.) They include three large, mostly urban,

southern counties (Los Angeles, Riverside, and San Diego); one county in the Central Valley, a rural

region dominated by agriculture (Tulare); a moderate-sized county in the San Francisco Bay area

(Alameda, which includes the City of Oakland); and one small northern county (Butte). Two of the

counties (Alameda and Los Angeles) include large inner-city neighborhoods, and all but Butte are

home to sizable populations of recent Asian and Hispanic immigrants and refugees.

Partly reflecting differences in their geography, funding levels, and the degree of dispersion of

their welfare populations, two of the counties operated their GAIN program out of a single location

(Alameda and Butte), while the others established several local GAIN offices (San Diego, with eight,

had the most). The total number of persons registered for GAIN ranged from 2,531 in Alameda to
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FIGURE 1.2

MAP OF CALIFORNIA SHOWING THE SIX COUNTIES
PARTICIPATING IN THE GAIN IMPACT RESEARCH
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24,397 in San Diego at the end of December 1990 (which was six months following the completion

of sample intake for this evaluation).12

Although the GAIN participants in these six counties are not strictly representative (in a pure

statistical sense) of GAIN registrants in California as a whole, together they accounted for about one-

third of the state's entire GAIN caseload in December 1990. (Over half of the entire state AFDC

caseload lives in these counties, with 34 percent of all cases having been located in Los Angeles

alone.) Thus, while the results of the evaluation are not generalizable to the state as a whole, they

do provide a test of GAIN as implemented under a wide range of conditions found across California.

All of the research counties began operating their GAIN program between January 1987

(Butte) and October 1988 (Los Angeles). (See Table 1.1.) During the period of random assignment,

Butte, Riverside, San Diego, and Tulare operated a "universal" program by registering all welfare

applicants and recipients whose participation in GAIN was mandatory. (As previously noted, others

who were exempt from the participation requirement were allowed to volunteer.) In contrast, Los

Angeles and, in almost all cases, Alameda registered only long-term welfare recipients, in accordance

with GAIN regulations that require counties to give priority to long-term recipients when funding

constraints do not permit services for all eligible clients. Los Angeles registered only welfare

recipients who had received AFDC for at least three consecutive years. However, except for those

who met the official exemption criteria, all recipients in this category were referred to GAIN.

Alameda began by registering individuals who had been receiving AFDC since 1980 but subsequently

registered more recent welfare recipients.13

As will become apparent below, the different intake policies across the counties, along with

differences in the general makeup of each county's local population, yielded research samples that

varied markedly in their demographic composition. This is an important fact, which is taken into

consideration when the analysis compares the impacts of GAIN across the six counties.

12'The average statewide GAIN caseload in July 1990June 1991was 178,676 registered cases per month.
As a result of decreased funding, this average fell to 164,253 cases per month in July 1991June 1992.
(Almost 60,000 people were participating in GAIN activities at any one time.) In December 1990,
approximately 27 percent of all AFDC cases statewide were registered for GAIN. By December 1992, this had
declined to approximately 18 percent (14 percent of AFDC-FG cases and 35 percent of AFDC-U cases). Total
federal, state, and local expenditures for GAIN (not counting "community resources," such as the substantial
amount of JTPA and California State Department of Education monies earmarked for serving GAIN students
but not controlled by SDSS) were $215.5 million in state fiscal year 1990-1991. They fell to $192 million in
1991-1992, and were then increased to an estimated $212.5 million in 1992-1993.

13Prior to the start of the evaluation, Alameda gave priority to long-term recipients, within both the
GAIN-exempt and non-exempt groups, who volunteered for the program.



Table 1.1 presents trends in unemployment rates in each county during the period of random

assignment as well as through the end of the follow-up period for this report. 14 Overall,

unemployment rates were generally increasing toward the end of the study period, a pattern

influenced by the state and national economic recession. Nonetheless, Tulare consistently had the

highest unemployment rates, with a monthly average of over 11 percent between July 1989 and June

1990 and an average of about 16 percent in the following two years. (A severe freeze in 1991, which

destroyed much of the crop in that largely rural and agricultural area, contributed to this rise in

unemployment rates.) Economic conditions also varied considerably across the other counties.

Alameda and San Diego consistently had the lowest unemployment rates.

A somewhat different picture of local economic conditions emerges when an alternative

measure the annual rate of change in the number of county residents employed is considered.

(See Table 1.1.) Over the course of the study period, Riverside stands out as having had the highest

growth rate (an average increase of 3 percent per year) on this measure, which may be indicative of

better opportunities for finding jobs. Butte followed, with a growth rate of 2.2 percent per year, and

an Diego had a rate of 1.2 percent per year. Los Angeles experienced very little growth in the

number of employed residents, while the rate was slightly negative for Alameda, and even more

negative for Tulare. Although the county variation on this measure does not correspond well with

the pattern of unemployment rates, the two measures together illustrate the more general point that

the counties faced quite different local circumstances in operating their GAIN program, which must

be taken into account when comparing county impacts.

An Overview of the Research Design

To test the effectiveness of GAIN in increasing welfare recipients' employment and earnings

and reducing their use of s e a random assignment research design was instituted in each of the

six counties. All individuals who, during the period of sample intake, were designated at the Income

Maintenance office as mandatory registrants for GAIN15 and attended a program orientation and

appraisal at the GAIN office were randomly assigned to either an experimental group, which was

14Random assignment began first in Butte and was completed last in Tulare. Data collection for
employment and earnings ended in June 1992, which is two years after the last person to come into the
evaluation was randomly assigned. Data collection for welfare outcomes ended in June 1992 in three counties
and in September 1992 in the other three.

15As noted above, the mandatory population was broadened under JOBS, but only the groups considered
mandatory for GAIN under the pre-JOBS rules i.e., single parents whose youngest child was 6 or older and
the heads of two-parent families are included in the analyses for this report.
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eligible to receive GAIN services and subject to the participation mandate, or to a control group,

whose members were not eligible for those services including GAIN's child care services and

not subject to the mandate. (See Appendix Figure Al.) The controls could, however, seek

alternative services in the community on their own initiative.. Later, both groups which together

make up the research sample for the study of GAIN's impacts were followed up. The differences

in their employment, earnings, and welfare receipt represent the measured impacts or effects

of GAIN.

In some other studies of welfare-to-work programs, random assignment has taken place when

people come to the Income Maintenance office, rather than later, at program orientation, as it did

in the GAIN evaluation. Under the former type of design, the impact sample includes individuals

who never show up at a program orientation as well as those who do show up, and thus fully

represents the caseload of individuals referred to the program. When random assignment is placed

later, at orientation, registrants who do not show up for the program a potentially sizable group16

are not part of the research sample. Thus, the results cannot be directly generalized to the entire

caseload of registrants referred from the Income Maintenance office. This issue, which is explored

further in Chapter 2, is important when comparing the results of the GAIN evaluation with those of

other studies.

Table 1.1 shows that the random assignment period for the GAIN impact study started and

ended at different times in each of the six counties. (Random assignment concluded when the number

of people required for the research had been enrolled in the sample.) Butte, the smallest of the six

counties, conducted random assignment for about two years, from March 1988 to March 1990. The

process was shorter in the other counties, ending everywhere no later than June 1990. Overall, about

55 percent of the research sample were registered prior to July 1989, the date of GAIN'S transition

to JOBS.

Random assignment began in each county sometime between 7 and 14 months after the county

began operating GAIN. The lag between the program and random assignment start dates was

intended to allow the counties some opportunity, prior to the study period, to address the inevitable

problems associated with beginning a new program. Nonetheless, program procedures and policies

16Although the orientation "no-show* rate was not measured in the six counties discussed in this report,
it was measured in seven of the eight counties included in MDRC's 1989 implementation report (Riccio et
al., 1989, Chapter 4). In that sample, nearly one-third of all mandatory registrants did not show up for an
orientation and appraisal within six months of their scheduled orientation. By the end of the six-month follow-
up period, roughly two-thirds of those who did not attend an orientation had either left welfare or were
officially excused from participating in the program.
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have continued to evolve as administrators and staff refine their approaches and acquire more

experience in operating GAIN. The transition to JOBS in July 1989 and reductions in state GAIN

funds have also had to be dealt with. These circumstances should be kept in mind as part of the

context for this report.

IV. The Riverside Case Management Experiment

An additional feature of the GAIN evaluation is a special study conducted in Riverside County

on the effects of assigning GAIN registrants to case managers with different-size caseloads. One

group of case managers was assigned half as many registrants as the other. Although the actual

average ratio of registrants to case managers fluctuated over time, the 2-to-1 difference was

maintained throughout the random assignment period and for approximately a year thereafter.

Furthermore, all case managers, as well as all registrants in the experimental group, were randomly

assigned to either the higher or lower caseload group.

This special experiment was designed to test whether assigning registrants to staff with smaller

caseloads, and allowing staff to monitor them more closely and work with them more intensively,

would produce larger impacts on employment and earnings and larger welfare savings. The results

of that study will be presented in a future report. In this report, all findings for Riverside refer to

the county as a whole (i.e., both groups combined).

V. The Research Samples and Data Sources

This report presents the two-year impacts for GAIN-mandatory registrants, both for single

parents with school-age children (mostly mothers), referred to as AFDC-FG family group

registrants, and for the unemployed heads of two-parent families (mostly fathers), referred to as

AFDC-U unemployed parent registrants. The full research sample for the analysis includes

more than 33,000 experimentals and controls, approximately 69 percent of whom are AFDC-FGs and

31 percent of whom are AFDC-Us.17 (About 22 percent of the AFDC-FGs, 31 percent of the

AFDC-Us, and 25 percent of both groups combined were randomly assigned to the control group,

with the actual proportions varying across the counties and over time in some counties.)

"The total sample of more than 37,000 includes some individuals who were newly mandatory for GAIN
under the JOBS legislation. Although not included in the analyses presented in this report, GAIN's effects
on that group will be examined in the evaluation's final report.



In addition to impacts for the full sample of experimentals and controls, impacts are also

presented for an "early cohort" of AFDC-FGs and AFDC-Us within each county. These registrants

were randomly assigned early during the period of sample intake, making it possible to examine, for

them, impacts for a third year of follow-up. However, the three-year impacts for a county's early

cohort may not reflect those for its full research sample if its early and later registrants differ in their

background characteristics, the labor market conditions they faced, the way GAIN was operated when

they were in the program, and other factors. Therefore, the three-year findings included in this

report should be interpreted cautiously. MDRC's final evaluation report, scheduled for the spring

of 1994, will present impacts covering a minimum of three years for the full sample in each county,

and longer for the early cohort.

For the impact analysis, data on welfare receipt and welfare payment levels were obtained on

all experimentals and controls from each county's computerized welfare payment records.

Employment and earnings data come from the computerized California State Unemployment

Insurance (UI) Earnings and Benefits Records. These data were collected for a period that began

up to two years prior to random assignment (depending on the county) through June 1992

(September 1992 for the welfare data in three counties). Later in this chapter and in Chapter 4, the

report summarizes some of the main findings concerning the implementation of GAIN in the six

research counties. These include findings on the experimental group's patterns of participation in

GAIN activities. They are based on the experiences of a subsample of AFDC-FGs and AFDC-Us

(referred to as the "participant flow sample") and cover the first 11 months after each sample

member's date of random assignment. In Alameda and Los Angeles, these participation data were

obtained from computerized tracking systems, making it possible to include in the participant flow

samples all experimentals in those two counties. In the other four counties, participation data were

collected manually by MDRC staff from program casefiles. Consequently, data were obtained for

only a subsample of the experimental group in those counties.18

This report also uses data from several other sources. To describe the background

characteristics of the experimentals and controls (such as theirage, ethnicity, family composition, and

education and training, as well as their welfare and employment history), it uses information from the

18In the four counties with manually collected data, information was obtained for a randomly selected
subsample of GAIN experimentals 920 AFDC-FGs and 519 AFDC-Us who were randomly assigned
between March 1988 and May 1989. Because random assignment continued beyond this period, these data
do not reflect the participation patterns of later cohorts of experimentals. For further details, see Freedman
and Riccio, 1991.
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state's client information (or "GAIN-26") form. A few special categories were added to this form in

the six counties for research purposes. To describe the ways in which the counties implemented the

GAIN model, the study draws upon responses to the MDRC Staff Activities and Attitudes Survey,

which was administered to GAIN staff twice in each county (one and two years after GAIN began),

along with a series of in-depth, in-person interviews with program case managers and administrators.

VI. Background Characteristics of the Full Sample for This Report

The top panel of Table 1.2 displays selected demographic characteristics of the full sample19

of AFDC-FGs in each county (with the experimental and control groups combined). The bottom

panel presents the same information for the AFDC-U group. County differences in the

characteristics of their research samples are important to note because they may contribute to

differences in registrants' participation patterns as well as in program impacts and costs. For instance,

past research suggests that the effects of welfare-to-work programs tend to be different for recent

applicants to welfare than for those already receiving welfare when they enter the program (although

the pattern of effects for these groups has not been fully consistent across the programs studied)?

Educational background also matters, especially in a program such as GAIN, where the sequences

of services received are intended to be different for registrants determined "in need of basic

education" and those determined "not in need of basic education? Thus, county variations in these

and other characteristics must be considered when comparing the counties' participation and impact

results.

Table 12 reveals some striking contrasts in the background characteristics of the counties'

research samples. For example, unlike samples in all of the other counties, those in Alameda and

Los Angeles include virtually no individuals who, at the time of their referral to GAIN, were AFDC

applicants or short-term recipients. This reflects the special intake policies in those two counties,

which were noted above. Furthermore, in the AFDC-FG group in the other four counties, the

proportion of long-term recipients (who had received welfare for more than two years) ranged from

28 percent in Butte to 58 percent in Tulare. Across the six counties, the proportion who had worked

19 he full research sample of 33,222 registrants shown in Table 1.2 includes 289 cases that are not
included in the impact sample because social security numbers and/or AFDC case numbers are missing, or for
other reasons. Dropping these cases from the impact analyses (Chapters 2 and 3) accounts for the slight
variation between subgroup percentages in the demographic and participation tables presented in Chapters
1 and those in the impact tables.

20See, e.g., Friedlander, 1988; Friedlander and Hamilton, 1993.
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for pay during the two years prior to orientation ranged from 17 percent in Los Angeles to 59

percent in San Diego, and the proportion considered to need basic education ranged from 49 percent

in Butte to 81 percent in Los Angeles. The counties also varied widely in racial and ethnic

composition. For example, 12 percent of Los Angeles's sample were non-Hispanic whites, compared

to 86 percent of Butte's. Also striking is the fact that almost one-third of the Los Angeles sample

were considered to have had limited proficiency in English, compared to 5 to 17 percent of the

sample in the other counties.

In contrast to the AFDC-FG group, the AFDC-U sample members were less likely to be long-

term welfare recipients (except in Alameda and Los Angeles), more likely to have been employed

in the prior two years (except in Alameda), and more likely to have been determined to need basic

education, in part because of their more limited knowledge of English. AFDC-Us also include a

higher proportion of heads of households of refugee families from Vietnam, Laos, and Cambodia as

well as from other countries. Notably, more than one-half of the AFDC-U samples in Alameda and

Los Angeles were Indochinese or members of other Asian groups.

VII. A Summary of Participation Findings

To interpret the results of the GAIN evaluation's impact analysis (and the benefit-cost analysis,

waich will be included in the final report), it is essential to understand how extensively the

experimental group took part in GAIN activities and which activities they used most and least often.

These patterns are a key part of what is meant by the program "treatment" from GAIN registrants'

perspective. As such, the patterns may help to determine GAIN's costs and effectiveness in the long

run. The previous (1992) report described the participation findings in detail and examined how

these patterns varied across the six counties and among different types of individuals within the

research sample. This section briefly recaps some of those findings. Chapter 4 summarizes the 1992

report's other implementation findings, which concern county differences in the kinds of "messages"

about employment and about GAIN's participation obligation that staff emphasized, the kinds of

direct interactions staff had with registrants, and other approaches to program implementation.

As Table 1.3 shows, more than half of the AFDC-FG experimental group in five of the six

counties participated in a GAIN job search, education, or training activity.21 Participation rates in

21There are many ways to define and measure participation in welfare-to-work programs. Tables 1.3 and
1.4 use a fairly simple indicator, defining "participation in a GAIN activity" as ever entering a job search,
education, or training activity within the follow-up period for this study the 11 months following each

(continued...)
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these counties ranged from 51 percent in Los Angeles to 63 percent in Alameda.22 The sixth

county Butte had a markedly lower rate (43 percent), particularly because it delayed assigning

orientation attenders to case managers in order to limit the size of case managers' caseloads while

still including as many people as possible in orientation and appraisal sessions. This waiting period

usually lasted several months and delayed referral to the experimentals' first activity.23 Table 13
displays the incidence of participation in each GAIN activity, calculated in two different ways.24

The top panel presents these rates for all experimentals, including those who never started an activity.

This approach is helpful for understanding the extent to which the entire sample received particular

kinds of services. The bottom panel presents several participation rates for only those experimentals

who ever participated in any GAIN activity. The latter measure is useful for comparing the mix of

services among those who used these services.

As Table 1.3 shows, job search, basic education, and self-initiated programs were the most

heavily used activities in GAIN during the 11-month follow-up period for which participation data

were collected; a much smaller proportion of experimentals had entered post-assessment activities.

21(...continued)

person's GAIN orientation meeting, which was also when random assignment took place. Registrants were
counted as having sever participated" if they attended a GAIN activity at least once, although most orientation
attenders stayed much longer than this. GAIN activities include those to which individuals were referred by
program staff as well as those that were "self-initiated." (The latter were activities that welfare recipients had
already started before entering GAIN and were allowed to pursue as a way of meeting GAIN's participation
requirement.) Orientation, assessments, appraisals, or meetings with case managers are not counted as
participation. This definition differs substantially from the one embodied in the federal regulations for the
JOBS program but is consistent with MDRC's 1989 implementation report on GAIN and its earlier reports
on other welfare-to-work initiatives.

22While a substantial portion of the orientation attenders ranging from 37 to 57 percent did not
participate in a GAIN activity, almost all of the nonparticipants were people who were not required to
participate in GAIN activities by the end of the follow-up period. The vast majority (80 to 100 percent) of
the nonparticipants were either no longer enrolled in the program (i.e., they were "deregistered") because they
had gotten a full-time job, left welfare, were sanctioned, or met other specific criteria, or were temporarily
excused from participating because of part-time employment, illness, or other reasons (i.e., they were officially
"deferred").

23Butte administrators set a limit of about 75 GAIN registrants per case manager, while still scheduling
for orientation all welfare applicants and recipients who met GAIN's eligibility requirements. Because the rate
of intake into GAIN exceeded the capacity set for case managers, orientation attenders were routinely placed
on a waiting list for assignment to a GAIN case manager and were not contacted by the GAIN staff untila
case manager slot became available.

24For information on the duration of participation in GAIN activities, see Appendix Tables Al (for
AFDC-FGs) and A.3 (for AFDC-Us). For information on the basic participation rates among selected
subgroups of experimentals, see Appendix Tables AS and A.6.
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The counties varied significantly in the proportion of registrants using particular components.

Experimentals in Butte, Riverside, and San Diego used job search activities at a higher rate than any

other single activity. Basic education was the second most commonly used activity in those counties.

Just the opposite pattern occurred in Alameda, Los Angeles, and Tulare, where basic education was

the leading component, followed by job search. (However, among those determined to need basic

education, it was somewhat or much more commonly used than job search in all six counties. See

Appendix Table A.5.) Participation in self-initiated education or training and in post-assessment

activities such as skills training, post-secondary education, and unpaid work experience (PREP)

also varied widely across the counties. With few exceptions, self-initiated activities involved

occupational skills training and not basic education.

Another measure on Table 13 combines all classroom-based education and training into a single

category, "any education or training activity." This measure includes participation in basic education,

self-initiated education and training, and post-assessment education and training. It excludes

participation in on-the-job training (OJT) and PREP activities, both of which entail performing a job

rather than classroom training. The table shows that "any education or training activity" was used by

28 percent (Butte) to 53 percent (Alameda) of all experimentals.

Looking just at those experimentals who entered any GAIN activity (i.e., the GAIN

participants), it is evident that education and training characterized the program treatment most

strongly in Alameda, Los Angeles, and Tulare, where 81 to 85 percent received such services (mostly

basic education). These activities were less common although still used by a majority of
participants in Butte, Riverside, and San Diego, where 60 to 68 percent took part in them.25

In other words, across all six counties, no fewer than 60 percent of experimentals who took part in

any GAIN activity participated in education and training, either in addition to or instead of job search

activities.

The overall participation experiences of AFDC-U and AFDC-FG experimentals were roughly

similar. From 36 to 66 percent of the AFDC-U group participated in a GAIN activity. (See Table

1.4.) These rates are close to those observed for the AFDC-FGs, although the county-by-county

patterns were not always consistent for the two groups.

25The county differences in these participation patterns partly reflect differences in the types of welfare
recipients enrolled in GAIN (such as the proportion who were determined to need basic education),
registrants' own preferences for types of services, and various implementation strategies and conditions. See
Riccio and Friedlander, 1992, Chapter 3.
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Differences between the AFDC-U and AFDC-FG groups were more likely to be found in their

use of particular GAIN activities. The AFDC-U group was somewhat more likely than the AFDC-

FG group to enter basic education (particularly English as a Second Language) and considerably less

likely to be in self-initiated activities. In part, the greater use of basic education by the AFDC-Us

reflects their greater likelihood of being determined to need this service, according to GAIN's criteria.

Compared to the AFDC-FG sample, the AFDC-U group, which included a higher proportion of

Asian refugees, more often had a limited knowledge of English, although other reasons may also have

contributed to their higher participation in basic education.

The previous report noted that, at the end of the first year of follow-up, almost half of all
experimentals were still registered for the program, suggesting that the use of post-assessment

activities may have continued to increase. (See Appendix Tables A.1 and A.3.) Furthermore, many
registrants who entered basic education and self-initiated activities were still participating in them

when data collection ended.26 The results point to the importance of longer-term follow-up data
on employment, earnings, and welfare receipt extending beyond the periods covered by the two-

year impact findings presented in Chapters 2 and 3 of this report in order to draw firm conclusions

about GAIN's effectiveness.

VIII. Explaining County Variation in Impacts: Some Limitations

Although GAIN is based on a uniform program model that all of California's counties must

operate, county administrators have considerable authority to shape the program's day-to-day

operating procedures and the "messages" it tries to communicate to welfare recipients (e.g., about
work, welfare, and GAIN'S participation obligation). As shown in the previous report (and as
summarized in Chapter 4 of this report), the GAIN administrators in the six research counties chose

to implement the program in very different ways. In part, their decisions reflected their different
beliefs about the best ways to institute the GAIN legislation's on going participation mandate for

welfare recipients and to achieve the program's twin goals of moving registrants into jobs and off
welfare.

This variation in implementation strategies provides the evaluation with an opportunity to
explore whether some of these alternative approaches produce better participation and impact results

26In Tulare, e.g., 52.4 percent of experimentals participated in an eel urtion or training activity within 11
months after orientation, and 38.7 percent of those participants (or 20.3 percent of all experimentals) were
still in such activities at the end of that period.
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than others. At the same time, it is important to recognize that this type of comparative analysis

cannot be of the same level of rigor as the analysis of program impacts within each county. This is

because registrants were randomly assigned to the experimental and control groups within each
county, and not to the different county programs. To answer, with the same level of rigor, the
question of how differences in implementation strategies affect impacts would require that sample

members be randomly assigned to the various counties' programs (or to different types of treatment,

as was done for the Riverside case management experiment). Only in that way would it be possible

to link with certainty any variation in impacts to those approaches rather than to other conditions that
distinguish the programs.

In the absence of such a design, county comparisons must be interpreted cautiously or they can

lead to misleading conclusions about 'what practices work best."27 In particular, judgments must

be made about the possible influence of a whole host of factors that can affect a county's impacts

before drawing any inferences about the role of any specific implementation practices. These include

various characteristics of the local community in which the program is operated, and the types of
individuals the program serves.

With these limitations clearly recognized, the present report will offer, in Chapter 4, an update
of the previous report's analysis of whether implementation strategies influenced the counties'
impacts. Although it draws upon. some additional data and analytical strategies, it is still considered

preliminary. This is partly because two years of follow-up is still too short a period of time for
judging a program's full effects. Some approaches that appear to be the most effective in the short

run may not be the most effective in the longer run. Longer-run results are especially important to

consider when judging proems that, like GAIN, make a substantial investment in education and

training, the payoff of which may not be evident in the short run. Thus, any conclusions about the

relative merits of different approaches should be drawn cautiously when only two-year results are

available. The evaluation's final report will return to this issue, focusing on longer-term impact results

and more comprehensive analyses.

The examination of possible links between implementation factors and program impacts is also

considered preliminary because some crucial information will be available only in future reports. This

includes data on the extent to which members of the control group got job search, education, and

training on their own, which is being obtained from a special survey of GAIN registrants

27For further discussion of this issue in the context of an evaluation of a youth employment program, see
Cave and Doolittle, 1991.
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information that is particularly important in comparing impacts across counties. For example, some

counties may have had smaller impacts partly because their control groups were more likely to receive

non-GAIN services on their own initiative (thereby decreasing the difference in services and

presumably outcomes of the experimental and control groups).

Future reports will include, too, information on GAIN's effects on educational outcomes (based

on information collected as part of the registrant survey) and data on the characteristics of the

instruction received by basic education participants. Later reports will also present estimates of the

cost of GAIN and non-GAIN (contioi group) services, which is essential for judging the merits of

alternative implementation approaches.

IX. An Overview of This Report

The next two chapters (Chapters 2 and 3) discuss the two-year impacts of the GAIN "treatment"

on registrants' employment, earnings, and welfare receipt. Chapter 2 presents results for the AFDC-

FG group (the single parents), while Chapter 3 concentrates on the AFDC-U group (the heads of

two-parent families). Past studies, including the report on GAIN's fust-year impacts, have shown that

these two groups tend to have different patterns of labor market and welfare behavior, which produce

different patterns of impacts from welfare-to-work programs.28

The report concludes, in Chapter 4, with an assessment of how differences in the counties'

GAIN registrants, local labor markets, and strategies for implementing GAIN might be associated

with differences in their two-year impacts. It also discusses how the interpretation of these

relationships might change once additional follow-up data on impacts become available and other

important inf-zmation, such as the extent to which the control group received non-GAIN services,

can be examined.

2sSee, e.g., Gueron and Pauly, 1991.
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CHAPTER 2

TWO-YEAR IMPACTS FOR SINGLE-PARENT (AFDC-FG) REGISTRANTS

The next two chapters present the effects, or impacts, of GAIN on employment, earnings,

welfare receipt, and welfare payments for AFDC-FG (Chapter 2) and AFDC-U (Chapter 3)
registrants. The analysis covers the first two years after each registrant attended a GAIN orientation.

It includes summary measures for the entire two-year follow-up period, separate estimates for years

1 and 2, and quarter-by-quarter estimates. Impact trends through the final quarter of year 2, and
through even later quarters for early cohorts of program registrants, may indicate whether GAIN is
likely to produce future impacts.

I. A Summary of the Findings on Earnims and Welfare Savings for AFDC-FGs

GAIN's impacts on AFDC-FGs grew from the first to the second year of follow-up. Averaged

across the six counties, with each county given equal weight, the earnings impact was $266 per
experimental during year 1.1 The impact nearly doubled, to $519, the following year, for a two-year

total of $785 per experimental.2 Average welfare savings also increased from year 1 to year 2,
although less dramatically: from $283 to $347, for a two-year total of $630 per experimental. The

magnitude of GAIN's earnings impacts compares favorably with the second-year results for a group

of previously studied demonstration programs, and the AFDC impacts compare very favorably.3 All

lImpact estimates for year 1 may differ slightly from those presented in the previous (1992) report owing
to updating of some earnings and AFDC records data.

ughout the impact analysis, rounding may cause slight discrepancies in calculating sums and
differences.

3Evaluations of five welfare-to-work demonstration programs that, like GAIN, aimed for broad coverage
of the eligible caseload showed increased earnings gains from year 1 to year 2 and, in three cases, increased
welfare savings as well (though these were not as large as the increases in earnings gains). For a summary of
these earlier results, see Gueron and Pauly, 1991. Section III of this chapter expands upon this comparison.

The term "broad-coverage denotes a program that aims to reach everyone in a particular target group
(e.g., all single parents with children older than a specified age). Broad-coverage programs contrast with
approaches that select out from the target group only certain individuals to work with, with selection criteria
usually based on subjective assessments of ability and motivation. Broad-coverage programs have, in the past,
been large-scale or suitable for large-scale implementation, have mostly been mandatory, and have combined
several activities and administrative procedures in a complete welfare-to-work "system." Selective or, more
formally, "selective - voluntary programs have been tested experimentallyonly as single activities that are pieces
of larger systems, only at small scale, and, as the name implies, only with voluntary participation. Comparisons
of impact results across the two categories are hazardous, and this report's conte*tual frame for GAIN includes

(continued...)

-29-



of these impacts were statistically significant.4

Earnings impacts grew in each of the six counties. The largest two-year impacts were found in

Riverside: $2,099 per experimental ($920 in year 1 and $1,179 in year 2), or 55 percent above the

control group average. This dollar figure is more than twice the size of the largest two-year impact

previously estimated in an experimental evaluation of a broadly targeted welfare-to-work program.

Alameda, Butte, and San Diego had middle-level two-year earnings impacts: $733 to $1,058 per

experimental, or 20 to 26 percent above the control group average. In each of these counties, the

earnings impact doubled during the second year of follow-up, bringing their results closer to

Riverside's. Finally, in Los Angeles and Tulare, earnings impacts grew slightly more positive over

time from a small loss in year 1 to a small gain in year 2 but experimentals realized no notable

earnings gain overall during the two-year follow-up period.

