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Introduction

‘ George J. Borjas
University of California, Santa Barbara

Marta Tienda
University of Wisconsin, Madison

Few topics have intrigued social scientists more than the study of
social inequality. The voluminous research accumulated in the social
Science literature has focused on an.analysis of the factors which lead to
Social differentiaticn. This research has provided useful insights into
the operations of various social institutions and labor markets, and it
has given policy makers an understanding of the social consequences of
changes in government policies.

Sociologists and economists have concentrated their empirical study
of social inequality on the dimensions of education, occupation, and
income. Economists, and human capital theorists in particular, have made'
important contributi?ns to our understanding of how labor market outcomes,
such as employment patterns and wage rates, differ between men and women,
blacks and whiteg. and workers who are‘highly differentiated in terms of
skills and schooling.l Sociologists, on the other hand, have devoted a
' good deal of attention to the study of individual attaimment of education
and occupational status by taking the socioeconomic life eycle as a
conceptual framework and translating into a specific model the assumptions
-about how the achievement process cperates. Blau and Duncan's (1967)

benchmark study, The American Occupational Structure, was the first in

this tradition, and it furnished the conceptual and methodological

groundwork for much subsequent study.
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An important share of the literature on income inequality has focused
on the analysis of the economic status of minorities. In economics, such
studies have grown rapidly since the publication in 1957 of Becker's

seminal work, The Economics of Discrimination. The theoretical thrust of

this literature has been the development of vsrious concepts regarding the
origins of labor market discrimination. Two basic concepts of
discrimination have received cqreful attention: "taste" discrimination
and "statistical® discrimination.2 The former explicitly introduces
prejudice as a deterrent to social i{nteractions among various groups,
while the latter focuses on how, in a world marked by uncertainty about
the productivity of individuals, economic agents may rationaily use race
and sex as informational signals.

The empirical literature on labor muriket discrimination as written Ly
both sociologists and eéonomists has baai@ally addressed two related
{ssues: the measurement of' wage differentials betwren white men and other
sex/race groups: and the interpretation of the secular increase in the
black relative wage since the mid-1960s.2 - Three major conclusions
emanate from these writings. First, the eirninsa of black men are lower
than the earnings of "equally skilled" whites (i.e., with sim’lar
observable socioeconomic characteristices)., Second, the earnings of women
are lower than the earnings of men, although some portion of the
maie/female wage differential is attributable to the intermittent labor
force participation usually exhibited by married women. Finally, the
relative earnrings of blacks haQe 1ncreas§d substantially in the last two
decades. The intarpretation of this fact has been the subject Qf heated

debate, since it has occurred during a time marked by both increases in



affirmative action expend:tures and the "exodus" cof low-wage-earning
blacks from the labor market.

As is evident from this brief review, the discrimination literature
is remarkable for its (alimost) total disinterest in the economic status of
groups other than blacks and women. Hovever, the growth of the Hispanic
Populatién in the years since World War II, coupled with evidence of
increasing diversification among them and the disproportionate
representation of Mexicans and Puerto Ricans among the ranks of the poor,
encouraged a few social scientists to document the significance of this
omission. In 1950, for example, less than 3% of.the country's population
‘was of Hispanic origin, By 1980, the same statistic had increased to 6%,
or roughly 14 million individuals. The rapié growth of the Hispanic
minority is due both to relatively high rates of natural increase and to
the continued high levels of immigration from Mexico, Central America, and
the Caribbean. This growing visibility of the Hispanic minority has led
to predictions in the popular media that, by 1990, Hispanics will become
the largest.minority. and has led to an increasing awareness of the
important socioceconomic and political changes which may occur as Hispanics
integrate themselves into U.S, society and its economic and political
markets,

In advocating and undertaking research on Hispanies, it is important
at the outset to address a fundamerital question: what can we expect to
learn by studying the economic status of Hispanics in the labor market?

In other words, why should the study of the Hispanic minority be
intellectually interesting to social scientists in general, and labor

market analysts in particular?
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At a minimum, the analysis of the labor market characteristics and
employment experiences of Hispanics should yield important empirical
insights into their economic status and mobility. More inmportantly,
however, several factors suggest that the systematic study of the Hispanic
minority and its component national groups has broader scientific
implications. In particular, such an undertaking may lead to the
developﬁent of substantive findings regarding the operation of the United
States labor market. For example, one-third of all Hispanies of labor
force age are immigrants, and we are jusé beginning to understand the
nature of the labor market and social impact of immigrants. Clearly any
study of recent immigration in the U,S. must explicitly analyze the
volume, the causes, and the consequences of the large Hispanic immigration
in both the sending and receiving communities. Thus, the study of the
immigration and social integration experience of Hispanics can be expected
to yield insights on such diverse topics as the importance of language
acquisition in the labor market: the accumulation of human capital
investments by "new" labor market entrants (i.e., the immigrants); and
the significance of the reason for immigration (i.e., "economic"
immigrants versus political refugees). All of these subjects bear
important policy implications, in both the domestic and international
arenas,%

A second set of issues that the study of Hispanics should help
clarify deals with intergenerational mobility as a determinant of labor
market outcomes. For‘example. the 1970 Census indicates that about 45% of
all Mexican-origin indiviﬁﬁals had foreign-born parents. This empirical
fact raises a multitude of possibilities for empirical research on the

transmission of human capital from the immigrant parents to the
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native-born children. Such analyses can provide an important addition to

the developing literature on the intergenerational properties of the

income distribution.5

Third, the study of Hispanics can provide important insights into the
role of nationality and ethnicity in determining labor market success.
There are five major nationality groups in the Hispanic population:
Mexican, Puerto Rican, Cuban, Central/South American; and "other"
Hispanicu. The hetersogeneity of labor market characteristics among the
fi-e grcups is remarkable. These groups are located in different
geographical regions; their labor force éarticipation rates and
employment patterns differ considerably; their average earnings vary
rnctably! So also do their socioceconomic and demographic characteristics.
These empirical facts suggest that nationality plays an important part in
differentiating this population--one that is critical for labor market
success. This is not surprising, as national background has significantly
influenced the economic integration of mény ilon-Hispanie groups in the
United States. The analysis of the Hispanic population therefore provides
a unique opportunity to isolate the factors responsible for the importance
of nationality as a determiﬁant of success'in the'U.S. labor market,

- particularly since the groups8 share many cultural traits.

Finally, careful analysis of tﬁe Hispanic population should generate
important results concerning how the labor market adjusts to large shifts
in the supply (both in terms of numbers and skiils) of workers. For
instance, the Hispanic population has grown so fast that it has been
blamed fdr various changes currently taking place in some labor wmarkets.
An important research question, therefore, is the impact of Hispanics on

local and regional labor markets. This type of analysis would shed light
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on how Hispanics affect the earnings, employment, and occupational
characteristics of other minority and nonminority groups. More
importantly, such studies would deal largely with a fundamental question
in economics: how do labor markets work? The systematic study of
Hispanies could, thefefore, provide significant insights into *he

ad justment mechanisms in modern labor markets,

Despite the intriguing research and policy probléms posed by the
study of Hispénic labor market experiences, moSt of the available studies
do not address the broad theoretical issues we have identified. There
currently exists a considerable amount of descriptive information about
the employment and earnings of the Hispanic-origin groups, and especially
about Mexican=-origin men in the Southwest, Most of these studies rely on
the published 1950, 1960, or 1970 deceni:ial census reports, or public
microdata files. Aggregate descriptive rgports prepared by government
organizations have provided useful baseline information about differences
among the various Hispanic national-origin groups, but these data
general.y do not permit inferences about the matrix of causal forces
underlying particular cutcomes or differentials,

Evidence based on aggregate descriptions does show, however, that the
low occupational status of the Hispanic population has improved steadily
since 1930, partly as a result of the geographic redistribution from rural
to urban places and the accompanying occupétional shifts from agricultural
to service, and from low=-skilled to semi-skilled jobs. What is less
certain is whether the improvements experienced by Hiépanics kept pace
with those of the non-Hispanic population, and whether th;se gains in
2conomic standing were uniform among all groups. Available evidence

~ suggests that this may not be the case. Because of the difficulties of
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adequately distinguishing among the Hispanic national-origin groups until
very recently, as well as the problems of comparability introduced by
changes in the Spanish identifiers between 1950 and 1970, few researchers
undértook comparative analyses of the major Hispanic nationalities, even
&t a highly descriptive level, This situatioq changed with the inclusion
of Spanish identifiers in the Census Bureau's annual Current Population
Surveys during the early seventies, and especially with the release of the
1976 Survey of Income and Education (SIE) microdata file. This data set
is the basis for most of the studies conéained in this volume.

In summary, while the available literature has not provided a solid
understanding of why the Hispanic minority is where it is socially and
economically, it has given us a multitude of descriptive empirical
relationships that need further exploratidn. and thus is largely
responsible for carving the research agenda fcr current researchers. The
sStudies in this volume, in fact, are best understood within this
framework, since they all have two things in common: (a) refinement of
the empirical analysis found in the descriptive literature; and, (b)
development of a theoretical framework to aid in the interpretation of

these findings anc in the use of the analysis for policy purposes.

STUDIES OF EARNINGS DETERMINATION

The papers by Reimers, Abowd and Killingsworth, and Hyers and King
all focus on the same issue: the determination of wage rates for Hispanic
individuals and compzrison of Hispanic and non-Hispanie wage rates. The
Methodology used in these studies depends heavily on the voluminous
diserimination literature discussed above. Despite differences in the

data sets and the subpopulations analyzed, and in the statistical
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techniques used, the findings in the three studies tend to be quite
similar,

Reimers' study, based on the 1976 SIE, focuses on Hispanic male wage
determination. She mazkes the standard argument that in order to estimate
the extent of wage "discrimination" among equally skilled groups, the
statistiéal analysis must contro) for differences in the observable
socioceconcmic characteristics (e.g., education, experience, etec.). In
addition, she argues that the wage offer distribution is likely to differ
from the observed wage distribution. 1In other words. because a certain
fraction of the population opts not to work, given their costs and
opportunities, the observed wage distribution cannot be used to predict
how much the average Hispanic, or black, or white would earn. Thus, it is
necessary to correct for the decision about whether or not to work when
comparing earnings differentials amorg various groups.

Using the Heclman (1979) correction for selectivity, Reimers finds
that controlling for differences in socioeconcmic characteristics reduces

substantially the wage differences between Hispanics and non-Hispanics.

For example, among Mexicans, the largest Hispanic subgroup, Reimers finds
that the observed wage differential is about 30% for men. Yet, once she
controls for differences in socioeconomiec characteristics, the wage
differential drops to about 5%, In fact, Reimers finds a large number of
Hispanic groups for whom the wage--for similar socioceconomic
characteristics--is the "same" as that of white non-Hispanic men.

The same types of reéults are o>tained by Abowd and Killingsworth
using a different data set and a different statistical framework. They
find that for non=-Puerto Rican Hispanics, the standardized wage

differential is very close to zero. Similarly, Myers and King, using the
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new National Longitudinal Survey of Youth, find relatively small
Hispanic/non-Hispanic wage differentials. All of these studies,
therefore, indicate that the low wage level of Hispaniecs in the U,S.
labor market does not result primarily from the type of "wage
discrimination" usually found in black/white comparisons, Rather, it is
largely due to tihe fact that Hispanics, on the average, have relatively
low levels of those characteristic (in particular, education) which are
valued in the labor market. These studies thus suggest a fruitful avenue
for future research: thé studx of differences in the costs and

opportunities for human capital investments between Hispanics and

non-Hispanics,
UMEMPLOYMENT

Both the DeFreitas and Stephenson papers focus on the importance and
impact of unemployment améng Hispanics in the U,S, 1labor market. Based
on the 1976 SIE, the DeFreitas study provides a systematic empirical
analysis of the unemployment experience of Hispanics, examining
differences in both the incidence and duration of unemployment and showing
the effects of immigration, education, and other sécioeconomic variables
on the Hispanic unemployment propensities., He finds that at the national
and regional level, Hispanics were considerably more likely to be
unemployed one or more times during 1975 than were non-Hispanics,

Although Hispanics and non-Hispanics do not differ significantly either in
the average duration of joblessness or in the effects of most personal and
labor market characteristics on the total length of unemployment spells,
the higher rates of Hispanics stem from a greater probability of their

experiencing one or more spells of joblessness, DeFreitas' analysis

12



10

indicates that differences in worker characteristics largely explain the
higher incidence of unemployment among Hispaniecs, but that there is some
evidence that differential treatment plays a significant role in
generating the higher Hispanic unemployment rates.

Using data from the NLS continuous work history files, Stephenson
addresses a different asyect of thé unemployment experience by foéusing on
how individual énd market characteristies influence the unemployment rates
of Hispanic youth. HKis results show that family income, marital status,
and post-school vocational experience, age, and local unemployment rates
significantly influence unemployment propensities, especially among women.
Stephe :son concludes that Hispanic youth joblessness rates are quite high,
due largely to relatively long spells of nonwork after losing a job, and
that sex differences occur primarily because women experience a nonwork
duration nearly 50% longer than their male counterparts, Theée findings
.suggest how policy measures can be targeted to reduce unemployment among
Hispanic youth. What remains to be examined by future research is whethaor
and now the experiance of extsnsive unemployment during the early stages
of the work cycle ultimately influencesiadult work experiences, Future
research should develop strategies to relate the findings of both the

DefFreitas and Stephenson papers,
EDUCATIONAL TRANSITIONS

The available research and papers described above identify low
educational achievement, particularly among Mexicans and Puerto Ricans, as
a major determinant of low Hispanic earnings and high unemployment rates.

This problem originates in the unusually high dropout rates characteristic

of Hispanics.
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Using 1979 NLS data, Fligstein and Fernandez probe the question of
the determinants of high dropout rates for Mexican Americans. Bécause of
the sample size, reliable analyses were not possible for the remaining
Hispanic groups. The authors' model of the process of educational
attainment for Mexican Americans includes elements reflecting the general
process of educational attainment in the United States together with
ethnic and cultural factors that are unique to Mexican Americans. By
comparing Mexican Americans and Anglos, they isolate factors that partly
account for the observed differentials.

For Mexican Americans, failure to reach high school completion is the
major barrier to educational achievement. However, those who do graduate
go on to college at higher rates than do whites, despite their lower
socioeconomic origins. As for whites, general family background factors
influence Chicano school attendance and delay in a grade, but only one of
thg ethnic factors--migration history-—consistently affects high school
and college attendance and delay in high school. From their results,
Fligstein and Fernandez conclude that programs desigred to improve the
English proficiency of Chicanos and to reduce school segregation should
enhance Chicanos' school completion rates. Two general research questions
remain for future analysts. One involves determining whether the pattern
observed for Chicanos also holds for other Hispanics, and arother involves
exploring how school curricula, including the availability‘of bilingual

education programs, influences the school performance of Hispaniec youth.

FEMALE EMPLOYMENT A#D UMDOCUMENTED IMMIGRATION

The employment patterns of women and immigrants, especially those who

are undocumented (lack legal authorization), illustrate how differential
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access to and success in the U.S. 1labor market contribute to social
inequality. The paper by Bean, Swicegood, and King addresses an important
research problen that has not been studied by analysts of the female labor
force: how does the high fertility of Hispanie women influence their
labor market behavior? And, does nationality produce different patterns
of relationships among women of Mexican, Puerto Rican, and Cuban origin?

Bean and his associates focus on the relationship of fertility and
labor supply among Hispanic-origin women, aiming to test several specific
hypotheses that derive from the general notion that the trade-offs women
make between child care and work outside the home--=known as the
"role-incompatibility hypothesis'"--are in conflict with one another. They
base their study on a subsample of the SIE suited to test these
hypotheses: currently married Hispanic origin women aged 20-34. Although
there are differences in the extent to which the role-incompatibility
hypothesis describes the fertility and labor force behavior of Mexican
American, Puerto Rican, and Cuban-origin women in general, the pattern of
results is consistent with its predictions: namely, high fertility will
depress female labor supply if and when women are placed in situations
where they must choose between employment and mothering.

'In explaining why their results differed amonz groups, Bean and his
associates conjectured that residing and working in ethnic enclaves may
account for the positive influence of the husband's income on the labor
supply of Cutan-origin women. In particular, the less constraining
influence of fertility and labor supply that cccurs with riSing
socioeconomic status among Cuban-crigin women may partly reflect the
greater likelihood of self-employment and greater opportunities to employ

domestic servants, two circumstances which enhance their ability to employ
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alternative child care a;rangements. This speculation awaits further
exploration, but it is an intriguing guestion which should help clarify
the significance of naﬁional origin and residential concentration in
differentiating the Hispanic-origin population.

Of all the issues that have turned policy and research attention
toward the Hispanic population, perhaps none has received aS much popular
and academic attention as that of undocumented immigration. And yet this
is an area where researchers concede they have much to learn. Based on an
ethnographic study of two Southwestern cities, the paper by Browning and
Rodriguez deals with the process by which undocumented Mexican workers
integrate themselves into U.S. .society and its labor market. By foéusing
on the settlement process rather than the process of migration per se,
they address issues which géeatly concern poulicy analysts. Their paper
differs from the others in this volume in that the models elaborated are
geared for a conceptual and ethnographic, rather than an empirical
econometric, analysis. The richly textured evidence garnered from the
field-work provides many insights into the process by which undocumented
laborers enter the labor force and the multiple strategies they use to
sustain themselves socially and economically.

An important finding that deserves to be highlighted is that
considerable separation and insularity characterizes the insertion of
undocumented workers in the U.S., sonial structure and labor market.
Undocumented weorkers maintain a certain social distance even from the
Chicanos who allegedly serve as a general host community. Mot only does
this indicate some containment of their labor market mobility, but it also
suggests that national origin per se is not the sole dimension of

ethnicity which determines how workers fare in the U,S. occupational
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structure., Undocumented wcrkérs do not attain status through occupational
or job mobility, as do Chicanos.'but rather by finanecial accumulation.
Their prospects for mobility in the U.S., occupational structure are
largely intergenerational, for few undocumented workers escape the
exploitatioﬁ of low-skilled, low-paying Jobs.

Although these studies do not exhaust the range of research and
policy issues needed to help us better understand the labor market
experiences of Hispanic origin workers in the United States, taken
together they represent én important contribution toward the goal of
clarifying why Hispanics do not fare as well as non-Hispanic whites in the
labor market. Through their empirical findings. and the new questiops

i

generated in the process, these papers have begun to fill an enormous

research gap.
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Notes

1. See, for example, the wcrk of Becker (1975) and Mincer (1974). A
recent survey of the humanr capital literature is given by Rosen (1977).

2. See the recent theoretical developments in Arrow (1973), Borjas
and Goldberg (1978), and Phelps (1972).

3. .See, for example, Freeman (1981) and Smith and Welch (1977).

U, For a modern analysi; of the labor market characteristics of
immigrants in the United States, see Chiswick (1978).

5.- For a theoretical development of this issue, see the pathbreaking

Wwork of Becker (1981).
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Section I:

Earnings



A Comparative Analysis of the Wages of Hispanic,

Black, and Anglo Men

Cordelia Reimers
Department of Economics
Hunter College of the City University of New York

The original version of this paper was presented at the Hispanic Labor
Conference, Santa Barbara, California, February 4-5, 1982. This research
was supported by the U.S. Department of Labor, Employment and Training
Administration, grant no. 21-34-78-60, for research on Hispanic American
labor market problems and is$sues. I am indebted to Gilles Grenier and
Jesse Abraham for excellent research assistance. Barry Chiswick, Ralph
Smith, Marta Tienda, and members of the Princeton University Labor
Economics/Industrial Relations Ssminar made useful suggestions.
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A Comparative Analysis of the Wages of Hispanic,
Black, and Anglo Men

Hispanic men, like blacks, have lower average wages than white
non-Hispanic men. The Hispanic/Anglo wage ratio for men in 1975 ranged
from .72 for Mexicans to .89 for Cubans.l That Hispanics are a disadvan-
taged group in the U.S. labor market is widely recognizad; little is
known, hoﬁever, about the spec:ific sources of this disadvantage. For
example, how much do lower education levels, younger average age, recency
of immigration, English language problems, or residence in low-wage areas
of the country contribute to the Hispauics' lower wages? How important
is labor-market discrimination?

This paper analyzes the wage structure of Hispanic men to provide a
detailed picture of the factors contributing to their wages. The wages
of black and white non-Hispanic men are also analyzed, for purposes of
comparison. We first look at the average values of various wage-related
personal characteristics for each gthnic group. To find out how impor-
taut these characteristics are in determining wages, we then estimate a
separate wage function for each ethnic group: Mexicans, Puerto Ricans,
Cubans, Central and South Americans, “other Hispanics,” black
non-Hispanics, and white non-Hispanics. The data are from the 1976
Survey of Income and Education. The wage samples consist of male civi-
lian employees aged 14 and above who were not self-employed nor full-time
students. These wage samples contain abcut 602 of the total number of
males in the data set.

Because the observed wage structure is affected by the decisions men

make about whether or not to participate in the wage and salary sector as
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well as by the wage offers they receive, we correct for possible sample
selection bias to get consistent estimates of the parameters of the wage-
offer function facing each ethnic group. A group's wage-offer function
shows the effect of various personal characteristics on the average wage
offered by employers to members of the group, whether or not the offers
'are accepted and the individuals appear in the wage sample. The group's
observed-wage function, on the other hand, shows the effect of these
charactaristics on the average wage that is ac'ually observed in the waze
gsample. The average observed wage will differ from the average wage
offer if inclusion in the wage gample is not random with respect to the
wage offer. For example, i{f those who receive unusually low wage offers
are less likely to accept them, the average observad wage will be higher
than tte average wage offer.

Examination of these parameters of the vuge function reveals, among
other things, to what extent English-languuge deficiencies reduce wages,
i;ether black Bispanics earn less than white Hispanics, and whethker
minorities earn more in the public than the privaté sector. They also
tell 10w rapidly immigrants' earnings rise after they come tn the United
States, how the returns to forzign schosling and work experience compare
with the returns to schooling and work experience acquired in the United
States and how these returns vary across ethnic groups.

Finally, we want to know how much the differences in average personal
characteristics=--education, age, recency of immigration, etc.——and in
parameter3 of the wage function contrihbute to the observed wage differen~
tials between minority men and whice non-Hispanics. To answer this

question, we present a detailed breakdown of thie observed wage differen~
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tials, showing the portions due to (1) differences in sample selection
blas; (2) geographical differences in price levels; (3) differences in
average personal characteristics, broken down to show education, poten-
tial work experience, nativity and date of immigration, English fluency,
etc., separately; and (4) differences in parameters of the wage function
due to labor-market discrimination and other omitted factors.

The next section describes the data and specification of the wage
function in detail. We then present the average wage-related charac-
teristics of the various ethnic groups. The following section discusses
the estimated parameters for gpecific variables, their magnitudes, and
intergroup variation. Next we describe the breakdowns of the
minority-Anglo wage differentials for each ethnic group. Our major

conclusions are summarized in the final section.

DATA AND MODEL SPECIFICATION

The Survey of Income and Education, conducted by the U.S. Bureau of
the Census in the spring of 1976 on a sample of over 150,000 householés
in all fifty states and the District of Columbia, furnished the data for
this study.2 Detailed information on employment, sources and amounts of
income, race, sex, age, ethnicity, nativity, immigration date, education,
language usage, health status, and family composition are available.
Ethnicity was self-identified by the response to the question, "What is

's origin or descent?” accompanied by a 1list of ethnic groups. Race
was assigned by interviewer observation. The most serious omissions are
measures of accumulated work experience, job trainiﬁg, and ability. Wage

rates are not reported directly, but must be comput2d from reported

27
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annual earnings, total weeks worked, and usual hours worked per week in
1975. Despite these shortcomings, the Survey of Income an. Education 1s
an attractive data set for investigating Hispanic-Anglo earnings dif-
ferentials because it contains immigration and language information and
because tﬁe large sample enables one to examine relatively small ethnic
groups, such as Cubans, separately.

The data in the Survey of Iacome and Education reflect the conditions
of a recession year, 1975. Since all sorts of differentials in the labor
market tend to widen in recessions, our findings may not represent
"normal” conditions. We minimize this potential problem by focusing on
wage rates, which fluctuate less over the cycle than employment or hours,
and by taking account of s#mple selection bias in estimating the wage
functions. Therefore, intergroup variations in employuent over the cycle
stiould not affect our results.

From the Survey of Income and Education we took the records of every
male aged 14 or older who identified timself as being of Hispanic
origin--i.e., Mexican American, Chicano, Mexican, Mexicano, Puerto Rican,
Cuban, Central or South Americaa, and the residual category of “other

Hispanic.” The first four groups constitute our *Mexican” category. We
also extracted random samples of households headed by white and black
non-Hispanics. Our seven samples are mutually exclusive: the Hispanics
may be of any race; the whites and blacks include non-Hispanics only.
Non-Hispanics who are neither white nor black (e.g., Asians) are excluded
from this study.

For estimating the wage function, we restricted the samples to those

for whom a reasonably accurate wage rate could be obtained by dividing

annual earnings by annual weeks worked times usual hours worked per week

28
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in 1975. The wage samples were therefore composed of civilians thm
worked for pay in 1975; whose earnings were -from wages and salaries only;
who were either not enrolled in school on February 1, 1976, or had worked
over 1250 hours in 1975 if they were enrolled; for whom we had complete
information on the explanatory variables; and whose hourly earnings,
adjusted. for the cost of living, were between 10 cents and 50 dollars for
Hispanics and blacks and between 10 cents and 100 dollars for white
non-Hispanics. Examination of the hourly earnings distributions for each
group revealed a few cases with sdch extremely low or high values that it
ceemed they must result from errors in reporting earnings or weeks or
hours; because such extreme values would exert a great deal of leverége
in an ordinary least squares regression, it seemed desirable to exclude
them from the samples rather than to treat them as ordinary
errors—in—equation.3 Thus we excluded the self-employed, students
working part-time, Armed Forces personnel, unpaid family workers and
others with no reported earnings, those lacking information on such
explanatory variables as language fluency and health status, and a hand-
ful of outliers om hourly earnings. The reasons for the first three
exclusions are as follows: for the seif-employed, computed hourly ear-
nings are likely to be a very poor measure of the wage rate; weeks and
hours worked are not available for the Armed Forces; and students often
choose part-time jobs for convenience, at wages that do not reflect their
human capital. )

The wage samples, thus restricted, contain only about 60% of the
mzles aged 14 or older in the data set. Moreover, inclusion in our wage
sample is the consequence of several decisions by a respondent that might

very well be nonrandom with respect to tha stochastic error in the wage
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equation, and which may therefore bias the results. He must have chosen
to be a civilian wage and salary employee rather than a full-time stu-
dent, a éelf—employed person, a nonmarket worker, a retiree, or a member
of the Armed Forces. This decision was presumably the outcome of opti-
mizing behavior with respect to the current use of his stock of human
capital. Because omitted Qariables that affect one's productivity in the
wage and salary sector probably affect one's prodﬁctivity differently in
the education, Armed Forces, self-employment, and nonmarket sectors, we
would expect some systematic censoring~of the sample to occur, with
attendant bias to the estimated coefficients of the wage equation.

To see this, let the wage-offer function for individual 1 in group jJ

be
(1) 1nwij = Xiij + €114

Let the rule governing participation in the wage and salary sector be as

follows: individual i in group j participates if and only if
(2) Zinj + €214 > 0.

Ir these expressions, lnwij is the natural logarithm of the wage rate,
xij and 234 are veciors of known individual characteristics, B and Yj

are vectors of unknown coefficients that are common to the members of the

group, and €113 and €214 are random errors that reflect unknown influen-

ces on the wage rate and the participation decision, respectively. €344

and €214 are jointly normally_distributed, with

E(e114) = E(e214) = O
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G115 0123
Cov(eyg4e21'§') = if {=1" and j = ',
0123 1

=04f 1+ 1' or j % j'.
Then, as Heckman {1979) has shown,
(3) E(lnwij | 1n eample) = X133 + E(Elij| in sample)

= 3By + o120y

where iij = f(Zij;j)/F(Zij;j), in which £(.) is the standard normal
density function, and F(.) is the standard normal distribution function.
If participation in the wage and salary sector is not random, given one's
observed characteristics, so that 6324 # O, then E(Elij| in sample) # O
and ordinary least squares estimates of Bj will be subject to a type of
"omitted variable” bias.

Therefore, to get consistent estimates of Bj. we estimate a sample
participation probit to obtain ;j, compute iij, and include it as an
additional regressor in the wage function, which is then estimated by

ordinary least squares:
(4) InWyq = X184 + 012014 + vij,

where vi§~ N(O, Xj).

The variables in the reduced-form probit equation are defined in
Table 1, and their mean values are given in Table 2. In addition to the
variables in the wage equation, the probit includes marital ststus, cer-

tain determinants of the spouse's wage if married, number and ages of

3i
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family members, exogenous family income, and the maximum AFDC payment
that would be available to the family if it had no other income.

The estimated probit coefficients, reported in Table 3, look reason-
able. Age and health are the only consistently significant determinants
of being a wage or salary eavi:, . Education, welfare, exogenous iacome,
marital status, and spouse's age and #lucation also have the expected
effect, either positive or negative, in all but 5 out of the 49 instances
(assuming that the effect of the spouse's wage on a person's labor supply
is negative).

For the wage equation itself, as indicated above, we computed the
average hourly wage rate as total wage and salary earnings in 1975,
divided by the product of total weeks worked and usual hours worked.in
those weeks. To allow for differences in wages due to price-level
variation across the‘country,'we divided each peéson's hourly earnings by
a cost-of-living index for his place of residence.4 The dependgnc
variable for the estimated wage equation was the nﬁtural logarithm of
"real” hourly earnings, "real”™ in this case meaniné adjusfed in that manner
for the cost of living. This is equivalent to entering the natural
logarithm of the cost index as an explanatory variable, and constraining
its coefficient to equal one. This adjustment eliminated 7% of the ori-
ginal wage differential between Mexican and white non-Hispanic males, but
widened the differential for Puerto Ricans, who tend to live in the high-
cost Northeast.

As explanatory variables we used educational attainment, years of
education obtained abroad, potential work experience (i.e., age minus

preschool and school years), military experience, health status, and com-
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Table 1

Definitions of Variables Used in the Analyses

Variable Definition

WAGE (W) Hourly wage rate, calculated as annual
earnings/(weeks worked x usual hours worked
per week) in 1975.

LNWAGE (1lnW) Natural logarithm of WAGE.

LNCOST (1lnP) Netural logarithm of BLS cost index for
moderate family budget in SMSA or region of
residence. If SMSA of residence was not in
the BLS sample, another SMSA in the same state
or region was used. If residence was not
identified as being in an SMSA, the BLS index
for nonmetropolitan areas in the region was

used.

LNRWAGE 1n(W/P) LNWAGE minus LNCOST.

ED Highest grade of school completed.

FORED Years attended school abroad (= 0 if born in
U.S. mainland). :

AGE Age, in years.

AGESQ Square of AGE.

EXP Potential work experience; age minus highest
grade attended minus 5.

EXPSQ Square of EXP.

USEXP Years of potential work experience in U.S.:

if born in U.S. mainland, age minus highest
grade attended minus 5; if born outside U.S.
sainland, estimated time in U.S. (using mid-
point of immigration period) or age minus
highest grade attended minus 5, whichever is
smaller.

USEXPSQ Square of USEXP.

(table continues)

0
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Table 1 (cont.)

Definitions of Variables Used in the Analyses

variable " Definition

FOREXP ° Years of potential work experience before
immigrating to U.S.: age minus highest grade
attended minus 5 minus USEXP.

FOREXPSQ Square of FOREXP.
VET = 1 if veteran; O otherwise (men only).
MAR = 1 if married, spouse present; O otherwise

(women only).

KIDSLT6 No. of children under age 6.

KIDS611 No. of children aged 6-1l.

KIDS1217 No. of children aged 12-17.

FAM1864 No. of family members aged 18-64.

FAM65 No. of family members aged 65 or more.

FBORN = 1 if born outside U.S. mainland; O otherwise.
Uso6 . No. of years since immigrated to U.S., 1970 or

after (= 0 if born in U.S. or immigrated
before 1970).

US46 = 1 if immigrated to U.S. 1970-72; O otherwise.
Us711 = 1 if immigrated to U.S. 1965-69; O otherwise.
US1216 = 1 if immigrated to U.S. 1960-64; O otherwise.
Usl726 = 1 1f immigrated to U.S. 1950-59; O otherwise.
Us2799 = 1 i1f immigrated to U.S. before 1950; O

otherwise.

ENGNVG = 1 if does not speak and understand English
very well; O otherwise.

HEALTH = 1 {f health limits ability to work; O
otherwise.

(table continues)
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Table 1 (cont.)

Definitions of Variables Used in the Analyses

Variable » Definition

GOVT = ] if government employee; 0 otherwise.

NONWHT = 1 {f race 1is nonwhite; O otherwise.

PROPHIS percentage Hispanic of population in state
¢i residence.

A Inverse of Mill's ratio, predicted from
reduced-form probit equation for being in
wage sample.

INCOME Exogenous family income: dividends, interest,
rents, pensions, child support, and other non-
earnings-conditioned transfers; other family
members' unemployment insurance, workmen's
compensation, and veterans' benefits; earnings
of family members other than self and spouse.
Measured in $000°'s.

WELF Maximum AFDC payment available to family if no
other income (depends on state of residence,
whether a male head is present, and number of
children under age 18). Measured in $000's.

SPED Spouse's highest grade of school completed
(= 0 1f MAR = 0).

SPAGE Spouse's age, in years (= 0 if MAR = 0).

SPAGESQ. Square of SPAGE (= 0 if MAR = 0).

SPFBORN = 1 if spouse born outside U.S. mainland; O

otherwise (= 0 if MAR = Q),
INSAMPLE = 1 if in sample for wage equation: employed

in 1975, civilian, no self-employment income,
not enrolled in school (or worked over 1250
hours if enrolled), $.10 < W/P < $50 for
Hispanics, $.10 < W/P € $100 for white non-
Hispanics; = 0 if not in wage sample.




Table 2

Means of Variables: Men in Probit Samples

Central -
White Non- Puerto & South Other Black Non-
Variable Hispanics Mexicans Ricans Cubans Americans  Hispanics  Hispanics
INSAMPLE .563 622 598 602 J19 + 366 J545
ED (grade) 11.75 9,34 9.31 .72 11.57 10,30 9.88
FORED x FBORN
(educ, years
outside U.S.) 177 1.09 439 1.89 8.86 964 138
AGE (years) 40,61 33,45 34,66 40,46 35.25 38.11 .12
AGLSQ 2008.5 1371.55  1426.65  1928,08  1392.82 1807.85 17239
FBORN 032 1246 707 932 /930 126 015
US06 x FBORN (years) .010 W21 469 1.02 1,54 122 029
UST11 x FBORN /002 037 .086 278 228 Nl 004
ﬁ31216 x FBORN 001 029 .086 289 145 024 +002
US1726 x FBORN .009 048 +290 ,098 097 011 001
US2799 x FBORN . 018 057 110 041 035 030 001
ENGNVG .009 .288 411 530 /487 212 +002
NONWHT 0 022 114 041 154 047 1.0
HEALTH 1154 130 173 124 075 163 191

VET 394 246 190 +083 1066 1Y 213

(table continues)
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Table 2 (cont.)

Means of Variables: Men in Probit Samples

Central
White Non- Puerto & South Other Black Non-
Variable Hispanics  Mexicans Ricans Cubans  Americans  Hispanics  Hispanics
PROPHIS (%) 3.38 15.45 5,42 6.18 6,66 18,51 3,26
MAR 49 1382 638 658 614 590 4N
KTuSLT6 (oumber) 215 /466 .585 218 425 «242 235
KIDS611 (number) J12 601 510 338 1390 .458 457
KID$1217 (number) +368 937 9% 1695 1368 823 | 859
FAM1864 (number) 2,06 2,33 .13 2,28 2,06 2,24 2:25
FAMBS (number) 261 118 101 274 088 | 232 1225
INCOME ($000's) 5,840 4317 2,963 4,970 2,992 4,921 4,533
WELF ($000's) 093 107 A2 038 133 064 095
SPED x MAR (grade)  7.76 5.3 585 1,00 6.7 6,30 547
SPAGE x MAR (years) 28.33 21,10 22.88 21,45 20.94 24,52 20.16
SPAGESQ x MAR 1395.6 870,90 922,59  1262.43 768,30 1149.13 957,11
SPFBORN x MAR .03l 131 450 .568 W14 070 010

Note: See Table 1 for definitions of varlables. Data base is 1976 SIE, Unless otherwise indicated,
means reflect Fractions.
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Estimated Coefficients of Reduced-Form Probit Equations for the

Table 3

Probability of a Man's Being in the Wage Barner Sample

Central
\ White Non- Puerto & South Other Black Non-
Variable Hispanies Mexicans Ricans Cubans Americans  Hispanics  Hispanics
Constant -2.68% ~2.84% -3.02% -3.27% -3.10 =3, 00% -3.89%
(,201) (4267} (:724) (1.20) (1.61) (.482) (.210)
ED 023% -,020 020 006 -.024 012 027
(,0078) (.011) (,030) (,043) - (,055) (,020) {,0085)
(.027) (,018) (,025) (,036) (.046) (.036) (,053)
AGE 146t 1884 1574 3257 179 2044
(,010) (.014) (,038) (,050) (,072) (,025) (,010)
AGES(Q -.00174 -.0021% -,0016% -.0014% -,0029%* -,0020% ~.00224
(,0001) (.0002) (,0005) (+0005) (,0009) (+0003) (.0001)
FBORN ~1.85¢% =241 -.562 =536 - ~1.82% 022 -1.14
(.797) (,226) (,453) (+758) (,860) (1.02) (,839)
USO6 X FBORN 0497* -150* l187* 3122 0215* -0027 0265
(,216) (,054) (.093) (.124) (,091) (,210) (.155)
US711 x FBORN 2.07% 0924 J12 699 690 .013 1,10
(.886) (,257) (,437) (.624) (,460) (,973) (,752)
(51216 x FBORN 1,42 293 9022 J78 505 -,678 815
(4942) (,263) (,438) (.615) (,497) (.977) (4884)
(,782) (,239) (+409) (4739) (,627) (1.03) (1.03)

(table continues)
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Table 3 {cont.)

Estimated Coefficlents of Reduced-Form Probit Equations for the
Probability of a Man's Belng in the Wage Earncr Sample

Central
White Non- Puerto & South Other Black Non-
Variable Hispanics Mexicans Ricans Cubans Avericans  Hispanics  Hispanics
US2799 x FBORN 1.77% 361 +655 1.19 2,39% -.128 =, 140
(.776) (,249) (,459) (.803) (1.02) (1.02) (1.09)
ENGNVG -,066 069 330 037 -,083 -.036 -.028 !
(,282) (.089) (,197) (+26%) (,280) (,157) (4544
NONW"T - '0120 '0590* 0637 "'0321 0435 -
(,182) (.220) (+520) (,329) (,212)
HEALTH -, 505¢% -, 160% «1.51% -1.15% ~,362% ~.883% =.916%
(.057) (,086) (,200) (,230) (.455) (.142) (,063)
VET 128% 0N J453% W47 I14 484 JAl1
(.046) (.075) (.198) (1441) (4133) (4128) (,060)
PROPHIS .0001 -,0061* -,020 -,0070 ~-.0009 -.0038 0047
(,0036) (.0029) (,017) (,028) (,020) (,0038) (,0046)
MAR 2,204 2.27% 1,81 1,46 798 1.01 2,32¢ "
(,310) (,391) (1.03) (1.43) (2.16) (.767) (,377)
KIDSLT6 ~.086% .108% J73% -.118 352 A9 -,060
(.044) (,046) (,125) (+200) (,233) (+110) (,049)
KIDS611 =, 067% -.035 -,123 -.129 -.219 013 014
(,033) (,036) (,090) (:158) (,222) (+073) (,034)
K1DS1217 ~.156% -, 109% - 111 =071 =071 -, 153% - 161%

- (.026) (.028) (,083)  (.114) (,221) (+,050) (,026)

(table continues)
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Table 3 (cont.)

Estinated Coefficients of Reduced=Form Probit Tquations for the
Probability of a Man's Being in the Wage Earner Sample

Central
White Non- Puerto & South Other Black Non-
Varlable liiapanics Mexicans Ricans Cubans Americans  Hispanics  Hispanics
FAM1864 110% 099% 045 149 276 © 100 J18%
(,027) (,031) (+109) (:137) (,337) (.058) (,025)
FANGS - 61 A0 B0 =261 =807 065 =128
(.056) - (,102) (,312) (1242) (+577) (,143) (,061)
INCOME (5000's) -, 0214 -.023% 0018 -.0080 =067+ -.021% -,023%
(,0030) (,0059) (,017) (,020) (,032) (,0092) (,0045)
WELF ($000'3) 0384* '0318 '0553 '1857 0706 "0752 '0017
(1156) (,202) (,437) (,890) (+506) (4428) (,188)
SPED X MAR "'00.100* '0040* "0013 '0026 “00002 ‘00048 '0037*
(.011) (.013) (,031) (,042) (,054) (,026) (,013)
SPAGE x MAR -.076% =.075% -,069 ~.047 =110 -.037 -,079%

(,015) (,021) (1056) (.0 (,1125) (.,038) (,017)

SPAGESQ x MAR .0007# .0007# ,0008% +0004 .0018 ,0003 ,00084
(,0002) (,0003) (,0007) (,0008) (,0017) (.0004) (,0002)

SPFBORN x MAR -, 260% - 157 -, 550 088 262 R - 580
(L131) (,102) (:221) (J81)  (.428) (. 246) (.238)

No. of Observations 5,168 2,859 525 266 228 923 4,050

Max log likelihood -2765.33 -1324.19 ~222.41 -130.77 -90.92 -424.21 ~1863.22

Note: Dependent variable 1s INSAMPLE for wage equatfon. Standard errors are in parentheses. Variables are
defined in Table 1. :

*Statistically significant at the 5% level,

ERIC 44
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mand of English. Because much of a person's human capital is country-
specific, we also controlled for nativity and length of time in the
United States.

In addition to the human capital variables, we included variables for
government employment and for race. If, as Sharon Smith (1977) has
found, government employees earn more than private-sector workers with
the same human capital, and if one ethnic group has greater access to
government jobs than another, this will affect the relative average wage.
We would like to be able to distinguish this effect. Since we know
blacks suffer from discrimination, and some Hispanics are black, we would
like to know how much of the Hispanics' lower average wage is due to
race, and how much discrimination affects Hispanics who are white. We
did not control for urban vs. rural location because this information was
suppressed in a great wmany cases by Census procedures to preserve con-
fidentiality. Insofar as location is known, the effect of urban resi-
dence, as well as region, on the wage rate is captured by the cost-of-
living adjustment. The explanatory variables are defined in Table 1,

and their mean values for the wage earners in each ethnic group are in

Table 4.

AVERAGE WAGE-RELATED CHARACTERISTICS

The mean values of the variables in Table 4 reveal a number of ways
in which Hispanics are disadvantaged by possessing less "human capital”
- on average than white non—~Hispanic men. Average education levels are
around 12.5 years for white non-Hispanic male wage earners and 10.5 years
for blacks, yet are less than tenth grade for Mexicans and Puerto Ricans.

40



Table 4

Means of Variables for Men In the Sample of Wage Earners

Central
White Non- Puerto § South Other Black Non-
Variable Hispanics Hexicans Ricans Cubans Americans  Hispanies  Hispanics
WAGE (W)

(dollars/hr) 5.97 4,31 4,52 5.33 4,94 5,20 4,65
LNCOST (1nP) =025 -,068 074 -015 051 ~.043 -.028
LNRWAGE (1ni/P) 1,632 L 1,316 1,530 1,346 1.509 1.402
ED (grade) 12,41 9,44 9,75 11,32 11.79 11.04 10,54
EXP (years) 20,77 19,51 20,45 24,12 19,05 21,33 22.96
EXPSQ 669,08 597,75 602,54 188.37 487,16 693.76 180,59
VET 486 304 255 JA12 085 427 374
FBORN 028 1269 J93 950 921 119 W15
FBORN x FORED

(educ. years

Outﬂide UoSo) 0192 1031 5-25 8064 9.23 1004 0149
FBORN x US4é 0024 040 073 125 0262 019 0059
FBORN x UST711 0031 048 .086 0250 220 040 0041
FBORN x US1216 0010 029 102 J31 134 023 .0018
FBORN x US1726 010 059 +350 150 116 010 0014

(table continues)
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Table 4 (cont.)

Meang of Varlables for Men in the Sample of Wage Earners

(entral
White Non- Puerto & South Other Black Non-

Variable Hispanics Mexicans Ricans Cubang Americans  Hispanics  Hispanics
FBORN x US2799 010 045 115 056 037 015 0005
ENGNVG 0076 J21 446 538 482 186 0018
HEALTH 101 092 076 056 | 055 +0%0 120
GOVT /169 177 150 081 104 226 1240
NONWHT 0 022 086 /056 116 052 1.0

\ 536 M6 el 454 A1
Selection Bias

(013 S8 3 0B % 0I5 -l -0
ED x FBORN

(grade) +329 1,93 1.38 10,73 10,80 1.19 J74
USEXP (years) | 20,56 16,74 15,50 12,19 9,72 20,07 | 2,19
USEXP x PBORN (years) 574 364 12,02 11,04 8.20 1,51 1125
FOREXP x FBORN (years) 208 I8} 4494 11.92 9.3 1,25 1168
USEXPSQ 656,49 474,24 365,76 244,24 169.35 641,10 182,87
USEXPSQ x FBORN 17,19 90,80 266,00 196,42 126.95 32,50 1,63
FOREXPSQ x FBORN 4,18 60,71 91.38 293,52 191,01 21,95 3.56
PROPHIS (%) 340 14,89 5.2 6.12 668 17,11 341

Notet Variables ate defined in Table 1. Unless otherwise indicated, means reflect fractions.
O
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The other three Hispanic groups average between 11 and 12 grades of
school. The Mexicans and Puerto Ricaps are younger (see EiP) than the
other groups on average, and the Cubans are even oldér than white
non-Hispanics. Almost all of the Cubans and Central and South Americans
are foreign-born, and members of the latter group arrived in the United
States even more recently than the Cubans. Eighty percent of the Puerto
Ricans were born on the island. Almost 75% of the Mexicans, on the other
hand, were born in the United States. The "other Hispanics”™ are |
overwhelmingly (90%) from the second or later generations in the United
States. This group includes persons of mixed Hispanic ancestry as well
as those who did not identify with any of the listed Eispanic groups.

Not surprisingly, the percentages of each group who are fluent in
English (the complement of ENGNVG) and who have been in the Armed Forces
reflect the percentages born in the United States. Government employment
also tends to reflect birthplace, except that Mexican and Puerto Rican
men are about as likely as white non-Hispanics to hold goveranment jobs,

while blacks and "other Hispanics™ are much more likely to do so.

