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Work and Welfare Patterns in LOW-Income Families

?'

I

Summary and Conclusions

I. Objectives
(

The objectives of this Study originally were two: first, to describe

the pattepls of work and welfare experience in low-income families'and to explain

the causes of such patterns; secondly, to apply the findings on work and welfare

patterns to the policy problem of categorization: deciding which particular groups of

welfare recipients should be required to work and provided with what mix of manpower

services...

Conventionally, persons in the low- income population arsexamined at a point in

time and then characterized as being "on welfare," br "employed," or "employed while

on welfitre" _Thinking in terms of these categories, the public and its official rep;-

resentstives seek then to move people from the welfare category to either the employed

oA, the employed while. on welfare 'Categories. _this study was directed primarily

towards discovering the usual patterns of movements between these categories, thereby

determining the value of the conventional categories and, by inference, of ,program
r

objectives framed in these common terms. Thus, the study sought to answer questions

such as whether, if examined at a second point in time, those initially on welfare

still would be there; and whether th0se.initially employed still would donstitute
.

the bulk of the employed or whether the employed would consist of a new set of people.

If there usually is a substantial flow among the categories, then programs which

,affect this-flow must be judged not on the basis of whether or not their participants
.

change status, but rather whether the program inducesfeffe desired change sooner than

it would otherwiSe happen. Similarly, program success depends on whether undesired
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changes are either prevented or delayed.

In analyzing the causes of work and welfare patterns over time, the-intention

of the study was to isolate the extent to which the welfare-systself,Hse-'

opposed.to personal or labor market factors, caused job instability. We hoped to

apply these findings to the problems of categorization. Fundamentally, the results

were not used to yield a set of categories because it was learned that associated

with a small set of identifiable demographic characteristics was a wide range of labor

market experiences. Thus, those who can and cannot work or those who need a particular

package and quantity of manpower services are not easily distinguished on the basis

of characteristics that could be specified in laws or regulations. Well-specified

categories or groups equiring services are difficult to generate. Another component

of a categorical pr gram .often is a work test. It can be studied separately. The

second phase of t is project is designed to analyze the effectiveness of work regis-

tration requir in overcominevoluntary or induced instability.

II. Data es

The for the study comes from two sources: (1) the Graduated Work

Incentive ent, sometimes referred to as the Negative Income Tax (NIT) Experiment

and (2) th Panel Study on Income Dynamics. The NIT experiment was conducted in the

period 19.8 -1971 in four cities in New Jersey and Pennsylvania and was managed

generall1 by the Institute for Research on Poverty of the university of Wisconsin.

The data from this experiment are derived from a set of thirteen quarterly interviews,

admin stered over a 36-month period, one at the outset of the experiment and then.

at in ervals of three months during the actual experiment. Originally, 1357 families,

./ c

whose incomes were below 150 percent of their respective poverty lines, were selected.,
. /

Soot of these received any one of a variety,of experimental treatments under a negative_

n ame tax, while the rest were assigned to a "control group,. Most of our work is



iii

done with only 894 (of the 1357) families, chosen because dontinuous information on

their welfare and experimental experience was available to us. These data are

ref-erred-to in--this-stud-y-as-the-'1Wisconsin data

Tbs. Panel crild_y_gn-Income-D-yuamics.=co-vered--the- period 1967 -1971 _for A narinpally

volt
representative sample heavily weighted, though, with low-income families. A survey

was conducted by the Institute for Social Research at the University of Michigan.

of 5000 families, each interviewed annually for five years. Our study is based

mr_a_a_taLubsample of 1635 families referred to As,the "Michigan data." The families

selected for the subsample had income in the bgttom fifth of the income distribution

in any of the five years. Further, the subsample was restricted to families which

were essentially intact (except for the possible departure of any member) and whose

head was not over, 60 in the first year "pf the study.
oft

Neither the Wisconsin nor Michigan data contain continuous work and welfare histories.

Thus, we could not trace the week -t0 -week or even month-to-month experiences of families

in the samples. In the Wisconsin sample, respondents provided information about the

nature of their labor force activity and earnings only for the last week of each of

4 the twelve quarters; about their presence on a dash welfare or the NIT exrTerimentai

program at any point during a quarter; and about the size of their welfare and NIT

payments for the quarter. In the Michigan sample, respondents provided information

on their labor fOrce activity and earnings for the previous year, as well,as on the

.total amount of welfare payments received by the family d uring,the year. The major

limitations of these two data sets in studying work and welfare patterns is that they

do not record changes in labor force and welfare status viihin a quarter (or year)
Pi

and the reasons for such changes. In offering periodic information, however pn

earnings and welfare payments, the data sets do present a unique opportunity

, to deduce a general picture of patterns in employment and welfare status and their
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ctes. In sum, the data do not allow statements about the duration in weeks or

months of welfare or unemployment spells. But they do permit an analyst to capture
'

tant7lialitcts of fluctuations over time in work and welfare experience.

III. Findings

A. Work Patterns

The work patterns of males and females in both the Wisconsin and Michigan

.data sets were investigated separately.

Among male head of families in the low income population, there is a variety of .

work patterns and Rubstantial evidence of fluctuations, in employment status and earnings

over time. At any point.in time during the NIT experiment, the Wisconsin data indicate

that roughly 86 percent of the male heads were employed. During the three year experi-

ment, however,, roughly 96 percent of the males who basically remained with their

families worked at one time or another. Similarly, in the Michigan data, we found

that over time almost all male heads worked at one point or another. Over a five

year period, 96.percent of the male heads worked at some time. Thus there is not a

fixed group of employed working poor. Rather there is a flow of males through employ-

ment, with the group as a whole evidencing a high degree of labor force attachment.

Besides the small proportion of regularly non-employed males (who typically suffer
. ,

from some disabling condition), other groups of workers in the Wisconsin,sample can be

identified by their work patterns. One interesting group, roughly one-fifth of the
4

total, averages more than 41 hours per week during the entire experimental period.

A majority of these men las substantial fluctuations in earningS, but the fluctuations

do not result from unemployment. They result mainly from fluctuations in overtime

hours or from moving in and out of moonlighting jobs., These very hard workers tend

to be young, healthy, more educated, but nevertheless poor or near poor.' Another

group containing over 30 percent of the total consists of men who work steadily at

the'full-time level. Thus about half the Wisconsin sample consists of menwho worked

6



at least full-time during the entire experiment. In fte&chigan data, we also find

a sizable group of stable workers: nearly two-thirds of the male heads averaged 1800

hours or more per ear over the five years.

Now consider the Temaining half of the Wisconsin sample which is characterized

by some degree of emPiOyent instability. One grioup, about 30 percent of the total,

shows great instability. When working, these people work full-time and earn wages
-4

similar on the average to those of other groups.--However, they often are unemployed

and change jobs frequently. The remainder experience one or two briefspells of

unemployment, but work most of the time.

Although the study concentrated on males, substantial attention was devoted to

the work effort of females. In the Wisconsin data, roughly only 15 percent of the

female spouses were employed at any point in time. interestingly, in the Michigan

data 77 percent of the female heads of families worked at some time during the five

years. And over one -third of the latter group averaged 1800 hours or more of work

per year over the five years.

B. Effects of Welfare. on Work_

Work effort is affected by welfare policies. Both implicit tax (or benefit-

--lose) rates associated with earnings as well as welfare benefit levels have small

but statistically significant effects on the quantit work effort. Welfare programs

of thd sort studied generally do not discourage- ork altogether but may discourage

,. .

it temporarily. :The effect shows up in either Increased fluctuations in work effort
,. .

or longer spells of unemployment. When the men work, it is largely at full-time work,

plus possibly, some overtime. Also, work response-to changes in welfare programs

. *.

differs by race -r- with Whites being more negatively affected than blacks -- as well

as according to the program already in place.

4
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Suppose, for example, that the welfare guarantee isincreased by $1,066 from

an initial level of $2,400, which is close to the current national average guarantee

available to a male-headed family of four, including AFDC-UF or General Assistance

and Food Stamps. Using the Michigan data, for white mra1us ve predict-a reduction

.1

in annual earnings that ranges from $210 per year at a benefit-loss rate of 25 percent

to $525 at a benefit-loss rate of 70 percent. At a wage rate of $3.80 an hour, these

amount to reductions in annual hours of work of 55 and 138 respectively. For-Blacks

and persOns of other races, the similar reductions are $129 and $323. The corresponding

reductions in annual hours of work at a $3.80 hourly wage are 34 and 38.

Now suppose that the welfare program benefit-loss rate is increased by 10 percentage

points from an initial level of 40 percent. At a guarantee of $2400 for white males,

the predicted decline in eafnings is $126, or 33 hours. Again, the induced decline

in earnings is lower for males who are black or of other races, amounting to $78 or

)!4 21 hours.

C. Welfare Dependency

The extent of welfare dependency is affected by the labor market experience

ndiliiduals. But it also depends greatly on the characteristics of the welfare

program they face. Dependency, measured by time spent on welfare or amount of payments

received over time, can be influenced markedly by simple changes in program character-

istics, even if work behavior is completely uninfluenced by the program changes.

This fact,can be illustrated b; the Wisconsin data where we found,not surprisingly,

that males who averaged high earnings during the experimental period received lower

welfare payments than did those with low earnings. But whereas the differences be-

tween the two groups were stiVstantial when considering regular welfare, they were rel-

atively minor when looking at NIT payments. Unlike the regular AFDC-UF program, 'the

NIT plans allowed families with working heads to receive payments and earnings

simultaneously. Thus, men with "unstable-low", earnings who faced one of the NI
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treatments received NIT payments averaging $255 per quarter compared to $231 for those

with "stable- high" earnings, a difference of only $24 per quarter,__In_contrast,

the difference is much greater for recipients of AFDC-UF, where me with "unstable-low"

earnings received an average of $172 in AFDC-UF payments per quarter comiared to

ft . .

$5-for those with "stable-higit earnings.
1- -

Policy Implications dar

A. A major objective of welfare programs is to'move people from "welfare

to work." It is necessary in this connection to distinguish a short-term success

,getting a.welfare recipient to work -- from a long-term success -- getting'S recipient

to work in a situation' where the probability,is very low that he will leave work and

return to the welfare rolls. Overwhelmingly, males in the low-income and near low-

income populations typically move from welfare to work on their own. Over a stretch

of time, most female heads of families in these income,groups appear to do likewise.

But of equal significance is thb fact that there is much movement in the other

direction, from work to welfare. While there is much movement between work and welfare,

there is little and slow movement out of the low-income ranges for most families

finding themselves there. A program, therefore, which'seeks to move people from

welfare to work may be successful on a short term basis but unsuccessful on a long

term basis. In evaluating short-term results, a program, may overlook the possibility

that its long run effects may be quite different.

- These arguMents suggest possible refinements in the measurement of program success.

Thus, a welfare recipient returning to work is only a partial measure of program success.

Tile critical element is how rapidly the change is made. Moreover, there is an additional.

iMen:sion of success -- how long will it last. The program will be more successful,

bmiOUSly, the more it stabilizes the employment of low-income personi (who eventually

4ght again become dependent on welfare).
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B. If movement in and out of employment and welfare dependency is common

among low-income persons and if reductions in wGrk effort induced by welfare programs

take the form of longer stretches of unemployment, government monitoring of work

effart_beconida very difficult. _In this context, administrators of a work regietrat on

requirement become responsible for reducing the duration of stretches of unemployment,

a tasI difficult both to perform and to measure. A short-term program success would

be a reduction by a work requirement in the stretch of unemployment in comparison to

what would have,taken place/in the absence of the work requirement. Moreover,

short-term success could conflict with the prospect of long-term success to the extent,

that welfare recipients are forced to foresake search for more attractive and stable jobs.

C. Moderate liberalization of welfare programs does not run the risk of

eliminating work effort among the poor in general. Work and welfare will continue to

go together, both serially and simultaneously. But liberalization may induce more

cutbacks in work among some workers, as returns to work are delayed, overtime and

moonlighting reduced, and voluntary job separations increased.

D. teralization of welfare programs will extend welfare dependency -- simply

7
as a matter oi arithmetic. Raising benfit levels, for example, extends coverage and

makes it more difficult for people to become totally ineligible. If work effort is

affected negatively by liberalization, then dependency will increase for a second reason.

E, Attempts at categorizing people on the basis of a small set of identifi-
r

able work-related characteristics for the purpose of providing them with different

welfare or manpower program "treatments" wills be frustrated by the fact that labor

market problems are not clearly linked with particular demographic characteristics.

4

People with the,same,characteristics have widely varying labor market experiences.

Thus, we are unable to develop a set of simple rules that eliminates the need

for case-by-case discretion.
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CHAPTER I

"Welfare Turnover: A Review of the literature
,

Welfare program administrators often are committed to moving recipients from

we are to work" and thus, presumably, off of-welfare. -In order to evaluate their

success in achieving this objective, three issues heed to be considered.

1) It is necessary to distinguish short-term from long-term success.
A person may move from welfare to work only to return again at
some future ,time. It is thus desirable to investigate the extent
and circumstances of recidivism among welfare recipients.

2)' There are a number of ways of viewing and measuring short-term
success. One could simply count transitions from welfare to work,
a procedure useful primarily in distinguishing permanent from
transitory recipients. Since so many recipients are transitory,
further information' about these can be gained by considering the
timingof transitions, for example, by measuring the average /

length of a spell on welfare and the frequency of such spells.
Further refinement is possible if one recognizes that a recip-
ientalay obtain a job and nevertheless remain on welfare (at'
leaSt under some forms of welfare,programs). Although welfare
payments are,still-rePeived, they are reduced dowdward. A
reduttion in a welfare payment .thus may be at least a partial
success even if, the person does not leave welfare altogether.
Stich considerations become more-relevant as the welfare-sy11076..
is liberaliFed, but they` require measurement of changes in
welfare piyments as well as transitions in welfare status.

3) The causes of observed welfare patterns need to be considered.
Obviously, the work Patterns of welfare recipients affect'their
welfare patterns. The next chapter reviews the literature on
work. effort. In addition, however,. the structure of the welfare
program may have a signifipant effect on a family's welfare
pattern. By'raising benefit levels, for example, a welfare
program makes it more diffitult -= in a purely mechanical sense
for recipients to reduce their welfare benefits tdzerdfand
thus ,leave welfare.

Most of thel,above issues have been studied previously to some extent.

This'chapter will review previous findings and indicate the principal short=

comings in past work. t

1 1
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Introducing their study of turnover in the California AFDC program, Boskin

and Npid,assert that "among the Many badly mistaken popularly held views about

-welfare, especially AFDC, is the_Vie0_that the _population_ of recipients- is _more__

or less permanently entrencheeh\ a welfare dependency status."
1

Similarly, in

evaluating their findings from a'study of turnover in the New York City welfare.

programs, Rydell, et al, claim that "1*v tapping new sources of data on welfare case

histories, [they] replace the popular notion of a 'permanent', static welfare

population with a comprehension of its true dynamic, changing nature."2 That there

is not a permanently dependent welfare population, especially in the categorical

programs offering assistance to families with children, isthe unanimous conclusion

of prior studies of welfare dynamics. This conclusion, although it reflects an

accurate description of the available data, provides an incomplete view of welfare

turnover. What has been ignored or given in icient weight in the interpretations

of existing studies is the impact of the cha ac eristics of welfare gr grams them-

selves on turnover. Benefit levels, benefit-loss)(or tax) rates, InComelaccoOnting

systems, work registration requirements, and the myriad of other welfare rules

and their administration all affect turnover -- even if they have no iilpact, on

recipient behavior -- by determining the conditions of their eligibility.

High welfare turnover, an undeniable phenomenon under AFDC, in part reflects

substantial short-run fluctuations in the non-welfare incomes of low incate:houae-

,

holds. It masks, however, the relatively small degree of upward movement in

the annual incomes of such units: progress out of poverty siMply is not extensive

and dramatic. High welfare turnover presently results from short-period fluctu-

ations in income interacting with a welfare system that was designed to be responsive

to such changes. Although both by design and administrative default the system

of late has beCome somewhat less responsive to income fluctuations, the high

12
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turnover that remains is substantially an artifact of a particular set of welfare

system rules and their often arbitrary administration. It requires no great imag-

ination fo develop different welfare turnover patterns, given the same set of non-

welfare income patterns, with minor alterations in the characteristics of the welfare

system. A convenient example is that the migration of an AFDC household from one

jurisdiction to another results in a case closing and, most probably, a case oPening., "

Complete federaliiation of AFDC, therefore, would reduce turnover that results

fromseographieal migration.
3

In general, were AFDC to become responsive largely

to long run changes in family income, the turnover emphasized -in_existing studies

would,be attenuated dramatically.
e

Besides measuring.the extent of turnover, previous studies relate turnover

_ .

rates to the personal characteristics of recipients, mainly to those reflecting

their capacity to earn income. The findings generally. are consistent among studies

,,anctnot surprising: the duration of a ,spell on welfare is shorter the younger and

more educated the family head, the smaller the size. of his family, and the higher'

his potential wage. These studies are reviewed in this chapter. Prior to reviewing

the studies on turnover rates and their relationship to the characteristics of welfare

421).

families, we illustrate how ,changes in a welfare program can affect welfare turnover..

A. Welfare Turnover Under Alternative Program Characteristics

N The limited literature on welfare dynamics focuses on the links between

welfare turnover and personal characteristics, giving some attention also to the

effects of the economic environment. With a notable exception, it inadequately

so

emphasizes the links between welfare program characteristics and turnover. As a

preface to our literature review, we offer some illustration of the obvious point

that, given a particular pattern in which income accrues to a hotsehold, its welfare

experience will vary with welfare.program paraMeters.

Table contains the income pattern of a hypothetical household. The head

experiences two stretches of unemployment, each preceded by a period in which the
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TABLE- I-1.

Welfare Benefits and Welfare Turnover Under
Alternative program Characteristics

Monthly
Moth Income

gm = 300,

t = .50,
Monthly 'a

Accounting

gm= 400,

t = .5.0,

Monthly
Accounting

gm= .300,
t = .75,

Monthly
Accounting

gm= 300,
t = .50,
Monthly
Accounting'

1 550 25 125 0 25

2 600 0 100 0 ' -,) 0

3 1400 0 0 0.
:79

4 0 300' 400 300 0

5 0 300 400 300 200

6 600 0 100 '4 0 t
..,.

0

4,

7 550' 25 125
.

, 0 25 ak
tiTtarr'°

8 600 0 100 0 tt

9 550 25 125 / 25

10 1400 0 0 0 0 , 0.

4

11. 0 '300 400 300 0

12 0 300 400 300 200;

, -

Total 1275 2275 1200 475
Annual
Payments

Number of 7 10 '' 40 5

Months on
Welfare

Average 182 228 300 95

Monthly
Payment
While on
Welfare

Number of 5 3 2 5

Spells on
Welfare -,,

I

Averate 3.,3

Lengt of
Welfare
Spell

14



5

FOOTNOTES

TABLE 1-1

a. The formula for determining monthly benefits, b,

.b = gm - tyo

g
m

= the monthly guarantee,

t, = the tax rate on income,

y
c
= current monthly income..'

where
'OW

b. The benefit formula is:

b= gm - t (yo + yo)

where the notation is the same as in fbotnote a above, except

thit yo = income from the carryover accbdht up to an amount equal

g
to the monthly bieakeven level; , minus y

c
.

15
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Spouse works for Ame.month. Columns 1 through 4 reveal its pattern of welfare

experience under alternative negative income tax programs. The programs are

characterized in the example only by a guarantee, gm, a monthly benefit available

if income in that month is zero; a tax rate, t, on all income, whiCh reduces

benefits as income rises; and an income accounting system, which determines both

the frequency with which benefits are adjusted to income and the length of time

over which incomeis "remembered" when benefits are computed.

A8 the monthly guarantee is raised from $300 to $400,.comparing columns 1 and

2, not only would the household's monthly and annual payments rise, but its number

Of months "on welfare," that is, months when it received a positive payment of any

amount, would increase from seven to ten months. It being harder to get off of

welfare, its discrete spells on welfare decrease from five to three. The average

duration of its spells on welfare would more than double, going from 1.4 to 3.3 months.

These changes in the measures of its welfare experience over time assume no impact

ofthe welfare system on the pattern in which income-accrues.

A comparison of columns 1 and 3 demonstrates how changes in the benefit-loss

or tax rate affect wlefare experience, when all other program characteristics and

the income pattern are held constant.

Column 4 is added to indicate the impact Of a change in the income accounting

system, and also may be compared with column 1. In column 1, only income received

in a particular month determines benefits in that month.. An alternative is to

reduce benefits not only on the basis of current income, but also on the basis of

'income in excess of the monthly breakeven level in past months. Thus, in th% third

month, the family has $800 in,excess of the.$600 breakeven level (the income level

at which benefits are zero when the guarantee is $300- and the tax rate 50%). The

11excessIf of $800 in the third month is ignored in calculating benefits in the future

months under the monthly accounting system (in column 1). However, in an accounting

system where income is "remembered" in future periods, the $860 excess will be added

on to actual income for a number of months in calculating benefits. The memory

16

it,



.

system in column 4 assumes that the $800 excess is used up in amounts equal to the

difference between the monthly breakeven level and current monthly income. Thus,

$600 of the $800 is applied in the fourth month and the remaining $200 is applied

_in the fifth month. Stretching out the period over which non-welfare income is

remembered results in fewer months on welfare. In this case, the number of spells

remains the same,, but the average duration of a spell declines from 1.4 to
1

1 month.
4

Program characteristics, like the ones illustrated, change perioditally in

AFDC. ,Benefit levels vary as state legislatures choose. The tax rate on earned

income dropped in July 1969' when the 1967 Amendments to the Social Security Act

took effect. Those provided for the "exemption" in computing benefits of the first

$30 and one-third of additional monthly eainings. The AFDC accounting system changes

implicitly. For exampl , household incomes are investigated with varying frequency

in response to varying political pressures to eliminate overpayments to recipients.

Examples of how administrative procedures influence welfare turnover are offered

in the,concluding sec ion. Welfare patterns observed under a Parttotai-configuration'

of program parameter therefore, must be interpreted with caution.
5

=,4.

B. The Welfare Experience of AFDC and AFDC -UF Families

How long do families remain on welfare once they are there? With what frequency

do their cases close? Once closed, with what frequency do their cases re-open?

Four studies.containing descriptive dat4'on welfare dynamics attempt to answer these
.

questions.
6

We their basic findings and comm &nt on their techniques. A-
u

summary of their characteristics and findings appears in TableI-2.

Boskin and Nold used longitudinal data on 440ifemale=headed families in

the California AFDC program. The families all went on AFDC in 1965, not necessarily

for the first time, and then were observed fore_ §ixty month period. Far each 17

month during the period, Hoskin, knew whether or not the families were receiving, some

AFDC payment. Overall' Boskin observed high turnover in this population. The mean

spell on welfare was a strc:4:11 of roughly 26 months; while the median length of any

one welfare spell was less than 14 months.
7 Roughly three-fourths of the 440 families
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TABLE I-2

Summary of Available Information on Welfare Turnover

A. Type of Data

Boskin-Nolda Rydell

STUDY

Saksc Ketrond
b

Longitudinal tudinal

Matched
Cross- Cross- Cross-
sectional sectional sectional

B. Welfare Juris-
dictions
Represented-

California City of. New York City of
New York

All States

C. Time Period
Covered

1965-1970 1967-1972 December
1967

May 1969
and 1971

D. Duration of
9ne,Welfare
Spdll

AvnrrMean
---LMedian

Mean
AFDC-UF[

Median

26

14

--
a

-- .

20

.

6

34.9
34

38.3
12

41.2
--

27.2
--

MD WI,

38

7-
54

E. Average
Monthly Per-
centage
Leaving
Welfare

AFDC

AFDC-UF

3.9

- _

4.5

10.6 --

2.4

3.7

1.7

1.2

F.

r.

Percentage
Distribution
'of Cases by
Number of
Spells

1
AFDC

AFDa-UF[24.

t..

73

27

- _

66

34

47

53

75

25

62

38

54

46

61

39

.