The pattern of welfare savings was somewhat different. Again, the largest two-year impacts

were in Riverside: a $1,397 redu5.tion in AFDC payments (14 percent of the control group average),

split about equally between the two years. These dollar savings were greater than the largest two-

year AFDC impacts previously estimated in an experimental evaluation of a broadly targeted welfare-

to-work program. Alameda, Butte, and San Diego again form a middle tier, with total AFDC savings

over the two years ranging from $411 to $783, or 3 to 7 percent of the control group average; these

counties are joined by Los Angeles, with an impact of $729, or 5 percent, per experimental. Welfare

savings grew larger in year 2 in Alameda, Los Angeles, and San Diego, but not in Butte. No welfare

savings were found in Tulare.

This chapter also addresses the question of whether there were earnings gains and welfare

savings for each subgroup. One subgroup of particular interest is registrants who were determined

to need basic education, since provision of basic education to those judged to need it is an important

GAIN innovation, accounting for a large portion of program expenditures. The analysis found two-

year impacts on earnings and AFDC payments for both the "in need" and "not in need" subgroups.

In three counties Alameda, Ri2rside, and San Diego two-year earnings gains were larger for

those not in need, whereas the opposite was true for Butte. (The other two counties, as noted above,

did not have earnings impacts for the two-year follow-up period.) There was no clear tendency for

3(...continued)
previous findings for broad-coverage programs only. See Gueron and Pauly, 1991, for a fuller discussion of
the distinction between broad-coverage and selective-voluntary programs.

4Statistical tests were applied to estimates of program impacts to assess the likelihood that these estimates
could, by chance, show an impact when there really was none. An estimate that is "statistically significant"
implies a high degree of confidence that the impact is a real program effect and not the result of chance.
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welfare savings to be larger for one group than the other.

Longer-term AFDC recipients, another key subgroup, experienced both earnings gains and

welfare savings. No definite pattern was found of these impacts being larger or smaller than those

for welfare applicants or short-term recipients.

An important question is whether the variation in GAIN's impacts across counties is simply a

by-product of the different mix of demographic characteristics in each county, or persist when these

factors are held constant. This issue is explored in Chapter 4. However, in advance of that chapter,

it should be noted that the overall pattern of county differences in impacts appears not to be

explained simply by differences in the background characteristics of their GAIN research samples.

County differences are more likely to reflect such factors as the effects of different strategies for

implementing GAIN and the influence of different labor markets.

The two-year impact estimates presented in this chapter do not capture all the impacts of

GAIN. On the basis of past research, experimental-control differences in earnings and AFDC

payments may be expected to continue into year 3 and perhaps beyond. And, indeed, analysis of

extended follow-up data available for a group of early GAIN sample entrants suggests that impacts

will, by and large, continue. Also, it should be noted that some experimental sample members were

still participating in GAIN's activities in year 2, as discussed in Chapter 1. Furthermore, some

preliminary data from the GAIN registrant survey indicates that even at the end of year 2, a

considerable proportion of experimentals (over 20 percent in some counties) were participating in

education, training, or other GAIN activities.5 Positive impacts for these experimentals may not

begin while they are still in GAIN and may therefore not appear until after year 2.

IL Analysis Issues

This impact analysis asks two basic questions. First, "What were the rates of employment and

welfare receipt and the average earnings and welfare payments for individuals registered in GAIN?"

The question is readily answered by observing the behavior of any representative sample of

individuals eligible for GAIN'S services and subject to GAIN's participation requirements. In this

study, the experimental group provides estimates of outcomes for individuals in GAIN. Second, "How

different would the outcomes have been if there had been no GAIN program?" This question is

much more difficult to answer because the behavior of GAIN registrants cannot be observed in the

5These estimates are derived from a preliminary analysis of responses to the GAIN registrant survey in
Alameda, Riverside, San Diego, and Tulare.
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absence of GAIN. However, it is possible to observe the behavior of control groups that are similar

in all respects to experimentals except that they were not eligible for GAIN. For each GAIN county,

the differences between average outcomes for the experimental group and average outcomes for the

control group are the estimated GAIN impacts for the county. For as long as the controls remain

ineligible for GAIN, the experimental-control comparison yields a valid estimate of the program's

impact. In the GAIN evaluation, controls are not eligible for GAIN for three years, beginning with

the date of an individual's random assignment to the experimental or control group; in the subsequent

two years, the counties were not to recruit or give special preference to serving controls. The two-

year follow-up analyzed in this report falls within this five-year period. In the present analysis,

outcome differences between experimentals and controls were considered statistically significant if

there were no more than a 10 percent probability that the measured differences could have been

produced by chance and not as a result of GAIN.

The random assignment research design constitutes a simple yet powerful solution to the

problem of estimating program impacts in an unbiased manner. To follow the experimental design

faithfully, however, requires that comparisons between experimentals and controls closely adhere to

certain protocols. In particular, all persons randomly assigned must be included in the impact

calculations in order for the resulting impact estimates to be unbiased. This means, first, that all

controls must be compared with all experimentals. Both GAIN nonparticipants and participants must

be retained in the experimental samples. This, in turn, implies that impact estimates must be reported

as impacts "per experimental" and not, as is often the case with other kinds of evaluations, as impacts

"per participant." The "per-experimental" basis is especially suited for studying mandatory programs

such as GAIN. The very existence of a requirement to participate may itself produce effects, perhaps

prompting some program registrants to avoid having to participate by finding a job on their own or

by leaving welfare. In addition, those nonparticipants who did not comply with program requirements

may have been sanctioned with an AFDC grant reduction, which represents a real reduction in

welfare. Such effects, which would be part of the true impact of the program, would not be captured

by impact estimates calculated for participants only. They can be counted correctly only if

nonparticipants are included in the calculations along with GAIN participants.

Including all research sample members in the impact calculations means that estimates of

average earnings and average AFDC payments must be interpreted carefully. It means, for example,

that estimates of average earnings per experimental necessarily will include zero dollar amounts for

sample members who were not employed during the period involved. Similarly, estimates of average

AFDC payments will include zero dollar amounts for sample members who were not on welfare (i.e.,
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during the period in question). To the extent that the program converts noneamers to earners, or

encourages welfare recipients to leave welfare, excluding the zero values from the experimental and

control averages would obviously lead to a serious underestimation of program impacts.

The per-experimental basis encompasses only those persons who attended a GAIN orientation

and were randomly assigned. It does not capture possible impacts on individuals who were referred

to GAIN but never showed up for an orientation. Some of these individuals may have been

sanctioned, while others may have left welfare or found a job specifically to avoid GAIN. Because

these individuals were not included in the research samples for the current study, any impacts they

might have felt will not be counted. The two-year impact estimates presented in thischapter and the
next may therefore slightly underestimate the full impact of GAIN.

Random assignment at GAIN orientation presents difficulties for comparing impact estimates

for GAIN with those for other program evaluations where the point of random assignment was

located at a different stage of the intake process. In particular, for evaluations in which random
assignment is performed at the point where individuals are first referred to the welfare-to-work

program, the research sample may represent a larger share of the eligible caseload than in studies that

place it at the later stage, which some referred individuals do not reach (e.g., because they leave

welfare in the meantime). In addition, certain aspects of random assignment at referral may tend to
raise, and others to reduce, the amount of program impact accruing to the research sample. On the

one hand, the impact estimates will capture any effects e.g., from sanctions occurring between

referral and orientation. On the other hand, impact estimates will he diluted by the presence in the

sample of some welfare applicants who turn out to be ineligible for AFDC, whose applications are

never approved, and who therefore are not obliged to show up at orientation. These applicants

experience no impact from the welfare-to-work program.

Within GAIN, differences in targeting complicate comparisons across counties. Targeting

differences create differences in the characteristics of sample membersacross counties. In addition,

in counties with narrow targeting plans, GAIN registrants (and the research samples) will represent

a smaller share of the overall AFDC caseload than in counties that target more broadly. For

example, in Alameda and Los Angeles, which served only long-term AFDC recipients, the research

samples will include, on average, individuals with greater skills deficits and employment barriers than

elsewhere. The impact estimates in these two counties may not apply to other portions of their
caseload.

Four main kinds of outcomes are examined in this report: employment, earnings, receipt of
AFDC (e.g., percent receiving aq AFDC in a quarter), and amount of AFDC payments. Earnings
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have greater variability across sample members than the other outcomes. Impact estimates for

earnings will therefore generally be less precise than impact estimates for the other measures. This

means, for example, that a given estimate of employment impact may be statistically significant, while

its associated estimate of earnings impact is not. In such cases, the employment result increases

confidence that there is, in fact, an earnings impact.

Sample sizes available for subgroup analysis pose another problem. Reduced sample sizes

decrease the precision of an impact estimate. This means that a particular impact value that was

statistically significant in a full county sample may no longer be statistically significant if it appears

as the impact estimate for only a portion of the county sample. In addition, a particular numerical

impact estimate for a subgroup has a wider range of uncertainty around it than a full-sample estimate.

Thus, the magnitude of the subgroup estimates should be interpreted with particular caution.

An additional set of analysis issues concerns the organization of the follow-up data on earnings

and AFDC payments and the length of the follow-up period. Unemployment Insurance (UI) earnings

clata are maintained by calendar quarter periods: January through March, April through June, etc.

But sample members were randomly assigned daily. Consequently, the earnings reported for any

sample member's "quarter 1," which includes the date of random assignment, will often include some

earnings that preceded that person's random assignment. Such pre-program earnings cannot logically

be part of the GAIN program's impact. For that reason, quarter 1 is not counted in the summary

measures of program impacts presented in this chapter and the next. Thus, for example, follow-up

"year 1" will be defined as quarters 2 through 5.

AFDC payments data were available monthly. In order to exactly match the intervals covered

by earnings data, AFDC payments were regrouped. This means that for someone randomly assigned

in February, quarter 2 is April through June for both earnings and welfare. It also means that year

1 of welfare follow-up is composed of the 12 months from April through March of the subsequent

year. This convention implies that any impact on employment or earnings in, say, quarter 3 pertains

to exactly the same time period as an impact on welfare in quarter 3. As with earnings, the quarter

of random assignment is dropped from summary welfare measures.

UI earnings are maintained by the State of California statewide. AFDC paymems are

maintained separately by each county. If a sample member moves out of a county, AFDC payments

will appear to go to zero in the evaluation data file, even if the individual returns to AFDC in a

different county in the state. Earnings data will continue, however, unless the individual leaves the

state. For cross-state migrants, both earnings and AFDC payments will appear to go to zero in the

evaluation data. There is no expectation that such effects should differ systematically between
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experimental and control groups, however. Thus, even though average earnings and average AFDC

payments may be somewhat underestimated for experimental and control groups, the differences

between those averages should not be much affected. Any biases in impacts should be small-6

Earnings and AFDC payments data are available in all counties at least through quarter 9. This

is the "common" length of follow-up. In Butte, Los Angeles, and Riverside, one additional quarter

is available for earnings and two for AFDC payments; in San Diego, data on earnings and AFDC are

available through quarter 12. For the full sample in each county, quarterly earnings and AFDC
payments have been computed and are shown (in Appendix B) for as many quarters as are available.

The discussion will, however, focus on the common follow-up, "year 1" and "year 2" (quarters 2
through 5 and 6 through 9, respectively).

Finally, some discussion of the expected mechanism of program impact is in order. As typically

portrayed, welfare-to-work programs have their impacts first on employment and earnings, which in

turn lead to reductions in receipt of AFDC and AFDC payments. In practice, the relationship

between earnings gains and welfare reductions is far from clear-cut. In some past programs, large

earnings gains have been found without welfare reductions. This may come about for several reasons.

There may be errors in reports of earnings or administrative lags in AFDC case closure following the

start of employment. Earnings gains may accrue mostly to short-term AFDC recipients who would

have been off public assistance quickly anyway. Or earnings gains may be concentrated among

individuals for whom the gains are larger than the amounts needed to close AFDC cases. In addition,

work expense and child care allowances provided for AFDC recipients may offset any increase in

earnings, thus allowing those recipients to remain on welfare while working.

Conversely, some welfare reduction; have been observed without corresponding earnings gains.

Again there may be several contributing factors. Sanctions may produce some welfare impacts

without any effect on employment. Contact between welfare-to-work program staff and program

registrants may speed the process of case closure for individuals who find work, even if they would

have found those same jobs without fix! program's help. There may also be "deterrent effects" for

individuals who leave AFDC to avoid having to participate in the welfare-to-work program but who

do not take jobs. In some programs, there may be a real increase in job-finding that leads to an

increase in case closure, but the jobs may not last very long and individuals may not return to AFDC
right away.

6Earnings not covered by or not reported to the UI system may also result in minor biases of earnings
impacts toward zero.
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III. A Context for Understanding GAIN's Two-Year AFDC-FG Impacts

For analytical purposes, GAIN may be seen as two programs in one, corresponding to the two

tracks for GAIN registrants: one for registrants deemed not to need basic education and one for

those deemed to need it. From this perspective, it becomes natural to seek to compare the impact

findings for AFDC-FGs in the two GAIN tracks with findings for single-parent registrants m two

kinds of broad-coverage welfare-to-work programs evaluated with experimental designs during the

1980s. The first kind comprises low-cost programs consisting primarily of job search activities but

often including a work experience activity as well. A second kind of program used job search and

work experience but also incorporated some education and training and operated at higher cost.

Seven experimental studies of the first kind of program were conducted, and two of the second kind

(see Appendix Table B.1).7 Comparisons across these earlier programs and between GAIN and

these programs must be made and interpreted with caution because the programs differed in goals,

services, degree of enforcement, and local conditions.8

Among the low-cost programs, the median two-year earnings impact was about $400 per

experimental sample member during the mid-1980s.9 The median two-year AFDC reduction was

$100 per sample member. These programs were generally found to be cost-effective. However,

although the programs increased employment and earnings, the pay rates of employed members of

the experimental group were typically no greater than those for employed control group sample

members and were not sufficient by themselves to lift many families out of poverty. Moreover,

earnings gains were not found consistently for the most disadvantaged groups, including long-term

AFDC recipients.

The SWIM demonstration in San Diego in the late 1980s illustrates another kind of program,

a moderate-cost intervention that, again, began with job search followed by work experience. But

SWIM assigned other activities, including education and training, to registrants who did not obtain

?The seven low-cost programs were the two Louisville WIN Laboratory Experiments, the Arkansas WORK
Program, the Cook County (Chicago) WIN Demonstration program, the West Virginia Community Work
Experience Program (CWEP), the Virginia Employment Services Program (ESP), and the San Diego
Employment Preparation Program/Experimental Work Experience Program (EPP/EWEP). The two programs
with some education and training were Baltimore Options and the San Diego Saturation Work Initiative
Model (SWIM). The experimentally evaluated small -scale programs, such as those in Maine and New Jersey,
are not directly comparable to broad-coverage programs such as the nine listed and GAIN. Not only were they
small, but they were also voluntary and registered individuals selectively. See Gueron and Pauly, 1991.

8See Friedlander and Gueron, 1992; Gueron and Pauly, 1991.
9lmpact estimates for earlier programs are not inflated to current dollars.
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employment during their initial activities. In addition, registrants could find and enroll in education

and training on their own and, if SWIM approved, could participate in those activities as substitutes

for the regular SWIM activities. During the first two years of follow-up, San Diego SWIM produced

total earnings gains of $996 per experimental sample member, $352 in year 1 and $644 in year 2. It

should be noted that San Diego SWIM, which was among the most mandatory and heavily sanctioning

of the nine comparison programs, achieved the largest welfare savi4s among them, a two-year total

savings of $979 ($419 per experimental in year 1 and $560 in year 2).10

In its emphasis on upfront job search, each of these programs bears some similarity to the job-

search-first track of GAIN, which is intended for individuals determined not to need basic education.

For the education-first track in GAIN, there are no completed experimental studies of similar

programs. One exception was the moderate-cost Baltimore Options program, which differed from

the others in providing some education or training as an alternative first assignment to job search and

work experience. Although GAIN does not permit the same degree of choice, its basic education

track has in common with the Baltimore program a significant emphasis on human capital

development, which may be expected to take longer to show impacts but which, it is hoped, may

produce larger impacts in the long run. Baltimore produced an earnings impact of $140 per

experimental sample member in year 1, and this gain nearly tripled, to $401, in year 2. However,

Baltimore, which permitted some registrant choice of activity and did not sanction much, achieved

no welfare reductions.

IV. Two-Year Im cts for the Pooled S' -C.oun Sam s le and the Individual Counties

Figure 2.1 presents the trends in average quarterly earnings and average quarterly AFDC

payments for the experimental and control samples in each of the six GAIN study counties. Control

group averages are shown by a solid line; experimental group averages are shown by a dotted line.

These quarterly estimates and other impact estimates for the counties' AFDC-FG samples are shown

in detail in Appendix Tables B.2 through B.7. It will be noted that some counties have more than

the basic nine quarters of follow-up. In particular, Butte, Los Angeles, and Riverside have 10

quarters of earnings and 11 quarters of AFDC payments; San Diego has 12 quarters of earnings and

AFDC payments.

10See Friedlander and Hamilton, 1993.
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A. The Behavior of Controls

The control groups provide benchmarks for the earnings and welfare receipt the research

sample would have experienced without GAIN. It is clear from Figure 2.1 that, even without the

assistance of GAIN, many controls were active in the labor force. Average earnings for controls

increased steadily after the point of random assignment, indicating an increase in job-holding over

time, although in four counties average earnings declined slightly at the end ofyear 2.

A comparison of employment rates for controls in the individual counties illustrates their labor

market activity and the differences in the make-up of program samples from county to county.

Control group employment rates at thc end of year 2 (i.e., in quarter 9) were as follows:

Alameda 18.1 percent employed
Butte 27.5 "
Los Angeles 15.7 " "

Riverside 24.0 "
.

San Diego 26.4 . .
Tulare 253 "

.

These rates are somewhat below those found in other studies.11 About one-quarter of the controls

in Butte, Riverside, San Diego, and Tulare were employed at the end of year 2. Controls in Alameda

and Los Angeles worked at about two-thirds the rate of those in the other four counties. Although

control employment rates are partly influenced by labor market conditions, the much lower rates in

Alameda and Los Angeles compared to the other four counties reflect important differences in the

types of people in the counties' samples. As noted in Chapter 1, Alameda and Los Angeles worked

only with long-term AFDC recipients, a group characterized not only by a long history of reliance on

AFDC but also by lower rates of recent work experience and lower high school completion rates.

Consequently, the control samples in Alameda and Los Angeles quite naturally evidenced lower rates
of employment during the follow-up period.

Analogous patterns can be seen for controls with regard to AFDC receipt. The figures show

declining AFDC payments after random assignment as more and more controls left welfare. These

case closures illustrate the normal process of welfare dynamics, with individuals leaving AFDC

because they become married or reconciled, find jobs on their own (perhaps by participating in non-

GAIN programs), or lose eligibility because their children "age out" of AFDC. Welfare receipt rates

11In San Diego SWIM, quarter 9 employment among AFDC-FG control group sample members was 29.3
percent; in Baltimore Options, 37.1 percent; in Arkansas WORK, 18.0 percent; and in Virginia ESP, 33.3
percent.
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for controls show patterns mirroring the employment patterns in the six counties. In quarter 1 of

follow-up, almost all controls received AFDC. By quarter 9, control group AFDC receipt rates had

declined to the following levels:

Alameda 77.1 percent received AFDC
Butte 47.7 " " "

Los Angeles 76.3 .
" "

Riverside 52.0 . .
"

San Diego 61.1 " " "

Tulare 62.2 .
" "

Fairly rapid departure from welfare is common in the AFDC population, and has been noted for

samples in other studies of welfare-to-work programs.12 About half of the control groups in Butte

and Riverside and 60 percent of controls in San Diego and Tulare were on AFDC at the end of year

2. In Alameda and Los Angeles, however, three of four control; were on welfare at that point.

Again, these differences reflect the longer welfare histories of the Alameda and Los Angeles samples.

B. Impacts on Employment, Earnings, AFDC Receipt and AFDC Payments

The differences between experimentals and controls presented in Figure 2.1 are the estimates

of GAIN's impacts on earnings and AFDC payments. These and other numerical estimates of

program impacts are also shown in Table 2.1 (and Appendix Tables B.2 through B.7). This table

shows year-by-year and summary estimates for the first two years of follow-up (quarters 2 through

9)13 and estimates for the end of the second follow-up year (quarter 9). Estimates at the end of

the second year can indicate whether any impacts should be expected from later follow-up. In prior

experimental studies, programs that produced earnings impacts always showed at least some earnings

gains by quarter 5, but the maximum impact was often not reached until year 2 or even year 3.14

The largest impacts were found in Riverside, and all the impacts for that county were statistically

significant. In Riverside, 45.9 percent of controls worked at some time during the first two follow-up

years compared to 62.7 percent of experimentals, for a difference, or impact, of 16.7 percentage

points. The year 1 impact was 18.1 percentage points, declining in year 2 to 14.0 percentage points.

12In San Diego SWIM, 58.7 percent of the AFDC-FG controls were on AFDC in quarter 9; in Baltimore
Options, 56.7 percent; in Arkansas WORK, 44.5 percent; and in Virginia ESP, 43.2 percent.

13As noted earlier, quarter 1 (the quarter of random assignment) is omitted in the summary measures
because, for some sample members, that quarter may have included earnings and AFDC payments that
preceded random assignment.

14For example, in the Baltimore Options program, earnings gains were S64 in quarter 5 but more than
doubled by the middle of year 2 of follow-up and did not reach a peak until year 3 (Friedlander, 1987).



TABLE 2.1

GAIN's FIRST- AND SECOND-YEAR IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS FOR AFDC-FG REGISTRANTS

County and Outcome Experimentals Controls Difference
Percentage

Change

Alameda

Ever employed (%)
Year 1 30.1 27.3 2.8 10.1%
Year 2 32.8 26.0 6.8 '" 26.3%
Last quarter of year 2 24.5 18.1 6.4 *" 35.3%Total (years 1 and 2) 42.4 35.3 7.0 *** 19.8%

Average total earnings ($)
Year 1 1421 1212 209 17.3%Year 2 2132 1609 524 * 32.5%
Last quarter of year 2 661 440 221 *** 50.3%Total (years 1 and 2) 3553 2821 733 * 26.0%

Ever received any AFDC payments (%)
Last quarter of year 1 86.0 89.2 -3.2 * -3.6%
Last quarter of year 2 76.6 77.1 -0.5 -0.7%

Average total AFDC payments received ($)
Year 1 6916 7066 -150 -2.1%Year 2 5816 6076 -260 -4.3%Last quarter of year 2 1359 1419 -60 -4.2%Total (years 1 and 2) 12732 13142 -411 -3.1%

Sample size (total = 1205) 602 603

Butte

Ever employed (%)
Year 1 42.3 45.6 -3.3 -7.2%Year 2 462 42.2 3.9 9.3%Last quarter of year 2 31.9 27.5 4.3 15.7%Total (years 1 and 2) 55.3 55.7 -0.4 -0.6%

Average total earnings ($)
Year 1 2001 1729 272 15.7%Year 2 2996 2442 554 22.7%Last quarter of year 2 802 638 165 25.9ATotal (years 1 and 2) 4997 4171 826 19.8%

Ever received any AFDC payments (%)
Last quarter of year 1 65.0 68.4 -3,4 -5.0%Last quarter of year 2 49.4 47.7 1.7 3.6%

Average total AFDC payments received ($)
Year 1 5132 5486 -353 ' -6.4%Year 2 3715 4048 -333 -8.2%Last quarter of year 2 837 876 -39 -4.5%Total (years 1 and 2) 8848 9534 -686 ' -7.2%

Sample size (total = 1229) 986 243

(continued)
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TABLE 2.1 (continued)

County and Outcome Experimentals Controls Difference
Percentage

Change

Los Angeles

Ever employed (%)
Year 1 27.0 24.9 2.1 8.6%
Year 2 26.9 22.7 4.1 *** 18.2%
Last quarter of year 2 19.0 15.7 3.3 "' 21.3%
Total (years 1 and 2) 34.5 30.3 4.2 *"" 13.9%

Average total earnings ($)
Year 1 1304 1308 -4 -0.3%
Year 2 1694 1582 112 7.1%
Last quarter of year 2 447 387 59 15.2%
Total (years 1 and 2) 2998 2890 108 3.7%

Ever received any AFDC payments (%)
Last quarter of year 1 84.8 88.0 -3.2 "* -3.6%
Last quarter of year 2 74.0 76.3 -2.4' -3.1%

Average total AFDC payments received ($)
Year 1 6875 7203 -328 *** -4.6%
Year 2 5711 6112 -401 "" -6.6%
Last quarter of year 2 1327 1409 -82'" -5.8%
Total (years 1 and 2) 12586 13315 -729 *** -5.5%

Sample size (total = 4396) 2995 1401

Riverside

Ever employed (%)
Year 1 52.1 34.0 18.1 m 53.0%
Year 2 49.4 35.4 14.0 "' 39.6%
Last quarter of year 2 35.2 24.0 11.2 '''' 46.6%
Total (years 1 and 2) 62.7 45.9 16.7 "" 36.5%

Average total earnings ($)
Year 1 2470 1550 920 *" 59.3%
Year 2 3414 2234 1179 *** 52.8
Last quarter of year 2 886 566 321 *** 56.7%
Total (years 1 and 2) 5883 3784 2099 "' 55.5%

Ever received any AFDC payments (%)
Last quarter of year 1 58.7 65.9 -72'" -10.9%
Last quarter of year 2 46.7 52.0 -5.3 *** -10.2%

Average total AFDC payments received ($)
Year 1 4968 5663 -695 "' -12.3%
Year 2 3461 4162 -701 *** -16.9%
Last quarter of year 2 794 960 -166 "' -17.3%
Total (years 1 and 2) 8429 9825 -1397*** -14.2%

Sample size (total = 5508) 4457 1051
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TABLE 2.1 (continued)

County and Outcome Experirnentals Controls Difference
Percentage

Change

San Diego

Ever employed (%)
Year 1 46.0 40.0 6.0'" 14.9%
Year 2 45.9 40.8 5.1 "4 12.4%
Last quarter of year 2 32.5 26.4 6.0 " 22.7%
Total (years 1 and 2) 56.7 51.4 5.3 ' 10.4%

Average total earnings ($)
Year 1 2462 2113 349 " 16.5%
Year 2 3503 2794 709 " 25.4%
Last quarter of year 2 910 718 192 *** 26.7%
Total (years 1 and 2) 5965 4906 1058'" 21.6%

Ever received any AFDC payments (%)
Last quarter of year 1 69.1 72.1 -3.1 " -4.3%
Last quarter of year 2 56.0 61.1 -5.1 " -8.3%

Average total AFDC payments received ($)
Year 1 5529 5832 -302 " -5.2%
Year 2 4199 4679 - 480'" -10.3%
Last quarter of year 2 985 1113 -128 " -11.5%
Total (years 1 and 2) 9728 10511 -783'" -7.4%

Sample size (total = 8219) 7049 1170

Tulare

Ever employed ( %)
Year 1 39.9 40.9 -1.0 -2.4%
Year 2 41.8 42.2 -0.4 -1.0%
Last quarter of year 2 28.4 25.3 3.1 12.2%
Total (years 1 and 2) 51.7 51.2 0.5 0.9%

Average total earnings ($) . .

Year 1 1792 1941 -149 -7.7°%
Year 2 2532 2498 34 1.4%
Last quarter of year 2 652 598 54 9.0%
Total (years 1 and 2) 4324 4439 -115 -2.6%

Ever received any AFDC payments (%)
Last quarter of year 1 76.7 75.0 1.7 2.3%
Last quarter of year 2 65.4 622 3.1 5.0%

Average total AFDC payments received ($)
Year 1 6363 6231 132 2.1%
Year 2 5120 5027 94 1.9%
Last quarter of year 2 1211 1190 21 1.8%
Total (years 1 and 2) 11484 11258 226 2.0%

Sample size (total = 2234) 1588 646

(continued)

-45-



TABLE 2.1 (continued)

County and Outcome Experimentals Controls Difference
Percentage

Change

AU counties la)

Ever employed ()
Year 1 39.6 35.5 4.1 (b) 11.6%
Year 2 40.5 34.9 5.6 (b) 16.0%
Last quarter of year 2 28.6 22.9 5.7 *** 25.0%
Total (years 1 and 2) 50.5 45.0 5.6 (b) 12.4%

Average total earnings ($)
Year 1 1908 1642 266 "* 162%
Year 2 2712 2193 519'" 23.7%
Last quarter of year 2 726 558 169 (b) 30.2%
Total (years 1 and 2) 4620 3835 785 ** 20.5%

Ever received any AFDC payments (%)
Last quarter of year 1 73.4 76.4 -3.1 (b) -4.0%
Last quarter of year 2 61.3 62.7 -1.4 -22%

Average total AFDC payments received ($)
Year 1 5964 6247 -283 *** -4.5%
Year 2 4670 5017 - 347'" -6.9%
Las: quarter of year 2 1086 1161 -76 (b) -6.5%
Total (years 1 and 2) 10634 11264 -630 =" -5.6%

Sample size (total = 22791) 17677 5114

SOURCES: MDRC calculations from California Unemployment Insuranceearnings records and from county
AFDC records.

NOTES: The sample for this table consists of individuals who were randomly assigned as follows:

Alameda July 1989-May 1990
Butte March 1988-March 1990
Los Angeles July 1989-March 1990
Riverside August 1988-March 1990
San Diego August 1988-September 194:,9
Tulare January 1989-June 1990

The sample used to analyze GAIN's impacts is slightly smaller thanthe full research sample.
Dollar averages include zero values for sample members not employed or not receiving welfare.

Estimates are regression-adjusted using ordinary least squares, controlling for pre-random assignment
characteristics of sample members. Rounding may cause slight discrepancies in calculating sums and
differences.

For all measures, year 1 refers to follow-up quarters 2-5; year 2, to quarters 6-9. Quarter 1
refers to the calendar quarter in which random assignment occurred. Because quarter 1 may contain some
earnings and AFDC payments from the period prior to random assignment, it is excluded from the summary
measures of follow-up.

A two-tailed t4est was applied to differences between experimental and control groups. Statis-
tical significance levels are indicated as *" =1 percent; " = 5 percent = 10 percent.

(a) The six counties are weighted equally in these calculations.
(b) A test of statistical significance was not performed.

-46-
9



The employment rate impact was still strong at the end of year 2: In quarter 9, 35.2 percent of

experimentals were employed compared to 24.0 percent of controls, a gain of 11.2 percentage points.