PARAMETERS OF THE WAGE FUNCTIONS

The estimated wage equations, corrected for selectivity bias, are
reported in Table 5. The coefficilent of i, which represents the
covariance between the errors in the sample participation probit and the
wage equation, 1s negative for all groups except the Central and South
'Americans. It 1s significantly negative for the largesc samples of men-—
whites, blacks, Mexicans, and “"other Hispanics.® Apparently people in

these ethnic groups who have unusually high market wage offers, given
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Table 5

Coefflclents of Wage Equations for Men, Corrected for Sample Selection Blas:
Effect of Variables on Average Wage Offer

, Central
White Non- Puerto & South Other Black Non-

Variable Hispanics  Mexicans Ricans Cubans Avericans  Hispanics  Yispanics
Intercept .618% JJ64% B37% 1,035+ 1290 893% 850%

(.077) (,091) (.227) (,462) (,402) (,175). (,090)
ED J061% J054% 0364 035 .050% 0342 «049%

(,0041) (,0053) (,013) (,019) (,022) (,010) (,0046)
EXP 0041* 0024* ’ 0038* |040* |039 |029* 0015* ”

(,0033) (,0041) (,0082) (,015) (,020) (,0078) (,0038)
EXPSQ -,0006% -.0003%  -.006%¢  -.0007*  -,0006 -, 0004% =.0002¢

(,0001) (,0001) (,0002) (,0003) (40004) (,0001) (,0001)
VET -.0080 029 =,0015 210 219 J044 022

(,024) (,034) (,068) (4144) (4214) (,060) (,026)
FBORN =195 -, 258¢% - 157 =167 -1l 207 W15

(1355) (.082) (4152) (1300) (,322) (1324) (:413)
FBORN x FORED .0006 -, 0056 -.0048 -,0067 019 ~,0092 =036

(,014) (,0077)  (.0086)  (.016)  (.018) (,022) (,028)

FBORN x US46 036 2294 025 ~,011 245 =307 - 184
(,394) (0B1) (L&) (21)  (L161) (,289) (,321)

FBORN X US711 '|088 o129 0086 '00030 |244 'l364 . -.124
(,379) (4086} (+138) (,220) ; (4156) {,260) (1344)

FBORN x US1216 104 191 /044 147 215 125 231
(,468) (,098) (,135) (+226) (4190) (.281) (1395)

(table continues)
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Table 5 (cont.)

Coefficients of Wage Equations for Men, Corrected for Sample Selection Bias:

Effect of Variables on Average Wage Offer

...... \
Central
White Non- Puerto & South Other Black Non-
Variable Hispanics Mexicans Ricans Cubans Amerfcans  Hispanics  Hispanics
FBORN X US1726 0029 0284* 0027 0063 0479* '0191 0039
(4348) (,085) (+125) (+268) (,214) (4 343) (+427)
FBORN x US2799 186 W 220% 160 .108 J13 -394 -.187
(+330) (,097) (+152) (,2°) (,362) (,337) (+595)
ENGNVG\ "'0068 '00108 “ 203* ] 159 "'0097 “ 184* 0487
(,153) (:039) (,072) (,098) (,121) (,080) (,282)
HEALTH -,011 -.017 214 JA24 152 011 J14¢
(,039) ~ (4051) (4133) (1216) (,238) (,105) (,045) -
GOVt =014 -.033 -,023 011 J21 064 070%
(,027) (+033) (,074) (4143) (,164) (,060) (,025)
NONWHT — '0089 0120 "'0153 : (011 "0061‘ -
(,089) (+095) (,183) (+151) (+114)
\ - 3694 S0t -1 -2 050 SB0E - 42
(,038) - (,063) (,120) (,247) (1254) (,118) (,057)
N 2,911 1,778 34 160 164 522 2,209
R 261 227 262 ,320 248 210 28
(;11)1/2 -
(Corrected) 591 579 A48 494 .582 561 575

Note: Dependent variable is LNRWAGE. Corrected standard ervors are in parentheses. Vatiables are

defined

IToxt Provided by ERI

L. Q , .
}‘J;E(L(;13t1ca11yusign1ficapt at the 57 level

in Table 1.
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their measured characteristics, have even higher productivity in other
sectors and so are less likely to be in the wage sample.5

Our significantly negativebes:imates of 012 (the coefficient of A)
are not simply a result of the broad age range (everyone over age 13)
included in the samples we analyzed. When we estimated the same model
for Mexican men aged 25 through 59, the coefficient of i was also signi-~
ficantly negative, even though the sample participation rate was much
higher (81Z rather thaq 627). This illustrates the point that there is
no necessary connection between the sample participation rate and the
correlation between the stochastic terms in the wage and the par-
ticipation equations. A 507 sample may be randomly selected, while a 902
sample may systematically exclude the highest 10% of wage offers. Thus,
choosing an age group with a high wage and salary-sector participation
rate would not eliminate the possibility of selectivity bias (though it
might reduce its quantitative impact on the estimated parameters).

When we examine the estimates of the coefficients of the wage-offer
functions in Table 5, we find that race (NONWHT) has no significant
impact on the wages of Hispanics; black Hispanics suffer from one han-
dicap, not two. The sign on the NONWHT dummy variable is actually posi-
tive for Puerto Rican men. Poor health does not depress the wage rate a
man is offered; the sign on the health disability dummy is usually posi-
tive, significantly so for black men. Black men get 7% more in the
public (GOVT) than in the private sector, but public sector wages are not
significantly different from wages in the private sector for white or
Hispanic men.

The wages of successive cohorts of jimmigrants, compared with

U.S.~born members of their ethnic group, can be plotted using the esti-
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mated coefficients of the wage equation. FBORN plus FBORN x FORED tells
how a newly arrived immigrant with a given level of schooling fares, com=~
pared with the U.S.-born members of his ethnic group who have‘the same
education, age, etc. The dummy variables Us46, US711, US1216, US1726,
and US2799, when added to (FBORN + FBORN x FORED), tell how immigrants of
these cohorts fare, compared with the U.S. natives. We can use as an
example an immigrant who has eight years of foreign schooling, which is
about average.

White non-Hispanic male immigrants do not catch up with native whites
until they have been here at least 27 years. Mexican immigrants with
less than a sixth-grade education match U.S.—born Mexicans when they have
been here 17 to 26 years, ﬁut the cohort that arrived before 1950 earns
less than U.S. natives. Island-born Puerto Rican men apparently never
catch up, unless they come with no education. Neither d& Cubans. The
unusual nature of the wave of Cuban political refugees who came in the
early 1960s is reflected in their average wage rate, which is higher than
that of the Cuban men who arrived before or after them.

Central and South Americ;n immigrants with ten ycars of schooling
overtake the few who are U.S. natives in 4 to 6 years. Those who arrive
with less schooling ~ake longer to catch up. Blacks and "other
Hispanics™ show an ervatic pattern: new arrivals and those who have been
here 12 to 26 y;ars earn more than U.S. ngtives, but this 1is not trué of
those who have been here 4 to 1l years or more than 26 years.

The estimated wage loss from a poor command of English varies across
groups, from an insignificant 5% for Mexican men to 18 to 20% for "other

Hispanics" and Puerto Ricans. Blacks with poor English apparently earn

5:*1
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more than other blacks, but there are so few (four) of them that this may
be a coincidence.

All Hispanic groups have iﬁwer returns to education than Anglos,
ranging from 3.4% per grade for "other Hispanics™ to 5.4% for Mexicans.
Anglo men earn 6.1% more for ezch additional grade of school completed.
The coefficient of PORED is always virtually zero, indicating that there
is no appreciable difference between U.S. and foreign schooling in
enhancing earnings capacity. .

The initial returns to (potential) work experience ére about the same
for Puerto Rican, Cuban, Central and South American, and white
non-Hispanic men. Mexicans, "other Hispanics,” and .blacks have flatter
experience-~wage profiles than the others. For each group we can find the
value of EXP that correspords to the maximum wage on the experience-wage
profile. Let the coefficient of EXP_be_Bl and the coefficient of EXPSQ
be By. Then 31nW/3EXP = B; + 2B,EXP = 0 at the maximum point,‘and
EXP = —81/282 gives the value of EXP for which the wage is highest. For
white non-~Hispanics, wages peak 36 years after leaving school; for
Mexicans, after 46 years; for blacks and "other Hispanics,”™ after 40
years; for Puerto Ricans, Cubans, and Central and South Americans, after
30 to 32 years. Veterans do not earn significantly more than nonveterans
in any ethnic group; which suggests that time spent in the Armed Forces
is no more and no less valuable than other types of rk experience,

The coefficients of experience and education wmeri: further investiga-—
tion. Our estimated coeffici;nts of EXP and EXPSQ measure an average of
the returns to U.S. work experience for the native-born and the returns

to foreign and U.S. work experience for immigfénts. The coefficient of
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ED averages the return to U.S. schooling across U.S.~born and foreign-
born individuals. Chiswick (1978) has found that immigrants have a lower
estimated return to education than U.S. natives, and speculates that this
is due to a weaker correlation among immigrants between schooling and the
omitted variable, ability.' We would therefore expect ethnic groups with
larger percentages of the foreign—born to have smaller coefficients on
EXP and ED.

To disentangle these effects, we estimate another set of wage
equations for men. These equations include an interaction term, ED x
FBORN, and separate variables measuring potential work experience in the
United Statas (USEXP) and potential work experience abroad (FOREXP),
along with quadratic and interaction terms: USEXPSQ, FOREXPSQ, USEXP x
FBORN, and USEXPSQ x FBORN.6 We also include as a variable the percen-
tage Hispanic in the population in the state of residence, to see whe;her
there is any evidence .that the wages of Hispanics are dépressed by
"crowding” in labor markets with many Hispanics. The coefficients,
corrected for selectivity bias, are reported in Table 6. (The variable
definitions and their mean values are in Tables 1 and 4.)

From the signs of the coefficients, it appears that, except for
Cubans and "other Hispanics,” the foreign-born have lower returms to
their U.S. schooling than the native-born members of their ethnic groupe.
(The return to U.S. -ctucling for the foreign-born is .. of the
coefficients of ED anc .» x FBORN.) However, excepu fo. ™exican men, the
differences are not precisely enough measured to be sure of the signs.
U.S.-born Mexican men have as high a return to schooling as white

non-Hispanics, about 6%, and Puerto Rican men born on the mainland get

a9



Table 6

Coefficients of Wage Equations for Men, Including Interaction Terms, Corrected for Sample Selection Bias:
Effect of Varlables on Average Wage Offer

Central
White Non- Puerto & South Other Black Non-
Variable Hispanics  Mexicans Ricans Cubans ~ Americans  Hispanics  Hispanics
Intercept ,622% J21% 619 1.320 -1.321 992% 54k
(.078) (J95)  (I58)  (0K6)  (L021)  (.I73) (,091)
ED 061% .062% 049 -025 119 ,032% 050%
(.,0042) (,0060) (.026) (.073) (,068) (,010) (,0046)
ED x FBORN ~.00% -,026% -.019 067 -.069 015 -.029
(,022) (.0093) (,028) (.076) (,070) (,034) (.042)
FORED X FBORN 00048 "00025 '00028 ‘00088 00083 '001.2 '0017
(.014) (.0078)  (.0081)  (.016) (.016)  (.028) (,041)
FBORN 019 185 .298 -.548 1,639 -,297 335
(.343) (.125) (,369) (,907) (1.061) (,393) (41434)
ENGNVG ~-.058 ~,040 -, 179% =137 - 116 =135 443
(J174) (,039) (,072) (+096) (+113) (,081) (.217)
USEXP 040% J024% Q474 ,098% J22¢ 030% 015¢
(,0033) (,0041) (,014) (.045) (,049) (,0076) (,0038)
USEXP x FBORN  -.0012 O3 =019 =050 - 065 0 0K
(,018) (,0064) (,016) (.046) (,051) (,027) (.056)
POREXP x FBORN  .O0L6 L0000 -00% .0l 0002 0 - 0014
(,017) (,0055) (,0097) (.011) (,017) (.019) (,025)
USEXPSQ -.0006% ~.0002# -,0007% -,0017¢% -.0019 =,0004#* ~.0002#

(,0001) (.0001) (,0003) (,0009) (,0013) (,0001) (,0001)

(table continues)
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Table 6 (cont.)

Coefficlents of Wage Equations for Men, Including Iateraction Terms, Corrected for Sample Selection Bias:
Effect of Varlables on iverage Wage Offer

Central
White Non- Puerto & South Other Black Yon~
Variable Hispanics Mexicens Ricans Cubang Americans  Hispanics  Hispanics
USEXPSQ x FBORN -.0000 ~.0004% .0003 .0007 .0007 -,0007 ~,0013
(.0004) (.0001) (,0004) (,0009) (,0013) (,0006) (,0922)
FOREXPSQ x FBORN  ~,0004 .0001 .0001 ~-,0003 »0002 -,0005 0002
(+0005) (,0001) (,0003) (,0003) (+0005) (,0004) (+0007)
(,025) (,034) (.067) (,149) (+240) (+059) (,026)
HEALTH -,0079 -,020 .187 101 236 -, 043 JL7H
(,039) (,051) (+134) (,197) (.237) (,104) (+045)
GOVT "0041 -0032 '0019 '00075 0087 0086 1070*
(.027) (,033) (,074) (,142) (,157) (,060) (,025)
NONWHT - ~.104 .109 -, 126 011 =130 -
(,091) (+096) (+175) (,147) (,113)
PROPHIS 0021 -.0039%  -,0079 016 +0032 -,0060% -0011
(,0020) (,0013) (.0068) (.012) (,0084) (,0017) (,0022)
A -, 3784 -0394% -.195 -4253 -.064 ~,194 -.432%
(,058) (.057) (107) (,203) (+215) (,114) (+058)
N 2,911 1,778 4 160 164 522 2,209
R 261 1236 256 338 29 216 228
(o)!/2 (Corrected) .59 577 b7 480 565 549 ST7

Note: Dependent var!able is LNRWAGE. Corrected standard errors are in parentheses. Variables ate
defined in Table L.

. l{l‘Ctistically s'gnificant at the 5% level. 63
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the gsame return as U.S.-born blacks, about 5%. Those born in Mexico have
a 3.6% return per grade of U.S. schooling, and those born in Puerto Rico
have a 3.07 return, while foreign-born white non-Hispanics have 5.2Z and
foreign—born blacks have 2.0%. For Central and South Americans, the
return to U.S. schooling is 5% for those born abroad and 122 for the very
few‘bo;n iﬁ the United States. The latter estimate is not at all pre~
cise, however.

Foreign—-born Cubans seem to have a higher rate of return to U.S.
schooling (4.1%) than those born In the United States. The latter
group's estimated coefficient on ED is negative, but there are only eight
of them in the sample; so this may be a coincidence. “Other Hispanics”
also have a higher rate of return to U.S. schooling if they were born
abroad——4.8% as opposed to 3.2% for those who were born in the United
States. .

The returus to foreign work experience are much smaller thian the
returns to work experience in the United States. In fact, Mexican,
Puerto Rican, Central and South American, and black immigrants gain
virtually nothing in wage rates from prior work experience. 1In this
sense an immigrant in one of these groups, no matter how old, resembles a
new entrant to the U.S. labor force who has just finished school. On the
other hand, Cubar, “other Hispanic,”™ and white non-Hispanic immigrants do
start out in the United States with highér wages the older they are on
arrival. Their foreign work experience is worth only 1 or 2% per year,
however—~~much less than experience in the United States.

There is also a difference between immigrants and U.S. natives in

returns. to work experience acquired in the United States. Mexican,
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"other Hispanic,” and black immigrants have higher initial returns to
U.S. work experience than their native~born counterparts. Their
experience-wage profiles also peak much more quickly, as shown in Table
7. This indicates a relatively brief, intenge period of investment in
human capital after entering the U.S. labor force, as we might expect of
adult immigrants adapting to a new country. However, Puerto Rican,
Cuban, and Central and South American imhigrants have lower initial
returns to U.S. work experience than those born on the mainland United
States. The Puerto Rican migrants' in;estment period lasts as long as
that of mainland natives, but the Cuban and Central and South American
immigrants' investment period is shorter.

Earlier, we presented some estimates of how long it takes before
immigrants' wages match the wages of native-born members of their ethmic
group of the same age, education, and other personal characteristics.
These estimates were derived from the wage equatjions that included dummy
variables for the year of immigration. We can obtain another set of
estimates from the wage equations that include USEXP and FOREXP as con-
tinuous variables. The answer depends on the amount and location of the
immigrant's education and his age when he arrived in the United States.
For specified values of these variables, we use the coefficient estimates
to derive the appropriate expressions for the wages of a U.S. native and
an immigrant who are alike in other respects; set these expressions equal
to one another; and solve for the value of the immigrant's USEXP that
satisfies the equation. (Note that, for people of the same age and edu-
cation, the U.S. native's USEXP is equal to the immigrant's USEXP plus

his FOREXP.)
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Table 7

Value (in Years) of USEXP at Peak of the U.S. Experience-Wage
Offer Profile: Native~Born and Foreign-Born Men

Ethnic Group . U.S. Natives Foreign—Bofn
White Non-Hispanics 35.7 32.7
Mexicans 51.3 31.1
Pﬁerto Ricans 32.3 33.5
Cubans 28.6 24.9
Central & South Americans 3.4 23.1
Other Hispanics 38.2 25.3
Black Non-Hispanics 40.4 19.0

Note: Value of USEXP derived from estimated wage equations in Table 6 by
setting 3LNRWAGE/3USEXP = 0 and solving for USEXP.

O ‘ 6 {3
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If we compare an immigrant who afrives at age 20 having an eighth-
grade education (i.e., FORED = 8 and FOREXP = 7) with a U.S. native
having an eighth—gradébeducation, the "catch-up” period 1is 4 years for
blacks, 18 for "other Hispanics,” 34 for whites, 42 for Puerto Ricans,
and 51 for Cubans. Mexicans never catch up. Central and South American
immigrants start out earning more than the native=born, but the gap
narrows the longer they stay. These results are reasonably consistent
with our earlier estimates.

Coefficients in Table 6 for PROPHIS tell us that -in states where
Hispanics constitute lérger fractions of the population, white and Cuban
men earn at least as much as they earn elsewhere; but Mexican, Puerto
Rican, and "other Hispanic” men have lower wages than elsewhere.
Moreover, the negative effect is significant for Mexicans and "other
Hispanics.” This may be evidence that discrimination affects Hispanics
more when they are a large proportion of the labor force, 53“@§Mthe
Southwest. It may also represent a "compensating differential,“ which
could arise if Mexicans and "other Hispanics” prefer to live and work

where there are many other Hispanics, regardless of lower wages.

DECOMPOSITION OF WAGE DIFFERENTIALS

We can use the estimated wage equations to sort out how much of the
observed minority-Anglo wage differential is due to differences in average
wage offers, and how much is due to differences in selection bias of the
type discussed at the beginning of this paper. Further, we can break
down the wage-offer differential into the parts due fo differences in
average personal characteristics and in parameters. The part due to dif-

ferences in parameters is often attributed to discrimination.

67
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n ny .
Define -ij = Zj Xij/nj, Tj = Zj Xij/nj, and lnwj =
i=1 i=1
n ~
z (lnwij)/nj = lnwj, where ny is the number of persons with observed
i=l

~

wages in group j and Wj is the geometric mean of . the observed wage rate

for group j. (Xij»-xij, and 1lnW;4 are defined above.)
Then anj =-ijsj + °12j-xj:

and
(5)  TInWy - TnWp, = (XgBy - Xpep) + (o - 91203L)s

where the subscript H refers to the high-wage group, and the subscript L
refers to the low-wage group. This shows that the observed wage dif-
ferential, Tﬁﬁh —'Tﬁﬁi, equals the difference of mean wage offers,
ihBH '.ELBL» plus the difference in average selectivity bias,
olzéxh - UIZiXi or E(e1g [in observed sample) - E(€qq, [in observed
sample).

We can proceed to decompose the offered-wage differential in the

spirit of Oaxaca (1973), giving:
(6) Towy - Inwy, = (g - %) [pBy + (1 - D)BL] +
(X (1 - D) +%D] (Bg - By) + (o128 ~ O120M0),

where I is the identity matrix and D is a diagonal matrix of weights.
Since Tﬁﬁh -'Tﬁﬁi = ln(aﬁ/GL) = (Gﬁ - ;L)/Gﬁ, equation (6) decomposes

the percentage difference between the geometric means of the observed

wage rates for the two groups into a part due to selectivity bias, a part

attributable to differences between the groups' average values of each

N
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characteristic, and a part attributable to differences between the
parameters of the wage-offer function. The first term on the right-~hand
side of Eq. (6) can be interpreted as the wage difference that would
exist in the absence of discrimination, if both groups had the same wage-=
offer function. The second termbis then an estimate of the wage—offer
difference due to discrimination.

We will in general get different estimates of discrimination
depeﬁding upon the choice of the matrix D of weights. This choice
amounts to an assumption about what the wage-offer function would be in
a nondiscriminatory world. For example, setting D = I (a procedure
followed by many analysts of earnings dif ferentials) assumes that the
majority group's wage-offer function would prevail; whereas D = 0 assumes
that the minority group's wage—offer function would apply to everyone, in
the absence of discrimination. Neither assumption seems warranted, since
employers' preferences for the majority and their distaste for the
minority probably distort both groups' wages. Having no way of knowing
the true weights, we choose D = (1/2)I. This assumes that the no-
discrimination wage-offer parameters would lie halfway between the ones
currently estimated for the majority and minority groups. To show how
sensitive the estimates of discrimination are to the choice of weights,
in Table 8 we report these estimates for D = I and D = 0, as well as for
D = (1/2)I. In addition, we show in Table 8 the observed wage differen-
tial and the estimated wage-offer differential betwzen white
non-Hispanics and each minority group.

Table 8 shows that the difference in average wage offers between
Hispanic and white non-Hispanic men is always larger than the observed

wage differential. For blacks, the wage-offer differential is the same
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Table 8

Wage Differences between White Non-Hispanic and Minority Men,
and Estimated Effect of Discrimination

(1) (2) (3) (4) (5)

Observed Wage Difference,
Wage Corrected for Wage Difference due to Difference in Parameters®

Ethnic Group Difference®  Selection BiasP =10 (b=0*¢ (b= (1/2)[)!
Mexicans .J04 339 .051 076 064
Puerto Ricans 218 332 177 W77 JA77
CUbanS 0092 0156 t024 _1147 -.062
Central & South

Americans 210 423 350 .380 365
Other Hispanics 141 225 .106 133 119
Non-Hispanic

Blacks 233 229 132 142 137

a'TEﬁQ -'Tﬁﬁh (approx. the percertage difference in the geometric mean observed wage between each
group and white non-Hispanic men).

biiﬁﬁ; - ToW, - [(;12;\)w - (Olzi)h] = TnP, + X8, - TnP, - XyB, (the "wage-offer” differentisl).
e [RL - 0) +%yp] (8, = By

d Assuming whites' wage function reflects no discrinination; Xy (B = B,)e

€ Assuming minority group's wage function reflects no discri ination;'fg (By = Bp)s

f Assuming that the no-discrimination wage function is halfway between that of whites and minority.

al
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size as the observed wage differential. Selectivity bias is negative for
all groups except Central and South Americans, but it is larger in abso-
lute value for white men th;n for Hispanic men. Therefore it reduces the
average observed wage more for white men, narrowing the observed wage
differences between them and Hispanics.

The average wages offered to minority men are at least 15% below
those offered to white non~Hispanics. How serious a problem is labor-
market discrimination in producing these differences? Table 8 shows the
wage difference that cannot be explained by various differences in group
characteristics (age, education, etc.) and which is therefore potentially
due to discrimination. Column 3 in that table shows the estimates if the
whites' wage function is assumed to be the no~discrimination one; column
4 gives estimates when the minority group's wage function is used; and
the last colvmn shows the average of 3 and 4. In most cases, the three
estimates are quite‘similar; Cuban men constitute the only case in which
the choice of weights makes a difference of morevthan two percentage
points in the estimate of the wage diffefence.due to discrimination.

If we take the average estimates of discrimination, given in the last
column, the largest (367%) describes the case of Central and South
American mén. This is 862 of the total wage-offer differential between
them and white non-Hispanic men. For fﬁertc Rican men, discrimination may
be responsible for as much as an 18% difference in wages, about half of
the 337 wage-offer gap. Discrimination may cause a wagz gap of up to 12%
for "other Hispanic"” men, a little over half of the total gap. Black men
are in between the Puerto Ricans and "other Hispanics™; the wage-offer
difference due to racial discrimination may be as large as 14%, which is

60Z of the total black-white male wage-offer differential.
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For Mexican men, however, discrimination may result in only a 6% wage
difference at most. The rest of the 342 wage-offer gap is due to dif-
ferences in characteristics such as education. And Cuban men apparently
have higher wages compared to white non-Hispanic men than their human
capital characteristics would warrant; the difference in parameters of
the wage function goes in their favor.

It is possible that discrimination affecting many Hispanics is
directed not against Hispanics per se, but against blacks, Zmmigrants, and
those not fluent in English. Since these groups constitute a larger
fraction of the Hispaﬂic ethnic groups than of white non-Hispanics, such
discrimination would affect Hispanics' wages disproportionately. We
include race as a characteristic in our wage equations in order to
distinguish discrimination against Hispanics from discrimination against
blacks. Language skills and duration of residence in the United States,
as aspects of a worker's human capital stock, are also included in the
wage equations. OQur decomposition method attributes wage differences due
to these factors to differences in personal characteristics, not to
discrimination. It is therefore of interest to éxamine how much of the
Hispanic~white wage difference is due to the differences in race, nati-
vity, and language skills. Beyond that, analysis of the portion of the
Hispanic~white differential that is due to measured characteristics will
tell us how much of the difference comes from differences in education
levels, geographic location, government~sector employment, health, and
age. In Table 9 we present a detailed decomposition of the geometric
mean wage differential between each minority group and white
non-Hispanlcs, assuming the no-discrimination parameters lie halfway

between those of the whites and those of the minority group.
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Table 9

Decomposition of Wage Differences between White Non-Hispanic and Minority Men:
Effect of Discrimination and Effect of Particular Variables

Central
Puerto & South Other Black
Mexicans Ricans Cubans Americans Hispanics Non-Hispauics
Observed arithmetic wage difference:
Wy = W) /Wy, .278 .243 .107 173 +129 221
Observed geometric mean wage difference
(Table 8, col. 1):
InW, - lnW, 304 .218 «092 <210 <141 +233
Difference in selection bias:
- - -.035 -.114 -.064 -.213 -.084 .004
(0122)y = (0120 (.041) (.057) (.118) (.084) . (.062) (.041)
Wage difference, lnW, = lnW,
corrected for selection biasd  +339 .332 .156 423 .225 .229
Effect of discrimination
(Table 8, col. 5):
T, +7)/2] (By = By .064 177 =.062 .365 .119 .137
Difference of area price levels:
Total effect of background
variables listed below: <233 .253 .228 134 .089 .088
(X4 = %) (By + Bh)/2 (.023) (.044) ( 106) (.095) (.015) (.007)
ED .171 .129 .053 .034 «065 .103
(.010) (.018) (.010) (.007) (.008) (.006)
Total EXP .011 -.027 -.062 -.039 -.008 -.015
(.001) (.004) (.011) (.022) (.001) (.001)
(.004) (.008) (.027) (.043) (.002) (.002)
Total FBORN .029 .101 127 .052 .005 .001
(.015) (.046) (.113) (.112) (.008) (.003)
ENGNVG .018 .060 .060 .039 .023 .001
(.025) (.037) (.048) (.046) (.015) (.001)
HEALTH -.0002 .002 .003 .003 .000 -.001
(.0003) (.002) (.005) (.006) (.001) (.001)
GOVT .0002 -.0004 =-.0001 .004 -.001 -.002
(.0002) (.001) (.006) (.005) (.002) (.001)
NONWHT (Bp) .002 -.010 .009 -.001 .003 —
(.002) (.008) (.010) (.018) (.006) —
Note: Standard errors are in parentheses.

a(X B, + 1nP,

73

) - (thh + 1nPL) = difference in wage offers. See Table 8, col. 2.
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In Table 9 we see that subtracting the area price-level difference
from the wage-offer differential of 347 between Mexican and white
non-Hispanic men would reduce the "real” wage-offer differential between
these groups to 30%. Education is the source of half of the 34% wage-
offer differential; bringing the Mexicans up to the whites' average
schooling level would bring the Mexican men to within 17% of the whites'
average wage rate. This would entail an increase from 9.4 to 12.4 grades
completed. The difference in average time in the United States accounts
for a wage differential of 3%. Improving fluency in English to the level
of white non-Hispanics would eliminate only two percentage points of the
gap. Differences in potential work experience, Armed Forces experience,
health, government employmént, and race each account for a wage dif-
ferential of 1% or less. Discrimination accounts for a difference of 6%Z.
Race, time in the United States, and English together account for another
5% difference.

The wages offereq”Puerto Rican men frow 4) are 33% less than those
offered white non;Hispanics, on average. The observed wage differential
is only two-thirds this size, due to selectivity bias. Adjusting for
area prices widens the "real" wage-offer gap to 43%, since Puerto Ricans
tend to live in the high-priced ﬁortheastern cities. Differing charac-
teristics account for 60% of this gep, leaving a wage-offer differential
of 187 that may be due to discrimination. Just closing the education gap
of 2.7 years would eliminate a differential of 13Z, and improving Puerto
Ricans' command of English would take care of 6%. The Puerto Rican-Anglo
difference in length of residence on the U.S. mainland accounts for a 10%

wage-offer gap. Race and the difference in potential work experience act
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to narrow the observed wage gap, not to widen it. Nothing else has much
impact on the wage differential.

Cuban men fall short of the wages offered white non-Hispanic men by
16% after adjusting for selectivity bias (row 4y, 1If their background
characteristics were the same, the differential would be 6% in the
Cubans' favor.v The Cubans' recent arrival in the United States accounts
for a differential of 13%. Improving the Cubans' command of English
would eliminate a differential of 6%, and closing the education gap of
1.1 grades would eliminate a wage-offer differential of 52. The Cubans'
lack of U.S. Armed Forces experience (which is related to the recency of
their immigration) accounts for a 4X differential. The lower wages of
black Cubans accounts for a 1% difference in average wages offered Cuban
and white non-Hispanic men. The fact that the Cubans are older on
average tends to narrow the wage-offer differential; 1if they had the same
potential experience as white non-Hispanics, the wage~offer differential
would be 22% instead of 162.

Central and South American men have average observed wages that areA
217 below those of white non-Hispanic men, and their average wage offers
are 42% lower than those of the Anglo men. The price~level adjustment
widens the "real wage offer” gap to S0%. A differential of only 13Z can
be explained by differing personal characteristics of the ethnic groups.
In this case, a wage-offer differential as high as 367 may be due to
discrimination. A 4% difference is due to lack of fluency in English,
and a 424 difference results from lack of U.S. Armed Forces experience.
Both of these differentials may be linked to the fact that the Central

and South Americans are the most recent Hispanic arrivals in the United
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States, even more recent than the Cubans, on average. By itself, this
accounts for a 5% wage-offer differential. As they already have nearly
as much education as white non-Hispanic men (11.8 grades vs. 12.4
grades), increasing education to the level of the Anglos could only close
a .wage-cffer gap of 3%.

The men of "other Higpanic™ origin have average wage offers that are
22%Z below those of white non-Hispanics, after correcting for selectivity
bilas. A differential of 12% could be attributed to discrimination. A

gap of 72 1s due to the difference in education of 1.4 grades, and a gap
of 2% is due to poor command of English. Local price differences account
for another 2Z. Nothing else affects the differential in any important
way.

By way of comparison, black and white men have a 23% wage-offer dif-
ference, of which less than half can be attributed to differing charac-
teristics, so that as much as a 14% wage-offer differential may be due to
discrimination. The education difference of nearly two years explains a
wvage-offer gap of 10%. No other observable differ=nces contribute in a

particularly important way to the wage gap.

SUMMARY OF RESULTS

Our major findings, roughly in order of importance, are as follows.

1. The five major Hispanic~American groups differ so much among
themselves and from blacks that it makes little sense to lump them under
a single "Hispanic™ or "minority” rubric for either analysis or policy

treatmente.
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2. Diser!~inat?on in the labor market may be responsible for a wage
differential from non-Hispanic white men of 18% for Puerto Rican men, 14%
for black men, and 12% for "other Hispanic” men, but only 6% for Mexican
men. Low levaels of education are apoarently a much more serious problem
than discrimination for Mexicans. The Cuban—Anglo wage differencial can
be completely explained by differences in obe :rvable personal charac—
teristics, especially recency of arrival in the United States and
language handicaps. These factors, along with low education and discri-
mination, also seriously handicap Puerto Kican men.

3. Mexican and "other Hispanic” men, but not the other minority
groups, have significantly lower wages in states where Hispanics are a
larger fraction of the population. This may be evidence of “crowding” in
a discriminatory environment, or of a preference for locating, despite
lower earnings, where there are many other Hispanics. |

4. Minority men (except for U.S.-borm Mexicans) have lower wage
returns to education than Anglos, and foreign work experience is worth
much less than experience in the United States; indeed, it is virtually
worthless for several groups.

S. However, returns to education do not differ significantly between
U.S. natives and immigrants within the same ethnic group (except for
Mexicans), nor is the difference between foreign and U.S. schooling
significant within a group. U.S.-born Mexican men have as high a return
to education as U.S.~born Anglos, while the M:xican-born have a much
lower return, as do the other minority groups.

6. There is no clear evidence that Hispanic immigrants' wages ever
overtake those of native-born members of their ethnic group who are of
the same age, educational level, etc.

77
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7. English deficiencies do not depress the wages of Mexican men as
much as the other four Hispanic group:z.
8. The wages of white and non-white Hispanics do not differ signifi-

cantly, ceteris paribus.

9. Public-sector wages are not significantly diff nt from private-
sector wages of Hispanic and Anglo uen with the same human capital
characteristics. Black men, however, do get higher wages in govégﬁ;ént
employment.

10. Experience in the Armed Forces does not affect wages in a dif-
ferent way from civilian experience.

11. Health disabilities do not depress wage offers; their often-
found negative impact on observed wages is apparently due to sample
selection bias. |

12. Finally, selectivity bias. can be a problem even when estimating
wage functions for men, using a sample restricted to wage and salary
employees. We find a negative correlation between the error terms in
the equations for the wage a2nud for participation in the wage and salary
sector-' Moreover, sample selection bias affects estimates of intergroup
wage differences, making the difference in average observed wages smaller

than the true difference in average wage offers.
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NOTES

lputhor's tabulations from the 1976 Survey of Income and Education,

as reported in Table 4.

2por a description of this data set, see U.S. Bureau of the Census

(1978).

35even Hispanic and seven white non-Hispanic men were excluded from

the sample as wage outliers.

4ye used the Bureau of Labor Statistics index of comparative cost of
living based on an intermediate budget for a four-person family in autumn
1975 (U.S. Department of Labor, 197., pe 277). To the extenrt possible,
we matched the person's SMSA of rosidence with the same SMSA in the BLS
survey. When a sample member lived in an SMSA not included in the BLS
survey. we used the cost index for the closest comparable SMSA. When a
sample member did not live within any SMSA, we used the "nonmetropolitan”

cost index for the region of residence.

a

5To see what the sign of the coefficient of A implies, assume a per-
son participates if Wy, > Wy, where
Wy = market wage offer = X8 + €, and
We = reservation wage = nonmarket productivity = Ya + €3.
The participation rule can be expressed as:
participates if Xf - Ya + € = €3 > 0, or
participates if Zy + €3 > 0, where € = € - £3.
The coefficient of ; is 015 = Cov(€), €2) = Cov(€}, € ~ €3) = 011 ~ 913,
> >

so 019 <0 as 013 < g13. For o1y to be negative, as in our results, the

covariance between the errors in the market and reservation wages must be

79
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positive and larger than the variance of the error in the market wage

offer.

6For immigrants who arrived before 1970, the Survey of Income and
Education does not give the exact year of immigration. .USEXP and FOREXP
are constructed by using the mid-point of the period when the person
arrived i the United States as the estimated immigration date. This

introduces some measurement arror into these variables.



68

REFERENCES

Chiswick, Barry. 1978. The effect of Americanization on the earnings

of foreign-born men. Journal of Political Economy, §§_(0ctober),

897-921.

Heckman, James J. 1979. Sample selection bilas as a specification error.

Econometrica, ﬁZ.(January), 153-161.

Oaxaca, Ronald. 1973. Male-female wage differentials in urban labor

markets. International Economic Review, 14 (October), 693-709.

Smith, Sharon. 1977. Equal pay in the sublic sector: Fact or fantasy?

Princeton, N.J.: Princeton University Press.

U.S. Bureau of the Census. 1978. Microdata from the Survey of Income
and Education. Data Access Description no. 42. January.
Washington, D.C.: Data User Services Division,‘Bureau of the Census.

U.S. Department of Labor. 1977. Handbook -of labor statistics.

Washington, D.C.: USGPO.



Employment, Wages, and Earnings of Hispanics in the Federal

and Non-Federal Sectors: Methodological Issues

and Their Empirical Consequences

John M. Abowd
Graduate School of Business
University of Chicago
Economics Research Center/NORC

Mark R. Killingsworth
Department of Economics
Rutgers=--The State University
Economics Research Center/NORC

This paper is based on a repurt prepared for the Employment and Training
Administration, U.S. Department of Labor, under Research and Development
Grant No. 21-36-78-61. Since grantees conducting research and develop-
ment projects under government sponsorship are encouraged to express
their own judgment freely, this paper does not necessarily represent the
official opinion or policy of the Department of Labor. The authors are
solely responsible for the contents of this paper and the associated
report. We wish to acknowledge the assistance of Anthony Abowd, who per-
formed most of the calculations for this paper and for the detailed
report in conjunction with his Ph.D. thesis, in progress at the
University of Chicago. Research assistance was provided by Paul McCudden
~and Leslie Brown of the University of Chicago. '

69



Employment, Wages, and Earnings of Hispanics in the Federal
and Non-~-Federal Sectors: Methodological Issues
and Their Empirical Consequences

A major reason for studying employment and earnings differences by
race and ethnicity is to determine what such differences imply both about
potehtial employer discrimination and other sources of economic disadvan-
tage resulting from race or ethnic origin. Much domestic policy is con-
cerned with such questions, and information about the extent to which low
economic status is related to employer discrimination or to other factors
may have important implications for the allocation of resources to dif-
ferent domestic social programs such as antidiscrimination efforts, man-—
power training, and education programs.1

The results of statistical analyses of black/white and male/female
wage and earnings differentials generally reveal that (1) on average,
black and female wages and earnings are substantially below white male
wages and earnings, and (2) even after adjustment for productivity-
related factors such as schooling and labor force experience, the
ad justed average level of black and female wages and earnings remains
below the adjusted average level of white male wages and earnings. The
difference between the adjusted average earnings or wages of blacks and
of women and t!: adjusted average earnings or wages of white men is
often called "labor market discrimination®™ to distinguish it from the
differences in average earnings and wages that result from different
levels of the productivity variables whose influence has been removed in

the adjustment.
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A major stylized fact that summarizes most of the empirical evidence
on wage and earnings differentials is that both the black/white and the
male/female adjusted differentials remain statistically and economically
important regardless of the eccnomic model or the statistical technique
used to analyze the data. Specifically, black/white and male/female
“labor market discrimination” have  not been fully explained by either
structural ecoriomic theories or statistical : justments designed to eli-
minate a plethora of potential biases. In this paper we show that this
stylized finding does not apply to Hispahic/Anglo wage and earnings dif-
ferentials. Rather, on the whole, Hispanic/Anglo wage and earnings dif-
ferences can generally be explained by human capital differences, self-
selection biases, and statistical biases arising from imperfect measure-
ment of the human capital differences. In particular, most of the dif-
ference between ﬁiSpanics and white non-Hispanics arises from human
capital differences. A smaller but still important part of the dif-
ference arises from statistical biases due to measurement problems.
Correcting for self-selection bias gives essentially the same results as
ordinary regression analysisimnw

It is not possible to discuss literally all analytical and empirical
questions about the sources of labor market differences in a single
paper. Accordingly, we have limited the scoﬁe of our analyses in order
to devote proper attention to (and to extend the range of analyses.qf) a
number of specific issues. One issue to which we devote special atten-
tion is employer wage disérimination; another is the extent to which
employers in the federal and non-federal sectors discriminate by race or

ethnicity in making wage offers.2
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Before proceeding, we define a number of concepts that figure
prominently in what follows.

By "federal' aad '"non-federal" employment we mean, respectively,
employment in the federal government and employment elsewhere in the
economy.

By '"ethnicity" we mean Hispanic or non-Hispanic ethnic origin, based
on the self-declared origin of individuals as either Hispanic or not
Hispanic. We subdivide Hispanics into two groups: those of Puerto
Rican origin, and other Hispanics. Of course, non-Puerto Rican Hispanics
are a heterogeneous group, consisting of Cubans, Mexican-Americans,
Europeans, Central and South Americans and others. Thus, conclusious
about the Hispanic group refer to the aggregate of such persons and do
not necessarily apply equally to each group within this overall aggregate.
"Black" refers to blacks who are not Hispanic. Persons who are neither
black nor Hispanic are called 'white non-Hispanics" or simply "whites."
Note, however, that the group we call whites includes a relatively small
number of Orientals, American Ind}ans, and others who are not necessarily
Caucasian.

By "labor force status'" we mean the conventional trichotomy used in
most government surveys mgqified S0 as to distinguish between emplojyment
in the federal sector and employment in the non~federal sector. Thus, in
our analyses, any individual's labor force status is always one of the
following mutually exclusive and exhaustive conditions: employed in the
federal sector, employed in the non-federal sector, unemployed (that is,

not employed but seeking employment), or nof in the labor force.
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Finally, by "ethnic wage discrimination” we mean any difference in
total compensation—including both pecuniary and nonpecuniary
compensation-~that is associated with differences in ethnicity but is not
associated with differences in productivity. This definition seems to be
standard (for example, see Arrow, 1973, p. 4). Our definition emphasizes
something that, while implicit in most definitions of wage discrimina-
tion, is worth noting explicitly: wage discrimination means differences
in total compensation, rather than just in pecuniary compensation per se.
For example, under our definition, pay differentials that are purely com—
pensating or equalizing in nature are not discriminatory even if they are
associated with ethnicity but not productivity. By the same token, the
absence 7 a difference in pecuniary compensation may also entail wage
discrimination. For example, an employer who offers Hispanic workers the
same pecuniary pay but less desirable yorking conditions than equally
productive non-Hispanic workers is behaving in a discriminatory manner,
in our sense of that term.

This paper is organized as follows. We first present the economic
theory underlying our statistical models, and then discuss the statisti-
cal models. We next present a summary of the data used, discuss our
results regarding ethﬁic differences in labor force status, and describe
the direct regression results from the Survey of Income and Education
data. The reverse regression results from the SIE data follow; we thea
discuss the structural regression results from the same da;a. The next
section discusses statistical results on federal compensation derived
using an alternative data set, followed by comparison of all the sta-

tistical results. The final section presents our conclusions.
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THE THEORETICAL MODEL

Like most branches of economics, labor economics 1is concerned with
the analysis of supply and demand. As an actual or potential employee,
the individual 1is chiefly concerned with the labor eupply decision: he
must decide how much to work and the sector in which to wérk sub ject to
the cons;raints he faces. Thus, the individual is a constrained utility-
maximizer, in the neoclassical sense: he selects the combination of work
hours, leisure hours, and job characteristics (iucluding both pecuniary
and nonpecuniary compensation) that brings the highest possible level of
happiness consistent with the constraints. Sometimes this maximum
entails not working at all--for example, individuals who do not succeed
in obtaining a job offer over a given period obviously will not be able
to work, and other individuals may find that being in school or retire-
ment 1is more desirabie than employment—in which case the individual
is either unemployed orlnot in the labor force. Since the individual
maxipizes subject to constraints, it makes sense to say fhat choices are
voluntary only if one adds that they are made subject to whatever
constraints exist.

While individuals, considered as agents in the labor market, are con-
cerned with the labor supply decision, the major concern of the firm, as
an actual or potential exployer, is the 1labor demand'dec}sion. The firm
must decide how high a wage it is willing to offer and what types of jobs
iﬁ requiregs. Faced with a competitive market for hiring employees, firms
do not offer more than is necessary to attract proper employees nor offer

less than 1is necessary to fill all positions.



76

Firms may be viewed as continually making job offers, consisting of
pecuniary compensation and a package of Job characteristics‘which, in
effect, constitute nonpecuniary compensation. Individﬁals may be viewed
as continually seeking job offers and accepting or rejecting them. What
is observed in a collection of data——for example, a sample survey—is the
outcome of this job offer and job acceptance (or job rejection) process.
The observed wage and employment outcome is the result of the process,
not the process itself. For example, the fact that a given person
selects a_job in the federal sector over-a job elsewhere 1is co;fectly
called endogenous both to thé individual's labor supply decision and to-
the labor demand decisions of employers.

An individual's sector of employment is at least partly a result of
an economic decision by the individual about which job to accept (and
about whether he will work at all). Each employer assesses the potential
productivity of prospec?ive emloyees by analyzing the skills they have to
offer in light of the skills it needs. The employer offers prospective
workers a package of pecuniary pay and other job characteristics intended
to be attractive to them. At the same time, an individual who gets one
or more offers decides whether to accept one (and, if so, which) or to
reject all offers. After the decisién, an outside analyst oLserves the
resulting employment and unemployment. Observed differences in wages,
job characteristics, or other outcomes (e.g., concentration of persons in
a particular racial group in a particular sector) are all results of this
process.

Since firms seek to maximize profits and understand that workersvseek

to maximize utility, firms will, on average, offer job packages con-
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sisting of pecuniary pay and working conditions that will fill the
available positions at minimum cost. A firm whose offers are un-—-
necessarily attractive will be flooded with applicants. It, and any com—
peting enterprise, then knows that it can reduce the generosity of its
offers, broadly defined, and still attract adequate numbers of appli-
cants. Subject to some important qualifications to be noted below, the
utility associated with a given job offer will then fall to the minimum
level required to attract the numbef of workers the firm wants. 1In this
way, then, firms rely on the nature of utility-maximizing behavior of
individuals and on the_nature of a competitive market to bring labor
supply and labor demand into balance. 1In all cases, individuals decide
which of the options avéilable to them is best, subject to the
constraints they face.