18
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TABLE 1-2

a. The Baskin and Nold statistics are obtained as follows:

D. The mean is the .inverse of the average monthly probability of leaving
welfare in their sample. As explained in footnote 7, this is a rough approx-

..' imation of the true Mean duration. The median provided in the author's
paper is for the total amount of time spent on welfare during the 60 month
study period. Since some families were on welfare'two or more times during
the period, the true median is less than 14 months.

E. This was provided by the authorsinCorrespondence, since such probabilities
were presented only for sample sub-groups in their paper.

F. Baskin and Nold, p./11.

b. The Ryden statistics are obtained as follows:

D. The authors advised us that a mean could be calculated from two sources,
A statistical report published. by the New York City Department of Social Services

, and a table in their report. From the statistical. report, we derived the average
'number of cases receiving both AFDC and AFDC-pF in each of the six years, 1967-

,:,1972. Multiplying these averages by twelve and summing over the six years,
:we obtained the total number of "case-months" in each caseload. Dividing the

/

. 'sums by Rydell's estimates of the total number of separate cases receiving
itiloc and AFDC-UF during the six years, we arrived at an estimate.of the mean

.4ength of a welfare spell., The mean for AFDC seems plausible, but not that
,.4i:OFDC-UF. (City of New York, Department of Social Services, Monthly New York
X ity Public Assistance Summary; 1960-1973; and Rydell, et al, Table 2.3, p.14.

.

_pit:medians from the longitudinal data are obtained from Rydell's Table 2.11,. using
#6 weights provided in Table 2.8. The medians for the crosssectional data are
VtaTable 2:14, using the weights in 2.12. Table 2.14 appears only in Rydell's
dt-pft report.-

E. ,.These are closing rates for cases closed within three months of their opening.
Table 1-3 contains thede rates for subsequent periods following their opening.

F.::lhe distribution for the longitudinal .data is from Rydell, Table 2.10.
The, Stribution for the cross - sectional data ls from Table 2.9.

c, ThS'Asestatistics are obtained as follows:

D. Ae: means are presented in Saks, p. 125.

E. .These are the reciprocals of the mean durations presented above. are

roughi.a0roximations of the true leaving rates, fqllowing t same erg=
offer6An'footnote 7.of the text.

.$ 19
cv
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FOOTNOTES

TABLE I72,

F. The numbers presented here are. for the State, not,the City, .Of New York,.
and for AFDC-UF and AFDC combined. {(The. ratio of AFDC to AFDC-UF in New York
City was about 12:1) Since the city caseload comprised 73 percent of the state
caseload at that tide, the numbers should be indicative of the distribution: or
the city. (U.S. Department of Health, Education, and Welfare, National Center
for Social Statistics; Findings of the 1967 AFDC Study, Part I, Table 120

d. The Ketron, Inc. statistics are obtained as follows:

D. Ketron, Inc. did not provide medians, or data which permitted their derivation.
Since they studied the national caseload, we derived these from the national,survey
of the AFDC population. (U.S. Department of Health, Education, and Welfare,.National
Center for Social Statistics, Findings of the .1969 AFDC Study, Part I, Table II.)
Unfortunately, the national survey data combines AFDC and AFDC OF cases, in the
ratio of 20:1. '

E. Ketron provides the probability that a case will close within one year
of its opening. Assuming,contrary to fact, that the case closing rate would be
constant throughout the year, we divided these annual closing rates by twelve.
Ketron, Inc:, p. 6 and p. 20).

)

F. Ketron, Inc. did not compute these percentages for AFDC units ih thdir
matched sample, which is but a part of the total survey sample.. We report these
for the entire, combined AFDC and AFDC-UF samples represented in the 1969 AFDC
Survey (U.S. Department of Health, Education, and Welfare, National Center for
Social Statistics, Findings of the 1969 AFDC Study, Part I, Table 11).

e. Daphed lines in the table mean that the authors did not provide any information
onithe matter, not even data from which we could,derive estimates.

2 0
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had but one spell on welfare, spending an average of nearly 40 percent of the five

years receiving AFDC. The other fourth had two or more welfare spells, and spent

an average of half the period on welfare. Only 75 of the 440 families spefit the

entire 60 months on welfare. Nearly.4 percent of the cases still on welfare left

the rolls every, month. Once off the rolls, the probability of welfare recidivism

was 4.9 percent per month.
8

Saks used cross-sectional data from the 1967 survey of the AFDC and AFDC-UF

caseloads conducted by DHEW.
9

He separated New York City cases from those receiving
7

welfare in the remainder of New York State. In thisurvey, caseworkers were asked

to report, among other items, on the length of time that an AFDC case had been open

since its most recent opening, ignoring lapses off welfare of three months or lesg.

Saks then computed the average length of time since the most recent opening for

- -
cases in his cross-section. He found it to be over 41 months for an AFDC family

in New York City. Although Saks does not measure the length of completed spells,

his figures do contrast sharply with the 26 months mean in California: ,For.an

AFDC-UF case in New York City, Saks calculated a mean duration of 27 months. Whereas

in California only one-foyrth of the AFDC eases were recidivists, in New York City --.

according to the Saks data -- nearly half were. Obviously, with the duration on

welfare being longer, the monthly probability of leaving was much lower in New York..

Besides the fact that Californiaand New York City welfare systems, local

economies, and caseload- composition may differ, there are peculiarities in the

data that could cause the differences in the findings of Hoskin and Nold and Saks.

The Saks data will yield longer durations for two reasons'. One is simply that the

caseworkers were instructed to ignore lapses in cases of three months or less in

recording the duration of a current spell. A second is more complicated, and

offered initially by Rydell. Consider a,span of three months, in ,each month of

which one case lasting one month and one lasting six months is added to AFDC.

At the end of the third month, four cases are on welfare, three of the six month

and one of the one month variety. The inference, is that if we follow Opening cohorts,

2 1
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as' Boskin and Nold did, we mey get a different picture of the average time on welfare

than if we look at a cross-section of cases. Long term cases are more dominant

cross- sectional than in longitudinal data on cohorts. In Rydell's data, for example,

over two- fifths of cases in a given opening AFDC cohort remain,on welfare for

more than three years; whereas over two-thirds of cases on AFDC at a particular point

-in time are on welfare for more ern three years.
10

There are two factors, however, that tend to reduce somewhat the average

duration in the Saks data: his cases have not completed their spell on AFDC; and, as

Saks notes, the growth of the New York City caseload in the mid-sixties would make

it especially likely that ,the caseload would contain a large number of relatively

new cases. On balance, one would expect the Saks' data necessarily to yield longer

durations than the Boskin data. Their results are not really comparable.

Like Saks, Ketron, Inc. used cross-sectional data from the DREW surveys of

the AFDC caseload. In this case, Ketron drew on the 1969 and 1971 surveys,, attempting

to determine how many families that were on welfare in 1969 were still on in 1971,

nineteen months later. Two adjustments had to be made in the 1971 data to allow

-,their comparison with the 1969 data. First, the data from the two samples were

matched, so that all cases in the 1971 survey that were not on welfare 19 month's

before were eliminated. Secondly, 1971 AFDC cases that were AFDC-UF cases in

1969, prior to a father's departure from his family, were treated as AFDC -UF cases

in 1=971. Clearly, this reduces the observed turnover in AFDC-UF; it also raises

calculated turnover in AFDC from what it would be in absence of, the adjustment

because fewer female heads are observed now in the 1971 cells. It is interesting

to note the reversal in length of durations between the Saks and Ketron studies.

Saks, of course, studied only New York City, whereas the Ketron study included the
L

national caseload. Nevertheless, Ketron finds that'AFDC-UF cases remainoon welfare

longer when their immediate transfer from AFDC-UF to AFDC is disregarded as a

case closing.

22
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By far the most extensive Study of welfare done to date is that done by

-.
. . .

.

Rydell at the New York City Rand Institute. Both, cross-sectional and longitudinal

--, .

'data,on particular cohorts were used. As noted above, she different data sources
. .

yield, different results,about welfare dynamics. As can:be seen in Table 1-2, the

a.'
cross-sectional data yield_1onger average durations than do ,the data on opening

cohorts; not surprisingly, then, the former also contain a larger proportion of

persons who are not welfare recidivists during the 72-month study period. The

average durations found by Rydell for New York are longer than those oi'Boskin

and Nopurfor California, when the two sets of longitudinal data ate compared.

In contrast to.Ketron's results for the nation, Rydell finds that AFDC-UF cases

ye shorter.welfare spells than AFDC cases. .Even after Rydell accounts for movement

of AFDC-UF cases to othercategories, AFDC-Utdurations are shorter than those for

AFDC cabes.
12

Some of the most interesting descriptive data in the Rydell study, repro-

duced here in Table 1-3, are on case closing and case reopenlbg rates. The top

bank of Table 1-3 indicates that case closing rates drop markedly with increasing

case 4te: the longer cases remain on welfare, the less likely they are to leave

welfare in any particular month ..° This finding, buttressed by the Ketron study'.

of the national caseload, is 'important, for the Boskin-Nold And Saks studies

assumed no change in case closing rates as cases aged.
13

Note also how case re-

opening rate fall faith the passage of time: if a closed case reopens, it is likely

to do so quickly. Rydell's data further indicate that, in all, roughly one-half

of closed AFDC cases and three-fifths of closed AFDC-UF cases reopened within the

5-1/2 year study period. .Similarly, under one-half of all opened AFDC cases and

three-fifths of all opened AFDC-UF cases are cases of welfare recidivism.
14

This substantial degree of quick recidivism may, be reflective of the fact that

.hat gets families off of welfare are short run, ri(Ot long run, increases In

family income.

I

O
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Addition of
Cases to
Welfare Rolls
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TABLE 1-3

Monthly Percentage Closing and Reopening Ratesa

A. Monthly Closing Rates-of Openings by Time Since Opening

3 months
6 monthd
1 year
1.5 - 3.0 years .

3.5 - 5:0 years

AFDC, 2
or more children

AFDC,
1 child' AFDC-UF

4.4 4.8 10.6
3.2 4.2 7.0
2.0 3.0 4.0
1.5 1A9 - 1.9
2.2 1.1 0.7

Time Since
Closing

= 3 months .

6 months
1 year

1.5 - 3.0 years
3.5 - 5.0 Years

B. Monthly Reopening Rate Into Former Type of Assistance

5.1 2.8 2.2

3.8 2.3 1.5

1.4 0.9 0.6
0.7 0.4 0.3

0.3 0.2 n.a.

Time Since
Closing

C. Monthly Reopening Rate Into Different Type of Assistance

3 months
6 months
1 year
1.5 7, 3.0 years

3.5 - 5.0 years

0.34 0.4 1.4
61.5 0.7 3.1
0.3 0.5 1.8
0.2 0.2 0.9
0.2 0.2 0.5

a. Source: C. Peter Rydell, Thelma Palmiero, Gerard Blois, and Dan Brown,
Welfare Caseload Dynamics in New York City, R-1441-NYC,
The NewsYork City Rand Institute, October 1974, pp. 28 and 35.
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In sum, high turnover does seem to characterize the AFDC and AFDC-UF programs.

The measurement of the turnover, however, with a given set of program parameters,

is affected markedly by the choice of longitudinal or cross-sectional data.

C. The Correlates of Welfare Turnover

To date, measures of welfare turnover have been related to measures of the

personal characteristics of recipients and of the local economy. The personal

characteristics Are presumably related to earnings and to othei4 factors directly

affecting welfare experience,. Increasing attention has been given to a third set

of variables, measures of welfare programs.. .Our point is not that the latter have

been totally ignored in. all studies; it ii,rather, that they have been given in-

sufficient attention in interpreting turndvefates and their determinants. In

particular, what has not been stressed is that high turnuverreflects in part,

at least, the parameters of the AFDC and Ant-UP programs, hot only-increases in the

incomes of recipient households. This fiction reviews findings on the correlates

of turnover and places them in perspective.

Baskin and Nold focus principally on labor market variables in explaining

bath case closings and case openings. They develop for each female head of family

in their sample an expected market wage and an expected duration of unemployment

once in the labor market, from a regression of these variableeon personal character-

istics using data in the 1967 Survey of Economic Opportunity. Added to these

measures of the opportunities afforded by the local economy are variables on

personal characteristics that may affect labor market progpects, such as race,

non-wage income, age, health, occupation, and presence of pre-school children.

The authors find the wage and unemployment variables, plus race and non-

wage income, significant in explaining case closings. Only the wage and race

variables are significant in explaining openings. In short, whites, those with

higher non-wage incomes, and those with bepter labor market opportunities all

have better prospects of leaving welfare. Once off welfare, non-whites and those

25
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whose expected wage is below the legal minimum are more'likely to return to welfare.

Other personal characteristics are not significant in explaining case closings or

openings. Since duration on welfare is inversely related to case closing rates, or

the probability of leaving welfare, the average durations for persons of different

characteristics can be inferred from the above. For example, women whose expected

wage is below the minimum will average roughly 75 percent more time av welfare per

spell than women whose,wage is above the minimum, their other charcteristics.held

constant.

On theoretical and statistical grounds, the Boskin and Nold p er are open to

question., Levy has noted that a-model of welfare turnover for fema -headed families

that relies too heavily on labor marketIactors is ill-founded in vie of.the small

proportion of such cases closed for reasons related to,employment. In the first quarter

of 1973, for eximple,jess than 7 percent -- probably, less than 5 percent -- of AFDC
FS,

eases in California cloied because of employment.
15

Yet Boskin and Nold ascribe

the increase in average durations on AFDC from roughly'22 to,37 months to the difference

in expected wages faced by AFDC mothers.16 In effect,'Boskin and Nold related welfare

experience to all the exogenous variables of theix system. Some of these exogenous /

variables,may affect welfare directly, hUt many of them-affect'it only through the

channel of earnings. It is tempting to wonder whether spelling out the intermediate

steps might have given a clearer picture of structural relationships. In any case,

while we accept the fact that welfare turnover, especially case openings in AFDC-UF,,

is reltd ,to employment factors, a more complete model mould consider non- labor

market factors as,well.
*

vagep--,

Using no pai1icular theoretical structure, the Ketron study estimates the

4

relationship between case closing rates and the race, age, education, and the number

of children of AFDC mothers. Additionally, the length of time a case has been open

is included as an independent variable. The probability of a case ciosing,falld

26
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(or the duration on welfare rises), if an AFDC mother is non-white; has a large number

of children and is older. It.also falls,dramatically with the "age" of the case.
17*

For example, a family headed by a whitiMother under 26 with one child has'a .35

chance of leaving AFDC in thenext twelve months, if her case has been open for less

than one year;,whereas the same type of family which already has-beek on AFDC for more-

than two years fapes but a .00 chance of leaving,within the next year.This-75 percent

decline in the probability of leaving AFDC as the case ages induces Levy to speculate

that the

. . .welfate system contains several "tracks: a
number of families come,on the rolls at a pirticular

time. For some, the,rolls are acting as a backstop
through a difficult period and they leave the rolls 4.

as soon as circumstances changen For others, welfare
becomes a long-term phenomenon.

This point stands in contrast to earlier emphasis_ simply on high turnover in AFDC.

Saks also recognizes that the decision to leave AFDC is explained by changes . -

in earnings in only a minority of iftstanCes. Migration and technical disqualifications,

for example, account for a sizable fraction of case closings. Still, though, indicators

of employability are statistically significant in explaining the duration of welfare

spells. Saks finds, for example, that the expected wage of both AFDC and AFDC-UF

family heads is negatively related to the duration of a welfare spell. Among&the
OW.

personal vart,bles,tsge and disability are positively correlated with duration.

Saks notes that the correlation between age and duration may indicate that older

persond may simply have ad more time to be'on welfare.

Lastly; Saks discu =ses two types of effects of welfare program variables:

they may infl ence recipie t behavior, and thereby affect eligibility; orthey may

affect mechantial y, the cond ions under which recipients are eligible, even if they

have no influence on behavior, Thus, Saks assertethat a fall in the tax rate wil1

have two different results:-it will induce more labor but it also raises the welfare

bpeakeven level so it will increase expected duration of cases.
19

He does not-

' distinguish the two types of effects in interpreting his statistical work.

27
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In disucssing the positive correlatiop that he finds between the guarantee level

apd expected duration, he refers only td behavioral effects: lower guarantees "push"

family heads, especially males, to search more assiduously for non-welfare income

alternatives.
20

We shail
4
return shortly to Saks' overall discussion of the relation-

-01p between welfare program characteristics and welfare participation.

Limited analysis of the data emanating from the Michigan Panel Study of Income

Dynamgcs has been done at_Michigan.
21

Dickinson combined all low income families

and then estimated the correlates of the probability of any low income family going

on any cash public assistance program during the five year study period; and the

correlates of the probability of a family leaving-Welfare after having been on.

The most important correlates of going on are the departure of a male head from

his family and the age of the children in a family. Families on welfare whose heads

change from male to female or remain female are much less likely than male-headed

families to leave welfare. Inte"restingly, in a study which considered family structure,

family composition, not labor market, variables were critical in getting orvand off.

Lastly, holding constant a large array of factors, families in the Northeast were

most likely to get on and least likely to leave welfare. What distinguishes the

Northeast from other regions must be their more generous and liberally administered

welfare programs.

Consistent with the results of other studies already reported, the Rydell

study finds that variables relatOd to the prospect of employment affected turnover.
o

Case closing rates in AFDC are gegatively correlated with the age of the mother and

the size of her family, as we 11 as positively correlated with indicators of her
I

employability. For example controlling for other factors, the probability that

a recently opened AFDC case, where the mother had one child, would close within its

first year on welfare was .030 in any given month; where the mother had two or more

children, that pidbability dropped by a third to .019. Similarly, the probability

4
ft

that a case headed by an "unemployable mother would close was roughly one-third leRs

28
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(4-

than the probability that the case of an employable mother would be terminated:
22

(Employability here resulted from 'Caseworker judgment.)

Another interesting outcome of this studyis the development of predictive

models for the number of case openings and the number of case closings in each

welfare category, including AFDC and, AFDC -UF. Monthly openings in an assistance

category are regiessed, in a log linear regression, against six variables: the

average number of monthly openings in the previous twelve months, the number of

caseworker workdays in a month, the welfare department's acceptance rate for new

applications, the deflated welfare guarantee, the local unemployment rate, and the

number of recent "general service" births, Monthly closings Elre regressed against

previous closings, caseworker workdays, the welfare guarantee, and the unemployment

rate.

Rydell notes that changes in guarantees and acceptance rates by the welfare

department could have altered openings and closings by having both behavioral and

mechanical effects: welfare progessively was made relatively more attractive, thereby

possibly inducing people to forego work and choose welfare; and increasing numbers cf

people were made eligible even if they in no way altered their behavior. According

to Rydell's findings, the acceptance rare and the welfare guarantee usually did

,

have powerful effect on openings. Using results from regressions which have values

of R
2 of .87 and .48, res ectively, Ryaell,reports that in both AFDC and AFDC-UF, a

1.percent increase in the acceptance rate increased the number of openings by an'

Identical 1.57 percent.
23 Thus, to estimate the effects of a 5 percent change,

an increase in the AFDC and AFDC -UF acceptance rates from 700 to 735 would increase

newopenings in AFDC from: roughly 4500 to 4853;.and from roughly 250-to

270 in AFDC-UF. In AFDC, the impact on openings of a change in the guarantee level

was statistically significant only at a low level and, in any case, was fairly

small: the elasticity of openings with respect to the guarantee was .3. In AFDC-UF,

a 1 percent increase in the guarantee had an effect six times as large, 1.84 percent,
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and was statistically significant. An increase in the average-AFDC -UP guarantee

in 1971 from $300 to $315 would have increased monthly openings from roughly 250

to 273. Were the .3 figure significant at a higher level, raising the average AFDC

guarantee from $250 to $262.50 would increase monthly openings from 4500 to 4568 .

It should also benoted that besides affecting openings. directly, Rydell found that.

an increase in the acceptance rate increases the number of AFDC and AFDC-UF appli-.,

cations. This,in turn, increases openings.

The-predictive model for the number of case closings yields the,conclupion

that, as Rydell hypothesized, case closings are negatively related to welfare guarantees

and the local unemployment rate. A 1 percent increase in the AFDC and AFDC-UF guarantees

over the period 1963-1971 led to a .45 percent and a .38 percent decline in the re-

spective number of case closings. Thepe results come from regressions which have

values for R2 of .58 and .57, respectiveIY:24 Thus, for example, a 5 percent de-

cline in AFDC guarantees in 1971, from $250 to $237.50, would reduce closings from

roughly 225 to 214 per month.

While it appears, then, that legislative and administratiVe changes in welfare

. .

parameters have affected the probability of both going on and getting off welfare,

the other interesting results from the Rydell equations are the significant,co-

efficient,on a measure of recent unemployment -- and the statistically insignificant

effect of lagged unemployment.
25

These suggest that welfare experience is related

to events in the labor market; and that potential recipients are in jobs which are

unprotected by unemployment insurance. Having limited assets, unemployment results

quickly in a move to` welfare. *-

Data on their independent variables are of some separate'interest. The

welfare department's acceptances in AFDC rose from 523 per 1000 applications in 1963

to 772 in 1968, as labor markets and incomes generally improved; and then declined

to 698 per 1000 in 1971,_as times worsened. The mean number per 1000 applications
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over the nine years was 662. Similarly, in AFDC-UF-the comparable figures are 571,

766, and 666, with a mean of 665.26 As just suggested, we will expand below on how

these fluctuating acceptance rates probably were a consequence, not of a changing

mix of applicants, but of deliberate administrative policy to control growth of welfare

in New York City. Monthly welfare guarantees also varied over the nine year period.

Average monthly guarantees in constant dollars, among families of 411 sizes, rosejrom

$187 in 1963 to $267 in 1970, and fell to $225 in 1971; the mean for nine years was
;`-

$224. In AFDC-UF, the comparable figures are $240, 325, and 307, with a mean of

$279.27 .A likely hypothesis is that most of the variation over time comes not fro

a changing mix of families, but from legislated changes in benefit levels.
28

D. The Administrative Factor. in Welfare Turnover

Employment-related factors, although important with respect to 9c-ull turn -

over', do not account for the majority of AFDC case openings or closings. Welfare

departments keep detailed records on openings and closings. Quint and Brown study

the reasons for these in 1972 in New York City. Their conclusion is that " admi ig ra-

tive actions rather than events related to client need prompt a good deal of case

turnover. . ."

Again, the quantity of turnover in their study is very high. Among all cases

receiving AFDC in 1972 in New York, 28 percent experienced a case opening and/or a

case closing within that year; for AFDC-UF, the figure was 48 percent. Quint and Brown

note that the large amount of,openings and closings in diet year is in part a funCtion

of the policy of zero-caseload growth instituted by Mayor Lindsay. To implement this

policy, steps were taken to reduce openings and increase closings. Openings were

reducad, for example, as investigations of, income at the time of application were
. -

made more extensive. Closings were increased, for example, with the tougher en-
.

forcement of the work test.

The data on reasons for case' openings and closings in Table I-4', suggest a

number of inferences. One is that although employment accounts for most case openings

3,1
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TABLE 1-4

Percentage Distribution of Case Openitod By
Reason for New York City in 1972-

Reasons for Case Openings

NEED RELATED

AFDC

A. All Cases

AFDC -Ur

B. Administrative Churning
Cases-ExclUded

AFDC AFDC -UF

13.3 .

3.3
17.5
45.1
8.0

.

(87.2)

7.6
5.2

0,0
(12.8)

67.0
-8.4

2.9

7.1

5.5

(91.0)

6.6

2.3

0.1

(9.0)

15.0
3.7

19.8 .

51,.1,'
9.1

(98.7)

IMMO

OPPOID

410.00

(1.3)

73.1

9.1
3.1(
7.8
6.1

(99:3)

11
1

(0.7). .(0

Unemployment
Income Loss
Medical
Household Change
Other Need Related
Total

.