The two-year earnings gains totaled $2,099 ($920 in year 1 and $1,179 in year 2). The quarter 9

impact, $321, exceeded that of any previous quarter and was followed by a $291 gain in quarter 10

(see Appendix Table B.5), suggesting that additional earnings impacts are likely in future quarters.

AFDC impacts in Riverside were correspondingly large. The average number of months on

AFDC during the first two years was 15.12 for controls anti 13.74 for experimentals (see Appendix

Table B.5). Reductions in welfare receipt of about 5 percentage points occurred as early as quarter

3 and were sustained during each succeeding quarter. AFDC payments during tkle first two years

dropped from $9,825 to $8,429, for a saving of $1,397 per experimental ($695 in year 1 and $701 in

year 2), or 14.2 percent of the average payments to controls. An impact was still in evidence at the

end of the follow-up period ($166 in quarter 9).

Two-year earnings impacts in Alameda, Butte, and San Diego fell in a middle range: between

$733 and $1,058. The impact in Butte was not statistically significant, possibly owing to the smaller

sample size there. In all three counties, earnings impacts grew by about $300 from year 1 to year 2,

a trend that can be seen in Figure 2.1. The experimental-control differential in earnings in Alameda

reached $221 by quarter 9 and was statisticai:a significant at that point, surrtT..ting that earnings gains

were still growing at the beginning of the third year of follow-up. The quarter 9 earnings impact was

$165 (not statistically significant) in Butte and $192 (statistically significant) in San: Diego, and the

graphs indicate that earnings impacts should continue or, in the case of Butte, even grow in year 3.

Months on AFDC during the first two years decreased slightly in Alameda and Butte, and

decreased more in San Diego. As shown in Figure 2.1, the welfare impacts appear to have peaked

during year 2 in Alameda and Butte but, possibly, not in San Diego. Total AFDC savings over the

two-year period ranged from $411 per experimental in Alameda (not statistically significant) to $686

in Butte and $783 in San Diego, both statistically significant. As a percentage of payments to

controls, the savings were 3.1 percent for Alameda, 7.2 percent for Butte, and 7.4 percent for San

Diego. As shown in Figure 2.1, welfare savings appear to have peaked in Butte and San Diego

during year 2 and then to have declined, a trend that continued into at least part of year 3.

Experimentals in Los Angeles achieved employment gains of about 4 percentage points during

the two-year follow-up period, mostly during year 2 However, these gains were accompanied by only

a small and not statistically significant increase in average earnings of about $100 over the two years

of follow-up. Experimentals earned an extra $50 per quarter (not significant) during quarters 9 and

10. The program in Los Angeles did, however, obtain reductions in months on AFDC (0.72) and
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AFDC payments ($729) during the follow-up period. By quarter 9, 2.4 percentage points fewer

experimentals than controls were still on AFDC. The savings of S729 per experimental over two

years amounted to a decrease of 5.5 percent of the average payment per control. The GAIN

program achieved a slightly larger reduction in AFDC during year 2 ($401) than during year 1($328).

Welfare savings were $82 in quarter 9 and remained statistically significant, but declined slightly

thereafter (see Figure 2.1 and Appendix Table B.4).

The program in Tulare produced neither earnings gains nor AFDC savings in the first two years.

Employment, earnings, AFDC receipt, and AFDC payments were similar for experimentals and

controls on all measures. However, the yearly and quarterly measures in Table 2.1 and Figure 2.1

show movement from small losses toward small gains in employment and earnings by the end of the

follow-up period, although none of these differences is statistically significant. It should be recalled

that Tulare was the most rural of the counties, had the highest proportion employed in agriculture,

and had the highest unemployment rate.

The two-year earnings gains for Riverside and San Diego are associated almost entirely with an

increase in employment rather than an increase in earnings per quarter of employment. In other

words, experimentals worked more as a result of the program but the jobs they held paid about as

much, on average, as the jobs held by controls, indicating that hourly wages and weekly hours were
similar. In Alameda, nearly half the earnings gains were associated with increased earnings per

quarter of employment for experimentals; in Butte, half.15 In the nine studies of welfare-to-work

programs cited previously, usually only a small proportion of earnings gains was associated with higher

pay rates for experimental group members.

Analogous calculations for AFDC payments indicate that about two-thirds of the two-year

welfare savings in Alameda, Los Angeles, Riverside, and San Diego came from fewer months on

AFDC. The remainder is associated with reduced average grant amounts per month of welfare

receipt for experimentals, possibly the effect of sanctions or an increase in employment while on

15Dividing mean earnings for controls by the mean number of quarters employed (not shown in Table 2.1)
gives average earnings per quarter employed for controls. Multiplying this figure by the impact on number
of quarters of employment (also not shown in the table) tells what the impact on earnings would have been
if employed experimentals earned, on average, the same as employed controls. In Riverside, this figure is 95
percent of the estimated impact on two-year earnings, and in San Diego, 82 percent. In Alameda, it is 58
percent of the estimated impact; in Butte, 48 percent. These calculations provide some basis for inferring that
greater earnings for employed experimentals played a larger role in the earnings impacts of the latter two
counties than the former, but they are not conclusive evidence.
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AFDC.16 Similar patterns were found in those of the nine comparison studies that obtained

welfare reductions. In Butte, for reasons that are not clear, the contribution of reduced months was

much smaller.

As shown in Table 2.1, the two-year earnings gains in the six counties ranged from -$115 to

+$2,099. There is no one best way to average the results across the six counties. Table 2.2 presents

the results of three weighting methods. The first method weights each county's impacts equally and

was used in the previous (1992) report on GAIN's impacts and participation patterns. It yields an

average earnings increase of $785 and an average AFDC decrease of $630 over the two-year follow-

up period. The second method weights the impacts according to the size of each county's GAIN

caseload, providing an estimate representing the average impacts of GAIN in the six counties. This

method yields an average earnings increase of $777 and an average AFDC decrease of S749over the

two years of follow-up. The third method weights each county's impacts by the number of sample

members in the county, which is comparable to pooling all individual observations from all six

counties. This method produces slightly higher two-year impact estimates: a gain of $982 in earnings

and a savings of $797 in AFDC. As can be seen, the three sets of estimates are quite similar. The

present analysis, like the previous report, uses the first method because it is simple and does not

emphasize the strong or weak results of any one county. The final page of Table 2.1 shows average

estimates, using this equal-weight method.

V. Impacts After the Second Follow-Up Year

Figure 2.2 presents experimental-control differences in earnings and AFDC payments in each

quarter of follow-up. The impacts are shown separately for the full sample in each county and for

its sample members who were randomly assigned relatively early in each county, i.e., the county's

"early cohort." The graphs in Figure 2.2 extend the two-year time frame of Table 2.1 in several ways.

First, as in Figure 2.1, for Butte, Los Angeles, and Riverside, one additional quarter (quarter 10) of

16The average monthly payment amount for controls is obtained by dividing the average total dollar
amount by the average number of months in which AFDC payments were received. Multiplying this figure
by the reduction in months indicates what the total reduction in AFDC payments would have been had average
monthly payment amounts been the same for experimentals and controls who remained on welfare. In River-
side, this makes up 64 percent of the estimated reduction in AFDC payments for years 1 and 2. The other
figures are 64 percent for Alameda, 17 percent for Butte, 64 percent for Los Angeles, and 77 percent for San
Diego. (Tulare did not show AFDC reductions, as noted previously.) The remainder of the impact on two-
year AFDC payments may have come from partial grant reductions imposed by sanctions or from part-time
employment. Alternatively, the overall reduction in months of receipt may have fallen primarily on cases with
above-average monthly grant amounts.
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follow-up for earnings and two additional quarters (quarters 10 and 11) for AFDC payments are

available for the full samples and are shown in the graphs; in San Diego, three additional quarters

(quarters 10 through 12) are shown for both earnings and AFDC payments. Second, the graphs

include up to 15 quarters of follow-up data for the early cohorts, thereby showing impact estimates

for year 3 (quarters 10 through 13) and part of year 4 (quarters 14 through 17) for a portion of the

impact sample in some counties. Third, the graphs illustrate the movement of impacts over time

i.e., increasing, decreasing, or remaining the same and can thereby aid in the task of projecting

impacts into the future. These projections, however, cannot provide the accuracy of actual data for

the full sample for all of year 3 and beyond.

Sample sizes for the full samples and early cohorts are shown in Figure 2.2, along with the

random assignment dates that define the cohorts. Because samples are smaller for the cohorts than

for the full samples, the precision of the cohort impact estimates is less. The early cohorts in

Alameda and Butte are the smallest, and the impact estimates in those counties shouii be considered

of somewhat lower reliability relative to the others.17

To summarize, the graphs in Figure 2.2 suggest that earnings impacts for the full sample will in

all likelihood continue after year 2. If so, then the total earnings impact of GAIN will continue to

improve relative to its own two-year earnings impacts. For AFDC impacts, the graphs suggest some

tapering off from about the middle of year 2 onward, but the decrease is not sharp, and cumulative

AFDC savings for AFDC-FGs appear likely to increase significantly with additional follow-up.

Both Alameda and Butte show steady growth in earnings impacts over time for their full

samples. The impacts for their early cohorts look quite similar to those for their full samples through

the end of year 2 and may continue growing beyond that point. If so, these counties could, by year

4, approach the $300 quarterly impact level reached by Riverside in year 2. In Riverside, earnings

impacts may also be growing in year 3, however. The early cohort earnings impacts grow from

quarters 10 through 14, when they reach $400, Riverside's largest quarterly impact. Los Angeles and

Tulare show some increase in earnings impacts in year 3 for the early cohorts. These trends do not

appear large enough to give these counties sizable total impacts, but they would contribute to an

overall upward movement of earnings impacts in the cross-county average.

17The date dividing an early cohort from a late cohort within a county is arbitrary, selected for this analysis
without regard to any changes in the program over time. The object in defining cohorts in each county was
to maximize the length of follow-up for the early cohort without leaving only a few sample members in it.
Cohort dates differ across counties. Early and late cohorts may differ in demographic characteristics or in the
labor markets they faced after random assignment. Both of these differences may have contributed to
differences in impacts.
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San Diego did not show growth in earnings impacts in year 3, in the full sample or the early

cohort. Earnings impacts for the full sample did appear to hold steady, without any decline, at about

$200 per quarter ($800 per year). Interestingly, the early cohort impacts on earnings and AFDC

payments in San Diego are about as large as Riverside's full-sample and early cohort impacts, as

shown in Figure 2.2. However, this similarity did not carry over to the later cohorts. In San Diego,

impacts for the later cohort were much weaker than those for the early cohort. Thus, in Figure 2.2,

the full-sample curves for San Diego are closer to zero than the early cohort curves. The reason for

this decline in impacts across cohorts in San Diego is not clear. One possibility is that it represents

chance variation. A second possibility is that it is the product of a change over time in the operation

of the program or a change in local economic conditions. (See Chapter 4 for a discussion of the

change in implementation conditions in San Diego, particularly the increase in the availability of basic

education slots over time.) The difference does not appear to arise from a change in the types of

people entering the sample in San Diego, since both cohorts were quite similar in terms of the

background characteristics measured for this study. Some further results pertaining to early cohorts

in San Diego and Riverside are presented in the next section.

AFDC impact curves show similar shapes in all counties except Tulare. Experimental-control

differences peak in year 2 (in quarter 4 in Riverside) and then decline gradually. Riverside's AFDC

impacts still appear to continue as the largest, even at quarter 14, since neither the full sample nor

the early cohort shows a sharp decrease after the peak. The early cohort in Riverside does not differ

much from the full sample and is still at about $150 in savings per quarter ($600 per year) at the start

of year 4. In contrast, Alameda, Butte, and Los Angeles are all in the $50 to $100 per quarter range

($300 to $400 per year) in year 3. San Diego appears to be moving toward that range by year 4.

Tulare shows no evidence of AFDC impacts at any point and does not appear to be moving toward

such impacts in future years.

VI. Two-Year Impacts for Subgroups

It is possible that certain types of GAIN registrants may fail to respond to the various services

they are offered by GAIN and to the participation requirement, thus affecting the magnitude of the

program's impacts. This section begins with an examination of GAIN's impacts on subgroups

determined by the program to need or not need basic education and ends by presenting the impacts

for subgroups with different AFDC histories. Subgroups are defined using information collected for

each sample member before the individual was randomly assigned, making it possible to create
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subgroups for both experimentals and controls in the same fashion. For this reason, the impacts

computed for these subgroups are unbiased experimental estimates.

The number of experimentals and controls in each subgroup will be less than the number in the

full-county sample. As with the cohort analysis, this reduction in sample size makes the impact

estimates for subgroups less reliable than impact estimates for the full sample. At times, impact

amounts that were statistically significant for the full sample will not be statistically significant for a

subgroup. In some cases, to be noted as they arise, reliability for a small subgroup may be too low

to yield credible impact estimates.

A. Assessed Need for Basic Education

GAIN registrants vary substantially in their educational attainment and work skills, and the

GAIN program model explicitly recognizes that different kinds of services might be appropriate for

individuals depending on these differences. As previously discussed, one of the most innovative

features of GAIN is the allocation of substantial resources to provide basic education to registrants

who were judged to need it. It is therefore important to determine whether the subgroups of GAIN

registrants who were deemed to need basic education experienced impacts on employment and
welfare receipt. Nevertheless, two years of follow-up is too short a time to provide a complete

picture of the effects of education, the impacts of which, if any, are expected to build up slowly but

may last a long time. Additional data will be available for the next report.

Tables 2.3 and 2.4 present the impacts of GAIN for AFDC-FGs by county, separately for

portions of the samples determined by GAIN to need and not to need basic education. GAIN

registrants were determined to need basic education if they (1) did not have a high school diploma

or GED certificate or (2) scored low on either the reading or mathematics portion of the CASAS

test or (3) were not proficient in English.

The mix of subgroups differs substantially across counties. Less than half of the AFDC-FG

sample in Butte were judged to be in need of basic education. The typical figure in other counties

was close to two-thirds; in Los Angeles, it was over 80 percent. For the counties as a group, the

preponderance of the in-need subgroup, combined with their somewhat higher average AFDC

payments, means that this subgroup accounts for the bulk of all AFDC expenditures that would have

been incurred for the GAIN research samples in the absence of GAIN.

Subgroup sample sizes for Tables 2.3 and 2.4 are at times small .nd yield less precise dollar

values for impact estimates in some counties. The least precise dollar amounts are those for both
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subgroups in Butte and for the not-in-need subgroup in Alameda.18

Impacts on earnings and AFDC payments were found for both education subgroups. Earnings

impacts over two years appeared somewhat larger for sample members judged not to need basic
education than for those judged to need it. In four counties Alameda, Los Angeles, Riverside, and
San Diego the dollar amounts of the two-year earnings impacts were larger for the not-in-need

subgroup; only in Butte did the in-need subgroup obtain the larger earnings impact. Increases in
earnings impacts from year 1 to year 2 were observed for both subgroups, in most of these five

counties, with neither subgroup showing a clear advantage. In Tulare, neither group experienced
much of an earnings impact.19

There was no clear tendency for AFDC impacts to be larger for one group than the other.
Numerically, AFDC reductions were larger for the not-in-need subgroup in Los Angeles, but for the

in-need subgroups in Alameda and Butte. AFDC impacts were similar for both subgroups in
Riverside and San Diego. In these five counties, AFDC impacts did not increase from year 1 to year

2 for either subgroup as much as did earnings impacts. Tulare produced AFDC impacts for neither
subgroup.M

The finding that San Diego's in-need subgroup had smaller impacts than did this subgroup in

Riverside is especially notable given that the two counties had early cohort earnings effects for
AFDC-FGs that were quite similar when both education subgroups were combined, as discussed in

the previous section. Yet even when the comparison is limited to the in-need subgroup of each

county's early cohort, Riverside's earnings effects remain larger. For example, in the second year of

follow-up, those impacts were $492 in San Diego and $1,071 in Riverside,both statistically significant

(not shown in tables). It appears, therefore, that despite the similarity of the overall earnings impacts

18'11e relative size of impact samples depends in a complex way on the number of experimentals and
controls. In classifying subgroups by sample size, an "equivalent control group size for balanced designs" was
calculated, which lies between the sizes of the experimental and control groups but is generally less than the
average of the sizes of both. Then the standard errors for the summary earnings gains and welfare reductions
were examined to determine which equivalent control group sizes yielded guile imprecise estimates. As a
result of this examination, subsamples with an equivalent control group size of 100 or less were designated
"unreliable"; from 101 up to 250, the subsamples were singled out for mention as being of reduced reliability
relative to the other estimates.

e difference in two-year earnings gains across the education subgroups in San Diegowas statistically
significant at the 5 percent level; the differences in Alameda, Butte, Los Angeles, and Riverside were not
statistically significant. The difference in Tulare was also not statistically significant.

"With regard to two-year welfare savings, the differences across the two education subgroups in Butte and
Los Angeles were both statistically significant, but these differences were not statistically significant in the
other counties.
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for the early cohorts in San Diego and Riverside, the GAIN programs in the two counties may have

affected their two basic education subgroups in different ways.

B. Past Welfare Receipt

One of the most important ways in which GAIN registrants differ is in their prior receipt of

AFDC. Evidence from past research indicates that such differences are strongly related to future

AFDC receipt: Individuals with a number of years of previous AFDC receipt are more likely to

continue on AFDC for several more years than are individuals who have just started receiving AFDC.

The former group long-term recipients may have a greater potential for welfare savings simply

because they are likely to remain on longer in the absence of special services. However, long-term

recipients often have severe skills deficits and other barriers to employment that GAIN might not be

able to overcome. Their greater potential for welfare savings may therefore not be realized in

practice. For this reason, it is of considerable interest to calculate actual impacts for subgroups with

short and long welfare histories. Impacts for long-term recipients are also of interest because that

subgroup is specifically targeted for priority attention by GAIN and JOBS.

There is one other reason for a subgroup analysis by length of welfare history. The counties

in this report differ greatly in the manner in which they targeted GAIN services. Alameda and Los

Angeles worked exclusively with long-term AFDC recipients; the other counties worked with a mix

of short- and long-termers. These cross-county differences in composition of the target groups may

have contributed to differences in impacts, and separate ir.TRCt estimates for long-term recipients may

reveal similarities across counties that were not apparent earlier.

Three subgroups were defined for this analysis. The first subgroup consists of sample members

who were applying for AFDC at the time they were reLrred to GAIN. This group will be called

"applicants," even though most of its members became AFDC recipients during the follow-up period.

The applicant group contains some individuals who had never been on AFDC before and some who

were returning to AFDC after a spell off the rolls. Ou average, however, this group had the shortest

AFDC histories. The second group consists of sample members who were receiving AFDC at the

time they were referred to GAIN but had a total AFDC history of two years or less. This group will

be called "short-term recipients." The third group were also receiving AFDC at the time they were

referred to GAIN, but they had more than two years of prior AFDC receipt. This third group will

be referred to as "long-term recipients."

Tables 2.5 through 2.7 present results for welfare history subgroups for each county. For

Alameda and Los Angeles, because they worked only with long-term recipients, the tables show

-61-
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results only for that subgroup, and these estimates are identical to those shown in Table 2.1 for the

full samples in those two counties. In the other counties, splitting the samples into three parts

reduces the number of experimentals and controls available for each subgroup impact estimate. The

sample is particularly small and yields unreliable estimates for the middle subgroup (i.e., short-term

recipients) in Butte. Also of below-average reliability are the dollar amounts of estimates for the top

and bottom groups in Butte and the top group in Tulare.21

Because applicants who were not approved for AFDC were generally not randomly assigned and

did not enter the research samples, there were relatively few applicants in the GAIN samples

compared to some earlier studies. Butte had the most applicants, 60 percent. Riverside and San

Diego had much lower percentages, Tulare had very few, and Alameda and Los Angeles had none.

Across counties, there were large differences in the share of long-term recipients, ranging from a little

over one-quarter in Butte, to about 40 percent in Riverside and San Diego, nearly 60 percent in

Tulare, and the entire samples in Alameda and Los Angeles.

Welfare history subgroups defined by these objective characteristics do not necessarily behave

the same across counties. Of particular interest in this connection are Alameda and Los Angeles,

which, as previously noted, focused exclusively on long-term recipients. Los Angeles registered only

AFDC recipients who had been on welfare continuously for at least three years. Alameda also limited

its GAIN caseloads to longer-term welfare recipients, and called into the program first those

recipients who had been on AFDC the longest. Control group mean earnings and AFDC payments

were quite similar for the samples in Alameda and Los Angeles. At the same time, controls in these

two counties received more AFDC payments, on average, than did long-term recipient controls in the

other four counties. Their average earnings were sometimes higher and sometimes lower.

Consequently, the target groups for Alameda arid Los Angeles may have been somewhat more

attached to AFDC than were the long-term recipients elsewhere, but it is not clear that they were

less employable.

The impact estimates in Tables 2.5 through 2.7 indicate that groups with a long history of

welfare receipt can, in fact, experience earnings and AFDC impacts from GAIN. GAIN's impacts

on earnings for this group, even though not uniformly strong across all six counties, are of special

interest because studies of past welfare-to-work programs, particularly those emphasizing job search

and work experience, have not been consistently successful in improving earnings for long-term

recipients.

21See note 18 in this chapter.
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As already discussed, earnings impacts in Alameda had reached the middle range by year Z but
AFDC impacts were fairly modest. In Los Angeles, earnings impacts were small, but AFDC impacts
were in the middle range. In Riverside, the large earnings gains and welfare reductions were
obtained for all three welfare history subgroups, and these impacts may even have been slightly larger

for the two recipient groups than for applicants. In San Diego, earnings impacts were relatively small

for the long-term recipients, but AFDC impacts were relatively large for them. In Butte, the earnings

gains and welfare reductions appear to have been concentrated in the two recipient subgroups. In
Tulare, the applicant subgroup was small; the two recipientsubgroups displayed the general absence
of positive impacts in that county.
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CHAPTER 3

TWO-YEAR IMPACTS FOR REGISTRANTS WHO WERE HEADS OF
TWO-PARENT FAMILIES (AFDC-Us)

Paralleling Chapter 2's analysis regarding single-parent (AFDC-FG) registrants, this chapter

presents the two-year impacts of GAIN on the employment, earnings, welfare receipt, and welfare

payments of heads of two-parent households (AFDC-Us). Its purpose is two-fold: first, to determine

the size of GAIN's impacts for the AFDC-U cases and, second, to see how the counties ranked the

magnitude of their impacts for AFDC-Us compared to their results for AFDC-FGs. If the rankings

are similar to those found for the AFDC-FGs, it would support the conclusion that impact differences

across counties are associated with real county differences in program approach or environment, and

are not just the product of serving different types of people.

Analysis issues discussed in the previous chapter are not repeated here. Also, since the AFDC-

U sample in Alameda was too small to produce impacts of much reliability, estimates of impacts for

Alameda are shown only for the full AFDC-U sample and not for educational need subgroups.1

Even the full AFDC-U sample for Alameda should not be weighted at all heavily in any assessment

of the overall impacts of GAIN for AFDC-Us.

I. A Summa of the Findin s on Earnin s and Welfare Savin s for AFDC-Us

Averaging across five counties (omitting Alameda), and giving each county equal weight, yields

two-year earnings gains of $755 per experimental group member and two-year welfare savings of

$891. However, earnings gains did not increase in year 2, a pattern different from that for AFDC-

FGs. Experimentals in two-parent families earned, on average, $384 more than controls in year 12

and $370 in year 2.3 Welfare savings increased from $422 in year 1 to $469 in year 2. All of these

impacts were statistically significant. These results are important because they show earnings effects

1Adjusted control group means for Alameda are, however, shown for the educational need subgroups in
the subgroup tables, since these can be useful in drawing conclusions about the relative disadvantagedness of
target groups across counties. The impact estimates for welfare history are shown, since long-term recipients
are identical to the full sample in Alameda, as they are for AFDC-Fgs.

2lmpact estimates for year 1 may differ slightly from those presented in the previous (1992) report owing
to updating of some earnings and AFDC records data.

As noted in Chapter 2, throughout the impact analysis, rounding may cause slight discrepancies in
calculating sums and differences.
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for AFDC-Us, a group that has not been studied widely in evaluations of welfare-to-work programs.4

One county showed a large increase in the earnings impact between yeatz 1 and 2. However,
consistent with the limited prior research, the GAIN findings show that the AFDC-U impacts in the
other counties began to decline within a two-year follow-up period. Even so, over the entire two-year

period, the earnings impacts were moderate to large and statistically significant in three of the five
counties (not including Alameda).

As with AFDC-FGs, impacts for AFDC-Us varied considerably by county. GAIN increased
earnings in the two-year follow-up in five of the six research counties Alameda, Butte, Los
Angeles, Riverside, and San Diego although the Alameda and San Diego impacts were modest and
not statistically significant. Riverside again had a large two-year impact on earnings, an increase of

$1,174 per experimental group sample member. Bute, however, produced a larger earnings impact
for AFDC-Us $1,877 per experimental. Impacts in Los Angeles ($579) and San Diego ($392) were
smaller and in Alameda ($254) were smaller still, although the sample size there was too small to
allow confidence in the result. Relative to control group mean earnings during the two-year follow-

up, the dollar impacts in these five counties represented increases of6 percent to 36 percent. Tulare
showed no evidence of significant earnings impacts during the two-year observation period common
to samples in all counties, or thereafter.

Counties also differed in how the experimental-control earnings differential changed over time.
In Riverside, which had the largest earnings impacts in year 1, the second-year earnings impact fell
to just over half the first-year earnings impact, in part because controls began to "catch up" to
experimentals. A large increase in year 2 was, however, observed in Butte. In Butte, and to a lesser
extent in Riverside, earnings impacts may continue to accumulate after year 2. In Los Angeles and
San Diego, future additions to earnings impacts appear likely to be small.

Reductions in AFDC payments were found in four counties Butte, Los Angeles, Riverside,
and San Diego although they were not statistically significant in Butte. In Los Angeles, Riverside,
and San Diego, two-year welfare savings were larger than earnings gains. Riverside's welfare impacts

were the largest: a saving of $1,714 per experimental over the two years, or 16 percent of the average

payments to controls. Los Angeles and San Diego were in the middle range at $922 (5 percent) and
$1,142 (8 percent), respectively. Tulare produced no AFDC impacts. Alameda did not show
evidence of impacts on AFDC payments either, but the sample size was too small to permit
confidence in this result

tor earlier results on AFDC-Us, see Gueron and Pauly, 1991.
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In year 2, AFDC impacts rose or remained constant in Butte, Los Angeles, and San Diego.

Impacts declined somewhat in Riverside but v' re the largest for that year among all the counties.

Thus, the prospect for accumulating additional AFDC savings after year 2 appears good. The time

patterns for Alameda and Tulare do not suggest the appearance of significant AFDC impacts there

in the future.

For subgroups, both earnings gains and welfare savings were generally larger for the group

assessed as not in need of basic education, a pattern that, at least for earnings gains, was similar to

the one found for AFDC-FG registrants. Impact estimates for subgroups defined by recent welfare

history indicate that long-term recipients could and did experience impacts from GAIN, with no clear

tendency for the impacts to be larger or smaller for them than for the other welfare history subgroups

(i.e., applicants and short-term recipients).

B. A Context for Understanding GAIN's Two-Year AFDC-U Impacts

In this report, the FG and U assistance categories are treated separately because they are

subject to different program rules and labor market and welfare constraints. As discussed in Chapter

1, rules defining mandatoriness for GAIN prior to the transition to JOBS exempted AFDC-FG case

heads with a child under age 6. For this reason, nearly two-thirds of the AFDC-FG caseload at that

time was not in the intended target group for the GAIN participation requirement. No such

exemption existed for AFDC-U case heads. Thus, except in Alameda and Los Angeles, which worked

exclusively with long-term recipients, GAIN targeted virtually the whole of the able-bodied AFDC-U

caseload. Impacts reported in this chapter may therefore be more readily translated into impacts on

the full AFDC-U caseload (of orientation attenders) than is possible for AFDC-FGs.

The limited number of experimental studies performed for the AFDC-U assistance category

makes it difficult to establish a relevant context for understanding the two-year impacts of GAIN on

AFDC-Us. Of the nine broad-coverage studies discussed in Chapter 2, only two offered reliable

results for AFDC-Us: the San Diego EPP/EWEP evaluation and the San Diego SWIM demonstra-

tion.5 The impact estimates from these experiments will be discussed below, but it is worth

considering first some reasons why impacts for AFDC-Us might be different from impacts for AFDC-

FGs.

5The Baltimore Options program worked with AFDC-Us, but the AFDC-U sample there was only large
enough to give estimates of employment and welfare receipt rates. It was not large enough to provide reliable
estimates of the differences in rates between experimentals and controls, which constitute estimates of program
impacts.
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Certain differences between AFDC-FG and AFDC-U registrants may lead to differences in

impacts on earnings. Case heads in AFDC-U cases are almost always male and, on average, have

greater work experience than AFDC-FG case heads (see Table 1.2). In addition, because there is

a second parent present in the household, the need to care for children does not generally interfere

with AFDC-U employment, as it can for AFDC-FGs.

Other differences between AFDC-FGs and AFDC-Us may tend to produce differences in wel-

fare impacts. AFDC-U cases generally receive larger monthly AFDC payments than AFDC-FG cases

because two parents rather than one are figured into the grant amount. AFDC-Us are, however,

subject to tighter AFDC eligibility requirements and, for part of the follow-up period, faced more

stringent penalties for noncooperation with GAIN. According to regulations in effect during the

research period, eligibility forAFDC-U terminated when the case head worked more than 100 hours

in a month, regardless of the amount of earnings.6 In GAIN, prior to JOBS, a sanction closed the

AFDC-U case entirely and terminated payments completely, whereas it reduced the monthly grant

for AFDC-FG registrants. Under JOBS (as of July 1989), sanction penalties for AFDC-U registrants

are the same as for AFDC-FG registrants. Reductions inAFDC payments were found forAFDC-Us

in both prior experiments, which operated under the tighter, pre-JOBS rules.