Of course, employers may sometimes decide, as a matter of conscious
policy, to operate out of equilibrium, at least in the sense of an imbal-~-
ance between the number of persons willing to work for the employer at
the current level of generosity of the employer's job package (supply)
and the number of positions the gng{oygr wants_to_fill (demand). For
example, the federal sector may contin;ally and deliberately make job
offers with compensatibn in excess of the minimum necessary to £ill the
number of positidhs it wants to f£ill. This will result in a waiting
list, or queue, for federal jobs; When such a queue exists, the various
jobs available need to be allocated or rationed out among the applicants
according to some method, formai or informal. For federal government i
empioyment, one such method of allocation is political-—some of the

available jobs may be allocated through a process of explicit or implicit

1?8
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payoffs. In this situation, different groups in the population have an
incentive to compete for the political clout necessary for .influence over
the allocation process. The resources spent competing for such clout
eventually brlug the system back into equilibrium. If a federal Job
offers a premium over the minimum amount that the individual would
require in order to be willing to acce&pt it, then the individual will be
willing to spend resources up to the amount of that premium to get enough
clout to be offered that job.

Political allocation may help explain why the federal government can
make better job offers and have higher minority employment relative to
total employment than other employers. This higher relative minority
employment may be iﬂ regions where minority political clout is higher.
For example, minorities may have political clout in regions where
minority population proportions are higher than they are in the country
as a whole. Thig implies that measﬁres of local population proportions
for minorities may be relevant to analyses of federal employment.

0f course, non—-federal employers, including employers in the private
sector, may also~-like the federal sector--make wage offers in excess of
the minimum necessary to fill the number of positions they want to fill.
Marginal private sector employers cannot do 80 because their profits
would be driven below the minimum required for survival. Intramarginal
private sector employers may do so if they choose. For example, a pri-
vate sector employer with access to gsuperior production technology will
be more profitable than average; while this greater potential profitabi-
lity may accrue to shareholders, it may instead take the form of wage

offers to some groups that exceed the minimum required to fill the jobs

30



79

the firm wants to fill. Similarly, a private sector employer ﬁay make
unnecessarily high or excessive offers as a result of a collective
bargaining agreement. In cases such as these, as in our previous
discussion of job allocation through political clout, there will be a
disequilibrium in the sense that, at the prevailing wage offer, defined
broadly so as to include nonpecuniary as well as pecuniary rewards,
supply will exceed demand. This will induce adjustments that will even-—
tually bring the market back into equilibrium; as before, such adjust-
ments involve expenditures of resources up to the amount of the premium
implicit in the employer's offer. In some caées, such expendifures are
implicit and occur through queueing. In other cases, such expenditures
are explicit. In still other cases, supply and demand are equated
through a rationing mechanism that has little to do with productivity
considerations such as when the employer makes offers based on factors
like race rather than on the basis of productivity.

The labor market, then, settles into an equilibrium in which ;he
observed distribution of wages and the observed sectoral composition of
employment are the result of demand and supply decisions. In what
follows, we are concerned in general terms with intrasectocal differen-
tials in employment and wage rates by ethnicity, with speclal reference
to Puerto Ricans. To clarify the nature of some of the issues in whicﬁ

we are particularly interested, consider the following two questions:

Question 1: If one were to take a randomly selected group of indivi-
duals from the population of a given ethnic group and change their

ethnicity to non-Hispanic (in the case of Hispanics) or to Hispanic
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(in the case of non-Hispanics), while keeping all of their measured
and unmeasured productivity-related characteristics the same, then
would the average of the wage offers made to such persons in a given
sector differ from the offers that such employers would make 1f they
knew the actual ethnicity of these individuals, and if so, by how

much?

Question 2: If one were to take all the individuals in a given eth-
nic group who are employed in a given sector and change their eth-
nicity to non-Hispanic (in the case of Hispanics) or to Hispanic (in
the case of non-Hispanics), while keeping all of their measured
productivity-related characteristics the same, then would the average
of their wages computed on the assumption that they were non-Hispanic
(in the case of Hisﬁanics) or Hicpanic (in the case of non-Hispanics)
differ from the actual average of their wages, and if so, by how

much?

The answers to these two questions need not be identical. Both questions
are of interest for most discussions of employer discrimination in the
labor market. However, as we emphasize below, a particular statistical
technique may provide a satisfactory answer to one of these questions

without yielding any direct or useful evidence on the other.

STATISTICAL MODELS

Direct Wage Regression

The vast majority of studies of wage differentials by race, eth-

nicity, or rex rely on the meshodology of ditecL wvage regression. Under

[
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this procedure; one fits an earnings function--with a measure of pay such
as earnings or wages as the dependent variable, and with measures of
productivity-related characteristics and hypothetically irrelevant
characteristics (sex, race) as independent variables--by applying least
squares to data on individuals actually employed in some sector of
interest. In some cases, as in Mincer's (1974) seminal work, sector
means all employed persons. In other cases, sector refers to a single
employer, as in the studies by Smith (1977), Malkiel and Malkiel (1973),
Oaxaca (1976), Ehrenberg (1979), Osterman (1979), and meuy others.
Regardless of how sector is defined, however, all such studies are
investigating wages given that the individuals in the anal&sis are all in
the sector being studied and have both received and accepted an offer
from that sector.

It is important to understand what kind of evidence about the source
and magnitude of wage and earnings differentials is contained in direct
wage regression results., While direct wage regression may provide
useful information on scme questions, it may provide little or no direct
evidence on others. Direct wage regressions analyze wage offers that
have been received and accepted. Thus, while it appears that results
derived from direct wage regressions may be quite use.al for answering
what we have called Question 2, they may be much less useful for
answering what we have called Question 1.

At the statistical level, it is important to note that, considered
only in terms of questions on which it can reasonably be expected to pro-
vide useful information, direct wage regression may provide evidence that

is misleading-=in particular, estimates that may be biased or incon-
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sister.t, in a statistical sense. Such bias or inconsistency can arise
due either to exclusion of relevant variables or to inclusion of
inappropriate variables. Inclusion of inappropriate variables-—more
generally, endogenous variables—-such as occupation may bias direct wage
regression results. Endogenous variables such as occupational status are
dependent variables that, along with pay, are simply different aspects of
the outcome of the interaction between supply and demand. Treating such
variables as independent variables in a direct wage regression confuses
cause and effect in a fundamental way.

Exclusion of relevant variables may also bias direct wage regression
results. For example, prior occupational status may be regarded as a
measure of the quality of one's work experience prior to becoming
employed by one's present employer. It is therefore a productivity-
related characteristic and, by definition, it is exogenous to the beha-
vior of one's present employer. Omission of a potentially important pro=
ductivity indicator of this kind may entail bias or inconsistency in the
estimates of direct wage regression parameters.

The problem of omitted-variable bi.s has sometimes been misin-
terpreted or misunderstood, however. In particular, the fact that an
omitted variable (e.g., prior work history or prior occupational status)
is correlated both with the dependent variable and with an included inde-—
pendent variable does not mean that omission of the variable leads to
Sias in the coefficient of any particular independent variable includad
in the regression. Rather, é coefficient will be biased only if the
omitted variable is correlated with the dependent variable and with the
particularly independent variable at the margin, i.e., when all other

independent variables are held constant. Thus, for example, in order to

34
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maintain that omission of prior occupational status will bias the coef-.
ficient on an ethnicity indicator variable, it is neither necessary nor
sufficient to show that persons in different ethnic groups differ in
terms of prior occupational status or that prior occupational status is
associated with pay. Rather, one must show that persons in different
ethnic groups with the same values for the included variables-—age, edu-
cational attainment, and the like-—nevertheless differ in terms of prior
occupational status. Thus, the claim that the omission of variables that
are plausibly associated with pay even at the margin inevitably biases
the coefficient on an ethnicity variable in a direct earnings regression
is not persuasive, even when there is reason tc believe that persens in
different ethnic groups differ in terms of such relevant omitted
variables. |

A different but related bias is induced by errors of measurement in
the included variables. It would be surprising if such variables were
always perfect surrogate or proxXy measures of productivity, and it is
possible that such variables measure actual or expected productivity with
error. In this.case the coefficients in a direct wage regrzssion may be
subject to what Roberts (1979, 1981) has called underadjvstment bias. A
statistical procedure used to address this problem is called reverse

regression.

Reverse Wage Regression

The general phenomenon of measurement error bias in regression
models has received attention for many years, and i1s a standard topic in

many econometiics texts (e.g., Kmenta, 1971, pp. 307-322; Maddala, 1977,
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pp. 292-305). The problem of measurement error bias in direct wage
regression, however, has received relarively little attention; most work
on this subject is quite recent (e.g., Welch, 1973; Hashimoto and Kochin,
1979; Roberts, 1979, 1980, 1981; Kamalich and Polachek, 1982). Our
discussion of measurement error bias in direct wage regression and the
conditions under which reverse wage regression may avoid such blas will
focus on the bivariate case: the relationship between pay and a single
productivity-related characteristic. Either variable may be measured
with error. (The analysis of the theory of reverse wage regression in the
multivariate case involving the relationship between pay and a vector of
productivity-related characteristics is much less tractable.)

Assume that the first two moments of the random variables y*, p*,

e{, and ea are given by

Ball B uy—” ’ . B wyy w2 O 0 ]
p* Up wiz w2 0 0
(1) E - =y, Var[.] = = Q,
e{ 0 0 0 w33 O
eg 0 0 0 0 w44

where y* is the appropriate pay variable, measured perfectly; »* 1is tve
productivity index, measured perfectly; e{ is the measurement error in
the pay variable; and eg i3 the measurement errxor in the productivity
variable. The observable pay, y, and observable productivity, p, are

defined as:
(2a) y = y* + &}

(2b) p = p* + ez.
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Accordingly, the first two moments of [y, p] are given by

l—y_l I—uy— —m11+m$3 w12
(3) E '_ J - L Var[.] = .
p ¥p w12 w2y + w44

The system describted by equations (2)-~(3) is a standard bivariate
measurement error model. True pay, y*, and true productivity, p*, are
subject to measurement errors ef and eﬁ, respectively, which are
assumed uncorrelated with each other and uncorrelated with the other
variatles in the true system. Since the measurement errors have zero
expectation, the true variables, y* and p*, have the same expected values
as the measured proxies, y and p, respectively. Since the measurement
errors are uncorrelated with any other variables in the system, the
measured proxies have the same covariance as the true variables.
However, the variance of each measured variable exceeds the variance of
its true counterpart by the variance of the wmeasurement error-

We consider next tbe regression relationships connecting the true
variables and the proxy variablcs. By definition, the regression o y*
on p* can be decomposed into the conditional expectation of y* given p*
and an expectation error which 18 uncorrelated with the conditional
expectation. We will assume that the conditional expectaticns are linear
in the conditioning variables. In addition, assume that the mean vector
Yy and the system covariance metrixz @ arc differént for each race/ethnic
group i, 1 = Hispanic, white non-Hispanic, and black non-Hispanic. For
each race/ethnic group i, then, the regression relationships connecting

the true variables are given by

Lo
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(4a) y* = E[y* | p*]g + n}
= * * *

ai + bI p* + ﬂl
(4b) p* = E[p* | y*]1 + 0}

a; +B; y* +n§,

where nf and ng are the errors of the conditional expectations and a4,
by, a4, and By are the parameters of the linear funcrional form for the
conditional expectatioﬂs. When the true system is Multivariate Normal or
the system is estimated by least squares using the true variables, the
conditional expectation parameters are the fcllowing functions of the

underlying system parameters:

(5a) by = 2121 a¥ = uy1 = bf upt
w224
x = lei x = - *
(5b) Bi e Qi upi Bi Hyd .

Whan the true model is Multivariate Normal, these relationships hold
exactiy. When the true model is only spgcified up to itgmfirst two
moments, as in equation (1), the relationships in (5) hafaﬂas the proba-
bility limits of the least squares estimators of the theoretical para-
meters when the true variables are used in the analysis.

Of course, only y and p are directly observable. Consequently, we
must know the regression relationship connecting these variables in order
to state the implications of the measurement error problem for the dis-—
crimination analysis of interest. The regression of y on p is defined as
the conditional expectation of y given p. Once again, by the assumption

of linear conditional expectations, the regression relationships con-

{)8
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necting the observable variables for each race/ethnic group i are given

by

(6a) y = E[y*|p* + &3]3 + m1

af + by p+n1

(6b) p = E[p*|y* + et]g + n2

ay + B4 y +n1.

When the true system (1) is Multivariate Normal or when the conditional
expectations are estimated by least squares using the observed variables,
the conditional expectation parameters in (6) have the following rela-

tionship to the theoretical parameters of the underlying system:

. ,
(7Ta) by = 124 ay = ¥yi — bi upt
w224 + W441
W
(7b) By = 124 ag = upi ~ By Uyi-
w114 + w33y

When the true model 1is Multivariate Normal, these relationships hold
exactly. When the true model is only specified up to its first two
moments, as in equation (1), the relationships in (7) hold as the proba-
bility limits of the least squares estimators of the theoretical para-
meters when the cbserved variables are used instead of the true variables.
Notice thet the presence of measurement errors e{ and e§ causes the
theoretical regression parameters in equatioms (5)--the starred values—

to deviate from the theoretical regression parameters in equation (7)--

the unstarred values. Tec{nically, the symmetric measurement error
‘.sk‘)

39



88

model has the property that the least squares estimators for the
regression parameters a;, by, a4, and By are inconsistent estimators of
the regression parameters a¥*, bI, a;, and BI connecting the.true
variables. However, it is straightfecrward to verify that the conditional
expectation of the proxy pay variable given the true value of the produc-
tivity variable is identical to the conditiénal expectation in (%4a).
Similarly, the conditional expectation of the proxy productivity variable
given the true pay variable is identical to the conditional expectation
in (4b).

The inconsistency in the estimators based on the observed variables
i1s at the heart of the criticisms leveled by Hashimoto and Rochin (1973)
and Roberts (1979, 1981) against the direct regreséion methodology in
statistical discrimination analyses. Direct regression is identical to
least squares estimation of a; and bi; Theée estimators are incongsistent
for the theoretical quantities a} and bz (or ¥4 and 4). The effect of
the inconsistency on the potential inference of statistical discrimina-
tion based on the direct regression estimates can be seen by considering
the case in which each race/ethnic group has the same theoretical values
of a; and bI. Then, the theoretical average difference in observed
pay between a member of race/ethnic group i and a member of group J,

conditional on the same true value of productivity, p%*, is given by

(8) Ely; | p*] = Elyy | p*] = a} + b8 p* = (a} + b} p%) = 0,

since, by hypothesis, a* = 83 and bI = b*, However, if the least 3quares

1 3

estimates of a; and by are used, the estimated difference in pay between
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a member of race/ethnic group i and a member of group j, conditional on

the same value of observed productivity, p, 1is given by

(9) Elyg | p] - E[y; | p] = ag + bg p = (aj+ by p)

JA

= ak - - h% * w444 - h* w44
a} a*j* + (b; bj) p+ bf Mp1 bj b Hpj
w24 + W44y €224 + wa4y

= bk w44

—_— (upi - tu)’
w22 + w44

since aI a ag and b; - bg, by hypothesis. Notice that the expression in
(9) is not necessarily zero unless Hpi = Hpj~—that is, unless the average
observed productivity index is the same for both groups. Normally, a
test of the hypothesis of equal theoretical coefficients in the direct
regression 1s considered a basis for an inference of statistical discri-
mination. Apparently, this test may support an inference of discrimina-
tion even though the theoretical coefficients of interest are equal uheﬁ
productivity 1is measured with error and the groups have diff;rent average
values of the productivity proxy.

The analysis is symmetric in its implications for the revcrse
regression methodology. The least squares estimators of @4 and 84 are
inconsistent for the theoretical parameters c; and B;. Reverse regres-—
sion is identical to least squares estimation of a; and B8i. The effect
of the inconsistency on the potential inferencerf discrimination based
on the reverse regression estimates can be seen by considering the case

in which each race/vthnic group has the same tﬁéogéiical values of

cf and BI. Then, the theoretical average difference in cbserved

,..
-
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productivity between a member of race/ethnic group 1 and a member of

group j, conditional on the same true value of pay, y*, is given by

(10) Elpg | y*] = E{py | y*] = af + 8} y* = (a} + 84 y*) = 0.

since, by hypothesis, aI = 03 and BI = Bg- HYowever, if the least squares
estimates of a4 and By are used, the estimated difference in pay between a
member of the race/ethnic group i and a member of group J, conditional on

the same value of observed productivity, p, is given by

(11) E{pg | y1 =~ Efpy | y] =ay + By y* = (ag+ B, y*)

= aI - as + (B - 83) y + 8% ©334 Uyl = 83 ©333 Uy3
- w11y + w33y w11y + w33y
= g% “33 (uyi - ij):

w1l + w33

since a} = 03 and B = B%, by hypothesis. As we noted for expression
(9), the mean difference in equation 711) is not necessarily zero unless

My = uyj-that is, unless the average observed pay is the same for both
groups. Apparently, the reverse regression also may support an inference
of statistical discrimination even though the theoreticalkcoefficients of
interest are equal.

Although equations (9) and (l1) are symmetric in their implications

for the type of inconsistency induced by least squares analysis of the
system (1) when only the sysiem (2) is observed, the two inconsistencies

lead to quite different errors in a statistical discrimination analysis.

In general, the covariance between pay and productivity is positive

102
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(w12 > 0). Therefore, the estimated regression slope parameter is
expeéted to be positive whether one estimates b*, 8*, b, or B.
Consequently, the sign of the inconsistency cdepends on the sign of the
difference in the mean values of productivity cr pay for each race/ethniz
group. If ethnic group 1 has a higher value of ;he observed productivity
index than ethnic group j, then equetion (95 implies that direct
regression analysis of the observable variables y and p will be biased in
the direction of finding discrimination favoring group i even when all
coefficients of interest are equal. However, if race/ethnic group i has
a higher mean value cf observed pay than race/ethnic group j, then
equation (11) implies that reverse regression analysis of the observable
variables will be biased in the direction of finding discrimination
févoring group j even when all coefficients of interest are equal.
Roberts (1981) has called thiu phenomeﬁon the conflict between two
potential definitions of statistical discrimination. Under his first
definition., differences in true pay, y®, given the same values of true
productivity, p*, are evidence of statistical discrimination: that is, a
racial/ethnic group is discriminated against if it has lower expected
true pay for a given level of true productivity. As Roberts notes, and
equation (9) shows, direct regression estimation of the conditional
expectation of observed y given observed p may give spurious evidence of
statistical discrimination in the case where one group 8simply has a
higher average value of the productivity proxy p than the other. Under
Roberts' gecond definition of statistical dia:fimination, differences in
true productivity, p*, given the sane values of true pay, y* are evidence

of discrimination: that is, a :acial/ethnic group is discriminated
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against if it has a higher expected true productivity for a given level
of true pay. As Roberts notes, and equation (11) shnws, reverse
regression estimation of the conditional expectaticn of observed p given
observed y may also give spurious evidence of statistical discrimination
in the case vwhere one ngup simply has higher average measured pay y than
the other group. In principle, however, the errors involved in using
direct or reverse regression are in the opposite direction. That 1s, if
the observed average pay of group 1 is greater than the observed average
pay of group j, then the observed average productivity of group 1 is very
likely to be higher than the observed average productivity of group j.
Under these conditions, direct regression analysis of the proxy variables
y and p may lead to an inference of discrimination against group j while
reverse regression analysis of the same proxy data may lead to an
inference of discrimination against group 1.

The direct and reverse conditionel expectation definitions of sta-
tistical discrimination are not actually different. When applied to the
true variables y* and p*, either definition of discrimination leads to
the same implications for the structural parameters ¥ and 1, as equations
(8) and (10) show. In general, true pay cannot be measured exactly since
the appropriate measure would include current compensation, fringe bene-
fits, the monetary value of future promotion possibilitics, future bene-
fits, and on-the-job amenities. Similarly, true productivity cannot be
measured exactly since the true index depends on schooling, types and
quantities of previous experience, and various other factors that may be
difficult to quantify. The importance of the analysis of direct and

reverse regression methods for estimating the parameters underlying
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either definition of statistical discrimination is that, uader typical
conditions, the two stétistical methods will result in estimates
that bound the actual magnitude of discrimination. (However, as noted
below, a potential problem with either direct or reverse methodology is
the implicit assumption that, if the structure in equation (1) differs
across race/ethnic groups in such a way that either equation (8) or (10)
is not zero, then such structural differences can erroneously be
interpreted as differences in the behavioral equations governing the
employﬁent practices of the employer or sector being analyzed.)

We have derived a version of the reverse wage regression method for
use in analyses comparable to the direct regression models. The proce-
dure involves two steps. In the first or "direct"™ stage, we cumpute an

underlying direct regr2ssion using a randomly selected half of the white

non-Hispanic observations available to us. We use only half of the

available observations to fit the direct regression because these esti-
mated coefficients will be used to fcrm a productivity index for the
remaining half of the white non-Hispanics and all the black and Fispanic
observations. (Splitting the sample avoids inducing agpurious correla-
tion between the computed productivity index and the wage rates in the
reverse regressicns.) The direct regressions used in the first stage
involve all the productivity indicators used in the direct regression
except, of course, the ethnicity indicators and interactions involving
these indicators.

In the second or "reverse" stage, we use the conventional wage or
earnings function coefficient estimates from the direct stage to compute

predicted wages or earnings y for the remaining observations. We treat

;!'\'? S
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this constructed variable ; as a proxy measure of productivity.
Accordingly, ; becomes the dependent variable in our second-stage reverse

wage regression. We compute
(12) ¥ =a+bg’d+ b y+n,

where d is a vector of race and ethnicity indicators, y is a measure of
pay (e.g., the logarithm of the hourly wage), and n is the regression

error term. Thus ; ts a linear function of y (and d).

Structural Wage Regression

Both direct and reverse wage regressicn are coﬁcerned with con-
ditioral wage relationships. Such techniques are therefore directly con-
cerned with what we have called Question 2--identifying the within-sector
differences in wages and earnings for different race/ethnic groups.
However, they do not, in general, estimate the parameters governing the
structure of the underlying process of supply and demand that generates
wage offers; rather, they constitute analyses of the cutcome of that pro=
cessSe NeithefﬁAirect nor reverse wage regression addresses what we have
called Question l--identifying the acrq?s-seétor differences in wages and
earnings opportunities for different race/ethnic groups.

In order to obtain answers to Question 1, it is necessary to address
directly the question of the determinants of wage offers. Unfortunately,
most data sets, particularly survey data sets, contain information on.
only a subset of all wage offers--namely, the ones that have been both
received and accepted. In particular, in terms of our federal/

non-federal sector dichotomy, most cross—sectional survey data on any

... 16S
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given individual contain information on only ome offer (from either the
federal or the non-federal sector) for employed persons, and do not con-—
tain information on any offer, from either sector, for persons who are
unemployed or not in the labor force.

Such data are saié to be censored, in the sense that the investigator
does not know the values of certain variables of interest: In the pre~
sent case, he does not know the values of the federal sector offers
available to persons working in the non-federal sector or the values
of non-federal sector offers avajllable to persons working in the
federal sector; moreover, he does not know the valuas of the offers from
either sector that are available to persons whe¢ are unemployed or not in
the labor force. Restricting one's analysis to a given sector aggravates
the problem: intrasectoral data are truncated, in the sense that a
sample consisting exclusively of intrasectoral data is one from which
data on persons outside the sector being analyzed have been discarded-

To ignore this truncation completely, &s in an intrasectoral direct
or reverse wage regression analysis, may subject a study tc sample selec-
tion bias, at least insofar as answers to Question 1 are concerned (see
Heckman, 1979; Heckman, Killingsworth, and MeCurdy, 1981). Sample
selection bias may arise in such a study because the data to be used con-
tain only observations on persons who have received and accepted an
offer from the sector in question. Fér example, the observations con-
tained in data for a given secter are in part self-selected, in the sense
that, having received an offer.from employers in that sector, the persons
observed in the data for that sector have all selectad themselves into
the sample to be analyzed. Application of direct or reverse wage

regression to a gelf-gselected sample of this kind may not yield con-
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sistent estimates of the parameters of the employer's wage offer func-
tion. More generally, a saﬁple of this kind has a sampling distribution
determined by both the survey design and the respondent in the sense that
it consists of persons who have accepted offers. This makes it not only
a self-selected sample, in the sense uszed above, but also a "selected
sample” in the sense that such persons must first have received offers
from, and thus must have been selected by, employers.

This suggests that one way to avoid the self-selection biases that
may arise in the context of direct or reverse regression analysis of an
intrasectoral sample is to derive a model that no: only (1) specifies the
determinants of wage offers-—the relation of primary interest—-but also
(11) describes the process of selection by which the individuals in such
a sample got into the sample. We start by deriving a model of the selec-
tion process, and then show how this model may be used in conjunction
with a model of the determinants of wage offers to obtain consistent
estimates of the structural wage offer function.

Since the data in the 1976 Survey of Inco&e and Education (SIE),
which are used in ﬁost of the studies discussed here, refer to a period
of unusually severe recession, it is worth noting that problems asso-
ciated with selection bias may be more important in these data than they
would be in data that referred to a period when business-cycle cbnditions
were more normal. For example, results based on direct (or reverse) wage
regression analyses of these data might lead to misleading inferences
about employer offers by virtue of the fact that nonemployment—-either
unemployment or absence from the labor force induced by the 1975-76

dowaturn-~during 1975-76 was well above the level observed in more normal

:%QS.
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periods. In constrast, structural regressicn in effect makes a statisti-
cal corraction for possible "iases that might be introduced by such
pheonomena. Employer wage offers may themselvés be affected by cyclical
downturns such as the one observed during 1975-76, and structural
regression techniques cannot be used to correct for the impact of a slump
on wage offers as such. However, structural regression techniques do at
least permit a correction for the wey in which a cyclical downturn--and
the rise in nonemployment during a downturn—might otherwise confound
attempts to obtain unbiased measures of the determinants of amployer wage
offers.

We first derive a model of the way in which.individuals are selected
into different sectors—i.e., of the determinsats of the labor force sta-
tus of individuals, categorized, as before, as being (i) employed in the
federal sector, (ii) employed in the non—-federal sector, (iii)
unemployed, or (iv) not in the labor fovrce. This model may be used to
compute labor force srtatus probabilities (i.e., the probevility that
labor force status will be any one of these four distinct categories) for
every individual. These probabilities may then be used to form instru-
mental variables for structural wage regression.

The basic notion underlying our model of labor force status deter-
mination is the idea of an index function model (see Heckman,
Killingsworth, and MaCurdy, 198l1) or, more or liess equivalently, a
discrete choice model (see H:fadden, 1973, 1975). An index function
model represents the decision-making process of an agent who is faced
with the problem of having to choose the best of several alternatives.

Associated with each alternative is a particular payoff or reward that is

- °
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represented by the value of au index. The alternative actually chosen is

the one with the highest index--that is, tche one with the biggest paypff.
Specifically, recall that we have established four alternative possi-

bilities for labor force ststus, and let the utility or payoff U asso-—

ciated with each possibility, or sector, s, be givem by
(13) Ug = V(Vs: Qg 2‘_) + v(wg, qg» _x_),

where V, the systematic component of U, is a function of the wage offered
to the individual by eﬁployers in that sector; qg is an index of the
characteristics associated with that sector (e.g., one's home or school
environment, for the "not in the labor force™ sector; the work environ—
ment, for the federal employment sector); x is a veétor of observed
characteristics of the individual; and v is an error term (the stochastic
component of U). Note that no wage is relevant to being in the
unemployed sector or the "not in the labor force” sector. The individual
will choose to be in a particular sector s if the utility associated with

that choice exceeds the utility associated with any other choice. For

example, the individual will choose the federel sector if and only 1f
(14) Ug > Max(Up, Uy, Up),

where the f subscript refers to the federal sector, n refers to the non-
federal sector, u refers to the unemployment ;;ctor, and o refers to the
"not in the labor force” sector. Expressions gimilar to (14) define the
circumetances under which the individual willl choose non~federal

employmex:t, unemployment, or absence from the labor force. Note that all

such choices are subject to the values of the wage offers received from

o
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the federal and non-federal sectors, wf and w. Thus, as before, choice
is subject to constraints, and statements that choice is voluntary make
sense only 1if one understands both that such choices are constrained and,
thus, that the fact that such choices are voluntary has no particular
normative implications. Note also that non~receipt of an offer from the
federal or non-federal sector may be treated as, aqd is tregted in this
analysis as, the equivalent of receipt of a very low offer f;om that sec-—
tor.

To specify the decisions process (13)-(1l4) in a manner suitable for
empirical estimation, let the systematic component V of the utility func-

tion for sector s (s = f, n, u, or o) be given by
(15) V(wg, qg, x) = a1(qg) wg + x"a2(qs),

where aj(.) and az(.) are, respectively, a scalar and a vector function
of qg, which vary across sectors because of their dependence on the
characteristics qg of that sector. Next, assume that the iogarithm of
the (best) wage offer available to the individual from employers in sec-—

tor s (s = f or n) is given by
(16) Vs = E:bs + €g,

where z is a vector of observed variables that affect the wage offer

Wg and eg {s an error term whose population mean is zero. Substitute

(16) into (15) and rearrange terms, to obtain

A7) U =2y + XM * 32V + Ve

1
—~t >
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where lis = bg a1{qg)
Yo = 22(ds)

v = eg a1(qg) + V(¥g, ds» X),

which is linear in all observed variables z and x. (Note that some ele-
ments in z may also appear in X, and vice versa) .

Finally, let the distribution of the random term v: in (17) be
approximately independent Weibull. This means that intersectoral dif-
ferences between these errors, v? - v;, vg - v:, vg - vg, etc., are all

approximatel;, independent logistic.

Together with (14), the independent logistic assumption implies that

(18) Pr{in sector s} = exp(V;)
exp(V$) + exp(V%) + exp(V2) + exp(V7)

for s = f, n, u, or oo Thus, (18) gives the probability that an indivi-
dual will be in any given sector s as a logistic function of x and z.
Note that (18) is therefore a reduced form expression, since it contains
both supply and demand variables.

We now consider how to use estimates of parameters governing labor
force status, j.e., estimates of (18), to obtain estimates of the parame-
ters of the wage offer equation. We refer to this as structural wage
regressions.

As noted earlier, we consider two kinds of employment in our
analyses: federal and non—-federal employment. Let Ng be the number of

persons in sector s; s = f or n. Let wg be the logarithm of the (best)
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wage offer for work in gector s available to an individual with charac-
teristics x, z, and assume that wg is given by (16) above.

Now, (16) is an expression f-= the wage wg that the individual will
receive if he works in sector s and, by assumption, the mean value of

wg in the population as a whole, given z, is

(19) Elwg | z] = z°bg.

On the other hand, the mean value of wg, given z, among persons actually

working in sector t is

(20) E[wg | 2z, s = t] = z’by + Eleg | 2z, s = t].

Note that (19) and (20) are equivalent only 1if the conditional mean of
eg is independent of the condition s = t, i.e., only if the population
mean of the error term eg and the mean of eg among persons actually
employed in sector t are the same. If not, then, in terms of the
discussion in the previous section, persons in sector 8 are a selected
sample. The sampling distribution of the eg in the data is not the same
as the distribution of the eg in nature. This is the case in which
conventional least squares analysis of the regression based on a sample
restricted to persons actually in sector s will yield blased estimates of
the parameters of the wage offer function bg. Such a regression in
effect ignores the second term on the right-hand side of (20), and so
will suffer from omitted variable bias, where the omitted variable in
question is the conditional mean of eg. (Focr further discussion of this

point, see Heckman, 1979.)
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To derive an alternative to conventional regression that may be used
to obtain consisten: estimates of the parameters of the wage offer func-

tion, note that

(21) Efwg | 2z, 8 = f] =

- ] - ]

.‘,{ .a{ wg Tg{wg, Wn, X) P(wg, wy | 2) dwg duy
- ]
J

[ ]
[ me(wg, vp, x) p(wg, vy | 2) dwg dwy
-

where Tg(wg, Wy, X) = Pr{in sector s | VE, Wn, 5} and p(wg, wy, | 2z) = the
joint density functicn of wg, wy conditional on z. Approximate the
numerator of (21) with a first order Taylor series around the means of

we and wp. Approximate the denominator of (21) with the unconditional
probability of choosing sector s to obtain an overall approximation:

(22) E[wg | 2z, 8 = t] = 2’b; Te(2 bg, 2'bp, X)

—

Te

where To(wg, wp, X) has been eveluated at mean values of wf and wp, and
?} is the average value of Tg in the population. Note that mg is the
probability that an individual will be in sector s and may Be computed
using estimates of the parameters of (18), while ?} is the proportion of
all persons in sector s.

Equation (22) sugzests &n instrumental variable estimator of the
coefficients bg in the structural wage equation (16). The basis for this
claim is the form of the approximation to the conditional expectation of

the wage given the sector of employment in equation (22). This 1is the
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approximate regression function for wg given employment in sector s and
the exogenous variables z. Therefore, by construction, the variables on
the right-hand side of (22) are orthogonal to the error term in the
secuor-specific wage regression. These right-hand side variables depend
on an unknown ratio A = ﬂ(E:E£3 4:233 x)/ ?;, which is the ratio of the
probability of being employed in sector 8 evaluated at the mean value of
the wage in each sectot,.given 2, to the average probability of being
employed in sector 8. This ratio fluctuates around unity. It is higher
for individuals with higher than average probabilities of being in sector
s and lower for individuals with lower than average probabilities of being
in sector S. This ratio may be estimated by using as the numerator pro-
babflity the fitted value of:the estimated logit probability developed
above and using as the denominator probability the sample proportion in
sector S.

Having developed an estimator for tﬁfgﬁratio, we are faced with a
choice of strategies for estimating.EE: First, we could regress the
sector-specific wages on the product of z and the ratio A. Since the
ratio A is estimated, this strategy will lead to problems in determining
the appropriate measure of precision for this estimator. Alternatively,
one may use A to develop a set of instruments that are correlated with 2z
but uncorrelated with the error in the conditional wage expectation given
2 and the sector of employment. These instruﬁents are exactly the right-
hand side of equation (22). The A must still be estimated; however, this
approach does not lead to problems in estimating standard errors because
the convergence of the moment matrix of the instruments is guaranteed by

‘the consistency of the logit parameter estimates and by the fact that no
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nonlinear irstruments are used as right—hand side variables in the
equation being estimated. The estimated residuals may be
heteroskedastic: however, in estimation we allow for this poseibility.

Each row of the instrument matrix Q is defined as

(23) 444 = 24 Asis

where Agy = ﬂ(gi’bf, Ei‘bn’ xq)/ ?;, i=1, «csy Ng, and Ng = the total
sample in sector s. To allow for potential misspecification of the

probability-generating process we add a set of instruments, Qqyy, defined

as

2
The complete instrument matrix Q, then, consists of Ng rows of
[311‘, 321‘]. The bg are estimated using instrumental variables:
(25) bg = [25"Qs(Qs"Qs) 105" 2617 25" 5 (Qs"Qs) ™ 06 8>

where Z is the Ng by k matrix of wage equation variables, Q is the
Ng by 2k matrix of instruments, and ¥y is the Ng by 1 vector of wages
observed in sector s. The estimator of the asymptotic variance-=

covariance matrix is
b 2 . +9.3y=1g.°7 1-1
(26) Var[l:i] = og [2g Qs(Qg Qg) Qg 7%

~2
where g is the sum of squared structural residuals divided by the sample

size Ng

~2

(27) o5 = (¥ = 2°bg)”" (w - Z°bg)/Nge
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Conceptually, the structural estimator of the parameters relating
Wg to z is quite different from both the direct and reverse regression
estimators of those parameters. If 2 includes a vector of race/ethnic
indicators, say d, then the structural model developed in this paper
estimates the coefficients on d for the population conditional expec~
tation.of wg given z and not for the subpopulation conditional expec=
tation of wg given z and s = t for some sector t. This difference is
important, since the structural model attributes behavioral significance
to the population conditional expectation and not to the self-selected
subpopulation conditional expectation. In a direct or reverse regression
analysis of race/ethnic pay differences, the conditional expectation of
pay, given the productivity index 2°bg and given the sector of employment
8, may differ across groups because of systematic differences in the
employers' pay practices (the usual assumption in statistical diserimina-
tion analyses) or because of systematic differences in the workers' pre-
ferences, as modeled by the sectoral choice model above. In general the
conditional .«pectation of pay, given E:BE_and sector 8, may differ
across race/ethnic groups because of variation in labor demand (employer
policies) or labor supply (employee policies). The structural model
developed in this chapter makes assumptions sufficient tolidentify the
parameters underlying iabor demand (hut not labor supply), permitting

estimation nf the conditional expectation of pay ofiers given only 2.

DATA USED IN EMPIRICAL STUDIES

Most of the data used in the empirical studies described in this

report are derived from the 1976 Survey of Income and Education (SIE).

.
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The SIE was conducted during April-July 1976 by the U.S. Bureau of the
Census for the U.S. Department of Health, Education and Welfare (now the
Deﬁértment of Health and Human Services), and was the largest national
survey since the 1970 Census of Population. Most of the procedures and
definitions used in the SIE are identical to those used in the aanual
March Current Population Survey (CPS), but the SIE also contains
question§ pertaining to income, education, and language skills that are
not contained in the CPS. For further description of the SIE, see U.S.
Bureau of the Census (1978).

We have excluded persons under 21 years old. Among persons 21 years
old or older in the SIE data base, 8,168 are Nispanics, 19,501 are black
non-Higpanics, and fhe remainder (246,837) are whites (that is, pEfsons
neither Hispanic nor black). Etkaicity is gself-reported. Racg, however,
{38 determined by interviewer observation.

Second, we have excluded persons mnot residing in the continental
United States; our data therefore eXclude persons residing in Hawaiil and
Alaska, and also, of course, persons living in Puerto Ricd-

The SIE therefore refers to a sample of persons in the country as a
whcle, and geography undoubtedly has major effects on pay through its
agsociation with such factors as (1) regional cost=-of-living differen-
tials, (1i) regional differences in amenities and also, to the extent
that labor is immobile, (iii) regional differences in factor proportions
(for example, see Kiefer and Smith, 1977). Moreover, there are important
regional differences in the location of minority populations and the
location of various industries, including the federal government. In all

of our analyses, geography, specifically locational choice, is taken as
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exogenous. Nevertheless, we have taken several measures to ensure that
minority groups are compared with nonminority groups from the same
geographic region. The sampling design of the SIE oversampled less popu-
lated states, meaning that the geographic distribution of employment
npportunities is not sampled randomly.

In order to control for the differences in labor demand across
geographic regions, we have ugsed two sets of geographically matched
samples in our analyses. The logit models of the labor force status were
egtimated using samples of blacks and of white non-Hispanics that were
geographically matched to sur sample of Hispanics. Regression analyses
were performed on federal and non~-federal samples that were geographi-
cally matched to the federal sample.

We did this geographic matching by state and by what the SIE calls
central city code, which categorizes persons according co residence in
the following way: (1) located in the central city of a Standard
Metropolital Statistical Area (SMSA), (2) located in an SMSA but not in a
central city, (3) located outside an SMSA, and (4) location not disclosed
(in order to avoid bréaching Census regulations governing
confidentiality). Relatively small numbers of persons, mainly persons
residing in outlying areas, fall into the last of these four categories.
Thus, for example, after determining the total number of Hispanics living
in the central city area of the Los Angeles-Long Beach SMSA in
California, we randomly selecteq equal numbers of bdlack non-Hispanics and
of whites from the total populations of such pergons in the same area;
and similarly for all other areas. The result of this process of

matching was three samples (of Hispanics, black non-Hlspanics, and
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whites, respectively) with the same sampling probabilities for each state
and central city code. In addition, we produced two samples (of federal
and non-federal employees, respectively) with the same sampling probtabi-
lities for eacn state and central city code. Therefore, five analysis
samples were produced: three which were geographicaly matched to the
Hispanic data and two which were geographically matched to the federal
data.

For the samples geographically matzhed to the Hispanic sample from
the SIE, the sampling probabilities for Hispanics and whites are iden-
tical for each state and central city code. However, because there were
not enough black non-Hispanics in the original SIE sample for the West
. and Southwest regions, this group is undersampled for these regions in
our sample. All federal employees in the SIE are included in the federal
sample. In the non-federal sample, whites are exactly matched geographi-
cally but Hispanics and black non-Hispanics are oversampled. Since eth~
nicity and location are always conditioning variables in the analyses
using the federal and non-federal samples, the oversampling of blacks and
Hispanics can be expected to reduce sampling error om ethnicity effects
without inducing a location bias.

Since we are not able to observe the actual work experience of the
individuals in ocur data, we must use a meadure of potential work
experience (Mincer, 1974) defined as current age less years of schooling
less 5. The problems associated with this proxy are well known, par-—
ticularly as regards male-female differences in potential vs. aciua;"work
experience. Accordingly, we think it appropriate in analyzing di}feren-
tials in employment status, wages, and earnings to consider men and women

separately.
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Annual earnings, as defined in our studies, is the total amount of
income from work received during the vear 1975. The hourly waQE, as used
in our studies; 1is computed as the ratio of annual earnings to annual
hours of work, where the latter is computed as the product bf weeks
worked during the year 1975 and usual hours worked per week during the
year 1975. Labor force status is defined according tc standard Current
Population Survey concepts (U.S. Bureau of the Census, 1978) as of the
week preceding the actual survey date.

The period 1975-76 was part of an unusualiy severe recession. This
may have implications for the interpretation of our results. In par-
ticular, iifferentials of any kind (skill, racial, etc.) may tend to
widen during business-cycle slumps and narrowy during booms. To the
extent that this is true, the various effects we discuss im this report
may overstate somewhat the effects that would be observed during more
normal (less recessionary) times.

In addition to the SIE we also used the fed:ral government's Central
Personnel Data File (CPDF). The CPDF is a payroll data set based on
federal personnel files. CPDF data are derived from various federal
payroll documents and are used by the fedetgl Office of Personnel
Management and other federal agencizs in studying characteristics of the
federal civilian work force, in personnel planning, and in other relﬁted
activities. The CPDF is longitudinal ia nature, having begun in 1972 and
having been updated on an annual basis since that time; thus, it permits
analyses of several different yéars. Finally, since the CPDF covers
essentially all federal employees, it contains large numbers of Hispanics
as well as large numbers of persons in other racial and ethnic groups.

(For further details on the CPDF, see Schneider, 1974.)
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In computing results using the CPDF, we started with samples of 5,000
Hispanics ard 5,000 non-Hispanics, selected randomly from the total CPDF
populations present in each of the years 1375, 1976, and 1977. As in cur
work on the SIE data, we then excluded persons who either (i) were not
1iving in the continential United States or (i1) were under 21 years old.
This reduced & given year's sample by about 1éz to about 8,800 people.
About 152 of the persons remaining in any given year's sample after appli-
cation of this exclusion could not be included in the gegression for that
year due to missing data (mainly for educational attainment or, to a
lesser extent, race or sex). Also, we computed regressions for each year
separately for each sex. Thus, the total aize of the sample used for
regressions for a given sex for a particular year is between about 2,000
(in the regressions for women) and about 5,600 (in the regressions for
men) .

In order to provide a basis for comparisons between the various sta-
tistical procedures described earlier, we estimated a set of different
wage and earnings models using the same data and definitions. We briefly
discuss the design of these models. All reéression models for wages and
earnings based on the SIE use the same sets of explanatory variables-.

The regressior models for wages and earnings based on the CPDF use dif-
ferent but similar explanatory variables. The iogit models for
employment sector based on the SIE use an abbreviated set of explanatory
variables. We describe each explanatory variable 1ist in turn.

The dependent variable for the wage and earnings analyses based on

the SIE is either the log of the hourly wage rate or the log of annual

earnings. Independent variables capture effects on wages associated with
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human capital, ethnicity, race, age, geography, and other factors. A
list of all variabies used in the wage and earnings regressions based on

the SIE data is as follows:

Dependent Variables

either *he natural logarithm of the hourly wage xate

or the natural logarithm of annual earnings

Independent Variables

Group A variables (ethnicity and race indictors——variant 1):
1 1if Hispanic, O stherwise

1 1f black and not Hispanic, O otherwise

Group B variables (ethnicity and race indicators--variant 2):
1 1f Puerto Rican, O otherwise '
1 i1f Hispanic but not Puerto Rican, O otherwise

1 if black and not Hispanic, O otherwise

Group C variables (human capital, gecgraphy, and other factors):
number of years of formal education
1 if graduated from high school, 0 otherwise
1 if graduated from college, 0 otherwise
1 if any postgraduate education, O otherwise
1 1f currently a full-time student, O otherwise
1 1f currently.a full-time public school student:, 0 otherwise
number of years of education received outside the U.S.
1 1f had any education outside the U.S., O otherwise

1 i1f taught in English, O if taught in any other language
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1 if U.S.~-born, spoke English as a child, and speaks English now;
0 otherwise

1 4if not U.S.~born, O otherwise

number of years lived in U.S. (equal to zero, for persons born
in U.S.)

1 if English not the primary language spoken as a child,
0 otherwise

1 if English not the primary language spoken now, O otherwise
1 1f English not spoken or understood very well, 0 othcrwise

1 if has any physical condition limiting ability to work,
0 otherwise

1 if age is over 30 and under 41, O otherwise

1 if age is over 40 and under 31, 0 otherwise

1 if age is over 50 and under 65, O otherwise

1 if age is over 64, O otherwise

potential experience (age minus years of schooling minus 5)
square of potertial experience

1 if employed part-time, O otherwise

1 4{f a veterarn, O otherwise

1 if lives in New England area (Maine, New Hampshire, Vermont,
Massachusetts, Rhode Island, Connecticut), O otherwise

1 if lives in Middle Atlantic area (New York, New Jersey,
Pennsylvania), O otherwise

1 if lives in East North Central area (Ohio, iIndiana, Illinois,
Michigan, Wisconsin), O otherwise

1 if lives in West North Central area (Minnesota, lowa, Missouri,
North Dakota, South Dakota, Nebraska, Kansas), O otherwise

1 41f 1lives in South Atlantic area (Delaware, Maryland, District
of Columbia, Virginia, West Virginia, North Carolina, South
Carolina, Georgia, Florida), O otherwise

1 1f lives in East South Central area (Kentucky, Tennessee,

Alabama, Mississippi, Arkansas, Louisiana, Oklahoma, Texas),
0 otherwise
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1l if lives in Pacific area (Washington, Oregon, or California),
0 otherwise
Group D variables (population proportions and interactions):

proportion of population in area (classified by state, SMSA, and
central city) that is black non-Hispanic

proportion of population in area that is Hispanic

proportion black non-Hispanic in area times years of scpqq}
proportion Hispanic in area times years of school

proportion black non-Hispanic in area times potential experience

proportion Hispanic in area times potential experience

Groﬁp E variables (interactions with race, ethnicity indicators):

Hispsnic indicator times years of school

black non-Hispanic indicator times years of scheol

Hispanic indicator times high school graduation indicator

black nqn-ﬂiepanic indicator times high school graduation indicator

Hispanic indicator times college graduation indicator

black non-Hispanic indicator times college gradugtion indicator

Hispanic indicator times postgraduate education indicator

black non-Hispanic indicator times postgraduate education indicator

Hispanic indicator times potential experience

black non-Hispanic indicator times potential experience

Hispanic indicator times square of potential experience

black non-Hispanic indicator times square of potential experience
Group F variables (interactions between race, ethnicity indicators,
and population proportions):

black non-Hispanic indicator times percent black non-Hispanic in
area :

black non-Hispanic indicator times percent black non-Hispanic in
area times years in school

AN
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black non-Hispanic indicator times percent black non-Hispanic 1in
area times potential experience :

Hispanic indicator times percent Hispanic in area

Hispanic indicator times percent Hispanic in area times years in
school

Hispanic indicator times percent Hispanic in area times potential
experience .