NON-NEED RELATED

Closed in Error
Administrative
Unexplained Illegal`
Total

TOTAL 100.0

AFDC

100".0 100.0 100.0

Reasons for Case Closings

, All Cases B. Administrative Churning
Cases Excluded

AFDC -UF' AFDC AFDC-UF
.

NEED RELATED

Ethployment 10,8 29.9 12.2 31.9

Income Increase 3.6 3,5 3.9

Death .0.2 0.1 0.2 0.1

Household Change 7.8 0.7 8.8 0.7

Unspecified Need . 20,5, 17.4 23:3 18.5

Total (42.3) (51.7) (47.9) (55.1)

NQN-NEED RELATED

Lost Contact 31.4 18.5 33.0 18.4

Administrative, 25.5 28,7 18.5 25.7

Unexplained Illegal 0.8 1.1 0.6 0.8

Total (57.7) (48.3) X52.1) (44.9)

'TOTAL 100.0 10Q.0 100,0 100.0

a. Source: Janet Quint and Dan Brown,
New York, Human Resources
:Tables 11-4, II-6,. IV-1, IV 4.

,

Welfare Case'Turnover in
1,-19734

1972, City of
Adinistiation; December
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c-

in AFDC-UF, it explains but a smaII'fraction of AFDC openings. Changes in household

composition, no doubt the departureof the male head, ins the modal opening reason in
',-

AFDC. A second inference is that reasons not related to need, while relatively

unimportant in relation to openings, account for a majority of case openings in

both caseloads. Non-need factors, including "administrative" ones,dominate case

closings. It is possible', of course, that closings attributable to "lost contact"

in part may be,related to changes in need.

"Administrative reasons" for case turnover include changes in,welfare regUlations

on, among other matters, income documentation and work registration. Some of theie

administrative actions have a very transitory effect. Indeed, many closings not

related to need reopen within two or three months of being closed. Quint and Brown

have labeled certain Qf these pairs of closings.and reopenings "administrative churning."

Reopenings within 30 days of closing whose reason for reopening was "administrative;"

and reopenings which result from cases being "closed in error," together form a con-

.servative definition of administrative churning. They accounted for 12 percent of all

openings and nine percent of all closings in New York in 1972. Managment'reforms, then,

induced by political pressure, substantially reduced the length of spells on welfare.

Although, looking at the right side of Table 1-4, the exclUsion of administrative

churning cases raises the proportion of AFDC and AFDC-UF openings and closings that

are related to need, non -need factors still weigh heavily in closings. It should be

noted that the earlier estimates of welfare spells and turnover provided by the Rydell

study were arrived at after cases experiencing administrative churning were excluded.

from their data,base. As Table 1-4 allows, however, along with employment and farlilay

changes, non-need related factors remain As a strong influence in' determining turnover.

E. Welfare Turnover and Program Structure: Some General Observations

That the characteristics of welfare programs affect participation in them 4

is obyious -- and certainly not a startling discovery. Virtually any economist using

cross-sectional data in the context of the standard work - leisure model,..;611 recognize

33
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that participation will vary among welfare jurisdictions with guarantees and tax rates.

In contrast to social workers, it took economists some time, however, to recognize-

the importance of the non-economic characteristics of welfare programs in determining

participation. `Albin and Stein wrote in 1968 of how welfare authorities can constrain_

the choices of potential' users of welfare by imposing a work requirement and_can_lower

the value of assistance by making its receipt distasteful. Thus, they recognized the

administrative factor in setting the number of recipients at a moment in rime.
i9

More recently, Daniel Saks has written an excellent dissertation in which he character-

izes welfare departments as discriminating monopsonists, setting guarantees at levels

where they will be unable to finAhce all eligible applicants; and, consequently, having

to resort to their own arbitrary criteria in selecting sucoessful applicants.
30

Non-

economists, led perhaps by Frances Fox Piven and Richard A. Cloward, have long been

outspoken about how caseloads are deliberately manipulated and controlled by admin-

istrators acting under political pressure.
31,

Another part of Saks' work was c d Above as an application of the point that

the economic parameters of welfare programs affect participatiOn over time. The study

by Rydell and his colleagues was cited for incorporating the idea that the "adminis--

trative factors" in welfare programs have anImportant influence on turnover. We have

tried to stress these examples and use them to offer a perspe\tive on welfare turnover

that has been absent from theliterature. If turnover is so much a function of

program characteristics, economic and administrative, then any particular findings

on turnover should be interpreted as having applicability limited, to the specific

program' $,

In 1972, the New York Department of Social Services undoubtedly altered welfare

patterns when it implemented its policy of zero - caseload- growth. The techniques used

were many.0
32

To reduce openings, extensive documentation of income was demanded;

reversing a _previous departmental assumptiOn -- when an_old regulation was "discovered"

that applicants were needy until proven otherwise, recipients were kept off AFDC until

34
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this extetsive documentatianwas completed; andt, interestingly, older women deliber-

ately were substituted for young men and women as caseworkers in determining the

eligibility of applicants. Within-one year, the acceptance rate in AFDC dropped by

one-fourth.
33

To increase closings,face-to-face recertification of casewas it-

stituced; absent fathers were searched for by the state tax agency; fraud, cases were

publicized heavily. Case closings, both voluntary on tte part of clients and initiated

by the welfare department, rose markedly as a result of those adjustments in admin-

istration.
34'

Not only the lasting, but even the temporary overall effects of these

policies are uncertain,-however, as some have argued that AFDC uses often were shifted

to the "Home Relief" and Supplemental Security Income programs after being denied'AFDC.

Undoubtedly, though, AFDC and AFDC-UF welfare patterns were influented. In view

of what has been said, we question the significance of the finding of high turnover

that appears in some of the literature. Moreover, what would happen to welfare turn-

over were we, to use Saks' terms, to rationalize welfare programs and use the guarantee

and tax rate, instead of administrative discretion, as the control variables in

determining eligibility?

Evidence on turnover in the low income rather than the welfare population is

presented by, the data, drawn from the Panel Study on Income Dynamics, in Tables 1-5

and 1-6. An examination of it will provide an understanding of why low income

families or in and out of welfare dependency over long stretches of time. Tables I-5

and 1-6 show the changes over a five y4ar,period in the annual non-welfare incomes of

families which were in the bottom fifth of the income distribution in any year between

1961 and 1971 and whose annual incomes were ubserveci tvr each of those five years,

even if there was an addition or subtraction from the 1967 family unit. 35 Table 1-5

shows that among families in the bottom fifth in 1967, 88 percent had annual incomks

that were less than 150 percent of their respective poverty 'lines. The data in

Table 1-6 indicate the proportion of Ehe 1968-71 period that families in particular

35
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TABLE I-5

Percentage Distribution of Families With 1971 Ratios of Nbn-Welfare
Income to 1971 Poverty Line By 1967 Ratio a,

Ratio of
1967 Family
Non-Welfare
Income To
1967 Family

,Poverty-
Line 0-.25

Ratio of 1971 Family Non-Welfare Income
to 1971 Family Poverty Line

.26-.50 .51-75 .76-1.00 1.01-1.25 1.26-1.50 1.50+

Number
in Row

0-:25 50.0 17.4 12.8 5.0 5.3 3.2 6.4 282

.26-.50 16.6 22.1 19.8 19.0 8.3 4.0 10.3 253

.51-.75 10.1 9.7 14.8 24.1 12.5 10.5 18.3 257

.76-1.00 3.8 6.3 12.2 14.6 16.4 11.8 34.8 287

1.01-1.25 4.5 3.6 9.9 18.4 20.2 14.8 28.7 223

1.26,-1.50 4.2 2.5 12.5 18.3 21.7 16.7 19.1 120

1.51+ 5.7 6.7 11.9 17.6 17.6 9.8 31.6 193

Number in 246 172 219 263 220 152 343' 1615

Column

a.

k.

Source: Panel Study on Income Dynamics data tape. For this tabulation,'
we selected families whose family income was obtained for
each of the five:study years; whose income, in any of the-five ;

years, was in the botton fifth of the income distribution;'
, and whose head was not over 60 in the first year of the study.
A 'description of the data source appears in Chapter III.

1

36
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TABLE I-6

Proportion of Time Sent in-Income/PovertTLine Strata
in'Period 1968-1971, Given 1967 Income/Poverty Line Strataa'

Ratio of ,

1967 Family
Non-Welfare
Income to
1967 Family
Poverty ,

Ratio of 1971 Family Non-Welfare IncoMe
to 1971 Family Poverty Line

Number
in Row'

Line 0-.25 .26-.50 .51-.75 '- .76-1.00 1.01-1.25 1.26-1.50 1.514-
...

0-.25 56.8 17.4 9.8 4.7 4.0 2.5 4.8 282

.26-.50 16.6 28.9. 21.6 , 12.8 6.8 4.4 8.6 254W

.51-.75 7.3 13.3 22.1 21.7 14.7 8.5 12.3 257'

.76-1.00 3.1 5.7 12.5 21.6 16.8 13.1 29.1 287

1.01-1.25 3.2 3.7 9.6 20.6 25.-8 13.6 23%6 224

1.26 -1.50 2.9 3.7 8.7 17..5 26.2 18.1 22.57 120

1.51+ 2.9 2.8 9.4 12.6 16.5 14.2 41.1 .194

TOTAL 1618

a. Source: Panel Study on Income Dynamics data tape." For this
tabulation, we selected families whose family income
was obtained for each'of the five study years; whose
income, in any of the five years, was in,the bottom
fifth of the income distribution; and whose head
was not over 60 in the first year of the study.

b. This table was suggested to,us by Table 2 in the paper
by Levy, et al.

-87
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income/poverty line strata in 1967 spent in the same or neighboring strata. For

example, families whose 1967 welfare incomes'were less one-fourth of their 1967

poverty lines spent 56.8 percent of the next four years in the same position; and

spent all but 4.8 percent of the nextrfour years below 150 percent of their poverty

lines. lirom Table 1-6, we can infer that in83.9 percent of the "family years"

following 1967,
36

the families below 150 percent of their poverty lines in 1967

remained in that position.

We may consider the implications of these data.in the context both, of a

.universal negative income tax programiand the current welfare system.. Assume that

one existed in 1967 which 'had guarantees equal to poverty lines and whose benefit-

(

loss or tax rate was 67 percent. Assume also that guarantees were changed each year

for increases in the cost of living. Such a program would have disbursed benefits

to all families in any year whose annual incomes were below 150 percent of their

poverty lines. The data in Tables 1-5 and 1-6 show that, among families receiving

payments in 1967, there would be continuing-eligibility for payments in 83.9 percent

of the subsequent "family years."37 These figures suggest that_were we to look et

paymeiY fper year based on annual income,
38

within the context of a somewhat generous

universal negative income tax program,
39

welfare turnover would be reduced dramatically

-- because the movement outsf poverty is limited in scope.

F. Concluion

Having analyzed the'literatute on the nature and detetminants of welfare experience

in the AFDC and AFDC-UF Progrims, we may conclude the following:

1. Turnover in the welfare population is high. Most families going on welfare

/ leave the program within a few years. While there is substantial movement from welfare

to non-welfare status, the latter often being attained as a consequence of re-employment,

"*.

there °also is substantial welfare 'recidivism. A study covering a 5-1/2 year period 141

New York City showed that within that time span roughly one-half of closed AFDC cases

and three-fifths of closed AFDC-UF cases re-opened. Thus, while there is much short-term

38



,- 29 -
*

9

success in removing families from dependency, long-term success is much pas likely.

2. Short-term success largely haebeen measured by the number of months

families spend on welfare. Besides examining the length of welfare spells, one

could examine changes inn welfare payments over time, reductions in the latter being

another indicator of success. (This is done for the first time in this reporr.)

Estimates of the average duration of welfare spells in previous studies vary according to

whether cross-sectional or longitudinal data are used and among different welfare sub-
r.

populations. Cross-sectional data necessarilyibontain more long-term welfare cases

than do longitudinal data following particular cohorts of welfare families because
4

of the accumulation over time of the long-term cases. Spells/pn welfare usually are

somewhat shorter in AFDC-UF than in AFDC. Estimates of average spells on AFDC from

longitudinal data fall under 2 years; from cross-sectional data, estimates of average

spells on ADC, are over three years. As noted, estimated average duration on the AFDC-UP,

program ikShorter. Substantial variation in average spells from a limited number4of

studies may reflect the fact that the studies are done in different states or perhaps

should lessen confidence-in any particular estimate.

3. As might be expected, variations in length of spells on welfare are associated

with differences in family 'structure and labor market experience. Male-headed families

and families with a head who has a good chance of becoming employed are more likely

than female-headed families and families with heads of limited employability to ti
eave

welfare. Also of critical importance in determining welfare experience over time,

however, is-program structure. Families of given structure and with given libor market

prospects are more likely to remain on welfare the more generous is the welfare program
t

they face. Generosity say take the form of high guarantees, low tax rates, or lenient

administration.

.

While re-employment, the return of an absent male head, or toughened administration

may result in short-term success, i.e., the removal of families from welfare dependency,

39
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such success%often will be temporary. Over the long-term, changes in ann4a1 family
A'

incomes are rather small for most units in the low income population. Most low income

their heads
7
families therefore, remain at risk for long periods. Unemployment of

or other small changes in their circumstances frequently will result in their iettirn,,,.

to welfare. The importance of program structure in determining welfare

and the long-term nature of most poverty'should place in perspective the

emphasized phenomenon of high welfare turnover.

C

4,

Va

ti

e*periencd .
.,

frequeiltlY

4.
0,;

7

'
Per

0

0
ti

9



4

- 31

CHAPTER I

FOOTNOTES

Michael J. Boskin and Frederick C. Nold, " A Markov Model of Turnover in Aid
to Families with Dependent hildren," Institute for Mathematical Studies in
the Social Sciences, Stanford University, Stanford, California, Technical Report
No. 125, March 1974, p. 1. '-

2. C. Petef RAell, Thelma Palmiero, Gerard Blais, and Tan Brown, Dynamics in.Ne4,Yerk
City, 1-1441-NYC, The New York City Rand Institute, October 1974, p. 1.

3. Ketron, Inc., "Estimates of Annual. Natural Turnover Rates From 1969 and 1971 AFDC
National Survey," Wayne, Pennsylvania, August 23, 1973, p. 3.

4. For a more detailed'explanation of income accounting systems in welfare programs
see: Jodie T. Allen, "Designing Income Maintenance Systems: The Income Accounting.
Problem," in U.S. Congress, Joint Economic Committee, SubcO6nittee on Fiscal
Policy, Studies in Public Welfare, Pa'er No. 5 (Part 3), March 12, 1973, pp..47-40.

5. A graduate student of ours, Barry Sun, is simulating welfare patterns that result,
from variations in welfare program characteristics in his ddctoral dissertation;
currently in progress under-this researchrant.

,..

.

V-.

....; 6. one:study of welfare turnover, coyerini3 partof the period observed In the Ryden -

study, is discussed in the next section of this chapter. A focuses mainly on .

.

- the,adminptrativeTiprovided reasons for case openings and closings: The kydel).

study actually characterizes turnover in New York-City over the long run. jianetA
Quint'and Dap,Brown Welkare,Case Turnover in 1972, City of -Nev York, Human Resources
Administration, Office of Policy Research, Document No. 6657632-12,,DeceMber_1, 1971i.

Another study of welfare turnover, using loniitudinal data an the Alani&a County, --
,California AFDC,and AFDC-UF caseloads, currently is being conducted by Frank Levy,
Clair Vickery, and Michael Wiseman, University of California- Berkeley, Department

of Economics.
. . ,

. ,,:. , . -.
.

7. Boskin and Nold do not _provide the. mean And the median. We inferred that the mean

spell,on welfare was roughly 26 months from the.fact that the average:monthly !

probability of leaving welfare was 3.9 percent. The expected duration of a 'spell

oh welfare isroughly equivalent to the reciprocal,eof this Probability. We sat,
roughly because, in general, the inverse of a magnihOt equal to the mean Of t. ..,
the inverse of the numbers being averaged. Boskin providesthe median -*Mount of .

.time spent On welfare during the oo month study period; it was 14 months. Since
some families went on and off welfare more than once, the median length ora'single

,Pell.had to'be less than 14.months. (Boskin and Noldp.p.' 11) ,,

This number Was obtained from correspondence with the authors.
.

. .

. ,

9. 'Daniel Holtzman Saks, "Economic Analysis of, an Urban Public Assistance Program;
Aid to New York City Families With Dependent Ch4dren in the Sixties " doctoral },

dissertation, Princeton University.-February 1973, -chit' ter Ifr
I
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10. Ridell, et al, pp. 2O -2l.

11. garb% Inc., p.,18.
.

12..' Ryde11, et al, 1). 22.'

. ,

13 Saks tested lis data to see whether,case closing rates changed with the amount -of
timestlready silent 04 welfareHis test did not allow him to reject the hypothesis
that there was no change witli/tite: (Saks, pp. 134-145.) ,

32 -
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.FOOTNOTES - CO

14. Rydell, et al, pp.' 36 and 41.

15. Available data on the reaons for case closings do not distinguish the AFDC-UF
from-the AFDC caseloads. Thus, the estimate of.5 percerit is a best guess made
from a variety of available sources. (See Department of Health, Educatiod, and
Welfare; Natf8nal Center for Social Statistics, "Applications and Case Dispositions
for Public Assistance, " January-March 1973, NCSS Report A-12, 'Table 15).

16. ge say "roughly" because, he anthots do not,proiride information onthe proportion -of
. persons in,each of their categories for which they report-expected.durations on AFDC.,,
These proportions would allow the calculation of weighted average durations. Our
aVeAges.are made very casually from their tables.

;

f7.: Ketron, Inc.:, pp. 10 ff.

-18. Frank Leiry, Clair Vickery, MiChaerWiseman, "Income Dynamics o 'the Poor,"
University of-Californiar:Berkeley, December 13, 1973, p. 34;,.

19. Saks, p. 122.

20. Ibid., p. 128.
,

.k

21, Ratherite Dickinson,"Transfer Income," in James N. Morgan, et al, Five Thousand_
American Families - Patterns of Economic Progress, Vol. 1, chapter 5, pp. 263-69.

22. Rydell, et -al, pp: 52 -57.

23. Ibid., pp. 92 -94.

24. Ibid., pc., 98.

25. Ibid., pp. 170,1.

26. Ibid., p. 79.

pa 16. ,

A

28.', Ibid., p..12. .

29,, Peter S. Albin and,Bruno Stein"The'Contrained Demand for PUblic Assistance,"
'olirnal'of Human Resources, Vol. 3, No; 3, SumMer/1968 pp: 300-11, chapter 3.
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CHAPTER' I

FOOTNOTES - CONTINUED

..,.: ..._

30. Saks, chapter 3. ," .. '''.

, ..,

7 v. .

31. Frances Fox Piven and Richard A. Cloward, Regulating the Pd6r: The tilinetiblics
. ...

of PubliC Welfare (New-York: Random, 1971)'.- ,,, . I- ., -, ", , .

32: These were discuised in a personal interview tietween.2X4r#11"Bur4ick the N04:0k
'City.Department of Social Services, and Leonard 41. Heileman in. 1074-

33. Quint and Brown, p. 18.
.

34. Mr. Berlinger,'ormer Welfare InspectoriGeneral.fer,the.Siate.O.New yotk,',giimptellEtA,

that as a result of the recent imprisonment_ of a. welfare regpient,for 0444 in
Albany, New York, the Albany welfare department eras' fodde4 witholient requests,
to close their cases.. (Persbnal interview with:4nard 3. Hiusian,4#1-1974).

,

.

4.,.35. Table 5 is patterned after Table A1.024 the previoilOrgited.MOrgan study,
Table, is patterned after Takle 2,1A-the. paper biLevy; et,41.;: -r-

36. The 83.9 percent figure is a Weighte4 average ot.the"&irst 'elk numbers in the
column headed "1.50+" in Table .4

37. Among those receiving some payment,in 1967, .80,r,percent-ii. ,t34.4 percent

in 1969, and 84.0 percent in 1970'would.havOeen eligible or'a new NIT benefit.:
Of course, some persons ndt eligible in 1967 also Wouldl4'0.S received some benefits
in the years 1968-1971..

38. Note that we are talking about payments yearbiee4*Iindote der year.
Existing studies of turnover_really'lookayments pet idnthlased- on income
per,month.and net assets'frOt prior - , -

39. Such a program is not entirely. out of the reali q,IPSeibi;i*Y., Perhaps five

states have AFDC programs that have comparable guarantees 44 tax rates., A ;

welfare reform proposai,'submittedchir VVEW,:to the Nhiie,Pouse.inith'S t411 of'1974,-

had a 50 percent tax rate,and only less generous guarantee.:
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Simploymelit Mid -Earrings Among ReallOit Welfare Families:

A'Reviewat the teratur
.

4

Researchers haye joined wilfare adminiotetorpTo4aining --"sometimes
,..

ai4_
extolling -- the high degree of turnoVer-ii40.4did-AFUC4i; The fashion in

/

characterizing employment patterns. among female- beads. of Ant families had bein
- ,

'4...,

to declare their unimployability ,Aesders may recall President Johnson's Chief

domestic adviser announcing that 'percent of all AFDC recipients were employable.

Unfortunately, he incilidedall SAX childten in, his base: The previous chaptet
r

40.;, .
,

attempted to challenge the first fashion. Recent' analyae'h7ave conipelie4 a change

=

c.1,
/

in the latter. In thepast siX.or seven years, both researchers and administrators

,

have' begun. to speak -of how "work and welfare t
ul

go ogether. , .

The change was,induced by the stu4y of longitudinal data. 'Crosslsectional data

on the labor market' activities of low-income women reveals limited work effort.

This is not, the case when their behavior is monitored over time. ,Over time,

large fractions of the headd of low-income families move in and out of jobs. While

researchers and admiilistratOrs have leaxned,that "work and welfarego together,"

_the implications of the findings from the longitudinal data on the serial mixing of
, . .

. . .

thetwohave not been, generally recognized. In particulars if 194-income persona
t '

._ . ,.,

-:.generally make regular'egular transitiOns between employment and gon-emplOyment, then

prog4X13.0.4*.:Promote the movemenefromwelfare to work gmierallY WiWaffeci the
....

,.. - ,

timing of transitions that otherwise would -have taken place. -ShortLterm'auccess

for -this type oeprogram involves a reduction'in the length of time recipients
f

. .

. ,
,.

: .

,..- spend ciii;ofout -income persons have a highigrobability dere-entering
.

.,i,.. . . ,

unemployient,,short and.lonvterm_succesamastbe distinguished, the latter implying
,

a sharp VeOction111 the probability of becoming uneiplOyed once.a perscit is Working.

.44
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This chlpter starts with a review of the literature on the work effort, at a

ppin't dn',time and over time, of female heads of families receiving welfare.

Axtention.then is turned to work effort among male heads of poor families,.only

iefourth of which receive welfare at a moment in bile, The second part.of.this

. chapter reviews the literature on how welfare programs have affected the_labar.

, -

market behavior of the heads of low income faMilies. Our review is necessarily

brief, for zit is a review of the reviews. The literature on studies using. non-

pperimental data,has been surveyed several times, and:very well, by others.

We turn then to review of the literature arising frOm,the Wisconsin data on the

negative income tax experiment, attempting therein to set the stage for our

analysis of its data,

_
A".--Descriptive Data on Labor.Market Behavior

1. 'Female Heads of ,Families

The AFDC program was started to allow female heads of households to be full-

.

time mothers. Like married women in low and moderate income families, however,

AFDC mothers apparently are compelled by their financial condition to enter the

10or-market.

The labor force participation of female"heads of AFDC 4amiIies is extensive
_

but intermittent.
2

. Table II-1 shows that at .a poiht in time only a'small fraction,

roughly 15'percent, of AFDC mothers work. Moreover, their employment rate over time'

is.quite stable, rising from 15.6'percrt in 1961 to only 16.1 percdnt in 1973.
_ . ,- ., ,

. .

Coincident with the decrease in the AFDC tax.rate on earnings in 1968-69, there

c.J

has been .a noticeable shift in the mix of employment towards full-time work, and
. .

'
. 4 <

.

a recent rise in their rate.
.