In the evaluation of the job search and work experience program in San Diego in the mid-1980s

(i.e., the EPPIEWEP evaluation), follow-up lasted through quarter 6 only. Ent-year earnings gains

were about $150 per experimental.? First-year welfare savings were $375. The experimental-control

differential for both earnings gains and, to a lesser extent, welfare savings showed substantial decrease

by the middle of year 2, however. It should be noted that, as expected, the ratio of welfare savings

to earnings gains in this study was higher for AFDC-Us than for AFDC-FGs.8

More recently, the San Diego SWIM demonstration yielded first-year earnings gains and welfare

savings of $500 and $400, respectively. Earnings effects appear to have persisted at this level through

year 2 at least, and welfare impacts appear to have grown to $550 in year 2. As indicated in Chapter

2, the San Diego SWIM program model was somewhat similar to the GAIN job-search-first track.

Again, the ratio of two-year welfare savings to two-year earnings gains was higher for AFDC-Us than

for AFDC-FGs.9

6In Riverside, the 100-hour rule was suspended beginning January 1, 1991. Whether this change influenced
the trend in Riverside's impacts on AFDC-Us is uncertain.

Impact estimates for earlier programs are not inflated to current dollars.
8This San Diego experiment had a second experimental group, which received only job search. For this

group, first-year earnings gains were S400 and welfare savings were S300, and both showed the same pattern
of sharp decline going into year 2.

9See Friedlander and Hamilton, 1993.
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For AFDC-Us, there are no prior experimental studies of broad-coverage programs incor-

porating education and training as possible initial assigned activities. Thus, past experimental experi-

ence does not provide much guidance on what to expect from the education track in GAIN.

III. Two-Year Impacts for the Pooled (Six-County) Sample and the Individual Counties

Figure 3.1 presents average quarterly earnings and average quarterly AFDC payments for the

experimental and control samples in the six counties,10 Control group averages are shown by a

solid line; experimental group averages are shown by a dotted line. These quarterly estimates and

other impact estimates for the AFDC-U GAIN county samples are shown in detail in Appendix

Tables C.1 through C.6.

A. The Behavior of Controls

The AFDC-U program is often thought of as a program mainly of short-term assistance.

Eligibility for AFDC-U requires that the primary earner in a family must have had some recent labor

force attachment. In comparison to AFDC-FG controls, AFDC-U controls (except in Alameda)

usually did find jobs more readily during the follow-up period, but the differences were not as large

as might be expected. Control group employment rates for AFDC-U samples at the end of year 2

(i.e., in quarter 9) were as follows:

Alameda 16.7 percent employed
Butte 29.3 "

Los Angeles 22.2
Riverside 29.4
San Diego 33.0
Tulare 30.7

There is greater cross-county variation in these employment rates than there is for AFDC-FGs. For

all counties, but especially for Alameda and Los Angeles, these rates are lower than those found in

prior research.11 As with AFDC-FG controls, the lower rates in Alameda and Los Angeles reflect

the policy of those two counties to work with long-term recipients; they probably owe little to labor

market conditions in those counties.

10As in Chapter 2, the full sample in some counties has more than nine quarters of follow-up.
line most relevant comparisons are with AFDC-Us in the San Diego SWIM demonstration sample,

where the employed rate for controls at quarter 9 was 37.2 percent. A much smaller sample of AFDC-Us in
the Baltimore Options program evaluation a sample, as noted earlier, that was not large enough to provide
impact estimates was tracked through quarter 5, at which point their employment rate was 52.8 percent.
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Rates of welfare receipt among AFDC-U controls show the typical pattern of departure from

AFDC, but a substantial number remained on public assistance at the end of the second follow-up

year. By quarter 9, AFDC receipt rates were as follows:

Alameda
Butte
Los Angeles
Riverside
San Diego
Tulare

852 percent received AFDC
57 F "

853
49.5
64.0
65.3

N N

N N s

N N s

N s N

N N N

As was the case for employment, there was considerable variation across counties. Surprisingly, with

only one exception (Riverside), the rate in each county exceeded the corresponding rate for that

county's AFDC-FG sample. Again, rates for Alameda and Los Angeles were greater than elsewhere,

owing to the fact that they worked exclusively with long-term recipients.12

B. Impacts on Employment, Earnings, AFDC Receipt, and AFDC Payments

The difference between experimentals and controls presented in Figure 3.1 is the estimate of

GAIN's impacts on earnings and AFDC payments. These and other numerical estimates of program

impacts are shown in Table 3.1 (and Appendix Tables C.1 through C.6.) This table shows year-by-

year and summary estimates for the first two years (i.e., quarters 2 through 9)13 and estimates for

the end of the second follow-up year (quarter 9). Estimates at the end of year 2 are particularly

important for the AFDC-U samples because some prior experimental research on them has shown

substantial narrowing of any experimental-control difference in earnings by that time.14

As was the case for AFDC-FGs, large impacts were found in Riverside. In that county, 65.4

percent of experimentals worked at some time during the first two years. The corresponding rate for

controls was 57.0 percent, for a difference, or impact, of 8.4 percentage points. By year 2, however,

the employment impact had declined somewhat. The rates for both experimentals and controls were

12The AFDC receipt rate for AFDC-Us in the SWIM study the most relevant comparison available
was 50.5 percent in quarter 9. In the Baltimore Options evaluation, the rate was 39.5 percent as early as
quarter 5.

13Again, quarter 1 (thi quarter of random assignment) is omitted in the summary measures because, for
some sample members, that quarter may have included earnings and AFDC payments that preceded random
assignment.

4In the San Diego EPP/EWEP study, the quarterly impact on earnings for AFDC-Us declined during the
first follow-up year from a peak in quarter 2 in the range of $125 to $150 quarterly earnings per experimental
to around $10 in quarter 6. In San Diego SWIM, in contrast, first-year earnings impacts held up at least
through year 2. The AFDC-U sample for Baltimore Options was too small for reliable computation of
impacts, as previously noted.
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TABLE 3.1

GAIN.* MST- AND SECOND-YEAR IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS FOR AFDC-U REGISTRANTS

County and Outcome Experimentals Controls Difference
Percentage

Change

Alameda

Ever employed (%)
Year 1 29.8 20.2 9.6 ' 47.3%
Year 2 27.6 20.4 7.2 35.4%
Last quarter of year 2 19.4 16.7 2.7 16.1%
Total (years 1 and 2) 37.3 23.5 13.8 " 58.5%

Average total earnings (8)
Year 1 1115 1061 54 5.1%Year 2 1332 1133 200 17.6%
Last quarter of year 2 333 257 76 29.4%
Total (years 1 and 2) 2447 2193 254 11.6%

Ever received any AFDC payments (%)
Last quarter of year 1 94.6 93.3 1.3 1.4%
Last quarter of year 2 862 85.2 1.0 1.2%

Average total AFDC payments received (8)
Year 1 10066 9905 161 1.6%Year 2 9069 8889 180 2.0%
Last quarter of year 2 2146 2159 -13 -0.6%Total (years 1 and 2) 19135 18794 341 1.8%

Sample size (total = 182) 96 86

Butte

Ever employed (%)
Year 1 51.5 44.1 7.3 " 16.6%Year 2 50.3 45.5 4.8 10.6%
Last quarter of year 2 34.9 29.3 5.6 * 19.1%Total (years 1 and 2) 61.1 58.3 2.8 4.8%

Average total earnings ($)
Year 1 3026 2393 633 26.5%Year 2 4018 2773 1244'" 44.9%Last quarter of year 2 1052 696 355 " 51.0%Total (years 1 and 2) 7044 5166 1877 " 36.3%

Ever received any AFDC payments (%)
Last quarter of year 1 63.7 67.0 -3.3 -4.9%Last quarter of year 2 52.8 57.6 -4.7 -8.2%

Average total AFDC payments received (8)
Year 1 6523 6749 -226 -3.4%Year 2 5246 5775 -529 -9.2%Last quarter of year 2 1235 1354 -119 -8.8%Total (years 1 and 2) 11769 12524 -755 -6.0%

Sample size (total = 1006) 780 226

(continued)
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TABLE 3.1 (continued)

County and Outcome Experimentals Controls Difference
Percentage

Change

Los Angeles

Ever employed (%)
Year 1 41.2 29.4 11.8 ' 40.1%
Year 2 39.0 29.3 9.7 ' 33.0%
Last quarter of year 2 30.0 22.2 7.9 "" 35.5%
Total (years 1 and 2) 47.8 34.7 13.1 "" 37.9%

Average total earnings ($)
Year 1 1480 1221 259 " 21.2%
Year 2 1785 1465 320 ' 21.8%
Last quarter of year 2 429 363 66 18.2%
Total (years 1 and 2) 3266 2687 579 " 21.6%

Ever received any AFDC payments (%)
Last quarter of year 1 91.1 92.3 -1.1 -1.2%
Last quarter of year 2 85.5 85.3 0.1 0.2%

Average total AFDC payments received ($)
Year 1 9442 -9871 -429 "" -4.3%
Year 2 8333 8826 -493 *** -5.6%
Last quarter of year 2 1978 2099 -121 " -5.8%
Total (years 1 and 2) 17775 18697 -922 *** -4.9%

Sample size (total = 1458) 735 723

Riverside

Ever employed (%)
Year 1 57.2 48.6 8.6 *** 17.7%
Year 2 51.2 44.6 6.6'" 14.8%
Last quarter of year 2 33.2 29.4 3.7' 12.7%
Total (years 1 and 2) 65.4 57.0 8.4 "" 14.7%

Average total earnings ($)
Year 1 3691 2930 761 ' 26.0%
Year 2 4039 3626 413 11.4%
Last quarter of year 2 947 853 94 11.0%
Total (years 1 and 2) 7730 6556 1174 " 17.9%

Ever received any AFDC payments (%)
Last quarter of year 1 51.1 56.9 -5.8 m -10.2%
Last quarter of year 2 46.9 49.5 -2.6 -5.3%

Average total AFDC payments received ($)
Year 1 4845 5810 -965'" -16.6%
Year 2 3895 4643 -749 "" -16.1%
Last quarter of year 2 957 1102 -145 "" -13.1%
Total (years 1 and 2) 8739 10453 - 1714'" -16.4%

Sample size (total = 2323) 1590 733
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TABLE 3.1 (continued)

County and Outcome Experimentals Controls Difference
Percentage

Change

San Diego

Ever employed (%)
Year 1 53.9 50.1 3.8 " 7.6%
Year 2 50.0 45.8 4.2 " 9.1%
Last quarter of year 2 35.7 33.0 2.7 8.2%
Total (years 1 and 2) 62.7 59.1 3.7 " 6.2%

Average total earnings ($)
Year 1 3331 3089 242 7.8%
Year 2 4128 3978 150 3.8%
Last quarter of year 2 1031 1027 5 0.4%
Total (years 1 and 2) 7459 7067 392 5.6%

Ever received any AFDC payments (%)
Last quarter of year 1 69.4 74.6 -52'" -7.0%
Last quarter of year 2 61.8 64.0 -2.2 -3.5%

Average total AFDC payments received ($)
Year 1 6790 7301 -510 *** -7.0%
Year 2 5565 6197 -632 *" -10.2%
Last quarter of year 2 1354 1474 -120 " -8.1%
Total (years 1 and 2) 12356 13498 -1142 *** -8.5%

Sample size (total = 3272) 2427 845

Tulare

Ever employed (%)
Year 1 52.5 512 1.3 2.5%
Year 2 50.2 48.9 1.3 2.6%
Last quarter of year 2 322 30.7 1.5 4.8%
Total (years 1 and 2) 61.5 59.2 2.3 3.9%

Average total earnings ($)
Year 1 2987 2961 26 0.9%
Year 2 3723 3998 -275 -6.9%
Last quarter of year 2 858 958 -100 -10.4%
Total (years 1 and 2) 6709 6959 -249 -3.6%

Ever received any AFDC payments (%)
Last quarter of year 1 74.6 74.5 0.2 0.3%
Last quarter of year 2 66.4 65.3 1.1 1.7%

Average total AFDC payments received ($)
Year 1 7545 7523 23 0.3%
Year 2 6316 6261 54 0.9%
Last quarter of year 2 1530 1520 10 0.7%
Total (years 1 and 2) 13861 13784 77 0.6%

Sample size (total =1901) 1319 582

(continued)
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TABLE ',.1 (continued)

County and Outcome Experimentals Controls Difference
Percentage

Change

All counties (a)

Ever employed (%)
Year 1 51.24 44.69 6.56 (b) 14.7%
Year 2 48.12 42.81 5.31 (b) 12.4%
Last quarter of year 2 33.19 28.91 4.28 '1' 14.8%
Total (years 1 and 2) 59.69 53.63 6.06 (b) 11.3%

Average total earnings ($)
Year 1 2903 2519 384 '1" 15.3%
Year 2 3539 3168 370 " 11.7%
Last quarter of year 2 864 779 84 (b) 10.8%
Total (years 1 and 2) 6442 5687 755'" 13.3%

Ever received any AFDC payments (%)
Last quarter of year 1 69.98 73.06 -3.04 (b) -42%
Last quarter of year 2 62.65 64.33 -1.68 -2.6%

Average total AFDC payments received ($)
Year 1 7029 7451 -422 "' -5.7%
Year 2 5871 6340 -469 -" -7.4%
Last quarter of year 2 1411 1510 -99 (b) -6.5%
Total (years 1 and 2) 12900 13791 -891 "" -6.5%

Sample size (total = 10142) 6947 3195

SOURCES: MDRC calculations from California Unemployment Insurance earnings records and from
county AFDC records.

NOTES: The sample for this table consists of individuals who were randomly assigned as follows:

Alameda July 1989-May 1990
Butte March 1988-March 1990
Los Angeles July 1989-March 1990
San Diego August 1988-March 1990
Riverside August 1988-September 1989
Tulare January 1989-June 1990

The sample used to analyze GAIN's impacts is slightly smaller than the full research sample.
Dollar averages include zero values for sample members not employed or not receiving welfare.

Estimates are regression-adjusted using ordinary least squares, controlling for pre-random assignment
characteristics of sample members. Rounding may cause slight discrepancies in calculating sums and
differences.

For all measures, year 1 refers to follow-up quarters 2-5; year 2, to quarters 6-9. Quarter 1
refers to the calendar quarter in which random assignment occurred. Because quarter 1 may contain some
earnings and AFDC payments from the period prior to random assignment, it is excluded from the summary
measures of follow-up.

A two-tailed t-test was applied to differences between experimental and control groups. Stat-
istical significance levels are indicated as *** = 1 percent; " = 5 percent =10 percent.

(a) These estimates do not include Alameda's impacts, which were based on a very small sample.
(b) A test of statistical significance was not performed.
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lower in year 2 than in year 1, but the decline was greater for experimentals. Consequently, the

experimental- control differential in percent employed also declined, from 8.6 percentage points in

year 1 to 6.6 percentage points in year 2.

Earnings gains, like employment impacts, decreased over time: from a statistically significant $761

in year 1 to a not statistically significant $413 the following year. As may be seen in Figure 3.1,

control group earnings increased substantially in year 1, narrowing the gap between experimentals

and controls. Over the full two-year period, a significant degree of control group catch-up had

occurred, and by quarter 9, experimentals were earning, on average, just $94 more than controls.

Total earnings for the two years were higher by $1,174. Riverside's two-year impact on total AFDC

payments, $1,714, was larger than the two-year savings for AFDC-FGs and was the largest for either

assistance category in any county. Nevertheless, AFDC outcomes for experimentals and controls

increasingly converged throughout most of the follow-up period. The average difference in AFDC

receipt peaked in quarter 3, when 59 percent of experimentals received an AFDC payment compared

to 69 percent of controls; and AFDC payments for experimentals averaged $294 less. By quarter 9,

the experimental-control difference in AFDC receipt had dropped to 2.6 percentage points, and the

savings had fallen to $145. Savings were larger than the corresponding earnings gains, but may not

remain so after year 2.

The largest two-year earnings gains, $1,877, were found in Butte. Unlike the results for

Riverside, earnings impacts in Butte grew substantially from year 1 to year 2, i.e., from $633 to $1,244.

In addition, the experimental-control difference in average earnings peaked in quarter 9 at $355 per

experimental, suggesting that experimentals will continue to record higher earnings than controls.

Earnings gains exceeded welfare savings by a considerable margin, another difference between Butte

and Riverside. Welfare savings in Butte grew from $226 in year 1 to $529 in year 2, for a combined

two-year total of $755. Welfare impacts in Butte were not statistically significant.

Los Angeles was the only other county to record statistically significant earnings gains during

the two-year follow-up, although the two-year impact of $579 was much smaller than Butte's or

Riverside's. In Los Angeles, as in Butte, the experimental-control difference in average earnings grew

larger over time, from $259 in year 1 to $320 in year 2, both statistically significant. However, welfare

savings exceeded earnings gains by about $170 during each of these years, a pattern more like

Riverside's. Employment impacts in Los Angeles were large relative to earnings impacts there.

In San Diego, welfare reductions outpaced earnings gains by an even wider margin. GAIN

achieved only a small and not statistically significant increase of $392 in total earnings during the two-

year follow-up; and, by quarter 9, the experimental-control difference had all but disappeared. At

-80-



the same time, San Diego's GAIN program continued to produce statistically significant AFDC

reductions, although here, too, impacts diminished during year 2. In all, experimentals averaged

$1,142 less in AFDC payments than controls during years 1 and 2.

In Tulare, experimentals earned about the same amount as controls in year 1 and somewhat less

in year 2 although the difference was not statistically significant. GAIN produced no welfare savings

in Tulare at any time in the follow-up.

AFDC-U samples in Alameda were too small to yield reliable estimates of differences between

experimentals and controls. Nonetheless, the results there, despite their imprecision, were similar to

the finding in Los Angeles that impacts on employment can exceed impacts on earnings for AFDC-

Us. In San Diego, too, employment impacts were large relative to earnings gains. This suggests that

the new jobs fond by experimentals did not, as a general rule, pay better than the jobs typically held

by controls. This same result was obtained in almost all previous broad-coverage welfare-to-work

mtperiments.15

Analysis of AFDC impacts reveals differences across counties. In Riverside and San Diego,

nearly two-thirds of the two-year welfare savings came from fewer months on AFDC, which is similar

to the findings for most AFDC-FG samples. The remaining one-third is associated with reduced

average grant amounts per month of receipt for experimentals, possibly the effect of sanctions or an

increase in employment while on AFDC.16 For Los Angeles, however, impacts on the number of

months receiving AFDC during year 1 were quite small compared to the dollar amounts of first-year

AFDC savings. However, the reduction in receipt had approached the magnitude of the reduction

lsOne approach to comparing the magnitudes of employment and earnings impacts is to divide each
impact estimate by the corresponding control group mean to estimate the relative gain or "impact relative to
the control group mean." If jobs of experimentals and controls pay about the same per quarter of employment,
then it follows that the relative gain in the number of quarters employed and average total earnings must be
quite similar. Although not shown in Table 3.1, impacts on number of quarters of employment during the
two-year follow-up were calculated for all counties, along with gains relative to the control group means. In
Alameda, Los Angeles, and San Diego, these measures showed that the relative gain in employment was much
larger than the relative gain in earnings. In Riverside, the two relative gains were similar. In Butte, the
relative gain in employment was about 60 percent of the relative gain in earnings.

16The average monthly payment amount for controls is obtained by dividing the average total dollar
amount by the average number of months during which AFDC payments were received. Multiplying this figure
by the reduction in months indicates what the total reduction in AFDC payments would have been had average
monthly payment amounts been the same for experimentals and controls who remained on welfare. In River-
side and San Diego, the figure is about two-thirds. In Butte, it is about one-half, and in Los Angeles, it is less
than 5 percent. The remainder of the impact on first-year AFDC payments may have come from partial grant
reductions imposed by sanctions or from part-time employment. It could also have resulted if the overall re-
duction in months of receipt fell primarily on cases with above-average monthly grant amounts.
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in payments by the end of the second year (quarter 9).17 In Butte, about half the reduction in

AFDC payments resulted from fewer months on welfare.

As for AFDC-FGs, measures summarizing results for AFDC-Us across all counties are of some

interest. Averaging across five counties (omitting Alameda because the sample there is small), and

giving each county equal weight, yields two-year earnings gains for AFDC-Us of $755 per experimen-

tal group sample member and two-year welfare savings of $891, both statistically significant. As
discussed in Chapter 2, and as shown in Table 3.2, slightly different impact estimates are obtained

from weighting by the size of each county's GAIN caseload. This second method yields an average

earnings gain of $660 and an average welfare saving of $989.18 According to a third way of
estimating GALENA effects, weighting by county sample sizes, experimentals averaged $630 more in

earnings during the two-year follow-up and received $971 less in AFDC.

IV. County Comparisons Using AFDC-FG and AFDC-U Results

The relative performance of counties was similar in most cases for the AFDC-FG and AFDC-U

assistance category. Counties with impacts for AFDC-FGs that were large or small relative to

impacts for AFDC-FGs in other counties tended to obtain imparts for AFDC-Us that were also large

or small compared with impacts on AFDC-Us elsewhere (again omitting Alameda from the

comparison because of its small AFDC-U sample size). This relationship was stronger for welfare

savings than for earnings gains. Omitting Alameda and weighting the remaining counties equally, the

simple correlation between earnings gains for AFDC-FGs and AFDC-Us across counties is +054 (of

a maximum of +1.00); for welfare savings, the correlation coefficient is +0.99. The high degree of

correlation for welfare savings across counties stems from the strong showing for both target groups

in Riverside and the weak showing for both in Tulare. The much lower correlation of earnings gains

for AFDC-FGs and AFDC-Us across counties is, in part, attributable to the large increase in earnings

impacts for AFDC-Us in Butte from year 1 to year 2.19

There was also a strong relationshir between earnings gains and welfare savings across counties.

17In quarter 9, the reduCtion in "percent receiving" accounts for more than 90 percent of the total reduc-
tion in average AFDC payments in Butte. In Los Angeles, however, the reduction in receipt at quarter 9 is
still small relative to the total AFDC dollar impact in that quarter.

18lncluding Alameda in the averages gives summary estimates of earnings gains of $671 (equal weighting),
$623 (weighting by sample size), and $654 (weighting by GAIN caseload size). The corresponding averages
for AFDC savings are: $686, $948, and $969.

19Correlations that also include Alameda are similar. +0.53 for earnings gains and +0.86 for welfare
savings.
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Relatively large earnings gains were associated with relatively large AFDC payment reductions. The

simple correlation coefficient between earnings gains and welfare savings for AFDC-FGs (six
counties) is +0.85; for AFDC-Us (five counties), it is +0.51. This strong relationship between

earnings gains and welfare savings for AFDC-FGs depends in largepart on the results for Riverside

and Tulare. The same relationship for AFDC-Us is weaker because the large increase in earnings

impact in Butte from year 1 to year 2 was not accompanied by a correspondingly large increase in

welfare savings. In addition, from year 1 to year 2, Riverside's AFDC-U earnings impacts fell out of

first place among the counties, while the AFDC-U welfare savings remained the largest.

V. Impacts After the Second Follow-Up Year

Figure 3.2 presents experimental-control differences in earnings and AFDC payments separately

for early cohorts and full county samples, along with the dates that define the cohorts and their
sample sizes. The sample size of the early cohort for Alameda is too small for meaningful analysis.

The early cohort in Butte is also relatively small, and the impact estimates there should be considered
of below-average reliability.

Information from this cohort analysis changes the picture of AFDC-U impacts very little. On
balance, impact estimates for the full AFDC-U samples and the early cohorts indicate that, for the
most part, earnings impacts may have reached a peak as early as year 1 or the first part of year 2 and

declined after that point. Welfare reductions, when they occurred, show a similar pattern. The one
possible exception to this pattern is Butte, which shows nearly continuous growth in the experimental-

control differential in earnings.

Riverside's results for both the full sample and the early cohort indicate decline beginning in

year 1, although some impacts on earnings and welfare may persist for at least severalyears. Earnings
impacts had fallen to approximately zero by the beginning of year 2 for the early cohort, as shown
by the dotted line in the Riverside earnings graph. For the full sample as well, represented by the
solid line, earnings gains were much below their peak by year 2. It is possible that the late cohort

may carry full-sample earnings gains at a level of about $100 per quarter ($400 annualized) after year
2. Or the late cohort may also fall to zero by the end of the third year. Insufficient information is

available at this time to predict the course of earnings gains for Riverside's AFDC-Us with any

confidence after year 2. For AFDC payments, the experimental-control differential for both the full

20Including Alameda in the AFDC-U correlation makes it +0.55, quite close to the five-county number.
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sample and the early cohort began to taper off in year 1. The full-sample curve looks more favorable

than that for the early cohort, but does not alter the expectation that most of the AFDC impact for

AFDC-Us in Riverside may occur within three years of program entry.

In San Diego, earnings impacts for the full sample and the early cohort were in the vicinity of

zero by year 3 and support the conclusion that overall earnings impacts for AFDC-Us reached their

maximum in year 1. In Los Angeles, the full-sample and early cohort results suggest that the earnings

impacts may have peaked in year 2 and then fallen, with not much additional effect in year 3 and

beyond. Both Los Angeles and San Diego showed greater welfare savings in year 2 than in year 1,

with a possible peak in the experimental-control welfare differential around the beginning of year 2.

Butte is the only county where the full AFDC-U sample showed earnings gains that increased

quarter by quarter, although the early cohort results in that county suggest that impacts may level off

in year 3. In addition, the experimental-control differentials in AFDC payments for the full sample

and the early cohort in Butte did not evidence the decline found in Riverside and other counties:

Savings were larger in year 2 than in year 1 and may well persist or even grow beyond year 2.

Neither the full sample nor the early cohort in Tulare gives evidence that impacts on earnings

or AFDC payments are likely to appear over time in that county.

VI. Two-Year Impacts for Subgroups

The subgroup analysis for AFDC-U registrants parallels that for AFDC-FG registrants.

Subgroups are defined the same way, and the analysis methods are the same. In each county, sub-

group samples were smaller than the full samples, with the associated decrease in precision and statis-

tical significance. As explained at the start of this chapter (and in note 1), subgroup samples for

AFDC-Us in Alameda were too small for meaningful analysis.

A. Assessed Need for Basic Education

Tables 33 and 3.4 present the impacts of GAIN for AFDC-Us by county, separately for portions

of the samples determined by GAIN to need or not to need basic education. Because of the very

small not-in-need and in-need subgroups in Alameda, that county's impact estimates are omitted from

the tables. However, the control group means are shown for comparison to other counties. The not-

in-need subgroup in Los Angeles was quite small, too, and the dollar amounts of its impact estimates

have low reliability. Of below-average precision are the dollar amount estimates for impacts for both

subgroups in Butte and the not-in-need subgroup in Tulare. As was the case for AFDC-FG

registrants, the mix of AFDC-U subgroups differed across counties. Los Angeles again had the
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1

highest proportion determined to need basic education (92.2 percent); Butte again had the lowest
(57.7 percent). In every county, the percentage in need was larger in the AFDC-U sample than in
the AFDC-FG sample. In some counties, the AFDC-U samples included a particularly large
proportion of refugees and others who were not proficient in English and whom GAIN slated for the
ESL component of basic education.

The two-year impact estimates presented in Tables 33 and 3.4 show that both earnings gains

and welfare savings were generally larger for the not-in-need subgroup, a pattern that, at least for
earnings gains, was similar to the one found for AFDC-FG registrants. Earnings impacts were larger
for the not-in-need subgroup in Butte, Riverside, and San Diego; and, in those counties, earnings

impacts were statistically significant only for the not-in-need subgroup. Only in Los Angeles was the

pattern reversed, with earnings impacts being larger for the in-need subgroup and statistically
significant only for that subgroup. Statistically significant two-year AFDC reductions were found in
all four of those counties for the not-in-need subgroup, and in three of those counties (all but Butte),

statistically significant AFDC savings were found for the in-need subgroup, too. In three of those
four counties, however, the dollar savings were larger for the not-in-need subgroup; in the fourth

county (San Diego), the savings were about the same for both subgroups.21 Unlike the AFDC-
FGs, the AFDC-Us did not show a consistent pattern of increase or decrease in impacts from year
1 to year 2 for either earnings or AFDC for either subgroup.

In Tulare, neither subgroup had impacts on earnings or AFDC payments. Differences between

educational need subgroups do not account for the absence of overall program impacts in that county.

B. Past Welfare Receipt

Tables 3.5, 3.6, and 3.7, respectively, present county results for the three welfare history sub-

groups defined in this analysis: applicants, short-term recipients, and long-term recipients. These sub-
groups were defined the same way for AFDC-Us as they were for AFDC-FGs. Samples were quite
small for the short- and long-term recipient subgroups in Butte, and the dollar amounts of impact

estimates for them have low reliability (i.e., they should be allowed a wide margin for error). Esti-

mates for the long-term recipient subgroup in Riverside and the applicant subgroup in Tulare should

be considered of below-average reliability owing to their small sample sizes.

In Alameda and Los Angeles, long-term recipients accounted for virtually 100 percent of the

21Differences in earnings gains between educational need subgroups were statistically significant in
Riverside and San Diego. Differences in welfare savings were not statistically significant in any county.
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sample, in line with the targeting rules there. As shown in the tables, however, the proportion of
recipients and especially long-term recipients in the AFDC-U samples for the other counties
was smaller than for AFDC-FGs. Nevertheless, applicants were in a majority only in Butte. This
contrasts with the earlier San Diego SWIM demonstration, in which applicants made up 60 percent
of the AFDC-U research sample. The much lower proportion of applicants in the GAIN samples
in Riverside, San Diego, and Tulare results from the fact that random assignment took place later
in the AFDC application/approval sequence than it did in the SWIM demonstration. Thus, in the
GAIN study, many applicants who were not actually approved for aid and many who left AFDC
quickly were out of the system before they could be randomly assigned.

As was the case for AFDC-FGs, control group mean earnings and AFDC payments for the long-

term recipients in Alameda and Los Angeles were similar to each other but different from the other
counties in some ways. Average control group earnings during the two-year follow-up period in
Alameda and Los Angeles were less than those for long-term recipients in all other counties except

Butte. Average AFDC payments for long-term recipients in Alameda and Los Angeles were greater
than in Riverside, San Diego, and Tulare. As with AFDC-FGs, these differences stemmed from the
fact that Alameda and Los Angeles focused on recipients who had been on AFDC even more than
the two years used to define long-term recipient" for this analysis.