Group A and Group B variables are indicators for minority status.
Group A identifies Hispanics and blacks who are not Hispanics. Group B
uses tﬁe same black non-Hispanic indicator but distinguishes between
Hispanic subgroups, i.e.; those of Puerto Kican origin and other
Hispanics.

Group C variables are forms of the basic human capital variables nor-=
mally found in direct wage regressions. The exact form of these
va~iables 18, of course, limited by the nature of the data available
in the SIE; These variables--for education, age, potential work
experience, and the like——are proxies intended to capture the employer's
attempt to estimate the productivity of potential employees.

Some variables in Group C go beyond the basic proxies used in most
previous research. Variables for years of education outside the United
States and for not speaking English as one's primary language are
{ntended to capture effects of immigration and language skills that may
affect earnings (see Chiswick, 1978, 1980). Indicators of geographic
location reflect the possible impact of region (that 1is, regional price
differentials, capital-labor raﬁios, etc.) on job offers.

Group D variables reflect local Hispanic and black non-Hispanic popu-

lation proportions. These population proportions are also multiplied by



115

years of school or potential experience in order to capture possible
interactions. Group E variables are interactions between human capital
variables (schooling and potential experience) and minority status.
Group F variables are triple-interaction effects, i.e., minority indica-
tors multiplied both by minority popr:=: 9n proportions and by either
years of school or years of potential experier:e.

Since the CPDF is similar to the personnel data files of a single
employer, the variable list for the regression analyseg based on these
data includes mof; detailed information on the individual's work history.
The variable list does not include the detailed educational, language,
and immigrant backgound data found in the SIE. The variables used in the

regressions based on the CPDF are as follows:

Dependent Variables

natural logarithm of annualized salary

Independent Variables

Group A (race and ethnicity indicators):
1 if Hispanic, O otherwise

1 if black, O otherwise

Group B (expanded race and ethnicity indicators):
1 if Hispanic, O otherwise
1 if black, O otherwise
1 if Oriental, O otherwise

1 if American Indiah, 0 otherwise
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Group C (human capital, geographic location, etc.):
educational attainment indicators (1 if possesses the indicated
characteristics, O otherwise) for each of the following mutually
exclusive categories:
completed elementary school, did not complete high school
has some high school education, but did not complete high school

has high school diploma or equivalent

attended terminal occupational training program, but did not
complete ic

completed terminal occupational training program
attended less than one year of college

attended one year of college

attended two years of college

has associate~in-arts or equivalent degree
attended three years of coilege

attended four years of college, but did not receive B.A. or
equivalent degree

has B.A. or equivalent degree
has B.A. or equivalent and 3ome post=B.A. training
has first professional degree (e.g., J.D., M.D.)

has first prsfessional degree and some post=-first-professional-
degree training

has M.A. or equivalent degree
has M.A. or equivalent and some post-M.A. training

has a sixth-yéar degree (e.g., Advanced Certificate in
Education)

has a sixth-year degree and some post—sixth-year degree training
has Ph.D. or equivalent degree

has Ph.D. or equivalent degree and some post=Ph.D. training
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years since highest degree, for persons with at least a B.A. or
equivalent (for persons with less than a B.A., this variable is set
at zero)
square of years since highest degree
indicators for field of highest degree, for persons with at least
a B.A. or equivalent (1 if field of highest degree is the one
indicated and zero otherwise; set at zero for all persons with less
than a B.A.), as follows:

medical doctors (M.D., D.D.S., D.V.M., etc.)

allied health professions (nursing, therapy, eic.)

mathematics, architecture, engineering, data processing

physical or biological scilences

arts or humanities

social sciences

law

age

square of age

years employed in fedaral government

square of years employed in federal government -
product of age and years employed in federal government
1 if has physical or mental disability, O otherwise

indicators for veterans' preference (1 if possesses the indicated
type of veterans' preference, 0 otherwise), as follows:

five-point veterans' employment preference
ten-point disability veterans' employment preference
ten-point compensable veterans' employment preference

ten-point other veterans' employment preference (e.g., spouse,
survivor)

indicators for state of residence (1 if lives in a particular

state, O otherwise) for all 48 states in the continental U.S.
and the District of Columbia
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The Group A and Group B variables differ oniy in that, in the latter
group, we distinguish between Orientals and American Indians, ou the oue
hand, and all other persons who are neither black nor Hispanic, on the
other. More or less by definition, this group of all other persons might
be called majority white.

Note that our Group C variables (reflecting human capital, geographic
location, and the like) are quite similar to the ones used ir our SIE
regression models im some respects, but are rather different in other
respects. In particular, the CPDF data permit us to derive educational
attainment indicators that are more detailed than the ones tha:t can be
obtained from the SIE data: for example, the latter do not contain any
measures of the number of years elépsed since highest degree, or of the
field of the highest degree, while the CPDF data do; and while the SIE
measures the number of years of school completed, the CPDF data provide
somewhat more information about the amount and kind of educational
attainment than the simple amount of time spent in school. The CPDF data
also contain a measure of years of employment in the federal government,
while the SIE data do not contain any measure of actual work experience,
even with one's present employer. Of course, on the other hand, the CPDF
data do not contain measures of some variables of interest that are
available in the SIE. For example, the CPDP data do not contain any
information on language skills and also do not differentiate between race
or ethnicity. That is, the SIE data classify persons according to both
race and ethnicity (which, for éxample, permits one to differentiate be-
tween black and white Hispanics), while in the CPDF classification scheme
race and ethnicity azre defined in such a way as to make black and

dispanic mutually exclusive.
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We use the wvariables listed above to form two different regression
models. The first model uses the simple Group A race—ethnicity indica-
tors and the Group C variables, while the second model uses the expanded
Group B race-ethnicity indicators and the Group C variables. Note that
the first model, comprising Group A and Group C variables, is most com-
parable to the basic model used in our SIE regressions.

Because of the problems associated with egtimating many parameters in
logit models we ugse a smaller sget of tbe available variables in cur ana-
lysis of labor force status. The variable list for the logit analyses

based on the SIE data is as follows:

Dependent Variable

labor force status, categorized as follows:
euployed in the federal sector
employed in the non-federal sector
unemployed

not in the labor force

independent Variables

number of yearan of formal education

potential experience (= age minus years of schooling minus 5)
1 1f age is over 30 and under 41, O otherwise

1 1f age is over 40 and under 51, O otherwise

1 1f age 1is over 50, O otherwise

number of years lived in U.S. (equal to age, for persons born in
U.s.) .
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1 1f born in U.S., spoke English as a child, and speaks English now,
0 otherwise

1 1f married with spouse present, 0 otherwise
number of persons in household

percent of population in area (classified by state, SMSA, and central
city) that is Hispanic

percent of population in area that is black non-Hispanic

percent Hispanic in area times years of school

percent black non-Hispanic in area times years of school

percent Hispanic in area times potential =xperience

percent black non-Hispanic in area times potential experience

1 if of Puerto Rican origin, O otherwise

We estimate various logit models, containing alternative combf:.ations
of these variables, separately for each sex, using separate samples of
Hispanics, black non-Hispanics, and white (that is, other) non-Hispanics.
Note that an indicator for Puerto Rican ethnicity cannot be included in
logits for samples of black or white nou-Hispanics because, by defini-
tion, this indicator has a value of zero for ail such persons. Qn the
other hand, we do include such an indicator in logits for samples of
Hispanics in order to distinguish between Puerto Ricans and other

Hispanicse.

LABOR FORCE STATUS RESULTS

One of our principal interasts in this regearch ig to compare the
federal and non-federal sectors. The implications of our logit models
with respect to empryment in these two sectors are summarized in Table

1, which compares the actual and predicted employment sector for each
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Table 1

Comparison of Minorities' Predicted Employment Proportions
(Predictions use logit coefficients from the sample of whites)

Federal Employees Private Employees
Actual Predicted b3 Actual Predicted 2
2 b4 Diff. 2 2 Diff.
Men
Hispanic 4.53 3.57 26.9  75.82  75.08 1.0
Puerto Rican 4,58 2.49 . 83.9 68.64 77422 -11.1
Hispanic non-Puerto Rican  4.53 3.71 22.1 76.89 77.22 '2.8
Black 5.07 2.98 70.1 67.62 73.17 -7.6
White 3.91 - - 78.41 - -—
¥omen
Hispanic 1.65 1.62 1.9 46.61 47 .45 -1.8
Puerto Rican 1.35 | 1.00 35.0 34.28 51.64 -33.5
Hispanic non-Puerto Rican  1.69 1.71 -1.2 48.43 47.06 _;f§.9
Black 3.53 1.28 173.6 50.96 52.08 -2.2
White 1.60 - - 43.95 - -

Note: Data base is the Survey of Income and Education; see text for description of
analysis.
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race/ethnic group. The comparison is based or the characteristics of
each individual in the sample (regardless of actual sector). A predicted
probability was generated using the estimated logit coefficients for
labor force status from the white sample. All comparisons in this table
concerning under- or overrepresentation are made relative to white
non-Hispanics (men, in the case ¢f the other male ethnic groups; or
women, in the case of the other female ethnic groups). A positive entry
for a given sector in the column headed "% Diff." indicates that the
group in question is overrepresented in that sector relative to white
non-Hispanics of the same sex with the same educational attainment, age,
etc.; a negative entry indicates underrepresentation.

The main implications of Table 1 may be summarized as follows.
First, virtually all minority ethnic groups (that is, groups other than
white non-Hispanics) are substantially overrepresented in federal
employment relative to white non-Hispanics. (The only esceptions to this
generalization are Hispanic non-Puertc Rican women, who are slightly
underrepresented in federal employmen:, and Hispanic women generally,
who are only slightly overrepresented in federal employment, on average.)
However, note that such overrepresentation in federal employment is only
a small proportion of any given group's population. (For example, Table
1 indicates that men of Puerto Rican origin are overrepresented in
federal employment in the sense that the actual proportion of such men in
federal employment is 4.58%, as opposed to the 2.49% that would be
expected if this group acted and were treated in regard to labor force
status as white men with identical schooling, age, etc.) In this sense,

an end to such overrepresentation would not involve the reallocation of
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a large number of persons. Second, Puerto Ricans of either sex arve also
substantially underrepresented in non—~federal employment relative to com-
parable white non-Hispaniecs. Third, black non-Hispanic males are also
underrepresented in non-federal employment. Recall that these differen-
ces in labor force status cannot be attributed exclusively to either
supply or demand factors (e.g., to individual tastes or to emplcyer
discrimination) since the estimated version of the logit model does not
identify either of these two behavioral relationships separately.

To complement Table 1, we present in Table 2 a summary of the implica-
tions of our logit results concerning the reletion between ethnicity and
nonemployment, i.e., either unemployment or absence from the lahor force.
This showes that both men and women in each of the minority ethnic groups
considered in cur analyses are overrepresented amoag the unemployed,
relativ. . ~hites with comparable schooling, age, family composition,
etec. Nou :uerto Rican Hispanics of either sex and black-women tend to te
underrepresented among persons not in the labor force; Puerto Ricans of
either sex, and black men, tend to be overrepresented.

All things considered, our logit results suggest that ethnicity as
guch does not have & particularly pronounced association with labor force
gtatus once one holds constant the effects of other supply and demand
factors such as age, schooling, family composition, and tha like. One
simple way to illustrate this is shown in Table 3. In this table, we
show how changing the ethnicity of all ethnic groups to white
non-Hispanic (without changing their age, schooling, etc.) would alter
the distribution of our total sample by labor force status. As shown

there, changing the ethnicity of all persons in our sample to whites would
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Table 2

Couwparison of Minorities' Predicted Unemployment
end Not-in-Labor-~Force Proportions
(Predictions use logit coefficients from the sample of whites)

Unemployed Not in Labor Force
Actual Predicted z Actual Predicted z
2 z Diff. b4 4 Diff.
Men
Hispanic 5.83 5.43 7.4 18.03 20.23 -10.9
Fuerto Rican 8.92 7.24 23.2 21.51 17.09 25.9
Hispanic non-Puerto Rican  5.43 5.20 .2 17.58 20.63 -14.8
Black 7.16 5.20 37.7 27.38 21.64 26.5
White 3.45 - - 22.54 - -_—
Women
Hispanic 4.90 4.96 7.5 52.80 53.52 ~1.3
Puerto Rican 6.37 4,87 30.8 62.74 49,73 26.2
Hispanic non~Puerto Rican 4.70 4,52 4.0 51.44 54.04 -4,.8
Black 7.21  4.78 50.8  61.20  46.69  -11.8
White 3.32 - - 51.13 - -

Note: Data base is the Survey of Income and Education; see text for description of
analysis.
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Table 3

Comparison of Predicted and Actual Labor Force
Distribution for Entire Sample
(Predictions use logit coefficients from the sample of whites)

Men (N = 10,025) Women (M = 11,361)
Actual If white, actual If White,
b4 Predicted % y 4 Predicted %
Labor Force Status
Employed 72.86 73.94 45.78 44.89
In federal sector 4.40 3.57 2.09 1.53
In non—-federal sector 68.46 70.37 43.69 43.36
Unemployed 5.22 4.62 4.86 4.14
Not in labor force 21.92 21.44 49.36 50.97
Ethnicity
Hispanic 35.51 37.91
Puerto Rican 4.36 4.56
Other 34.15 33.35
Black 22.99 24.16
White 38.49 37.93

Note: Data base is the Survey of Income aad Education; see text fou
description of analysis.
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produce rather small shifts in the distribution of our total sample by
labor force status. For example, tﬁe proportion unemployed among men
would fall about 0.6 of a percentage point, while the proportion unempioyed
among women would fall by about 0.7 of a percentage point. (Recall,

also, that our total sample for each sex consists of roughly equal num-—
bers of Hispanics and white non-Hispanics, with somewhat smaller numbers

of black non-Hispanics. Thus, minorities are substantially overrepre-
sented in our sample relative to their representation in the population—
meaning that any changes of the kind shown in Table 3 would be much

smaller in the actual population than they are in our sample.)

DIRECT REGRESSION RESULTS FROM THE SIE DATA

In this section we discuss our direct {conventional least squares)
regression results on ethnic pay differences, taking each sex in turn.
(See J. Abowd and Killingsworth, 1981, for detailed tables; A. Abowd ,

1982, for alternative specifications.)

Results for Men

1. Magnitudes. The pay differential for a given ethnic group rela-
tive to comparable white non-Hispanics varies considerabliy by ethnic
group (and, as noted below, to a lesser extent by sector). All differen-
tials are negative, implying that minority ethnic groups tend to be paid
less than whités who are otherwise comparable (in terms of the other
variables in the regression model from which the differeﬁtial is

derived). They are largest in absolute value (between about =-.l4 to
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=.25) for black non-Hispanics, smallest in absolute value (between about
-.01 to ~.05) for non-Puerto Rican Hispanics, and of intermediate size
(between about =-.07 to -.13) for Puerto Ricans.

2. Statistical significance. As measured by t-statistics, the sta-

tistical significance of these pay differentials is generally quite
substantial for blacks” (t-ratios for most black-white differentials are
between about 5.2 and 9.9); t-ratios for most Puerto Rican~white dif-
ferentials are considerably lower (between about 0.8 and 2.2). Most dif-
ferentials between non-Puerto Rican Hispanics and comparable whites would
not be judged statistically different from zero at conventional levels
(t-ratios for most of these differentials are between about 0.3 and 1.5).

3. Sectoral patterns. For all three uinority ethnic groups,

minority-white differentials in wages are larger in absolute value (that
i3, more negative) in the federal sector than in the non-federal sector,
while minority-white differentials in earnings are larger in the non-
federal sector than in the federal sector. For example, the black-white
wage differential in the federal versus non-federal sector 1s zbout -.16
to ~.18 (-.14), while the comparable figure fur the earnings differential
in the federal versus non-federal sector is about =.16 to =.17 (=.25).

4. Alternative dependent variables. Por all three minority groups,

the wage differential is larger than the eernings differential in the
federal sector, but smaller than the earnings differential in the non-
federal sector. For example, fqr Puerto Ricans, the wage (earnings) dif-
ferential is about -.12 to -.1l3 (-;08 to -.10) in the federal sector,
while in the non-federal sector the wage (earnings) differential 1s about

-107 to _108 (-013)1
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5. Alternative models. For all three minority groups, estimates of

a given differential are relatively robust with respect to alternative
models (that is, use of alternative sets of independent variables). For
example, regression estimates of the Puerto Rican—-white differential are
about —.08 to —.12 when population proportion variables are not included,
and are about =.10 to -.13 when such variables are included among these
regressors. (Changes in differentials for most other race/ethnic groups

attendant upon inclusion of these variables are smaller still.)

Results for Women

1. Magnitudes. With a few exceptions, minority-white pay differen=
tials among women are smaller than among men, and mﬁny are either posi-
tive (implying that certain groups of minority women are paid more then
comparable uhitelwomen) or else essentially zero, in a statistical sense.
The black~white pay differential among women 1is about .05 to =.05; the
Puerto Rican-white female pay differential is about .12 to about -.40;
and the non-Puerto Rican Hispanic-white pay differential is about .04 to
-.13.

2. Statistical significance. On the whole, the statistical signifi-

cance of minority-white pay differentials, as meagsured by their t-ratios,
is lower among women than among men. Black-white differentials among
women have t-ratios in the range 0.6 to 2.1; Puert§ Rican-white differen-
tials have t-ratios between .07 and l1.6; and non-Puerto Rican Hispanic-
white differentials have t-ratios between .7 and 2.3.

3. Sectoral patterns. With a few exceptions, minority-white pay

differentials among women are more negative (that is, lower in absolute
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value) in the federal than in the non-federal sector. For example, the
black-white pay differential is about =.04 to =.05 in the federal sector,
while differentials in the non-federal sector are between about .05 and

-.05.

4. é}fernative dependent variables. Black-white and non—-Puerto

Rican Hispanic-white differentials in wages are typlcally more negative
(that is, larger in absolute value if negative, or smaller in absolute
value if positive) than are earnings differentials; while in the case of
Puerto Rican-white differentials just the reverse holde. For example,
the Puerto Rican-white wage differential is about .06 to .12, while the
earnings differential 1s about -.0l to =.40; black-white and non-Puerto
Rican Hispanic-white differentials in wages (earnings) are about =.02 to
-.13 (.04 to -.09).

S. Altevnative models. For all three minority groups, estimates of

pay differentials are relatively robust with respect to alternative
models {(that is, use of alternative sets of independent variables). For
example, regression estimates of the Puerto Rican-white wage (earnings)
differential are about .06 to .12 (-.0l to -~.40) when population propor-
tion variables are not included, and about .06 to .14 (-.01 to =~.39) when

such variables are included among the regressors in a given model.

REVERSE REGRESSION RESULTS FROM THE SIE DATA

In this section we present the results of our reverse regression
analysis for each sex. (See J. Abowd and Killingsworth, 1981, for
detailed tables and A. Abowd, 1982, for a discussion of alternative

specifications.)
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Results for Men

1. Magnitudes. The pay differential for a given ethnic group rela-
tive to comparable white non-Hispanics varies congsiderably by ethnic
group (and, as noted below, to a lesser extent By sector). Unlike the
direct regression differentials, most of which are negative (implying
that minorities tend to receive lower pay than comparable whites), most
of the reverse regression differentials are positive (implying that
minorities tend to receive higher pay than comparable whites). The
black-white differential is between about .06 and —.05; the non-Puerto
Rican Hispanic-white differential is between about .14 and .02; and the
Puerto Rican-white differential is between about .06 and -.0l.

2. Statistical significance. As measured by their t-statistics, the

statistical significance of these pay differentials is generally quite
gubstantial for non-Puerto Rican Hispanics (t-statistics for this group
are between about 3.7 and 5.9). Black-white differentials in the federal
sector, and Puerto Rican-white differentials in the non-federal sector,
also have relatively high t-ratios (between about 3.4 and 4.2, and be-
tween about 1.5 and 3.1, respectively). However, black-vhite differen-
tials in the non-federal sector and Puerto Rican-white differentials in
the federal sector would not generally be judged different from zero, in
a statistical sense, at conventional levels of significance.

3. Sectoral patterns. The magnitudes and even signs of these dif-

ferentials vary considerably by sector. Puerto Rican-white differentials
are always smaller in algebraic value (either negative, or else positive

but small) in the federal sector than in the non-federal sector (the
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range of federal sector differentials is about .02 to =-.0l, while the
non-federal sector differential is about .06). On the other hand, dif-
ferentials between non-Puerto Rican Hispanics and comparab}e whites in
the non-federal sector (which are in the range .07 to .02) are smaller
than the differentials in the federal sector (which are in the range .14
to .09). Finally, introducing population proportion variables changes
completely the sectoral pattern of the black-white differentials. In
models in which these variables are not included, the black-white dif-
ferential in the federal versus non-federal sector is =.04 to =.05 (.02
to .01), but when such variables are included the differential in the
fecaral versus non-federal sector is between about .04 and .06 (.01 and

.00).

4. Alternative dependent variables. For all three minority groups,

the wage differential is about the same as the earnings differential both
in the federal and in the non-federal sector. For example, for Puerto
Ricans, the wage (earnings) differential is about .02 to .01 (.00 to
-.01) in the federal sector, while i_n the non-federal sector the wage and
earnings differentials are both about .06 and .05.

5. Alternative models. For Puerto Ricans and other Hispanics, esti-

mates of differentials are relatively robust with respect to alternative
models (that is, use of alterdtive sets of indeperdent variables). On
the otlier hand, the federal black-white differential seems to be fairly
sensitive to inclusion of population proportion variables. When such
variables are excluded, the fedéral (non-federal) black-white pay dif-
ferential is between about -.04 and.—.OS (.02 and .01), and when such
variables are included, the differential is between about .06 sad .04

(.01 and -00).
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Results for Women

1. Magnitudes. Minority-white pay differentials among women exhibit
few obvious patterns; very roughly speaking, there appear to be about as
many positive differentials (implying that minority women are paid more
than comparable white women) as negative differentials (implying that
zinority women are paid less than comparable white women), and a large
number do not appear to be different from zero (in a statistical sense)
at conventional levels of significance. The black-white pay differential
is between about .04 and.-.17; the Puerto Rican-white pay differential is
between about .14 and =.l1l; the non-Puexto Rican Hispanic-white pay dif-
ferential is between about .08 and -.0l.

2. statistical significance. On the whole, the statistical

significance of minority-white pay differentials, as measured by their t-
ratios, is lower among women than among men. Black=-white differentials
among women have t-ratios in the range 1.1 to 8.6; Puerto Rican-white
differentials have t-ratios between .4 and 5.1; and non-Puerto Rican
Hispanic-white differentials have t-ratios between .2 and 7.6.

3. Ssctoral patterns. With a few exceptionms, m’nority-white pay

differentials among women are lower in algebraic value (that 1is, larger
in absolﬁte value if negative, and smalier if ﬁoaitive) in the federal
than in the non-federal sector. For exampie, the black-white pay dif-
ferential i1s about =.02 to =.17 in the federal sector, while differen-
tials in the non-federal sector are between about .04 and .02.

4. Alternative dependent variables. Black-white end Puerto Rican-

vhite differentials in earnings are typically more negative (that is,

larger in absolute value if na2gative, or smaller in absolute value 1if
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positive) than are wage differentials. For example, the Puerto Rican-
white wage differential is about .14 to .03, while the earnings differen-
tial is about =.04 to —-.ll. On the other hand, non-Puerto Rican
Hispanic~white differentials in wages are greater in algebraic value in
the federal sector, and are smaller in the non—-federal sector, than are
non-Puerto Rican Hispanic-white differentials in earnings.

S. Alternative mndels. For all three minority groups, estimates of

pay differentials geem fairly robust with respect to alternative models
(that is, use of alternative sets of independent variables). For example,
regression estimates of the Puerto Rican-white wage (earnings) differen-—
tial are about .14 to .03 (-.04 to =.11) when population proportion
variables are not includéd, and about .13 to .05 (=.05 to =.08) when such

variahles are included among the regressors in a given mcdel.

STRUCTURAL REGRESSION RESULTS FROM THE SIE DATA

We now discuss our structural (instrumental variable) regression
results for each sex. (See J. Abowd and Killingsworth, 1981, for
detailed tables, and A. Abowd, 1982, for a discussion of alternative spe-

cifications.)

Results for Men

1. Magnitudes. The pay differential for a given ethnic group rela-
tive to comparable white non-Hispanics varies considerably by ethnic
group (and, as noted below, to a lesser extent by sector). In most

cases, these differentials are negative (implying that minority groups
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are paid less than comparable whites), and many of them are quite close
to the corresponding direct wage regression differential. (We say more
avout this below.) Differentials are largest in absolute value (batween
about -.14 to -.25) for black non-Hispanics, smallest in absolute value
(betweenu about -.01 to -.05) for non-Puerto Rican Hispanics, and of
{ntermediate size (between about -.07 to -.145 for Puerto Ricans.

2. Statistical significance. As measured by their t-statistics, the

statistical significance of these pay differentials is generally quite
substantial for blacks (t-ratios for most black-white differentials are
between about 6.2 and 10.4); t-ratios for most Puerto Rican—white dif-
ferentials are considerably lower (between about 1.0 and 2.1). Most dif-
ferentials between non-Puerto Rican Hispanics and comparable whitcs would
not be judged statiscically different from 2ero at conventional levels
(t-ratios for most of these differentizls are between about 0.3 arnd 1.5).

3. Sectoral patterns. For all three minority ethnic groups,

minority-whitc differentials in wages are lavger in absolute value (that
is, more negative) iﬁ the federal sector than in the non-federal sector,
while minority=~white differentials in earnings are larger in the non-
federal Sector than in the federal sector. For example, the black-white
wage differential in the federal versus non-federal sector is about -.18
to —.20 (-.14), while the comparable figure for the earnings differential
in the federal versus non-federal sector 1is about =.17 to =.19 (=.25).

4. Alternative dependent variables. For all three minority groups,

the wage differential 1s larger than the earnings differential in the
federal sector, but smaller than the earnings differential in the non-

federal sector. For example, for Puerto Ricans, the wage (earnings)

'\)ﬁ -

146



135

differential is about =.14 (~.11) in the federal sec%or, while in the
non-federal sector the wage (earnings) differential is about -.07 to -.08
("'-13) .

5. Alternative models. For all three minority groups, estimates of

a given differential are relatively robust with respect to alternative
models (that is, use of alternative sets of independent variables). For
example, regression estimates of the Puerto Rican-white differential are
about -.08 to -.14 when population proportion variables are not included
and are about -.07 to —~.l4 when such variables are included among the

regressors.

Results for Women

1. Magnitudes. With a few exceptions, minority-white pay differen-
tials among women are smaller than among men; most are fairly similar to
the corresponding direct wage regression estimate; many are essentially
zero, in a statistical sense. The black-white pay differential among
women is about .06 to =.09; the Puerto Rican-white female pay differen-~
tial is about .29 to -.53; and the non-Puerto Rican Hispanic-white pay
differential is about .03 to ~-.36.

2. Statistical significance. On the whole, the statistical signi-

ficance of minority-white pay differentials, as measured by their t-
r..ics, is lower among women than among men. Black-white differentials
among women have t-ratios in the range 0.1 to 1.7; Puerto Rican-white
differentials have t-ratios between 0.2 and 0.9; and non-Puerto Rican

Hispanic-white differentials have t-ratios between 0.4 and 2.0.
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3. Sectoral patterns. Black-white and non-Puerto Rican Hispanic—~

white pay differentials among women are usually somewhat more negative
(that is, lower in absolute value) in the federal than in the non-federal
sector. For example, the black-white differential is about =-.00 to -.09
in the federal sector, while differentials in the non-federal sector are
between .06 and -.02. Finally, the Puerto Rican-white differential 1s
always larger in absolute value in the federal sector than it is in the
non-federal sector——but the estimated wage differentials imply that
Puerto Ricans are paid more than comparable whites, particularly in the
federal sector, while the estimated earnings differentials imply that
Puerto Ricans are paid less than comparable whites, especially in the
federal sector. (See below.)

4. Alternative dependent variables. Black-white and non~Puerto

Rican Hispanic-white differentials in wages are typically more negative
(that is, larger in absolute value if negative, or smaller in absolute
value if positive) than are earnings differentials; while in the case of
Puerto Rican-white wage differentials just the reverse holds. For
example, the Puerto Rican-white wage differential is about .25 to .29 in
the federal sector (vs. about .05 in the non-federal sactor), while the
differential in carnings in the federal sector is about ~.39 to -.53
(vs. =.02 to =.03 in the non-federal gector).

S. Alternative models. For all three minority groups, egstimates of

pay differentials are fairly robust with respect to alternative models
(that is, use of alternative sets of independent variables). For example,
regression estimates c¢f the black-white wage (earnings) differential are
about .05 to .29 (~.02 to =.53) when population propertion variables are-
not included and about .05 to .25 (-.03 to .39) when such variables are
included among the regressors in a given model.
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DIRECT AND REVERSE WAGE REGRESSION RESULTS FROM THE CPDF DATA

In this section we discuss direct and reverse regression results
derived from the federal government CPDF data.

1. Results by race/ethnicity and sex. In general, the CPDF results

seem fairly similar to the SIE results as regards racial and ethnic pay
differentials by sex within the federal sector. As in the SIE results,
the CPDF regults Imply that both Hispanics and blacks are paid less
within the federal sector than are whites (that is, either non-black
non-Hispanics, including American Indians and Orientals as well as
majority whites; or majority whites as such). In general, bhlack-white
pay differentials in the CPDF results are larger in absolute value than
Hispanic-white pay differentials; and, for either racial-ethnic group,
the minorifty-white differential among men 1is larger than the minority=-
white differential among women. Most of the CPDF differentlals are sta=-
tistically different from zero at reasonable levels of significance.

2. Results by type of statistical model. In our CPDF results, as in

our SIE results, reverse wage regressiop generally produces estimates of
differentials that are less negative than those derived using direct wage
regression; indeed, in several instances (notably for Hispanics), ths
direct wage regression estimate of the minority-white differential has

a negative sign (implying that minority persons are paid less than com-
parable whites), but the reverse wage regression estimate is positive
(implying that minority persons are paid more than comparable whites).
Black women are an exception to this generalization, however; in some

cases, the reverse wage regression estimate of the black-white differen-
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tial for women is slightly more negative than the cofresponding direct
wage regression estimate. Finally, the shrinkage in the estimated dif-
ferential (that is, the extent to which use of reverse wage regression
makes a given differential less negative) seems, in general, to be
smaller in the CPDF data than in the SIE data.

3. Comparison with results derived from the SIE. On the whole, both

the direct and reverse wage regression estimates of the black-white dif-
ferential derived from the CPDF ore similar to the direct and rev.vse
wage regression estimates of this differential derived from the SIE.
(However, the CPDF direct wage regression black-white differentials among
men seem ;omewhat smaller, in absolute value, than the corresponding SIE
estimates.) On the other hand, the CPDF estimates of the Hispanic-white
differential seem, in general, to be somewhat closer to zero (either
smaller if positive, or less negative, if negative) than the
corresponding SIE estimates. However, the differences between the SIE

and CPDF estimates do not, in general, seem particularly large.

COMPARISON OF ALTERNATIVE ESTIMATORS AND RESULTS

We now consider the alternative estimation techniques that we have
used in evaluating the determinauts of pay. We do this using our pre-~
ferred results from the SIE for men and for women, which we set out in
Tables 4 and 5, respectively. These results are all evaluated at the
mean values of all variables for white non-Hispanics and are derived from
either our basic regression model (in which case they are labeled

"without population proportions") or from our detailed regression model
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with population proportions but without three-way interactions (in which
case they are labeled "with population proportions”).

In drawing cbnclusions about our three different estimation tech-
niques from Tables 4 and 5, it is worth recalling that these techniques
are concerned with different statistical and conceptual issues. First,
structural regressicn is concerned with estimating the answer to the
first methodological question; that is, with estimating differences in
employer wage offers. It does not, however, make a correction for
possible measurement error bias. Second, both direct and reverse wage
regressions are concerned with estimating the answer to the second methcd-
ological question; that is, with estimating differences in compensation
conditional on employment. Direct regression does not make & correction
for possible measurement error bias while reverse regression does make a
correction of this kind. Thus, it would be reasonable to expect that
these three different techniques would produce different results. The
key'iSSue is, of course, the extent to which results derived from these
techniques do in fact differ.

As before, it seems advisable to consider each sex separately. As
regards men, it is evident from Table 4 that the reverse régression dif-
ferentials contrast sharply with both the direct and the structural
regression differentials: differentials estimated using either of the
latter two techniques are usually negative kand often significantly dif-
ferent from zero, in a statistical sense), while differentials estimated
using the former technique are frequently positive. As regards the
federal sector, both structural and direct regression differentials are

negative, but the latter are usually somewhat smaller in absolute wvalue
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Table 4

Summary of Direct, Reverse, and Structural Wage Regression Estimates of
Ethnic Differentials in Pay for Men Evaluated at Mean Values of Whites

Federal Sector Non-Federal Sector

Hispanics of Hispanic Hispanics of Hisgpanic
Puerto Rican non-Puerto Puerto Rican non~Puerto
Origin Ricans Bluacks Origin Ricans Blacks
A. Without Population Proportion Variables

1. Log Wages ' )
direct -.1241 -.0466 -.1789 -.0799 -.0265 -.1426
(.0820) (.0321) (.0183) (.0481) (.0232) (.0192)
reverse .0201 .1097 -.0471 .0619 .0509 .0215
(.0497) (.0186) (.0111) (.0201) (.0085) (.0897)
structural -.1413 -.0513 -.1987 -.0783 -.0257 -.1409
(.0856) (.0342) (.0191) (.0482) (.0232) (.0191)

2. Log Eérningg
direct "00857 "'00186 ".1650 —01340 -00441 -02476
(.1072) (.0419) (.0238) 7.0628) (.0303) (.2503)
reverse 00042 01362 _00517 00A79 00403 .0133
(.0682) (.0255) (.0151 (.0323) (.0137) (.0145)
structural -.1083 -.0404 -.1887 -.1344 -.0437 -.2472
(.1118) (.0447) (.0250) (.0629) (.0303) (.0250)

B. With Population Proportion Variables
1. Log Wages

direct -.1279 -.0476 -.1612 -.0697 -.0080 -.1420
(.0821) (.0337) {.0204) (.0482) (.0241) (.0202)
reverse .0056 .0945 .0390 .0818 .0682 .0093
: (.0521) (.0195) (.0116) (.0211) (.0090) (.0095)
structural -01444 —10503 -01750 -00676 "00070 -.1386
(.0856) (.0356) (.0214) (.0482) (.0241) (.0202)

2. Log Earnings
direct -.0965 -.0108 -.1564 -.1304 -.0443 -.2497
(.1073) (.0440) (.0267) (.0630) (.0315) (.0264)
reverse -.0140 .1083 .0584 .0587 .0225 .0030
(.0705) (.0264) (.0156) (.0325) (.0137) (.0146)
structural -.1134 -.0278 -.1726 -.1299 -.0438 -.2475
(.1118) (.0465) (.0280) (.0631) (.0315) (.0264)

152
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Table S

Summary of Direct, Reverse, and Structural Wage Regression Estimates of
Ethnic Differentials in Pay for Women Evaluated at Mean Values of Whites

_ Federal Sector Non-Federal Sector
Hispanics of Hispanic Hispanics of Hispanic
Puerto Rican non~Puerto Puerto Rican non~Puerto

Origin Ricans Blacks Origin Ricanas Blacks

A. Without Population Proportions

l. Log Wages

direct .1209 -.1268 -.0501 ~.0590 -.0267 ~.0119
(.1576) (.0567) (.0236) (.0619) (.0262) (.0189)

reverse .0320 0127 -.0512 .1398 .0659 .0329
’ (.0765) (.0264) (.0110) (.0276) (.0183) (.0095)
structural <2943 -.3615 -.0025 0472 -.0290 -.0147
(.3268) (.1784) (.0387) (.0621) (-0263) (.0189)

2. Log Earnings

direct --3962 —-0327 "-0378 .-- 0075 -0350 -0537
(.2522) (.0907) (.0377) (-1074) (.0454) (.0327)

reverse -.1133 .0574 -.1665 ~.0394 .0176 L0444
(.1340) (.0462) (.0194) (.0258) (-0196) (.0182)

structural -.5281 .1889 -.0945 -.0185 .0332 .0563
(.5908) (.3224) (.0699) (.1077) (.0456) (.0329)

B. With Population Proportions

1. Log Wages

direct .1363 -.1328 -.0485 .0622 -.0199 -.0149
(.1575) {.0586) (.0263) (.0621) (.0273) (.0195)
reverse .0548 -.0050 -.0205 .1349 .0802 .0174
(.0820) (.0283) (.0118) (.0281) (.0105) (.0097)
structural -2474 —~”>‘6 -00045 00508 "-0242 --0173
(.3264) (.1/39) (.0381) (.0622) (.0273) (.0195)
2. Log Earnings
direct -.3997 -.0911 -.0507 -.0144 .0350 .0402
(.2523) (.0938) (.0421) (.1077) (.0473) (.0338)
reverse -.0754 .0208 -.1228 -.0513 .0581 .0216
(.1392) (.0480) (.0202) (-0548) (.0203) (.0189)
structural -.3938 -.1211 -.0112 -.0256 .0321 0415
(.5611) (.3025) (.0655) (.1080) (.0474) (.0339)

Note: Data base is the Survey of Income and Education; standard errors are in parentheses.
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than the former. On the other hand, structural and direct regression
differentials for thevnon—federal seccor, while usually negative, are
also generally quite close to each other; indeed, in many instances, a
structural wage regression differential for the non-federal sector is
usually slightly smaller than its direct wage regression counterpart,
although the difference is generally very small. Finally, in most
instances (particularly as regards the federal sector), t-ratios for
structural wage regression differentials are somewhat larger than t-
ratios for their direct wage regression counterparts: standard errors of
estimated structural wage regression differentials are slightly larger
than standard errors of estimated direct wage regression differentials,
but the estimates themselves are larger still, particularly for the
federal sector.

While Table 4 thus suggests a variety of generalizations concerning
the impact of using alternative estimation techniques as far as estimates
for men are concerned, Table 5, for women, suggests little in the way of
patterns or stylized facts. The three estimation techniques, applied to
the federal sector, seem to produce three rather different sets of esti-
mated ethnic differentials among women. Estimates for the non-federal
gsector derived using the three techniques seem, on the whole and roughly
speaking, to be somewhat closer together. Howéver, in many cases=—and
to a much greater extent than is true of our results asen—-—the dif-
ferentials for women reported in Table 5 would not be juc:ed different
from zero, at conventional levels of significance, regardless of the tech-

nique used in estimating them. In this sense, then, the resuvlts of these
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different estimation techniques are closer together.than cursory inspec-
tion of Table 5 might suggest.

Table 6 compares the results obtained from both the SIE and the CPDF
for the year 1975. For the two estimation techniques considered, direct
and reverse, the results from these Aata sources are quite similar.

Essentially the same inferences are supported in either data set.

SUMMARY AND CONCLUSIONS

There is not much consistent or compelling evidence in our results to
suggest that minority women generally suffer substantial wage discrimina-
tion (in either the Question 1 or Question 2 sense) relative to com-
parable white women. One possible exception to this statement concerns
black women in the federal sector, where our results usually show negative
pay differentials. (However, a considerable number of these differen-
tials do not differ from zero, in a statistical sense, at reasonable
levels of significance.) An important caveat in this respect is that our
data do not contain measures of actual work experience (Garvey and
Reimers, 1980). We are, therefore, forced to use a proxy, potential
experience.

Second, as regards ethnic differentials in pay among men, our results
suggest (a) that minority men may suffer discrimination both in terms of
conditional differentials a ' in terms of offers, and (b) Lsolpmates
of the magnitudes of both kinus of Aiscrimination may be subject to
serious measurement error bias. Part (a) of this conclusion follows in a

straightforward way from consideration of our direct and gstructural wage
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Table 6

Comparison of Ethnic Pay Differentials for Men and Women
for 1975 Derived from SIE and CPDF Data

Men ~_ Women

SIE CPDF SIE CPDF

Hispanics
direct -.0558 -.0543 -.1020 -.0134
(.0304) (.0080) (.054.) (.0114)
reverse -.0993 .0283 .0146 -.0017
(.0176) (.0062) (.0251) (.0107)

Blacks

direct -.1787 -.1381 -.0503 -.0603
(.0182) (.0130) (.0236) (.0151)
reverse -.0471 -.0421 -.0512 -.0441
(.0111) (.0110) (.0110) (.0147)

Notes: Standard errors are in parentheses. SIE columns present
regression differentials derived from the Survey of Income and
Education for men and women in the federal sector; dependent
variable = natural logarithm of hourly wages. CPDF columns present
regression differentials derived from the federal Central Personnel
Data File; dependent variable = natural logarithm of annualized
salary.
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regression results; note that our results provide much stronger support
(in the sense of statistical significance) for this proposition with
respect to blacks than with respect to Puerto Rican or other Hispanics.
Part (b) of this conclusion is prompted by our reverse wage regression
results.

Third, our results also suggest that wage discrimination against
minority males (particularly blacks) is greater in the federal than in
the non-federal sector, while earnings discrimination against minority
males (particularly blacks) is smaller in the federal than in the non-
federal sector. At first sight, this may seem paradoxical: 1if the non-
federal sector is better than the federal sector as regards wage discri-
mination, why isn't it also better as regards earnings discrimination?
One possible explanation of this apparent paradox has to do with
employmeﬁt instability, which is greater in the non-federal sector than
in the federal sector: 1if minorities suffer substantially and dispropor-
tionately (relative to comparable whites) from the relatively greater
employment instability (layoffs, etc.) in the non-federal sector, then
the non~-federal sector could well be worse than the federal sector as
regards earnings differentials even if it 1s better as regards wages.

Our logif results on labor force status appear to suggest that minority
groups generally are overrepresented among the unemployed. While this
finding does not prove the validity of our conjecture about sectoral pat-
terns in wage vs. earnings differentials, iﬁ is certainly consistent with
it.

Of course, the notion thar 41acrim1nation éithin the federal sector

may be substantial is nou new. Our .esults not only support this view

157



146

but also suggest something else: discrimination against minority males,
particularly in terms of wages and with respect to blacks, is of greater
magnitude in the federal than in the non—-federal sector. This is par-
ticularly noteworthy because previous studies have tended to suggest Jjust
the opposite. We suspect that one reason for this is that, in contrast
with previous work, we have attempted to control in a fairly detailed
fashion for purely geographic effects on pay (via differencss in the cost
of living and the 'ike). Since minorities are generally overrepresented
in federal employment, and since much federal employment ig concentrated
in urban areas in particular states, sorting out purely geographic
effects on pay (in effect, purely compensating or equalizing premia) from
other kinds of effects, including ethnicity, obviously need not be a tri-
vial matter. Indeed, the difference_between our results and those found

in previous work suggests that such effects may be important.
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NOTES

lstudies that attempt to decompose earnings differentials iﬁto por-
tions attributable to employer discrimination and portions attributable
to differences in productivity characteristics such as education include,
among others, Blinder (1973), Oaxaca (1973), and Smith (1977).
Litigation under Title VII of the Civil Rights Act and other antidiscri~-
mination laws and regulations is implicitly or explicitly concerned with
the extent to which observed employment and earnings differences between
sexes or between racial or ethnic groups are attributable to employer
discrimination per se rather than te¢ other fsctors such as differences in
productivity-related characteristics. Analyses of earnings differences
in the context of legal proceedings inciude Baldus and Cole (1980),

Ehrenberg (1979), and Finkelstein ¢{1980).

20ne important reason for studyiﬁg employment and earnings differen-
ces by sector is that such differences may reveal the extent to which a
particular segtor is unusual compared to the rest of the economy. (For
example, see Smith, 1977.) A second reasor is that nonpecuniary rewards
to employment may vary by sector: for example, federal government
employment may entail greater job gecurity or better working conditicns
than employment elsewhere.;ﬁ the economy (Smith, 1977). We define wage
discrimination as a differential in the total reward to empioyment,
including both pecuniary and nonpecuniary rewards. This reinforces the
usefulness of an intrasectoral analysis of wage discrimination since
important differences.in nonpecuniary compensation across sectors are, in

effect, held constant. On the other hand, the fact that such an analysis
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may have conceptual advantages over an intersectoral study does not

necessarily mean that statistical procedures suitable for the latter kind

of study are also suitable for the former kind of study.
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Relative Earnings of Hispanic Youth

in the U.S. Labor Market

The presence of substantial earnings differentials in the youth labor
market provides the motivation for this paper. At a time when we speak
of the graying of America, the passing of the post-World War II baby
boom, and the increasing dependence of an ever-growing number of retirees
on a relatively shrinking number of working men and women, it is wvital
that we not understate the role of youth in policy formation. What
policy makers must consider are the effects of problems encouantered early
in their labor market experience on the eventual position that youth will
hold in the “"prime-—age” labor force. The youth whom We investigate here
are not only laying the foundations for their own economic livelihoods,
but are also having an impact on the general economic health of society.

Focusing on Hispanic youth is justified not only by the changing age
composition, but also by the changing racial and ethnic composition of
the population. The overall U.S. population has indeed aged. However,
preliminary data from the 1980 Census show that the principal minority
groups-—both blacks and Hispanics--have younger age distributions than
whites.l The size of the Hispanic population has increased substan-
tially in recent years due to relatively high fertility rates, a tendency
towards large families, and a continual flow of legal (and illegal)
immigrants. Marshall et al. (1980) project that, given a 14X growth
rate in the Hispanic population between 1973 and 1978 (as compared to
3.3% for non-Hispanics), Hispanics will represent a larger share of the

U.S. population than blacks before the year 2000. Granted the importance
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of studying the labor market behavior of youth, the study of Hispanic
youth in the labor force has both immediate and long-run policy

implications.2

In this paper we consider the fimancial position of Hispanic youth
Xiff;lei non-Hispanic white and black youth. Two fundamental measures
of labor market success——average hourly earnings and wage and salary
earnings in the past twelve months——are employed as dependent variables
in the analysis.3

To accomplish thé objectives of this paper, we first regress the
dependent variables on the set of independent variables that are
discussed in the next section. We then investigate the role of education
in early career earnings. We follow that section with a “wage gap” and
“annual earnings gap” analysis that permits investigation .of the magni-

tude of earnings differentials among the youth in the sample. The final

section presents the summary and conclusions.