,

.That the low employment rates fail.to reveal is the turnover in employment among

AFDC mothers. Beginning,with Table II-2, we note that over half of the employed ",
. .

/ - --- ,_ ____

mothers have held their current jobs for but a year or lesi.-' In the senerai,labor
,

.-

5
.
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TABLE II-4-

. Employment Status of AFDC Parents

1961 107

t
Employed Mothers,'Totail 15.6 14.9

Full-time 5.5 7.2

Part-Xi:4e 101 7.7

Unemployed
.d

6.9

Not in Labor Force
d

78.2

'TOTAL 100.0 100.0

7

1969 1971 :1973

14.5 15.0 16./
f

8.2 9.0 9.8

6.3 6.0 '6.3

5.8 5.7 11.5

79.7 79.3 72.4

100.0 100.0 100.0

Employed Fathers, Totalc

Full-time

Part-time

Unemployed

Not in Labor Force

TOTAL

MMINOW M1110 11.7

5.3

6,4

27.8

60.5

100.0

a. Sources: U.S. Department of Health, Education, and' Welfare, National Center
for Sociil Statistics, Study of Recipients, of Aid to Families With Dependent
Children, 'November- December 1961: Natio* Cross-Tabulations, August 1965,
Table 184 Findings of the 1967 AFDC Study, July 1970, Part I, Table-38:

, Findings of the 1969 AFDC Study,.Part I, December 1970, Table 19; ;

Findings of the 1971 AFDC Study, December 1971, Part I, Table 21; #

Findings of theft 1973 AFDC Study, Part I, June 1974, Table 33 and 44.

These distributions are for AFDC mothers who are living with their families. In

1973, 6.6 percent of AFDC mothers did not reside with their families. Also note
that in '8.3 percent of AFDC cases, an incapacitated father, not mother, was the
family'head.

At any one point in time in 1973,1%41mi roughly 3 million AFDC families just.
under .4 million had natural or adoptive fathem,at home. Of these men, 75
percent, received AFDC, while the rest were receiving other types of public
assistance.

,

., These data were not published by the National Center for Social Statistics.
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TABLE 11-2

Employment and Unemployment Experience of AFDC Parents
a

Total', AFDC Parents in Home

(with known employment status)

Currently Employed

Percent

-

Percent Percent PercentNumber

--Fathers-

Number

2,793,547

449,746

100.0

16.1

379,048

44,241

100.0.

11.7

Currently Employed
(with known job length:)

381,879. 1000 31,1P3 100:0

a-I'
1-12 months 4 220,334 57.7 19,558 62.9

13.-24 months 63,793 16.7 5,119 46.5

25+, months 97,752' 25.6 6,435 20.6

Never employed 615,840 22.0 3,819 1.0

Unknown Whether Ever Employed 503,891 18.0 16,987 . 4.5'

Previously Employed. 1,224,070 43.8 314,001 82.8
Currently Not

Previously Employed 1,038,247 4.o6:0 270,662 100.0
Currently Not
(with known months since,
last job:)

1-12. months 291,921 28.1 95,904 35.4

I3 r.24) months 1734279 16.7 52,859 19.5

g5* months 573,047 55.2 121,897 45.0

a. Source: U.S. Department of Health, Education, and Welfare,. National Center
for Social Statistics, Findings of the 1973 AFDC 'Study, Part I, June 1974,
Tables 34, 35, 45, and 46. Since the numbers of unknowns in the tables:that
we used were inconsistent, arbitrary judgments had to be made to arrive at
the estimates presented here.

t
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force, the average duration of a job is well.over.two years. Amohg the non-
.

employed mothers, the same table*showsthat over one-fourth have been separated

, -

from their jobs for less than one year, with another one-fifth having had a jbb

within the past one or two years.

A better indication of the extensi but intermittent involvement of AFDC

mothers in the'.jo et comes t

table is froi z -study conducted. by D

income families had their welfare and

h in Tables 11-3 and 11-4. The fbrmer

n ten states, in which over 11,000 low

ployment experience traced,over a period

of 37 months. Half of the sample was omposed of active AFDC cases, one-fourth

of closed AFDC cases, and one-fourth of families whose application for AFDC were

rejected; female-headed families comprised 85 percent of the sample. Over the

three year period, three-fifths of the family heads worked'at one time or another;
.

and 35 percent worked for one-third or more of the period. Robert WilllaFS eliminated

from this sample of 11,000 families those cases, which were either tlosed:refected,,

or active where the male head was present, thereby reducing the sample to 5,8.

active female-headed AFDC cases. Williams found that mothers iii4vei half ofthe:

latter cases worked at some point during the three yeari and, again, thatzbout

a third worked'fOr a year or more during thel37 months.
4

. .

. .

The Census data in Table 11-4 are consistent with the.lindiAgs of the Previoui

study. There we 'see that roughly two-flifths of all women .who ea ed. low-income

1

families worked during the one year period; almost all female- eZde low income

units also were AFDC families:
5

Only e. small fraction; 6.9.,percent, of

female heads of poor families worked full-time all year. A third_data source yield#.

.0
more corroborating evidence: A special study of six scattered titles gagimatea,,.

very conservatively, that half of all AFDC families had earnings a some- time,,,

during the year.
6

Since AFDC families with incomes above poVertY:iines are very;

likely to contain working mothers,, a fair generalization is that roughly,half
, .

of female-headed AFDC felines have some earnings from a head, although these largely

accrue for only part of the year.*, 48
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TABLE II-4

Work Experience of Heads of LoW'Income Families in 1972a

Total

Head did not work last year

Head worked laSt year

Head i%Armed Forces ,

'Worked full year',-tdtal,

(50 to 52' weeks)

Full-time
Part-time

.
.

Worked part year,-total
(less than 50 weeks) .

Full -time

1.'40 to 49. 'Weeks

27 to 39 weeks
14 to 26- weeks'

. 13 weeks. or less

Part-time
,40 to 49,weeks
27,to 39 Weekt
14 to 26 weeks)
1:3'weeks-or-14ss

s-Earnitigs as a percent of total
ilcome among, fsmili4S

-.,WitkWorkers

Total Families

1

-100-0
..-

" .

. Source: 11.6,, Department

TOTAL FAMILIES MAIL4HEADS FEMALB-HEADS-
Percent

NUMBer of total
Percent

Number of. tota'. Number
Percent
of total

5 075

4326

2',716

100.0

45.9

53.5

994

1,894

100.0

34.1

64.9

2,158

1,336

'622

100.0.

61.9

38.1

29 '.6 29 .1

1,168 23.4 982 33:7 '206 9.5

19.8 657 , 29.4 149 6.9'

'182 3.6 . 125 ,. 4.3 57 '2.6

1,529 30,1 913 31:3 615 28.5

194- 3.8 162 5.6 33 1.5

254 5.0 182 6.2 72 3.3
309 '6.1 187 6.4 122 5.7
290, 5.7 152 . 5.2 138 6.4

55 1.1 .37- 1.3 18 :8

., 72 . 1.4 41 1.4 31 1.4
1,40 2.8 ; ,66 2.3 74 3.4

2.15' 4. 2 .3 128 5,9.

I .674

3i205' 100-41 2,112 100.0 1,092 100.0

666 ,2006 320 15.2 346 31.7
, 343 , 10.7 163 7.7 180 16.5
342 10.7 . , 181

<
8.6, 161 14.7

/06 13.6 330 15.6 107 9.8-

1;,418' 4,4..2 "1119
/

53.0 299 27.4

'$2,456 ' $2,527

Of ,Commerce-, BUresuoWthe..CSnsui;.Curre]ot, Population

Reportil Consumer Incomes Cheacteristi'es of the Low Income 1972
44000;1404,n, 9105'0000473, Tables 30,* 41,'and 42,

. .
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Not surprisingly, in only 20 percent of the part-year cases is the inability

to find work citedas the major reason for the part -year employment. Similarly,

complete absence fram the labor force is attributable chiefly to the unavailability.
-

of work in but 4 percent of those'cases. Household.responsibilitiesere the major

barrier,to full-year employment among low incomelwomen.
7

To further buttress the point that employment provides only partial, support'

r

for poor female-headed familied, the data in the bottom half of Table 11-4 are

helpful; nearly half of such families with earners receive less than 50 percent

of their annual income from employment. Mean annual earnings among this entire

componentof the working poor is $1,350.

Such earnings reflect not only part-year.employment, but also low wage rates.

We must look, then, beyond labor force participation, employment rates, and annual

hours of work to wage rates. These, of course, are largely related to the industrial*
.

%

and occupational position of the women. The data in Table 11-5 reveal the con-

centration of AFDC mothers in two low wage occupational categories, clerical and

service workers; with the census data indicating that nearly two-thirds of those,

who are clerical workers are lower level clericals, not secretaries or stenographers.

William's dissertation, using the data from the DHEW study of AFDC in ten. states,.

supplies the only available information on wage rates earned by female headAllof

AFDC units. Asoi 1968, two-thirds of such women never had earned over $1.50 per hour:

. .

Similarly, twdi-thirds.of those employed at the time of the survey were earning less

than $1.50 per hour.8 AFDC mothers,,then, are largely intermittent labor force

participants. who are, low wage clerical or service workers. Clearly, they typically

are incapable of financial self-support at acceptable income levels, but are not

unemployable.'
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." TABLE- Tr-s

Occupations of ,Beads of Low IncoMe Families
(Percentage DisfributiOn)'

AFDC. amily, Headsa Iow.IncomiYamilyHeads(Censud) l!

Mdthers; ",Fathers Females Males

Prof. and managers,
except farm

-

Sales Workers

Clerical.

Secretary .

Steno
Typists

Other Clerical

Craftsmen and kindred
,J .

,Operatives, except
..transportatior(

.Trans. equipment
operator.

Laborers,,except
farm

Farm workeri'and
managers

Service,' except

household

Private household
workers

0

TOTAL -.
(with-known-occupation)

. 3.4' 2.7 14.4

'18.9

d

2.5

.2

8.2

3.3
0

32.4

13.5

K '

100.0
1,537,943

12.2-

'1.9

4.0 345

. 15.7
. 2.7

4.6 ;2.

14.4

9.7

1.2.

.18.4

7.8 .5

36.7

16.7" 4.3

7.9

15.7

10040 .100.0
332,489 822,000,

19.3

11..9

8.3

12.7

t19.6

.3

100:0
4894,000;

2.5

A, Source: U.S. Department of Health, Education,,and-Welfare,liational Center for Social
Statistics, Findings, of the 1973 AFDC Study, Part I, Innes1974, Tables 36 and 47.

b. Source: U.S.Department.of Commerce,.. Bureau ofthe.Censud, Currant,Population Reports,
Consumer Income:' Characteristics of the Low Income Po ulation 1972, Series-P-60, No. 91
December 1973, Table 28.

c. Excluded from the distributions are p sons whose occupations are not iited.for a .

variety of reasons.

t, Breakdown not available.
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2. Male Heads-of-Families

Before characterizingthe labdr market behavior of male heads of welfare'

families, one must'distinguish this group from male heads of Aisti=welfare, low income

.families. In 1972, there were 2.9 million poor families' with male heads; In

January 1973, under .4.Million male-headed units received AFDC, whit perhaps an

equal number were on General Assistance. The male heads themselves received AFDC

oriAFDC-UF payments, in 75 percent of the cases where their faMilies received such

. . . .

payments; and'in three-fifths of the latter cases the male was "incapacitated.".

In another 10 percent of the .4 million male-headed AFDC cases, the male head received.

Aid to the'PermAnentlyand Totally DiSabled.' This detail serves to distinguish the.
c4

welfare poor from the non-welfare poor within the group of male heads of low income

families. The male heads of_the welfare families must establish their disability

or involuntary unemployment to be eligible for public assistance that is available

to intact families. Consequently, their labor market involvement should be much more

,limited than that of the male heads of non-welfare'poor families.

We know that there is high welfare turnover among AFDC-UF.cases. The same is likely

under General Assistance. Probably, then, one-third of all 2.9 million male-headed

low income families received some cash public assistance in 1972; (with a higher

4

fraction, undoubtedly, receiving Food Stamps.) How do the welfare families fare

in, the labor market while they redeive,assistance? Information is somewhat meager.

Table II-1 reveals that 60 percent of heads of AFDC or AFDC-UF families are not in

the labor forget only 11.7 percent of the total is employed. However, in Table 11-2

9
we. ee that another one-third of such men have worked within the year preceding the

stirvey- date.

In contrast with the male heads of welfare families, males who head low income

families participate heavily in the labor market.. The latter include the former,

of course,. so the, contrast betWeen the wiefare and non-welfare male heads is greater
. _

53
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1 ,

thdn.indicated by the available data. The labor fOnce participation rate of male..'

heads at a point in time is 61 percent; their employment/population rpie is 56

\

percept. During the year, two-thirds of poor male-heads,

30 peicent of the empire group working full-time all year.

some-work for with

if of-the pattryear'

workers cannot find jobs, and two-fifths of those who,never entered the labor force

during the year explaii their absence by the unavailability of work. 9
As. a group,

then, low indbme males artiedpete very heavily in the labor force during the year.

Inlermitthent work, where it is the'case; is'in good measure involuntary.

df
Low income is a.prOduct of some combination of a limited number of hours worked

And low wage rates. Obviously, for the ?0 percent of all poor ma4e heads who work

full-time, full-year the problem of low income,reaults from low wage rates. bn-

fortunately, no data exists on wagevates earned by low incomemales, From Table_ID.-5,

we can see that low income male'heads on welfare are heavily concentrated.on_low wage .

occupations, unskilled laborers and farm laborers. Other low income male_heads.are

more evenly distributed among unskilled and semi- skilled occupations. Three-fourths

of low income male-headed families receive 75 percent or more of their annual income

from earnings. But mean earnings among those who were employed for at least part of

1972 was only $2;564.

In sum, both female and male heads of poor families are heavily involved_ in the. labor

market, although participation is lower during periods on welfare. This character-

ization
t

of labbr market behavior, confined as it has been to welfare and non - welfare,

families largely living below annual poverty lines, might be expected to hold with

greater force were welfare to cover families at higher levels in the income dis-

tnibution. Under any likely welfare reform plan, most beneficiary families will

probably mix work-and welfare either simultaneously or serially.

Only recently has wbrk progressed on how individuals mix periods of work and

non-work serially.
10

research on patterns of employment and unemployment has not

5
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focused exclusively, though, pp p'ersons in, the low income "-population. -Using data,
, .- ...,,

. , -.'
.

, from theSutvey. of Opportunity on the number of spells a AnethploYmen.p
.

.
,

.
.

. experienced by respondents in 1966, Robert Hall was=able to associate the probi-.
. ,

c
ability of entering and leaving unemployment with the chaiacte#iit-ics of individuals!

, ,,
4

and their environment._ Interesting results are that for men" the probability; of
.

a,

.., , 47.--

entering Unemployment falls with an increase in the available wage, but does nqt
...- 0

decline ;with increasing family incomes. .A sp6use'll income may encOtage, men to 4ave
,---

, their jobs and search for better work; if this; is sovaA,incarcie transfer 4014d have
.

similar effect s. _Probabilities of, entering and leaving unemployment, and thus.the_

,

)duration.of spells of unemployment, also vary markedly_by sex, race, and age. '
.

e ,6 . * t
/ What stands out in Hall's work is the instability of work'aitiong many men, blacks,,

and yOuths: This instability is not sufficiently reflected by group differences

i
in fpoint

A

in Lime) unemployment rates. For example, the unemployment rate among.

women ish

less among

-more women

'

.

t

er than that-among-men But the duration of unemployment spells is
f .

woten.. Imorder, therefore, to maintain a.
: .

than men must experience unemployment over

higHer.unempioyment rate, .many

time.' This suggests extensive

.
.

.

employment instability among women. Hall then used data on quits vs. layoffso 4

',
.

.

.
. ,

distinguish between voluntary and involuntary unemployment. ILA data indicate that

disproportionate employient instability among black males agea 54-59 may be in.,
. . .

. . ,, e .

voluntary; for quit rates were equal but layoff rates were higher-when he compared
.

blacks and whites. This is only a let, for it is exceedingly-difficult to-dis,-

.

.0
. ,

.
0 V

,

criminate between unemployment originating with the individual from unemployment that

has its source in the job.

.r. 4 .

B. Studies. of the Effects pf Welfare Programs *Labor Market Behavior
. ".

'. Hiving presented data on the labor market hehavior o the heads of low income.
A

families,: we can proceed to a ,discussion of h77115the.availabilfty of welfare programs

influences that behavior. While,we have focused on the activities_of the heads of

55.
V
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, 11
,aadlies, previous empirical work also has included married *oden. The work,

, 1..;: d ..

, .

effort of such women b aeCOMes.particulaily important when transfer programs cover
. . .

.-

the near -poor as well as the poor.
--;

'

-. 1 The Theory of- the Labor Supply Effects- of_ Welfare nt,

The economic theory of labor supply yiel4vpredictions on how transfer
AIF:

ptogramsafgect work effort.' In particular, the theory suggests how income guarantees

and tax or benefit -loss rates separately affect the amount of labor supplied by a*
. .

household. The .effects on work effort of othei program,characteristics, like.the in-
. , . .

- "--
come accountipg system and the work registration requirement, could also be analyza44

.

c

but those have so far received far ,less attention than the guarantee Snd.tax rate.

The income guarantee works like an increase, in unearned income, tending to discourage
.. ,

work effort. The tax rate works like a cut in the wage rate and has a more complicated

effect. Oa the one hand, it makes the, return to an hour of work smaller, making

work less attractive. On the other hand,it makes the person worse Off, which

could induce -him( to work harder, It can be shown that the net effect from an in7

cache guarantee and tax rate combined will always be in the direction of discouraging

work effort. An important qualification Must be made, however. The net impact

on work effort from a new income transfer program depends on whether a household will

be aboveror below its breakeven level of income.and also on the types of programs

..

un9iewhich it already receives benefits. For households well above breakeven levels,

the .effects are likely to be nil; their net wage rates are unchanged, if they are

not covered and, the guarantee or some net, benefit is far from its reach. For house--
. ...,

,

holds below- breakeven levels and currently not receiving any benefits, the net

impact on work effort is predicted to be negative. In addition, some households

slightly,above the-breakeven level may choose to reduce their work effort to

become eligible., It is important, to remember, however, that most low income families

"*.

'0 0 '.
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.1. .%. . .

-
.4. .. . ..

,.. ,
T. already, receive some income transfers. Their guarantees and tax rates, whether

. 4-.

fr6m AFDC, AFDC-UF; Food_Stamps, or public housing, are not negligible; especiallyc
. .

since the simultaneous receipt ofibultiple benefits is common. Any conclusions

-

on what happens to the work effort of these families depends on how the new program

changes their net gUarantee acid tax rates.
.-'

'Inmost studies of work effort, the term labor'supply has been operationalized

'by reference 4ther to participationin the labor force or time worked during some

recent peri6d,, usually either the past week or the past year. Attention has focused,

ehen, on a particular quantity of effort, but not on the timing or the pattern of

effort. As Cain and Watta.have noted, however, an actual count of hours worked per

year may capture. some of the impact of transfer Programs on the timing of work:

most workers are restricted by institutions to workingJ40 hours per.week all year, or
3

to not working.at all; thus, if workers register less than 2,000 annual hours worked it is

because oftsbme (full-time) unemployment, voluntary and involuntary; not because

they are working less than 40 hour's per weak. In an interim report on the NIT
. . . .

experiment, for example, Watts suggested that the effect af income transfers might

'be to induce workers toprolongtheir search for new jobs once separated from a job..
1 2

If hours worked per yean picks up these timing effects of income transfers, it clearly
. -

doe's so imperfectly.. In any case, it is important to note that the theoretical

_predictions about the consequences of'income transfers have not been related directly..

to the timing orpattern of labor supply. This study, however, makes some empirical
.p

effort in that direction.

.

Although the relationship between welfare programs and employment turnover has

gape virtually unstudied, that between welfare programs and the quantity of work

2

effort has.received extensive.attention. In fact, three critical 'reviews of the

literature ve been Written.

5j 4
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2. lipirical.Estiniater of Labor Supply Effects.

Inferences on how welfare programs affect work effort largely are drawn

fret Cross;-sectional datathat are, not relateds,to an income transfer program. The'''.

d.ata typically. contain observations on iridividuala facing: different market wage
. . . ..

-9ftes and different amounts of non-employment income. It is assumed tha.C.all in-
,..

.-- .dividuals in the cross - section have the same behavioral parameters. Differences

observed work effort are then explained by differences in explanatory variables
.

.like the wage rate and income. Under these assump4Ons, differences over,. time in
. ,

the wage rate and income for a single individual are predicted to lead to similar

differences in work. effort. Since the gUarantee level of a transfer program has

an effect like unearned income, and the tax rate like the wage rate, the effects

of the transfer program an work effort can be deduCed. Most studies!.of this type

rely on data from the mid-sixties or earlier. These studies usually ignore the
.4

affect on the net wage rates facing persons in their samples .of the tax rated in.

existing transfer programs, but coverage of such programs, especially mal4headed
. k.families, was far more limited at that. time than now.

- /

Carfinkel has summarized the results of eight studies usrpg cross-sectional data

which are unrelated to particular welfare prcigranis. l4 Two types . of results are reported:.
.. ..

. - -- , .
;

v. -.- ... .

" ie.percent
,

annual WIT
guar. .the change in "labor supply" pe $1060incriase in thguarantee,,

-.. ,' -,:,-. ,.. -
and the percentage change in."lahor supply" per, ID percenp4e pc3.4.4. increase in the::

.- , --,
tax Or beriefit;,--loss.rate. The measures, of labor supPly...vary 14.41-Yamong the,

studies,: from hours worked last "year to therati`o of earnings las# year over the
r' f . ..

predicted wage far lat year. 15 .
Oarfinkel_ characterizes iha--.4 v4 gen,.e' among -che'...,

. . . .
%

.
. , -..

studies in the estimated effects as being "itriicing and disturbing. "', To!. eiee'the

extremes, the high estimate predicts a 5, percent decline fri". lat;rc supply per,81;0k.
,-,-: -. .. --..-:::: ,;;;',- '.'s.,''''.e:- "... ::; ",:--:-

increase in the NIT guarantee; the low estimate predicts a :8_percent.reduction, in

labor supply. With respect to the tax rate; the extrepte.estiMates -area 5 ver:eent.

*-.,.
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;

_-: . .- " . ..

decline in labor supplY,Rer'n,b00 increase in
.

the NIT guarantee; the low estimate
- .

,
. ' ..

_ .
. . ,

ptedicts.a ..0 percent reduction.in.labor supply, lethrespect to the tax rate,
. . _

4-s
theextr4me estimates area 5,percent decrease in labor supply pet 10 point increase

. - - ' a ,...
.' --.--

ygraUs a 3 percent increase'per 10 "point increase. Given the mean wage rates and
. -.

.

mean ""amounts non - employmentMounts of non-employme income, all-of these studies -predict that an NIT
..' .

.

-.'

, -. - , '' 0-

programwitha $3,000 guarantee and a 50 percent tax rate would.ecauge,a decrease in
. .

._. .

labbt supply put the amount of thepiedicted decrease ranges horn 3 to 40 percent for
. .

.. .- ,

.'
3641e-heads. Garfinkel's best judgment_isthit the range of estimated effects is

''-more narrow, going only from.1 to.6.percene.

, ; ,

Given the recent expansion of programs for low',income families containing guarantees

. .

and tax retest the estimated additional labbfgupply,effects ofja '0,000 - 50% NIT

progpam would have to be-iless than what is suggested by Garfinkel's second range of

estimates. ty,..July 1972, the average.cash,welfare plus food 'stamp benefit available

_to a mald-.-headed family Offour.in the ii:S/. was' $2,431,16 while its .total. tax rate
.

. .

.

over the first few ihousaad,dollarp'Of.earnings exceeded 30 percent. Of course,
,..01... ,

,
4

.

guarantees and tax.iates vdried,greatlyaround these averages, but these figures0

provide an indication of the fact, .that a new "NIT program will" be, raising non-
,

employment incbmes and tax rates from near zero levels, even fof male-headed kaMilies.
.1 ,

. .