The impact estimates shown in the tables indicate that long-term AFDC-U recipients in the
GAIN target population can experience impacts from GAIN. For instance, in Riverside, earnings
gains were much larger for the long-term recipients (Table 3.7) than for the applicants (Table 3.5).
In addition, reductions in AFDC payments were large and statistically significant for the long-term
subgroup in Riverside (Table 3.7), although not as large as for the other Riverside subgroups. Earn-

ings gains were not confined to a particular subgroup in Butte, either, although impacts were not
statistically significant for the two recipient subgroups, given their small sample size. Welfare reduc-
tions were only modest for applicants in Butte (Table 3.5), but were large for both recipient sub-
groups there and were statistically significant for the short-term recipients (Table 3.6). In San Diego,
earnings gains for long-term recipients (Table 3.7) were not large, but they were small for the other
subgroups there as well. Welfare reductions for long-term recipients in San Diego (Table 3.7) were
large and grew from year 1 to year 2, but were below the level of savings achieved for AFDC

applicants. In Tulare, statistically significant welfare savings were found for applicants. This and the
other estimates for subgroups in Tulare, however, are not consistent with any expected pattern and
do not explain the absence of overall impacts in that county.

Results for the long-term subgroups for both AFDC-FGs and AFDC-Us are important because
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they inform the GAIN legislation's provision for targeting GAIN services. When resources are

insufficient to serve all potentially eligible AFDC applicants and recipients, this legislation gives

priority to long-term welfare recipients. Although final results of the evaluation may or may not

support the decision to target the program in this way, the two-year impact findings demonstrate that

GAIN can have positive effects on this important group. At the same time, however, the finding in

at least some counties that GAIN produced earnings increases and welfare savings for applicants and

short-term recipients as well as for long-term recipients provides a reason for caution about choosing

to work exclusively with the long-term recipient group.`

22See also Friedlander, 1988; Friedlander and Hamilton, 1993.

-97-



CHAPTER 4

EXPLAINING COUNTY DIFFERENCES IN TWO-YEAR IMPACTS

The previous (1992) report showed that GAIN can be operated in many different ways, and

often must be run under quite diverse local conditions. It is therefore important for policymakers

and program administrators, who must decide how best to spend the program's limited resources, to

know what implications these choices and conditions hold for GAIN's impacts. The previous report

began to explore this issue through a county-by-county comparison of implementation factors and

first-year impacts. This report continues that inquiry using the two-year impact findings presented

in Chapters 2 and 3.

Before ettitarking on the comparison of counties, it is important to consider several limitations

of this type of analysis. (See also Chapter 1.) First, because this study includes only six counties, and

because random assignment was conducted within counties and not across programs, isolating the

effects of any particular factor is difficult and cannot be done with the same level of rigor that is

possible in estimating county-specific impacts. Second, the data available for this report may not

capture many aspects of the local environment, participation, or implementation that also influence

impacts. And third, the conclusions from this analysis may change once additional data become

available, including longer-term follow-up, survey information on the control group's use of non-

GAIN services, and information on a broader set of outcome measures in addition to employment,

earnings, and welfare outcomes. For all of these reasons, the analysis that follows remains

preliminary. The evaluation's final report will use the additional data to conduct a fuller analysis.

These limitations notwithstanding, the second-year findings do bolster one tentative conclusion

offered in the previous report: that GAIN can lead to increased earnings and reduced welfare

payments even when operated under a variety of local conditions, when targeted toward different

types of welfare recipients, and when implemented using quite different approaches. At the same

time, the data support a second preliminary conclusion of that report: that the particular combination

of implementation conditions and approaches identified in Riverside may have the largest and most

consistent payoff. However, it must also be recognized that the factors prevailing in Riverside did

not produce uniformly strong earnings effects in the second year, for several AFDC-U subgroups in

Riverside saw no statistically significant earnings gains in year 2. Furthermore, several other counties

produced two-year impacts on either earnings or welfare payments that rivaled Riverside's in

magnitude for certain subgroups. Thus, the strategies chosen by those counties may still prove to be
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as effective as Riverside's or even more effective in the long run, at least for some of those

subgroups.

I. A Summary of the Counties' Two-Year Impacts

Table 4.1 summarizes, county by county, the key two-year impact findings (and selected

participation outcomes) for the full AFDC-FG and AFDC-U research samples, and Tables 4.2 and

43 present results for main subgroups. (See Chapters 2 and 3 for the subgroup impacts for year 2

separately.) These data are brought together to set the stage for this chapter's inquiry into the links

between implementation factors and county impacts. The tables are used to highlight county

similarities and differences not only in the magnitude of their impacts but also in the degree to which

their impacts were consistent or inconsistent across different groups of GAIN registrants and across

the two main variables for this report: earnings and welfare payments.

As the tables show, five of the six counties produced modest-to-large earnings gains or welfare

savings (or both) over the entire two-year period. At the same time, Riverside stands out among the

six counties because, for AFDC-FGs, it had comparatively large and statistically significant effects

simultaneously on earnings and welfare payments and its effects cut across all of the major subgroups.

Overall, not only were Riverside's impacts the largest in any of the six counties, but they were also

larger than those found in prior experimental studies of large-scale welfare-to-work programs.

Although its earnings impacts for AFDC-Us had declined and were no longer statistically significant

in the second year (owing partly to the fact that controls' earnings were "catching up" to

experimentals' earnings), they were still large and statistically significant for the entire two-year

period. (They remained large and statistically significant in the second year for those AFDC-Us

determined not to need basic education and for the long-term recipient subgroup.) Also, Riverside's

two-year impacts on welfare savings were substantial and statistically significant for all AFDC-U

subgroups.

Tulare, in contrast, produced no statistically significant earnings gains over the entire two-year

period for the full samples of AFDC-FGs and AFDC-Us, or for any of the subgroups studied, and

statistically significant welfare savings only for AFDC-U applicants.

Among the other counties, the patterns were more complex. Each produced statistically

significant earnings gains and welfare savings, but not always both together nor as consistently across

subgroups as Riverside.1

lAlameda's effects on AFDC-Us must be interpreted very cautiously because of the very small sample size
for that group. .Nerefore, these results are not discussed in this chapter. For details, see Chapter 3.
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II. The Effects of Serving Different Types of Welfare Recipients

Chapter 1 showed that the six counties served different types of welfare recipients. For

example, Los Angeles and Alameda served only long-term recipients, while the other counties served

applicants and short-term recipients as well as long-term recipients. The counties also varied widely

in the proportion of their registrants who were determined to need basic education, ranging, for

example, from 49 percent of the AFDC-FGs in Butte to more than 80 percent in Los Angeles.

The subgroup findings in Chapters 2 and 3 show that within counties, GAIN'S effects on

earnings were not the same for all registrants. These results are summarized in Tables 42 and 43.

For example, Riverside's effects on earnings were larger for the subgroup determined not to need

basic education than for the in-need subgroup. This was also true for San Diego and among the

Alameda AFDC-FGs, where the two-year earnings impacts were concentrated almost exclusively in

the former subgroup. Thus, the proportion of a county's entire sample that is composed of registrants

not in need of basic education can influence the magnitude of its full-sample impacts on earnings.

Does this mean that the variation in impacts across the counties arose simply from the fact that

they served different types of people? One way to address this question is to compare county impacts

within subgroups. For example, using Table 4.2, it is possible to do this for the two basic education

subgroups. This is a way to avoid, when ranking the counties, distortions that could arise from the

fact that the in-need subgroup one that may be more difficult to help comprised a much larger

share of the full sample in some counties than in others. In general, although the magnitudes of the

impacts change, the overall pattern of county results holds.2 For example, among the AFDC-FGs,

Riverside still had large and statistically significant earnings gains and welfare savings for each of the

two education subgroups. Tulare had no impacts that were statistically significant, and the other

counties' results were mixed (i.e., they produced earnings impacts or welfare savings, but not always

both, and not across both education subgroups, as in Riverside).

?The overall variation in two-year impacts on earnings and welfare savings across the counties was found
to be statistically significant for both the AFDC-FG and AFDC-U groups. The test used was a variant of the
one suggested by Greenberg, Meyer, and Wiseman (1993), but was based on a pooled-mean impact derived
from equal county weights. Alameda was excluded from the AFDC-U tests because of its small sample size.

It is important to note that, while many of the impact differences between pairs of counties appear to
be quite large, they may not be statistically significant. One reason for this, as discussed in Chapter 3, is that
statistical tests do not have a high degree of power when applied to differences among several counties. Given
the limitations of these tests, this chapter draws inferences from county comparisons without regard to whether
pairwise county differences are in fact statistically significant. However, it only infers that an important
difference exists when some counties in a particular comparison have sizable and statistically significant within-
county impacts while others in the comparison do not.
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It is also useful to consider county impacts for the three welfare history subgroups analyzed in

this report: applicants, short-term recipients, and long-term recipients. As discussed in Chapters 2

and 3, these subgroups differ in the likelihood that they will remain on welfare for a long time in the

absence of special services. For example, long-term recipients normally tend to stay on welfare for

several years longer than individuals just starting to receive AFDC. Long-term recipients also tend

to have lower skills levels and other barriers to employment. These have proven difficult to overcome

in past welfare-to-work initiatives. It is therefore reasonable to expect that a county's full-sample

impacts will partly reflect the proportion of long-term recipients it registered.

Table 4.3 presents counties' two-year impacts for each of the welfare history subgroups

separately. When county comparisons are made within each of the subgroup categories, Riverside

again emerges as having had the most consistent pattern of earnings increases and welfare savings

across these categories, while Tulare had almost none and the patterns in the other counties were

mixed.

Another way to assess the influence of serving different types of people involves re-estimating

the earnings and welfare impacts for each county while statistically "controlling for" simultaneously

a host of demographic characteristics that varied in prevalence across the counties' research

samples. This kind of analysis (referred to as a "conditional impact analysis") is a way to estimate

what the counties' impacts would have been if each county had served a clientele with a similar

demographic profile. If the resulting cross-county patterns of impacts are consistent with the actual

patterns estimated without these statistical adjustments, that would add further weight to the

conclusion that the county differences in two-year effects were not simply a function of the types of

individuals the counties served.

Using this method of analysis to control statistically for county differences on a variety of

demographic characteristics,3 earnings and welfare impacts were estimated for the full sample of

AFDC-FG registrants, the subgroup determined to be in need of basic education, and the subgroup

of long-term recipients. A similar set of estimates was computed for the AFDC-Us. Overall, the

results show that, although the magnitude of some county impacts did :lunge somewhat within each

3Irnpact estimates for the full sample were obtained from an impact regression in which (in addition to
the usual control variables) the following variable sets were interacted with the experimental group dummy:
county, educational need subgroup, past welfare receipt subgroup, prior earnings, prior AFDC payments,
receipt of a high school diploma, ethnicity, limited English proficiency, and whether the sample member is a
refugee. Impact estimates for subgroups were obtained from the same regression run only on the selected
subgroup sample and dropping that set of subgroup variables.
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of these groups, the overall ranking of counties was essentially unchanged. A few caveats should be

kept in mind. For one thing, controlling for still other demographic factors (achievement test scores

in particular) might have caused more substantial changes in impacts, a possibility that will be

explored in future reports. Furthermore, it may be impossible even with this technique to know the

influence of some unmeasured differences in the characteristics of each county's clientele.

Nonetheless, the results do support the interpretation that factors other than county differences in

the types of welfare recipients they registered are more likely to explain the county variation in two-

year impacts. Several such factors, including the local environment and the ways in which GAIN was

implemented, are examined next.

M. The Influence a the Local Environment

The expected influence of the local environment, particularly the labor market, on a welfare-to-

work program's impacts is not clear.4 A program operating in a strong labor market may have an

easier time placing welfare recipients into jobs, but it is also possible that recipients may do just as

well on their own if jobs are plentiful, with the program producing little net effect. Alternatively, a

weak labor market may hinder the efforts of welfare recipients to find work (or better-paying or

longer-lasting jobs) regardless of whether they are in a welfare-to-work program. Or a weak labor

market may make the assistance provided by the program more valuable, helping program registrants

to locate and qualify for hard-to-find job openings.5 This report explores these hypotheses using

several different labor market measures.

A. Unemployment Rate

The top panel of Table 4.4 presents unemployment rates for the six counties during much of

the follow-up period for this study. It shows that Tulare had by far the highest unemployment rate,

averaging 14.2 percent during the period of random assignment and follow-up. (See Table 1.1 for the

year-by-year unemployment rates.) Tulare was also the only county that produced neither two-year

4The influence of the labor market on impacts may be complex because the labor market influences not
only the opportunities for experimentals and controls to find work, but also the types of individuals in terms
of their motivation to work, job skills, education levels, and employment barriers who come onto welfare
and into the program in the first race.

51n fact, a number of studies of earlier welfare-to-work programs have found greater impacts for enrollees
who entered the programs during periods of economic downturns compared to those who entered under more
favorable economic conditions, at least in urban areas. Overall, however, the evidence on the influence of the
local economy on a program's impacts is quite limited. See Gueron and Pauly, 1991, p. 186.
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earnings increases nor welfare savings. Across the other counties, unemployment ranged between

4.8 percent and 8.6 percent during that period. However, this variation is not consistently related to

the county impacts presented in the previous tables. In other words, with the possible exception of

Tulare, a county's unemployment rate does not seem to have determined whether its impacts were

larger or smaller. It may be that unemployment rates only matter or matter most when they reach

extreme levels, as in Tulare.

B. Growth in the Number of Employed Residents

An alternative measure of a county's labor market is the average annual rate of growth in the

number of residents who are employed. To perhaps a better extent than the unemployment rate, an

increase in the number of people employed may signal an expansion of opportunities to find work.

Table 4.4 presents this information for each county for the period between July of the year in which

random assignment began in the county and July 1992 (the month just after data collection ended

for this report in all counties). Riverside had the highest average annual growth rate, at 3 percent

per year during the research period. (This growth was especially high during the first half of this

period; it fell precipitously during the latter half.)6 Butte had the next highest, at 2.2 percent,

followed by San Diego, at 1.2 percent. Tulare fell at the other extreme, with a rate of -1.4 percent,

although Los Angeles and Alameda also had very low rates: 0.8 percent and -0.1 percent, respectively.

Employment growth rates may have a greater consequence for GAIN's impacts than does a

county's unemployment rate. For example, the pattern of county differences raises the possibility that

Riverside's high growth rate may have contributed to that county's relatively large and more

consistent impacts. In addition, the substantial negative growth in Tulare may have impeded the

achievement of impacts in that county, although other information presented below raises some

questions about that conclusion.

Also noteworthy is an association that emerges when the effects of employment growth on

impacts are examined for the education subgroups: Where employment growth rates were higher,

GAIN's earnings increases and welfare savings for AFDC-FG registrants in need of basic education

tended to be larger.? In part, this finding reflects the fact that the two counties with the only

6Another indicator provides additional evidence of Riverside's comparatively strong employment growth.
Between July 1988 and July 1992, the number of non-agricultural payroll workers reported by employers in
the U.S. Department of Labor's Current Employment Statistics survey rose in the Riverside-San Bernadino
Standard Metropolitan Statistical Area (SMSA) by 12.4 percent, or an average of 3.0 percent per year.
However, all of this growth occurred in the first half of this period, from July 1988 to July 1990.

?For AFDC-FGs determined to need basic education, the bivariate correlations (i.e., when no other
differences across the counties are controlled) between the average annual rate of employment growth and
county impacts are 0.79 (out of a maximum value of plus or minus 1.00) for earnings and 0.82 for AFDC

(continued...)



statistically significant earnings impacts and the largest AFDC impacts for this subgroup Butte and

Riverside had the highest growth rates. A relationship may also exist between the employment

growth rate and earnings impacts for AFDC-Us determined not to need basic education. It should

be stressed, however, that these associations do not in themselves offer firm evidence of causal links

between the local economy and GAIN's effectiveness for these subgroups, but they do suggest that

the possibility of such relationships exists and is worthy of further exploration with longer-term follow-

up data.

At the same time, the data suggest that GA IN's effectiveness for other registrants may depend

less on local economic conditions. Indeed, it is noteworthy that Alameda achieved substantialand

statistically significant earnings impacts for AFDC-FGs determined not to need basic education,

despite a slightly negative average annual rate of employment growth in the county. Furthermore,

the small earnings impacts for Riverside's AFDC-U in-need subgroup indicates that even

comparatively high growth offers no guarantee of GAIN's success for every subgroup.

C. Control Group Earnings

The control group's earnings can serve as a useful gauge of the combination of local economic

conditions and sample members' propensity for earnings in the absence of GAIN. These earnings

are determined by the opportunities to find work in the lc cal labol market and the quality of jobs

available, as well as by individuals' motivation to look for work (either in their own county or in

another locality), their skills, their barriers to employment, and so on. Because members of the
control group were completely unaffected by GAIN, their average earnings represent what the

experimentals would have earned without the program's influence as a result of those opportunities

and personal characteristics and circumstances. Thus, a finding that the control group's earnings are

strongly related to GAIN's impacts across the counties would support the hypothesis that thecounty

variation in impacts was shaped by county differences in the types of people they served,their local

economies, or a combination of these two factors.

The evidence suggests, however, that the variation in two-year earnings impacts was not strongly

and consistently related to the level of the controls' earnings. This can be illustrated using Figures

7(...continued)
savings, which are statistically significant at the 10 percent and 5 percent levels, respectively, for a two-tailed
test. When Riverside and Tulare which, respectively, had the largest and smallest values on the employment
growth and impact measures are dropped from the comparison, these correlations are virtually unchanged,
although the degree of significance drops.
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4.1 and 4.2. Figure 4.1a presents average earnings in follow-up years 1 and 2 in each county for the

full sample of AFDC-FGs. The experimental group's earnings are represented by the lined bars, and

tho. control group's are represented by the shaded bars. A county's impact is indicated by the

difference between the lengths of the bars for the two groups. As the figure illustrates, the control

group's earnings in Alameda and Los Angeles were nearly identical. But the experimentals' earnings,

and hence the counties' impacts, differed substantially. And as Figure 4.1d shows for AFDC-FGs

determined to need basic education, five of the six counties (San Diego was the exception) had

control groups with fairly comparable earnings but produced widely different, impacts. Other

comparisons using the graphs in Figures 4.1 and 4.2 reveal no overall pattern whereby counties with

larger or smaller impacts had control groups with consistently higher or lower average earnings.

These findings thus further support the proposition that counties' two-year impacts were not solely

a function of the types of individuals they served or local economic conditions at least as far as

these could be measured for this study.

D. The Role of the Economy in Tulare

To what extent can Tulare's generally small impacts be accounted for by the economic

conditions in that county? Its very high unemployment rate and negative employment growth,

compounded by the effects of a severe winter freeze in 1991, raise the possibility that local

opportunities for employment were so limited that GAIN simply could not be successful no matter

how it was operated.

Two observations cast some doubt on this conclusion. First, compared to the controls in other

counties, those in Tulare had a relatively high level of average earnings in the two-year follow-up

period (see Figures 4.1 and 4.2). For example, among all AFDC-FGs, Tulare's controls earned 17

percent more than their counterparts in Riverside, and among those determined not to need basic

education, they earned 36 percent more. At the very least, it is clear that Tulare's controls were no

more handicapped in obtaining earnings than were the controls in other counties. (See also the

employment rates for controls in Table 4.4.)

This may be explained by a second observation. The rates of growth in the number of

employed persons cited above refer to rates within each county's geographic boundaries. However,

in reality, labor markets are not rigidly defined by county lines. Thus, many controls, like other

residents of Tulare, may have worked in contiguous counties, o. moved to locations where job
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opportunities were greater.8 Indeed, an alternative measure of employment growth shows that, in

the two SMSAs adjacent to Tulare, the number of jobs reported by employers increased between July

1989 and July 1991 (the latest date for which data are currently available).9 Perhaps controls in

Tulare were able to find work more easily in these areas, helping to account for their relatively high

earnings.

It is possible that other characteristics of Tulare's local economy influenced the county's

impacts. Among the six research counties, Tulare is distinguished not only by its high unemployment

rate but also by the fact that it is by far the most rural county and the one with the highest

proportion of the local population (29 percent) employed in agriculture. Tulare's results, in fact, are

consistent with the lack of impacts in a small number of other experimental studies of welfare-to-work

programs in rural environments.10 It may be that welfare-to-work programs in general are less

likely to be effective in this kind of labor market. Nonetheless, while some features of Tulare's local

economy may have himiered its success in the two-year follow-up period, it is by no means certain

that this is the only or even the primary factor.11

In sum, a comparison of the six counties indicates that GAIN had effects during the first two

years on earnings or welfare savings, or both, under a variety of local conditions and for different

types of welfare recipients. Further, the pattern of more consistent and generally larger earnings

gains and welfare savings in Riverside appears not to be fully explained by the conditions of its local

8Because the earnings data on all sample members come from the statewide Unemployment Insurance
information system, they include all reported earnings that sample members in one county may have earned
at jobs in other California counties.

9Averaging the data for these two areas the Fresno and Bakersfield SMSAs the total number of
payroll workers reported by employers in the U.S. Department of Labor's Current Employment Statistics
survey increased from 243,400 jobs in July 1989 to 255,300 jobs in July 1990. Although the number of jobs
then declined to 254,300 by July 1991, the change over these two years represents an overall increase of 4.5
percent

18See Gueron and Pauly, 1991, p. 186.
11It is interesting to note that Tulare's AFDC-FG and AFDC-U controls determined not to need basic

education had the highest levels of control group earnings among the six counties. While there may not be
an overall relationship between control earnings and program impacts, this high level of control earnings in
Tulare, in conjunction with the fact that Tulare's experimentals had comparatively high rates of participation
in education and training activities (as discussed below), may mean that Tulare's GAIN program involved a
higher upfront "opportunity cost" for this subgroup. In other words, compared to the programs in the other
counties, the program in Tulare may have caused experimentals to forego, while they took part in education
and training, a more substantial amount of the earnings that they otherwise would have acquired in the first
two years in the absence of GAIN. If so, this would help to explain why Tulare, unlike any other county,
produced negative (though not statistically significant) earnings impacts for these subgroups in the first two
years of follow-up (see Table 4.2).



labor market or the particular composition of its research sample. However, the possibility that

Riverside's program received an "extra boost" from the county's favorable economic conditions cannot

be ruled out. Finally, Tulare's highly consistent absence of statistically significant positive impacts may

partly reflect its rural labor market and adverse economic conditions, but this is by no means certain.

IV. The Relationship Between County Participation Patterns and County Impacts

If county differences in the types of people they served and the characteristics of their local

environment at least as far as these dimensions could be measured for this report do not

satisfactorily explain the county variation in two-year impacts, it is important to ask whether the

differences in the GAIN treatment across the counties may have affected impacts. As discussed in

Chapter 1, registrants' patterns of participation in GAIN activities are one key aspect of this

treatment.

A. The Influence of Participation in Any GAIN Activity

Table 4.1 (top panel) shows the proportion of experimentals "ever participating" in a GAIN

activity. A comparison of the counties on this measure and on their earnings and welfare impacts

(bottom panel) shows no consistent relationship. For example, Alameda, Riverside, and Tulare had

among the highest participation rates (ranging from 60 percent to 63 percent) for AFDC-FGs but

quite different patterns of impacts.

A county's overall participation rate thus appears not to be a good predictor of its two-year

impacts. This does not mean that participation does not matter. It is possible that there is a certain

threshold level of participation that is a prerequisite for impacts, and that the participation rates in

the six counties all exceeded it. It is also possible that GAIN's impacts came about because the

program, at least in some counties, affected the behavior of nonparticipants as well as participants.

For example, GAIN's participation obligation may have encouraged some individuals to seek a part-

time or full-time job, or simply to leave welfare, in order to avoid going to school or another GAIN

activity.

B. The Influence of Participation in Job Search

A somewhat more complex picture emerges when the different types of GAIN activities are

considered, and particularly when comparisons are made within the two basic education subgroups

(see Table 4.2). For example, among the AFDC-FGs 'who were determined not to need basic

-119-



education, some relationship may exist between the percentage of registrants pt. ticipating in job

search and the two-year earnings impacts. As Table 4.2 shows, three of the four counties with the
highest job search participation rates Alameda, Riverside, and San Diego, where the rates ranged

from 38 percent to 50 percent had by far the largest earnings impacts for this subgroup. Tulare,

with a job search participation rate of 43 percent, is the exception to this pattern.12

However, this apparent relationship between job search and earnings impacts did not hold for
the AFDC-FGs who were determined to need basic education. In fact, the only two counties that

showed substantial earnings effects for the in-need subgroup Butte and Riverside had vastly

different rates of job search participation (6 percent and 29 percent, respectively). Finally, there

appears to be no strong association between this job search measure and earnings impacts among

AFDC-Us, it between that measure and welfare impacts for either the AFDC-FGs or AFDC-Us.

C. The Influence of Participation in Basic Education

Across all six counties, a somewhat higher or substantially higher proportion of AFDC-FGs in

aeed of basic education took part in basic education than in job search. Interestingly, the county

comparisons suggest that, where this subgroup's rate of participation in basic education was higher,

GAIN's two-year earnings impacts were smaller. As shown in Table 4.2, three of the four counties

with the highest rates of participation in basic education Alameda, Los Angeles, and Tulare (where

the rates ranged from 45 percent to 56 percent) were among the four (San Diego was the fourth)

that had small impacts on earnings, which were not statistically significant. Butte and Riverside, in

contrast, had lower rates of participation in basic education (27 percent and 32 percent, respectively),

but relatively large and statistically significant earnings impacts.13 (San Diego, with participation

rates close to Riverside's, is an important exception to the overall pattern.) In general, the same

pattern appears to hold for two-year welfare impacts: Welfare savings for the AFDC-FGs in-need

subgroup tended to be smaller where participation in basic education was higher.14 (Among AFIThC-

12When none of the other differences across the counties are controlled, the correlation between the job
search participation rate and the impact on earnings for the AFDC-FGsnot in need of basic education is 0.32
(and not statistically significant) for the six counties. When Tulare is dropped from this comparison, the
correlation increases to 0.77, although it does not become statistically significant.

13Controlling for none of the other differences across the six counties, the correlation between the basic
education participation rate and the earnings impact for AFDC-FGs determined to need basic education is
-0.73, which is statistically significant at the 10 percent level for a two-tailed test. This correlation remains
virtually unchanged (although the results are no longer statistically significant) when Riverside (which had the
largest impacts for this subgroup relative to the other counties) is kept out of the comparison.

14When none of the other differences across the counties are controlled, the correlation between the rate
of participation in basic education and welfare savings for the in-need AFDC-FGs was -0.85 for all six
counties, which is statistically significant at the 5 percent level for a two-tailed test. This correlation is
changed only slightly when Riverside is dropped from the comparison.

-120-
' ;



Us determined to need basic education, the relationship between participation in this activity and

impacts on earnings and welfare payments was less strong and consistent.)

The positive results for Butte and Riverside for the AFDC-FG in-need subgroup are particularly

striking because these two counties adopted such different strategies for implementing GAIN.

Furthermore, it is seems unlikely that their positive effects came from exposing basic education

participants to educational activities or schools of exceptional quality. Although quality is very

difficult to judge, it is notable that responses to a relevant staff survey question, which asked case

managers "how worthwhile" they believed the basic education services in their county to be for the

registrants assigned to them, ruggest just the opposite. As shown in Table 4.4, only 36 percent and

48 percent of the staff in Butte and Riverside, respectively, gave a high rating to basic education,

compared to 57 percent to 79 percent in the other four counties. (Ratings of basic education were

especially high in San Diego and Tulare.)15

What most distinguished Butte and Riverside from the other four counties (aside from their

comparatively lower rates of participation in basic education) was their relatively high rates of

employment growth. As previously discussed, some evidence suggests that, in general, GAIN might

work better for the AFDC-FG in-need subgroup in a growing economy, although it cannot be proven

with the data available for this study.

In interpreting these results, it is important to bear in mind that basic education represents an

investment whose full benefits may only be evident over a number of years. Perhaps, as already

noted in the discussion of Tulare, the small two-year impacts in several counties simply reflect larger

opportunity costs for the experimental group that arise in the short term from a greater use of this

activity. Maybe counties that did not achieve substantial two-year earnings impacts for the in-need

subgroup will produce them in the longer run.

Indeed, as discusf...4 in Chapter 2, GAIN's impacts on earnings for the early cohort of the

AFDC-FGs in need of basic education in counties other than Butte and Riverside did become more

noteworthy in the third year of follow-up. For example, in Alameda, San Diego, and Tulare, the

earnings impacts varied between $111 and $181 per quarter for at least some of the quarters for

which data are available, representing relative increases of 23 percent to almost 60 percent over the

15TH San Diego, the results reflect the very b ;gh regard case managers had for the GAIN Learning Centers,
which, as noted above, provided individualized and computer-aided instruction exclusively for GAIN students.
The schools in Tulare also provided a great deal of individualized instruction to students, in some cases
making extraordinary efforts to cultivate, in classrooms devoted exclusively to GAIN students, a supportive
environment for learning.
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control group's earnings. (Impacts also appeared to increase in Los Angeles in the third year,

although they remained under $100 per quarter.) While these effects were not always statistically

significant and are estimated for small subsamples, they nevertheless offer some indication that

earnings impacts for the in-need subgroup continued to grow after two years. (They also continued

to grow in Butte. They declined somewhat in Riverside but were still sizable and statistically

significant.) Perhaps the basic education activities received by the in-need subgroup contributed to

this longer-term growth in impacts.

It is also important to consider the possibility that basic education played a role in producing

the already sizable impacts observed for the AFDC-FG in-need subgroup in Butte and Riverside in

the first two years of follow-up. As noted above, a smaller but still substantial proportion of the in-

need,subgroup in those two counties took part in basic education activities, and it is possible that

these participants began to experience earnings gains and welfare reductions even in the short term

as a direct consequence of their involvement in the activity. Perhaps basic education's effectiveness

in the short term depends on the presence of other program characteristics and conditions, which

were present in Butte and Riverside (e.g., a growing economy).