THE DATA, CONCEPTUAL FRAMEWORK, AND HYPOTHESES

The 1979 wave of the National Longitudinal Survey of Youth (NLS) pro-
vides the data for the analysis.* 1In addition to detailed sectioms
covering education and training, environmental factors, and labor market
variables, the survey instrument includes an extensive work history sec-
tion and information on personal background characteristics. From the
background characteristics that were provided, we were able to comstruct
the racial and ethnic identity of each respondent-5 Unfortunately, the
limited number of observations in the NLS--data prevent us from analyzing

separately the individual Hispanic groups and from focusing on particular
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geographic regions. Thus, our results must be interpreted ag applying to
"Hispanics™ in general and not necessarily to individual Hispanic groups.
Nevertheless, we present separate estimates for Hispanics of Mexican ori-
gin in order to provide some insights into this single largest Hispanic
group. Overall the sample in the analysis is limited to nonenrolled
(i.e., not in school) young men and women who were 16 to 22 years of age
and were employed as wage or salary workers in civilian occupations in
1979.

The conceptual framework used in tﬁis paper follows standard human
capital theory. Such implication of human capital models to Hispanics
has been done by various autﬁors, including Carliner (1976), Chiswick
(1978), Fogel (1966), Reimers (1980), and Tienda (1981b). Analyses of
the earnings of youth also abound in the literature (e.g., Antos and
Mellow, 1978; Freeman, 1976; Grasso and Myers, 1977; Griliches, 1976; and
Ring, 1978). However, to the best of our knowledge, investigation of the
labor market outcomes of Hispanic youth has only recently been
undertaken.

We postulate rather straightforward earnings models as described
below. (The earnings-gap models are described at a later point in the
paper.) As mentioned, the dependent variables in the analysis include
the natural logarithm of average hourly earnings on the respondent's
current job and the natural logarithm of an adjusted yearly earnings
measure.® The conventional log forms of the earnings measures are
employed for two reasons. First, it more clearly represents the shape of
typical age-earniugé profiles; second, it allows interpretation of coef-

Q
ficients in the model as percentage changes rather than absolute changes.
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The independent variables used in the analysis and their hypothesized

effects are presented below.

Education

The positive net relationship between schooling and enrnings is well
documented (e.g., Becker, 1975; Mincer, 1974). Also documented is the
fact that Hispanics, on average, have rel&tively little formal education
and very high dropout rates from high school (e.g., Briggs, Fogel, and
Schmidt, 1977; Newman, 1978). It foll&ws from human capital theory that
these high dropout rates must be linked either to a relatively high cost
of funds for schooling or, more likely, to relatively low rates of return
to schooling among Hispanic youth. Nevertheless, the expectation is, of
course, that schooling will be positively related to financial sucess.
Following Grasso and Myers (1977), we have categorized this variable into
0-8, 9-11, 12, and 13 or more years of formal schooling in order to

disentangle the expected nonlinearity in returns to education.

Experience Measures

We use three measures of actual work experience (measured in months).
The first of these, EXP, measures the amount of post-school work
experience the individual has accumulated, which is expected to be posi-
tively related to earnings. Since our sample is young, the youth
involved are, most likely, on the upward-sloping portion of their
earnings-experience profile, and the variable EXP enters the models
linearly. When EXP is included in the same equation with a second

measure of experience (i.e., employer-specific experience, TEN), the
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interpretation of the EXP and TEN coefficients may be interpreted as the
return to general and specific on-the-job training, respectively. The
expected sign of TEN 1is also positive. A third experience variable
mesure.the respondent's in-school work experience (SEXP). Myers (1980)
found SEXP to be a significant determinant of subsequent labor market
success (in a sémple of college workers). Griliches (1980) found no
significant relationship between work iam high school and later earnings,
but a modest positive effect of work in college on earnings. We hypothe-
size that in-school expérience has a positive payoff in terms of earn-

ings.

Training

The returns to completing a post-s:hool private sector training
program (TRCPVT) and to completing a government training program (TRCGVT)
are expected to be positive. The important policy questions of the
worthiness of particular training programs can only be answered here in a
very broad, averaging way due to the heterogeneous nature of the progams
that are combined in these variables. Hevertheless, the “"controlling”
influence of training in the model should yleid a better get of results

on the education variables.

* Occupational Information

The amount of occupational information that the respondents possess
is represented by their score on the ten-item Knowlege of the World of
Work (KWW) test administered during the interview. At the same time,

given the high correlation of a similar variable with IQ results in prior
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NLS Youth surveys, we also consider KWW to be a rough control for
ability-7 Since those who exhibit higher levels of labor market infor-
mation and higher levels of ability should do better in terms of labor

market success, we expect to find a positive sign on KWW.

Geographic Variables

We include in this set of variables South/non-South region of resi-
dence (SOUTH), urban/rural residence (URBAN), and the
(midpointed-categorical) unemployment rate in the local labor market
(Loc_u). These variables are included to control for regional price
level variations and demand conditions. While the expected sign on SOUTH

and LOC_U 1is negative, we expect a positive sign on URBAN.

Personal History Variables

In all models, we include a variable which takes the value of 1 if
the respondent is married (MAR). For young men, this wvariable is
expected to be positively related to labor market success for two
reasons. First, it serves as a rough control for differential labor
supply behavior. Second, it may proxy for an individual's
=attractiveness” to potential employers. For young women, being married
may proxy for greater family and home responsibilities, which implies a
higher “home wage” and is therefore expected to be negatively related to
earnings because of a lower prbpensity to supply hours to market work.
1f being married is associated with greater intermittency in labor
supply, average hourly earnings will alsc be lower, owing to the atrophy

of human capital skills (Polachek, 1981).
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Among Hispanics, the presence of English language difficulties (LANG)
is expected to be negatively related to earnings. Lack of proficiency in
English may hinder the transferability of skills (Chiswick, 1978), and
thus lead to more difficulty in acquiring labor market skills in this
country. Our LANG variable is binary, equal to 6ne if the interview had
to be conducted in Spanish or if the respondent reported that lack of
English fluency hindered his or her ability to get a "good job."

The timing of immigration is shown by Chiswick (1978) to be impor-
tant. mAccording to that study, an earnings gap exists between the
immigrant and the native-~born individual, but the gap narrows over time.
After 10 to 15 years the gap disappears. Unfortunately, the NLS does nét
contain the date of immigration. Therefore, two proxies can be used. The
first is birth in a foreign country (B_FOR), which disfinguishes the
immigrant from the native-born resident.8 Tbe second is foreign resi-
dence at age fourteen (FOR _14). According to Chiswick, the longer the
time since immigration, the less an earnings disadvantage exists. Thus,
the coefficient on B FOR may be negative, zero, or pogigive, but is
expected to be greater than the sum of the coefficient on B FOR and the
coefficient on FOR_1l4. That is, FOR_14 is expected to be non-positive.9

Additional variables indicate ethnicity (HISP, PUERTO, MEX), race
(BLACK) and sex (FEM). 1In the results that follow we segregate the runs
by sex and provide results for total, Hispanic, Mexican, black, and white
samples. Ideally, we would prefer to separate all Hispanic groups, but
small sample sizes make that impossible.lO

In the total, the Hispanic, and the Mexican equatione, two models are

estimated. Model 2 includes the variables LANG and FOR;}A. Model 1
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omits those measu:es, since they are fairly highly correlated with other
variables in the models, especially witi. the education set. The high
correlation makes it difficult to disentangle the independent effects of
the variables and also contributes to high standard errors. The sample
is limited to nonenrolled young men and women who were 16 to 22 years of
age ané employed as wage salary workers in civiliar occupations in

1979. All regression equations have been population-weighted because of
the intentional oversampling of Hispanics, blacks, and low-income whites.
Table 1 lists the variables and the direction ~f their hypothesized

effects.

RESULTS

Gross Comparisons

Prior to reporting the results of the regression equations, it is
instructive to discuss briefly the means of variables used in the analy-
sis (Tables 2 and 3). As cau be seen, Hispanic men have extremely high
dropout rates from high school (almost 60% versus about 40%.for black
males, and about 25% for white males).11 However, for all male cohorts
the rates are alarming, especially in view of the well-known and well-
publicized relationship between high school graduation and labor market
success (see, e.g., King, 1978). The dropout rates for women are con-
siderably lower, but still fairly high--34% for Hispanics and about 122
for blacks and whites. 1In terms of higher education, 7.5% of Hispanic
men have completed at least one year of college, a figure-that falls §ﬁ;-

ween the means for whites (10.7%) and blacks (4.7Z). Among Hispanic men,
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Table 1

Variables and Direction of Hypothesized Effect in LNWAGE
and LNERN Regression Equations

Variable Expected Sign
ED 0-8 -
ED 9~11

ED 13+ +
SEXP +
EXP +
TEN +
TRCPVT +
TRCGVT +
KWW +
SOUTH -
URBAN _ A +
LANGA . -
LoC_U -
MAR (Men) +
MAR(Women) -
FOR_}43 -
HISPD -
MEXc ?
PUERTOC ?
BLACK -

Note: For definitions of variables, see text. ED 12 is the reference
group. Data base is the 1979 National Longitudinal Survey of
Youth. All regression equations are population weighted because
of the Intentional oversampling of Hispanics. blacks, and low-
income whites.

4Total, Hispanic, and Mexican equations only (Model 2).
brotal equation only.

CHispanic equation only.
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Table 2

Means and Standard Deviations of Variables Used in LNWAGE and LNERN Analysis: Young Men

Total Hispanic Mexican Black White

Varlable Mean ) Nean 5 Hean 5 Mean W e 5

Dependent

Variables
LNWAGE 1,457 0.396 131 0,346 1,358 0.350 1,323 0,388  1.482 0.397
LUERN 8.786 0.860 8.628 0.822 8.568 0.852 8,263 1232 8.871 0.768
Duncan Index 22.83] 15.161  20.601  14.069 19.378  13.902 19,618 12,640  23.455  15.498

Independeat
ED 0-8 0.071 0,256 0.282 0.451 0.306 0,463 0.082 0,275  0.053 0.223
ED 911 0.215 0.411 0,308 0.463 0.297 0,458 0,323 0.469.  0.193 0.395
ED iZ 0.616 0.487 0,335 0.473 0,350 0.479 0.548 0,499  0.647 0.478
£ 13% 0.098 0.298 0,075 0,263 0,047 0,213 0.047 0.212  0.107 0,310
SEXP 6,216 14,268 3,990 10,201 3.2 8.739 4,425 12372 6,637 14,690
EXP 15,626 11,320  16.664  13.140 15813 12,147 12.845 10,528  15.693  11.2%
TEN 14,171 17,301 13.865 16,530 12,302 14,712 12,490 16,244 14,429 17,500
TRCPVT 0,110 0,314 0.077 (.267 0,051 0.220 0.074 0,263  0.118 0,323
TRCGVT 0.021 0.145 0,038 0.192 0,051 0.221 0.077 0.260  0.012 0.111
KWW 6,597 1,962 5,258 2,181 5,084 2,141 34064 1,980  6.915 1.791
LANG 0.059 0,235 0.201 0,455 0,289 0,433 0,070 0,25  0.039 0,194
SOUTH 0.292 0,455 0,239 0.428 0,213 0.447 0,546 0.499  0.261 0.439
URBAN 0.758 0,428 0,953 G213 0.937 0,240 0.849 0,35  0.730 0,444
FOR 14 0.029 0.168 0.268 0,444 0,286 0.454 0,002 0,045  0.015 0,120
Lcu 64242 2,243 5,676 2.398 5.415 2,51 5:655 1,793 6.368 2,28 .
MAR 0,170 0.376 0.202 0.402 0,230 0,422 0.088 0.28  0.179 0.8
HISP 0.063 0,244 1.000 0,000 1,000 0,000 0.000 0.000 0,000 0,000
MEX 0,042 0,200 0,657 0.476 1.000 0,000 0,000 0.000  0.000 0,000
PUERTO 0,008 0,001 0.132 0.339 0,000 0.000 0.000 0,000 0,000 0,000
BLACK 0.115 0.319 0,000 0.000 ),000 0,000 1.000 0,000 0,000 0.000
WHITE 0.8222 -~ 0.000 0,000 1,000 0.000 0,000 0,000 1,000 0,000
AGE 19.688 1,361 19,467 1,494 19.571 1,420 19,808 1376 19.687 1,347

Note: ALl means and standard deviations (except LNERN) from LNWAGE equation.

aCalculated as residual. 178

Q

17

9.
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Table 3

Means and Standard Deviations of Variables Used in LNWAGE and LNERN Analysis: Young Women

Total Hispanic Mexican Black . White
Mean SD Mean Sh Mean SD Mean SD Mean ST
1.216 0.350 1.198 0.307 1.195 0.307 1.166 0.407 1.222 0.346
8.373 0.858 8.234 0.994 8.187 0.993 8.067 1.162 8.414 0.802
0.026 0.158 0.146 0.355 0.213 0.412 0.000 0.000 0.020 0.141
0.110 0.313 0.197 0.399 0.167 0.375 0.126 0.333 0.103 0.304
0.671 0.470 0.509 0.502 0.496 0.503 0.610 0.489 0.688 0.463
0.193 0.395 0.148 0.356 0.125 0.332 0.263 0.442 0.189 0.391
5.085 10.670 4.487 8.915 3.165 8.114 3.732 10.836 5.264 10.755
14.780 11.681 13.485 11.325 12.444 9.560 11.211 9.618 15.278 11.833
12.099 12.711 11.366 12.413 11.603 11.619 9.680 10.843 12,395 12.886
0.145 0.352 0.095 0.294 0.091 0.290 0.112 0.317 0.151 0.359
0.035 0.184 0,051 0.220 0.063 G.245 0.130 0.338 0.024 0.154
6.713 1.842 5.617 2.050 5.493 2.041 5.652 2.034 6.895 1.744
0.048 0.213 0.190 0.393 0.198 0.401 0.037 0.190 0.039 0.195
0.294 0.456 0.280 0.451 0.274 0.448 . 0.596 0.492 0.264 0.441
0.815 0.388 0.965 0.183 0.973 0.163 0.875 0.332 0.799 0.401
0.016 0.125 0.166 0.373 0.169 0.377 0.000 0.000 0.008 0.086
6.082 2.048 5.667 2.294 5.600 2.546 5.721 1.623 6.145 2.064
0.289 0.454 0.333 0.473 0.296 0.459 0.212 0.410 0.294 0.456
0.057 0.231 1.000 0.000 1.000 0.000 0.000 0.000 0.000 0.000
0.029 0.169 0.517 0.501 1.000 0.000 0.000 0.000 0.000 0.000
0.006 0.077 0.106 0.308 0.000 0.000 0.000 0.000 0.000 . 0.000
0.088 0.283 0.000 0.000 _0.000 0.000 1.000 0.000 0.000 0.000
0.8564 — 0.300 0.000 0.000 0.000 0.000 0.000 1.000 1.000
19,788 1.310 19.615 1.468 19.560 1.541 19.932 1.225 19.785 1.307
means and standard deviations (except LNERN) from LNWAGE equation.
| as residual.
177 178

. 891
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those of Mexican origin attend college at the same rate as blacks, and at
about two-thirdz the rate of the entire Hispanic sample. A different
story is told for women. In all cases, the female cohorts have a higher
incidence of college attendance than their male counterparts. Among
women, Hispanics are least likely to have attended college as compared to
blacks and whites.

While we find that Hispanic men have fewer months of actual job
experience during school, they have more experience than blacks or whites
when we measure experience from date of leaving school to the interview
date. This is, however, not surprising since all groups are about the
same age and since Hispanics have lower educational attainment. Hispanic
men place slightly below the overall mean in terms of specific employer
experience (TEN). In all cases, men of Mexican origin have lower mean
experience values than the get of all Hispanics. In general, the same
generalizations regarding the experience measures apply to Hispanic
women. However, mean in~school experience of Hispanic women is higher
than for blacks, and their post-school work experience is about two
months less than that of white women.

Hispanic men are less likely than whitelmen énd about as likely as
black men to have completed a private sector\training program. fhey are,
however, about three times as likely as white men——bir% only half as
likely as blaék men——to have completed a government-sponsored program.
The same generalizations tend to hold for the female éohorts, except that
women are more likely than men to have completed a training pfogram out-
side of regular school. For both men and women, Mexican~origin youth

are less likely than all Hispanics to have completed a private sector
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training program, but more likely to have completed a government-—
sponsored program.

We find that Hispanic men and women score about 20 to 25% lower than
whites on the occupational information test (KWW). The difference in
scores between Hispanics and blacks is negligible. Hispanics of Mexican
origin score slightly lower than the total Hisrtanic sample.

Turning to the geographic variables, we see that Hispanics are much
more likely to reside in an urban area than either male or female whites
or blacks (over 95 for Hispanics versus about 75% for the total. sample
of men and just over 80% in the female sample). Hispanics are about as
likely as whites to live in the South (about 25%), while over 50% qf the
black sample resides in that region. Hispanics and blacks face about the
same labor market demand conditions, on average. White men and women
face higher local unemployment rates.

As is expected in this age range, there are substantial differences
among cohorts with regard to marital status. Sevénteen percent of the
men in the sample were married at the time of the 1979 interview, while
28% of the young women were married. Hispanics are slightly more likely
to be married than the black or white samples—20X of Hispanic men and
33% of Hispanic women. Blacks are much less likely than the others to be
married. Only 9% of black men and‘212 of black women are married.

Twenty-nine percent of.ﬂispanic nen reported difficulty in speaking
Englisp. That figuve fel; to ‘about 207 in the female Hispanic sample.
Probably the major explanation of this differéntial between'the sexes was
the finding that only 17X of the Hispanic women were residing outside the

United States at age fourteen, compared to 272 of the Hispanic men.

FRE 1J8()
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There was very little difference between Hispanics of Mexican origin and
all Hispanics on either the language or residence-at—age—fourteen

measurese

Average Hourly Earnings (LNWAGE)

The mean of average hourly earnings (wages) is highest for white
youth and lowest for black youth, with Hispanic young men and women in
rhe middle. We also note that Hispanics of Mexican origin (over one-half
of all Hispaunice) have mean earnings slightly below those of all
Hispanics.

We turn now to the estimates from the regression equations for men
(Table 4) ani for women (Table 5). The use of regression analysis allows
us to "control” for differences, both among Hispanics and between
Hispanics and the other groups, in order to focus on the independent
effects of the variables in the models. Since the focus of this study
is on Hispanics, we will discuss below only those equations with direct
bearing on the Hispanic cohort—the male and female "total,” "Hispanic,”
and "Mexican-origin® equations. We also report the “black” and "white”
equations, and will use tﬁose results for purposes of comparison.

Total sample. In this equation we include dummy variables indicating

those who are Hispanic and black. We note that while this nalve test
exhibits a negative rélationship between mindrity status and hourly
earnings, it is statistically significant only for black men.l2 That is,
while Hispanics and biacks earn less than whites, only blacks earn
significantly less. The bulk of the remaining variables in the total

equations-—education, post-school experience, occupational information
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LNWAGE Regression Results for Young Men
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Total Hispanic Mexican Black White
Model 1 Model 2 Model 1 Model 2 Model 1 Model 2 3
Constant 1.312 1.323 1.636 1.689 1.643 1.689 1.285 1.289
(19.67) (19.63) (8.59) (8.85) (8.55) (7.85) (8.55) (14.75)
ED 0O-8 -.225 -.202 -.153 ~.073 -.173 ~.104 -.382 -.177
(-4.65) (-4.07) (-2.21) (-0.94) (-2.02) (-1.06) (-4.22) (-2.49)
ED 9-11 -.082 -.083 -.035 -.023 -.089 ~.082 -.103 -.082
(-2.83) (-2.86) (-0.54) (-0.35) (~1.03) (-0.95) (-1.98) (-2.07)
ED 12 —_— —— -— _— — — — ——
ED 13+ .061 .062 .050 .029 -.055 -.077 .042 065
(1.57) (1.60) (0.51) (0.30) (-0.36) (~0.50) (0.38) (1.31)
SEXP -.004 -.004 .004 . .004 .005 .005 -.u0l -.001
(-3.37) (-3.37) (1.25) (1:11) (1.18) (1.06) (~0.47) (-0.47)
EXP .007 .007 .004 .005 .004 .005 .008 .008
(5.60) (5.65) (1.39) (1.78) (1.21) (1.46) (2.68) (4.41)
TEN .001 .001 -.002 -.002 -.004 ~.004 -.002 -.002
(1.47) (1.45) (-0.80) (-0.88) (-1.43) (-1.41) (-0.87) (1.60)
TRCPVT .033 .033 .201 .199 .016 .017 .183 .013
(0.93) (0.93) (2.09) (2.08) {0.11) (0.12) (2.10) (0.28)
TRCGVT -.028 -.030 .196 .196 .085 .088 .080 -.180
(-0.36) (-0.38) (1.57) (L.57) (0.59) (0.61) (0.92) (-1.36)
KWW .018 .017 -.004 -.004 .001 .001 .025 .020
(2.74) (2.58) (-0.30) (-0.35) (0.04) (0.08) (1.96) (2.20)
LANG —_— -.016 — -.045 —— -.027 -_— —
e (-0.28) _— (-0.58) — (-0.30) — —
SOUTH -.117 -.124 -.052 -.106 -.011 -.057 -.100 -.126
(-4.39) (-4.62) (-0.89) (-1.68) (-0.16) (-0.76) (-1.86) (-3.53)
URBAN .059 .061 -.058 -.068 -.109 -.119 .038 .056
g (2.21) (2.27) (-0.51) (-0.60) (-0.83) (-0.91) (0.54) (1.67)
FOR 14 —— -.127 —_— -.124 — -.114 — —
- — (-1.57) — (-1.53) -— (-1.15) — -—
LOoC_U -.013 -.014 -.034 -.036 -.034 -.036 -.018 -.012
(-2.59) (-2.68) (-3.05) (-3.26) (-2.54) (-2.71) (-1.32) (-1.83)
MAR 125 125 .171 .150 216 .190 .102 126
(4.06) (4.03) (2.84) (2.48) (2.89) (2.46) (1.23) (3.12)
HISP ~.060 -.031 —_— — -— -— -— -—
(-1.24) (~-0.61) —— —— — — — ——
“MEX — —-— -.061 -.060 — —— — —-—
—— — (-0.99) (-0.99) — — — —
PUERTO — _— -.023 -.035 — —— — —
— (-0.27) (-0.42) — —-— —-— —
BLACK -.057 -.059 _— — — — —_— ——

2 (-1.51) (-1.54) — — — — —— —
Ry .17 .17 .13 .14 .10 .10 .20 .15
F 15.65 14.04 2.94 2.92 2.17 2.03 5.57 9.79
Number 1069 1069 200 200 133 133 239 630
Mean of

Dep. Var. 1.46 1.46 1.37 1.37 1.36 1.36 1.32 1.48
SD of : '
Dep. Var. .40 .40 .35 .35 <35 35 .39 .40

Note: Universe ig young men not in school, 16 to 22 years old, employed as wage or salar;

workers in civilian occupations in 1979. T-statistics are in parentheses.
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170 Table 5
LNWAGE Regression Results for Young Women
Total Hispanic Mexican Black White
Model 1  Model 2 Model 1 Model 2 Model 1 Model 2

Constant 1,124 1.155 1.248 1.241 1,387 1.375 .981 1.132
(16.17) (16.52) (6.33) (6.17) (4.62) (4.53) (5.39) (13.41)
ED 0-8 -.105 -.088 -.145 -.158 -.082 -.174 -.071
(~1.45) (-1.19) (-1.85) (-1.73) (~-0.80) (-l1.14) a (-0.73)
ED 9-11 -.169 -.160 .007 .010 .094 .100 -.338 -.165
(~4.44) (-4.22) (0.10) (0.13 (0.87) (0.91) (-3.31) (~3.50)

ED 12 —_ — _— — ——— — — ——
ED 13+ .107 .110 .191 .189 .178 .191 .040 .120
(3.65) (3.76) (2.38) (2.34) (l.41) (1.49) (0.49) (3.40)
SEXP -.002 -.002 -.003 -.003 -.002 -.001 .003 -.003
(-2.20) (-2.08) (-0.91) (-0.87) (~-0.28) (-0.25) (1.00) (-2.22)
EXP .003 .003 .001 .000 -.003 -.003 .015 .003
(2.60) (2.31) (0.23) (0.17) (-0.40) (-0.35) (2.61) (1.87)
TEN .001 .002 .004 004 .007 .007 -.004 .001
(1.34) (1.48) (1.59) (1.62) (1.12) (1.05) (-0.88) (1.12)
TRCPVT .075 .080 .068 .071 .071 .079 -.017 .081
(2.40) (2.61) (0.77) (0.79) (0.56) (0.61) (-0.17) (2.21)
TRCGVT -.061) -.066 .068 .072 .019 .023 -.175 -.024
(-1.01) (-1.10) (0.60) (0.63) (0.13) (0.16) (-1.91) (-0.28)
KWW .002 .002 .009 .010 .007 .009 .004 .001
(0.30) (0.35) (0.71) (0.72) (0.38) (0.44) (0.21) (0.13)

LANG —_ -.233 - -.009 -— .056 _— —

— (-4.35) —_— (-0.10) _— (0.35) ——— —_—
SOUTH -.063 -.066 -.160 -.157 -.106 -.085 -.044 -.063
(=-2.41) (-2.53) (-2.70) (-2.56) (-1.18) (-0.91) (-0.65) (-1.96)
URBAN .054 .043 -.040 -.041 -.150 -.165 064 .058
(1.83) (1.48) (-0.29) (-0.30) (-0.62) (-0.67) (0.64) (1.70)

FOR_ 14 — .135 — .036 — .087 _— —

: — (1.40) —-— (0.40) — (0.56) —— ——
Loc U .0N00 -.002 -.018 -.018 -.020 -.020 .008 .001
- (0.08) (-0.41) (-1.45) (-1.43) (-1.33) (-1.33) (0.40) (0.13)
MAR . =.028 -.026 .009 .009 -.041 -.034 .030 -.037
(-1.15) (-1.07) (0.18) (0.17) (-0.51) (-0.42) (0.39) (-1.26)

HISP .017 .028 —_— — —-— — -— —

(0.34) (0.57) -_— — — —-— -— —

MEX -_— -_— .021 .022 —— -— -_ —

——— — (0.39) (0.40) —— — — —-—

PUERTO — — .045 .041 -— — — -

— _— (0.52) (0.45) —_— - —-— —

BLACK -.022 -.020 _— —~— _— -— — —-—

2 (-0.54) (=0.50) — — —-— _— — ——
Ra .08 .10 .08 .07 .01 .03 .14 .08
F 6.81 7.24 1.91 1.67 0.95 0.86 3.16 5.21
Number 963 963 155 155 85 85 154 654
Mean of

Dep. Var. 1.21 1.21 1.20 1.20 1.19 1.19 1.17 1.22
SD of

Dep. Var. .35 .35 .31 .31 .31 .31 .41 34
Note: Universe is young women not in school, 16 to 22 years old, employed as wage or

salary workers in civilian occupations in 1979. T-statistics are in parentheses.
aNo observations. ’ '
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(for men), the geographic variables (except LOC U in the female
equations), and marriage (for men)=—support our hypotheses. The unex-
pected findings include the negative relationship between in-school work
experience (SEXP) and wages, the lack of significance for the training
variables (except private tr;ining for women), and statistical insignifi-
cance in the fémale cohorts for occupational information and marriage.

Hispanic sample. The only variables that are statistically signifi-

cant in the positive direction for Hispanic men are post=-school
experience, private-se;tor and government-sector training, and being
married (Table 4). Variables negatively related to hourly wages include
the local area unemployment rate, residence in the South, andlliving
outside the United States at age fourteen. In-school work experience,
tenure on current job, occupational information, residence in an urban
area, and presence of language difficulties are all statistically
ingignificant. In the Mexican-origin equation for young men, we find
essentially the same results with only a few variatibns-—trgining is
insignificant, increased tenure is associated with lower wages, and SOUTH
and FOR_14 are insignificant.

We find it surprising that the education variables do not attain sta-
tistical significance. Only Hispanic men who have completed less than
nine years of schooling earn significantly less.than hiéh school grad-
uates, and that is true only in Model 1. However, one reasbﬁ'for this
result is the age range of the sample. Prior work has documented that
the early labor market effects of education may be substantiaily lower
than the measured effects of education in the longer run (see King,

1978). For example, individuals with greater amounts of formal schooling
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may be more likely to become employed in occupations that involve rela-
tively large amounts of on-the-job training (0JT). Since the payoff to OJT
is not immediate (especially if the training is general), it will affect
the slope of ihe age-earnings profile, but will not be observable at a
single point in time. Thus, since we are dealing with a very young

cohort at only a single point, we may be seriously understating the long-
run labor market impact of education.l3

Both post-school training variables are significant determinants of
wages for the total sample of Hispanic men, but not for men of Mexican
origin. Blacks, however, do have early labor market gains from private
sector training. Finally, we note in passing that marriage is associated
strongly with higher wages among all cohorts of men but particularly so
among Hispanics.

We now turn our attention to the LNWAGE equations for young Women
(Table 5). We note that many variables are statisfiically significant in
the "total” equations——the education set, EXP and TEN (but, again, in-
school experience is associated with lower wages), TRCPVT, SOUTH, and
URBAN. It is particularly noteworthy in the total runs that Hispanic
women do not earn significantly less than the entire sample, after
adjusting for differences in the independent variables. In fact, they
earn slightly more per hour than others.

When we compare the wage eguations for Hispanic and Mexican-origin
women, we are able to notice differences between the membefs of these
groups. We note that one or more years of college §s a significant deter-
minant of higher wages. However, few of the remaining variablés attain

statistical significance. For example, dropping out of high school (ED

rRR _lé;
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9-11) was a significant degerminant of lower wages only for blacks and
whites (leaving school before the ninth grade had negative repercussions
for the set of all Hispanics). Years of service with the current
employer (TEN) did attain significance for all Hispanics, but not for
blacks, whites, or Hispanics of Mexican origin. Total post=school
experience (EXP) was only significant for black and white women.
Residence in the South and high local area unemployment rates were signi-
ficantly related to lower wages for Hispanic women. Further, LOC U is
only significant in the Hispanic equations, indicating the dispropor-
tionate burden Hispanic women bear when local demand conditions are
inadequate.

The policy variables of occupational knowledge (KWW) and post-school
training programs were not found to be statistically significant deter-
minants of higher wages for Hispanics, although the coefficients in all
cases did carry the expected signs. Difficulties with the English
language and place of residence at age fourteen also failed to reach sta-

tistical significance.

Annual Wage and Salary Earnings (LNERN)

In this section we investigate the determirants of yearly carnings.
Since yearly earnings is the product of hourly wages and yearly hours of
work, any factor that affects either will be a determinant of earnings.
Thus, this section draws on both labor supply aspects as well as the pre-
vious section on hourly wages.

Hours of work. Before proceeding with the LNERN regression

equations, it is instructive to observe.how the componénts of yearly wage



Table 6

Relationships of Hourly and Annual Earnings and Hours and Weeks‘Worked, by Cohort

Young Men Young Women

Hispanic ~ Black  White Hispanic  Black  White

Mean Wage (dollars/hour) §4,20 ¢ 4,08 §4.79 §3.52 §3.49 93,58
Mean Hours Worked Per Week _ 41,28 38.18 41,75 36,95 37,00  36.57
Mean Weeks Worked Per Year 40,43 36.11 4093 38,31 3%4.26 41,82
Mean Hours Worked Per Year 1,680 1,423 1,807 1,431 1,299 1,543

Mean Yearly Wege and Salary Incomed 47,054 §5,806 48,656 $5,037 94,53  §5,524

LT

8Caleulated from the product of wage (H% and Hours Worked Per Year (H). The difference between the reported
value and the actual mean {1.e., (1/n)]H i} 18 the covariance of W and H.

188

Full Tt Provided by ERIC.
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and salary earnings vary across the cohorts (Table 6). Here, as in the
LNWAGE case, Hispanics fall between whites, who have the highest earn-
ings, and blacks, who have the lowest. In addition, we note that
Hispanics also fall between whites and blacks along the dimension of
total yearly hours worked. However, the differences among the cohorts in
terms of yearly hours is not uniform: Hispanic men and women work 932
as many hours per year as do their white counterparts, while black men
work only 83% as many hours as do Hispanic men, and black women work 902
as many hours as Hispanic women. Thus, we find a larger percentage‘dif-
ference between the cohorts when we examine yearly earnings than is the
case for hourly earnings.

Total sample. As in the LNWAGE results for the total sample, the

education variables are strong and significant (Tables 7 and 8). Post=
school experience is significant, but TEN reaches significance only for
young women, and in=-school work experience narrowly reaches significance
in the equation frr young men. Private sector training has a positive
impact for women, but neither trvaining variable is significant for men.
The only remaining statistically significant variables in the female
equations are LOC U and MAR.

In the equations for young men, we find that KWW is a significant
determinant of yearly income. In addition, men who are married are
likely to have higher income levels. Men residing in the South or in
high unemployment-rate areas earn significantly less than others. We
again note that black men and women have significantly lower yearly earn-—
ings than the others in the sample-——and that difference is of substan-

tial magnitude. Among Hispanies, however, such is not the case. While
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Table 7 . -

LNERN Regression Results for Young Men

Tetal Higpanic i Mexican Black White
Model 1  Model 2 Modei 1 Model 2 Model 1 Model 2
Constant 8.317 8.322 9.185 9.205 9.134 9.225 7.655 8.343
(59.36) (59.01) (22.09) {21.95) (20.01) (20.13) (16.95) (49.62)
ED 0-8 -.456 -.435 -.368 -.383 -.343 -.293 -.790 -.357
(-4.51) (-4.21) (-2+36) (-2.17) (-1.81) (-1.38) (-3.00) (=2.64)
ED 9-11 -.293 -.295 -.182 -.191 -.303 -.313 -.242 -.286
(-4.€9) (-4.72) (~1.28) (~1.34) (-1.66) (-1.73) (~1.56) (~3.66)
ED 12 —— —_— —-— —— ——— —-— — —_—
ED13+ .127 .129 -.024 -.043 .189 .128 .168 .126
(1.50) (1.52) (=0.10) (-0.18) (0.50) (0.34) (0.43) (1.29)
SEXP .,003 .003 .018 .017 .019 .017 .027 .002
(1.32) (1.29) (2.44) (2.39) (1.91) (1.79) (2.56) (0.67)
EXP .,033 .033 .03% .039 .038 .039 .079 .028
(12.08) (12.11) (6.59) (6.52) (5.63) (5.74) (6.95) (8.83)
TEN .000 .000 -.014 -.014 -.010 -.009 -.017 .001
(0.06) {0.03) (-2.59) (-2.51) (-1.51) (-1.33) (1.70) (0.45)
TRCPVT .046 .045 .095 .100 .181 .210 .346 .006
(0.60) (0.60) (0.44) {0.46) (0.52) (0.61) (1.43) (0.06)
TRCGVT -.065 -.061 -.062 -.071 -.303 -.305 . +348 -.438
(-0.40) (-0.37) (-0.21) (=0.24) (-0.90) (-0.92) (1.40) (-1.65)
KWW .028 .027 .032 .035 #1124 .026 .043 .027
(1.99) (1.95) - (1.21) (1.30) (0.72) (0.81) (1.11) (1.59)
LANG - .146 — .204 — +250 — -—
-— (1.23) — (1.08) -— (1.13) — -—
SOUTH -.091 -.101 -.216 -.250 -.185 -.286 -.073 -.107
(-1.63) (-1.78) (-1.66) (-1.78) (-1.21) (-1.73) (-0.46) (-1.55)
URBAN .062 .064 2435 -.432 -.573 -.563 -.116 -.069
(1.01) (1.14) (-1.60) (-1.58) (-1.81) (-1.79) (~-0.57) {(~1.06)
FOR 14 — ~-.354 — -.225 -— -.418 -—— —-—
- -— (~2.03) — (~1.19) — (-1.90) —-—- ——
L0C U -.028 -.028 -.076 -.081 -.105 -.117 -.059 -.022
- (-2.59) (-2.62) (-3.07) (-3.22) (~3.48) (-3.84) (-1.42) (-1.72)
MAR .181 .189 0242 .243 +348 «337% 344 .184
(2.74) (2.85) (1.82) (1.81) (2.21) (2.0%) (1.37) (2.33)
HISP -.116 -.067 -_ - -— -_— - § m—
(-1.13) (-0.62) —-— — — -— -— —
MEX _— — -.324 -.318 — —-— — ——
—— —_— (~2.42) (-2.37) — - -— -
PUERTO —— —_— -.337 -.358 -_— -— — -—
-— —_— (-1.81) (-1.91) —— -— — -—
BLACK -.368 -.376 -_— S -— -— -— ——-
2 (-4.58) (-4.67) -_— — ——— - — —
Ra .32 .32 .35 .35 .40 «40 A4l .27
F 29.78 26.60 7.14 6.38 6.63 6.07 11.88 16.19
Number 927 927 174 174 113 113 207 546
Mean of
Dep. Var. 8.79 8.79 8.63 8.83 8.57 8.57 8.26 8.87
SD of
Dep. Var. .86 .86 .82 .82 .85 .85 1.23 77
Note: Universe is young men not in schopl, 16 to 22 years old, employed as wage or salary

workers in civilian occupations: in 1979. T-gtatistics are in parentheses.
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v - Table:8 177
¢ S LNERN Regression Results for Young Women .
)i N - . % L. ' —
e " . 7 " Total” " " Hispanie . . Mexican Black. White " "~
" © - Model 1 7 Model 2 Model 1 Model 2 . Model 1 _ Model 2 ' : s
! - . - . * e .

., Constant’ 8.159 . 8.159 - 7.159 7.121 7.977 7.971 ., 6.956 8.311
. - (49.62)  (48.82) (12.41) {(12.10) (9.81) _ (9.66) (15.08) (43.48):
ED 0-8° , =428 0 =437 -.190 ° -,248 =072 '-.209 T =.541

. : (-2.34) . (=2.34) (-0.76) (-0.86) = (-0.24) (-0.49) ° 4 + {=2.28)

. ED'9-11 T =.350 -.340 ..090 °  ,097 C 441 T 7 451 =571 -.377
o . Kb3:78) v (=3.66) ' - (0.43) (0.45) - © (1.45)  °(1.46) (-2 00) (=3.45)
ED 12~ T Cem—— s o . — ——— — —— — :
'ED 13+ .197 197 .110 120 -.169 . -.153 196 - .237.
R (2.78) (2.77) = (0.45) " (0.49) (=0.50)  (=0.44) (0.93) (2.89) -
SEXP .- ~ 003 .003 013 012 .037 .037 . .029 .000
o (0.98) (1.05) (1 '18) . .(1 14) 12.50) 2.47) - (3.49) (0.06)
EXP* : .026 4026 .038. y+038  ,075 =~ .075 = .982 . «022
EE oo~ (8. 89) (8.85) (3.72)° -(3 69) (3 41) (3.32) (5.46) (7+02),
TEN .007 " L.007 . .009 .009 -.012 -.012 - =-.012 .007
o (2.75) (2.76) ' (1.01) (0.97) ~(-0:66) (-0.64) "(=0.91) , (2.40) .
‘TRCPVT ".274 279 - .263 .265 - »201 218 .166 - 0274
- ) (3.72) (3.78) (0.93) . (0.93)  (0.53) (0.56) - (0.65) .. (3.31)

. TRCGVT ! .088 o086 -.673 . -.672 -1.069 - -1.062 -.159 .. .323
el - (0.63) (0.61) .(-1.80) (-1.78) (-2.70) (-2.64) (-0.70)% (1.67)

- Kuw -~ _ . 000 002 - ,058 ..063. . .052 1 .056 . .Q04 -.010

Lo " (0,00) (0.15)  (1.47)  (1.54) . (0.96) (0.99) _(C.10) (-0.52)

* LANG ™ -.170 —r— . .200 -— 0227 - | -

= — (-1.26) . === (0.70) — (0.48) —— T mm—
. SOUTB’ 7 .050 . .051 -.114 -.105 -.399 - -.383 - .0l1 «060 .
. . (0.80) . (0.81) . (-0.63) . (0.57) ( 1 63) (-1.50) °(0.06) - (0.82) -
URBAN -.015 . -.024 T o445 %,423 -.359 .381 - .118 -.024 .
’ (-0.22) (=-0.34) (1.11) *(1.05) " (-0 55)° (=0,56) (0.46) (-0.31) ::
FOR: 14 — . +283 — '=,105 —_— -.034 — —
. — (1.26) ,=—= - (0.38) . - (=0.08) = === .
LOC_U )-0038 -004'0 ‘r "‘;00,55 - —.055 -.068 o 9.072 o -},0019 -.,042‘
. (-2.90) (-2.98) (-1.50) (=1.50) . (+1.63) . (-1.66) - -(0.38) .- (-2.75) .
- MAK .. =194 -.194 .~.180 =175 - -=.417 ~.403 -.236 =.200

: (-3.38) (-3.38) (-1.08) (-1.04) (-1.86) (~1.76) (-1.17Y (-3.05)
HISP s . =002 -2017 ' =, _— . == — —— ema
S . (-0.02) (-0R5)  —- Coe—— — -— — ——

MEX —— —— -7 .080 S % ..102 —— _— — ——

T S — —— 0.49) - (0.60) - -— — — ——
. PUERTO —_— -— v <140 - 4190 - — —— | ———

. -_— —— (0.54) (0:70) — -— — D

BLACK ,° -.278 275 ——= - —— — -—- -—= -—
2 ) %,86) (-2.83) — . — — ——- — -—
RA ‘- .24 24 028 . q’-2_7 -33 31 36 .23

. F 18.77 16.72 4.50 3.95 3.92 3.32 7.58 13.97

- Number 851 851 139 139 77 77 138 T
Mean of =+ - _» o o I - -

"~ SD of " - R : ) . Ty R
' Dep. Var.. .86 .-ae .99 99 .99 .99 '»-1.1,;‘5 ' .\__' .80
Note: Universe is young wcmen not in school, 16 to 22. years old, employed as wage or

T-statistics are 1n‘pq;enthesea; V"
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inspanics do earn less per year than the total sample, the difference is

-
e L

qot statistically significant.

Hisp;nic sample. A8 in the case of the INWAGE Tuns, the education

'variables are not all significant but among men tﬂe relatibnship between
' education and yearly earnings is mucn stronger than that between educationl
~ and hourly earnings. Both groups of maie high school dropouts fare
.significantly worse than their counterparts who completed high school.
(Among vomen, however, that relationship does not hold ) In fact, among
kall men (including the equstions for blacks and Hhites) the ‘high school
-graduates'were significantly better off financially- The experience . ?Et.%f
'tmeasures are also fairly consistent across cohorts.' In-scﬁ/ﬁl experience ‘
(SEXP) is generally gignificant for men (except for Vhite men) andJ in
the case of uomen, is significsnt for those of Mexicsn origin and for
hlacks. Ehe measure of post-school experience (EXP) is uniformly signir7b
ficant across all equations €or hoth sexes. On the other hand TEN henrs
| a nugative relationship to LNERN for Hisps%ic snd black men and for
'-Mexican—origin and black women. . "y | | »
The training variables are not significant for - either Hispanicvmen or
_for Hispanic women. Indeed, government-sponsored training is associated ?I
e _negatively with LNERN ln‘the csse of Hispsnic mnles.f Knowledge of the
| World of hork is generally signifi-ant nr Hispanics in general hut not
for those of 1exican origin. Language difficulties and foreign residence
at age fourteen are.not statisticslly significant (except the latter in the _ff

p;,*
case of Mexican-origin men), but living in an urbsn area is negstively

arelated to income for Hispsnic men.; ﬂispanic men who reside in.the couth ;;qiﬁ

: A
.

o fearn less per year than other Bispanics, while only Uomen of Mexican origin R

-

S A e
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e

.show that- relationship amohg the uomen "in the sample. Asﬁ xpected, we

-vgenerally find a signif'cant negative relationship betveen local-area . ;;'
J‘. unemployment rates -and earnings. . .,‘.- .V ‘ ‘ts o K e T

Y
.

Among Hispanic men, we find that those of Hexicsn or Puerto Rican ori-

~

v ~gin have significsntly lower yeariy earnings than do other Hispanics. ‘For

a

s women, hodbver,.that relationship does not hold. Pinally, we note that

’ e
»

married men in all cohorts have significantly higher yearly income than
nonmarried men.’ Among Lhe set of married women, those of Mexican origin
and whites earn significantly less per yesr than their nonmarried counter- "

parts. i

-
e

) v _ ) | ‘ S -
| The. Role of Educatiow ) o C - - el
\ , S 2 , : : ‘.
e e - e o ; -

Ag—explained above, our specification distinguishes education levels in

a breakdown of 0-8 9—11 12 and 13 or nnre )eara of education. With some ;

,..r

exceptiénsf most resesrchers ppecify models with years of educstiou (ED), i

v .
" AY

expressed in continuous forp.l‘ In. order to provide some comparsbility

L4 1.

to other studiesnue estimate the models discussed sbovo Hith ED ss the

independent variablo. The results are shoun in Thble 9:" As can be seen e
‘ Ly Ry

"f’°m the table, the estimates 40’ most ‘cases are significantly different "?c~"'"

-

from zern ‘at the lOZ level. ‘ Z, f‘ ce j _

The desired compnrsbility is- limited for a variety of reasons.v r:r.:;*
- :

. no ‘twe data sets snd/or variable sets are constantfacross authors, given -'vfy:‘””

.ftheir different objectives. Second, our sample is men snd _women- of ages 16 -

o 22 years. which is rather unueual in eurrent Bispanic research. Thus,?fiw"""
iestimates from ‘our, samplé of youth uill diffe' from those of older gpr even
:.ull-age) samples. Thixd, and most important;\ue have estimated results :ff

4 B - o
“ ; .

| gv. .
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Table 9 v .

wi , _ o
Ratea of'Return to Years of Education (percentagee)a ! i

N ¢ LNWAGE: ' LNERN

S Etepemte (1 230 o

."",. ,/ -k . : . _ .2 : '1-‘5"; !‘.: oo

' aciven an earnings equatiou of :he fo,’ ln Y, 1 ln Yo f ra, vhere Y,
annual earninga of an: 1nd1v1dunl wi:h 8 ‘years’

of sehooling, the coef- ~§¢,i}ﬂ;

. o ficient r .may ‘be 1nterpreted a8, the rate of- ‘retutn; to nchoolins .under R

.the fbllowing three aasumptiona.v (1) the: coot of a: ycar’af ‘schéoling =
) - foregone. earnings in: ‘thet year (1.e.; direct costs:are exdctly offset. by
ﬂ in-school earnings), (2) r.is constant:.over all 1ndividuala, And ¢3) r

13 conatdht ‘over years: of achooling (.o, marginal r‘-'average T) (aee

r

N
\\,
'\

— a.mi«w_,,—necket aﬂd Chiswick, _1966.*Le1bov1tz. 1976):.0
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t

across ‘all Spanish-origin groupa under the generic term "Hispanic. host .

other studies,‘where sample sizes permit, bresk out such groups as Mexicgn,.
. e , .
'Ji Puerto Rican, Cubsn, Central or Lstin American, snd other Hispanic. we are
only sble to do this for Mexicen._ Table 10 presents a comparison of a
- ]

ssmpling of previous research.15 As ean he seen, our estimates fall close/\b

- -

-~ to those listed in’all cases except smong men in the LNVAGE estimation. In

A
-

this cese, our estimates lie considerably below those of both Reimers and

3

. Borjas. As He heve stnxed before, since our. sample is very young, the

. Ha NG

: effect of schooling on\ueges hes not yet been fully realized.‘ Thus, our
. S
results probably do understate the rat% f return to education. :

- Intercohort Earnings ng,fff e

N . .