In summarizing, the findings of non-experithental studies on how income transfers

,

affect the labor supply of married Women'and female heads pf Apusehoids, again we ,

rely on.Gaifinkel's presentation. WithreSpect to the latter demographic groups,.
. . .

...
A

program data as well as,the regular cross-sectional data arp available for analysis.
...

.. ,

Compared to'the labor supply response of male heads of households, we would expect
. . . - .

-(- .
.

that of married women and female heads of households to be greater. Working less,

than full-time all yedt is more acceptable for women than for men. Given prevailing
\ -

;attitudes on the ability to raise children and do dailY housework chores, women are

- .1

t
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assumed more able than men to put to productive use time not spent at market work.

Faced with an income transfer, then, we would expect women to withdraw their labor

more readily than men. In fact, the cross- sectiopaL studies yield results consistent

with this expectation. Per $1,000 increase in the guarantee, the range of labor

supply reductiops is from a low of 4 to a high of 30 percent. (For male heads,

recall that the estimates ranged from .6 to 5 percent.) Per 10 point increase

inhe'tax rate,, the estimated labor supply reductions ranged from 4 to 1017percent.

(For male heads, the range was from a 3 percent increase to a 5 percent decrease.)

Studies of female heads using cross-sectional data indicate that their labor supply

maybe somewhat less sensitive than that of married woman, but still much more sensi-

tive than male heads to both guarantees and tax rates. Studies of female heads of

households using data from the AFDC program support the position that the sensitivity

of the labor supply of feMhle heads is greater than that of male heads.17

In viewing these results, Ashenfelter and Ehrenberg note that the estimates of the

impact of income transfers on the labor supply of both categories,of women are much

more divergent than are those for men.' Along with Garfinkel, they have listed the

many serious sources of bias in them, concluding that what we really have learned is

something qualitative: that the labor supply of women is more sensitive than that of

men.
18

Going beyond these summaries, we should not overlook the important fact th t

by July 1972, the average AFDC plus Food Stmap benefit available to a female-headed

family of four was $3,442m
io''

y 1974, this sum exceeded $3,700.' With the

value of Medicaid averaging $800 per emale-headed family of four across t44 country

and given the virtual universal cover& of poor female- headed families by these

three programs, most such families faced cumulative income guarantees that are un-

likely to be raised bya new, universal NIT program. Such families also faced total

benefit-loss rates averaging about 30 percent; considering work-related expenses,

their gain from an increment of $1 in earnings usually was less than 50 cents.

BO
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A welfare reform program is thus likely to make little change in the benefits

available to female headed households. If these facts and assumptions are accurate,
a

it follows that knowing less precisely the labor supply sensitivity of low income

women should not be'troublesome for policy makers. Welfare reform is likely to

brigg larger environmental changes for low income men, whose supply of labor also

is quantitatively more important..

C...4, Review of the NIT Experiment and the Labor Supply Studies Resulting From It.

1. A Description of the Experiment

The first NIT experiment was not a great success as an experiment, but in

the three years that it ran in each location, it accumulated such a rich body of data

that careful analysis could provide extensive new information on numerous aspects

of the behavior of low income families. The first NIT experiment was launched in

four cities, three in New Jersey and one in Pennsylvania. Altbgether,a sample of

1557 families was selected. Each family was interviewed thirteen _times, once before

the experiment started and then once each quarter during the three years of its

duration. The questions ranged widely over many aspects of behavior including ex-

*

tensive questioning on labor market activities of all family members. The data from

the experiment, referred to in this study as the "Wisconsin data," thus provide a
a

three year time series for each family in a large cross-section. Whereas the previous

cross-sectional studies had to_infer individual behavior completely from comparisons

among individuals, the NIT data provide not only the comparative data, but also

a limited amount of variety in experiences for each family over time. With such

a body of data an analyst has an opportunity to study not only what determines the

level of a variable, but also what influences its pattern over time.

The main purpose that led to all the data tollection'was, of course, to conduct

an experiment to test the effects of a negative income tax, Households selected
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for participation were randomly assigned either to an experimental or.a Control:

- r

group; once designated to receive the experimental treatment, households were assigned,

not-randomly, to one of eight.NtT treatments. The latter assignments, based on a

complicated model designed to minimize costs for the infOrmation obtained, ,generally

placed households with lower pre-enrollmeni incomes under the less 'generous experi-

mental plans and households with higher pre-enrollment incomes under the more generous

plans. The NIT treatments:Varied only,in the,guarantees and tax rates2facing the

households, and were in effect for la period of three years. The control group was

to receive no payments. The experiment was thus designed td detect the effects on many

aspects of behavior of several distinct variants of an NIT:

As might have been anticipated in a social experiment, unexpected changes in the

welfare environment substantially altered the actual treatment of families, muddying

the previously clear-cut distinctions-between the various experimental treatments.: .

1,

New Jersey instituted the AFDC-UF program shortly after the NM experiment began. This

meant that families in the control-group who were not expected to receive welfare

benefits as long as they remained intact now became. eligible for them; it also meant

that families in the experimental groups now could choose between receiving an NIT

payment, an AFDC-UF payment, or neither.
20

Before its 'guarantee was cut very late

in the experiment, the annual guarantee in the New Jersey AFDC-UF program was

$4,164 for a, family of four. It was higher than the guarantee in seven of the eight

experimental plans. Pennsylvania also had a welfare program with a guarantee of

$3,756, exceeding five of the eight experimental guarantees.

Three additional characteristics making AFDC-UF more attractive than IT Were

the automatic eligibility of AFDC-UF recipients for sizable food stamp and medicaid

benefits; the deductibility in AFDC-UF of work-related expenses from earnings,_which..

greatly reduced the effective benefit-loss or tax rate; and the short accounting period

in AFDC-UF, which -minimized the effect of'previous income on current benefits.

62 .
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. _ . .. -- ....- -

In comparison, NIT had the advantage that establishing eligibijItY foibenefIts.
. - , _ .-, / . ._ _,, . , - .

- . . ___. , .

was easier because thg male head not-have been fully y unemp oyed -- as was..
.

. ,

necessary under.AFDC-UF -- to get on.,the program. It also wae,easier to maiutai ''

eligibility for partial NItbenefitii because the: zialq. heads'.i4:4* ititoSected only to',an
. .

earnings test; in AFDC.,11F, maie:heads had to forego eligibility if they,worked,for,100'
-.--

. .

.

or more hours in any month, no matter whattheir_earninga.were,',On:balancitendnik*
- : ..-

have been easier. to get on. and remain_onthe NIT:plana,bnt It shonrd_have beell mCme
-.....,.

. ., .--,-t- --.,

attractive t o,to on AFDC-UF than n most of t whilehe NIT plans unemployed-, or Odekit4
. .

7. ,.: ,,, ,

-part-time..

The relative attractiveness of welfare and the variousNIT plans best is
. .

,
. .

, , ,

-.. . ,-
demonstrated by the choices that the families made. Families in the Control geoupi

. , , 4.

obviously, could choose between-a welfare payment and, no payment. Fatikiegin'hi
. 4

experimental groups could choose between welfare or NIT payMente, or neither.' Previous k

. '

,
. -

4 's
.

,

,
,

,

,
. . .

studies conducted by ihe staff of the institute for Researoll'on-PoVerty 'tilq
. ..,

Yi

t

, - - ..
, ..

University ofWisconsinI.Jhereafter, the "gisodnein staff;"ruied d,"Continudds,_ ...

.

,husband-wife sample." The choices made by the familie4 in the sample wity.WhiCh. :1
. -

...

the Wisconsin.-staff worked are'presentied.in7abIe.II-6: Our warkda--based on a

. ,
. .

somewhat different samplechosen
t
so' that'we hate a completeWelfare record fdi

. .,

. ,. ., -

.
.

every family included- -T ab-le i4;-7,.presents the choices made'Sy families in our
, . , . ,

sample. In bi;th samples, partiCipation in;AFDC-UF wasextensive... NOE:e that in bdth
....

L

.samples, beginning with the third period, families, in the 50-50 and 75-70 plans.
. .

.

, -
. . . ,

.

-far more often chose. to receive AFDC-41F-:than NIT benefitiq while Ili the 50-ap and.:

."75-70 plans, the division among those drawing, benefits uatlally was
t

roughly-40WCeni

AFDC-UF and 60 percent NIT. Thus, in.only four of the eight pladadidithe NIT 'program,
,.. , . . , - -.,

. , ...

. typically dominate the AFDC-UF program. In the,other four treatment:gioups, the AFDOPP Par

ticipation rate typically was not less than half of what it was in the Cont.,.- rol grOup
,

, -
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.a. The figures in the fir* row: of, eackse.of,three rows15,0ePerCent'of,_
families in a given period in the reppedtiveeiperimeatil,groulissand control
group which received an AFDC-!UF payment.

b. The figures in the second row of each set of rows is the percent of families
in the respective experimental groups which received NIT payments.'

C. The figures in the third row of each set of rows is the percent offaMilies
in the respective groups which received neither AFDC-UF nor NIT payments.

d. The three numbers for a given grouts and time period should add to 160 perdeat.
Where they do not, it is because of rounding errors.
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It follows that if ke were to compare the mean.pf,a variable like hours worked

for each of the treatment groups, observed differencescould not necessarily be

attributed to differences in tle experimental treatments. The control.group, rather

4-
than receiving no welfare, now .may.receive payment's, but under a program other than

the NIT. The comparison between the experimental, group as a Whole and the control
. ,

.

groupno longer, isolates the "pureeffects of an NIT, but merely shows' the

differential effects of the two welfare programs. Since AFDC-1JF..is complicated,

it is difficult even to compare' program characteristics, or to predict which program

should,most discourage work effort. Although an actuaj. recipient of AFDC,1UF is tore

limited in the amount he'can work than an NIT recipient, it is more difficult to

,.
get on AFTC -UF in the first place. Those who do not get on will probabiz, maintain

a high level of work effort. The difference in work effort between experimental '

and Control groups thus depends, in part on the effects of each program on recipients,

,but 'also on the proportion of recipients among those eligible foi each program.

Similarly, it is also difficult to distinguish the effects. of the various 'NIT

treatments. .For each of'the NIT.treatment groups now includes a combination"of

NIT and AFDC-UP recipients. In order to isolate the "pure" NIT effect one needs

to separate NIT and AFDC-BF recipients, but-also to identify what kind.of individual`ti
chooses one program -rather than the other. These are herculean tasks, but the

WisConsin staff deVoted great energy and intelligence to the task of distinguishing

the effects of an NIT.
,

Before proceeding with a review of the labor supply studies of the Wisconsin

staff, it should be noted that comparisons between treatment groups is not vile only

way to study the data from the experiment. successful experimental approaCh would,

of course, provide several clearly distinguished transfer progrAm4, with'each family
.

.

. .

kept in an unchanging welfare environment for the duration Of the experiment. Con-
, 4

trolling the characteristics of the sample receiving each treatment through careful
-
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experimental design, observed differences in labOr supply would then measure. the

"pure" effect of transfer program differences without relying on complicated in-

ferences and questionable assumptions that-gd into the usual cross- section study.

In view of the extensive AFDC-HF contamination in the first NIT experiment, one

cannot rely on the treatment categori A Lu identify the actual transfer environment

rfaced by any fily. Thus, comparisons of labor.supply between treatment categories .

can identify the "pure" effects of various NIT plans only with the aid of complicated

inferences and questionable assumptions. 21
In view of the complexities, in studying

the treatment categories, an alternative approach would be to ignore them in analyzing.

the data. Each family would be faced with the guarantee and tax rate for the program

in which they actually participate. The separate effects of these would have to be

deduced from a regression analysis of work effort over a crosssection of all families.

The chief advantage of the experiment is thus lost, but it is lost even if the analysis

continues to use the treatment groups. The remaining advantage of the experiment,

ether than producing a large body of data, is that it did face families with a sub-

stantial variety of welfare experience. Over the cross-section, there ismuch more

vart4tion i0gUaranties and tax rates than if AFDC-UF had been 'the only welfare--
,

program. This improves the chances of getting reliable estimates of guarantee.and

tax rate effects. We are not arguing that analysig by treatment groups is wrong.

Rather, in view of the complications, it may be an inefficient use of=research time
4

when the data provides so many interesting researchopportunities.

2. The First Results from the NIT Experiment

et. Response of Male Heads

Harold' Watts did the analysis for the Wisconsin staff of the-labor -supply-re-

22 v
respoUseipmarried ben. Having presented results whic 41144481y-ignore the AFDC-UP

problem, he conducted his more sophisticated analyseb after,excluding all-families in

.t#e 50-50 and the 75-70 treatment groups. In the latter work, here is no further effort
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to adjust for the AFDC -UF problem in the other six treatment and control groups,

The important results of his yrork are presented here. First, his findings varied

with his measure Of'the dePendent-veriable'and by ethnic group. Labor force pant-
-

cipation seemed to be unaffected:by the several treatments. Over time, employment

fell and unemplo eot rose, however; among whites and Spinish-surname male heads,

while they moved in'the opposite direction for blacks; only for the Spanish-surname.
.1.

were the changes statistically significant. Hours of work fe 1 significantly in the

1white and Spanish groups, the decreases becoming lar er with the passage of

time during the experiment; among blacks, hours of'work, like the other measures of '

supply, showed a surprising, although not significant increase. Secondly, decreases

in work effort were greaterthe lower the male head's normal level of earnings'.- For

Watts, a pivotal example.of the experimefit's effect was the 4-5 perEent reduction,
.

from the mean,Of 35, in the weekly hours of work for white males under the 100-50 plan

in the middle of the experiment.
23

Thirdly, while a statistically significant ex-
,

perimental effe*was detected in comparidg the entire experimental group with the

control groups, if consistent pattern wag obseryea amongAMales facing different
. . .

guaranteet and -tax rages. As'between.pexsons ln the plans with 50 percent and 70

percent tax rates,^for example, this should not beSurprising: at the close of the

experiment, only 5 of 85 persons and 26 of 86 originally assigned, respectively, to

the 0.and 100-70 plans were still receiving,NIT payments, the remainder being

either on AFDC-UF-or not receiving a NIT payment.

Garfinkel analkted the impact of ,the AFDC -UF'problem on the rvults of, the ex-

periment by trying to Termine the sensitivity of the findings of the experiment to

various assum ptions about how those whoreceived APDC-UF during the experiment would

have worked in the absence of the. program.
24

He tries to test the effect of three

alternatiVe assumptions: 1) that those in all groups who received AFDCrUF would have

worked in its absence
.

as much as they did wen it was available; 2) that such persons

would have worked the same amount as persons in the sample that never went on AFDC-UF

69
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but had similar demographic charadteristics andwere in the same group; 3) that

persons in control group families receiving AFDC-UF would have worked the same as.

those in the control group Who did not,'but persons, in experimental families re-

ceiving AFDC-UF would not have changed their work effort in.its absence. In ,

Garfinkelts view, these assumptions will yield, in turn, .1.mv, intermediate,,and

high estimates of what the differs in labor supply between control and ex-
-

(7

.perimental groups would have been in the absence of the AFDC-UF program. For example,

the third assumption implj.citly imposes es in behavior on sample members that

should exaggerate the differences between control and experimental groups that other-

wise would havearisen. Presumably, part of the difference,within the control

group in work effort arose not because some people had a stronger taste than others

for welfare, tut rather because they became involuntarily unemplOyed; and some of

th'e experimental group persons whose work'effort was negatively affected by AFDC -UF'
'4

would have worked slightly more-under less generous and constraining NIT plans. If

so, increasing subsOntially (by this third assumption)-the Work effort of certain

control-families and leaving unchanged that of greatly affected treatment families

maximizes the difference in work effort between the two groups.

Using average hours worked for the, twelve experimental periods as his measure

of ,,labor supply, Garfinkel finds that-the experimentals worked 2,6, and 9 percent

less than the controls under assumptions 1, 2, and 3, respectively; with the latter

two differences statistically significant at or above the 5 percent.Level.2
5

When he makes the comparisons by each of the distinct experiMental plaps4 statistically

.
,

.
.

significant differences between the respective groups and t

Ah,e

control group begin

. , . ,
to appear under the second of the three assumptions and, as might be expected, only

for the more generous treatments. Recall that under the less generous treatments,,
:

.

there were few families who actually received NIT payments: Thus, there was a trivial

number of cases in those groups among whom control-experimental, differenCes Were,likely

1 I,
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to ariseand any observed differences, when averaged over all pers'ons in the groups,

'would hale to be small. Garfinkel, therefore, summarizes his results by poting that
. .

7 .,

the AFDC-UF program.did affect the findings of the experiment, although the effects

in abscilute terms were not'verygreat. Moreover, by dominating the less generous

e 1 .

trattents, the AFDC-UF program . made.it virtually impossible,to develop coefficients
. ...

for the increase in an NIT tax,rate from 50 to 10 percent.

1): lesponse of Married Women'

In the analysis oi= the realmon'se of married women by Glen Cain and his
- ,

. 4, X....

colleagues, families in all plans reCel.ving AFDC-UF always were included; and analyses,
.

also, were done distiriguishing between those on and off AFDC-UF as well as among those

who were above from those who Were below NIT breakeveh levels. 26 Given the sample.

design, not many families with working wives could have been seletted for the experi-

ment. "Again, the result's of the analysii differed, according to the dependent variable

used; as well as by ethnic groUp. Among white women, in geneiai, work effort declined..
.

.to a statistically significant degree whe considering _labor forCe participation or

hours worked as the measure bf labor supply. Among black women, a decline was not

observed in either labor supply measure? except at the lowest leyels of normal income.

Among Spanish-surname women, a decline was observed only in hours worked, but it. was

not statistically significant. As one would expect, the reduction in work effort

was greater among the married women than among the.men: from a mean of roughly 4 hours

per week among all white wives, i.e., those working and those not working, work effort

dedlined among women in the 100-50 plan by roughly 25 percent(compared to 4-5 percent

fo;--,males in thatgtoup).
27

Once again, a strong and ansistent pattern Couldgroup) .27

not be detected in the effects of rising guarantees or tax rates.

.-
"tike Watts, Cain hypothesized a relationship between. normal income and the impact

of a NIT plan. In the study of ma'rr'ied women, hoWever, the assumption vas that there

was a sharp discontinuity in responses When normal incomes reached NIT'breakeven levels
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k
.

'of. ncoilie; families below,belosuch levels were assumed to be influenced by the relevant
.

.::

*ogram parameters, while those whose incomesirere abOve such levels were assumed
. . ,,..

:
. ,. .

to be totally unifluenced. In feet, Cain did find arelationship between the normal

income of a family and the impact of an NIT plan. By facingg-the families whose incomes
.

were on different sides of the breakeven levels with different program paraMeters
_

.

.

Cain and his colleagues estimated a quantitatively smaller but.,a statistically more.

sighificant impact Of guarantees and tai rateson various measures of work effort

Their findings,than when all sample members were faced' with similar parameters.

interestingly, were sensitive to the measure of normal income which wasutililed to

determine breakeven levels." By ebtimating a quadratic function, the authors viers

able to detecst, especially' for Black and Spanish-surname families,.that'work dis-

incentives were greatest at very low levels of normal income but that they reached their
' ir

peak well below breakeven levels of income.
2 8

Tlievork of the Cain group also included an attempt to estimate the impact of the

AFDC-UP program on the findings for their sub -group of the sample. Cain's group

. concluded that the APDC-UF program did not have a statistically significant impact.

on the overall findings with respect to married women. Interestingly, though, when
,

,
,

. .

. they used average hours' worked over the twelve experimental periods as their measure

.of labor supply, two of their four models.yielded results quite comparable to those
.

of Garfinkel for the game group.
29

Garfinkel had found that married women in the

' experimental groups worked 14 percent fewer,hourathan did women in the control group,,
.. .

,
,

using his second assumption:on how to treattheAP6d-Uf contamination problem.

.. k ..... ''' -'-'' .. .
. . .

. Estimates by Cain in his two models were roughly, 12 percent. Garfinkel's differences

also were not statistically significant! Not having come up with statistically
,

. .

. .
. , i

signiftCant results when incorporating Garfinkel 's second assumption, the Cain group

conducts all of its'work by including all families in, all eight.treatment groups

in their sample. (Recall that Watts dropped the two least generous plans.)
, .

7 2.
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The 'Response of the Family

- 63- -

0

Robinson Hollister conducted the.Analysis of the impact of the NIT plans

on the lahor*supply of the entire family unit.
30

Hollister always eliminated

,all.families whethey received AFDC-UF and sometimes eliminated in his ebpirical

work .thoie not receiving AFDC-UF if they were in the 50-50 and 75-70 plans. Healso

. ofteri'disti4gitished the responses of families above and below breakeven levels. His
, ...... -' . , -,

-,' :finding's also'vary with the dependent variable used, as well as by ethnic group and
..,--

4perimental time. Among white families, both earnings and hours declined significantly

in the experimental group. Among black families, earnings increased significantly but
. .

hours of work declined significantly. Among Spanish-eftrname families, earnings and ,

hoUrs'decline4-signficantiy. Among whites and Spanish-surname families, the declines

Lastly, as Watts and the Cain group found, theoretically. expectedincreased with time.

and consistent patterns by guarantees and tax rates generally could not be detected.
31.

.

For-whites and Spanish-surname fathilies on the 100-50 plan, the induced decline in hours

worked was on the order of10 percnet. Another interesting finding of Hollister';

is that declines in work effort were greater for families with greater variance in

income, other things constant. This finding, he speculates, could be attributable

either to.he fact that families with high variance learn abOut the:ithplications

of high tax rates; or that the NIT paythents reduced the need for families to send

secondary,workers in a family into the labor force when the primary worker became

unemployed.
411

Hollister's findings on the relationship betWeen normal income and the impact of

the NIT treatments on the labor supply response of the family-appear to be at,variance

with the of-Watts and Cain. He finds that the higher the ,level of normal total

-,family earnings, the larger the negative experimental differential in family hours or.

-ear4ings. His speculative explanation is that
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"this greater responsiveness may have reflected the
concentration of families with working wives at higher
earnings levels.. As has been found in other chapters
of this report,'workingwives resp9q more than male -

heads to `the disincentive effects."

Thus; the apparent inconsistency among the three authors well may be reconcilable.

Beyond excluding all families when they received AFDC-UF, Hollister attempted

to test further the impact of the AFDC-UF alternative on his findings. Hollister

developed a special subsample of families in at remaining six treati6nt groups who

typically would have received a higher NIT than AFDC-UF payment, given their normal

incomes and the parameters of the two particular program alternatives facing any one

of them. Using this small subsample, he concluded that differences in tax rates had

a bigger impact on work effort than he previously was able to uncover, but guarantees

had no impact. Given the fact that he was compelled in this subsample to consolidate

all ethnic groups, his confidence in these'findings is very limited.

Supplementing Hollister's analysis of the impact of AFDC-UF on the family's work

effort is Garfinkel's. His findings are that family labor supply, whether measured

by family earnings or family hours worked, was sensitive to the AFDC-UF program. The

i

differences between the control and experimental groups were 6,9, and 13 percent,

depending on the use of assumptions 1,2, or 3. All three of his differences were

statistically significant at or above the 5 percent level'.
33

As was the case with studies using non-experimental data, relatively little energy

was devoted to measuring the.impaci of the NIT plans on employment patterns. Holding

constant the diaracterisitcs of individuals and the jobs they held, Seymour Spilerman

and Richard Miller attempted to.assess the'effects of the generosity of.the NIT plans

on the rate of job turnover, the duration of unemployment, and the pattern of re-
.

employdent. 34 SpiQuan and Miller did not adjust for the AFDC-UF problem, nor did

they distinguish between families with and without NIT payments. Contrary to their

expectations, they found that job turnover declined with the increasing generosity 74
of the NIT plans, the latter apparently'failing to induce added search in the labor market.
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Again, contrary to expectations, plan generosity was not positively correlated with

the duration oPpnetployment, although a hint of such a relationship appeared among

whites. Since Spilerman and Miller detected-evidence suggesting that workers at

low levels of earnings increased their job attachments as a result of receiving

NIT benefits, they speculated that people treat such benefits as wage increases on

current jobs. Lastly, the authors found some supplort for the view that generous,

NIT benefits facilitated the movement of younger, more educated family heads into jobs

with potential growth in earnings and satisfaction. We cannot be sure, however, that

they were observing something other than normal job mobility patterns among age groups.