D. The Influence of Participation in Post-Secondary Education and Vocational Training

In addition to basic education, GAIN registrants could take part in a number of other education

and training activities. As discussed in Chapter 1, these included self-initiated education and training

and post-assessment activities, which were typically vocationally oriented post-secondary courses at

community colleges or occupational training courses provided by JTPA agencies and other training

centers and schools. These activities comprised only a small portion of the education and training

used by registrants in need of baac education, but almost all of the education and training for those

determined not to need basic education (see Appendix Tables A.5 and A.6).

Among AFDC-FGs in the subgroup not needing basic education, participation in any education

and training ranged from 21 percent to 38 percent across the six counties,16 as indicated in Table

4.2. When these rates are compared with each county's impacts on earnings and welfare payments,

no strong relationships emerge for this subgroup. This does not imply that education and training

activities were irrelevant to the counties' generally positive two-year impacts on these registrants; it

16These rates would have been at least somewhat higher in all counties if participation could have been
measured for more than 11 months of follow-up, since, at the end of that follow-up period, many
experimentals were still registered for GAIN. Some had yet to reach the assessment stage of the program,
while others had been assessed and were waiting to commence an education and training assignment.
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simply means that having a rate of entry into such activities that exceeded the 21 percent rate in

Butte and Los Angeles did not appear to produce consistently larger (or sinaller) impacts.

The story is different for the AFDC-Us. The counties exhibited wide variation in the use of

education and training for those determined not to need basic education, with rates of entry into

these activities ranging frOm 6 percent to 41 percent. As Table 4.2 shows, earnings gains for AFDC-

Us in the not-in-need subgroup were highest in the two counties where the use of these activities was

lowest (Butte and Riverside). Again, this pattern may partly reflect a continuing opportunity cost

associated with higher rates of participation in human capital development activities. (Two-year

welfare savings for this subgroup appear to have been less affected by the level of entry into these

activities.)

E. A Special Comparison of the Early Cohorts in Need of Basic Education

The participation data cited above for four counties (Butte, Riverside, San Diego, and Tulare)

are based on subsamples of experimentals in the "early cohort" impact samples, which were defined

in Chapters 2 and 3. However, the impact findings disc; ssed in this chapter are based on both the

early and late cohorts. Therefore, it is important to consider whether or not this disparity in samples

for the two different types of data is distorting the true pattern of relationships between the

participation and impact variables. This is of particular concern in San Diego, where the use of basic

education may have increased for the late cohort. In that county, basic education was provided

through a network of specialized Learning Centers. These were programs established at local public

adult schools and community colleges to serve GAIN participants exclusively, with a strong emphasis

on individualized and computer-aided instruction. Early on, however, the supply of slots in these

centers was insufficient to meet the demand. Some registrants were placed on a waiting list for

several months before they could begin basic education and, in the meantime, were referred to job

search activities, resulting in a heavier use of that activity as a first component than the county had

originally intended. The backlog was eventually eliminated, although data for determining whether

or not the rate of participation in basic education actually increased for the later cohort in this study

are not available.

It is thus useful to reexamine the relationships between participation and two-year impacts for

just the early cohorts in each of the counties, and particularly in San Diego. This was done for

AFDC-FGs in need of basic education. In general, the cross-county pattern did not change

appreciably from what was reported above using the impact findings for the early and late cohorts
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combined: Earnings and welfare impacts tended to be larger in the counties where the basic

education participation rate was lower. However, San Diego's year 2 impact was larger for its early

in-need cohort ($492) than for its early and late in-need cohorts combined ($269), and it became

statistically significant. (At the same time, this implies that San Diego's impact on the late in-need

cohort, which presumably had greater access to basic education, was lower than the impact on the

two cohorts combined.)17

F. The Potential Importance of Other Measures

It is important to stress that other measures of participation that were not investigated for this

report may have had a stronger association with impacts than the "ever participated" or "types of

activity" measures used here. These might include the regularity with which registrants attended their

assigned activities, the probability of completing those activities, and the overall length of

participation in them (which, because of truncation problems, could not be fully estimated within the

11-month follow-up period for participation data). It may be that what matters most for impacts is

the ongoing character of participation.18 Other features of the schools and classrooms in which the

education is provided may also be relevant.

Fmally, the rates at which members of the control group participated in education activities on

their own might vary across the counties in ways that do not match the cross-county pattern evident

among the experimentals alone. For example, it is possible that a county with a high rate of

participation among experimentals also had a high rate of participation among controls, so that the

differential in participation between the two groups was actually lower than in some counties where

participation among the experimentals alone was lower. If so, this would alter the conclusion about

the relationship between education and impacts suggested by the data presented in this report.

Future MDRC reports, drawing upon additional data, will investigate these issues in greater depth.

171, is also useful to compare San Diego and Riverside directly. As Chapter 2 pointed out, the two
counties had quite similar impact trends when the analysis compared each county's entire early cohort, i.e.,
including both of the education subgroups. When the analysis is limited to the early in-need cohort of AFDC-
FGs in each county, San Diego's earnings impact for the entire two-year follow-up period ($656, which was
not statistically significant) .was still lower than Riverside's ($1,660, a statistically significant increase). This
difference occurred despite the fact that San Diego and Riverside had fairly similar rates of participation in
job search for this subgroup (23 percent compared to 29 percent, respectively), in basic education (34 percent
compared to 32 percent), and in any education and training (43 percent compared to 42 percent). Thus, the
larger impacts in Riverside compared to San Diego's for the early cohort of AFDC-FG registrants in need of
basic education cannot be explained by a difference in participation patterns, at least as these were measured
for this report.

18Data on registrants' attendance in basic education and their rates of completion of that activity will be
presented in a future MDRC report.



V. An Overview of County Differences in Implementation Strategies

The GAIN "treatment," through which counties aim to move welfare recipients into jobs and

off welfare, consists of a great variety of elements. Participation in the program's activities is

fundamental. However, participation patterns are by no means the whole story, for what registrants

experience in GAIN is heavily influenced by how the program is implemented and what kinds of

direct interactions registrants have with staff.19 This section examines whether some of these

implementation strategies help to account for the county differences in the two-year impact results.

(MDRC's previous report on GAIN provides a full description of these strategies and other

implementation approaches and conditions.)

In many welfare-to-work programs, it is through the case managers that the mission of the

program is communicated to registrants and the efforts of the welfare department to influence their

behavior are expressed. It is thus reasonable to expect, as many administrators do, that the way the

role of case manager is defined and put into practice may have a great influence on the program's

effectiveness in moving registrants into jobs and off welfare.

The previous report focused on several alternative ways of providing case management in

welfare-to-work programs These dimensions of program implementation embody competing theories

of how welfare-to-work programs can most effectively help welfare recipients progress toward self-

sufficiency. They also have important implications for how a program's resources will be allocated.

Consequently, it is important for administrators to know whether some of these approaches have a

more favorable influence on impacts than others. The next few sections summarize the main patterns

of county variation along these dimensions and consider some of the implications of this variation for

explaining county differences in two-year impacts. For ease of presentation, the discussion considers

the potential influence of each qf these factors independently. It should be recognized, however, that

with a sample of only six counties, it is not truly possible to isolate any variable's independent

influence on GAIN's impacts. Therefore, a later section considers how these and other

implementation factors are combined in different ways, and whether these combinations of factors

might help to explain the county variation in impacts.

191t is important to stress that the descriptions of county practices in this chapter are based on
information collected no later than mid-1991, and prior to that in most cases. This is the relevant information
for describing the *treatments those in the research sample experienced. However, some of the information
does not portray the counties' current modes of operating GAIN. All of the counties have continued to revise
their implementation strategies as they have acquired more experience in operating this very complex welfare-
to-work initiative, and in response to changes in funding and other circumstances.

See Riccio and Friedlander, 1992, Chapter 3.
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A. The Degree of Emphasis on Ouick Job Entry Vs. More Education and Training

An important decision that GAIN administrators (and those of other JOBS programs) must

make is how much to emphasize the goal of moving registrants into the labor market quickly (even

if it means taking relatively low-paying jobs) versus encouraging them to get more education or

training so as to prepare themselves for better-paying jobs in the future. Although the GAIN model's
prescribed sequences of services (see Chapter 1) limit the ways in which counties can choose to

prepare welfare recipients for employment, the counties can substantially influence the direction

taken by the program through the policies and practices staff followon a day-to-day basis. Supporting

the quick job entry approach is a view that almost any job is a positive first step, and that

advancement will come through acquiring a work history and learning skills on the job. Support for
the second approach comes from the view that low-paying jobs will not get many recipients off
welfare or keep them from returning to the rolls. Many proponents of this view hold that education

and training are needed to raise recipients' skills so that recipients can become permanently employed

in jobs that offer wages and benefits exceeding what they could receive on welfare. Prior research
offers little guidance for judging which approach is likely to yield bigger impacts on employment and

welfare over the longer term.21

It must be stressed that a county's emphasis on quick job entry may or may not be reflected in

the proportion of registrants participating in job search. For example, two counties with similar job

search participation rates might present very different "messages" to registrants about employment.

As an illustration, staff in some counties tend to discourage registrants who enter job search from

seeking very low-paying or "dead-end" jobs, urging them instead to take full advantage of the
program's subsequent option for more education and training. They advise registrants to view upfront

job search as an "informational experience," which would provide job-seeking skills and would be
valuable after further education, and training.22 In other counties, the primary objective of job

ziThis question will be studied directly in the national JOBS evaluation, using a random assignment
research design. In three evaluation sites, welfare recipients are being randomly assigned to a "labor force
attachment" stream, which aims to move clients into jobs as quickly as possibh., a "human capital development"
stream, which emphasizes longer-term education and training; or a non-JOBS control group. The employment,
earnings, and welfare outcomes for each group over a follow-up period lasting several years will be compared
to determine the relative effectiveness of each strategy. Riverside County is one of the three sites conducting
this test. The first set of impact findings from that study are scheduled to be available in 1996.

220ne illustration of how the use of upfront job search need not emphasize rapid employment is from
Alameda. Reflecting its strong commitment to education and training as a path to getting jobs that offer a
better chance to get off or stay off welfare, Alameda went further than any of the other counties in using job
club as an "informational experience." Participants on a designated job club track (which accounted for the
majority assigned to upfront job search) were not necessarily expected to look for a job that they could enter

(continued...)



search is to encourage immediate employment, with lower priority attached to the starting wage

rate.23 These different messages about employment may also be communicated at other junctures

in the program, including the initial orientation and appraisal sessions, and during ongoing contacts

with registrants who are in education activities, are temporarily deferred from participation, or are

waiting to be assigned to a new activity.

The six counties examined for this report varied m how they wanted to prepare registrants for

employment. To compare counties, a scale was constructed using data from a staff survey.24 The

stronger a county staff's emphasis on quick employment, the higher the county's score on this scale.

The summary data for each county are Fesented in Figure 4.3a, where a higher score is represented

by a longer bar.

Riverside clearly stands apart from the other counties on this dimension: Its staff placed much

more emphasis on moving registrants into the labor market quickly than did the staff in any other

county. Alameda and Butte had the lowest scores. Los Angeles, San Diego, and Tulare rank in

between, but closer to Alameda and Butte than to Riverside.25

The emphasis in Riverside on quick employment was created, in part, by assigning case

managers job placement standards. Further, supervisory units and district offices were assigned job

placement goals as well, culminating in a county-wide goal. (None of the other evaluation counties

had .71.ch a policy.) Administrators created these standards to send a clear message to staff that

(...continued)
immediately. They were to find out from employers what kinds of qualifications were required and what wages
and benefits they could expect from different types of work. This information was intended primarily to help
registrants pick an education and training program when they got to the GAIN assessment. A number of
GAIN staff described this component as essentially "career exploration.'

23These alternative approaches to job search were also observed in MDRC's 1989 report on the early
implementation of GAIN in a different set of counties. See Riccio et al., 1989, pp. 216-17.

24For a description of the methodology that was used to create scales basedon the staff survey, see Riccio
and Friedlander, 1992.

25Riverside's distinction on this dimension can be seen more clearly when the responses to two of the
items in the scale are examined. Staff in all counties were asked, "Based on the practices in your agency today,
what would you say is the most important goal of your agency: to help clients get jobs as quickly as possible
or to raise the education or skill levels of clients so that they can get jobs in the future?" In Riverside, 95
percent of the case managers rated quick job entry as a much stronger program focus than education and
training. In the other counties, fewer than 20 percent gave a similar response. Another item asked
hypothetically about a welfare recipient who was offered a low-paying job that would make her slightly better
off financially. Would the respondent advise her to "take the job and leave welfare' or 'stay on welfare and
wait for a better opportunity"? In Riverside, 69 percent of respondents said they would "very strongly' urge
her to take the job; only 23 percent in Alameda, and no more than 40 percent in the other counties, gave this
answer.

26However, Los Angeles established a concrete incentive for case managers to help registrants obtain jobs.
Here, the reward was monetary. Staff were entitled to a $100 bonus payment for each of their registrants who

(continued...)
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FIGURE 4.3

COUNTY DIFFERENCES IN SELECTED IMPLEMENTATION
PRACTICES AND CONDITIONS
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FIGURE 4.3 (continued)
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job placements were a high priority for the agency. How well staff met their job placement standards

(which applied to registrants in education and training activities as well as to those in job search) was

an important determinant of their overall job performance ratings. In general, staff reported that the

standards were not terribly difficult to meet, given the number of registrants with whom they worked,

but felt pressure to achieve, and even exceed, them. However, there was no evidence that Riverside

staff were "creaming" their caseload in other words, giving more attention to registrants who

seemed most job-ready in order to reach their standards.27 Also in Riverside, each local office

had its own job developer, who established contacts with the employers in the community and

encouraged them to call the GAIN office when they had positions open. Other counties gave much

less priority to direct job development.28

26(...continued)
found a job that led to a 50 percent or greater reduction in their welfare grant or a departure from welfare
for at least six months. However, the incentive value of these bonuses was limited by, among other things,
the fact that so many registrants were assigned to basic education (as was required by another county policy),
so the kinds of job placements that would lead to the bonuses were not quickly forthcoming.

27This is a common risk associated with placement standards. These tendencies were kept in check by the
management's expectation that staff would work with, and be able to account for, their entire GAIN caseload.
For example, a staff member would not be evaluate:, positively if he or she had achieved high placement rates
but at the same time had failed to assign to a GAIN activity other registrants who were expected to participate,
or had excused registrants inappropriately from the participation requirement through excessive deferrals.
Indeed, implementing GAIN's participation obligation for welfare recipients an objective to which
Riverside's administrators were also committed required staff to work with all registrants on their caseloads,
not just the most motivated or easiest to place.

28Riverside's job development efforts raise the question of whether these efforts had the unintended
consequence of indirectly reducing opportunities for the control group. In other words, did the controls have
more difficulty obtaining jobs precisely because employers gave first or exclusive preference to GAIN
participants? If controls had less access to jobs for this reason, it would mean that the estimates of the
program's impact on experimentals' employment and earnings are misleading. There is no evidence at hand
indicating that controls were systematically excluded from jobs by Riverside's job development efforts on behalf
of experimentals. At best, Riverside's job development efforts may have helped experimentals locate and apply
for jobs soon after openings became known, but this did not guarantee that they would be hired over other
people. Furthermore, it seems implausible that these job development efforts would severely depress the job
options available to controls. Riverside's entire research sample vas small (7,831, including 1,784 controls)
relative to the magnitude of Riverside's overall economy, which, in mid-1990, had almost 20,000 employers
within its boundaries ared almost 431,000 employed residents. Also, the earnings of the AFDC-FG control
group in Riverside were not consistently lower than those of the controls in all of the other counties.
Furthermore, between the first and second years of follow-up, the earnings of Riverside's AFDC-FG control
group increased by 44 percent (the largest increase in the six counties), despite Riverside's job development
efforts for the experimental group. This is not to say, however, that in any of the six research counties an
increase in employment among experimentals (regardless of how it is achieved by a county's GAIN program)
causes no reduction in employment opportunities for some other residents in a county. The extent of such
"displacement,* if it occurs, is extremely difficult to measure. Nonetheless, it is an issue relevant to
interpreting a program's benefit-cost ratio and will be discussed in MDRC's final report on GAIN.
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Riverside's much higher ranking on the quick job entry scale suggests that this strong emphasis

may have been an important ingredient that helped it achieve its overall impressive pattern of

impacts. The five other counties differed much less from one another in the emphasis they placed

on quick employment than they each differed from Riverside. These smaller differences were not

associated with the magnitude of the counties' earnings or welfare impacts, for either AFDC-FG or

AFDC-U registrants.

B. The Issue of Personalized Attention

In addition to deciding how much to emphasize quick job entry versus more education and skills

training, administrators of welfare-to-work programs must consider how much personalized attention

registrants will receive. On this dimension, too, the six counties varied. Moreover, these variations

appear to be correlated with other program characteristics, such as a county's registrant-to-case

manager ratio (personalized attention was typically higher where case managers had fewer registrants

assigned to them)29 and the organizational climate within the GAIN office (staff tended to have

more "positive" views of the program, their jobs, and welfare recipients where personalized attention

was higher)." Figure 4.3 and Table 4.4 show how the counties compare on these dimensions.

The nature of the case managers' role in GAIN permits staff variation across counties in the

execution of their responsibilities. For example, case managers may differ in how much they attempt

to learn about registrants' personal histories aid circumstances; how much they discuss the

implications of choosing basic education over job search, or different kinds of job search, or different

kinds of child care; how much they try to accommodate registrants' individual needs, situations, and

preferences in making service assignments; and how much they stress persuasion, cajoling, counseling,

and problem-solving when faced with registrants who are reluctant to participate or fail to do so

consistently. Counties that more strongly emphasize personalized attention tend to view this as a way

to increase registrants' interest in GAIN and their desire to participate in its activities, to greatly

lessen the need to rely on financial sanctions to enforce the participation mandate,31 and,

ultimately, to produce larger impacts on employment, earnings, and welfare savings.

29ThiS relationship is clearer when comparing the counties using data on registrant-to-case manager ratios
from the second wave of the staff survey, as shown in Table 4.4.

3°It may be that more personalized attention is the kind of service that GAIN staff themselves prefer to
provide, and that when they are providing this type of service, they view their work, their clients, and the
program overall in more optimistic terms.

31There is no necessary relationship between the level of personalized attention and the ultimate
sanctioning rate in a county. A county could resort to sanctions or continue to avoid them after early attempts
at persuasion failed to achieve cooperation.
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According to a scale used to measure each county's relative emphasis on personalized attention,

Butte and Tulare staff reported the strongest emphasis. It is interesting to note that, in Butte, the

decision to limit caseload sizes in the face of a waiting list for the program clearly reflected a view

that it is better to serve fewer welfare recipients with more personalized attention than to provide

less attention in order to serve a higher volume of recipients (see Chapter 1). Alameda and San

Diego ranked lower, but were fairly close to Butte and Tulare. Los Angeles and Riverside had the

lowest relative scores (see Figure 4.3b). It must be stressed that, as with all of the rankings based

on the staff survey, a "lower" score indicates a lower ranking only relative to the other counties in this

study and should not be interpreted as a low" ranking in an absolute sense. Indeed, in most of the

counties, most staff gave responses suggesting a moderate to high degree of personalized attention.

It is certainly possible that, on the whole, the level of attention provided in most counties far

exceeded what occurs in some other welfare-to-work programs. Nonetheless, the six counties did

differ substantially among themselves in the degree to which these concerns were the focus of case

managers' interactions with registrants.32 (This same caution applies to all other measures and

county comparisons based on the staff survey.)

When the county rankings on this dimension are compared with their earnings impacts, no

consistent relationships emerge for AFDC-FGs or AFDC-Us. However, a negative association may

exist between the emphasis on personalized attention and welfare savings, particularly among AFDC-

FGs determined not to need basic education. As shown in Table 4.2, the three counties that most

strongly emphasized personalized attention Alameda, Butte, and Tulare had virtually no welfare

savings or appeared to increase the amount of welfare received (although at levels that were not

statistically significant) for this subgroup. Moreover, the two counties ranking lowest on this

dimension Los Angeles and Riverside had the largest welfare savings for this subgroup. The

association was weaker among AFDC-FGs in need of basic education and among AFDC-Us.33

32Staff responses to a question about the appraisal process illustrate the differences among counties: "In
this type of interview, how much effort does the staff make to learn about the client's goals and motivations
to work in-depth?" More than 75 percent of the staff in Butte and Tulare answered "a great deal" compared
to 36 percent to 52 percent of staff in the other counties. A second item asked about the assessment process:
"In your opinion, how well is GAIN tailoring the education, training, and work experience services that clients
receive to their particular needs, circumstances, and goals?" Approximately 60 percent of the staff in Tulare
answered awry well" compared to about 22 percent of the staff in Los Angeles and Riverside. (These county
differences are consistent with information obtained through on-site observation and interviews.)

33For this sub _.up, the bivariate correlation between personalized attention and welfare reductions was
-0.98, which was statistically significant at the 1 percent level for a two-tailed test.
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C. Responding to Noncompliance Through Formal Enforcement

Administrators of mandatory welfare-to-work programs generally have some discretion in

operationalizing the formal enforcement process and, in particular, financial sanctions as a

method of securing registrants' compliance with the program's participation obligation. In the GAIN

program, there is an official multi-step process for imposing penalties on registrants who fail to attend

their assigned activity regularly. It begins with the registrant's being sent a Notice of Participation

Problems (a "GAIN-22" form) outlining the sanctions that may be applied if the problems continue.

If compliance is not forthcoming, a "conciliation" process is initiated, providing another opportunity

to resolve the problem and avoid a sanction. The financial sanctions are the final step and involve

a reduction in the size of the welfare grant.34

Some administrators believe that high compliance can be achieved without a heavy reliance on

sanctions, and that great efforts should be made to avoid imposing them except as a last resort.

Others believe that sanctions are an essential tool for obtaining compliance and that, as long as the

enforcement process is administered fairly, case managers should not take extraordinary steps to avoid

using them.

Figures 4.3c and 4.3d show how counties compare in terms of the proportion of AFDC-FG and

AFDC-U experimentals for whom staff invoked GAIN's formal enforcement procedures during the

11-month follow-up period for the tracking data. For each graph, a longer bar indicates that a higher

proportion of registrants were either placed in conciliation, slated for sanctioning (i.e., deregistered

from GAIN with a request to the Income Maintenance department to sanction), or actually

sanctioned (see Tables 1.3 and 1.4 for rates of requested and actual sanctions).

Overall, Los Angeles and Riverside stand out as having had the highest rates of invoking

GAIN's formal enforcement mechanism among the AFDC-FGs, using these procedures for about 34

percent of those registrants within the first 11 months after random assignment. (However, they

actually imposed sanctions on only 5.4 percent and 6.0 percent of AFDC-FG experimentals,

34The participation problem notice instructs the registrant to call or visit the case manager for a "cause
determination" meeting and warns that a failure to respond may affect the registrant's welfare benefits. If no
"good cause is found to account for the participation problem, the next step is conciliation, an attempt by the
case manager (and sometimes involving the supervisor) to get the registrant to agree to begin participating
as required. The final step is financial sanctioning, whereby the registrants' welfare grants are reduced by
eliminating their share of the grant until they cooperate. Prior to implementation of the JOBS regulation
(when about 55 percent of the sample in this study was randomly assigned), a sanction for AFDC-FG
registrants meant a reduction in their welfare grant for three or six months; for AFDC-U registrants, it meant
the termination of their welfare grant for three or six months. The duration of the sanction in both cases
depended on whether the registrant was in noncompliance for the first or second time.
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respectively).35 Alameda, Butte, and Tulare were at the lower end, relying on formal enforcement

procedures for about 2 percent to 12 percent of AFDC-FGs. San Diego ranked between these two

groups of counties. Among the AFDC-Us, Riverside stands out at the high end, invoking

enforcement procedures for about 42 percent of that group (but actually sanctioning only 6.8

percent). Alameda was at the extreme low end, although, as previously mentioned, thecounty served

very few AFDC-Us. The remaining counties varied little from one another, with rates of about 10

percent to 15 percent.

When these patterns are compared to the two-year impact findings, they indicate no consistent

relationship between formal enforcement and earnings effects for AFDC-FGs or AFDC-Us.

However, some association with welfare savings may exist, at least for the AFDC-FGs. As the data

in Figure 4.3 and Table 4.1 suggest, welfare savings among the full sample of AFDC-FGs were the

lowest in the three counties (Alameda, Butte, and Tulare) that used formal enforcement the least.36

(These are the same three counties that placed the highest emphasis on personalized attention, as

discussed in the previous section.) At the same time, the savings in the counties that used formal

enforcement more often were not always much larger. For example, even though more than three

times as many AFDC-FG registrants in Los Angeles as in Butte (34 percent compared to 10 percent)

were subject to formal enforcement procedures, both counties had fairly similar welfare savings ($686

and $783, respectively). It is also noteworthy that in some cases substantial welfare savings were

achieved with a fairly low use of formal enforcement (or actual sanctions), as was the case in San

Diego for the AFDC-Us. These observations suggest that, while the use of formal enforcement may

contribute to welfare savings, it is not necessarily the main determinant for all registrant groups in

all counties.

To the extent that formal enforcement does influence welfare impacts, it may offer one

explanation for why counties sometimes produced significant welfare savings without appreciable

earnings gains for some registrant groups. For example, the fact that Los Angeles made relatively

high use of GAIN's formal enforcement mechanisms may help to explain why it achieved welfare

35Some registrants who were slated for sanctioning left AFDC before the sanction took effect. See
Riverside County Department of Public Social Services, 1992.

36Across the six counties, the bivariate correlation between the level of formal enforcement and welfare
savings for all AFDC-FG registrants was 0.74, which was statistically significant at the 10 percent level for a
two-tailed test. It is also interesting to note that, for the not-in-need of basic education AFDC-FG subgroup,
Alameda, Butte, and Tulare where the level of formal enforcement was the lowest were the only three
counties where welfare payments over the two-year follow-up period were either unchanged or actually higher
for experimentals compared to controls (although the increases were not statistically significant).
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savings for AFDC-FGs with only small and not statistically significant earnings gains (see Table 4.1

and Figure 43a).

Any effect that enforcement may have had on welfare savings in any of the counties may have

been due, in part, to the simple fact that sanctions to the extent that they were used directly

reduce the welfare grant. How much of these savings may have come directly from people who were

sanctioned is difficult to determine, however. It may be that at least some of the savings came from

recipients who were not actually sanctioned but whose decisions about leaving welfare were

influenced by the requirement to participate in an activity, backed up by the threat of sanctions. For

example, a strong emphasis on enforcement may send a "tougher" message to registrants about

GAIN's participation obligation, which may influence individuals who are never sanctioned. It might

even encourage some registrants to leave welfare and hence GAIN without ever taking part in

a program activity, and possibly without ever being sanctioned. It may be that formal enforcement

can work through a variety of channels to influence welfare savings, although the exact processes

have not been investigated for this report.

VI. The Influence of Alternative Combinations of Implementation Strategies and Conditions on
GAIN's Two-Year Impacts

A. An Overall Assessment

As the foregoing review demonstrates, the counties' implementation approaches varied

substantially. This is not surprising given California's state-supervised but county-operated welfare

system. Yet, despite these differences, five of the six produced at least some positive and growing

impacts in the first two years of follow-up. In particular, a number of counties produced

statistically significant earnings gains and welfare reductions, even though they made very different

choices regarding how much to emphasize quick job entry, formal enforcement, and personalized

attention (and regarding other prograr4 dimensions, including the types of staff they hired to serve

as case managers37) and despite the fact that they operated the program under quite different

economic conditions and registered welfare recipients who, as a group, had quite different

demographic profiles and patterns of participation in GAIN activities. For example, Butte, like

Riverside, produced statistically significant earnings increases for AFDC-FG registrants who were

considered in need of basic education. Yet Butte, in contrast to Riverside, achieved its results while

37See Table 4.4 for data on county variations on several measures of staff background characteristics and
other implementation factors.
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placing a much lower emphasis on quick job entry, a higher emphasis on personalized attention, and

a much lower emphasis on formal enforcement. Alameda, Riverside, and San Diego all had

statistically significant earnings increases for AFDC-FG registrants determined not to need basic

education, in the face of other combinations of rankings on these dimensions. These findings support

the general conclusion that a variety of approaches to implementing GAIN can produce two-year

impacts on earnings and welfare payments. This is a promising result because variations in

implementation are always likely to occur and because differences in local environments are an

inescapable fact of life. However, the Tulare results offer an important warning that GAIN may not

necessarily produce positive impacts under all conditions and with any approach, at least in the short

term.

B. The Case of Riverside

While evidence of GAIN's effectiveness was found in five of the six study counties, Riverside

continues to stand out by virtue of the overall magnitude and consistency of its impacts, as it did in

lvIDRC's 1992 analysis of GAIN's first-year impacts. Unlike any other county, Riverside produced

both earnings gains and welfare savings in all of the AFDC-FG subgroups studied, demonstrating that

it could achieve relatively short-term impacts on each of these important measures for a broad

segment of the GAIN caseload. And while its earnings impacts on AFDC-Us declined in the second

year, its two-year earnings and welfare effects for that group were still relatively large. For these

reasons, it is important to ask what was distinctive about Riverside that might explain its comparatively

robust pattern of impacts. Although this study cannot prove the causality of any single program

feature or set of factors, a number of interpretations are worth considering.

As previously discussed, one of Riverside's most distinctive features was its unusually strong

employment "message," which emphasized to registrants the importance of getting into jobs quickly.

Perhaps this pervasive message backed up by the county's strong job development efforts and its

use of job placement standards for case managers affected how much effort registrants (across a

number of subgroups) made to look for a job, and how willing they were to accept a job with

relatively low pay.

This does not mean that Riverside was "just a job search program"; quite the contrary.