In this section we vish io investigate further the observed hourly
and annual esrninss differences among the eohorts. A simple summary of o
proportional usge and yesrly earnings differences usins unsdjusted dedn

‘
) values of LNHAGE snd LNERN yields the results in Tshle ll. ue note that

Vv

white mn, on average, earn about 1zz mre per hour end 272 mre per year

. l

than do Hispanic men. White ubmen surpass ﬂispanic vumen in enrminss by

1x per hour snd 202 per yearo- COmparing earnings of Eispanics and

blacks.=we note that both msle snd female niepemics esrn sbout 62 more ’,3

per hour than do blacks, end thet the yearly differentisl increases to

i 45' and 172 for ﬂispanic men and ﬁnmen, respgctively, over their blsck
[ - ) . .
counterparts.16

e . i

In place of simple unadjusted mean eaxninge sspe s pnre sophisticated

analysis considers two sdditional factors.- The earninss differences that fmvi,

S would exiet if, first, both cohorts umder consideration hsd the sameypt- )

.
~

IR !1\‘ 0




Table 10

Comparison of Rate of Return Estimates for LNWAGE and LNERN Models ,4:

L (percentages)
i S e — - S
. ‘ v Men : ) . Women . - _
) s;udy“ e ' Hispanic Mexlcnn ‘White. lﬂlnpanlgﬂ'}ﬁgiican'tfﬁhité,nf

LNWWAGE | R
o T sﬁyé;g,i-éﬂa«—mh—s *

Redmers (l?BQ)E

Borjas (1981)

«

LNERN - ' C

Mjérs and,king
T Borjas (198L9

S Carllner (1976)

4i6d

'3°2a:

6.6
5.58 7
5.9a°
s.o-s}sa

s.jL
5.3

4.9

~

"‘* Tienda dnd Netdert 6. 297 P — - .
X ' 1 Q o ‘I-‘ .,"
' agen - o

. _.l’ o » “~ - “ -

aThe overall Hiepanic eatimate 13 calculated from the . resulta for partlcular

*

Hiepanlc-o 1gln 3roupe.

L31'<:m|)1'& - While

convenient summary. o

1t 13 ealculated’ae 2 v

ﬁ\‘!

v 3=l

-

t vi, vhere ei is the
i=1 B
appropriate eotlmate and vy 1s the sample size .of each of

o' :

o Hiopgnic-oriain

there are. some problems with this Approaeh. it does altow for a,
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« A 183 o A

Y - - : . .

{_r' . . _.'_; - ’

s A White/ﬂispsnic S *_Eispanic/Black

- R

{77 .. Unadjusteds Adjustedb 7 Unadjusted® Adjustedd &

-“én,fgﬁ'ﬁ: . 116 é_"ef;psz" . g‘ 041 © .093
‘Women U010, =009 -, .04 .  ~  .010

. Men i - .z;i\jf Soa3e 448 650
S Y IR Do ' ' . : : ' )
-~ ¢ . Women’ S 197N 013 © 174 - =.069 -

e
S . . A

- .

;f% aThe unadjusted gap As calculated as cD -1, whete D e YA - YB and ¥,

s v, 7 1s the mean of the appropria;e 103 carnings mcaeure for group 1._ Column -

° ) .

wE

.
£t

S has D - Yw - Yg and column 2 has D = Ya - YB.'

o ,' i

R S ..

”bThe adjuated sﬂpﬂ are Xg(b. = bg) and xB(bH - 93) for columns 2 and 4
"~ respectively. T . . R

A Y
- R ) -
[ ./ 3

7

“of
3
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obscrved mean characteristics, and aeco&ﬁ if both cohorts faced identical

structures. . Thus} disparity in’ earnings may ‘come from two sources-—'l

e differences in distribution, and discrimination117‘w”wu"wt“"”““m

In Table 11 we calcurhte an "unad justed 3ap‘§s a/fnnction of YA - Y,

o where Yi is the mean (in loga) of the appropriate earnings measure for “

Y

:grOup i. If Xy is a vector of mean characteristics of group i (i = g for

Hispanics, B for blacks, and W for vhites) ‘and b%/is the corresponding

vector of rearession coefficients. then ucjcan vrite (via the nornal

\ Ct ) . - . »

‘equations): - - . T /,?" s
@y o ey T .
| e i . | _ §s - inbs-"f - ‘ R

,YW - waw. ’ i?/“""“; : e

..

"Under 4the hypothesis that cohort ‘A ds® insﬂtreated differently from B

cohort B. we uould like to knqu how". their aarnings uuuid ehange if they unre
'treated the same as cohort B-that is, uhat they vnuld sarn if they (cohort_

. A) fsced'B's vnge structnre.ﬁ For exnmple. 1et cohort’A bc Riapanics and
: f.‘ . ~ cohort P be whites. If ﬂispanics faced the vhite vnse sttucture they uoulu

earn

<.2> xm. .-

ard the difference in oarninss betveen whet they .earn and vhat they could

s . ' (3) "t// Ya - Yn ol xa(bw bB) : ifﬁ'y",

t‘ “F ' ' )

The difference between what vhites actually earn’ and what Hispanics could
v 1 -4 ‘ \ . SRS . ", . A B \ .
gl L earn is siven by L ;ggel R S ey -X
. ) Y . - . L. \ ”

(4) vf' o Yw \Yn - (xw - xu)bw

. The term in (3) reflects unequal revards.to-like.individuals (a mcasure of

”

-

I SR




- the gap can be reported in dual fashion us:

- - -

-

o (5 . '/?W‘YH'(YV—Yn)-F(Ya-YH) c SN

v - : J . .

- e \
L - W = Five e Tyl - b

/What we seek to explain is the vhite/llispanic 8ap (as well as the "

— Hispanic/black gap) after ¢he effects of differences in distributional : Q

'7characteristics are reb ved. Thst uhic1 remains can, be '-sumed to be an v

-

uppes limit of the extent of discrimination in earnings. The;fedjusted”

earnings ‘gaps are slso presented in Thble 11. , .
‘ . o
. We note from Thble 11 that Higpanic msles uould earn ‘about- 7% morr per

©

hour and 142 more per year if they faced the vhite male earnings struc-

. tures. To the extent. thet ue can’ ergue thet diecrimination ie the reason

' N o
- for differences 1a earnings structure, we cen un.;_ our Jelculeted 72 hourly_

__,.— Ir

_wagn differentiel as a measure of labor market discriminet’on egsinst

Hispanic men.; It is 1ess clear uhether we could use the 142 yeerly dif-* .

ferentiel aa a discriminstion measure, eince that msgnitude is .a function ‘

of 1abor supply as well as hourly vases. Thus, ve vould hsVe to nsve morei

- information regarding the ressons for lebor supply differences in that E ? (

‘1case.. When ve investigete the sdjueted femgle uhite/ﬂispcnic earninge |
'gape, ue eee that they are virtuslly nonexistent.l Our enalyeis therefor:w

ii implies that Hispanic ucmen face no more labor mnrket discriminetion than SR

 'do white women. R ':. ‘_"': _ HQ::fd'f;ﬂd;if S

wage and earninga structures.' The Hispenic/bleck edjusted INWAGE di

e MQ- 'ferential is about 92 snd;the yearly esrnings difference is 652 ;nmgff‘ -Qﬁ%;

ey

TS




) other vords, if black men faced the Hispanic earninga structure (a func-
‘tion - of-hourly earninga and- labor supply), thcfr annual earnings would’

-}increase by 652 18 When we turn our attention to the young ubmen, ‘we

A,
again see little diffarence in thc calenlated ‘wige gap—-a 12 advantagﬂ
. N

for “ispanic women with respect to. black women. _'The yearly. earnings dif—.'

a

3 ference, oﬁ the - other nd, 18 about 7% in favor of black uomcn.19

. e

smar oD ooncx.usro’us

//. _5 Beforc adjusting for differences among the cohorta, we find Hispanicoxwwi

R 4 . o

= falling betvcen whites (at thc hiah end) and blacks (at the" lo@ cnd) in°’
terms‘of.hourly ‘and yearly‘carninér. After cdjuating for differences, ve
p”continueyto find Hiapanica falling tetueen uh tes and blacks, but cloacr
'to the uhitca.- Hhen we' looknfor diffcrcnces bctucen thc cohortc, ve find:ﬁ'
| . education looming lnrac. Among enploycd malc ﬁlapnnic youth, olpolt
~threc-fiftho arc high ochool dropouta. nmons Hiapcnic uoncn, over. ona-f,
third failed to conplcte high achool..ggv : L |
- . Turning to some seneraliutione rcaarding thc de;ermination of the .
:fiuancial succcss of Hispanica,,uc find ahat the higher dropout rates of
Hispanics may be explained in pert by the loucr hcnefits of education for

j~4

* Hispanic yeuth vis-l-vis Auacka and uhitca" (That 18, Bispanic high

.

achool dropoucs face lower markct pbnaltics rhan black and,vhite'drop-
: outs, ‘and Hispanic mnlca uho have attended collngc havc 1ovci returns
‘than blacks or uhitca.) Rcinera (1980) and Carlincr (1976) alao fOund

"that Hiapanica havc louer ratca of rcturn to educntion than Hhitca. ‘

Bl

o »Bowevei, do find that ycara of. schooling play.a fairly ai-able role in

'n;/ﬂw',’aispanic carnings, cspccially thc ycarly nmaaure of earningao R

. 3 . o - . - * T . ~
. - - o . o ’ S
NN .o i . T

>-> 3




Our three measures of experienee have mixed results for the Hispanie o
cohorts.' While post-sohooi experience proves to be an important deter-
minant of earnings. ‘months of serviee dith the ourrent employer has

i Ik

.little effeet.ﬁ In‘sehool work experionee has positive effects in the
- yearly earnings equations, but shows little in the equation explaining '

hourly earnings. Our two measures of post-school training have mixed Ce

. 1

: results; While the impaet of training is generally small it is a
significant deterninant of hourIy earningo for men (but not ror Mexiean- -

: origin men) Another faetor-the extent of oceupational kncwledge

possessed by the reopondent-is 13 generally signifieant oxetpt in the X
"analysiscof yearly earnings: T' - -_Z . ;,I_ . 3 —
. The resul's of the geographic variables are 3enerally in the expeoted
direetion. Those residing in” the South or in hign unenployment rate

aress do uorse than others; vhile those in urban areas do not differ

iR, \

3

”l\\"

»3ignifieantly. Surnrisingly,:little evidegce was found to show that'

Hispanies with language diffieulties or who were residing outside’the

%

United States at age fourteen are sny worse off than their éounternarts. g'f“:;n'
} 9: .. .. ‘-;:" ) , .
And, finally, we note thsr married men do have higher oarnings (hourly ,
o 4 . J Tt s
and yearly) than unmarried Biopanie men, o*her things oqual. T b - G
N - . > L . .

per hour and 142 more per year if they faeed the uhiteumsle earnings " 1:; . f%

struetures. To the extent that we can,argue that discrimination is the

// N ’ cw"

*.reason for differenees in earnings struetures, we can u}e the ealeulated

e o
72 hourly vsge differential as a meesure ofxlahor market diserimination



. sis therafore implies°t§ t Hispanic women face no more labor mirket

discrimination than do white'wtﬁén. . o d _ o A

’ " ' )

T This study represents an attempt to highlight the 1abor marxet posi-
tion of Bispanic: youth in a broad context. The'size of the task w2 set '._

. out to aﬂcomplish required the sacriflce of more detailed investigation

| ST -
} of many.aspects.. NevettheIPSS. some .specific conclusions -and’ rp‘_omen—' £

“ ,

~ g

dations are- possible. ' ! ' .

N

We have ~gshown- that considerable difference in educationa; attainment
exists. The rnasons for this are uncléar. A lack of equal opportunity "v
or Access to schooling, inefficient or 1neffective educational delivery

systems to HisPanics, ‘or ‘lack of incentives to invest in human capital on;f’

L4

_the part’ “of Hispanic*youth*uould -each contribute»\o the obs qwed_lower -.:'ﬁ:

. educational levels of "ispanics. Additionally, nisponic immigrants are i'

likely to have relatiVely fewcr years of education the J tivea, vhich

N S
would exacerhate the educationalydi‘ferences betveen Hispanics ond uhites-' i

In any event, the 1asue of the disparity in educational attninment among 'i

° - -i/

- | youth ought to occupy a high priority in-

Despite mixed resultd‘ép auz rious measures of experience one' -

A -
e v

e

;_should not downplaz/thgjﬁmportant role of uork experience to labor market\

success. The/sometimes negative results of tenure may actuallv re‘lect a:

lack of job mobility due to a lack of opportunitiee ot labor mnrket fj"~i*'
////// ‘lnformation. That is, a certain amount of job hopping msy.have benefi-'4

1

-~

,cial effects gor young'uorkers. Further, the reeults show that those
minorities (Hispanic and black). Hho 3ain experience hy uorking Hhile
-enrolled in school are revarded in terms of annual earnings, p'esumaﬁf/’o .

. -through- their increased labsr supply- ‘l'his fesult, combined with the o




ﬁﬁparehc:need to increasealevels,éf education 6? Hispanicvyoﬁth..siﬁgeStsj B
,'fgbns-i_der_abie,, potential for cooperative (work combined with schooling)

.-n : T ‘ ' - - ’,:__

vf.?

v

.épproachgs-to{educatfaﬁ:“6fkaffieaét indicates the vilugqof;vorking'whilé"”*“—TTT

.
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NOTES .

-)/ e . . - .

. 1The meaian age for whites !s 31 3 years, the median age for both
R ] &N

-~ - .

~ hlacks and Hispanics is 23 2 yeat years. Also, the under—lS—years-of-age rate

'meufis highest for. Hispanics (32%) and lovest for whites (21.42) In sddi- -

tion, less than 52 of Hispanics in the United States are over 65 years of T
- / [ . .
age, while over. 122 of qhites-are (1980 Census as, reported in Scientific L
» American, Nbvember 1981 pPe 61) oo T

RN
~

Y v;:i‘\. o N .
2This paper is one chap*er of a larger study of the labor msrket out= .
"‘ .comes of Eispanic youth (Myers gt al., 1982) - A

H , 3Us° of h)urly earnings as a measure is much« clesner econometrif i,.

cally, since it does not " involve the labor supply decision of hours

-worked per yeaxy. Iﬁat is, measures such as annual earnings are sensitive
to differences in hours and weeks of work vhich are themselves dependent s

’upon hourly eernings. Nevertheless, an. analysis of yesrly earnings

A

—

',generates much interest snd policy significunce, since it is this mngni-

tude that primarily deterwlnes living stsndsrds.

4See BOrus et sl (1979) for a descriptive snslysis of the NL8 dsta.

A ~— - ‘ o
J
o . R

5The measure of 'Hispanic used in this study comes from a two-psrt
. . &
identification. First,‘the respondent is ssked to self—identify wvith one

/
of 15 ethnic origins, including Mexican-Americsn, Chicsno, Mexicsn, .V
- ] | ’ ' Cooo
Mexicano/Cuban, Cubano/PuertowRicsn, Puertoriqueno, Boricus/Lstino, . R
Other LatiE Amerinan, Hispano, or Spanish descent.i'*f the respondent

chooses on of the abbve, then he or she’is" coded ss “Hispsnic-», Second

if after this self-identification the respéndent remsins unclassified as

,'Hispsnic, but reports that Spanish vaslspoken in his or her household

:when the respondﬂﬂt was a child, snd the surnsme corresponds to ‘a




"Q"Hispanic."f The remaining respondents are coded as

_respondents to retain on1Y\a nun-Bispanic whi/e/group. o ",; L

191 .
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A

Census-derived list of Spanish surnames, then the reapondent is coded as

///.,
lacks 3r others.

‘] -

We have purged the other group of the non-Hispan c, nonhlack, nonwhite

i e

“ : /‘.
. 6we calculate an adjusted annual earn-ngs measure by multiplying the -

Gy T

respondent 8 usual hours of vork. pe//yeek by weeks: worked in the past year
g

. .by average hourly earnings.“ Since the’past-year reference period varies

o

=2

.‘those of abilitys "_‘ L

among individuals (1t 1is actualLy weeks worked from January 1, 1978, to

the interview date), we adjusted all peniods to a 52-week base., For

example,vif an individual worked 752 of all availab}e veeks from 1/1/78,

'te, say,. 4/14/79 (the date of the lnterview), ve. count that person as \

-

- having.worked 39 weeks (.75 x 52) in the past year.

7For a- discussion of the wa ability relationship, see Parnes and

;Kohen (l975), Griliches (1976), and Lazearl(l977) Nevertheless, ue are

;vunable"here to sepa:ate the ‘effects of occupational information from B

| R

8For the purposes of this report, residence outside the 50 states and

the District .of Columbia is considered to be outside the United States,

1

t ’
even: though,areas such as Puerto Rico., and Guam are u. s. commonwealths or :

tenritories. o “ ; ‘ .’h- ' ; PR

9All models vere run vith B | FOR but are not reported here.ﬁ\In those -
J ‘ L
runs: (l)!no coefficient except FOR 14 changed_significantly, and

! ° -

(2) B FOR was rarely significant. Due to the high degree of collinearity,
‘.\\_ }

ye include only FOR 14 and the expected sign is negative.; 'jf-; —

10Sample sizes in the Mexican equations lare already perilously low.

The most serious problem with small sample}sizes in models vith a larg, '
- | : -

®
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number of 1ndependent variables is that snandara efrors. becomn 1arge and

statisticalwsignificance falls.',The coefficient estimates remain

uiblased under classical assumptions on the error terq. . T .f_f: ”ff

117¢ should be noted that the base from vhich we cslculate these

.
Y

'“dropout rates is composed of nonenrolled individuals, L6 to 22 years of

age.. Since we are excluding here those who are enrolled in school, the'

°

dropout rate is considerably higher than those ca culated on a full age

’

'i_ssmple.

et . PR e e e e e

121n this paper we are using a < .lO as our measure of statistical
'significance. When ve use one-tailed tests (the hypothesized directionjA‘ -

of.;he variables/are lirted i:TQahle 1), t-values of 1. 28 or

the expected direction axe cohsidered statistically sisnifieant;; For the }f

! L3

-

tvo~tailed testa to be statistically a gnificant,,the absolutejvalue for 31;

the t-statistic nnst be at least l 64.;

3 _ R 2 N
13See Becker (1975), Mincer (1974), oz Griliches (1976). Enamples of'ﬁk

T

this phenomenon include apprentices in the building trades and sraduate
teaching assistants, both of uhom are trading off current uaaes for

fcurrent OJT and higher subsequent earning power.ﬁaiy&¥$" .

1"l‘IeiderE and Tienda (1981) examine five different models of the:_

3

relationship betveen education and earnings for Hispanic mal-s. They

A o :
find that uhile the 1inear (or continous ucation model) provides the '

'best fit to the ta,...the [other] mod ls are superior Tbr providing new,a.

insights...““(p 164).

lsrhe 53t1¢0t28 preaented Here selected for their compatability to ;“'ﬁf
: 7 \‘\ i

~our estimstes and do mt necesaarily reflect the authors' "best . A g

“estimate. For example, Beimers (1980) offers estimstes corrected for




RE the reault of a complex of interactiona, ao noted abovc 35

‘gelestivity bias, which we do not present. In every case; the estimate
. . ? :
for‘"Kispanic ia a veighted average oF -separate estimatea on various
T ? 3
_Hiapanic-origin groups (e.g., Mexican, Puerto Rican, etc.).

16Theae high yearly differentials betveen Hiapanica and blacka can be -

.

. T .
seen in Table. 6 as most directly related to relatively lov average. annual~

houra vorked. o %# . L | 'ak‘ K

-

17See Tienda (1981b) and Reimers (1980) for similar analyaea.

¢

‘Whereaa Tienda investigates 3apa4in annual earninga, Reimcro invcstigatea};

differences ini?ﬁg-ungea.: Bot have full-age aamples, but Tienda analy- f
) zea.only;men;'itri ; >‘ |

« 18See note lg. Note al;o f:om Toble 7 thc conaiderably 3reeter
penalties. to bl;cka than to Hispanica of droopin; out of high ochool,_l.f'
._especially for ED 0-8 (-.368 for Hiopanico,_ .790 for blocko) ‘

, e . .
19It must/bc\horne in mind that thin finding ia not inconoiotent vith

t“the observation that Hiopanic women cnrn more per hour ond Uork more

annual hours than do their block counterparts. Thc eerningo otructure io;'f:

’Ono foctor ﬁfifhe}f

ﬂnote from comparing Hiapanic and bleck female eerninao regreooiono thnt ~/—\

fat leaat partly ezpleino the 72 finding io that. in our”oamp1“4 152 of if?*f?

'Hiopanic women completed leos thon 9. yearo of ochooling, eo conpared to

-a.goz for block women.‘ Further, ﬂiopanic uomen uho comple"ed only 0-8 yeara

of schooling earned 192 leus per year, cetnrio peribua. then Biepanic

_Lwomen uith a high cchool diplomc._“',i_;' " le;;'f“

C R 2,
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Ethnic Differentials 4in Unemployment

.\Among Hispanic Americans L.
o l-,' L. 1 -.:“. '-,l-‘?;l. . K ’

: - \ -» . . . Yoo B . . >‘,\',¢'.
Throughout the recent past, the unemployment rate of the Hispanie " A
labor force has persistently exceedeq.;he national average._ Inx1980
o \ . 3 -
vhen 6 1z of white men vere out of vork, the annual rate for Bispanie Jmen

facross ethnic groupa. ragging in 1980 from a low of 8 9% of. Cubans\ °

Y

jobless to a high of 13 1: for Puerto Riean men.f Unemployment nmong
2 blark men was. at 13 22 well above either vhite or niapanie levels. and

\the high blaek jobless rate haa been the oubjeet of aome, though still

too little, analysis by eeonomists (see. e. g N Girroy, 197&, Planagan.

'1978) Far less researeh has been dnne.on the disproportionnte ahare of

unemployment experieneed by Spanish-origin vorkera. deapita their faat-ifvfnfy

1 s

- growing importance in partieular urban and regional labor marketa2 and

;.despite the. increased availability of relavant national data teta ainee\
. » ,n e

the mm-19703 3. Vf o ‘

: The purpoae of thia atudy ia ti.:xamine differenoea An both the inci- -
denee and duration of unemployment among aiapanie men.i Comparisons are ,'
also pade betueen Eispanioo and nonsﬂiapaniea. Among the® most important!
questions to be‘addreaaed are tho folloving.

1. Can the higher unemployment rates of Biopanie&;thnie groups be

largely attributed to more frequent spella of: unampioyment or to

"‘.

the longer duration of those apells?
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Tabie 1

. - Uremployment\Rates of-ﬁén'16‘Years and Over by ep J
‘kace and Hispanic Ethnic Group, 1976-1980 A
S ) "*_\\\_"f . T ;
_ . . s ,
= : R AV \ . ‘ i
. .t 1976 L 1977 1978 - 11979 -~ 1980 T
- All Whites = - 6.4% ... S.5% . 458 wh.bR 6.13
LA H. i o ) .8 . R . 9. TN “':" . . o '. . ol : .
11 Rispanics ;Q L O?am \{’31J%’—‘\ 6 ? 9»7 -
Mexican . 9.9 8:5° 1.0, 6.5 . ° 9.6
Puerto Rican  15.7 13.7. - -12.4 114 -~ 13.1
 Cuban 1205 7 7.6 v 6]l 1 Bl © 8.9
l- ’ e — ‘ :1 — - _.\.. - - . X ‘
Source: U.S. Bureau of Libor'SFaffstics,;unpub;ished1tabula;iggs.
v .o »V | ’;—. o ﬁi : ¢
\ ~ S
AN " A ,
\.\ Lt -
\ - .
A - ' - |
f ) l i ] ' ’ °
\ o & CI
AAAAAA .\-—_ K . ) P ' ~
N . '\ ) \v... ?
‘ 4 2 \\ [l ) 2
‘.\‘: ’ . ] .B.
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2. Do ethnic groups differ in the relaoive importance of human capi-

e .

tal’ variables-such as education, fluency in Englishl and work

{) -
experience-—as determinants of the prqbability and duratioy of

. . .. . . ; [
joblessness? C . f ' IR

3.7Are there substantial differences among the ethnic groups in the

N -

f‘impacta of ; such atructural factors g8 local labor market con— ;..\
. e .
: v

.ditiona, industry of employment, and occupatinn’ - "f:_ ‘ S
o B \ . M
4. Axe Hispanic immigrants rticularly prone to frequent and/or
=.1'.'_ \ B ’
' lengthy spells\of unemployment, at least during their first fev e

i

‘years of adjustment to. U S. labor markets? If so, to vhat extent
.- V can- the aizable numbers of recent immigfants among certain‘ethnic .
groups account for the unemployment levele of those groupa? |
' The data base, principal.sariables of interﬂst and the economic -
rationale behind their selection, and the empirical methodolosy are
"““““*discussed in the follovins section.k In the subsequent section ve first 1L
present summary statistics on various dimensions of unemployment, |
e including 8} lls and duration, as vell as quit and layoff rates, for the:i“pi
o sample stratified by athnic 3roup. nazivity; a,e, end seostaphic reaion.ds’ﬁ'
’/”"Maximum likelihood logit analysis of the determinants of the probabilityi

of unemployment in 1975 is then conducted for individual Hispanic ethnic,_;ﬂﬁ

groups as vell as for white non-ﬂispanics. To control for the possi'le_ﬂ.

confounding effects of divergent patterns oi settlement actoss the

country, separate regional analyses ara also eonducted. Next, differen-'~w1ﬁ
.t S : o
ces in the probability of multiple spells of unemployment are examined,

o again using logit estimation techniqd!s. Tnen, ordina‘v least aquares

K .
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‘ sented for both the national sample and a regional “subsample. In ‘the
l . 7 .

_ ‘next section, . differences in the . likelihoui of unemployment between

A S

<

Hispanics and non—Hispanics are decomposed into portions attributable to
differences in schooling, job~ characteristics, and labor market treat—
ment. The separate strands of the analysis are drawn together iﬁ*the

last section. e B o u AT B J}
hDATA,IVAnlaxLEs,,AND.METHODOLOGY;-
a7

"The empirical analysis employs data from the 1976 Survey of Income ,

:i and Education (SIE) This survey 48 "an expandedvversion of the Current .
Population Survey conducted nationwide, mostly in May and June of l976 f"“'
which oversampled Hispgnfcs and uhich contains a wealth of demographic,
immigration, and laborjmarket information relevart\to 0ur topic. From..;” _
the complete file of lSl 170 householda, a subfile of individuals aged lbl~:
and over was extracted vhich included all persone self-identified aa
being of Hispanic origin plus a random a??ple of Hhite non-Hispanics.‘Q"r
The study aample uns festricted to men who reported their ethnic group orifiv

i

place of birth who vere 0ot full-time students or self-employed and vho
worked for ‘pay at “some ‘time - in 1975. _'”fxr_ * ”‘ T C
. . _ . L

f , To investigate differencea‘in the incidence of unemplozne.t; the ‘5,,

i o

following umemployment probability function is estimated separately by _

|

'r'ethnic group._“ .1f N :‘,,. Lo ”‘._.»v;_, S o R

{!x“ .

Ty p(uuzmr7s-1) - f(EDFOR EDUS, zx. EXsQ, msp : GHILDS, CBILDSl7 v
o . EEALTH, TMM7475, DM7073, zmmssee.\runeoea o
L e Immrnseo NONWBITE, 'FLUENT} OTHINC PARTTIME T

UNRATE occ o, s:spnop), o , s




where UNEMP7S -1 if unemployed ogg\week or more in 1975 0 otherwise.

All other variables are defined in Table 2+ The effects of the indepen-

57 R

L 297fﬂmmwxummmwgwawmnmwe“v,ut.t.mww“;;w_e__wn

dent variables given above on two oth»r dependent variab. s, the probabil~ PR

oA
ity ‘of more than one" spell of unemployment during the year eSPELLGTl)

and the tetal number of weeks of unemployment in 1975 (WKSUN?S) will also
. be explored. Both UVEMP?S and WKSUN75 are constructed erE’;;ZBBans to

the survev question item: “You said (household member) worked about g;‘
.. '»_‘T’.(%%
: weeks in 1975.- Bow many of the remaining weeks was (household ‘member)

looking for work or on layoff from job?' Interviewers were‘instructed to

C ;ask the question?only of those individuala who worked'fewer than 50aweeks 3

that*year.a .

difficult in the probability of unemployment equationa becauae the depen-
.h_aent variable includes both the probability of quitting and the probabil-~

' ity of being laid off.: However vith unemployment in 1975 at a postwar

[

high and layoffs aecounting lor an unuaually large share of all
jobleasness, the unemployment variable is doubtless weighted toward the

"*. layqff rather than the quit dimension. In light of this, previous

-

theoretical and empirical work enablea us to apeculate on the probable

Predicting the s-gns of all the explanatory variablea ia particularly.j o

’ effects of a number of the independent variablea.-_ - - e

Most of the relatively few recent etudies on Hiapanic unemployment

1y — o R —

have stressed the importance of ethnic differences in agé schooling.

~

immigration patterns, and occupation or induatry of employment (e.g. -

Gray, 1975a, 1975b. Newman, 1978 Piore, 1978) lnsofar aa older m:rkera -

—

] represent a larger investment in firm-specific capital by the employer,
such workers would be less vulne;;gle to layoffs than younger individuals.

—
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Table 2 . -
.hist off@eriableS'
_VdTiable T o . Definition'
{ R . I N o D ' . . ; . v
. DWEMP75 1 1f out of work and looking for a job or "on. layoff l |
B ' week or more in 1975; O othe aise. _ .
~ SPELLGT1 1 if more than 1 stretch of time spent looking for work -
T in 1975; 0. otherwihe. o : » -
WKSUN75 . Number of weeks ‘looking for work or. on . layoff in 1975.
EDFOR o Years»of schooling completed abroad. :”
EDUS Years of schooling completed aftnr moving to U S. (total
years of schooling minus EDFOR)._- , ;_ - e
EX ‘ o Potential labor market experience (ap’ minus total years
of schooling minus six) - F
) ) . ' ) -
‘EXSQ - Potential labor markg; e\perience, BQW5Ledo _
0 ffﬁSP '_f .1 4f married, spouse present; 0 otherwise.
CHILDS‘ . Number ot chiidren in family under 5 years ola. f< o
CHILDS17 -~ Number of children in family ages S to l7. N "
HEALTH °  «1 if amount’ or kind of - uork limited by health° 0'otﬁer-w',"v
™M7475 T

1 if foteign—born and moﬁed to U.S;'1§74 or af:gf;go
. otherwige. : _— ) RS

- meM7073 . 1if foreign—born and moied to U.S. 1970-73; 0 othervise. =~

. “1MM6569*—_*"~——~1 1£: foreign—born ‘and- movea;npéuisiilsssgsgl‘o“otﬁerwiéé.;w3ei

"IMM6064 ' .f‘¢wl if_foreigngg%ro:and.moved,to U S. 1960—64° 0 otherwise.

IMMPREGO °/ 1 1f foreigh-borr and moved to U.S. before l960 o
‘e © .. . otherwise. ' .. o o . -

(taole'eontihmea)a




Table 2 (cont.) .

List of Variables -

: ‘Variable'_ . ‘i ' ? 7 o o 'befioicion_oi'. : f;.

T

* \f

NOHWHIln ! if nonvhite, 0 otherwiae.‘

FLUENT - 1 if speaka and underatands English veryeuell 0 other-.'
~ wiae.. _ . i

\”OTHINC' ' p Other family iacome, excluding labor enrninge and
- : 'unemployment benefits (respondent and spouse), and s
:earnings-related tranoforo. IR o o yﬂ- g

vPARTtIﬁE - 1 if worked ‘fewer then a5 hours/veek when employed 1n
o 1975 O othprwioe. »\;. S :

 UNRATE - f‘Annual unemployment r<te for SMSA of residenee or. SMSA.

"OCC SR f 1 if employed a8 craftomen, perative, laborer or
oL : service uorker on lonseat job in 1975, O orhervioe.

-f'j-_IND »-f_'flv l 1f omployod in durable mnnufacturins or conatruction
R o 1nduatries on loogeot joo 1n l97$° O othexvioe.

~..“

L Blg?Ro? S ”fPercentaae of state’ population ﬂioponie.> p'_'_i-} o

s 'ﬁl_ ‘ .'%5;\<. 1 1f received_nny unemploymenf c0mpenoat1on 1n 1975
- R : N '~'\‘° otthBEo 7'#} o

: : ~.:-lt Rt T P R T

— . e S

[
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Likewise, the éreatet the volume of worket-finanﬂed specific capital, the','
N 0k
lower the ptobability of quitting.s Education and ptoxies for o~

‘ttaining, such as expetience and tenute vith the firm~ are usu ly vieved_

! tey

as incteasing specific capitalq We vould thus expect yeats

"‘,completed to be negatively telated to the ptobability of being unemployed

one of mote times. To distinguish between the effects of foteign end T

U.S. schooling, educational attainment vas divided into ptemigtation Ny

(EDFOR3 and postmigtation (EDUS) components. Tae effects of these same :

c =

‘=vatiables on” the dutation of joblessness até @mbiguous.A On the one hand,‘

AR
-

bet'et-educuted, mote highly skilled individuals may have highet expected
’ tetutns from job search, thus lengthening unemployment spella-- Hovevet,‘~
search costs are’ also highet fot those vith more firmrspecific capital
'\and these individuals may also be mote efficient in theit use. of seatch
' techniques. The latter considetations vould seem more compelling in ,1Js
'fslack labor mstkets, suggesting a negative relationship betueen educae
.~ tion, ex etience, and duration.5;'_ o '_fif_ l ,iif}" -';f‘ijth}de
The implications of migtatory diffetences actoss gfoups ate eVen less
obvious. “Recent immigtants may be at some disadvantage in the labot

e-born due to a

matket telative to eatliet immigtants and the nntiv

-———4%—fsmaller—stock—of—U+ss_labox_mAtket infarmatio: lansunse ptoblems,,the

,..

petfect intetnationsl mobility of skills, and a variety of legal :~¢kw;?

Chisvick A

the empl%yment of‘slienswin_cettain fields.,




T B

* Piore (197§) argues that'recent 1mmigrants?are among those-most.likelyﬁto-'
be confined o the typically unstable, lov-skill johs common in secondary -
sector industries. Relatively high rates ofgjoh turnover and : B
unemployment, generated by both_ auppl% *#d demand forccs, way . thus be

expected-for recent cohorts. ST e X lk’:vx

I .

"On the other hand. much of the sociological literature on 1mm13rants‘
has - stressed their high motivation to locate jobs quickly 1n order to end
‘;dependence on friends and,relatives, to” bogin accvmulating savings for;uz’

: self-support and to remzt to their familics at origin, and to acquire iiﬁ-} -

uTU s.-specific and firm-opccific trainins-j Kinship “‘t'°rk‘-‘1r dy




Nt B A
v o P : . \ o ‘" . ’ 'v - .'\:}:'{i‘
. may cause job dissatisfaction and preference for 3eneral human capital o
’ : : oo

_'investments to improve future occupational\prospects ovef firm-specific'~
- !

B investments, at’ leest in the initial period after arrival\z\ The result —

.,,/

‘f.may be high quit snd/or layoff ra%es-- Puerto Rican-bor- men are not forn"ff

~-mally classifiable as immigrants because they are U S. citizens anu are.

. . ‘b"
, not impeded by legal restrictions on ;ntry or exit from the United

. States. Whether thev nonetheless have unemployment experiences similar

o -

‘to. other ﬂispanics born outside the United States is a matter for empiri-.a'

o ,,'.F R ) L S "' M c

'To control for industrial characteristics, a dichotomous variabr‘
_(IND) is set equal to l if the respondent s longest recent job‘ as in the =

v'dureble manufacturing or construction industries. In thelcourse of 1975,

durable goods manufacturers, led by suto snd related industries,

iyl

experienced the largest sbsolute employment reduction of any industrial~ f“

4

group, accounting for two-thirds of the oversll drop in msnufacturing

femployment._ The highest unemployment rate of .y]single industry (18 12

: on an annual hasis) vas in contract construction“—uhere the vork‘force—“~ %4

“was’ cut sharply ss houeins starts plummeted vith the"tiahtenins of the

"money msrket (St. Mnrie and Bednarzik 1976) Althoushjjoblessness in Coa

N

_vhite collar occupations reached postwaq=nigns, semiﬁkilled‘lnd'unskillec———

- ,vorkers were, as in previous recessions, the'most vulnersbl Eo cyclicsl 5




s,

.‘? .

+Hons against layoffs,and‘by‘employerf perceptione:of.part-time‘workers:

as especially quit-prone. f”;: o S
: b A

- Threa approaches vere adopted to take i"_e account the markedly dif-

[y

ferent regional diatributions of varioue\ethnic groups.» First, the ‘
| annual unemploxment rate of the SMSA (Standard Hetropolitan Statiatical

' Area) of . reeidence ‘or th neareet SMSA (UNRATE) wvas lncloded in all -l: S

1egreseions.8E The reduced number of vacanciea and increaeed coets ‘of -
\ aearch in slack labor markets ‘are . likely to; be aeaoci;ted uith increaaed-
\\\\layoffa, fnllins quit rates, and, among tnelnnemployed longer-doration }171
A jobleeenese.\\§econd in an- effort to teet the common vie;'thet th& ;

croudins of ﬂiapanic\uorkers in perticolar areae restricte local

- employment opportunities

'?the variable BISPROP was. defined as the propor- V. '_

tion of Hispanica in each etate 8. population.\fFinally. where eemple aize k

teriatics (Blau and Rahn 1981b), ineefar ae employera perceiv

high«turnover workera the employers uilt be leee villing to finance ;‘am

apecifﬁc capital.; Togeth vith diecrim.natory factora, thie vould tend

\...

wg;__to increaee_the vulnerability.of,nonwhites to layoffece_i:'

e g o e N,

Finally, controls uere included;for tvo types of income.e'nonldtorlg
~ S :

,’income (OTHINC) and unemployment inau*anci (UI)._ The{probﬁbleJeffecte of

'nonlabor income on the incidence of unemployment ‘are not epperent'“

ifipriori.; But to the gxt




RN e ) Y ‘:'; < : : . . - "

unemplo§mbnt. Likewise, a number of etudies have found a_positive corre— b

lation between the receipt of unemployment benefits and duration.9 A

-

dichotomous variable (UI), get equal to 1 if the individual received

'

~unemployment insurance in 1975 has thus been included in- the duration

- P o . o IR ST S e
equationa.,n B . . S P C o

| EMPIRlCAL RESULTS

: . . . N »
\ 1 . [ N

. The summarv atatietica preeented {n Table 3 reveal striking differeno _

ces - between Biapanics and non-Hibpanic vhitts, as Hell as among Hiepanic..
T T e e :

ethnic groups, in a number of characteristics. With an average of lese

than io years of schooling, Mexican and'Puerto Rican men are 3. years ,
Y L3 TN > -
below the non-ﬂispanic level and l to 2 years below th= other Biepanic
’ N
groupe. Cubans are, on average, older (mean ake.l 41 yearelo), uith more

- -l.

work experience than any other group,. but much~of that uork experience o
was in the Cuban labor'gx‘;et--about—952 of the Cubana were foreign-born, .

pi‘“d nearly 42: had been in the United States 10 years or less by 192 '
Central and South Ameticana ate even more recent immigtants.. 39 22 |
darrived in the 19703 and another 24 72 in the period l965~59.w Lese than
7one-fourth of all Pucrto Rican meh vege' born on the U S. mainland. In’ .: fl

‘cont.ast“?ﬁ—SX‘of“thoce-ofrne

vBispanics were native-born (i.e., U S -botn) 11

.? In" light of the high proportions of Puerto Rlcanal Cubane, and

. Central and South Americans born abroad it is not aurprising to find that
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;able 3

Means of Explanatoty Variaoles _among Men 1n Various Ethnic Gtoups

4

White ~ ‘Central & = -
. "+ Nom-~ Puerto ‘ South - Other
Variable' ' ° Hispanic -‘Mexican . ' Rican . - Cuban- - American Hispgnic
. . i . > - . “ - . . v \I.‘\. : : )
"EDFOR - 1.137 1.237 5.019 8.764 9,572 1,146
T (3.458) (‘.347) L 4.677) (4.909)  -(6.010) (3.474)
. . - \ ' @ . ) o L R I .
EBUS © ¢. - 11.350 8.360 4.729 - 2,717 . 2,497 10.049.
S (hdT8) T (5.130)  (5.535) 0 (4W32L): (.459)  (4.497).
EX 20.960..  18.770 20,222 . . 23.696 _is;éss 21401 -
(15.753) ' (14.683)  (13.705)  (l4. 370) a1.623) - as. .943).
BXSQ » 687.065 595.990 .  607.320  774.599 " 483.414 - 703.576
- (824.641)  (793.396)  (701.534) (741.162) - (535.978)  (848.661)
MsP 745 4700 ° 7 739 .87 T8
| (.436) - (L458) | - (.423) (L461) T (.465) o (.44S5)
CHILDS . ~.221. . .457- - - 3356 _,41/; S i380 . .254°
T T (.519) (740). - (;619) . "(-446) . 618y (548
CHIED517 - .889 1.385 1411 . .919. 795 21,108
. (1.268) - (1.633) (1.384) - (1 178) ¥ (1.168)  (1.434)
HEALTH 079 079 - .00 .062° .02 '_ ".07<-Q
o C271)  (.269) - (.255)  (.262)  -(.202) (. 263),
, C e L : : ' - S B '
IMM7475 . w007 . 029 CW041 L L0370 L1020 .004
SR - (.083) » ¢ (4169) "€ (,199) (.190) . (.306) ; .060)
nM073 - .02 Losa o092 - 1260 - +.289 0 .025
D ’_ 109y 2—7—)—-————(—&90) (-}31 )——G'-HS)‘,._._::":(“ 156 )__
| IMM6569 021 ';...oas .08 . ».zss 241 . .087
- (.143) (.213) - (.280) © (. 437)*' . (.633) 7 K¢ 190)1
1MM6064 .15 ..os028 . 02 .2 .'f;;139jk-, 028
SRR (.129)° " (.165) . (.303). (. 476) (.347) - (G 156)
IMMPRE6O: .103 . .007- .  .448— ° za.186 g[;_.151 ';.3.043
. (L308) L TN(295) o (498) T NS 359 202)
. k'::?(t;ﬁleﬁé@htihﬁéﬁjlﬁ*_ , o .
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' Table 3 (cont ). ) - )
¢ Heans of Explanatory Variables among Men in Various Ethnic aroups
- “White R B éeatralfa': . T
S _ Nom- N , Puerto e T ‘South - Other -
- Variable  Hispanic ‘Mexican Rican Cuban - - American -'Hispanic
 NONWHITE - - .022 .08§?~: 037 133 A.oso
S - (.146) (.2805 (:190) (+340) (.218)<»f,:
FLUENT O .671 .540 - “22 - (56 g2
‘ ‘ (.285) 1 (.470) (.439) (+496) - (.502) ¢ '(.406)
-~ OTHINC 45,887, ; 30,607 . 22,700 345.399 . 24,361 34,473
(00's)_ (83 385) (55 441).=.-(44.730);S.\¢53*}50)fk- (59.8489 (67.849)
PARTTIME © 0% 088 0 .060 .02 .03 f‘ 002
» - (.292) . (.286) - (.237) (. 202) Loy 259) :
UNRATE  8:322 - B.teh . 9.485 . 10.947 94635 8.780 4 ;
' (2.254)" 2. 561).' (1.658)  ° (2.023) .919) ,(2.040)
e 576 .808 .86 ‘"¥502f7”7","-729 Py /S
: o (494) . G 394): - (-396) L LAS9) . T (.446) (.439) I
1IND e ) .268 329 . L2586 4306 358 i
' (L462) 1 (.432) \ (1463),"-“:65439):"' (+462) ( asexr
_ HISPROP 31080 12,741 - 4.299 f ©5.533 5.628
T S (44923)  (9.400) . (3.425) (2 859) = (5. 190y -
oo 3 SN V?*wias;,];_;'l1§4 162 ‘%~ 127 ~*'
a ' (.147) . (.380) T (.396) -,-_.(.369) €033y " e 378)
$¥f”ﬁ;f_—"“’"-v . a;aao © f,e37 . 328 f«f;;;as.;;k B W”17o-~ . sggzw
. Note: Daca base ta ‘the’ 1976 Survsyvof Income and Education.‘ Standard deviationa
. 1 zs‘ : . B . . .

are in parentheaea. '




SR tialiy more likelynto»have been:umemployed at aome gﬁint in 1975 than

‘efor the aample. atratified by ethnicity, metivity. age.NAm“’region._

Nationally. aa vnll aa vithin apecific rasiuna. ﬂiapaniea Ilre aubatan-r*-'°

non-Rispanie uhitea. Of_the fuli Hiapanic oample. 21.52 emparienced

217-5

A

Americans could speak and nnderstand English very well. Cuban and

Central and South”Ameriean immigrants are; hovever. far more likely than -

ﬂ,PLerto Ricang to have been drawn from the urban middle elasses and skilled

)

oeeupationa of . thei' hcmelande.l2 S :

These three groups tend to. reside ia labor morkeg, 'ith average EEEE

»y o -.»}:;:',

7unempLoyment ratns well above those for the other groupa._'whereee the

majarity of Mexieans and other Biapaniea live in the Southweat and -over
tvo-fiftha ‘are oataiee metropolitan areaa. over 802 of oaeh of the other

uispanie 3roupa reeide in SMSAa. prineipally'in the Northaaet and. in the_j_7

ease of Cuhans. in Florida. Puerto Rieaaa and-Cantral and South

'.Amerieano tend to be more coneentrated in eyelieal induotriea. and Puerto;‘

Ricans. as well as. Mexieaos; are far more likeiy than eithar ff“

non-Hispanics or the other ﬂiapanic ethnic sroupo to he in low-vase oeeu-fiﬂy

petions.~;:f‘"

D

Tab1e~6 providee information on yarioua dimenaiono of umemployment ’i;77'

iy Q L 5
”: .. » ,

\]

v -

n

’_ajobiessneos comparea vit§%§' 2‘“! n-Biapani"i.¢ Within“eac

v of‘the—tao\_.
D . &,e‘"g e

'.aubpopulationa. the forefgn-born rate uaa somevhat above the native-born

: level but the differenee uaa atatiatieally aianifieant only for

| non-Hispanie uhites.- Among Biapeniea. ratea vary fro"21 to 232 for;if5f.-:

'Mexieano. Puert Rieano. and Cubana to ieaa than 182 for Centyvl'and__f

W

}~fSouth Amerieane and othar Biapanica. CQntrolling for egc.'
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f“’l‘ . '. ’-.' . : 'rable 4 - K ' \

Selected Characteristics of Unemployment by Ethn{é?ty, oo ._’ -
: Nativity, and Region of Rasidencea o
: . B i“.‘ ' - } Wezks Out . s
- Weeks ~ ‘ dultiple ~of Labor L : ST e
Unemployed Unemployed®  Spgals.  TForce _ Quits Layoffs Entrants

ﬁnited Stéteé

Hhite Non-Hispanic - .149 17,71 047 4210 007 .02
" Native _ +145 ' 17.58 047 - 4.143 .007  .028

- Poreign o 167 . 18.78 ©.050 ©  3.932  ..005 4035
Bispanic .21 : 18.00 - . .073" "4.313 . .007 - .047
© Native . <205 - . 17.55 -, 079 4.869 - .007  .042
= Foreign L 214 0 - 718,797 0 061 3.322 . .009 .-.056 .
Mexican - S e214 18.09 * 079 . - 4.859  .008-.._ .045
Puerto Rican ' D 228 ‘18.82- . .056 3.022 . .014 - 053 .
Cuban o ‘ . : 0228 : B . 19 082 - N ' 072 ) 1 08‘3 ".012 . 0096
Latin Ameticanc . 0171 . ) . 16.17 . 0035 ) ' .30083 . .000 a 0041 N
fo:her Hispanic S Ta719 . - 16,69 072 ~ 4.318 . .002 . .035

,35-54 Years Old - B L . .