The study is limited by failure to account for the AFDC-UF problem, is well as by

the repeated inability to genera.e statistically significant results.

D. Conclusion 0

Our review of the literature on the employment Of family heads in the low income

population and how it is affected by the guarantees and tax rates of welfare.prOgrams

414

has yielded several major points.

1. In the low income population most family heads, female as well as male,'

are employable. While only 15 percent of female heads of AFDCfamilies are employed

at any, moment in time, roughly 40 percent work at some time dut'ing three years.

Employment typically is part-year or part-time and at relatively low wage rates.
4

Not surprisingly, employment ismord prevalent among male heads of poor (not welfare

poor) families. During the year, roughly two-thirds of such msx!-.Nork it some time

The extensive labor force attachments of such-women and men suggests.that under the

existing welfare program most families will work of their own volition at some time;

and thus Orograms'which get them jobs largely will Vb. affecting the timing of their work.

2. Studies using non:experimental data suggest that guarantees and tax rates

;in welfare probe= should affect work effort negatively.. The effects vary by sex,

the work effort of women being more sensitive to welfare programs than that of men.

The /effects far either group are not sizable. For example, the consensus of studies

7 5'
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using non - experimental data 1.6 that a $1,000,increase in the guarantee of-a welfare
.

program should lead to a decrease in work effort amorig Male heAdi of no more than

5 percent during the year.

3. The first studies of.the NIT experiment east; suggest that work effort

of low income persons is sensitive to income arantpas4 but they find. no effect

of tax rates. Because of the surPrise,development of the AFDC-tr program in the

state where the' experiment-was conducted, the design. of the experiment was damaged
fre

badly. Consequently, we believe that ajthough the data generated by the experiment

NO

ere useful in studying the impact of welfare on work, the use of the original ex-

. . .

perimental groups in doing this emnir4cal work is ill-advised. Reliance on the

:,

findings resulting from the early analyses of the NIT experiment should be limited.
MO.

4. Analyses of work effort in 'the lowAncome pOpulation and how it is influenced

by welfare programs concentrate on the quantity rather than the timing of work. Use-

ful studies have been done recently on work patterns in the gederal-population. This

study analyzes work patterns in our samples and how they are affected by welfare

programs.

A
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CHAPTER II

FOOTNOTES

1. This is a title of a recent book that emphasizes thi%point:,
S. Leyitan, M. Rein, and D. Marwick, Work and Welfare Go Together.-
(Baltimore:. Johns Hopkins University Press, 1972)t.

4

2. The AFDC data are fot "AFDC mothers in the home.". In 1973, roughly 85 percent 'o
AFDC units were headed by females. Thus; the data in the tables that follow
largely refer to female heads of AFDC units,_not.simply AFDC mothers.

3. Robert E. Hall, "Why Is the Unemployment Rate.So.High At Full Employment?"
Brookings Papers on Economic Activity, Vol. 3,.1970, p. 390.

_4. Robert George Williams,"AFDC And Work Effort: The Labor Supply of Low Income Femile
Heads of Household," unpublished doctoral dissertation, Princeton University,
April 1974, p. 13.

5. Over 90 percent of all poor female families receive AFDC at some point during.
the year. (See: Barbara Boland, "Participation in the 11d to Families With Dependent.
Children program," in U.S. Congress, Joint Economic, Subcommittee on Fiscal Policy
Studies in Public Welfare, Paper No. 12, Part I.)

,
.

6.. James Storey-, "How Public Welfare Benefits Are Distributed In Low Income Areas,"'
in U.S Congress, Joint Economic.Committee, Subcommittee on Fiscal Policy,
Studies in Public Welfare, Paper No.-6, p. 100.

r

7. U.S. Department of Commerce, Bureau.of,the Census,_Current.Population_Reports,
Consumer Income: Characteristics of the Low IncoMe_Population,.1972, Series P-60,
No. 91,1December 1973, Table 30.'

8. 'Williams, pp. 14 and 15.

9. U.S. Department of commerce, Table 31.

10. Robert E. Hall, "Turnover in the Labor Force," Brookings Papers on Economic Activity,
Vol. 3,-1972, pp. 709-56. See also: George.L. Perry, Unemployment.Flows in the
U.S. Labor Market," Brookings Papers on Economic Activity,Vol. 2, 1972, pp. 245-78;
and Hyman B.-Kaitz, "Analyzing the'Length of Spells of Unemployment," Monthly
Labor Review, Vol. 93, November 1970, pp: 11-20.

11. The impact of income transfers on the aged and teenagers has received attention.
We da not review the findings of these studies.

12. Harold'W. 'Watts, "Mid-Experiment Report On HaideLabor-Supply Response," in U.S.
Congress, Senate Committee on }'finance, Income Maintenance Experiments, February 18,
1972, pp. 111-8.
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," Irwin,4arfinkel, "IncomilranSfer Prograatid w(10:Etfopt A keView;"-and.
Glen G. C,ai' and iiarold,WOratte;._An ExiMinatio0414ent Gross- =Sectional
Ei4ence. ort1:4ribor,Force:Reeponse to InoOme.IWA001oelAielation," in

Coggreds,44ntEconOMid'doMmittee,,,SnhoomMitte441h,Fiscal 'Policy,
-.Studies. 111Pnblic-Welfare; PfiPer4o4:13-,gp.4,=32'andpp,_64-9-914and °rig);

AShenfelter, aid.,-, Rbnald.Ehrenberg "Wang, EsO.Mtes of Income and 840StitUtiop
Parameter:it to Predia the Work IncentiVe.E4eciiof'_Yarious Income Maintenance

P44taPis:kBrieftxPrieitionand_Pa"rtial.Survey.4the:EMpirice/Literiture,":..,
TeChnipal Analysis paper,No,:i, Office,of.:Assistent Secretary for Policy, ,

Education and Resarch, O.S. Department af Labor Juni 1973, pp-.

,

14. Having,no data from AFDC -pF ind_FoOd Stamps,_economists haVe not producedany..
!.. studies nn-mafe'lleads!cf faMiliei using 'progradw data', ;

. .
.

. ,
.

. .
. . $ .

15. 'A compact description of the meawes.oflaboraupply used in$.the studies using
non-'44i4.eri6ntal data is offered:in: Cain'and Watts,, pp.:85-6.

16. Between.July.1972 andauly 1974, Food, Stamp benefits have risen 34 percent to offset
partially the facenvinflatiOn. The variation among male heads of families in cash plus
Food Stamp benefiti'ind in total *tax rates arises.becanse AF3*-UF is not provided in mos
of,the,sbalaer.states. (These data are.tikin_frOm a very useful study: James R.

:$torty,'"Wegarelin'tlie ,0'sz,A National Atudy.of Benefits Available in 100 Local
. Areas, ", in U.S. Congress,, Uoint Economic Commitee, Subcommittee on Fiscal Policy,
4tudiesin:TublioVelfarel,Faper No.- 15,, July-22, 974, pp. 8 and 53;)

. .

4 Garfittiel;

:4shenfelter'indlhrenberg,pp': 21-22.
.

1,7

19:i Storey1 pp:.1 and 53.' i '
.

.---,

20, The, .contaMination of the NIT experiment by the surprise develOpment of an AFDC -UF

.:.4n program in New Jersey' and by the presence of two similar programs in Pennsylvania
,has received,extensive attention in two-previous-papers, One by Irwin Garfinkel
and Ae.'nthersby"Henry Airon. (See: Irwin-Garixtkel, "The Eff4ects of Welfare. on.
Experimental kesponse," in H. Watts.and A.-Rees,,editors,'Final Report of New Jersey
Graduated Work Incentive Experiment, Institute for Research on Poverty, University
of Wisconsin - Madison and Mathematica,1974,,Part.C, chapter II; arid Henry Aaron,

"Lessons from New Jersey-Pennsylvania Experiment;" unpublished paper presented at
a Brookings:Institution conference. n.the_NITexperiment, April, 1974.)x, .

,

21, Ca4gand Watts, infassesaing,the nonvexperimental.studies of the relationship between'
income transfers and labor supply, point to-the issues on which researchers art com-
pelled to make assumptions before they can.do_their work; and then indicate how
'sensitive these research results are. to the.assumptions that are We. The NIT_
experiments were launched to"avoid.such problems; but the analysts.ot the first
experiment were forced by unanticipated developments to rely on a new set of question-
ible,aseumptions., .4-
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'2, . Harold W. Watts, "Labor-Supply. Response of MarriO7Men,P. in_Watta and Rees,
Pari-A, chafiier LIa. . ' *

23'. Ibid., p, 46..

. . -
. .

24. Garfinkel's analysiS extended to married Women and
We report his results for these two groups.when.we-
liy Cain, et al., and Hollister. (Irwin Garfinkel,.
Experimental Response.")

the .entire famay _mitt
discuss below thePAPP.
"TheEffeeta:o0elfare.dn_

25. Using average, earnings as his measure of labor supply,- Garfinkel found insigni-
ficant differences for married women between the experimenal_and control groups._
In good part, this was attributable to a special problem, described below, which
arose it gathering data.

26.. Glen G. Cain Walter Nicholson, Charles Mauer, and Judith Woolridge. "The Labor
Supply Response of Married Women, Husband Present,, in the Graduated Work IncentiVe
EXperiment,h in g. Watts and A. Rees, Part, A, chapter 1IIa."

27. Cain, Tables 2 and 3, pp. 5 and 6.

28. Cain, et al., pp. 54-6 and 75-6.

29. Comparstha results in Tables 2 and 15in the paper by Cain, et al.

30. Robinson Hollister, "The Labor-ISupply Response of the Family," in H. Watt's and
**A. Rees, Part B., chapter Va.

31. Hollister, Tables 4-11, pp. 16 and 25.-

Hollister pp. 19-24 and 54?

33. Garfinkel, Table 8, p.. 39.

N.

v.

a

34. Seymour SpilerviAn and Richard Miller, "The Effect of "Negative Tax Payments on, Job

Turnover and Job Selection," in Watts and,Rees, Part, H, chapter VII.
s ,
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CHAPTER III

Work and Welfare Experience in'the Two Study Samples:

Stacie Preliminary Obgervations

.In this-chapter we took at work and welfare experience in our two data samples
, .

.

to see if any 'elatioilshlim emerge without applying complicated statistical techniques;

We examine bo-th work and welfare experience in two stages. For work experience, we
. .

first consider what distinguishes those who work At least some of the time from those

who never do. Then we consider the work effort and earnings patterns of those having

some work expetience,Suring periods covered by fhe'data samples. Similarly for

welfare experience, we look first at the difference between those who receive welfare

at least some of the time and those who never do. , We then investigate the welfare

experiences of those who ever are recipients. It should be noted that our later

.4

statistical investigations of igork and welfare experience are concerned only with the,
'.--

second stages of these two problem areas. 'Thus, ehrnings patterns are studied statistic-

ally in,chApters V and'Vt, but only ofthede who at some time work. Welfare patterns
'

:

are studied statistically,ip chapter VII, in this case only for,those who at Imme time
.

, : .

\
receive trailsfer.payments.

l
Chapter IV is non-statistical, investigating the Wisconsin

.4 4

..4. data by "a case,pispory approach. Statistical techniques have the advantage that se;/-

4, I ,,

oral explanaoryjactors:for'a variable can be considered at one time in such a way

, , . .,

i. -,
,

that thi.separate effect of each can be'distinguished. However, a certain amount gf

simplificaion.and abstraction necessarily, is involved. This chapter together with
, . ..

. .
.. ,

chapter IV, both non-Statistical in method; are intended to fill in the picture suggested"
by the .statistical investigations

checkon their results.

rc

of chaptIrs V, VI and VII, and also to serve as a
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As noted, the data from the negative inocme tax experinient are derived from a

7 , A
set of thirteen quarterly interviews, administered over a 36-month period, one at

the outset and then at intervals of three months during the actual experimenp. Orig-

inally, 1357 families were selected.for the experimental and control groups. Our

work on welfare patterns is done with a.sample of 894 families, chosen because con-

tinuous information On their AFDC-UF and NIT,experience was available to us. Our ".

work on earnings patteins is done with a much smaller sample because of missing

information:, With respect td labor market activities, respondents were questioned

about the.nature of their labor force participation and earnings only for the last

week of each quarter. Continuous labor force histories were not developed. With

respect to welfaYe experiences, respondents were questioned about their presence on
, . -.."

,
.

a cash welfare program at any point during the quarter and the size of their AFDC-UF
t

payments for the quarter; records also we e kept on the respondents presence on a

:)NIT plan and on the size of their quarter, y payments.
2

roo

Previous studies of welfare concentrated on a study, of welfare status -- whether
.

,

a family is on, or off welfare. This giyes only a partial picturelof the welfare

experience of a family, since the amount of its transfer,payment may fluctuate frewentl

even thougl(its welfare status, "on welfare," remains Constant. From another view-
.

point, the cost of aiding a family depends not only on the fact that it receives a

. .
.

1A .

transfer payment but also on the amount of that payment. The availability of periodic

information on payments permits analysis of such changes and is a major advantage
,

of the Wisconsin data set. 'The data on transfer payments, moreover, comes from inter -'~`

views administered at short, frequent intervals dnd were cross-checked with reOrds
I I

from the AFDC-UF and NIT agencies. In spite. of the matt that 'individual changes in

welfare status were not recorded, a reasonably accurate,picture of changes in welfare

A
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status can be deduced for each family. Complete on-off-on again cycles are highly

unlikely.to occur within any quarter. Therefore, changes i4 welfare status are likely

to be measured fairly accurately by recording welfare status at just one point during

the quarter. In contrast to the longitudinal data available for 1pew York City, ours

do not contain direct information on the reason for movements on'and off AFDC-UF, on

and off the NIT plans, or from one traufer program to another.
3

Nevertheless, we will '

attempt to infer whatever possible about determinants of changes in transfer payments

in our-later statistical analyses., This. work is novel, since heretofore research:has

been confined by available data to analyzing changes over time only4n welfare status,

not in actual payments. .

a . ....

."

The absence of continuous work histories
4

in the Wisconsin data implies that we are

unable to measure directly the duration of jobs and unemplo9ment. Of course, stated

explanations for.changes in employment status are not provided. Whereas changes in wel-

fare status can be reasonably deduced from once -ar- quarter observations, such is narumm.1

case with employment status. Hall estimated the duration of unemployment spells for

low=income males,,aged 30, during a period of relatively low unemployment, to be roughly

five weeks.
4

Further,,among those persons who experienced unemployment in 1969, 16

percent had three or more spells of unemployment.
5

Such persons are likely to be con-
*

centrated in the low-ihcome population: With unemployment spells being both short and

frequent for certain persons, assessing employment status only in the last Week.xf
.1r

--_, a thirteen week quarter runs the risk of inaccurately measuring work experience. Al-

though
i

we cannot provide reasonable estimates of changes in employment status, we can
.s, 4

offer an analysis of earnings, -both their mean over time and their variability for
. -

/:--:
each individual. -Indeedi a family nay go on welfare not only because its members are`

out of work, but also (depending on the welfare system) beCause it is poor. Poverty

may come either,from no earnings or from positive, but low earnings. A fuller picture
,

of the need for welfare arisesfrom a.siudy of earnings rather than from employment

3'

status alone.
0 .



The second aata set to which we had access comes-from the Panel Study on Income

Dynamics of the University of Michigan. Families in this nationally representative

. sample were interviewed annually for five years.
6

For our analyses, we selected famil

*which were, except fdr the possible departure of any member, essentially intact; whos

income, in f the five years, was in the bottom fifth of the income distiflmLon;
- '

whose head not over 60 in the first year of ehe study, ,There were 1635 such fami
s-)

.15

on the Michigan data tape. ContinuOus work and welfare histories also were not Aevelo

in this study. From, questions about labor force activities in the past week and about
. T.)

, ,

weeks worked during the past year, estimates were made of hours worked and hours un-

q
employed for the year for the family head-and spouse. With respect to welfare activit

-respondents were asked to proVide an estimate of the total amount of welfare payments
3

receiNed by the family during the year, It is thus even more difficult -to study eithe

welfare or employment status with the Michig d than with the Wisconsin data. .We
1 N,

shall again concentrate on,explaining tran fer payments and earnings.

The remainder of this chapter divides into a description of the work experience A

personein the Wisconsin and Michigan study samples In part A, of their welfare exper

ence in part 8,-and their work experience during periods in which their families recei

welfare payments in,part C.

A. Work Experience

The firm attachment to.the labor force of male heads of low income families is

borne,`out gild data we offer on the work behavior of male members of our to samples

Table III-1, pe0 A shows that 92 percent of the male headd in the W/sconsin sa

'worked at some time during the three year experimerit. To determine the basis for

the non-participation of the remaining 8 scent, the non-workers are divided in

,i:.the third and fourth columns in th upper 1)rt of Table III-1 into tworgroups, dif-

er'ing in the amount of time the male head was in his original houseehold.7

"IP,Ont
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TABLE III-1

Work-Related Characteristics of Workers and Non-Workers

Characteristics)

Mean No. Prds. Prsnt. (H)
Mean No. Prds. Prsnt. (FS)
Pct. With ildianA, 5
Mean Ag
Pct. Graduates
"Pct nhealthy
Pc Blk. & Span-Surname,
Pct..With Training
Pct. Whbse Spouse Worked .

A. Wisconsin Sample

MALES

Workers
(Ni0320)

ANOn
Workers

(N=74)

Characteristics

Mean No. Prds. Prsnt.
Mean No. Prds.-Sourse Prsnt.
Pct. With Children (5

.Mean Age
Pct. HS Graduates ,

Pct. With Disability
Pct. Disfigured
Pct. Blk. & Span.-Surname
Pct. With Training
Pct. 'Whose Spouse Worked

ve.

0

MALES

on-
Workers,
Prsnt.
6 Prds.
or less
(N=44)

Non -

Workets,.

Prsnt.
More Than-
6 Prds.

(N=30)

FEMALES

WorkersWorkers
(N=292)

Non-
Workers
(N=602)

AM.

11 5' 10 11

12 11 12 11 12 12

79' 45, 43'
,

46 71 79

36 42 42 42 33 34 1

22 8 4 13 30' 21

52 43 11 90 60 56

57 66 82 43. 58 58

24 11 2 23 14 8

30 65 30 43 84 96

B. ,Michigan Sample ,

MALE HEADS FEMALE HEADS

Non -

Workers' Workers -Workers

(N=1017) (N=46) (N=442)

4.5-

'3.9
82

39

53

31

13

57
19-

73'

4:3

'3.0

74

50 41

33

70,

63

48

15
47

8 4.

5

80

65m'

,50

11,
78

19

Non -

Workers
(N=130)

FEMALE SPOUSES

Non-
Workers
(196)

4.4
4.3
$3
36

32

--6

Workers
(N=706)

5 4.3
- 4.1

77

43
55
79

40
81'

81
34

51
NM On.

IM1

57

_/

' 9

9

\

-

S

55
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Notes to Table 11171

In the ndtes to each table variables will be defined only if they were not de-
fined in the previous tables.

A dash indicates that data are not available on the particular variable for the
indicated group;.or that none should be,available, as in ,the case of information
on a spouse of a woman who always was the female head. of the family.

k

,.(H) and (FS) stand always for "Head":4nd "Female Spouse," respectively.

4'

.

a

Definitions of Variables:

1. Mn. No. Pds. Prsnt. (H) and (FS): The mean among persons in the group of
the number of periods that he (she) was with the family with which he4lived
at the outset of the study. Periods,are quarters in the Wisconsift.data'and
ye/ars in the;Michigan data.

2'. Pct. With Children <5: The percent,Of the. group that., had at some time dur-
ing the study a child in the family that was aged 5 or less.

3. Pct. HS Graduates:' The percent of the group that completed 12 or mor years
of schooling.

4. pct. Unhealthy: The percent of the group that was condidered unheal hY as
a result of having some chronic,illness at some time duritig the exp riment..
This measure is the mElesh,health variable" on the WiScaisin ataff' ahalS71,
sis tape.

5, Pct." With Tr ining: The percent of the group,that.had formal job training ,

'outside of a regular school program.

6% Pct. Whdie, Spouse Worked: The percent of the group whose spouse ever worked
during the -study period.

7. Pct. With Disability: The percent of-the group that ever suffereq from-a
disabling physical or nervous condition that would impair the ability to
do aoerterin type or amount of work during the study period.

8. Pct. Disfigured: The percent of the group that was judged by the observation
Of the interviewer to suffer from a disfigurement that would limit the ability
to find work.,

CP

ti
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Of the 44 men who spent less than 7 of the12 periods with their original households,
.

41 left between the time of their selection and the time the experiment began. Thus,

since we do not know about their work behavior over the three years of the experiment,

we cannot be.sure that'they are non-workers. Among theremaiaing 30 non - workers, bad

.health seemed to be the distinguishing characteristic. While 52 percent of the males
;-

who ever worked were over "unhealthy," i.e.; had a chronic illness at some time during

the experiment, 90 percent of the non-workers (present at home for more than 6 periods)

were at some,tiMe unhealthy.

In the Michigan study sample, non-workers also are a small minority, 4Iiercent,

of the male heads. Again in this group, the

is their poor health: roughly two-thirds of

distingUishing characteristic of non-workers
- 0

.theM suffered from.a nervous or physical

i disability that they isserted,1 ited the kind or amount of work they could do; while

dita substantially overlapping gr thad a disfigurement which their interviewer felt

would interfere with their ability to find work. While such disabilities and con-
:

ditions ere common among workers, they were far more prevalent among non-workers.
t

For the most part, male heetiis %f low income families stay out of the labor force

entirely for,long periods only if they suffer from some disabling condition.

Also consistint with the review in Chilpter Iris the less prevalent attachment

to the labor force of female spouses and,femal4 heads. In the Wisconsin sample,

only one-third of the female spOuses worked ai any.time during the three year experi-

ment. In the Michigan sample, over the longer period of five yeara,twice
-

that fraction
, -

of female spouses worked at some time. Among women who duiingthe'study always were
7

female heads in'the Michigan sample, '77 percent worked at sometime. In both study

simples, female labor force particiPatfoU'appears to be slightly more common if the

male head is absent. IU'fhe W cousin sample, male heads-are present for, an average
. . :

of 10 speriods in households where the female spouse ever'worke4 and are present roughly

10 percent more often in the households of non-workers. 'Ino
the Michigan sample, among

8.6
.1
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I

the women who always were female heads, the proportion of workers, 77 percent,is slightly

higher than the 70percent among women who were female spouses at least some Of the time

c Since the group of female spouses includes women.who occasionally were family

heads, the contrast between the two groups in work effort,resulting from a male head's
e 1

absence may be blurred. Note also that working women are more highly educated than

non-workers, so that they may have superior wage opportunities.' Also, they are less

likely to suffer from disabling conditions. Even so, disabilities are common among

workers; .

ing distihguishad between workers and non-workers, we proceed with a discussion

of work experience by using data only on workers in the two study samples. Before
ti

going further, consider how the various "means" presented in Table 111-2 and thereafter

are, obtained. For each individual 'inthe Wisconsin pample, we have twelve quarterly

observations on many of the variables, like,hours worked (measured as the hours worked

in the last week of each quarter). To reduce this information to manageable form,

we first take the mean over time: of tars worked for each ,individual. Then an average

of those individual means is presented in the tables for each group of individuals

under consideration. .Similarly, the standard deviation of a variable like earnings .

is calculated for each individual from his time series on earning'. The tables then

.

present an average of these standard deviations for all of the individuals ina

,

particular group. (The latter mean appears in the tables as "Mean Std. Ddkr. Earnings.")