Although it had a relatively high job search participation rate (e.g., 34 percent among all AFDC-FG

experimentals), it had an equally high rate of participation in education and training activities. As

shown in Table 4.1, 36 percent of Riverside's AFDC-FG experimentals participated in some type of

education or training (most of which was basic education and self-initiated post-secondary education,
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or occupational training). These participants represent a majority 60 percent of those

experimentals who entered any GAIN activity in this county. Overall, it is this roughly equal balance

between job search and education and training that most distinguishes Riverside's AFDC-FG

participation pattern from that of the other counties. Elsewhere, participation in education and

training usually exceeded participation in job search by a larger margin than in Riverside. Among

AFDC-Us, Riverside was the only county in which the rate of participation in job search exceeded

the rate of participation in education and training, although, again, these rates were closer than in

most of the other counties (see Table 4.1).

Along many other dimensions that (theoretically) might be related to a program's effectiveness,

Riverside was not unique. For example, while its overall participation rate (counting all GAIN

activities) among AFDC-FGs was high (60 percent), it was no higher than in Alameda and Tulare.

And while Riverside ranked high in its reliance on the formal penalty mechanisms to enforce GAIN's

participation mandate, so did Los Angeles. Like Butte, it had a growing economy. Each of these

factors, alone, thus does not explain Riverside's performance.

It also seems unlikely that Riverside's results can be attributed simply to the availability or

quality of its services, if staff perceptions of these services are any guide. Riverside does not stand

out from the other counties as having the most (or least) favorable ranking on these dimensions (see

Table 4.4). Riverside also does not stand out in terms of the educational levels of its staff, although,

along with San Diego, a higher proportion of Riverside's staff had previously worked in an education

or training program, such as a Work Incentive (WIN) or JTPA program, which may have helped

prepare them to operate GAIN. Furthermore, Riverside did not (during the period of the

implementation study) have the highest or most favorable ranking (compared to the other counties)

in terms of the line staff's job satisfaction and morale, its perceptions of welfare recipients' desire to

work, its belief in GAIN'S ability to help registrants, and its registrant-to-case manager ratio (see

Figure 4.3).

What most distinguished Riverside from the other counties and, therefore, what might have

contributed to Riverside's more favorable results (although this cannot be proven with the available

data) was its particular combination of practices and conditions. Its pervasive employment message

and job development efforts, its strong commitment to securing the participation of all mandatory

registrants (and having adequate resources to apply this objective), its greater reliance on GAIN's

formal enforcement mechanisms (a strategy that, in general, may be associated with greater welfare

savings across the six counties), and its more equal use of job search and education and training

activities comprised a constellation of practices not found in any other county. And, as previously
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mentioned, Riverside's approach may have enjoyed an "added boost" from its growing economy. (The

Riverside results also suggest that the high levels of personalized attention found in several of the

other counties may not be essential for producing large impacts in the short run, since Riverside

ranked lower by comparison on this dimension.)

VII. Will the. Pattern of County Impacts Chance in the Longer Run?

While Riverside achieved the largest and most consistent two-year impacts on earnings and

welfare savings, it is too soon to tell whether or not this pattern will continue in the long run.

Longer-term follow-up data will be essential for assessing the relative effectiveness of county

programs because, as discussed throughout this report, all of the counties including Riverside

made a substantial investment in education and training programs, which take longer for a registrant

to complete than job search activities (see Chapter 1). Indeed, in five of the six counties,

participation rates in these activities were substantially higher than participation rates in job search.

Furthermore, in three of the four counties where the duration of participation could be measured,

half or more of the experimentals were registered for GAIN at the end of the 11-month follow-up

period for the participation analysis. Many of these individuals were continuing to participate in

GAIN education or training activities, or were waiting to do so, with this participation extending at

least partly into the second year of follow-up. (Some had finished one activity and had been referred

to another.) The full "payoff" of this investment may not be evident until some time beyond the

period studied for this report.

It is therefore possible that counties using different implementation approaches will have

longer-term impacts as large as Riverside's. Or they may do as well or better for specific subgroups,

such as long-term recipients or individuals determined not to need basic education. Furthermore, if

Riverside's unusual economic growth contributed to its more robust impacts, it is reasonable to ask

whether counties using alternative implementation approaches would themselves have achieved bigger

effects (or whether they will in the future) had they operated their programs under similar economic

conditions, and whether Riverside's impacts will attenuate under the less favorable economic

conditions that have been observed more recently in that county. These important questions remain

open at this time. Policymakers and administrators should therefore be cautious in drawing final

conclusions from this study about what kinds of approaches to implementing GAIN work best. They

need to recognize that, across five of the six counties, quite different approaches produced modest-to-



large earnings gains or welfare savings (or both) within the two-year follow-up period, and that

additional effects are expected to occur after this period.

MDRC's continuing evaluation will measure GAIN's impacts in the six counties over a longer

follow-up period and will reexamine the relationship of county implementation conditions and

strategies to county impacts. In ad/. "on, future reports will draw upon the registrant survey and

other data to examine the program's effects on a wider array of outcomes, estimate its benefits and

costs, and explore the role played by some other factors (that could not be examined in this report)

in shaping GAIN's effectiveness in moving welfare recipients into jobs and off welfare.
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FIGURE A.1

OVERVIEW OF THE INTAKE AND RANDOM ASSIGNMENT PROCESS
FOR THE GAIN EVALUATION
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TABLE A.1

LENGTH OF TIME THAT AFDC-FG EXPERIMENTALS WERE REGISTERED
FOR GAIN AND PARTICIPATED IN SELECTED ACTIVITIES

WITHIN 11 MONTHS AFTER ORIENTATION

Sample and Measure Butte Riverside San Diego Tulare

All experimental*

Average number of months
registered for GAIN
during follow-up (a) 8.6 5.9 8.0 8.7

Length of time registered for
GAIN during follow-up (a) (%)

1 month or less 1.5 12.5 1.6 6.2
2-6 months 23.5 39.9 29.1 16.4
7-11 months 26.0 27.0 25.9 28.4
More than 11 months 49.0 20.6 43.4 49.0
Total 100.0 100.0 100.0 100.0

Was a GAIN registrant
at end of 11 months (%) 52.5 30.6 49.8 64.0

Average number of months participating
in GAIN activities during follow-up (a) 2.4 3.2 3.1 4.2

Sample size 200 248 247 225

Experiments Is who started
selected GAIN activities (b)

Average number of months during
follow-up participating in (a)

Job search 0.5 0.7 0.7 0.6
Basic education (c) 2.4 3.8 2.5 4.6
Self - initiated activities 4.6 6.1 5.1 -
Post - assessment activities - - 3.2 3.2

In activity at end of 11 months
among those starting the activity (%)

Job search 2.8 3.5 1.4 2.2
Basic education (c) 43.3 16.7 17.0 32.9
Self-initiated activities 65.0 27.3 21.1 -
Post - assessment activities -- - 45.0 47.6
Any education or training activity 56.4 20.0 23.9 38.7

Length of time participating in basic
education during follow-up (a,c) (%)

1 month or less 33.3 222 29.8 17.1
2-6 months 60.0 50.0 57.4 43.9
More than 6 months 6.7 27.8 12.8 39.0
Total 100.0 100.0 100.0 100.0

Average number of months
participating in any
education or training
activity during follaw-up (a) 3.3 4.7 3.9 4.9

Sample size (d) n/a n/a n/a n/a

(continued)
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TABLE A.1 (continued)

SOURCE: MDRC's participant flow sample.

NOTES: Data were not available for Alameda and Los Angeles counties.
Dashes indicate that the sample see is under 20; therefore, the calculation has been omitted.
Distributions may not add to 100.0 percent because of rounding.
A test of statistical significance was not performed.
(a) 'Follow -up' refers to the 11 months after orientation.
(b) The data in this panel include only those experimentals who participated in the specified

activity for at least one day.
(c) GED preparation, ABE, and ESL
(d) The sample size varies among the measures in this panel; see Table A.2.
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TABLE A.2

AFDC-FG EXPERIMENTAL SAMPLE SIZES FOR EACH MEASURE
IN THE BOTTOM PANEL OF TABLE A.1

Sample and Measure
in Table A.1

Sample Size
Butte Riverside San Diego Tulare

Experimental* who started
selected GAIN activities (a)

Average number of months during
follow-up participating in (b)

Job search 36 85 73 46
Basic education (c) 30 54 47 82
Self-initiated activities 20 33 38 17
Post-assessment activities 8 6 20 21

In activity at end of 11 months
among those starting the activity (%)

Job search 36 85 73 46
Basic education (c) 30 54 47 82
Self-initiated activities 20 33 38 17
Post-assessment activities 8 6 20 21
Any education or training activity 55 90 92 111

Length of time participating in basic
education during follow-up (b,c) (%)

1 month or less 30 54 47 82
2-6 months 30 54 47 82
More than 6 months 30 54 47 82
Total 30 54 47 82

Average number of months
participating in any
education or training
activity during follow-up (b) 55 90 92 111

SOURCE: MDRC's participant flow sample.

NOTES: Data were not available for Alameda and Los Angeles counties.
(a) The data include only those experimentals who participated in the specified activity for at

least one day.
(b) 'Follow -up' refers to the 11 months after orientation.
(c) GED preparation, ABE, and ESL.
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TABLE A.3

LENGTH OF TIME THAT AFDC-U EXPERIMENTALS WERE REGISTERED
FOR GAIN AND PARTICIPATED IN SELECTED ACTIVITIES

WITHIN 11 MONTHS AFTER ORIENTATION

Sample and Measure

All experimental*

Average number of months
registered for GAIN
during follow-up (a)

Length of time registered for
GAIN during follow-up (a) (%)

1 month or less
2-6 months
7-11 months
More than 11 months
Total

Was a GAIN registrant
at end of 11 months (%)

Average number of months participating
in GAIN activities during follow-up (a)

Sample size

Experimental* who started
selected GAIN activities (b)

Average number of months during
follow-up participating in (a)

Job search
Basic education (c)
Self-initiated activities
Post-assessment activities

In activity at end of 11 months
among those starting the activity (%)

Job search
Basic education (c)
Self-initiated activities
Post - assessment activities
Any education or training activity

Length of time participating in basic
education during follow-up (a,c) (%)

1 month or less
2-6 months
More than 6 months
Total

Average number of months
participating in any
education or training
activity during follow-up (a)

Sample size (d)

Butte Riverside San Diego Tulare

7.6 5.6 8.1 8.5

1.0 8.2 1.3 5.6
38.4 50.3 28.9 19.4
24.2 21.2 242 36.3
36.4 20.3 45.6 38.7

100.0 100.0 100.0 100.0

43.4 27.2 55.7 58.1

2.4 2.8 2.8 4.8

99 147 149 124

0.9 0.9 0.7
3.2 4.5 2.4 5.1

- - _

6.3 4.8 3.0 0.0
40.0 21.1 19.4 46.2
- - - -
- - - -

44.0 21.3 22.0 49.2

25.0 21.6 30.6 13.5
55.0 40.5 63.9 44.2
20.0 37.9 5.5 42.3

100.0 100.0 100.0 100.0

3.3 5.0 3.4 5.3

n/a n/a n/a n/a

(continued)
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TABLE A.3 (continued)

SOURCE: MDRC's participant flow sample.

NOTES: Data were not available for Alameda and Los Angeles counties.
Dashes indicate that the sample size is under 20; therefore, the calculation has been omitted.
Distributions may not add to 100.0 percent because of rounding.
A test of statistical significance was not performed.
(a) 'Follow-up' refers to the 11 months after orientation.
(b) The data in this panel include only those experimentals who participated in the specified

activity for at least one day.
(c) GED preparation, ABE, and ESL
(d) The sample size varies among the measures in this panel; see Table A.4.
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TABLE A.4

AFDC-U EXPERIMENTAL SAMPLE SIZES FOR EACH MEASURE
IN THE BOTTOM PANEL OF TABLE A.3

Sample and Measure Sample Size
in Table A.3

Experimentals who started
selected GAIN activities (a)

Average number of months during
follow-up participating in (b)

Job search
Basic education (c)
Self- initiated activities
Post-assessment activities

In activity at end of 11 months
among those starting the activity (%)

Job search
Basic education (c)
Self-initiated activities
Post-assessment activities
Any education or training activity

Lengih of time participating in basic
education during follow-up (b,c) ( %)

1 month or less
2-6 months
More than 6 months
Total

Average number of months
participating in any
education or training
activity during follow-up (b)

Butte Riverside San Diego Tulare

16 62 33 20
20 37 36 52

3 10 7 9
2 3 10 8

16 62 33 20
20 37 36 52

3 10 7 9
2 3 10 8

25 46 49 65

20 37 36 52
20 37 36 52
20 37 36 52
20 37 36 52

25 46 49 65

SOURCE: MDRC's participant flow sample.

NOTES: Data were not available for Alameda and Los Angeles counties.
(a) The data include only those experimentals who participated in the specified activity for at

least one day.
(b) 'Follow -up' refers to the 11 months after orientation.
(c) GED preparation, ABE, and ESL
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APPENDIX B

SUPPLEMENTAL TABLES TO CHAPTER 2



TABLE B.1

AVERAGE IMPACTS IN SELECTED STUDIES OF STATE WELFARE-TO-WORK PROGRAMS
FOR AFDC -FGs (SINGLE PARENTS)

Average Total Earnings ($) Average Total AFDC Payments ($)

Program Year 1 Year 2 Year 3 Year 1 Year 2 Year 3

California GAIN (a) 266 ** 519 '" n/a -283 *** -347 * n/a
Alameda 209 524 n/a -150 -260 n/a
Butte 272 554 n/a -353 -333 n/a
Los Angeles -4 112 n/a -328 "" -401 *** n/a
Riverside 920'" 1179'" n/a -695 "* -701 "' n/a
San Diego 349 ** 709 ** n/a -302 *** -480 ** n/a
Tulare -149 34 n/a 132 94 n/a

Arkansas WORK
Program 167 " 223 337" -145 ** -190*** -168 41`)

Louisville WIN Lab-
Individual Job Search (b) 289 " 456 " 435 " -75 -164" -184 "

Cook County
WIN Demonstration 10 n/a n/a -40 n/a n/a

Louisville WIN Lab-
Group Job Search (b) 464" n/a n/a -40 n/a n/a

West Virginia
CWEP 16 n/a n/a 0 n/a n/a

Virginia ESP 69 280 " 268' -69 -36 -111 "

San Diego I (EPP/EWEP) 443'" n/a n/a -226 '" n/a n/a

San Diego SWIM (c) 352 *** 644 "' 555 *** - 419"' - 560' " -483***

Baltimore Options 140 401 *** 511 '" 2 -34 -31

SOURCES: Gueron and Pauly, 1991; Riccio and Friedlander, 1992; Friedlander and Hamilton, 1993.

NOTES: * Denotes statistical significance at the 10 percent level; " at the 5 percent level; and "' at the 1 percent
level.

(a) Impacts were obtained by weighting each of six counties equally.
(b) The impacts are adjusted to 1985 dollars.
(c) All SWIM data contained in this table have been taken from Friedlander and Hamilton, 1993.
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TABLE 02

ALAMEDA AFDC-FGs: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS

Outcome and Follow-Up Period Expenmentals Controls Difference

Ever employed (%)
Year 1 (quarters 2-5) 30.1 27.3 2.8
Year 2 (quarters 6-9)
Total (quarters 2-9)

32.8
42.3

26.0
35.3

6.8 ""
7.0

Average number of quarters with
employment

Yoar 1 (quarters 2-5) 0.75 0.68 0.07
Year 2 (quarters 6-9) 0.86 0.71 0.14'
Total (quarters 2-9) 1.61 1.40 0.21 '

Ever employed (%)
Quarter of random assignment 13.7 16.2 -2.5
Quarter 2 16.6 16.3 0.2
Quarter 3 18.5 17.7 0.8
Quarter 4 20.0 17.3 2.7
Quarter 5 20.1 17.1 3.0
Quarter 6 19.0 17.0 2.0
Quarter 7 20.1 18.4 1.7
Quarter 8
Quarter 9

21.9
24.5

17.9
18.1

4.0
6.4***

Quarter 10 -
Quarter 11
Quarter 12

Average total earnings ($)
Year 1 (quarters 2-5) 1421 1212 209
Year 2 (quarters 6-9) 2132 1609 524'
Total (quarters 2-9) 3553 2821 733

Average total earnings (S)
Quarter of random assignment 171 210 -39 '
Quarter 2 251 267 -16
Quarter 3 340 300 40
Quarter 4 414 344 70
Quarter 5 416 301 115 "
Quarter 6 457 348 109
Quarter 7 484 389 95
Quarter 8 531 432 99
Quarter 9
Quarter 10

661 440 221 "
Quarter 11
Quarter 12

-160-
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TABLE B.2 (continued)

Outcome and Follow-Up Period Experimentals Controls Difference

Ever received any AFDC payments (%)
Year 1 (quarters 2-5) 97.0 98.5 -1.5 "
Year 2 (quarters 6-9) 85.4 88.0 -2.6
Total (quarters 2-9) 97.3 98.9 -1.5 "

Average number of months receiving
AFDC payments

Year 1 (quarters 2-5) 10.79 10.99 -0.20
Year 2 (quarters 6-9) 9.43 9.64 -0.21
Total (quarters 2-9) 20.22 20.63 -0.41

Ever received any AFDC payments (%)
Quarter of random assignment 99.4 99.5 -0.1
Quarter 2 97.0 98.0 -1.0
Quarter 3 94.1 94.8 -0.7
Quarter 4 89.8 91.3 -1.6
Quarter 5 86.0 89.2 -32 *
Quarter 6 83.3 86.8 -3.5 '
Quarter 7 82.3 83.5 -1.1
Quarter 8 78.8 79.9 -1.1
Quarter 9 76.6 77.1 -0.5
Quarter 10 - - -
Quarter 11 - - -
Quarter 12 - - -

Average total AFDC payments received ($)
Year 1 (quarters 2-5) 6916 7066 -150
Year 2 (quarters 6-9) 5816 6076 -260
Total (quarters 2-9) 12732 13142 -411

Average AFDC payments received ($)
Quarter of random assignment 1918 1925 -7
Quarter 2 1861 1865 -4
Quarter 3 1758 1784 -26
Quarter 4 1677 1737 -60'
Quarter 5 1620 1680 -60
Quarter 6 1552 1637 -84 ..
Quarter 7 1485 1543 -58
Quarter 8 1420 1478 -57
Quarter 9 1359 1419 -60
Quarter 10 -- --
Quarter 11 - -
Quarter 12 ....

Sample size (total = 1,205) 602 603

SOURCES AND NOTES: See Table 2.1. Nine quarters of follow-up data are available for Alameda.
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TABLE 8.3

BUTTE AFDC -FGs: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS

Outcome and Follow-Up Period Expenmentals Controls Difference

Ever employed (%)
Year 1 (quarters 2-5) 42.3 45.6 -3.3
Year 2 (quarters 6-9) 46.2 422 3.9
Total (quarters 2-9) 55.3 55.7 -0.4

Average number of quarters with
employment

Year 1 (quarters 2-5) 1.04 0.99 0.05
Year 2 (quarters 6-9) 1.25 1.10 0.16
Total (quarters 2-9) 2.29 2.09 0.20

Ever employed (%)
Quarter of random assignment 22.5 20.4 2.1
Quarter 2 22.5 23.4 -0.9
Quarter 3 25.0 25.4 -0.4
Quarter 4 27.0 23.4 3.6
Quarter 5 29.1 26.8 2.4
Quarter 6 29.9 27.1 2.9
Quarter 7 31.4 27.7 3.7
Quarter 8 32.2 27.5 4.7
Quarter 9 31.9 27.5 4.3
Quarter 10 32.5 27.2 5.3
Quarter 11 - - -
Quarter 12 - - -

Average total earnings ($)
Year 1 (quarters 2-5) 2001 1729 272
Year 2 (quarters 6-9) 2996 2442 554
Total (quarters 2-9) 4997 4171 826

Average total earnings (S)
Quarter of random assignment 273 253 20
Quarter 2 386 354 32
Quarter 3 467 412 55
Quarter 4 557 455 102
Quarter 5 591 508 83
Quarter 6 661 556 105
Quarter 7 733 594 139
Quarter 8 800 654 145
Quarter 9 802 638 165
Quarter 10 860 631 230 '
Quarter 11 -
Quarter 12 - - -

(continued)
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TABLE B.3 (continued)

Outcome and Follow-Up Period Experimentals Controls Difference

Ever received any AFDC payments (%)
Year 1 (quarters 2-5) 89.3 90.2 -0.8
Year 2 (quarters 6-9) 65.9 66.1 -0.3
Total (quarters 2-9) 89.9 90.2 -0.3

Average number of months receiving
AFDC payments

Year 1 (quarters 2-5) 8.60 8.65 -0.05
Year 2 (quarters 6-9) 6.15 6.29 -0.13
Total (quarter 2-9) 14.76 14.94 -0.18

Ever received any AFDC payments (%)
Quarter of random assignment 89.8 90.1 -0.3
Quarter 2 88.6 89.4 -0.7
Quarter 3 79.8 76.4 3.4
Quarter 4 70.7 70.6 0.1
Quarter 5 65.0 68.4 -3.4
Quarter 6 60.8 63.8 -3.0
Quarter 7 56.2 56.7 -0.4
Quarter 8 51.9 52.7 -0.8
Quarter 9 49.4 47.7 1.7
Quarter 10 46.8 48.6 -1.8
Quarter 11 432 45.3 -2.2
Quarter 12 - -

Average total AFDC payments received ($)
Year 1 (quarters 2-5) 5132 5486 -353
Year 2 (quarters 6-9) 3715 4048 -333
Total (quarters 2-9) 8848 9534 -686 '

Average AFDC payments received ($)
Quarter of random assignment 1440 1493 -53
Quarter 2 1496 1565 -69
Quarter 3 1331 1385 -54
Quarter 4 1200 1312 -111 '
Quarter 5 1105 1224 -118'
Quarter 6 1046 1176 -130'
Quarter 7 945 1080 -135 "
Quarter 8 887 916 -29
Quarter 9 837 876 -39
Quarter 10 778 844 -66
Quarter 11 715 809 -94
Quarter 12 - -

Sample size (total = 1229) 986 243

SOURCES AND NOTES: See Table 2.1. Ten quarters of employment and earnings follow-up data
and 11 quarters of AFDC data are available for Butte.
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TABLE B.4

LOS ANGELES AFDC-FGs: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS

Outcome and Follow-Up Period Experimentals Controls Difference

Ever employed (%)
Year 1 (quarters 2-5) 27.0 24.9 2.1
Year 2 (quarters 6-9) 26.9 22.7 4.1 ***
Total (quarters 2-9) 34.5 30.3 4.2 ""

Average number of quarters with
employment

Year 1 (quarters 2-5) 0.69 0.64 0.05
Year 2 (quarters 6-9) 0.75 0.67 0.09 "
Total (quarters 2-9) 1.45 1.31 0.14'

Ever employed (%)
Quarter of random assignment 14.6 13.0 1.6'
Quarter 2 16.6 15.0 1.6
Quarter 3 16.7 15.6 1.1
Quarter 4 17.8 16.4 1.4
Quarter 5 18.3 17.1 1.1
Quarter 6 18.9 17.6 1.3
Quarter 7 18.6 16.9 1.7
Quarter 8 18.8 16.6 2.2 *
Quarter 9 19.0 15.7 3.3'"
Quarter 10 19.0 16.6 2.4'
Quarter 11 - - -
Quarter 12 -

Average total earnings ($)
Year 1 (quarters 2-5) 1304 1308 -4
Year 2 (quarters 6-9) 1694 1582 112
Total (quarters 2-9) 2998 2890 108

Average total earnings ($)
Quarter of random assignment 195 184 11
Quarter 2 266 254 12
Quarter 3 307 313 -7
Quarter 4 359 367 -8
Quarter 5 372 373 -1
Quarter 6 398 399 -1
Quarter 7 408 399 9
Quarter 8 441 396 45
Garter 9 447 387 59
Quarter 10 467 418 50
Quarter 11 - - --
Quarter 12 - - -

(continued)
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TABLE B.4 (continued)

Outcome and Follow-Up Period Experimentals Controls Difference

Ever received any AFDC payments (%)
Year 1 (quarters 2-5) 97.0 97.3 -0.3
Year 2 (quarters 64) 83.0 86.5 -3.5 "'
Total (quarters 2-9) 97.2 97.6 -0.3

Average number of months receiving
AFDC payments

Year 1 (quarters 2-5) 10.58 10.89 -0.31 "'
Year 2 (quarters 6-9) 9.14 9.55 -0.41 "'
Total (quarters 2-9) 19.72 20.44 -0.72'"

Ever received any AFDC payments (%)
Quarter of random assignment 96.2 96.3 -0.1
Quarter 2 95.7 95.5 0.2
Quarter 3 91.8 94.6 -2.8 '"
Quarter 4 88.9 91.6 -2.7 "'
Quarter 5 84.8 88.0 -3.2 ""
Quarter 6 81.8 85.7 -3.9 "'
Quarter 7 79.0 82.5 -3.4 ""
Quarter 8 76.8 79.5 -2.6 '
Quarter 9 74.0 76.3 -2.4'
Quarter 10 71.5 74.1 -2.6 `
Quarter 11 69.6 712 -1.6
Quarter 12 - -

Average total AFDC payments received ($)
Year 1 (quarters 2-5) 6875 7203 -328 ***
Year 2 (quarters 6-9) 5711 6112 -401 '"
Total (quarters 2-9) 12586 13315 -729'"

Average AFDC payments received ($)
Quarter of random assignment 1917 1922 -5
Quarter 2 1861 1901 -40 "'
Quarter 3 1752 1855 -103 '"
Quarter 4 1673 1765 -91 ***
Quarter 5 1588 1682 -94 "'
Quarter 6 1525 1638 -112 ***
Quarter 7 1461 1567 -107 "'
Quarter 8 1398 1498 -100'"
Quarter 9 1327 1409 -82'"
Quarter 10 1261 1332 -71 "
Quarter 11 1226 1289 -63 "
Quarter 12 - -

Sample size (total = 4396) 2995 1401

SOURCES AND NOTES: See Table 2.1. Ten quarters of employment and earnings follow-up data
and 11 quarters of AFDC data are available for Los Angeles.
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TABLE B.5

RIVERSIDE AFDC-FGe: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS

Outcome and Follow-Up Period Experimentals Controls Difference

Ever employed (X)
Year 1 (quarters 2-5) 52.1 34.0 18.1 ***
Year 2 (quarters 6-9) 49.4 35.4 14.0 ***
Total (quarters 2-9) 62.7 45.9 16.7***

Average number of quarters with
employment

Year 1 (quarters 2-5) 1.34 0.84 0.51 ***
Year 2 (quarters 6-9) 1.42 0.97 0.45 ***
Total (quarters 2-9) 2.76 1.80 0.95 ***

Ever employed (%)
Quarter of random assignment 21.6 16.7 4.9 ***
Quarter 2 31.2 19.1 12.1 ***
Quarter 3 33.4 20.4 13.0 ***
Quarter 4 34.3 22.0 12.3 ***
Quarter 5 35.3 22.1 13.3 ***
Quarter 6 35.4 22.6 12.7 ***
Quarter 7 35.5 25.3 102***
Quarter 8 35.5 24.8 10.7***
Quarter 9 352 24.0 112"'
Quarter 10 34.2 24.4 9.7***
Quarter 11 - - -
Quarter 12 - - -

Average total earnings ($)
Year 1 (quarters 2-5) 2470 1550 920 ***
Year 2 (quarters 6-9) 3414 2234 1179 ***
Total (quarters 2-9) 5883 3784 2099***

Average total earnings ($)
Quarter of random assignment 230 168 62 *III

Quarter 2 458 259 198 ***
Quarter 3 603 381 222 "**
Quarter 4 671 443 228 ***
Quarter 5 738 466 271***
Quarter 6 808 497 311***
Quarter 7 845 580 264***
Quarter 8 875 591 284***
Quarter 9 886 566 321***
Quarter 10 896 605 291 ***
Quarter 11 - - -
Quarter 12 - -

(continued)
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TABLE BS (continued)

Outcome and Follow-Up Period Experimentals Controls Difference

Ever received any AFDC payments ( %)
Year 1 (quarters 2-5) 90.8 90.9 0.0
Year 2 (quarters 6-9) 59.8 65.4 -5.6 m
Total (quarters 2-9) 91.4 91.7 -0.3

Average number of months receiving
AFDC payments

Year 1 (quarters 2-5) 8.05 8.71 -0.66 ***
Year 2 (quarters 6-9) 5.69 6.41 -0.72 ***
Total (quarters 2-9) 13.74 15.12 - 1.37'"

Ever received any AFDC payments (%)
Quarter of random assignment 93.9 94.5 -0.6
Quarter 2 89.4 89.2 0.2
Quarter 3 75.8 79.6 -3.8 ***
Quarter 4 66.1 72.6 -6.5 '1"
Quarter 5 58.7 65.9 -7.2 "*"
Quarter 6 54.7 61.1 -6.4 ***
Quarter 7 51.8 57.0 -5.3 ***
Quarter 8 49.1 55.1 -6.0 ***
Quarter 9 46.7 52.0 -5.3 ***
Quarter 10 45.0 50.4 -5.4 ***
Quarter 11 43.1 49.5 -6.4 ""
Quarter 12 - - -

Average total AFDC payments received ($)
Year 1 (quarters 2-5) 4968 5663 -695 ***
Year 2 (quarters 6-9) 3461 4162 -701 ""
Total !quarters 2-9) 8429 9825 -1397m

Average AFDC payments received ($)
Quarter of random assignment 1668 1669 -1
Quarter 2 1600 1685 -85'"
Quarter 3 1262 1443 -181 ***
Quarter 4 1106 1329 -222 ***
Quarter 5 1000 1206 -207 ***
Quarter 6 933 1133 - 200'"
Quarter 7 892 1060 -168 ***
Quarter 8 842 1009 -167***
Quarter 9 794 960 -166'"
Quarter 10 758 922 -164 ""
Quarter 11 736 894 - 158'"
Quarter 12 - -

Sample size (total = 5508) 4457 1051

SOURCES AND NOTES: See Table 2.1. Ten quarters of employment and earnings follow-up data
lnd 11 quarters of AFDC data are available for Riverside.
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TABLE B.6

SAN DIEGO AFDC-PG*: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS

Outcome and Follow-Up Period Experimentals Controls Difference

Ever employed (%)
Year 1 (quarters 2-5) 46.0 40.0 6.0 ""
Year 2 (quarters 6-9) 45.8 40.8 5.1 ""
Total (quarters 2-9) 56.7 51.4 5.3 ***