§ : B . . ‘ ~ k
White Non-ﬂispanta . 0111 '_ . Ny 17071 ) 034 . 1.111° 004 025
‘Mexican - . -Wa76 0 17.51 7 62 ,  2.563 - .004  .037.
‘Puetto Rican -~ - .207 C18.62 © o .0437 ©1.650 .0077  .036
‘Cuban | .95 - 26,35 . - .058 - - .058.  .0000  .103
1LAtin\Ame:icancr S .127\ L., 7. /164300 000 . 1l.152 ° .000 .038 e
?Othet Hispanic ' - .093 . %15.86 - 036 . .. 1.671 . - .000 018

t

rNev York-Nev Jersgy B ;.'2 " R ?_}f ,x_‘7>;‘A¢
- - ' . : - e
»Hhite Non-ﬁispanic .. <143 - 22 72 . '-Oél;,_.;;i 2,742 ° -.002 . - .0S8

~Puerto Rican— ___"a197. 18,15 -~ " .. .038 2,748 7,000 .030
Cubam - - ‘. 217 - 21.60 .04 . .2.087 _ .000 .065
“Latin Angricant S .230 . 17.71 .033. . 3.344  .000 - .082
§0ther Hispanic . T 72 13,00 - .035° -3.035 . .000°  .035

fSouthwest | o b ' oo R . -
§wh1:e Noﬁ-ﬂispanic a7 '"17 11 " .eso- . 3.849. .010/’/ .010"9;.;5401
Mexfcan® - .2000 - 1811 . .,074. , 5.046:. °.007 . .050 .. .".02
.Other Eispanic . 155 °. 1&\10 078 . 4.267. 1 .004 G 042 .02

kR $\ftdble continues) -



- ' ] 5Tab1e'4 (cont.)
Selected Characteristics of Unemployment by Ethnicity, .

.

. : Nativity, anduRegion of Residencea o

- Lo A

~

S . e ' ». N . . .. o . ‘\eeks Out .
poerme o g v~ Weeks o 0 Multiple . of Labor . o A
! Unemployed Ungmployedb» . Spells - - Force Quits Layoffs  Entrants

]
i

Florfda~~ - . T e
el .22
000 164"

White Non-Hispanic S a6l -17.67 118 9.835
Cuban o~ .279 21,76 - a31 775

8Mean values _of variables- All variables refer to 1975, exﬁepé-fdi
vhich are for 1976. Ty _ R : _ -

b;ample restricted to men-unemployed 1 week or more in 1975.

! 'y L
“Refers ‘fo Central an =<.ith America.
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. ,5regions:aresexamined separately,ilother Hispanics" continue.to have rela-
tively low rates, but nearly 232 of Central and South Americans in New
York or New Jersey SMSAs were unemployed, the highest level of ahy

, Hispanic group. Central and South Americans 1in this region are, on

' average, younger (mean age of 35 6 years), more like “to be recent

- immigrants, and more concentrated in unskilled an__semiskilled occupa-_

' tions than other ethnic groups or than Central -and South American men_"

. elsewhere in the country. The largest disparity in unemployment is in'i

Florida, where Cubans were o\er 1 5 times as likely to be jobless thanm

Cwere. non-Hispanic whites. S ~ﬂ‘

o Turning to the key components of unemployment, the duration of time.:” :
:out of work averaged about 18 weeks for Hispanics and non-Hispanics
alike. rhe importance of long-term joblesauess is rcvealed by the
ﬁfinding that, among the unemployed about 302 vere, without uork for six. -
yt months or more, regardlesa of ethnic groups. The higher Bispanic
unemployment rate thus reflects npre irequent spells.r.13 52 of Hispanics

oo had one spell and 7 32 had two or more, while the correaoonding frequen- 5;}

.cies for uon-ﬁispanics Here 10 32 and 6 72 13 Whether one looks at

Su

AP figures adjusted or unadjusted for age differences, Cubana, Puerto

,,f;e Ricans, and Mexicnns had the longest mean duration,_while South Americans

'and other Hispanics are. below even the white non-Hispanic level 14 In"' ',
contrast to the pattern for Mexicans and Cubans,ythe unemployment ‘of f”

Puerto RicanB appears to be con entrated in single rather than muitiple

spells. This may in part ref}ect lanor market conditions in New York

City and the higher\unemployment benefits‘available*thete. fThis‘is*borne

out by the finding that, in Nﬁu York and New Jersey SMSAs, all groups




, o
- ; ' \,,

‘experienced above-average durations of joblessness but .no more ‘than 4%-

had multiple spells.- The,difference in spell length between Mexican and |

-

othﬁr Hispanic men observed in the national subsamples does not persist,

when “we focus solely on the Southwest\ In contrasg, the durarion dif-
! /

| ferertial between non-Hispanics and“%hbans doubles when we shift from the.J?

national to the “lorida aubsample. The enemnlovment of Cubans is charac-'f

i

terized by both longer and more frequent spells.

o . Despite a much highe lncidence ‘of unemployment Hispanics appear ‘no
7
more likely than non-Hispanics to drop out of the labor ‘orce. Although

~the proportion of 'discouraged workers doubtless increased in all 3roups
'.as the recession deepened Puerto Ricans snd Central and SOuth Americsn
. men averaged one week less spent out of the“lsbor force thsn L

7 non-Hispanics, snd Cubens had briefer spells of nonparticipstion than an}*“7§;:
other. group, both in the national'and in the regiﬂaal sublamples. ’

_To explore further the deteransnts of unemployment associated uith~ o
inter-job and inter-labor—force mobility, 1: would be most desirable to
have comparable data on thebrelative frequencies of quits, lsyoffe, . *i; oy
: entrants, and reentrsnts for esch ethnic 3roup in 1975. Unfortunstely,; Rk
-the only informstion in the SIE on- specific reason for unemployment is
for the survey veek,of 1976 and is restritted to those currently
unemployed.; However, since unemployment remsined at historically.high
levels well into 1976 (unemployment in New York snd in Florids still
Taveraged above 102 that year), compariaons across ethnic groupsuby VR

reason fﬁ’ unemployment in 1976 may 3ive at lesst some’ indication of the

[ . BN
N ’ . [

previous-year”s“psttern.

; .

A
ot |

As one would expect in aepressed lsbor markets, quit rates were low

S

for all gcoups, with insignificant differences between native-—and




w ¢

T fo eign—born men and ‘among ethnic groups. The last two columns, however,i'lf-

reyeal a tendency for most Hispanic grOups to hsve higher probabilities

" of unemployment due to layoff and to labor market entry or r;\*?ry than L

!

‘;~non-Hispanic—whites. By far . the highest layoff rate observed waa -hat cf;;[;

1‘Cubans in Florida, who were almost 8 times as likely to be unemployed as o

a result of layoff than white non-Hispanics in that state.15 This
appears to be~at least partly attributable topthe high~proportion of
.vrecent immigrants emong the Cuban sample. ’Although the difference 15'
layoff rates between native— and foreign-born Hispanics is relatively |
smsll and only significant at the .lO level, separate tabulations by

. -immigration cohort (unadjusted for. human capital or. labor market‘

variables) revealed th’& Msxicans, Puerto Ricans, and Cubans movins to ‘,,}‘-

./,»

the United States since 1965 average higher rates than earlier anes from,i7~

nJ

their homeland or than non-Hispsnics. In cqntrast, nntive-born Hispanics -
have higher umemployment due to” lsborlmarket entry or reentry than the
'foreign—born, in fact, native-born Puerto Ricans have 3 times the rate

‘of those born on’ the.island.»' , |
.' Table 5 presents maximum likelihood logit estimates of selected coef-ft“?
; ficients in the unemployment probability equations for a pooled sample ofi;;i
3 white non-Bispanic and sll Bispanic men, as Hell as estimates from: o
regressions run separately on non-Hispanics snd on Eispanics.* In. the |
pooled sam;le, both vitnout controls for fluency in English ‘and. job and -
o%mmigrant

iabor market iactors (col 1) and uith*such controls (col. 2)

:cohorts appear to have a probability of unemployment insignificantly dif— o

- ferent from that of native-born men.' Once ue‘disaggregate*into‘sepsrate '

non-Hispanic and Eispanic nubsets, however, two patterns are revealed._




Logit Estimates of Probability of Unemployment Equations, Nou—nispanie,
Hispanic, and Pooled Hispanic/Non—Hispanic Hen
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Noté“*Depenéent vnrioble io UNEMP?S. Standard erroro ‘are in’ p;renthe-1#J

ses. The regresoioms An eolo. (l), (3), ond (4) 1nclude ochoolins;“. R
. experience, ‘marital statue, number of ehildron, health ototuo and roee e

variables. Puerto Ricans_are:the excluded group: in" col (4). The’ ’ . Lo e

regression in col. (2) oloo ineludeo voriable or part-time employment, RERREAR

~/non=labor" ineome, Biopanie proportion of ‘stat populotion, oecupation, R
industry, loeal employment rate, ond flueney in Englioh. A

'~E*Statiatically signifieant ot the 102 lovel., o
- **Statistically significant ‘at’the 5% level. . "
'***Statistieally signifieont at the 1: level.; '




S non-Bispanics (the excluded tcfe nce gtoup), regardlsss of thc specifi-
‘Q .

o

<
(=

In tegteasions without conttols fot English fluency ot labot matket

. chatactetistics. white non-Hispanics (col. 3) tend to hAVe positive dif- -

fetentials telative to the nntivc-botn (though only the 1965-69 and v':" :i
pte-l960 coho%t coefficients ate aignificant), wheteas Hispanic | ‘_:\,
immigtants attiving between 1960 and 1973 have significantly lcwet ptoba-%;~

icies of joblesrness than nativc-botn Hispanics with oth@rvise similat
petsonal chatactctistics.' ;i o ' B bR

Among all men, Anglo and Bispanic, Cubans appsat to hnve hsd a signi- f

ficantly greatet likelihood of being unemployed in 1965 thcn uhite

cation-used.‘ Mexican wen. ‘are also ‘at a significsnt, though smnllet,

Table 6 ptescnts mnximum likclihood logit cstimatc//ofithe
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White Non-Hispanic and Hispanic Men, by Ethnic Group
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Table 6 (cont )

Logit Estimates of Probability of Unemployment Equations,

White NonJHispanic and Hispanic Men, by Ethnic Group
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Tatle 6 (cont.)

:.Logit Estimates of Probability of Unemployment Equations,

White Non-Hispanic and Hispanic Men, by Ethﬂic Group :

r .

~ - - ) .
" White Non- - A1l

Varieble_ - Hispanics.

Hisponico_“uexieane
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Bicnno.f“z_cdﬁans
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©o1.042440°
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Note: 'Dependentirariaoie is:UNEMP7S;
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Standard errors are in parenthese .
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.

Other. -
Hispanicas.
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The anticipated inverse relationship betveen years of uork experience

.'and the probability of unemployment is confirmed for all groups except
(.

L}

E Cubans. Likevise, marriage and additional dependents appear generally to -
' contribute to employment stability, though ‘the coefficients are signifi—

’ cant only for non—Hispanics. Among otherwiae similar Eispanic men,

health limitations and--race-do- not-sppear“to exert a significant impact

on unemployment probabilities. Puerto Rfcsns able to speak and

'._‘understnnd English very uell have a significant advantage over other .

) for the other'Hispanic 3roups.“

;'ruerto nican men, but the effect of fluency in English seems to be veak

Despite the adjustment difficulties cenfrontirg recent immigrants in

‘a new labor market, our results for individual cohorts indicate that,

"Hwhether due to, high motivation, assistance by kin in the United States,

. ),
‘only since 1974 (IMM7§75) 1re about SX less likely to be out of

/

_;or ‘other factors, most have unemployment probabilities either in‘ignifi-

cantlyxdifferent from or significantly louer then their native-born coun-:‘

Ub:erparts.k Thus, among ell Hispanics, ‘men- uho have been in this country -

"'k than»w

: otherwise similar indigenous Hispanies. The differential is larger

':‘(12-1sz) for those who arrived Detwéen 196 end'”,'\'973 and 18 hishly oigni-’r'bl,‘f»

t\ﬂ‘ ficant., After about 25 years n the Uni ed,ktates, hbveverfmforeisn-born"_

5~,;-Hispanics are about ae susceptible to unemployment as the native-born.." |

Among uhite non-Hisranics, the results are less consistent and more )




"ngff ‘Lnifwdibﬁfx'?Jgff*'*f'”ii7-’:.
R ,: must bear in mind that non-Hispanic immigrants‘are a.heterogeneous group’
of widely varying ethnic and national origins about whom iz 1s hard to
8eneralize. S o . h‘f N
The pattern observed for the pooled Hispanic sample is no doubt much .f
\influenced by the tendency among \exican men, the largest single com~ o

ponent of the subsample, for immi ants to have unemployment probabili—

ties 13. 5 to 182 lower than -born Mexican Hispanics during :he first
10 yearsrin the United States. The other Hispanic group, also con- »'[ B

-

centrated in the southwestern states, exhibits a similar pattern, and the

4

differentials are even larger than among Mexicans. ®

,:w,‘_ Similarly, the coefficients of the Cuban subsample are consistently

v

negatlve, and nearly attain sigédficance at. the 102 level for the 1965-69

, and 1970-73 cohorts. However,_thf regression results for Cuban

immigrants must be interpreted with extrsme caution because the native—*f,
[y V.
born reference group consists of only 9 individuals 4 of vhom reported

o

being unemployed at some time in l |§
: Puerto Ricans are the only ethnic group in which the most recent

cohort of newcomers to the mainland United States has a significantly

PR ‘-y,(«,, g

greater likelihood of unemployment than the nativs-born. Although the %;;-.

coefficients rapidly fal; in magnitude and signific%nce for successive
. ;: cohorts, they remain consistently positive._ Part of the explanation for

this pattern may be the unique status among Bispanic immigrants of per— ’

.t

_ sons born in Puerto Rico.. As mentioned above, men born in Puerto Rico

o

are, -as. U S. citizens, able%to move more freely back and forth betvee S

“the’ two countries than are most immigrant groups._ High rates of tem-'gﬂf f:f

;;_;W“__porary, a8 well as_ permanaﬁt, return migration are facilitated by fast, -#ﬁ!
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S RN 1« TR ARt SRR SR O

-i&Q-casﬁ"aiffifanspoégééioﬁ‘and“éﬁé»=fans£;§a5111=§féf eocial securityj_*n'
and unemployment insurance.. Indeed Gray (1975b) found that, in the
period 1959 to 1972 unemployment inaurance claima filed in Puerto Rico-on
v the basis of mainland uork experience roee dramatically.. Ineofar as
. h‘. those born on the island are_ more prone to periodic return visits, they

/«" . .
are more likely than the native-born to have an impermanent attachment to

the mainland labor market, discontinuous uork hietoriee,_and a. higherl"
v probability of - unemployment., Ihe increaaingly rural, unskilled
-.'backgrounds of recent migronte, only veakly controlled for in our‘, lfdf‘-
regreaaiona, also put them et a diaadvantege in urban northeastern *Job -
fmarkets. The limited dat; available on premigration reaidence indicatea jh
~ . that, by’the late 19503, three-fourths of all migranta to the mainland o

: originated in areaa outeide San Juan end other major cities. urban areao

T
1""

which had been the ‘source of most earlier mig:ants.' 0£ thoee arriving on’ '
"the mainland betveen 1957 and l961, the lergeat oingle 3roup of pre:

vioualy enployed migranta came from the egricultural aector. the eource Vs

. "1'

of one-third of all thoee uith eome vork experience._ Farm laborera are

.'»thua disproportionately repreeented among recent cohorte (Gray.ye

. 1975b) 19

It might be objected thet rurel. unekilled beckgrounde'ere'aleo

‘”charactariatic of Mexican immigrente. yet they exhibit exactly the oppo-
Al t

p'site pattern of oignificantly lover probabilitiee of unemployment than

: 'native-born membera of their ethnic srou d Although the limited evidenceta

&;on apprehendediillegal entrente from Mexico doeaf:uggeet thet the'n
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. “'hold true for those able to.acquire proper.documents. .For’example,

7 .survey of legal entrants arriving ‘in Texas in l973-74 found that nearly

two-thirds vere from urban areas of 10, 000 Oor more and over one-third

were from cities with lOO 000 or more inhabitants (Tienda, 1980) Their

,7..

ability to locate employment quickly was facilitated by the fact thst |

N |

over 602 had lived in the United States previously \many apparently in an

A /-
undocumented status) and nine out of ten had relatives waiting at their

/

U Se destination. Folloving a trend begun after the Second Horld War,
) the majority of Mexicans nou live snd~uork in urbsn sreas and increasing

numbers reside in resions outside the Southwest. though they continue to o

\’,," .
e

be disproportionately employed in sgriculture._ Their more diversified
geographic, occupational and industrial patterns, in comhination with i”‘
more urbanized backgrounds, may count ss important sdvsntsges over Puerto qu¢

Rican migrants still clustered in marginal snd declining sectors of the

K New York City economy. Houever, since persons illegslly in the country

‘ estimstes of

are doubtlese underreported in sny government survey, _‘

Mexican immigrant unemployment may be bissed dovnvard i‘ illsgal entrants

experience above-sversge’rstes of johlessnesa,¢,i_J"ﬁf"'

"; Higher unemployment in the local labor market, psrt-time smployment,

------

"’ar\ employment in unskilled snd semiskilled secupstions hsve the uxpected
positive impact for Hispsnics snd non-ﬁispsnics alike.- The lstter tvo
: variables are more’ consistently positive and hsve especislly lsrge,-hu-' )’;7?

ee—*-ﬂ_—significant~coeffictents—for—Cubsns-raisin3~unemployment prohahilities————~——




unemployment probability is"increasef‘by about 92 for nonéﬂispanics and.

by 112 for the full Hispanic eubset

v

bilities increase by over llz for both Mexicans and other Hispanics and

of individual ethnic groups, proba- -

T

by roughly 62 for Puerto Ricans, the group moat -oncentrated in :
: 1ndustries with high’//emplgymeﬁ€:20 1 o “__. _ R
' Although some economiata have—cited the crowding of Eispanic workers
-

“4n particular labor marketa a8 contributing to higher unemployment ratee.(

I o

'}residence in atatee uith a high proportion of - Biapanice uas " found. to have“?"

an insignificant effect on the probability of mon-ﬂiapenica being
"unemployed, and vas aaeociated uith~a aignifi antly lower probabilﬁty of~:“?f
unemployment among Biapanica. Thia may reflec certain regional labor

.i‘( B ’ " @l
: market differencea.‘aa vell as the advantagea o: job aearch in areas vithbvff

g

eready settled populatione of. one 8 ovn ethnic N

In the national and eeparate regional reareaai na (Teble 7), dummy
ey ¢

e e .

variablee were included for each ethnic sroup uith F‘erto Ri fns as the :
benchmark group.' Anong all Biepar‘ca nationally, Cub‘ne alone appeared

| "to have a. aomevhat higher (by about 62) probebilitv of,being unemployed

in 1975 though the coefficient ia on the borderline of eignificance at

. the 102 level. In the Nev York-New Jereey eubeenple. however, the coef- Vhf

‘ficient 18 uell belov etendard eisnificence 1cvels. eusaeeting that the

vﬁ-v national reault may be due to the experiencea of cuba:’leleevhere, par--l’f'

.ticularly in vlorida, vhere the moef recent immigrant» ere : o ’?55{1'7:~

on awerage, at a mnch older ese than otheraimmigrants._ The telatively o

Ao e e
. a0 N |

B
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Logit Estimates of Probabiltty of Unemployment Bquations, . o ';;-. N
¢ White Non-ﬂispanic ant Hispanic Men, by Region = R .o
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‘Table 7 (cont.)

Logit Estimates of Probability of Ungmployment Equations,
-~ .. White Non-Hispanic and Hispanic Men, by Region'i, ..

- New York and New Jersey - - ';” S Southwestf
ST ‘White Non-. - . A1l T "White Non= T
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NONWHITE ~  — . 093 e
ST ey =
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. Table 7 (cont ) o .
. Logit ‘Estimates of Probability of Unemployment Equations,

White Non-Hispanic and Hispanic Men, by Region

' ‘New York and New Jersey _ . ‘Southwest
o . White:Non- © A1l _ -~ White Non=- v
Variable o Hispanic = . Hispaaic : Hispanic Mexican
Constant - =1.970 - 1.685S: =859 404
- (1.999) (3.493) (' . (1.113) " (.600)
o - ' ' - S
-2 x log - . : - -
- 1ikelihood 375.13 225.41 : . 573.64 . 1217.44
N . s25 266. o6 . .1,321
) . ) . ' : : . ;
Note: ~ Dependent variable ‘18 HNEMP75. Standard ertorsjdte in" '
parentheses. : o B T -
*Statistically significant at the 102 level. o V_“ S
' #*Statigtically significant ‘at - the 5% level. A '
**#Statistically significant at the 1% level. '
,Il.‘ . ’\ ‘
BN -
e -
' ‘ Y _. : :
L . . Y
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large number with professional and managerial backgrounds appear to

_experience considerable difficulty'finding'jobs in their prior occupa~-

tions, and suffer sharp downward mobility for some time. These factors
b

may contribute to a greater vulnerability .0 unemployment during the

first few years in the United States than is observed for most other~

groups. It could also-be argued that the exclusion of»self-employed

N

individuals and labor force participants- unable to find work all year o
biases our results, since Cubans are- about: twice as likely to be self-

' employed as all Hispanics. Regressions run on an expanded sample

including all labor force part*cipants in 1975 revealed that the self-

. N

employed were less likely to be unemployed "but the coefficient did not '

+

approach significance. The coefficient of the Cuban variable ( 4296),

however, was positive and statistically significant at the 102 level

suggesting that Cubans were indeed especially affected by,the 1975
.recession, relative to. other Hispanics.22

The coefficients of most vnriableslin the regional subsamples are f

,simllar to national estimates in Table 6, suggesting that the national

results were not solely reflecting regicnal variations._ Some interesting
‘differences are, however, discernible in the estimates for work
_experience health limitations, and industry in the New fork-New Jersey
lfﬂispanic Subset. All are statistically significant and considerably

;j‘~flarger (in absolute value) than those of non-Hispanics in the region or, .

those of. Hispanics nationwide. In the subsample of Mex‘cans in the five

‘_,./.

;'southwestern states, it is noteworthy thst, despite the limited vari-
"ability possible in the variable for the proportion of" Hispanics in the
'-respondent s state of residence HISPROP continues to be associated with .

. a significantly lower probability of unemployment. B




Turning to the determinants of multiple spel s'of joblessness,iTableg

8 report: the logit estimates of equations in whieh the dependent

|| /}

) variable is set equar to- 1 if the respondent had 2 or mote spells looking

_for Hork. As in the UNEMP75 equations, edueation, Hork experience, and :

\_marital status all appear to ‘be stabilizing influenees, significantly

reducing the likelihood of multiple spells for both non-Bispanie whites

and Hispanies. Hispanie immigrants are 3enerally less susceptible to )
' /
: multiple jobless spells thsn the native-born, but the eoeffieients are

only signifieant at the LY 4 level for one co . The non-ﬂispanie

‘ eohorts' eoeffieients are insignifieant exeept for 1970-73 and pre—1960

vahieh are signifieantly positive. Both Bispanic and non-ﬂispanic
e ] TSR cmzan

: employees in unskilled and semiskilled oceupations and in eyelieal

| industries were found to have signifieantly higher probabilities, as verevuw
vHispanics in part—time jobs. And Cubans alone have ‘a signifieantly (lOX
- level) higher prohability of mnltiple spells than the Puerto Riean »
| reference group.23 | ‘ [ '
Having foeused thua far on the ineidenee of unemployment in nur
regression analysis, ue nnw move to eonsider the role of various faetors.;
“in determining the duration of time spent looking for uorh by men with

some unemployment in 1975.~_1 dependent variable is wxsuu7s and the _g;y?

.independent variahles differ only in the addition of a dummy vnriable
; UI) equal to 1 if the individual reeeived An; unomployment insuranee
.during the year.. In restricting the sample here to mea with some l,
"‘unemployment, the sample size for individual ethnie groups other than"'.

'Mexieans beeomes so small as to meke 1t impraetieal.to run separate 'y }

- _regressions for eseh 3roup. - The OLS estim: es?f’r nonfﬂispanics.and all




Logit Estimates of Probability of Mul:*ple Spells
Equationa, White Non—ﬁispanic and Hispan*c Men_;_

Variable -

"' White Non-
;z,ﬂispgnic

.

A1l

.HispAn;ci'

EDFOR
EDUS
'
EX
EXSQ - . .. N

- MSP. .

CUCHILDS .

* CHILD517
-HEALTH-;?

nraTs g,

17073

‘NONWHITE .

| FLUENT

—7=
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(.024)

-.026*

(.014) .-

.000
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,531*** .
(.148)

.063

(. 042)

.411***
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a213
(.788)
L85
..( 467) -

_,t..166
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.093.

:f-(.soe)_lfi"
LGesAna

046 *
(.110). .
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- 112484
(039

.112*** .
( 031)

,osgaaax,?
(e 018)

(.0003y

.410***
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'( 422) .
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“an
(392

30k

a8y
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i Table.sa(cont

S ) SR
Logit Estimates of - Probability of Multiple Spells fe

Equations, White Non-aiapanic and Hispanic Men"

tyaridble

White ﬁanf;
~ Higpanic - -

¢ Hi{spanic

f.orniuc B

e
o
mm;;;};;;tf”“
jfﬂexicaa

.:"Cubqn_k

: ,ooz***v
~ (.0008) |

+235

‘(0171) bi’ld
070%4%
(0024); S

. .950me
Gy

.678***

_M( 109)

4006 -

. (.010)

lo
[ P

1?,'_(.008) k

-.0005

(.001) - -‘J. :

ia37en "
( 223y - -

.036

i.(.030) | rjif ¥ .

R
(252)

.629***
( 1&7)

.011

Central & South
American ;;*

Other Hiepanic

' -2 P's log///

o like;ihood R

-3, om**
. (,436)

;:13;611“’ﬂ

fl(.alz) J=. :

,v( 628)

-123
( 501)

.265
( 328)

'[1»388**"'

1559.35

S

ot L s J—

./ Note: Dependent variable is’ s}?LLGTI.; Stanaard,er:ore v
)// - ?u‘,i are in. Pﬂrenthesea. oL _' I
A =*Statistica11y aignificant at the 102 level.

' ;Q}k l;'fj**Statiatically oignificant at the 5% ‘level.::
r""ﬁﬂ***Sratistically aignificant at thellz level.
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Hispanics in all states, as uell as for non-Hispanics and Mexicans
residing in the Southwest, are presented in Table 9. /

Although better-educated individuals tend to have higher expected
\_/

returns from job search it appears that their higher aearchxc:s;: ‘and ,f

B perhaps also more efficient use of search techniques lead to sli

AN

shorter periods of time out. of vork. For all Hispanics, an. additigﬁ?l ."

year of U S. schooling is associated vith some two-thirds of a week 1ess

in job search. and for Mexicans in the. Southuest the reduction is even ~}

L4

: larger.k The coefficients are highly aignificant at the 52 1evel for _gfa“f’
Hispanics, but ate’ 1ouer and insignificant for white non-Hispanics.v. ‘

S Additional work experience has a_ very weak effect for all groups._ In o

Contrast, manried Hispanic men hsve joblesa durstions nearly 4 weeks - 1;_ ’

below single Hispanics. and the coefficient is highly sisnificant.

.gt

Just a8 most Hispanic immigrant cohorts hsve probabilities of

1

unemployment louer than or insignificantly\different from their native- -

born counterparts, so also do_thsz:appear to hsve briefer spells out ofj:,ﬁ

) work although the differentials are uniformlj insignificant.-,thejsamefh:‘

’ is true ot the poaitive cohort differentiala of non-ﬂispanics.. Although, T
Ny as expected. a higher 1ocal unemployment rate contributea significantly

' to 1engthier job aearch (by ovar one-half veek for both Hispanics and

' non-Hispanics nationwide). differences by oecupational snd industrial

92°t°t8 8Ppeax Sbe.insignificant.= Rsceipt of unemployment insurance R
A SN 5

o " is, as previous; tudies have shown,_associated uith 1on3er jobless s

g periods. Among otherwise similar umemployed.Hispanics. there do not S

'~l appear to be significant differences by ethnic grouo
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Ordinary Least’ Squares ‘Estimates of Total. "
Duration of- Unemployment 1975, for _‘
White Non—Hispanid and Hispanic Men, .

All States . °___ Southwest
o .~ White Non- - e White Non- : S
Variable = - Hispanic ' Hispanic. = 'Higpanic ~ | Hispanic
* - T R » S : o

i,
Y

EDFOR - =~ =.376% . . <.205 +1 729 - -a78
P C(a219) (e 229) , (1. 405) : ~ (.510)
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Table 9 (cont.) -

o . . o - S , L

T Ordindty Least ‘Squares Estimates of Total
. - - Duration of Unemployment, 1975, for
%// White Non-ﬂispanic and Bispanic Men
.k - . ;l.’l, . ) ;

Variable

T

-.All’Stabqé’ib A .~ Southwest

White. Non— White Non-

Hispanic"

gkﬁagﬁfc.‘
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tt?ﬁispahig; -
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FLUENT
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——

°.604V,1A- e ‘
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.005

(.005)
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;4»-fjﬁ Table 9 (cont )
o Ordinary Least Squares Escimates of Total
Duration,of Unemployment, -1975, ' for
White Non-Hispanic “and Hispanic Men

'_Ey .
L —— ;‘ _ 7

. All States ’ TR Southwest ' ///
- v ~ White Non- v e White Non- . o R
Variable . Hispanic = .. Hispanic Hispanic " Hispapic-

. ) L . B . . - T
. ! . ;

. Other - L il

Hispanic -— (2.068) . ot e 3*.._:_-::_.

Comstant . 12.731%a% - - 19.854%#% - 13.203 - ‘26,2684
T 7(3.202) - (4.183) CO151369) L (7.143)

®2 053 .092 T2 'iilﬂ;;f

5o
e

N 1,305 *%/; 678 109 © 268

o . v “\‘ . . :
Note: Dependent variable. is WKSUN75. Standard errors are in '~} < ., ..
parentheses., R T R
;*Statistically significant at the 102 level..

*#*Scatisticglly,significant at the 12 level. o
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ANALYSIS OF PREDICTED: UNEMPLOYMENT DIFFERENTIALS

To what extent are the sizable differences in the unemplovment proba-
‘bilities of white nonéﬂispanics and”Hispanic'ethnic'groups atttributable

.t6 their’ different characteristics, and to what extent do they reflect '

'l\\?

differential treatment in the labor market? To answer this question,
;each group s estimated coefficienr vector in rable 6 and the mean values "
of characteristics were first used to predict probabilities of R

- unemployment-: The. differences in predict@d probabilities betveen vhite

non-Hispanics and the various Hispanic groups are presented in the first

\

_ row. of Table lO._ L ~’J ;,’ \f“\\r\

e

The predicted difference between all hispanics and non-Hispanics

T~

is nearly identical to the actual average difference of .066\in\Table.4. .
ourlmodel_was especially auccesaful in predicting the Hexican and“;;erto..
“Rican probabilities, bu. underestimated the actual Cuban/non-Hispanic dif-
o ferential and the other Hispanic'/non-ﬁispanic=differential by about ,A”
one—third.. ‘5 i :h’5.f § m_'.'ia ‘3':

| The average characteristics of each Eispanic group vere‘nemt substi;f
tuted into the vhite non-Bispanic logit function to.evaluate the role ofi'
"ldifferential treatment.- If Hispanic characteristics were treated in thei
| same manner as' those of non-ﬂispanics, the findings in row 2 reveal that‘
‘the d'fference in their unemployment probabilities would fall from an |
'-:unadjusted .066 to .042, a reduction of over 36!. The reductions by
ethnic group xan:e from 31 64 for Hexicans to S6 62 for Cubans. Only

-Puerto Ricans would be largely unaffected by such a change, due mostly

to the greater impact of occupation -and industry in the non-ﬂispsnic'ff

©

equation. Ovetall“‘it“'appears~that—relatively~unfavorable*’treatment—o‘f—~




V‘,me 10

Decomposition of D‘fferences\in Unemployment Probabilities :
between White Non-nispanics and Hispanics

—

“Hispanic/ -. Mexican/ Puerto Rican/ Cuban/ ' 'Other Rispanic/
anio , Non-Hispanic  Non-Hispanic - Non-Hispanic  Non-Hispanic .‘Non-Hispanic
;,ésumption - Y, Differential Differential Differential - Differential Differential

°

o

I . T ) ] : ] AN
',/’G;QQPVs Own . ' ) ) ‘ ’ o \
/Characteristics . - ’ . Y : : R ' o
| & Coefficiente - .066 - 068 .085 . .057 .020

;-Group s Own

Characteristics, . S

" Non-Hispanic - B . . O A R T
;gcoefficients 0420 L .047 . W084 . . 4025 . oo -l011 o

i

.'.'Group s Own ; V ’ T ' N - ) - o C e
““Coefficients, - N , ; o - o . e

- Non-Hispanic - o . L : . _ =
“Schooling . : : : _ : S . .

- Charactéristics 019 - = .005 . - .070 .. .037.

<~-Grdup s Own S AR . -‘ s e
~?Coefficients, : o ) .

" Non-Hispanic : - A

~Job & Labor§Markec8 7 : R L. o R
lCharacteristics S 073 . 083 . .095 .~ .051

'lGroup s Own .

“Coefficients, ‘
“'All Non-Hispahic L o : o . L
thharacte:igtics _ ; -.024 - ..013 ~ =015 .108 o .017 ':_;

&

fvaAverage non—Hispanic values for PART‘IME UNRATE OCC IND and HISPROP were assigned to each
’”Hispanic ‘group. _ )
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Hispanic\characteristics in the labor market accounts for a substantial .

fraction of the unemployment differential.

T

To examine ;Ea relative importance of various characteris ics, it was

assumed that each Hispanic group kept irs owu coefficient ve‘:or and its"

own values of all characteristics except educational attainm nt (EDFOR

‘ i

s and EDUS) ‘ The large chouling gap (over 3 years in our ample) be-‘

tween Hispanics and white non-Hispanics has often been cit - as one of the

oéffserious disadvantages hindering Hispanic earniﬁgs and. ployment
Aﬁi:rogress. Its singular importance for unemployment is co7firmed by the
) results reported in roy 3t .over 70X of the. difference, unemployment
probabilities betveen Hispanics and non-Hispanics vould eliminated
,solely by equalizing educational attgﬁuﬁenf’:evels. r;} Puerto Ricans,.ﬁ
1,,~f"the differential falls by only 182 and for. ‘ubans by ne-third both
resulting from lover EDUS coefficients relative to EH7OR and other Mbﬁ.;
. groups' SChooling coefficients- But the differentials of Mexicans and of
:other Hispanics fell. by 85 to 902. '_ R "1}3 i 'ki . -‘\ .
E When non-Hispanic job and labor market rharacteristics alone~are ff;
’ substituted into the Hispanic equations, the difference An unemployment
"E.propensities betveen all Hispanics and non-Hispanics is diminished by
‘_ only one-half of 12, For most groups, the differential iucreases,.
.'Vreflecting the fact that, for example, Mexicans are less likely than
non-Hispanics to be part-time uorkers, to livevin SMSAB with high rates g

”of joblessness, or to be’ in the durablc menufacturing or: construction' ’

) industries.~ Only the Cuban!non-Hispanic differential is reduced (by

'f10 92), due primarily to non-Hispanics lover locsl unemployment rates

. i
z,and smallcr proportion of workers employed in unskilled and semiskiIled




P

©
. - ) . . .

KN

. occupations. as well as. to the unusually large impect of such employment f

estimated in the Cuban unemployment equation.' . .; ) . f‘. '_ >
" Finally;" the full set of non—Hispanic personal and labor market

T
characteristics was substituted into the Hispanic equations. The resulfs -

in the -ast row of Table 10 show that. with the same average charac-
teristics as non-Hispanic whites. Mexicans vOuld have nearly the same
probability of unemoloyment and Puerto Ricans a slightly lower pro-'

’bability of. unemployment than non-Hispenics. But the other Hispanic/

?

non—Hispenic differential falls by only 192 as the impact of increased

schooling levels is largely canceled out by the deleterious effects of

20

being assigned non-Hispanic job and labor market characteristics. The-
- Cuban/non-ﬁispanic differential is the only one to rise. nearly doublins »

as a result of non-Hispanics smsller proportion of schooling abroad and

-~

| smaller immigration cohorts. both of uhich are given considerable ueight ' _
in ‘the Cuban function.-‘ | h e
' . . C . ,@,

Overall. the difference in the probability of unemployment betveen b

all. ﬂiy;:nics and white non-nispsnics is reduced by 63 AZ. It thus

appears that the unemployment differential is largely attributable to
differences in personal and other characteristics. The remaining one= E

third of the differential msy reflect differences in unmeasured charac-"“
. e R
teristics and discrimination.. The impact of the latter may. of course.

]

be even greater if as a number of studies have suggested. differences in AfV

s V4

certain characteristics such as schooling are at least in psrt due to
!"previous and anticipated discrimination against Hispanics (see ?ligstein T

N ]

... .and. Fernandez .1982,~and studies cited—in that*uork).i-u - "lp “leth
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SUMMARY AND concwsx‘ons e o

This paper has investigated differences in the incidence and duration.

of unemployment among Hispanic men and between Hispanics and non—Hispanic
whites. It found that, both nstionally and within: pertlcular regions,

Hispanics were.far-more 11kely~to be unemployed one or more times in the

' course of 1975 than were non-Hispanics. The seve.ity of the 1974- 75

-
-~

recession was: reflected in the finding that nnarly one-third of the
. unemployed were out of work for six months or more. But there does not
-, ﬁ appear’to haue been a significant difference between Hispanics and non—'j
R Hispanics either in the average duration of 1oblessness or- in the effects
of most personal and'labor market characteristics on total spell length. °
Rather, the principal difference is in the higher probability of
Hispanics experiencing one or more spells vitnout ‘work.

Differentisl treatment appears tq play a significant role in
generating the higher unemployment of Eispanics, but differences in
characteristics appear to play by far the most important explanatory
role. Our find ngs point to substantial differences among Hispanic eth~
nic groups in the nature of the unemployment experience and in the key
e characteristics influencing it. Mexican,_Puerto Rican, and Cuban men had

k both a higher incidence and longer average duration of unemployment than -

Central and South Americans and the other Hispanic group.. For |

vMexicans, lower schooling levels are the single nnst important factor

accouncing for their above—average probability of unemployment. I1f.

. Mexicans had the same amount of schooling as vhibe non-Bispanics, their

-

unemployment rates vould be nearly equalized. thereas, among,Mexicans,

immigrants tend to: have significantly lower probabilities of«~~m§
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unemployennt, the.opposite appears to.be the case for Puerto Rican men..

Thevlarge inflow of recent, increasingly rural and unskilled migrants

~

from the island appears to contribute to their higher incidence of

. 1unemployment. Low educational levels play an 1nfluential but secondary

" role.

7

Despite relatively low unemployment rates during'most years for which

data are available, Cuban men appear to. have been especially vulnerable

“to unemployment in the course of the 1975 recession. They were found to

have higher probabilities of being unemployed and of experiencing
multiple jobless spells than the other Hispanic groups, even after

controlling for a wide variety of personal and labor market variables.

- .

The results of a decomposition analysis of the Cuban/non—Hispanic . -

unemplcyment differential suggest’ that the concentration of 1arge1y
foreignvborn Luban workers in certain lowhvage occupations in high- '

employment SMSAs may be among the principal causes of this pattern.

However, because of the extremely small size of the Cuban subsample in-

. both the SIE and the periodic Current Population Surveys, larger dataA'-

sets will be required in the future to explore more fully Hhat appear to’ .
be significant differences in the unemployment experience among Hispanic

ethnic groups.
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NOTES -

1Note that the relative unemployment differential appears to move
coun*ercyclically from a high of 1.69 in the slack labor market _
situation of 1976 it fell from 1977 to, 1979, then rose again in the 1980 xv
recessiou. This is, of course, far too brief a period to permit drawing S

; Tdrm conclusions about broad cyclical patterns in Hispanic unemployment.
. | .

. 2According to 1980 Census figures, persons of Spanish extraction
accounted for 55. 92 of the population in Miami 27. 5% in Los Angeles,n.
19.9% in New York City,zand 19.6% in the Southwest as a~whole (U.S.

Bureau of the Census, 1981).

3Since April 1974, separate tabulations of labor force information on
the Spanish—origin population have been published quarterly by the Bureau L
~of Labor Statistics. Until Lhat tima, the only sources of government
data on Hispanics were the decennial census and once-a—year supplements
" to the Current Population Survey in 1969, 1971, nnd 1972. For a descrip-
tion of the available ‘BLS data and comparability problems with earlier o

‘ series, see McKay (1974) R | ' | .
i AFor a detailed description of the survey methodology and.question~\'
naire, see U S. Bureau of the Census (1977)
m'SFor a’fullhdescription of the~speeific capital frameuork,.see

Parsons (1972)

6See Lippman*and McCall (1976) for a review of the job search litera-;ﬁ‘

. 8
ture. Note that, unlike many studies in this literature,'“duration as.

used here refers “not to duration per completed spell of unemployment '

_'(information not asked in the SIE survey), but rather to the full ‘.,“*“—*‘
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unemployment experience“ in the course of the year, i-e,,vﬁo the :0:51»'

.number of weeks jobless and looking for work in 1975.

-

When this paper was already -at’ an advanced stage, I learned of two ;
recent studies whose findings are relevant to this issue. Tienda et al.?

Q 981 Ch. 9) look at job search techniques and the duration of

unemployment among Hispanics, also using SIE data. Their findings B

.appear . to be generally consistent with my own on duration. Chiswick

' A(1982) used ‘both 1970 Census and SIE data to look at weeks worked by

3immigrants, and finds generally fewer weeks among recent cohorts.' These

,unemployment rutes of selected SMSAs.

background (e.g., Portuguese-Cuban) s ; s

_Dominican and Colombian immigrants, the tuo largest Central*South

=

) findings are- discussed in more’detail in DeFreitas (i984)

7on the occupational mobility of Cuban immigrants,_see Chiswick
(1978b) and Moncarz (1973) Borjas (1982) provides evidence on the high -
rate of investment in U.S. education by Cuban immigrants telative to '

otherwise comparable to Hispanics.

8see U.S. Bureau of -Labor Statistics\(1979a):for the annual -

‘ P te .
.o

9See, for example, Ehrenberg and Oaxaca (1976). For a revieuvof‘?«

relevant studies, see‘Hamermesh (1977) oo
» . . ‘. w T

T

10Findings cited in the text but not. included in the tables are. in an—j

N\

' appendix available,on request. ' o 71:1; ,fv*;ff]

11The "other Hispanic grouping is a residual category including

: individuals identifying themselves as HiSpanics of mixed ethnic

(PR O

« A .

e,

v , N
12For evidénEE’on_the—above-average socioeconomic backgrounds of

F

_ American groups in New York City, see - Sassen-Koob (1979)




vhites is in the incidence of unemployment, the single most important

A'ratio of the number of veeks unemployed (Vui) to the total number of

'veeks in the labor force (wli)

;The following calculations, baaed on the data in columns l, 2 and 4 of

13While the principal difference between Hispanics and non—Hispanic

-]

“component of unemployment for all ethnic groups in 1975 waa the duration

of time unemployed. This ‘can be most clearly aeen by defining the per-. )

t

sonal unemployment rate for the ith individual during the year as thev'

“.“[~ » . :
o S

u“ : 7. . V. ) . .

oo . ) . ‘ B

- Wui
W11

VIt can be easily shown (see Leighton and Mincer, 1980) that a weighted

average of these rates for a given group can be computed as

LW ':”e 1

52 ‘fﬂl = wolf/52) o IR

r.~|<=

.i_._
™

where U = nmmber of individuala unemployed during the year,

L = nnmber of individuals in the labor‘force during the year,,’

and | \

: Woif = unmber of ueeks epent out of the labor force by labor force

AT

: participants during the year.lf

Ly .
)r .

g Table 4, reveal the primary importance~of the duration component 4;&;;,;";

N

',f (Wu/SZ) relative to the incidence of uhemployment (U/L) and the non-'*ax"

-
e r__._f__._“_y-i_..-, SESES e

_part1c1patton~component—éi¢(L__.w 4‘/525. =




Ao- 2‘53 - ' . .
B L S
. Non-Hispanic White - .148° 340" . * 1,086
‘Mexiean .. . - W214 . 346 - 11,103
Puerto. Rican .228 . .362.. 1.063 R
~Cuban . .. - T W228 0 L381 11,037 - -
- Central & South S SR A R .
¢ American S W171 - G311 S 1.063:
Other Hiapanic : ) -..179 : ‘321'~,‘ S l 091
' 1“(:aleulatzl.ona of a: measure of average duration per apell, obtained;etVN
’by dividing total weeks umemployed by the number of apella for each o
o respondent with aOme unemploymemt da 1975, reault 1n a aimilar ranking o4
for all groupa except MExicana, uho auffer more apella of - shorter average
-\ o :
' length than white non-Biapanica or moat Hiapanic groupa'
" I ;~_fu‘_;f ';: “  o ';'uCentral & e
. White Non- = X~ ~Puerto . . . South . - Other .~
- " Bispanic® =~ Mexican = Rican - Cuban _;;American - Hispanic - .
~ Average --14.25 . - 13.53 ‘15,77 15.85 . 13.84 12409
. Duration ' ; | | ‘

~ per spell co | : k a,f}‘r L
“(1n weeks) .~ (11.52) _ao. 94) (11 oz) (12 40) az.22)- (11 44)

15Unpub1:l.ahed ELS tabulationa of Current Population Survey data on .
annual male uuemplpyment ratea by reaaon for unemployment :ln 1976 (the

-i'firat year for.uhieh annual ratea by rcaaon among Cubana uere awailable)

'e likewise 1nd1cate an above-average unemployment rate due to job loaa amongﬁ .