Our discussion of\the male and female workeis in TableS.I1I-2 and III -3 is directed
NO,

towards making initial jpagments abOut the determinants of low earnings. Families si

receive income transfers in our samples principally because their earnings are

insgficientr the insufficiency restating either from earnings that are low regulaily

or that are interrupted with varying frequency. Thus, we inquire as to why earnings

.r are inadequate, knowing that earningsfor the individual dre equal to the product

f

87
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TABLE 111-2

Work-Related Characteristics and Work Experience of Male Headi-of Families,

By Hourly Wage Rates and Hours Worked

Characteristics

.01-2.40
(N=206)

A. Wisconsin

2.41-2.80
(N=195)

Satple

Mean Wage Rates

4.81+
(N=15)

:1:8173:20
(N=183)

. 3.21-4.80
(N=201)

Pct: With Children44 5 74 81 79 83 ,73

Mean Age 38 35 37 35 35.

Pct,-Unhealthy, 56 54 51 48 40.

Pct. Disfigured --. --

Pct. HS Graduates 16 21 26 27 27

Pct. With Training 21 24 28 24 53

Pct. Black & Span. - Surname 54 61 57 . 59 20

Mean No. Pds. Empl. 8 10 . 10 11 9

Hrs .Worked 27.7 31.3 33.1. 24.1

Mean Hrly.Wage Rate . --

Mean Earnings 731 1015 1197 1447 1658

Mean Std.Dev. Earnings 308 364 406 468 886

Pct.With 3+(2+)Jobs 32 28 22 13 33

Characteristics

1-20
(N*155)

Mean Hours Worked
41+
(N=187)

21-30

(N*118)

31-40

(N=324)

Pct. With Children < 5 t, 79 78 78 82

---Me-an Aga 35 36 38 37

Pct. Unhealthy 65, 62 50 39

Pct. Disfigured
-'...

Pct. HS Graduates 19 17 24 27

Pct. With Training 26' 25 22 28

Pct. Black & Span.-Surname 65 54 59 45

Mean No. Pds, Empl. 4
9. 11 . 12

Mean Hrs. Worked
Hrly. Wage Rate

M Earnings
Mean Std.Dev. Earnings
Pct. With 3+(2+)Jobs

2.65
618
4'67

30

2.95
933
562
29

2.9'2

1212
339
20

2.'89

1438
325
15

88 ,
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TABLE 111:-2

continued

r

,

I

Characteristics

B. Michigan

Mean Wage Rate

Sample

2.51+
(N=285)

Mean Hours Worked
1801+
(N=669)

.01-1.60
(N=354)

1.61-2.50
(N =377)

1-1000
(N=101)

1001-1800
"(N=246)

Pct. With Children< 5 84 82 80 85 84 82,

Mean Age 42 38 37

Pct. Disabled 43 27 22 64 43 22

Pct. Disfigured 21 10 8 41 15 8

Pct. HS Graduates 41 56 65 51 55 53

Pct. With Training 14 18 26 20 20 18

Pct. Black & Span.-Surname. 63 57 . 49 55 58 58

jean No. Pds. Empl. 4.3 4.2 4.2 2.7 .4.3 4.4

can Hrs. Worked 1981 1964 1864 --

Mean Hrly. Wage Rate .-- 1.91 2.20 2.06

Mean Earnings 2278 3895 5940 926 3266 4590

Mean Std.Dev. Earnings 793 1082 1664 862 1404 1062

Pct. With 3 +(2 +)Jobs 38 34 -30 1 25 43

7.*

, - I

89

4

3
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Notes to Table III -2

In each of the mmeareCariables appearing below, that mean should be interpreted
in the following way. First, the mean over time is calculated for each individual
far the values of his wage, for example. Then, an average of these individual means
is taken for the individuals in each group. It is these ,subgroup averages or means
of individual means that appear in the table.

Definition of Variables

I. Mean No. Pds. Empl4 Based on the.number of quarters in the Wisconsin data
(years in the Michigan data) during which persons in the group were employed
at some time.

A
2. Mean Hrs. Worked: Individual,and groupmeans based on hours of work per week

in the Wisconsin data per year in the Michigan data).

3. Mean Hrly. Wage Rate: Based on the hourly market wage rate. The mean for each
individual is calculated, for periods in which he is present and for which a
positive wage is available as a result, of employment by dividing earnings by
hours worked. Wage rates in both data sets are deflated by consumer price index
(1967 = 100).*

4. Mean Earnings: Based on quarterly (annual) earnings caleulated over the number 16

of periods during tahich an individual is present in his'original home. Earnings

are deflated by a price index (1967 = 100).

5t Mean Std. Dev. Earnings: Earnings used in this calculation are defined in the

previous footnote. The standard deviation for each individual is calculated

for earnings over the 12 quarters (5 years in the Michigan data). Then the average of

these is calculated for each group of individuals. 040

6. Pct. With 3+(2+)Jobs: The percent of persons in the group who had 3 or more jobs
in the Wisconsin data (2 or more in the Michigan data) during the course of the
respective study periods.

°

7. Mean Other Family Income: Based on mean family income for each individual, which

is income exclusive of his own earnings and income transfers frbm welfare or
NIT; is deflated by the price index; and is calculated over the entire 12 qua ters
in the Wisconsin data (5 years in the Michigan data).

1,

99
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-TABLE

Work-Related Cha'racteristics and Work Experience of Female'Heads and Female Spouses,
By Hourly Wage Rates- and Hours Worked.

A.

Characteristics
.01-1.60

(N.452)

Pct. With Children 5 8-2

Mean Age 40
Pct. Disabled 39

Pct. Disfigured 10
Pct. HS Graduates 63

Pct.With Training 18

Pct. Black & Span.-Surname" 73

Mean No. Pds. Empl. 3.3
Mean Hrp. Worked' 1035
Mean Hrl.Wage Rate
Mean Earnings
Mean Std.Dev.Earnings
"Mean Other Family Income

1168
. 509' *

1817

-Michigan Sample

FEMALE HEADS

Mean Wage Rates Mean Hours Worked
1.61-2.50 2.51+.- 1-500 501-1800 1801+:
(N=142) (N =30) (N=128) (N=157) (N=157)

70

37

23

9

79

22

68

. 90 81 80 , '80

35 40 41 . ,-42
30 72 48

V 33
7 22 10

, 4

77 65 65 156

30 16 16 24

-- _57 80 73 82

3.7 3.1 2.1 4.3
1249 1027

2375

970
2179

2830
1559
2327

1.33
235

301
26,60

1.37

1373
, 854

1998

5.0

1.44

2692
755

1072

.01-1.60

(N=508)

FEMALE. SPOUSES

Mean Wage Rates Mean Hours Worked -)

Characteristics
1.61-2.50
(N=150)

2.51+
(N#47)

1-500

(N=366)

501-1800
-(N=249)

1801+
(N=61)

tt. With Children' .80 81 ... 85 81 85 61

Mean Age 35 33. 30 34 V.33 38

Pct--Disabled
Pct. Disfigured - -

Pct. HS Graduates 43 68 79 50 51 53

Pct. With Training
Pct. Black & Span.-Surname 62 49 28 42 '43' 38

Mean No. Pds. Empl: 2.7 2'.7 'sr 2.5 2.0 3.6 4.9

MeanHrs. Worked 585 607 509
,

Mean Hrly, Wage Rate 1.37 1,46 1.30

Mean Earnings. 835 1528 2134 557.,' 1562 2304

Mean Std, Dev. Earnings , '1010 1359 1945 468 963 709

Mean "Other Family InEome 4236 4734 5S17 48 60 4287 3616

Note:
.

Variables in this table are defined in the notes to-Tables*III-I and

91
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TABLE 111,3
I

continued-

B. Visconsin-Sample

FEMALE' SPOUSES

Mean Wage Rate , Mean Hours Worke41-

.01.11.60 1.61-2.00, 2.01-2.40 2.41+ .013 13.01-6 6+

(N=39) (N=109) (N=68) (N=59) (N=56) '(N=35) (N=184)

Pete With Children .< 5 67
.

70.

Mean Age . ' 35 '33

Pct. Unhealthy 51 ._ 66

Pct. Disfigured -- --

Pct. HS Graduates 33 27

Pct. With Training 5 * 15

Pct. Black & Span:Surname 41 58

.

Mean No. Pds. Empl. 5.6 4.6

Mean Hrs. Worked 11.4 10.6

Mean Hrly...Wage Rate 7- --
Mean Earnings . 170 221

Mean Std.Dev. Earnings 150 232.

NanOther Family Income 1232 1249

92.

69
34

-35

18

68

80')

33

58

--

32

19

53

. '73'

.33

68

30
14

46

86

29

69

26

20

. 40

68

34

56

--
32

14

. 63

67 0, 7.1 1.3 . 2.7 7.7

18.5'1,.. 17,4 --

1.90' 2.(18 .2.11

462 '539, 39 105 479

326 385 107 229 337

1288 1461 1346 1370 1277
t

4
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of hours worked and the wage rate. Consequently, eq.'sde what factqrs are associated

with differences in wage rates and hours worked, the workers, are grouped by their
, ..

average hourly Wage rates and their average hours worked in the two tables.

Turning to the tables, an interesting peculiarity arises for male workers in

the highest wage rate categorieg.. In the Wisconsin data, for example, note that

workers whose hourly wage rate exceeded.$4r81 have fewer hours worked on the average

than workers in the lowest wage rate Fategory. This could suggest the existence-of
.

a "backward-bending labor supply curve." The standard expectation is that workers,

will take advantage of the greater earnings opportunities,open to them by increasing

their work effort in responne to higher wage rates. Such behavior yields a positively

sloped supply of labor curve. however, it aisn'is possible that workers reach some.
. i.

-wage at which they detided to take ad antage of are increased -well -being offered.
. ,

by a-yet higher wage by actually degreasing their hours of work. ,'If the latter is' the
. ,

case, we observed abatkward-bending labor supply curve. We do not believe that ehi,s
-

. . .

is what the are observing in this Anstance. Rather we think that' the phenomenon being

observed is an ar act of the manner in which the Wisconsin and (our version of the)

Michigan samples are constructed.To fall into either sample, families bad to have

relatively low annual incomes. High wage workers could, appear in a low income sample

only if they worked relatively few hours per year.. Thud, the high wage workers in ,this

sample constitute a group that is, likely to be qnrepiesentative of all workers who

work at such wage rates.' ,What we well may be observing then in Table 111-2 is the

entry into the two truncated samples of only those high wage workers who experience

substantial unedplbyment.

Excluding the peculiar high wage category, we note that low wage rates,are associate

with less education and formal job training, as well as with a higher incidence of bad

health.and disablement. Similarly, low average hours worked over time is associated

'with lass education and training, and especially with the greater prevale-nta of dis-
,

abling physical' or nervous conditions.

93
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Workers earning low wage rates, not only suffer more from disadvantageous

characteristics, but also encounter more difficulties in the labor mar t which,

in turn account for
10

their low earnings. Looking at thd male workers grouped by

their'wage rates in Table 111-2, note that low wage .workers are employed for fewer

periods and, reflecting their periodic unemployment, average fewer hours worked per

week than do high wage workers. Moreover, job stability seems to be positively

,associated with the wage rate: lower' wage workers experience more job changes than do

high wage workers, Combining the information on hours worked with that on job changes

suggests that low wage workers-often experience unemployment when changing jobs

rather than going directly from one job to anothe. In sum, the data in Table 111-2

suggest that the association of low wage rates, frequent job changing, and.periodic

unemployment together contribute to the low earnings experienced by low'wage workers.

_Examining the data in Table III- 2,.which group the male workers by their average
-

hours of work, we note that those who work feiler hours, like those who work at lower

wage rates, more frequentlyaexperience health problems and generally have more limited

o
educations,' (They have not, however, been exposed less often to formal job training)

Constrasting those in the lowest hours worked category both in the Wilconsin and Mich-
{

, .

1,,, igan data with those in all of the other hours categories, we see that. those who

worked relatively little did so at relatively low wage rates; and also 'worked in

,

veryve1y few periods. Thus, low earnings seem to result from persons with low

. A
wage rates working very few hours,.'betause they frequently haveflong stretches of

no work at all..
. .

/
1--....

Some Caution is needed in interpreting the mean wage rate for each hours category
t I . ,

.beCaOse of the dispersion in wage rates within each :category. In the Wisconsin data,

/for
-

example, 9,6 percent of those averaging 21-30 hours worked had an average market

9 4 )
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wage of over $4,40 per hour; only 2.7 and 2.3 perdent, respectively, of those in the'

twd highest hours categories had hourly wage rates exceeding $4.40., Differences

in mean wages from one category to another provide only an imperfect measure of

differenc7es in the distribution of wage rates withiRpeach ategory.

In examining the work experience of women in the two sets, we concentrate our

discussion on the Michigan data where information exists both on female heads of

families and female spouses. We continue in the'Midhigan data to separate women'

who always are female heads from those who either always or sometimes are female

spouses and again inquire into the sources of low earnings. In the.Wisconsin data,

most women were spouses for most df the period: consequently, female spouses and

female heads were not separated. Thus, as in the discussion of low.earnings among men,

we group the working women by their average tiourl wage rates and hours worked.
3.A

With respect to work-related characteristics, the data in Table 111-3 indicate

. ,

that women who receive low wage rates are likely to be blackor Spanish-surnamed and less
, .

.

highly trained and educated than are high wage workers. As with malts, a distinguishing

characteristic of women who workfewer.hours ger year is the existence of a disabling

physical.or'ner%ous condiCion. Our crude measure of child _care responsibilities suggests

that only among female spouses does the presence of young chilaren,differentiate

women who Work varying numbers of hours,

As in thg case of male heads, differences in mean earnings among women are associat
, among

with3differences in wage rates and hours worked, Again
' (

t,) hough, it is pot only loW- -.

wage workers who work limited numbers dfhourse: For female heads and_Pemale spouses

in the Michigan data, the number of annual hours worked, across the three wage rate

categories are, respectively: .1035, 1249, and 1027; and 585, 607, and This

may result from the truncation of the sample by annual family income: That-is,

.
in a sample confined to low and moderate income persons, women earning very high

wage rates could not enter tile
Nks

sample unless they work few hours; certainly'"hrghowage_.
.. (

( .

/
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female spouses of working mass could not enter the sample'unless they worked few

hours per year.

Two concluding points in this section on work experience relate to information

on the impact of .welfare on ,the work effort of females and on the composition of

family, income.

Shown just below are tgestive data on the effects of available; income transfer

programs on the work effort or women. These resultfrom a division of the states

into four groups.

$

State Groupings

Average Annual Hours Worked by Heads of:
A

Male-Headed Families Female-Headed Families

1..ovi Guarantee -Low Ta4 Rate 1842
1-1

1.063
. . ,

Loia Guarantee-High Tax Rate 195.4 879
. .

G. 0

High'buerantee-Low. Tax Rate

High G4rantee-High Tax Rate
4

1537 707
1-

1752 598.

Those having maximum annual benefits in 1267 of $2200 or less for a family of four

'

.,.

. . .

with zerd no elfare income are called the "low guarantee" states, the remaining
) , .

;

states bei those with a "high guarantee." ;Those states with especially low
...' t

tax:rates that result from complicated benefit formulae which are designed to re=
. n. .

strict assistance payments to low levels are labeled "loy tax rate" states,,whegeas

the remaining jurisdictions are considered "high tax rate" stakes. Their cross-
,

classificatiOn yields four groups of availablp state,m7elfare programs,. varying

crudely in the degree to which they offer recipients incentives to work. Very roughly;

we would expect work etfqrt for, a given family type to decline as we1go from the
. . . c-,

_. . . .
.

. low guarantee-low tax rate sates to the high"guarantee-high tax rate states, if

74.

low'guarantees and-low tax rates are least likely to reduce labor supply. Families

/

ti
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which always are female headed, those predominantly affpc.ted by the existing

AFDC progpam for example, experience a dramatic declihe in hours worked among

the four groups of states. While in the low gugrdatee-low taxratet

re'

annual hours worked for. feidie heads of families was 1,00 over the five years,

it was-598, or over 40 percent less, in the high guarantee-high.tax kate'atates.

Again, though, the reader should recall that this finding fails to control' for

many factors, incldding labor market condition3, and should be regarded only. as

suggestive.

A last question in this don-statistical analysis of the work experience and

earnings of low income families in. the sample relates to the composition of

family income. The data in Table 111-14 indicate ,that.within the Wisconsin

sample there is an inverted U-shape relationship between total non--transfer family

income and the proportion of it contributed by the male head. Male heads con-

4

tribute little to the income of the poorest families, but, in addition, thecon-

tributions of other family members are small in absolute terms. Higher-family

income in general comes from greater earnings of the male head: But since the

earnings capacities of males in our sample are limited,,'the highest family:incomes
t)

occur when the male earnings are supplemented by earnings of other family members.

The data in part B of Table 111-4 reflect the-large relative contributions of

female earnings to family income at the extremes of family income in this sample.

Ar5"

Welfare Experience

Paralelling the discussion of work experience, we begin by distinguishing

between families who sometimes and neyer received income transfers from AFDC-UF

(or AFDC) or NIT during the study periods. 'Given the rules of these transfer programs,'
r?
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TABLE 111-4

Average Contribution_ of .Male Head's Earnings and
Spouse's Earnings ts! Nom- Transfer family Income__

A. Male Heads

Mean Non-Ttlansfer Family Income .Average Ratio in Income Class of Male's
(Over 12 Quarters) Earnings to Non-Transfer Family Income

$1 - 500 47
501 - 1000 57

1001 - 1500 76
1501 - 2000 .78

2001 - 2100 68
2501 - 3000 59
3001 + 48

0

Mean -Non - Transfer Family Income

(Over 12 Quarters)

C

B. Female Spouses

Average Ratio in Ihcome Class of Female's
Earnings to Non-Transfer Family Income

$1 - 500:

501 - 1000
1001 - 1500 6
1501 2000 5

2001 - 2500 9

2501 - 3000 10
3001-+ 13

98
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we,would expect that variables measuring family size, the head's health, the presence

of young children, and family income and its variability to affect participation

in ths-programs. As noted in_Chapter q, giv_en_the_characterlstics of a population,

the program rules themselves fabidomely441uence the extent of_sartiription.

fi

By separating those who sometimes from those who never received C-UF -

(or AFDC) or NIT, Table 111-5 allows us to investigate the impact of the factors just

listed. Examining first the data for the Wisconsin sample, we note, hat larger

faiiiies, presence of young children, and ill health of the male head all are some-

what more prevalent among those ever on AFDC-UF or NIT than those ?rho never receive

welfare payments. Clearly, though, the key factor differentiating AFDC-UF (or `AFDC)

recipients from those never receiving payments from that program Is family income

(exclusive of welfare). The sharply lower and more highly variable incomes of

AFDC-UF'(oir.AFDC) families appear tp be partially attributable to the more frequent

absence of male heads from their families. An interesting fadt is that the differ-
;

ence in income level between NIT and non-NIT families is small compared to the

difference between AFDC-UF and non AFDC-UF units. This results from the condition

that male heads either be absent.or totally unemployed before their families,can

'receive AFDC-UF (or AFDC) payments.

For both male and female-headed families in the Michigan sample in.Table III-

differences in income and family size Jild the prevalence of disabilities distiin ish

recipients from non-recipients.' Here, the measure of the P resence of young 7 ildred

'suggests no effect. Only 20 pertent of the male-headed families ever were recipients

compared to.62 percent of those with female heads. In part this is due to the

more limited availability and greater stringency.in requirements of AFDC-UF programs

compared to AFDC. However, the table shows substantially lower,incomes for female-

1

headed families, accounting for at least tyme,of the difference. The effect of, program

'7**,

4..

4



'

- 90 -

TABLE III-51

Characteristics Related to the Receipt of Income
By Potential Transfer Program

,

A. Wisconsin Sample_:_

-N

Transfers,

Sometimes Never Sometimes Never
.: Characteristics (N=266) (N=628) (N=521) (N=63)

-Mean No. Pds. Prsnt. (H) 9 11, 10 11
Pct. With Children < 5 84 73 80 71
Mean Family Size 6.4 5.8 6.0 5.9
Pct; T.Wlealthy (H) 59 48 53 49
Mean Qtly. Non-Trnsf. Inc. 957 1620 1355 1578
Std. Dev. Non-Trnsf. Inc. 520 525 447 530

B. Michigan Sample

Characteristics

MALE HEADED FEMALE- HEADED HEAD CHANGES

Sometimes Never Sometimes Never Sometimes Never
(N=166) (N=657) 71,71.75 (N=221) (N=112) (N=128)

Pct. With Children< 5 78 83 76 85 86 77
'Mean Family Size 6 '1) 5 5 3 6 4

Pct. With Disability (H) 69 36 66 42 --
Pct. Disfigured (H) 25 14 23 11 13 11
Mean Annl. Non-Trnsf.Inc. 4341 6097 2002 3940 4127 6232
Std. Dev. Non-Trnsf-Inc. 1555 1966 1127 1262 2440 2846
Pct. of Families in Prgm:
`'Low 'Guarantee-Low Tax 17 54 41
Low Guarantee-High Tax. 15 58 37
High Guarantee-Low Tax 37 70 63

High Guarantee-High Tax 32 70 63

k
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Nbtes to Table

All earnings and-income dat-
deflated -by- a-price- Index: ----------

)6131MIllink

1

Definitions of Variables:
ri

1. Mean Qtly. (or A01.) Non-Transf. Inc.: This is a mean among families
in a group of mean family income: over the entire study period. It
excludes only AVDC-UF (or AFDC) and NIT payments from family income
per quarter in the Wisconsin data (or per year in th3Michigan data).
It is not deflated by a price.index.

2. Std. Dev. Non-Transf. Inc.: This is a mean among families in a group
of the standard deviation of the non-transfer income measure just
defined.

3. Pct. of Families in Prgm.: The 50 states and Washington, D.C. are
grouped according to the level of benefits they offered a family of
four with zera income and according to the benefit formulae they used
in 1967.'- The states are listed by grow in footnote 7 to the text of
this chapter.
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parametersy welfare participation can be seen from the data,on participation rates,

in the four groups of states. In the states with low guarantees and low tax rates1.___

r example percent of the ma e- d families were recipients of cash-

assistance at some time., In

the participation rate (over

mean income among all sample

the states with high guarantees and high tax rates,

time) was 32 percent. In the former group of states,

families averaged 5427 annually, while in the latter
,

group of states it averaged $6509 annually, nearly $1100 more per family per year.

Restricting attention now to recipients, we consider the factors associated

with extensive dependence on such transfets. Again, variables like family size, the

head's health*.family income, and program parameters all should be related to the

degree of dependence over time on cash transfers. 'As noted in the introduction

to the chapter, -two measures of dependence are available: on and off status; and amount

of welfare or NIT 'payments per -period.

. In Tables 111-6* 7, and 8 families are grouped by their average income transfer

payments for the purposeof determining whether the variables just mentioned are assoc-

iated with the extent of dependency. Table 111-6 divides the families in the Wis-
,

Consin data into two groups, one containing those in the control group and the other

containing all those in the various experimental groups.
J

groups hSd the option of going on AFDC-UF if they preferred it to NIT. We observe

in TablecIII-6 that families heavily dependent on AFDC-UF (or AFDC) suffer dis-
4 . .

proportionately from the absence of their male heads and are also somewhat larger

.

than families which have slight dependence on such welfare. For broken families,

apparent34,
.
AFDC-UF probably offered a more attractive package of benefits than

.

NIT, since the former
iincluded Food Stamps and Medicaid besides AFDC-UF payments.

By contraL, as seen in the Table 11-7, which groups the experimentaffamilies
t

.

4,' .
.

within their various treatment groups by their average NIT payments, extensive

Familied in the experimental
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TABLE 111-6

Extent of Dependence on-AFDC-UP (or AFDC) program,_

e

e r

Prds. Prsnt. (H)

.Pct. With.Children <

Mean. Family Size

fPec.Cent Unhealthy

llean'Qtly'Earninga

Xea,n Eara4ngs (IBS)

(Wisconsin Study Sample

MeAn Non- Trnsf'.