Average number of quarters with
employment

Year 1 (quarters 2-5) 1.22 1.04 0.18'"
Year 2 (quarters 6-9) 1.32 1.12 0.20 "`
Total (quarters 2-9) 2.54 2.15 0.38 ""

Ever employed (%)
Quarter of random assignment 24.1 232 0.9
Quarter 2 26.3 23.3 3.0'
Quarter 3 30.0 25.9 4.2 ""
Quarter 4 32.2 27.0 5.2 "'
Quarter 5 33.1 27.6 5.5 '"
Quarter 6 33.3 28.6 4.8 "`
Quarter 7 332 28.4 4.8 ""
Quarter 8 33.0 282 4.7 ""
Quarter 9 32.5 26.4 6.0'"
Quarter 10 32.5 26.8 5.7 "
Quarter 11 31.9 28.1 3.8 ""
Quarter 12 31.3 26.9 4.4***

Average total earnings ($)
Year 1 (quarters 2-5) 2462 2113 349 "
Year 2 (quarters 6-9) 3503 2794 709 ""
Total (quarters 2-9) 5965 4906 1058 ""

Average total earnings ($)
Quarter of random assignment 272 231 41 "
Quarter 2 432 349 83 ...
Quarter 3 582 494 88 ..
Quarter 4 693 593 101 "
Quarter 5 755 676 78 '
Quarter 6 836 691 145 ""
Quarter 7 869 685 183 'I.*
Quarter 8 888 699 189 ""
Quarter 9 910 718 192 ***
Quarter 10 942 743 199 ***
Quarter 11 942 743 200 *"
Quarter 12 958 770 189'"

(continued)
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TABLE B.6 (continued)

Outcome and Follow-Up Period Experimentals Controls Difference

Ever received any AFDC payments (%)
Year 1 (quarters 2-5) 94.8 95.3 -0.5
Year 2 (quarters 6-9) 68.2 71.5 -32 "
Total (quarters 2-9) 95.4 95.8 -0.5

Average number of months receiving
AFDC payments

Year 1 (quarters 2-5) 9.11 9.48 -0.37 "'
Year 2 (quarters 6-9) 6.84 7.44 -0.60 "'
Total (quarters 2-9) 15.95 16.93 -0.97 "'

Ever received any AFDC payments (%)
Quarter of random assignment 98.4 98.4 0.0
Quarter 2 94.1 94.7 -0.6
Quarter 3 83.3 85.6 -22 '
Quarter 4 74.8 77.9 -3.0 "
Quarter 5 69.1 72.1 -3.1 "
Quarter 6 63.9 67.5 -3.6 "
Quarter 7 60.3 65.7 -5.3 '"
Quarter 8 58.3 63.7 -5.4 ""
Quarter 9 56.0 61.1 -5.1 "'
Quarter 10 53.8 58.0 -42'"
Quarter 11 52.2 55.6 -3.4 "
Quarter 12 50.4 53.9 -3.5 "

Average total AFDC payments received ($)
Year 1 (quarters 2-5) 5529 5832 - 302'"
Year 2 (quarters 6-9) 4199 4679 -480 ""
Total (quarters 2-9) 9728 10511 -783 ""

Average AFDC payments received (S)
Quarter of random assignment 1584 1600 -16
Quarter 2 1606 1652 -46 -
Quarter 3 1416 1490 -74 '"
Quarter 4 1300 1396 -97'"
Quarter 5 1207 1293 -86'"
Quarter 6 1126 1226 -100 '''
Quarter 7 1063 1186 - 124'"
Quarter 8 1025 1154 - 128'"
Quarter 9 985 1113 -128 '"
Quarter 10 946 1051 -105
Quarter 11 909 1005 -96 m
Quarter 12 869 956 -86'"

Sample size (total = 8219) 7049 1170

SOURCES AND NOTES: See Table 2.1. Twelve quarters of follow-up data are available for San Diego.
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TABLE B.7

TULARE AFDC-FGs: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS

Outcome and Follow-Up Period Experimentals Controls Difference

Ever employed (,4)
Year 1 (quarters 2-5) 39.9 40.9 -1.0
Year 2 (quarters 6-9) 41.8 42.2 -0.4
Total (quarters 2-9) 51.7 51.2 0.5

Average number of quarters with
employment

Year 1 (quarters 2-5) 1.00 1.04 -0.04
Year 2 (quarters 6-9) 1.14 1.13 0.02
Total (quarters 2-9) 2.15 2.17 -0.02

Ever employed (%)
Quarter of random assignment 19.8 21.7 -2.0
Quarter 2 22.8 23.6 -0.8
Quarter 3 24.8 25.8 -1.0
Quarter 4 25.7 27.5 -1.8
Quarter 5 27.0 27.0 -0.1
Quarter 6 29.2 28.0 1.2
Quarter 7 28.4 30.4 -2.1
Quarter 8 28.5 29.1 -0.6
Quarter 9 28.4 25.3 3.1
Quarter 10 - - -
Quarter 11 - - -
Quarter 12 - - -

Average total earnings ($)
Year 1 (quarters 2-5) 1792 1941 -149
Year 2 (quarters 6-9) 2532 2498 34
Total (quarters 2-9) 4324 4439 -115

Average total earnings ($)
Quarter of random assignment 220 240 -20
Quarter 2 327 329 -2
Quarter 3 435 431 4
Quarter 4 512 575 -63
Quarter 5 519 606 -88
Quarter 6 619 623 -3
Quarter 7 632 623 9
Quarter 8 629 655 -26
Quarter 9 652 598 54
Quarter 10 - . -
Quarter 11 - - -
Quarter 12

(continued)
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TABLE B.7 (continued)

Outcome and Follow-Up Period Experimentals Controls Difference

Ever received any AFDC payments (%)
Year 1 (quarters 2-5) 95.5 94.5 1.1
Year 2 (quarters 6-9) 75.7 75.0 0.7
Total (quarters 2-9) 95.7 94.7 1.1

Average number of months receiving
AFDC payments

Year 1 (quarters 2-5) 9.72 9.59 0.13
Year 2 (quarters 6-9) 7.84 7.70 0.14
Total (quarters 2-9) 17.56 17.29 0.27

Ever received any AFDC payments (%)
Quarter of random assignment 96.4 95.3 1.2
Quarter 2 94.3 93.6 0.6
Quarter 3 87.0 86.7 0.3
Quarter 4 81.0 81.0 0.0
Quarter 5 76.7 75.0 1.7
Quarter 6 72.3 71.6 0.7
Quarter 7 68.5 68.7 -0.2
Quarter 8 66.2 64.4 1.8
Quarter 9 65.4 62.2 3.1
Quarter 10 - - -
Quarter 11 - - -
Quarter 12 - - -

Average total AFDC payments received ($)
Year 1 (quarters 2-5) 6363 6231 132
Year 2 (quartets 6-9) 5120 5027 94
Total (quarters 2-9) 11484 11258 226

Average AFDC payments received ($)
Quarter of random assignment 1669 1674 -5
Quarter 2 1757 1726 31
Quarter 3 1639 1608 32
Quarter 4 1521 1505 15
Quarter 5 1446 1392 53
Quarter 6 1369 1323 45
Quarter 7 1291 1298 -7
Quarter 8 1249 1215 34
Quarter 9 1211 1190 21
Quarter 10 - - --
Quarter 11 - - -
Quarter 12 - - -

Sample size (total = 2234) 1588 646

SOURCES AND NOTES: See Table 2.1. Nine quarters of follow-up data are available for Tulare.
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TABLE C.1

ALAMEDA AFDC-Us: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS

Outcome and Follow-Up Period Experirnentats Controls Difference

Ever employed (%)
Year 1 (quarters 2-5) 29.8 20.2 9.6 *
Year 2 (quarters 6-9) 27.6 20.4 7.2
Total (quarters 2-9) 37.3 23.5 13.8 **

Average number of quarters with
employment

Year 1 (quarters 2-5) 0.84 0.63 0.20
Year 2 (quarters 6-9) 0.83 0.69 0.15
Total (quarters 2-9) 1.67 1.32 0.35

Ever employed (%)
Quarter of random assignment 16.6 14.1 2.5
Quarter 2 17.9 14.9 3.0
Quarter 3 20.2 15.8 4.4
Quarter 4 24.0 16.2 7.8'
Quarter 5 21.6 16.6 5.0
Quarter 6 20.5 19.0 1.4
Quarter 7 22.2 18.2 4.0
Quarter 8 21.3 14.6 6.8
Quarter 9 19.4 16.7 2.7
Quarter 10 - - --
Quarter 11 - -
Quarter 12 - -

Average total earnings ($)
Year 1 (quarters 2-5) 1115 1061 54
Year 2 (quarters 6-9) 1332 1133 200
Total (quarters 2-9) 2447 2193 254

Average total earnings ($)
Quarter of random assignment 170 200 -31
Quarter 2 227 205 22
Quarter 3 239 260 -21
Quarter 4 295 279 16
Quarter 5 353 317 36
Quarter 6 249 272 -23
Quarter 7 378 325 53
Quarter 8 373 279 94
Quarter 9 333 257 76
Quarter 10 - --
Quarter 11 -
Quarter 12 -

(continued)
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TABLE C.1 (continued)

Outcome and Follow-Up Period Experimentals Controls Difference

Ever received any AFDC payments (%)
Year 1 (quarters 2-5) 99.8 96.8 3.0 *
Year 2 (quarters 6-9) 94.7 90.8 4.0
Total (quarters 2-9) 99.8 96.8 3.0

Average number of months receiving
AFDC payments

Year 1 (quarters 2-5) 11.41 11.11 0.30
Year 2 (quarters 6-9) 10.77 10.33 0.44
Total (quarters 2-9) 22.18 21.45 0.74

Ever received any AFDC payments (%)
Quarter of random assignment 99.5 99.5 0.0
Quarter 2 99.8 96.8 3.0'
Quarter 3 94.8 91.8 3.0
Quarter 4 95.0 92.8 2.2
Quarter 5 94.6 93.3 1.3
Quarter 6 93.9 89.4 4.4
Quarter 7 94.6 87.4 7.2 *
Quarter 8 89.1 85.4 3.7
Quarter 9 86.2 85.2 1.0
Quarter 10 - - -
Quarter 11 - - -
Quarter 12 - - -

Average total AFDC payments received ($)
Year 1 (quarters 2-5) 10066 9905 161
Year 2 (quarters 6-9) 9069 8889 180
Total (quarters 2-9) 19135 18794 341

Average AFDC payments received ($)
Quarter of random assignment 2686 2718 -32
Quarter 2 2655 2511 145 '
Quarter 3 2528 2487 40
Quarter 4 2480 2488 -6
Quarter 5 2403 2419 -16
Quarter 6 2381 2286 95
Quarter 7 2333 2251 82
Quarter 8 2209 2193 16
Quarter 9 2146 2159 -13
Quarter 10 - - -
Quarter 11 - - -
Quarter 12 - - -

Sample size (total = 182) 96 86

SOURCES AND NOTES: See Table 3.1. Nine quarters of follow-up data are available for Alameda.
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TABLE C.2

6..ITTE AFDC-Us: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS

Outcome and Follow-Up Period Experimentals Controls Difference

Ever employed (%)
Year 1 (quarters 2-5) 51.4 44.1 7.3 "
Year 2 (quarters 6-9) 50.3 45.5 4.8
Total (quarters 2-9) 61.1 58.3 2.8

Average number of quarters with
employment

Year 1 (quarters 2-5) 1.30 1.08 022 "
Year .2 (quarters 6-9) 1.37 1.11 0.26 "
Total (quarters 2-9) 2.67 2.19 0.48 ""

Ever employed (%)
Quarter of random assignment 25.0 18.7 6.3 "
Quarter 2 30.2 25.8 4.4
Quarter 3 33.2 27.9 5.3
Quarter 4 33.0 28.2 4.8
Quarter 5 33.8 25.8 8.0 "
Quarter 6 34.2 27.4 6.8 "
Quarter 7 33.5 28.3 5.2
Quarter 8 34.4 26.5 7.9 "
Quarter 9 34.9 29.3 5.6'
Quarter 10 34.6 27.5 7.1 "
Quarter 11 - - -
Quarter 12 - -

Average total earnings ($)
Year 1 (quarters 2-5) 3026 2393 633
Year 2 (quarters 6-9) 4018 2773 1244 **
Total (quarters 2-9) 7044 5166 18n -

Average total earnings ($)
Quarter of random assignment 269 234 35
Quarter 2 618 436 182'
Quarter 3 730 625 105
Quarter 4 833 681 152
Quarter 5 845 651 194
Quarter 6 903 660 243'
Quarter 7 1030 723 307 "
Quarter 8 1033 694 339 "
Quarter 9 1052 696 355 "
Quarter 10 1131 836 295'
Quarter 11 -
Quarter 12

(continued)
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TABLE C.2 (continued)

Outcome and Follow-Up Period Experimentals Controls Difference

Ever received any AFDC payments (%)
Year 1 (quarters 2-5) 88.5 86.2 2.3
Year 2 (quarters 6-9) 66.1 68.3 -2.2
Total (quarters 2-9) 88.7 86.3 2.4

Average number of months receiving
AFDC payments

Year 1 (quarters 2-5) 8.34 8.44 -0.09
Year 2 (quarters 6-9) 6.43 6.78 -0.35
Total (quarters 2-9) 14.77 15.21 -0.44

Ever received any AFDC payments ( %)
Quarter of random assignment 88.7 88.6 0.0
Quarter 2 87.6 85.3 2.3
Quarter 3 77.0 75.8 1.2
Quarter 4 68.8 70.5 -1.7
Quarter 5 63.7 67.0 -3.3
Quarter 6 60.8 64.4 -3.6
Quarter 7 57.8 60.4 -2.7
Quarter 8 54.9 57.8 -2.8
Quarter 9 52.8 57.6 -4.7
Quarter 10 52.8 55.8 -3.0
Quarter 11 51.7 54.7 -3.0
Quarter 12 - - -

Average total AFDC payments received ($)
Year 1 (quarters 2-5) 6523 6749 -226
Year 2 (quarters 6-9) 5246 5775 -529
Total (quarters 2-9) 11769 12524 -755

Average AFDC payments received ($)
Quarter of random assignment 1726 1795 -69
Quarter 2 1853 1878 -25
Quarter 3 1688 1706 -18
Quarter 4 1528 1616 -89
Quarter 5 1453 1548 -95
Quarter 6 1400 1527 -127
Quarter 7 1336 1483 -147
Quarter 8 1276 1411 -135
Quarter 9 1235 1354 -119
Quarter 10 1200 1285 -85
Quarter 11 1180 1303 -123
Quarter 12 - - -

Sample size (total = 1006) 780 226

SOURCES AND NOTES: See Table 3.1. Ten quarters of employment and earnings follow-up data
and 11 quarters of AFDC data are available for Butte.
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TABLE C.3

LOS ANGELES AFDC-Us: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS

Outcome and Follow-Up Period Expcnmentals Controls Difference

Ever employed (%)
Year 1 (quarters 2-5) 41.2 29.4 11.8 ***
Year 2 (quarters 6-9) 39.0 29.3 9.7'"
Total (quarters 2-9) 47.8 34.7 13.1 ***

Average number of quarters with
employment

Year 1 (quarters 2-5) 1.24 0.91 0.33 "-
Year 2 (quarters 6-9) 1.23 0.91 0.32 "'
Total (quarters 2-9) 2.47 1.82 0.65

Ever employed (%)
Quarter of random assignment 25.1 23.5 1.6
Quarter 2 29.7 21.9 7.8'"
Quarter 3 30.5 22.8 7.8 ***
Quarter 4 31.7 22.6 9.1 ""
Quarter 5 31.9 23.3 8.7 ""
Quarter 6 32.0 22.4 9.6 ***
Quarter 7 30.6 23.0 7.6 ""
Quarter 8 30.7 23.8 6.9'"
Quarter 9 30.0 222 7.9
Quarter 10 28.1 21.4 6.7***
Quarter 11 - - -
Quarter 12 - - -

Average total earnings ($)
Year 1 (quarters 2-5) 1480 1221 259 "
Year 2 (quarters 6-9) 1785 1465 320 *
Total (quarters 2-9) 3266 2687 579 "

Average total earnings ($)
Quarter of random assignment 242 234 8
Quarter 2 338 261 77 "
Quarter 3 366 312 54
Quarter 4 383 305 78 "
Quarter 5 393 343 50
Quarter 6 459 366 92
Quarter 7 442 364 78
Quarter 8 456 372 83
Quarter 9 429 363 66
Quarter 10 394 363 31
Quarter 11 - -
Quarter 12 - -

(continued)
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TABLE C.3 (continued)

Outcome and Follow-Up Period Experimentals Controls Difference

Ever received any AFDC payments (%)
Year 1 (quarters 2-5) 97.1 97.8 -0.7
Year 2 (quarter;., 6-9) 90.9 90.7 0.2
Total (quarters 2-9) 97.2 98.0 -0.7

Average number of months receiving
AFDC payments

Year 1 (quarters 2-5) 11.19 11.26 -0.07
Year 2 (quarters 6-9) 10.43 10.40 0.04
Total (quarters 2-9) 21.62 21.66 -0.04

Ever received any AFDC payments (%)
Quarter of random assignment 97.5 97.5 0.0
Quarter 2 96.7 97.4 -0.6
Quarter 3 952 95.5 -0.3
Quarter 4 93.7 93.6 0.1
Quarter 5 91.1 92.3 -1.1
Quarter 6 90.1 89.9 0.1
Quarter 7 88.6 88.4 0.2
Quarter 8 87.7 86.5 1.2
Quarter 9 85.5 85.3 0.1
Quarter 10 83.3 84.1 -0.8
Quarter 11 82.2 81.3 1.0
Quarter 12 - - -

Average total AFDC payments received ($)
Year 1 (quarters 2-5) 9442 9871 - 429'"
Year 2 (quarters 6-9) 8333 8826 -493 ne"
Total (quarters 2-9) 17775 18697 -922 *gm

Average AFDC payments received ($)
Quarter of random assignment 2558 2565 -7
Quarter 2 2503 2552 -49 '"
Quarter 3 2406 2506 -100 *"
Quarter 4 2327 2451 -124 ".*
Quarter 5 2206 2361 -155 *"
Quarter 6 2171 2299 -128 "*
Quarter 7 2119 51 -13311"
Quarter 8 2066 2177 -111 "
Quarter 9 1978 2099 -121 *"
Quarter 10 1915 2045 -130 e"
Quarter 11 1900 1971 -71
Quarter 12 - - -

Sample size (total = 1458) 735 723

SOURCES AND NOTES: See Table 3.1. Ten quarters of employment and earnings follow-up data
and 11 quarters of AFDC data are available for Los Angeles.
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TABLE C.4

RIVERSIDE AFDC-Us: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS

Outcome and Follow-Up Period Experirnentals Controls Difference

Ever employed (%)
Year 1 (quarters 2-5) 57.2 48.6 8.6 ***
Year 2 (quarters 6-9) 51.2 44.6 6.6 ***
Total (quarters 2-9) 65.4 57.0 8.4***

Average number of quarters with
employment

Year 1 (quarters 2-5) 1.51 1.24 0.27 "'
Year 2 (quarters 6-9) 1.42 1.23 0.19
Total (quarters 2-9) 2.93 2.47 0.46

Ever employed (%)
Quarter of random assignment 28.9 23.0 5.9 ""
Quarter 2 37.5 27.4 10.2

Quarter 3 38.8 31.7 7.1 ***

Quarter 4 39.3 33.8 5.5 ***

Quarter 5 35.7 31.2 4.4 **

Quarter 6 37.7 31.1 6.6 ***
Quarter 7 36.0 31.1 4.9 **
Quarter 8 34.7 30.9 3.7
Quarter 9 33.2 29.4 3.7'
Quarter 10 32.7 28.4 4.3 **

Quarter 11 - - -
Quarter 12

Average total eamings ($)
Year 1 (quarters 2-5) 3691 2930 761 ***
Year 2 (quarters 6-9) 4039 3626 413

Total (quarters 2-9) 7730 6556 1174**

Average total eamings ($)
Quarter of random assignment 326 223 104 ***

Quarter 2 725 492 232'"
Quarter 3 970 690 280 ***
Quarter 4 1016 867 149

Quarter 5 981 881 100

Quarter 6 1051 928 123

Quarter 7 1029 929 100

Quarter 8 1012 916 96
Quarter 9 947 853 94
Quarter 10 981 831 150

Quarter 11 -- -
Quarter 12 - - -

(continued)
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TABLE C.4 (continued)

Outcome and Follow-Up Period Expenmentals Controls Difference

Ever received any AFDC payments (%)
Year 1 (quarters 2-5) 84.1 86.8 -2.8
Year 2 (quarters 6-9) 59.5 62.3 -2.8
Total (quarters 2-9) 87.2 90.0 -2.8 `

Average number of months receiving
AFDC payments

Year 1 (quarters 2-5)
Year 2 (quarters 6-9)

6.48
5.21

7.38
5.70

-0.90 ".
-0.49Total (quarters 2-9) 11.69 13.07 -1.38 "

Ever received any AFDC payments ( %)
Quarter of random assignment 88.2 88.3 -0.1
Quarter 2 78.8 84.3 -5.5 'Quarter 3 59.3 68.6 -9.3 "'I'Quarter 4
Quarter 5

55.7
51.1

60.5
56.9

-4.7 "
***Quarter 6 48.4 54.3

-5.8
-5.8 **.Quarter 7 48.2 50.9 -2.7

Quarter 8 47.4 49.6 -2.3
Quarter 9 46.9 49.5 -2.6Quarter 10 45.9 48.3 -2.4Quarter 11 44.7 44.9 -0.2Quarter 12 - -

Average total AFDC payments received ($)
Year 1 (quarters 2-5)
Year 2 (quarters 6-9)

4845
3895

5810
4643

-965 "
-749 **Total (quarters 2-9) 8739 10453 -1714 "

Average AFDC payments received ($)
Quarter of random assignment 1681 1735 -54Quarter 2 1539 1767 -228 'Quarter 3 1171 1465 -294 "Quarter 4 1102 1329 -227 "Quarter 5
Quarter 6

1032
995

1248
1234

-216 '6"

Quarter 7 992 1171
-239
-179 *Quarter 8 951 1136 -186 "Quarter 9 957 1102 -145 'Quarter 10 956 1072 -117 "Quarter 11

Quarter 12
916
- 1035

- -119 "-Sample size (total = 2323) 1590 733

SOURCES AND NOTES: See Table 3.1. Ten quarters of employment and earnings follow-up data
and 11 quarters of AFDC data are available for Riverside.

-182-



TABLE CS

SAN DIEGO AFDC-Us: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS

Outcome and Follow-Up Period Experimentals Controls Difference

Ever employed (%)
Year 1 (quarters 2-5) 53.9 50.1 3.8 "
Year 2 (quarters 6-9) 50.0 45.8 4.2 "
Total (quarters 2-9) 62.7 59.1 3.7 "

Average number of quarters with
employment

Year 1 (quarters 2-5) 1.49 1.38 0.10
Year 2 (quarters 6-9) 1.48 1.34 0.14 "
Total (quarters 2-9) 2.96 2.72 0.24 "

Ever employed ( %)
Quarter of random assignment 32.9 33.4 -0.5
Quarter 2 352 33.5 1.7
Quarter 3 37.8 35.7 2.1
Quarter 4 38.1 34.6 3.5'
Quarter 5 37.5 34.6 2.8
Quarter 6 37.9 34.3 3.6*
Quarter 7 37.5 33.8 3.6'
Quarter 8 36.7 32.8 4.0 "
Quarter 9 35.7 33.0 2.7
Quarter 10 ---___ - 34.9 33.6 1.3
Quarter 11 34.1 33.5 0.7
Quarter 12 33.9 33.9 0.0

Average total earnings ($)
Year 1 (quarters 2-5) 3331 3089 242
Year 2 (quarters 6-9) 4128 3978 150
Total (quarters 2-9) 7459 7067 392

Average total earnings ($)
Quarter of random assignment 377 399 -22
Quarter 2 624 560 64
Quarter 3 829 752 78
Quart... 4 914 879 35
Quarter 5 964 899 65Quarter 6 1034 966 68
Quarter 7 1034 985 49
Quarter 8 1028 1000 29Quarter 9 1031 1027 5
Quarter 10 1036 1077 -41
Quarter 11 1026 1123 -98
Quarter 12 1050 1119 -68

(continued)
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TABLE CS (continued)

Outcome and Follow-Up Period Expenmentals Controls Difference

Ever received any AFDC payments (%)
Year 1 (quarters 2-5) 94.9 94.0 1.0
Year 2 (quarters 6-9) 71.4 74.4 -3.0'
Total (quarters 2-9) 95.7 94.5 1.2

Average number of months receiving
AFDC payments

Year 1 (quarters 2-5) 8.97 9.40 - 0.44'"
Year 2 (quarters 6-9) 7.29 7.80 -0.51 "
Total (quarters 2-9) 16.26 17.21 -0.95

Ever received any AFDC payments (%)
Quarter of random assignment 98.0 98.3 -0.3
Quarter 2 93.7 92.9 0.8
Quarter 3 81.1 83.6 -2.5
Quarter 4 73.6 79.0 -5.4
Quarter 5 69.4 74.6 -5.2 ***
Quarter 6 652 71.0 -5.7 ""
Quarter 7 63.7 68.4 -4.7 "
Quarter 8 63.3 65.9 -2.5
Quarter 9 61.8 64.0 -2.2
Quarter 10 60.7 61.3 -o.e.
Quarter 11 59.8 58.7 1.0
Quarter 12 58.6 58.0 0.6

Average total AFDC payments received ($)
Year 1 (quarters 2-5) 6790 7301 -510
Year 2 (quarters 6-9) 5565 6197 -632
Total (quarters 2-9) 12356 13498 - 1142'«

Average AFDC payments received ($)
Quarter of random assignment 1871 1892 -21
Quarter 2 1936 1990 -54
Quarter 3 1720 1862 -142
Quarter 4 1614 1755 -141 ""
Quarter 5 1520 1694 -174
Quarter 6 1435 1631 -196 '"
Quarter 7 1395 1574 -180 ***
Quarter 8 1381 1517 -137 ***
Quarter 9 1354 1474 -120 -
Quarter 10 1339 1419 -80 *
Quarter 11 1304 1350 -47
Quarter 12 1277 1299 -22

Sample size (total = 3272) 2427 845

SOURCES AND NOTES: See Table 3.1. Twelve quarters of follow-up data are available for San Diego.
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TABLE C.6

TULARE AFDC-Us: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS

Outcome and Follow-Up Period Experimentals Controls Difference

Ever employed ( %)
Year 1 (quarters 2-5) 52.5 51.2 1.3
Year 2 (quarters 6-9) 50.2 48.9 1.3
Total (quarters 2-9) 61.5 592 2.3

Average number of quarters with
employment

Year 1 (quarters 2-5) 1.38 1.38 0.00
Year 2 (quarters 6-9) 1.41 1.39 0.01
Total (quarters 2-9) 2:79 2.78 0.01

Ever employed (%)
Quarter of random assignment 30.3 31.8 -1.5
Quarter 2 32.2 31.6 0.6
Quarter 3 36.4 35.1 1.2
Quarter 4 34.7 36.9 -2.2
Quarter 5 34.6 34.6 0.0
Quarter 6 36.1 37.5 -1.4
Quarter 7 37.6 37.5 0.1
Quarter 8 34.8 33.6 1.2
Quarter 9 32.2 30.7 1.5
Quarter 10 - - -
Quarter 11 - -
Quarter 12 - -

Average total earnings ($)
Year 1 (quarters 2-5) 2987 2961 26
Year 2 (quarters 6-9) 3723 3998 -275
Total (quarters 2-9) 6709 6959 -249

Average total earnings (S)
Quarter of random assignment 345 373 -28
Quarter 2 561 639 -78
Quarter 3 786 767 19
Quarter 4 823 776 47
Quarter 5 817 779 38
Quarter 6 910 980 -70
Quarter 7 999 1033 -34
Quarter 8 955 1027 -72
Quarter 9 858 958 -100
Quarter 10 - -
Quarter 11 -
Quarter 12 -

(continued)
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TABLE C.6 (continued)

Outcome and Follow-Up Period Experimentals Controls Difference

Ever received any AFDC payments (%)
Year 1 (quarters 2-5) 94.3 92.6 1.7
Year 2 (quarters 6-9) 76.5 75.7 0.8
Total (quarters 2-9) 94.8 93.7 1.2

Average number of months receiving
AFDC payments

Year 1 (quarters 2-5) 9.33 9.14 0.20
Year 2 (quarters 6-9) 7.81 7.61 0.20
Total (quarters 2-9) 17.14 16.74 0.40

Ever received any AFDC payments (%)
Quarter of random assignment 94.8 95.7 -0.9
Quarter 2 92.8 90.9 1.8
Quarter 3 84.4 80.2 4.2 "
Quarter 4 77.8 76.0 1.8
Quarter 5 74.6 74.5 0.2
Quarter 6 70.6 69.8 0.8
Quarter 7 68.3 66.8 1.5
Quarter 8 66.6 65.0 1.6
Quarter 9 66.4 65.3 1.1
Quarter 10 - -
Quarter 11 - -
Quarter 12 - - -

Average total AFDC payments received ($)
Year 1 (quarters 2-5) 7545 7523 23
Year 2 (quarters 6-9) 6316 6261 54
Total (quarters 2-9) 13861 13784 77

Average AFDC payments received ($)
Quarter of random assignment 1916 1997 -81 *"
Quarter 2 2059 2054 5
Quarter 3 1927 1898 29
Quarter 4 1805 1813 -8
Quarter 5 1754 1757 -3
Quarter 6 1657 1638 19
Quarter 7 1586 1563 23
Quarter 8 1542 1540 2
Quarter 9 1530 1520 10
Quarter 10 - - -
Quarter 11 - - -
Quarter 12 - - -

Sample size (total = 1901) 1319 582

SOURCES AND NOTES: See Table 3.1. Nine quarters of follow-up data are available for Tulare.
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