“Cubans, though the rate for ?uerto Ricana ia uell above that found 1n tha -

S PN P uae*mg' loyment Rates of Men Aged 'ie‘:_
T J} R and _Over, by Reaaon, l976 L

Job‘Loaera fftQuita T Entranta ~“fl4ff t "“”f“mf}ljf;%

’v'All'ﬁﬂifégf"'liﬁﬂﬁff";
A1l Hiapanica,
*._Mexican




'~:'~e'»16Tests'of the~equality-of4the-coefficients‘oquiSpanicsjand'non-

Bispanics and among ‘the Hispanics groups yielded chi—square statistics ;
2

(37 21 and 48 5, respectively) above the critical value (37 2),
indicating significant differences in the unemployment parameters. ;;. f'__,lf

Significant differences were dlso found between the coefficients of each
<

= Hispauic group and white ncn-Hispanics, except in the case of Puerto.mmim

°

Ricans.
- -

17Recent studies of the earnings of - foreign-born men’ have found that
y
the partial effect’ on earnings of an extra year of schooling following

»fﬂ-—arrival in the United States is either slightly lower than or. insignifi-
cantly different from the effect of an additional year of schooling
o abroad for a pooled sample of foreign-born whites (Chiswick, 19785), but

that post-immigration schooling has a highrr effect than pre-immigration ‘

. L

school ng for men from Mexico and Central and South America (DeFreitas,

I

1979>. ' S S

e 18'rhese results are consistent with findingn for native- and foreign-‘

born white males based on 1970 Census data. in DeFreitas (1979 Ch 4).

19From 1951 to 1961, over one-ha-f of migrants intetviewed prior to

Qa

departure from Puerto Rico had no previous work expetience.

20See Gray (1975a) for an; analysis of the occupational and . industrialj

distributions of Puerto Ricans in New York City.

21Separate regressions could not be estimated for a Florids subsamplef“

.owing to inadequate sample size. . ;:iw, f.h”._

’ 22When the UNEMP7S regression wag run on an expanded sample of all
‘ / S
Hispanic labor force participants in 1975 (OCC an?’IND uere excluded

' '.81R¢9 no“information on occupation or industry uaﬁ available for non- :

-




o ass

o workers that year), the estimated ethnic group and self—employment coef-" T

ficients were as follows (standard errors in parentheses)

" SELF-EMPLOYED = —.1l4 - -(.214) ;
_Mexican . "i083 - (4156)!
Cuban : ' J446% T (.228)
_Central &. South American ".041 . 0 (. 246) :
Other Bispanic .036 . (. 185%”
*Statistically aignificant at ‘the 5% leiel.' f"f': s

‘Coefficient estinates of the other_variablea'bo%e similar signs and -

magnftudes to thoae in Table 6, col. 2.

g 23Eatimation of the multiple apella equation for the expanded sample
B
of all male labor force participanta resuited in. an insignificantly poai- L
l . . ’ ’
tive differential between the aelf—employed and. other uorkers and a '
highly significant (SZ level) positive coefficient1( 896) for the Cuban
dummyvvariable. ' } a
. | .
\ .
' - ' * - : i o e
[ j' .
| |
| ne ‘
— R — - -_ci_-_;_vi - R -
e L o _guz S )
¥ % “ ;: -
D ; o
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. ) Labor Market Turnover and Joblessness for - ‘Hispanic.
e - American Youth e

/

This paper estimates the determinants of - joblessness of Hispanic

American youth vith the use; of national panel data and an analyais which f

focuses on the rates of entering and leaving work and nonwork. A main

v . -

issue 1is to estimate how individual characteristics and labor market :

- 0
¥

. characteristics affect the labor turnover rates of Hispanic y°“thsi'”

instance, education and skill training for individuals are at the heart
of several federal policies to reduce joblessness bv improving labor éf,j

» “

supply, vhereas tighter aggregate labor .market conditions are associated

» - \ : B
with efforts to reduce youth joblesgiess by focusing on labor'

. .

depand-—i.e., maintaining strong aggregate demand for workers primarilyr'

r by monetary and fiscal policies. Low family income snd age have :Eso N

‘been used as fa:tors in targeting federal employment funds, and recent j

s ,..

A research has stressed the heterogeneity vi:hin the Bispanic cpmmunity. .'

Higher local unemployment rates are found to reduce male rates of job - ;ifi

finding-;ather sharp1y. . ‘ o . .rf. . ‘. :\\Q\f x"4_
Consideration of employment policy issues in a turnover model context

" .is in kéeping with several other€recent studies of youth labor maxketsf‘f k

»

Leighcon and Mincer (1979), Heckman and Borjas (1980), Flinn end Heckman »"—‘Kw
K ¢ ’ T _\\
' (1981), and Stephenson (1982) each used a turnover analysis approach to

. examine the determinants of high yout rates of joblessness and sbort ~
. . LT e

periods of job tenure. Each of th se studias extends to youth labor
markets the basic premise that understauding the relatively high rates of 3,77f
N youth joblessness begins Hith examining the determinants of the rates of'* .

\ . PRI [ . s

entering and*leaving spells of work and nonwork. "his general agreement;

C NN .




I e ' .264 ; . = | : . ‘f ‘

,which.can be traced to the work of, Hall (1972), and, more recently, Clark

andﬁsummers (1979), is referred‘to.as the turnover hypothesis of .

.unemployment. This basic premise underlies the current” work .as well.
Another similarity in the Heckman and Borjas, Flinn “and Heckman, and.

Stephenson studies is the use of maximum likelihood methods to ‘study

labor market spell duration determinants. This approach is\especially

[

:‘ appropriate in that individual labor market duration dafa are frequently .
censored and thus cannot be properly studied with standard regression
- techniques. The advantage of this approach is apparent in several recent

empirical papers dealing with unemployment duration—-Burdett et al. N

(1981), Lancaster (1979),.Lancaster and Nickell (1980), and Tuma and A
l

Robins (1980) - This paper alsodg?es a maximum li&elihood approach to
d

'h estimate parameters in several els of, determinants ofrexit rates from

°

work and nonwork, using continuous time, individual data. The data are'
from the New YOuth Cohort, a national penel of nearly 13 000 y0uths aged,
o 14 to 21, collected by NORC in 1929 and 1980¢ One—seventh.of the youths
are Hispanics, they are the subject of this study.'

- We will first consider several *neoretical issues, and then present

two different empirical mouels. a constant hazard rate model and a'
model which allows for time dependence. The data are then\described.

a

~ The next section considers empirical results for each model. The final

>

section sdmmarizes implications of the research for Hispanic youth labor

.,~p01icy._ . - R - . - o \
- . J ) e - . ) - ) " .-:‘ . e
rasoaznmmssuss ' . R L.

a‘v’.\ .> . . v - -.,~' - ) .\. )

\

L. The'purpose of this section is to provide a theoreéical framework for |
the,empirical analysis.a We cousider job finding and job leaving in a.

~ o 3

4

IR
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| stationary world, and briefly discuss nonstationary implications. The

discussion focuses on the single individual ‘and assumes a two—st«te

environment in which the individual either worké‘or searches for work._,

"Job 'Finding -

/

Simple Jeb search models have been offered as a foundation for the

Trecent empiri al studies of unemployment duration by Bjorklund and

_Holmlund (1981), Flinn and Heckman (1981), and Lancaster (1979)

begin with a similar model—

Assume that an income—maximizing individual Jho is not working,

searches for work and. receives job offers which are sorted,into accep-

13

table and nonacceptable offers. Job offers arrive as a. random process
which we. assume to be described by a Poisson process with parameter h, or

h(t), t > 0. Let h(t)dt be the probability of a job offer in a short

interval, (t, t+dt), and let F(w) be 'a known distribution of vage offers.a
2

,We aSsume that accepted jobs last forever and that job offers cannot be

hoarded i.e., a once—refused job offer cannot be later accepted and .
workers live essentially forever. .The key behavioral decision by the

searcher is the determination -of a reservation wage w* at time t, because

a choice sequence of "*(t) leads to a aequence of transition nrobabili—

ties which may be interpreted as job—finding probabilities.1 The tran- .

““sition probability, ¥, in a short interval (t, t+dt), equals the product

of two components, h(t), the Job offer probabLlity in that interval, and

[1~F\w*(t)9], the.acceptance probability, or

(1) 'u-gl—r(w:))]‘ h(t)dt. ' o

/ ' . _ ’ ' N ,
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A function 9, called the hazard or faiJure, rate, is the limiting

. value of u as dt + 0.' This limiting value provides a 1inkage between

) individual search policy and observed spells of unemployment durations.
Let G(t) be the probability of job finding by an unemployed person at

any time before t. Thus, 1 G(t), often called the survivor function, is

«~ ] . ’

the probability that a person who began an unemploY -nt spell at a time t
LS .

remains unemployed until time . tHdt . We express.the relationship between
"%y and © as follows® : d, T | _ R
€Iy e(t) = lim u(t,t+de)/de T o S
2 dt-’0 " . ) . ' oo / ) ~ .
g L Gt ‘= 1im Pr(at job at t+dtl unemployed at t)/dt
. ‘ dt*O , .
Equation (2) can be expressed in terms of the survivor function, o
l—G(t), hnd g(t), an associated density function, R ’ .
3y e =g (dae/1-6e,
and, on integration,. f‘ ’ o ”'=n_ R ‘ '1‘.
R . ' t ..... o ’ .
‘(4)  1-G (t) = exp [=/7&(u)du]. -— ]
' v 8 . : : . ‘
. . o . , - . . ) . . '

Eouation_(A)_Js_the_fundamental_relation_connecting_a_seanch_policy____

. with unemployment duration, more specifically,'equation (4) relates the _]

N

sequence' of job-finding probabilities associated with choica of w*ecT to

the distribution of unemployment duration.zl If transition rates are

"#. o

' constant over time, a product ‘of the stationary search model (Flinn and

WHeckman,:1981, pe 7), thep R - . v} f?— L ' i’r' . ..
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(5)  1-Gy(t) = exp [-6u]

,wheré u, u.= t—s, is the duration time in the state. 3”w~k;ww~~ R

Furthermore, as is well known,’the assumed exponential distribution '

of search times (u) means that the expected duration of nonwork (D) can be
,_written as thesreciprocal_of the hazard rate,‘or

or- - .7 4 S

D = 1/lim[l-F(w*(t))] * h(t)dt.
o dt#O K o
. An optimal search policy;*if one assumes an iufinite time horizon and

*r‘ B

a discount rate, r, involves Solving for a reservation Hage in the fami-

liar expression (see Lippman and McCall 1976)

(7) e Hwrom (M) L (ue®)E(w)dw,
W Q) L Gt nawy

vwhere c. is the instantane0us (and constant) search cost and f(v) is the =
; known distributionfof wage offers.i If w* < w, search stops and the offer

.is accepted. Equation (7) suggests that the searcher should select that~»

B R L

'ﬁw* which vill equate expected marginal costs and marginal revenue from»fmm

"continued search. This is a’ stationary search process even though‘ﬂ* mav

/change as other values in (7) change. »'. e 'Mvu‘; "U_ f__,'._

‘d:‘.» . A decline in w* can arise via a leftward shift in the uage offer
:distribution,,an increase in: the cost of search"(c),‘a decline in the{r

rate of arrival of job offers (h), or an increase in the discOunf rate .

. . o : ' 2 oLt ao o . g s




(x). Associated with these effects,vas Flinn and Heckman have noted (p._ ,
: L _ R
. 7), are hazard rate.- changes. The hazard rate G(t) will 1ncrease with a o

rise in search costs, an increase in the discount rate, or a leftward

, shift in the distribution of vage offers, which means that each of these

‘three effects, other things equal, would reduce expected nonwork dura.,

tion, D. ‘ L ' . R B

.-

jAn increase in h, the rate of Job offers, ceteris pgribus, would ‘pro= '

d two effects rf different sign. \1) an increase in D via an increase

: in wk, and (2) a. decrease in D. via an increase in 0, the instantaneous

(2%

transition rate. Which effect of an increase in h dominates D cannot be

r i

determined a priori. Feinberg (1977), however, notes that the second

| reffect dominates in normal and rectangular wage offer distributions.ku

These theor tical issues ‘can be linked’to the main analytical point, """
training Vs. ag regate demand policy as strategies to enhance job . finding
for Eispanic youth. We expect a reduction in the local unemployment rate'
‘to increase the job offer arrival rate. This effect on expected nonwork ‘

4 durgtions is, however ambiguous, for reasons just stated. More training

fvwould also increase the rate of job offers, but we dlso eXpect more

'training to operate as a rightward shift in the job offer distribution.;i

if w* did not increase enough to offset this distribution shift, then ve B

- N . -

SN e e e B e o e e Al FLTES SNSR S

‘would expect that the net effect of" g‘r‘este

- .uonwork duration., Which effect*\;raining or greater labor demand w0uld'§%t

. 'I..~ :

-

_ have the greater impact on reducing D is ‘an. empirical issue.;&bvv‘7‘5

. Job Leaving, S f 3 o ,v-"" .

: . A, ~
} N : N > 5

In the job finding discussion we built on recent developments in job

gbsearch models used to examine unemployment arising from turnoVer..JTo
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model the rate of leaving a job is more complicated. On the one hand,

one might consider a search model of an. employed worker similar to the job
»finding model in that a currently employed individual would be assumed to,
compare the best rewards from alternative time uses (w*) v8. keeping a
current wage, w.: Yet such a model has an extra compliﬂation, one has to.
consider the potential actions of both the worker and the current ,.’
employer in terms of changing the effective rules regarding the quantity
?\or quality of work as well as wage adjustments (Okun, 1981, Chap. II).-

. To- develop such a general model 1s beyond ‘the . scope of the present paper.

"S' )
On the other hand more formal presentations such as that of Flinn and
: Heckman (1981 PP. 7-30) or Burdett et al.-papers uhich utilize dynamic
&
programming methods to derive instantaneous utility-maximization rules S

'for leaving a job-are somewhat disappointing in terms of predictive con-

'tent.' That is, according to Flinn and Heckman (p.'30), if one continues -&‘4
‘to ‘asgume time stationary value functions, then the harzard#function .
associated with job leaving is independent of time dpent‘atmthe job! g;i
- This seens a stiff price to pay in order to achieve-a;tractable model . §$\\

e e

vbut to drop the stationarity assumption sharply undermines one s ability o

' to derive testable propositions. f' "ﬁ f:i. @,,yﬂfjﬂ : ~'f

A reasonable alternative is to. estimate the rate of job leaving in an_g

empirical model which is based loosely on . economic theory and to test for7-“

'the presence or not of time dependence, among other determinants.k That
o is, based on past research, e.g., Burdett et aI (1981), ve expect that
greater wage rates will be associated with a reduced rate of job leaving. .
) Hispanic youth with relatively more. uork experience, education, and skill‘.:?

eftraining, variables which may be closely associated with a relatively
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greater market wage, will therefore be expected to have a lower rate of
job leaving” than other persons. Similarly, we expect that job separa— ——
tions will be affected by several aapects of - the labor market. First,v
the rate of job leaving should be affected by the overall tightness of
_ the labor market, yet the nature of the effect is unclear, a priori. In”

an economic downturn, layoffs increase, but voluntary quits presumably

.

EIN

will decrease. Similarly, in geographic areas where market and nonmarketf}

a1ternatives are relatively numerous, such as a large urban area, we -

.would expect job separations to exceed that for persons from rural areas.4
) Finally, ve*expect that a number of demographic characteristics and past

work efforts may affect the rate of job leaving., For instance,.if the

individual worker 8 earnings are relatively impo tant to a family, as
might be the case *in a lov-income family, then w vould expect Job

T leaving rates to be relatively low. Being marriﬁ . greater fluency in‘

English, older youth, and a more stable past uork history, all may reducewn

S,

the rate of Jcb leaving.
. i < B -
As per the effect of job tenure on the rate- of Job legving, the fre- '

V,
|

quent observation is that persons with relatively more time on _the_ job }g

- '

will have a reduced rate of job lenving-—e.g., Leighton and Mincer (1979)

IR Jovanovich (1979), however, presents a. theotetical model of uorker and

.
'

fitm s6rtIng—1n—whtch—the—separation—probabiiity—at—ffrst—rtses—eariy—in————

1

é R the tenure period and then begins to decline with more and more time on-
: 'the’Job- “This gfgg:gggggggggs_sffecs 1s tested below.~

.
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.

EMPIRICAL MODELS OF LABOR TURNOVER . | |

The “Basic Model _

In this section we present the basic stochastic model3 used to study

- ~ the determinants of early post—school labor mobility. We assume,
following Heckman and Borjas (1980), Robins, Tuma,'and Yaeger (1980), and
Tuma and Robins (1980) who “have presented similar labor turnover models,

"that the individual is in one of two states at any time}‘employed or not

employed. h
' TN S : . s
Wefbegin by describing an ‘individual's work’history in some total

observationvperid (O' T). 'ﬁithin-this overall time“period, one'may

consider an infinite number of smaller time periods and record the

individual's employment state, enployed or not employed, in. each inter-

RS

val. . A spell is.a continuous period- of - ‘time ina state. ‘We consider

- \;/
persons in state. 1 at time t and ask vhat is the probability that_they '~.\f$

are in state j_at some later time t .+ At. We assume stochastic movement
over. time from one state to another. Specifically, we assume a standard

ffirst-order, finite state, continuous-time Markov process generates the

" ",

distribution of state outcomes aver time. The probability that a vorker

-0 —ahG" is in” state“"“at “time 't then svitches to state j at a later time,
t +_A:, 1s the transition probability P14 (t, t + At).’ The transition‘.'
rate,'gij(t), isathus defined as:  , ; v" v
/_ [ : B N )

. i
Vd B R - .
S . oy

S S
8y eij(t) - 1a pr (in state- j at t + At | ! in state 1 at t)/At
- /( - At + 0 S A Ve , s
. lo_psy(t, « + At)/At '

T At +0




272 -

B where i# j; ihe rate of leazing one s:a:e Bi(t) 19 the rate of en:ering

the second state Jje. The denomina:or in equa:ion (8), the probabili:y of

remaining in gtate i until :ime t, is really 1 - Gi(:), where Gi(t) is

o \

:he probabili:y of leaving state i at any :ime te The term 1 - Gj(:) is
called .a survivor func:ion, vhen it gives :he probabili:y that a person

.

in state {1 remains in that state be:ween a star: :ime s and time :. As~

noted in equation (5), 1if the transafion rates are time independen:, :hen'

:he survivor function 1is expressed as: .

v

(9) . G4 (t]s) -'_e"“i.

where u = t - s. That is, the-probabili:y.:bat a nonworking”you:h

nremains jobless declines exponen:ially as the leng:h of joblessness .

&

.increases. Even though 8y 1s assumed time independen:, the,probability

. of ieaving a s:a:e varies over-:ime.' According -to Tuma and Banna (1979),

:his is one of :he main advantages to modeling social processes by tran- :
. sition rates and no: probabilities of change. ' S _ I

In this- per we assume that the same eij exists only for persons of

~ the same value: of an observable, fixed exogenous vector of X variables.

-

We assume a

N

2 -

' 7 - ‘fL____;;_i_;_;—_;;~——-‘—“:73‘ “
(103 _1n eij. - xaij' P v . _

:ransforma:ion restricts Lhe eij to be positive.
yd . . , 7_-. L.

. Alternative Models =~ - S

g

»

k, i .
Hispanic American you:h-A\ It is ins:ruc:ive ‘to! presen: and brieflj 9.

describe each model.; ff AN

e :",;,:;ﬁi; .

_g-linear rela:ionshipebe:ween eij and X, or ;_ gl

We then use :he es:imated Bij to” derive individual eij The’log-linear’,'*'




_ L (11). Model 1. ejk(:) - e(éjk_)__”
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o,
B ot

Model P | iDescriptIGﬁ””"" R

This—is—the“time-independence R
(time—invariant) model - just
presented as the Basic Model..
: . ‘Trangition rates, 0;,., are
. - : postulated to be log-linear
: ~ functions of the observed
; o _ variable vector, x1

(12) - Model 2 eJk(t) - e(sjkﬁfxt) : ‘This is a time-dependent model . -
_ © - . which postulates that tran- -,
"8ition rates décline ‘exponen~
tially over time until some '
asymptote is reached. 1 assume
a zero asymptote and that the
e are the same in each
period, but time in.a gpell"
does alter exit rates.

- ) . . o '
. -

Estimation. We estimate theQBij bj a matimum likelihood method and

data on observed spell length. Let‘Yi be the obsetved duration of the

ith spelT. A spell. ends when a state change take“ place within the re= ;4

' ference period or at the end of the aample reference period in either
case Yy=1; otherwise let Yi-O-, ‘In this two-state case, if ue assume
time-independent transition rates and independence of observed spnlls,

then. the likelihood function for leaving the nonvork .state j is., :

B T . '- =" [ . l Y im
. (13) LJ = T fj(ui I Bij’ .&i). i. (l-Fj[ui I Bij’ ]) i
4 i‘l . : . K M . P ‘ V

where n is the observed number of spells ig state j Maximizing uith
B e £
- respect to Bij gives maximum likelihood estimates of Bij With these

Bij we ‘can predict individual specific transition rates- In turn, these

.transition rates can be used to derive various estimates of Hispanic

&

American youth labor mobility, such as the expected work duration, the K

i

expected nonvork duration, and the steady-state employment probability.5 o
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National Longitudinal Survey of Youth (NLS-Youth) which- were collected in
1979 and 1980 by the National Opinion Research Center (NORC) in coopera-

tion with the Center for Human Resources Research at Ohio State

e

aUniversity.A These data are particularly suited to the research goals
. atated above. First, the overall sample size, 12, 693 youths sged 14 to

21 years, includes 1, 924 Hispanics-v This relatively large sample size _'"'

permits disaggregation by sex and ‘the applica:ion of criteria uhichvare :

IS

consistent with employment policy analysis. A:second advantagu is that

the ‘gample is’ national in scope. A third advantage is that the survey

design accounts for, ail timn between January 1, 978, and the spring 1980

Y

interview-that is, all work and nonwork npells are accounted fot in this

-

period. These detaileu data have ‘been processed for this study into spe—'

cific periods of three’ uork-hisfory categories- (1) uorking, (2) not -

working owing to layoff and (3; ‘not working for other reasons.6 A final

. advantage is the availability of person-specific environmental variables,

s

The primary data sources of this study are the firat two waves of the

such/as SMSA and county employment rates, industrial characteristics, and |

/..

s

matched with the MLS-Youth data. - 7#7 R f“ //f;'. “'.

Sample means of the study group of Bispanic youth used hrre are shown

lysis is a spell of work or uonwork and one individual may hsve more than |

\

The main data screenssused were age and ear ollmen: in schuol.

i

".Persons selected became 16 years old- on or before the spring r9/9 inter-ﬂf .

-,

“"labor~ demand measures, from the City-County Databook. These data aerebg T

2

in Table 1. These are individual sample means- although the unit of una_-nm,

PRI
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b  Table 1"n o R

Explanatory Variables. Sample Means- and Standard Deviations

=
1

Variables and Definitions’ . "Lﬁﬂliﬁfig’:' - Mean (SD)
' : A , _' R ' Men - ... . Women -

. If 19794nterviev vas conducted in Spanish. . .15 | .09
e C . (38) - (.29)

1f believe problem with getting a. good job, I T
- 1s due to POOR ENGLISH (interview : Lo L ‘
conducted in Spanisb) , . _ L 26 - s W26
' o ( 54) ‘@57) -

o S , \ , .
Percentage Spanish in county,‘1979 L 1 98 ' o 1.97
L L ' S (1 90) o (1.88) "y

. If WARRIED, spouse’ present. 1979 : - ;-_‘ ’ ' 2. S ' .
(incl. coumon law marrlage) : _ Yoo 138, 31 ¢
» 17) | (19)
Local ﬁNEMPLOYMENT RATE, 1979 - T 533 - 57
' : (1.50) - ¥ (1.48)

Percentage population change (197u-73) , ‘ o ', : o s ;" .
in county, 1979 . " 60.31 68.91 .
. o (92.62) ., (93.81)

EDUCATION COMPLETED

' If 0-9 years T S aes
: L , - €.50) o (.48) -
If 10 or 11 years, T S a2 e
- e - ' (.45) ( 40)
If 12 or more years ;:) e 1“ 24 '.Q.AS . SR
A | K . (.42) , ( so)  °

_AGE 1in years . B - «aae . 2d.a

U0 . S (L30), 0 (1a19)

If not U.. resident_at age 14 o 27 24
S SRR (.45) . (.43)

‘If VOCATIONAL EDUCATIQN received between L '
Jan. 1, 1978 and spring 1980 ‘ - 409
. ; _ o . S .22y . (.29)
: R Al* : L e
~ ~...(table continues). . .. .. _..__._ SR N
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a

: Tabie 1 (codt;s_' . _v‘ . ;- . .

,A)”.v .Ekﬁiahatorijariéblesi “Sample Means and Standard Deviations

.

- - ] - } - L N N Y N »
) .. Variables and Definitions .~ S _Mean (SD) )
e - N ' - Men~ ~ Women;
S T N
ETHNIC ORIGIN Co N R
If Mexican or Méxican American ® ., L 89 .70,
) S o - - ..(.47) - (=46) -
If Puerto Rican , - . ° a3 a0
AT S O 20 R €25
N, If other,Hi§panic 4 . U c_ ~ L8 ' «20
e 'ggﬁ s E ..l I " K L . »_(.35).4 (.2;)

. INCOME, net family, 1978 - ~  ° o = $9,817: *°  sl0,188
e _ o (9,663) - (9,663)
R If work-limiting HEALTH problems, e .t es
: . 1979 S ' C(.25) (.22)
If .ever STOPPED, BOOKED or - . , W20 o as
_ - CONVICTED of CRIMZ, 1979 S 49 (38

-

' If ever SUSPENDED from school | .23 4
R ; : » (.43) (+34)
AT S s193, . WB176

T T L I (1.073) 07 (4749)

- Number in sample . . .. . - =115 T . 96

. -

-
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et

- ,view and did. not attend college or. high srhool after»Januaryll l978. ‘fT” S

. t

;. . The sample may ““ thus described as Bi spanic youth aged l5 to. 21 years\on .
SN January 1, 1973 more than one-half of whum had left school prior to high o

]

'school gradua120n.7 In fact, roughly 302 had at “most 9»years of formai

) schooling and a large-proportion of young men and_womenrhad §ither.been
e .su9pended,fé9m school and/or had a possible criminal record. - 7 .
'EMPIRICAL RESULTS. : L o :

. o, ) ".'.- o L w . . . - N .o . - . ) . L

. ThiS'9ection is organized into four pecrts. We first provide a brief
' ﬁﬁﬁ * :
g rationalmffor the: empirical specifications and then present the tran-

S | o

sition rate results,_ Next, because the transition rate coefficients may N

K4 1)

?:_ not be readily interpretable, we present several derivations with _ _a'

- >

e~ ;_'employment policy implications, these results were, calculated Hith the,."

—

: Model 1 transition rate results. We then present results from Model 2,
B . a
the time-dependence form of the transition model. o aa'

~~

P ) o R ke .
< ; . . - . N . . . . - - t
- - L

;}:;‘ . Specifi-cation ; 3 . - e o . . V' » . . o . "ﬂ:n - Lt

N . . I8 P . . 'J_ R TR .

3 e Tvo empirical moaels, job finding and job leaving, vere estimated

- .

- . with two forms' of the transition rate mndel, the time-invariant and o
" (I L
time-dependentqspecifications, shown as .equations (ll)vand“(12),'tespec7

tively. The same‘set'of observedﬁvariablesfin7the vector X were uséd in

each model. The ‘choice. of X variables vas guided by cancefdjfér‘éaanr o
a7 o T . . o L ’ "'

mic and demographic issues. The X vector was fixed.. That-is; ia ,ﬁ .

general we did not include X vector terms whose values changed over par-

ticular employment spe]ls.. Admittedly, howevel, some .erms, such as

ot

marital status, vere first measured'in the _New. Youth thort only in the

. - - .4~
. . S . . - . R B B
. L . B . . .
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spring 1979 interview; consequently they may involve a change since
January 1, 1978, the start of the employment history reference period.

In the theoretical discussion of job finding, the search costs, rate
of job offer arrival, and discount rate were linked to the rate of job
finding. Diregt measures of job search costs and discount rates are not
available in the data. We expect, however, that several aspects of
psychic costs of job search may be captured in a set of survey questions
regarding perceived problems in obtaining (and holding) a good job.

These problems may include language problems and not having lived in the
United States very long. Thus, we include whether or not the 1979 inter-
view was in Spanish and if the youth lived outside the United States at
age l4. As for the discount rate, we expect that youth who have been
suspended from School or have had an ;dverse encounter with police——e.g.,
those who have been stopped, booked, or convicted=—to attach relatively
greater weight to immediate gratification of needs. This, in turn, may
be an indicator of a greater personal rate of time preference. One might
thus expect such persons to have shorter nonwork durations. Yet job
search also involved employers' choices and early school leaving, ;r a
police encounter may lead to fewer job offers by employers (and/or an
early dismissal if hired). The net effect on job finding of the ﬁ.proxy
measures of discount rate level 1s thus unclear.

A greater rate of positive jJob offer arrivals, h,'is also measured by
proxy terms, including a lower local unemployment rate, higher indivi-~-
dual educational level, relatively greater . e, and the absence of a work-~
limiting health problem. We expect each term to be ac:zoclated with a

faster rate of job finding.

28
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The final specification also included a number of demographic and
environmental terms which may alter the individual's relzstive taste for
work, the individual's ability to allocate time for market work, or the
level of market wage rates available to the individual. These factors,
which include marital status, family income level (net of the
respondent), ethnic origin, educational level, and post-school vocational
educational training, may also affect the rate of job finding and job
leaving.

Results. Separate transition-rate estimates for Model 1 for the
Hispanic male and female youths are shown in Tables 2 and 3. Each of the
models were highly significant statistically as measured by a chi-square
ratio. The coefficients indicate changes in the logarithm of the tran-
sition rate. As such, it may be more convenient to interpret some coef-
ficients in percentage terms. For example, in Table 2, col. 3, we note
that Puerto Rican men had a statistically significant and lower rate of
Job finding than other Hispanic young men. The antilog of the =-0.79
coefficient implies that young Hispanic men who listed ethnic origin as
Puerto Rican had jJob-finding rates which were 55% lower than those of
otherwise similar Hispanic men in other locations. This particular
result is importanf in terms of one of the main goals of this paper;

namely, to examine ethnic differences within the Hispanic American group.

.Ethrlc group differences; however, were not found for Hispanic young

women .
Age of the youths in January 1978 varied from 15 to 21 years. As
frequently observed in other youth labor studies, age has an important

and statistically significant effect on female Hispanic youth labor turn-

2835
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Table 2

Determinants of Rates of Job Findings, by Sex

Younggﬁbmen Young Men
Model 1 Model 2 Model 1 Model 2

Constant —21.64%%  =10.51%% -2.32 -4.13
(10.51) (10.54) (8.34) (8.58)

AGE o76 063 -005 002
(.52) (+52) (.40) (.41)

INCOME JO04%% 05%* -.01 -.01
(.02) (.02) (.0) (.0V)

1f EDUCATION, 0-S yrs .98 .68 -.58 -.48
(.91) (.9L) (.91) (.94)

If EDUCATION, 10 or 11 yrs .13 .10 -.09 -.06
(.3D) (.31) (.57) (.58)

If EDUCATION, 13-18 yrs =2.17* -2.17* -1.17 -1.11
(1.26) (1.26) (.83) (.83)

If not in U,S. at age 14 523 037 -015 000
(.29) (.29) (.65) (.66)

If Spanish interview, 1979 .25 «25 -.32 -.34
(.41) (.41) (.30) (.30)

I1f Mexican American, «25 .38 -.13 -.04
Chicano, or Mexican (.29) (.29) (+26) (.26)
If Puerto Rican -.06 -.02 -, 79%%*% -.68%*%
(.43) (.43) (.30) (.31)

If cther Hispanic - -_ - -_

If work-limiting HEALTH -.48 -.55 JTLR% JTT k%
(.67) (.67) (.28) (.28)

If MARRIED, 1979 J16%* J17kk% -.04 -.05
(.06) (.05) (.06) (.06)

If ever SUSPENDED .30 «35 -.013 .18
(.33) (.34) (.219) (.20)

(table continues)

283
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Table 2 (cont.)

Determinants of Rates of Job Findings, by Sex

Young Women Young Men
Model 1 Model 2 Model 1 Model 2
If ever STOPPED, BOOKED, .33 .46 ~-.24 -.02
or CONVICTED (.34) (.36) (.20) (.20)
If VOCATIONAL EDUCATION =.83%% -.59%% =1.27%% =1.13%%
received, 1979 (.45) (.46) (.60) (.60)
Local UNEMPLOYMENT RATE, -.007 -.03 ~.16%% -.16%%
1979 (.082) (.08) (.06) (.06)
.\ -098 -085 010 001
(.76) (.76) (.54) (.55)
Time dependence, Y -— +0013 2% -_ + 000924
- (.0004) _— (.0003)
Log likelihood x (=2) 30.312* 38.03%%x 39.90%**% 46 57 k%%
Number of spells 105 105 163 163

Note: Standard errors are in parentheses.
Longitudinal Survey of Youth.

*Statistically significant at the 10% level.
**Statistically significant at the 52 level.
**AStatistically significant at the 1% level.

230

Data base in 1979 National
See Table 1 for means of variables.
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Table 3

Determinants of Rates of Job Leaving, by Sex

Young Women Young Men
Model 1 Model 2 Model 1 Model 2
Constant 18.45% 15.59 -11.47% -13.6
(11.34) (11.80) (7.23) (7.35)
AGE -1.19a% -1.08% 22 .28
(.56) (.58) (.35) (.36)
INCOME -.03%* =.03%* -.0004 .005
(.02) (.02) (.0104) (.010)
1f EDUCATION, 0-9 yrs -9 -.80 1.02 1.07
(.97) (1.00) (.86) (.87)
If EDUCATION, 10 or 11 yrs .50 .41 N 7A .77
(.33) (.34) (.55) (+54)
If EDUCATION, 13-18 yrs 2.11 1.99 -1.34 -1.29
(1.34) (1.37) (1.10) (1.10)
1f not.in U.S. at age 14 .02 003 "049 ‘040
(.28) (.2%9) ’ (.60) (.60)
If Spanish inierview, 1979 =26 -425 -.03 .08
(.39) (.40) (.29) (.30)
If Mexican American, -.17 -.17 -.08 .015
Chicano, or Mexican (.33) (.32) (.25) (.25)
If Puerto Rican .21 «20 .11 .19
(.45) (.b4) (.32) (.32)
I1f other Hispaniec - - - : -
If work-limiting HEALTH -.66 -.72 42 34
(.78) (.77) (.29) (.29)
If MARRIED, 1979 -.04 -.02 ' J12%% .14
(.06) (.06) (.05) (.06)
If ever SUSPENDED .09 .07 .16 26
(.30 (.31) (.21) (.21)

(table continues)

e91
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Table 3 (cont.)

Determinants of Rates of Job Findings, by Sex

Young Women Young Men
Model 1 Model 2 Model 1 Model 2
If ever STOPPED, BOOKED, «B4RR (R4A% -.20 -.26
or CONVICTED (.35) (.35) (.18) (.21)
If VOCATIONAL EDUCATION -.15 -,21 -.982% =1,13%%
received, 1979 (.39) (.39) (.73) (.60)
Local UNEMPLOYMENT RATE, -.06 -.06 12% =.16%%
1979 (.09) (.09) (.07) (.06)
A . 1056* 1.36 -035 0009
(.81) (.85) (.50) (.55)
Time dependence, Y - J0014%%% -— «0020%%1
-— (.0005) -— (.0004)
Log likelihood x (~2) 32.51%% 41 .67 A% % 39,43%%% 69 3582
Number of sgpells 99 99 153 153

Note: Standard errors are in parentheses. Data base in 1979 National
Longitudinal Survey of Youth. See Table 1 for means of variables.

#Statistically significant at the 10Z level.
*xStatistically significant at the 52 level.
*rAStatistically significant at the 12 level.

N
w
P AN
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over rates. Older female youth found jobs more quickly and left jobs

more slowly than younger persons.8

Family income also has a positive and statistical esifect on the rate

of job finding of Hispanic ycung women and a negative and statistical
effect on their rate of job leaving. To the extent such women consider
nonmarket actiQities 1ike child care or home production as ﬁormal goods,
such a result is somewhat unexpected. That is, a young woman whose
family -has a relatively greater income may have less need to work in the
market and can "afford” to do other things. Yet these young women were
selected for inclusion in the sample only if they were not attending
achool. As uoted in Table A.l, selected women had lower average income
than school attenders. Also, the sample mean family income for women was
only about $10,000 in 1977, a figure which is well below the U.S. average
for white or black families (and 11% below that for other Hispanic
families). Thus the positive association of family income and Job
finding rate should be interpreted cautiously because of sample selection
criteria and possible nonlinear income effects.

Education and training, two important employment policy alternatives

of the federal government, are measured here for effects on labor turn-—
over. Education is measured with a set of dummy variables: the
reference group has 12 years of education. The only significant relative
educational difference is for women. Those with over 12 years of school
find jobs more slowly and leave jobs faster than women with 12 years of
schooling. Just why this result emerges is not altogether clear, but it
{s consistent with women with some higher education being relatively more

willing to job-shop. Further research is needed on this point, however.

293
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As for training effects on job turnover, work experience prior to
Jaunary 1, 1978, was tried in earlier versions of the model but was
omitted here due to some measurement problems. Work experience or age
have beer used by economists as proxy measures for on-the~job trzining:
here we uge age.' Training is also measured by a dummy variable equal to
1 if the youth was in a post-school vocational or technical training
program. Such training negatively and significantly reduces the rate of
job finding for both young men and young women relative to other persons
who did not receive this training. This result may be due to such per-
sons being more selective, such persons being less desirable from the
employer's viewpoint, or some combination of supply and demand con-
siderations. More research is needed te disentangle these effects.9

Unemployment rate at the local level was measured as the 1978 county

unemployment rate, a term which 1s a proxy for the coverall "tightness” of
the 1ob market. The intention is that this term will reflect differences
in labor demand level or differences in job offer flow between locations,
but obviously, to the extent that supply-related factors also add to
unemployment rates, the measure 1s not exact. Results here are statisti-
cally significant only for Hispanic men: the job finding rate is slowed
if the unemployment rate is greater. Having found a job, however, means
that the rate of leaving the jbb is positively associated with
unemployment in Model 1 and negatively in Model 2. The latter effect is
probably due to‘an interactionbbetween unemplo}ment rate level and the
time-varying parameter which chenges over duration in a state. The
possible interaction, whici: 18 not modeled in this paper, means that the

negative sign on unemployment should not be interpreted alone and that

2945
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greater unemployment rates may still lead to faster rates of job leaving,

e.g., more layoffs than quits.

English proficiency and sociocultural adjustments of a recent

immigrant are also likely to affect individual job search behavior and
potential employment tenure. We assume that persons who answered the
1977 NORC interview in Spanish and were living ouiside the United States
at age 14 had such problems. Resultsc obtained here were not statisti-
cally significant for either factor. Perhaps NORC needs to develop a
betcer measure of the extent to which English proficiency is a problem.
Several minor results, especially those which were relatively large
and statistically significant, should be listed. Marriage, defined here
to include living with a nonrelated adult of the opposite sex, is asso-
ciated with a faster rate of Job finding for women. Another result is

that a work—limitig;ﬁhealth problem is associated with an increased Jjob

finding rate for men. As for pzoblems with police, it appears that
having been stopped, booked, or comnvicted has a large and significant
effect on female rates of job leaving. Specifically, young women who had
an adverse police encounter left jobs 1302 faster than other women.
Whether such women are the first to be asked to leave by employers or
whether they quit wmore readily cannot be determined here. We can only

note that a police encounter will increase female chances of being jobless.

Processed Results

One of the advantages to estimating transition rates 1s that cie may
use the rate estimates to predict various outcome measures. In this sec~

tion, we present the expected duration of work, the expected duration of
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nonwork, and the long-run (or steady state) probability of joblessness.lo

The predictions are calculated as follows:

The expected duration in state k = l/ekj. and
The steady state probability of being in state k = ejk .
Bk T B,

These outcomes measures are computed here by predicting case-specific
ij from the B weights in Tables 2 and 3 and case-specific X values. The
average duration of work was 56 weeks for women and 53 weeks for men.
Nonwork durations were 33 weeks for women and 22 weeks for men. These
nonwork duration differences by sex were the main reason for the steady
state joblessness rate differences, 402 for women vs. 32% for men. The hig}
rates of Joblessness do vary by economic and demographic factors.

Six different crlteria were ugsed to sort the data: ethnic group,
local unemployment rate, age, education, English proficiency, and family
income. Resulics shown in Table 4 by different groups thus represent not
only the differential B weights associated with the criterioen variable in
question, but also reflect case-specific values of the X terms.

Subgroup differences among the specific Hispanic subgroups listed in
Table 4 were in general not statistically significant at coaventional
levels in the transition-rate estimates. The Table 4 entry differences
for Hispanic subgroups are therefore somewhat tentative. Still, we can
note certain differences. Other Hispanic groups, including Cubans,
Spanish, and others, do relatively much better in terme of male
joblessness rates than Mexican groups or Puerto Ricans. In turn, Mexican

groups stay longer at jobs and find Jobs faster than Puerto Ricans.




Table &

Processed Results from Transition Rate Estimates, by Sex and Hispanic Group

Young Women Young Mew
Expected Expected Steady~ Expected Expected Steady-
Work Nonwork State Work Nonwork State
Duration Duratlon Nonwork Duration Duration Nonwork

N (Weeks)  (Weeks)  Probability N (Veeks)  (Wueks)  Probability

Bthnie GrouE

All 281 56,03 33.41 W40 426 52.81 U9 J2
(38.42)  (23.84) - (.20) (34.73)  (11.97) (,14)

Mexlcan American, 195 54,60 n.1 39 286 52,94 0.2 J2
Chicano, or Mexican (37.89)  (24.30) (,21) (35.70)  (12.36) (,14)
Puerto Rican 29 4.5 35.53 39 5  38.03 27.98 M3
(36.81)  (21.76) (.18) (16.05)  ( 8.37) (,11)

Other Hispanic 51 65.22 36.80 .39 85 196 17,36 23
' (39.99)  (23.19) (,20) (37,30)  (10.71) (,09)

Local Unemployment Rate

If 0 to 5.9% 184 58.87 32,72 W40 261 49.12 17.79 29

(42,23)  (18.81) (,20) (33.97)  ( 9.66) (412)
1f 62 or more 97 50.64 34,72 W40 165 58.66 28.63 J6
(29.32)  (31.30) (,20) (35.21)  (12.30) (,15)

Age
If {18 years 12 16.83 35,94 67 22 36.47 9.0 W45
(4,74)  (13.89) (,05) (11.49) (8.20) (,12)
If 19+ years 29 51,78 33.30 J9 404 53,71 1.5 Il
(38.33)  (24.20) (,20) (35.37)  (12.01) (,14)

(table continues)
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Table 4 (cont.)

Processed Results from Transition Rate Estimates, by Sex and Hispanic Group

Young Women Young Men
Expected Expected  Steady- Expected Expected  Steady-
Work Nonwork State Work  Nonwork State
Duration Duration Nonwork Duration Duration Nonwork
N (Weeks)  (Weeks)  Probability N (Weeks)  (Weeks)  Probability
Education
1f 0-9 years 11 32.18 36.12 W52 204+ 47,05 25,93 38
(10.07)  (16.31) (,17) (23.92) (8,99) (,13)
1f 10 or 11 years 65  47.24 31.58 A2 136 49.33 16.21 29
(27.37)  (19.56) (.19) (41.41) (8.92) {,13)
If 12+ years 105  86.69 31.69 21 16 15,28 .22 2l
(42.46)  (31.62) (.16) ~(38.78)  (18.28) (,09)
English Problem
17 Spanish interview 2 51.29 1.1 40 58 68,94 2889 Jl
(39.44)  (24.34) (,20) (38.15)  (15.97) (,09)
If no Spanish Interview 257  42.57 35.91 46 368 50,27 20,90 J2
(21.16)  (17.73) (,18) (33.54)  (10.85) (.15)
Fanily Income
If income < $10,000 157 42.58 41,48 A9 304 48.57 21,38 J2
(20.89)  (26.58) (,17) (31.13)  (10.67) (,13)
1f income > $10,000 126 73.06 23.19 29 122 63.39 23.50 J0
(42,79)  (l14.46) (,18) (40.70)  (14.66) (,16)
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Local unemployment rate was measured here as a continuous variable in
the analysis but split into a dummy variable to develop the Table 4
entries. A greater unemployment rate 1s associated with a much greater
long-run joblessness rzte for wmen, 362 vs. 292, a result which is pri-
marily due to an increased length of an expected nonwork spell. No
direct effect éf a local unemployment rate change was found on the
Jjoblessness rate of women. Still, the component parts, work and nonwork
durations, did change.

Age of the ycuth is a proxy for a number of employment-related fac-
tors. Some employers may prefer older youth or be prevented by state
laws or insurance.clauses from hiring youth aged 16 or 17 years. Also,
older youths may simply be more willing to stay longer at a job, espe-
cially if they have car payments, family obligationq, and other financial
nei:ds. Age was a highly significant determinant of rates of entering and
leaving jobs. Results in Table 4 show these effects dramatically. A
three-year age difference (three years i3 the difference in the average
age in the above 18 year group, 20 years, and the below 18 year old
group, 17 years) is associated with a threefold increase in the expected
duration of a work spell for women and a similar but less sharp change
for men. For women, the expected duration of work increases from 17
weeks to 54 weeks between ages 17 and 20 years. The length of time not
working also appears to fall in this period. As.a result of toth fac-
tors