4can 8td. ;Inc,'

Ratio of Pds. On,NIZ
Pas. -9m Both

Earnings and income measures

DefAnitIOn ofVatiable
St,

Wio of Pds: on NIT to Pds.
Of periOds for which families
bf periods for which families

. ,

'payments.

AFDC-UF Payments AFDC-UF 'Payments
for : . for

Experimental. Group Control Group

$1-200- $200 +
(N=55) (N=121)

-$1-200 $200

(N=28.). 0=83)

'11 8 10 9

91 89 .64 80

6,2 5 '-' '6`'..6

.

, 52 75

7.66 131

X44,, 54

1346' 138

475608

4:ax

n this:table are not deflated by a price index.

1341

on Both: This is simply the, tio of mean number
in 'a group received NIT payments to the mean nuniber
in a group received either NIT or AFDC-UF (or AFDC)
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S

TABLE 111-8

Extent of Dependence on Welfare, By State Group, Family Type,
and Amount of Annual_Welfare Payments

(Michigan Sample)

State Group, Family Type, Amount of Annual Welfare

Characteristics

M.

Low. Guar., Low Tax
Hd. ChangeF. Hd.

'.$.1-1000

(N=30)

100r
(N=22)'

-1000
(N=38)

1001+
(N=41)

1-1000 1001+
(N=11) (N=22)

Mean Family Size 6 7 '4 6" 5 7

Pct. With Disabilitg.(H) 70 ,91 76 56

Pct. Disfigured (H) 33 36 i8 20 18 9_

Mean Annl. Earnings (H) 2359 1456 1362 918 3896 3373

Mean Annl. Earnings (FS) 511 489 1449 978

Mean Non-Welfare Inc. 3645 3556 2117- 1955 44 21`'x=3610;

Std. Dev. Non-Welfare Inc. :1276 1458 1911- 1083 2151' 1738
,

Characteristics

M.Hd.
1-100-6T001+
(N=19)

Low Guar., High Tax

Hd.Change

(N=28)

F.Hd.

1-1000
(N=25)

,1001 + -

*(N=96)

1-1000
(N-9)

1001+
(N=19)

Mean Fatily.Size 6 5 4 5 5 i 6

Pct. With Disability_ (H) 47 82 68 63

Pct; Disfiguied.(10 11 24 18 5

Mean,An,".4 Earnings (4) 3314 2606 1594 609 4422 4612

1,jeari Annual Earnings (PS) 709 475 0 .11,* 959 63

Mean Nioaz:Weifare Inc. 4919 3806 3129 1745 4748 3754

Std. DevOlo#-Welfare Inc. 1782" 1513 1292' 1194 2297 2720'

Note '1,

Eartoe respectively;, except
gs and inOme measures are calculated

,Tab 111-2 and 111-5, respectively
teg.te not deflated by a price index.

106
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as*described in the' footnotes to
that here, as with, income in Table II1 -5,
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TABLE 111-8

(continued)

(Michigan Sample)

State Group;-FAtily-Typ-6,--Amount iii-Nrifturil Welfare

High Guar., Low Tax
Hd. Change

1-1000 1001+
(N=1) XN=21)Characteristics

M.Hd. F.Hd.
$1-1000°

(N=7Y
1001+
(N=20)

1-1000
(N2=8)

1001+
(N653)

MeanYamily Size 6 5 3 4.

Pct. With Disability (H) 43 60 63 77

Pct. DisfigUred (H) 0 30 25 32

Mean Annual- Earnings (H) 4177 2482 1877 705

Mean Annual Earnings (FS) 1641 373

Mean Non-Welfare Inc. 6146 3870 .1 3441 1503

Std.Dev.Non-Welfare Inc. 946 1741 1440 940

3

MDINIm

0

5

24

5758 4198

1810 503

9545 3717

4802 2544

High Guar.,High Tax

M.Hd. F.Hd. Hd.Change

Characteriptics
1-4000

(N=15)

1001+
(N=25)

1-1000
(N=11)

1001+
(N=79)

1-4000
(N=2)

1001+
(N=27)

'Mean Family Size 5 7 4 4 3 5

Pet. With Disability (H) 60 72 64 62

Pct.: Disfigured (PS) 13 20 9 27. 0 7

Mean Annual Earnings (H) 5246 2811 1503 631 -7250 4795

Mean Annual Earnings (FS) 483 155 1384 941
, 6

Mean Non-Welfare Inc. 7807 3815 4404 1761 5853 4474

Std. Dev.Non-Welfare Inc. 1971 1342 1629 1143 3838 2696

9
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'receipt of NIT seems unrelated to the absence of the male head.or, strangely, even
fr

to family size.

Extensive receipt_ot___NtC paylaents_appearse tunction, especially-in The

75-30, 100-50, and 125-50, planse both of low and relatively stable family income.

The low family income usually is the sum of the low earnings of the male and female

spouse; and the 'stability,of this low income is apparent in the low mean standard

deviation of family non-transfer income. From data not showd.here, we know that

under the most generous NIT treatments, the 75-30, 100-50, and 125-50, those who were

most dependent on NIT payments were employed in as many periods as were the less

dependent. At first blush, then, dependence on NIT arose both from steadily low

earning as well as from employment interrupti&S. From the data in.Tables,III-6 and

7, we may infer thatz extensive dependence on both AFDC-UF (or AFDC) and NIT is

related to low income, which results from low earnings; but that family breakdowns

were an additional factor related to extensive receipt of AFDC per se.

Male-headed families with children in the Michigan sample had the option of

going on AFDC-UF, AFDC Or General Assistance, depending both on the state in which

they resided and on their health. Female-headed families with children typically

could enter AFDC. Childless families generally are eligible for prOgrams that aid

those with serious disabilities.
8

In all three types of families greater dependence

on cash welfare should be related to the prevalence of disabilities and disfigure-

ments,Jamily size, and gamily income. As can be seen from the data in Table 111-8,

all three factors are associated with extensive dependence. As in the Wisconsin

sample, heavy dependence on welfare also is associated with regularly low income,

the average standard deviation of family non-welfare income being 'almost uniformly

lower for all three family types with lower family incomes. Data not presented

here indicate that for the Michigan as well as for the Wisconsin samples, the corre-

lates of welfare dependence were equally in evidence whether families were it.ouped
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-by their average transfer payments or by the number of p

,on then rtftme.
. 1

T ot-hi-----tirar:ehealtitthefaead-r-family-s4er-end--Ea

ods 17 which they were

-thebtire all influence the extent of on welfare programs, the impact of

variations in program parameters shines through in Tables 111-6, 7, and 6. Consider

first the program' parameters in the Wisconsin study and how, given family incomes, they

affect mean NIT payments. Were one to determinethe payments that a family would ,

...-

receive under the alternative plans if its quarterly inciime were at levels like

those shown in Table 111-7, one could compare the relative generosity of the plans.

Take,for example, a family of four covered by the 100-50 NIT plan. Its quarteily

guarantee in the first year of the experiment was 100 percent of the quarterly poverty

line, which at that time was $825. Its quarterly benefits, W, are determined by the

formula: W = 825 - .50 (Family Income). 'Evaluated for illustrative purposes at $800

and then $1200 of quarterly family income, the various plans would offer:

Base Year Payments at Illustrative Quarterly Family Ixicome
for a Family of Fou:

$800

A

$1200

50-30 173 53
50-50 13 0

75-30 379 259'

75-50 219 19
75-70 59

100-50 425 225
100-70 265 0

125 -50 631 431

At these two levels of private income, the 75-30, 100-50, and 125-50 are the three

most generous plans.

Now consider the fact that, with the exception of families,in the 50-30 plan,

mean family incomes in each of the experimental groups varied only between $1271 and

$1465. In spite of the narrow band within which family incomes appear to lie across

\99
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A

the experimental groups, the data in Table 111-7 indicate that among the families in

the More generous plans, there was a far peater.proportion of families who were more
'

headily dependent on NIT p ents. Clearly, what determined great welfare dependence,

measured by average NIT payments eived over time, were the guarantees and tax, rates

of fheavailable programs

;Program parameters also had asubstantial influence on the degree of program

"switching" observed in the various treatment groups. In Table 111-9, we see again

that the total number of periods, spent receiving either AFDC-UF or NIT varied among

treatment groups. But the data'in this table also offer insight into the extent to'

which families in each, group switched between the AFDC-UF and NIT programs. Clearly,

families in the 50-50 and 75-70'groups,,faced with relatively ungenerous NIT plans,
I

availed themselves more frequ'ently of the AFDC.-UF (or AFDC) program.

0
Witli regard to the Michigan sample, fhe impact of'program parameters on partici-

patio o per se in cash welfare programs already has been noted. In Table 111-8, we can
.

observe, that for,a given type of family there is a greater concentration of families

in the high payment category in the more generous states -- in spite. of the fact that
f

families who received welfare in the latter state's had higher incomes than did their

counterparts in the less generous states. Among .the male-headed families in each
0.

of 'the four grdups,oestates, the proportions, in the higher payment <more dependent)

category

tax rate
V

are 42, 60, 74, and 63 percent, as one proceeds from the low-guarantee low

to the high guarantee-nigh tax rate states. Similarly, among female!-headed

,

families, the figures are 52, 79, 87, and 88 percent. If welfare dependence is measured

by the amount of welfare payments received over time,

affects dependence quite dramatically -- even without

r.

then clearly program generosity

affecting non-welfare incomes.
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TABLE III-9

The Ratio of Time Spent Receiving NIT Payments to the
Time Spent Receiving Either NIT or AFDC-UF Payments

1
50-30 50-50 . 75-30 75-50 75-70 100-50 100-70 125-50 Control
(N=40) (N=34) (N=84)(N=84) (N=37)- (N=59). P1=61) (Na,122)- (N=309)

or on NIT 9.4 6.4 10.7 7.8 5.9 10.7 8.1 11.3 7.7

Percent of.
Transfer Time
,on NIT 76 62 85 83 65, 87 87 94

Definition of Variable:

Percent of Transfer Time on NIT: This is calculated by taking a ratio for
each family Of the number of quarters during which it received some NIT payments
to the total-number of quarters during which it received either some NIT or
AFDC-UF payments. The percents in the second row are the averages of these
ratios for the individual faMilies.

111
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C. Work Experience During Periods on Income Transfer Programs

It is clear that most families who receive income transfers mix their

receipt with labor income, at least serially, In,part A of this chapter, we noted

that 92 percent of the male heads in the Wisconsin sample worked some time during the

three year experiment; and 96 percent of the male heads in the Michigan sample worked

*t3-

some time during the five year study periods_ Limiting attention to just those families

who ieceived AFDC-UF or NIT payments during the experiment, 89 percent had a male

head who worked some of the time. Among the Michigan sample families that ever had

a male head and ever received welfare payments, 90 percent had an employed male head

at some time during the study. Also noted in part A is the extensive labor force

participation over time of female heads: 77 percent of those women who always were

female heads during the Michigan study worked at some time during the five yeart; while

66 percent'bf-the female. heads who ever received welfare also worked at some point

during the five Year study.

The focus in this part of the chapter is on the simultaneous receipt of transfers

and earnings, and how that varies by transfer program, family type, and race.. Neither

the Wisconsin nor the Michigan data lend themselves perfectly to an analysis of this

matter. Since a family in the Wisconsin study was recorded as being on AFDC-UF or

NIT if it had a positive payment at any point during a given quarter, and as working

if it had earnings in the last week of the quarter, we Cannot be. sure that transfers

and Aarnipgs are received simultaneously. The problem is much mare serious in the

Michigan sample, since we have data on total payments and-total earnings only for eacA

of the five entire years. Our attention in this section, therefore, is directed mostly

to a discussion of the Wisconsin data.

The data in Table III -1O indicate the extensive "simultaneous" receipt of transfers

and earnings. Since only a small frac.tion'of the sample ever received AFDC-UF during

e
arly of the 12 quarterly periods (see Table 11-6), only a very small fraction of all

families in the sample could simultaneously receive both APDC7UF payments and earnings

112
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TABLE III-10

Average Percentages Over Twelve Quarters of Male Heads Working
and Receiiing AFDC -UF or NIT Payments in Same Quarter,

by Experimental Group

(Wisconsin Sample)

Experimental As Pct.
Groups Group

.Those Working and Receiving
NIT

Those Working and Receiving
AFDC-UF

of Entire
in Cell

As Pct. of NIT
Recipients in Cell

As Pct. of Entire
Group in Cell

As Pct. Of .

AFDC -UF

lents in Cell

50-30 (N=42) 35 42 7 31

50-5 (N=52) 10 70 10 38

75-30 (N=85) 61 78 3 26

75-50 (N=92) 30 64 4 33

75-70 (N=61) 13 63 7 47
I 4 42I

100-50 (N=61) 54 71 5 45

100-70 (N=66) 37 71 3 30

125 -50 (N=125) , 69 :v. 80 ','4 53

Control Group (N=309) 11 46 ,4

Definition of Variable:,

Each set of two columns is similar. In the first column and first row, for example,
the figures are obtained by averaging over 12 qUarters the ratios of those male beads
employed in the last week of a,particular quarter to the'total number of families
in that experimental treatment group in that quarter. In the second column, the
figures are obtained in,a similai.manner, lint 'the denominator in each period is the
number of families which are receiving NIT payments..

=
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froactiteir .male- heads.,. In column 4 of Table' III-10, we see, though, that over one-
.,

.-: 103,

third of all,famtliedthtually receiving AFDC-UF (or AFDC) Payments also received
, .

labdr[Xn-cOpl- in the 4aid.civa'iter. Column 2 shOws tlice that fraction, or nearly
'!k

:. , ---, . . .

,,two-thirds of all families_ receiving NIT payments simultaneously received earnings
. .-

Since full -rime workers are ineligible fpr AFDC -UF and most work is full-time,, -
the figures inn olumn 4probahly overstate simultaneous receipt of AFDC-UF and earnings.

The incompatibility of full -time work and receipt of AFDC-UF is brought out by

Table: IIIrll, Where we relate mean hours worked to periods on NtT and AFDC-UF,

There we see that male workers were not likely to receive AFDC-UF.if, on the average

over the course of each of the last weeks o' the experimental quarters, theyyorked

31 hours or more per week. The receipt for any substantial number of

periods was very uncommon among Black'andiSpanish-surnamed full -time workers. Among

whites and where it did occur in the two other, groups, its receipt may have ended

/

before the fork began (though both occurred in the dame quarter). Still, though,
e

suhstanti4:1 numbers of workers frequently appear-to mix work and AFDC-UF.
:

We'can'observe the iipact of program characteristics on the simultaneous receipt

of transfers and earnings in'Table 111-12. The first set of three columns compares

the average of mean earnings in families receiving NIT paymenti for different

numbers of quarters. We note that such earnings do not necessarily decline with
, If

the number of periods, on the program. Consider average quarterly earnings for the

families under the 125-50 plan. The 32 families who received NIT benefits for

from l to 11 of
,

the 12 periods had average earnings of $1040; -whereas the 90, families
. ,

-
.

.;

who had Nii bepPfits in all 12 periods had average quarterly earnings of $1071. k

.1'
f

Table 111,-13 is organized just as Table 111 -12 2 except that it presents information

on the standard deviation of earnings. As can be,seen in its first three columns, w at-

Adistinguishes permanent NIT "welfare") recipients from those who move on; and off

-. the NIT program is not their average level of earnings; but rather their average
,

.

. .

1 14'',.
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TABLE III-11

Percentage Distribution of Male Heads by Mean Weekly Hours Worked,
.by Number of Periods on AFDC -UF.or Nit, by Race

Average Number of
-Hours, Worked of
Male Head

(Wisconsin Sample)

A. Whites

No. of Periods Receiving No of Periods Receiving
NIT AFDC -UP

0 1-6 7-11 12 Total 0 1-6 7-11 12 Total

.0 56 22 6 15 100 59 3 19 19 106
(N=32)

1-20 39 23 11 27 100 50 18 25 7 100,
(N=56)

'21-30 48 20 7 , 25 100 59 16 14 11 100'
(N=56)

31-40 ' 57 13 10 21 100 78 10 5 7 100
(N=134)
41+ '54 15 9 23 100 83 7 3 7 100
(N=102)

B. Black

0 35 35 10 20 100 51 16 29 4 100
(N=49)

1-20 32 32 , 18 18 100 43 29 25 '3 100
(N=72)

21-30 32 32 23 14 160 68 25 7 0 100,
.(N=44)

31-40..
/1 39 16 13 31' 100 85 '13 2 0 100'

(N=105)
41+ 28 26' 11 26 100 '98 0 , 2 0 100
(N=55) /

,

tom , ,

,C. Spanish-Surname

0' ' 7 50 14 29 100 36 14 43 7 100
(N=14) '

1-20 22 47 19 13 100 31 34 28 6 100
(N=32)

21-30 23 18 41 18 100 55 32 9 5 100
(N=22

31-40 36' 25 14 24 100 8k 11 4 1 100
(N=91) ,

41+ ' 40 .23 13 23 100 87 4 0 0 100
(N=30),

f

t";

Note: The average of weekly hours worked is calculated for each individualoVat the 12
experimental quarters.
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'TABLE 111-12

if.5e
Mean Quarterly Earnings O( ter Time Of Male Heads, by Number of er ods

Receiving Income Ttatnfers and by Experimental Group

(Witsconsin Sample)

Experimental
Group

No of Periods Receiving NIT No. of Periods Receiving AFDC-UR

0 1-11 12 0 1-11 12

50-30 979 949 719 893 856 979
(N=42) (2)a (28) (12) (2'6) (14) (2)

50-50 1141 943 0 1188 743 1062
(N=52) (18) (34) (0) (10) (20) (2)

75-30 161 -939 1102 1089 786 0
(N=85) (1) (42) (42) (63) (22) (0)

75-50 1452 1089 538 1096 898 1113
(N=92) (8) (71) (13) (65) (25) (2)

75-70 1167 841 1458 1066 852 440
(N=61) (24) (36) (1) (40) (19) (2)

100-50
(N=61)

1503
'(2)

935
(30)

928

(29)

1002
(45)

796
(15).

927

(1)

100-70 1355 1088 752 , 1115 862. 0
'(N=66) (5) (47) (14). (49) (16) (1)

12550 1122 1040 1071 1111 617 923
(N=125) (3) (32) (90) (112) (11) (2)

Control 973 1119 73t 659
(N=309) (309) (197) (83) (29)

Note:

a. 2 is the number of people in this group, i.e., in the 50-30 group and never on
NIT. Earnings are not deflated by a price index.
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TABLE 111-13

Standard Deviation of Earnings of Male Heads, by Number, of Perl.ods
Receiving Income Transfers and by Experimental Group

(Wisconsin Sample)

No. of Periods Receiving NIT No. of Periods Receiving AFDC-UF

Experimental
Grouj 0

1

1-11.

.

12 0 1-11 12

50730; 23 336 324- 346 . 310 23
(N39) (2) (27) (10) )24) (13) (2)

50-50 368 422 0 402 428 10
(N=49) (17) (32) (0) (29) (18) w
75-30 355 374 / 368 385 332 0
(N=79) (1) (39) (39) (58) ,(21) (0)

75750 344 464 297 416 477 400
(N=85) (8). (66) (11) (61) (22) (2)

75-70 391 404 .1 132 374 469 56
(N=58) (24) (33) (1) (37) (19) (2)

100.-50 503 439 404 442 373 292
"(N=58) (2) (27) (29) (44) (13) (1)

100-70 406 422 354 389 - 459 ,-,.
'0

(N=63) (4) (46) (13) (47) (16) ' 0)

125-50 289 417 353 376 261 399
(N =120) --(3)' (29) (88) (108) (10) (2)

Control 360 0 0 335. 412 388
(N=290), (290) (0) (0) (188) (76) (26)

Note:

'Earnings are,not deflated by a price index.
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variability. These findIags hold in all of the more g erous NIT plans. Under
-.4 "

-, .--
AFDC-UF, long-term receipt of benefits is associated, witho drop In average_eartlipgs.

9 c_ 'r :`; 4. i
,.

.
. , .".

This contrast is a simple consequence 9f the high guirantees-and'Iow tax rates in
- .- .. - ...:

some of the NIT plans, coupled with'the absence of an hours test, likehit in the.
.:... : - ..- . -

AFDC-UF prograM, for continued eligibility. Clearly, while -the simultaneous yeceipt
.-.._

of transfers and earnings may occur with some frequency under existing programs,

under a universal NIT program with generous guarantees and moderate tax-rates it

would be the rule.

Recalling that the Michigan data do not allow for an investigation of the in-

cidence of simultaneous receipt of transfers and earnings, we examine, briefly

Table 111-14 to see how "within- year" receipt of bath varied over time, as well as

by family type,' and potential AFDC program.

' Parts A' and B,of Table III -14' compare work and welfare patterns in 1967 and.i971

the first and last yeeis for which the Michigan Panel Study obtained. income, data. ;,-

In 1967, 24 percent'of the families in the sample received some cash welfape payme#is.

Of the latter, 39 ,percent also ha l some earnings durirjg the ysai. ,Five years later,

29 percent of the identical group of, families received some welfAre Ida
9

In this

group, 44 percent had some earnings during the year. These data are consistent with

the general impressions that welfare participation rates hai.re'xisen;, and that work

on welfare has become only slightly more common since the implementation of the 196,7

-Amendments to the Social Security Act (see Table II-1);'

Parts C and D'of Table 111-14 compare work and welfare pattens of white and

non-white male-headed families, while ,parts E and F make the same comparison for

female-headed families, all for 1971. The previous studies, discussed in part A'
.

of Chapter II, suggest .that between 40 and 50 percent of, female heads of families which

receive AFDC also work at some time during the:year. In contrast, the data, in:

Table 111.714, parts t and F, offer an estimate closer to one-third of the group.
. .
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TABLE 1/1 -.14

Incidence of Receipt Within One Year of Income Transfers and
-'",Earninge, Over Time, Ry Family: Type, Race, and AFDCProgram

f:

(Michigan Sample)

-s' A. All...Families Receiving Welfare B. All Families Receiving Welfare

r,c

During 1967 During 1971
,

.-._ f

'.Annual Cash _ Percent of Families. Annual Cash Percent of FamiliestWith

'Welfare, With Annual. Family Earnings($) Welfare Annual Family Earnifigs($)

-Payments-0) 0 1-1000'
1-400 _-'- -28 = 24

, 0=90)-
,': 1001-2000y .::64 ; - 24
-.,.(1N=129),--

2001-1000 71' ----- 17
.

(N=94. ''.

3001:4,

(N=61)
, 75 16-

as-"=
Fmmiiies is 3huiple

1001-2000
21- .

'.1

6

2001+, Payments($) 0

27 f1-1000 41
_ (N=101) ' t`

5 1001-2000 54
(N=137) ,...;

5 2001-1060, 58
. (N=100)

3 3001 + 70
(N=128)

1-1000
12

21

19

17 -.

1001 -2000

14

4

4

4

2000+
34

21

-19

8

: 1621

Families.Receiving Welfare. .- 397
Families With Welfare & Earnings: 153

All FaMilies in Sample :16351

Families Receiving Welfare :466 1

Families With Welfare & Earnings:204

C. Male-Headed Whl-te'Families Receiving

,4elfare During- 1971
,

, 0......-41000 .1001 +
1-1000 '50: 0 50

01=12)

1001-2086 43 29 , 29

(IPt7)^-:
2001,+ = 38 25 38

(N=0

All Ma4-Headed, White Families
Ranple ::351

such Families Receivini Welfare :27
SuchFamilies Receiying Velfare

and Earnings :15'

D. Male-tc gtied Non-White Familie
Receiv ',Welfare During 1971

0 1-1000 1001 + ,* ,

1-4000. 29 14 57'

-.- (N=21)
,

1001-2000 29. 25 , 46 a e

(N.24)

201 + 48 13 ,39

0=231

`it Male- HeadedAll Non White Families
.."' ip Sample : 472

Sudh Families.Receiving Welfare: 68.
'Such Families Receiving Welfare

and Earnings 4 44

r.1

E. Female-Headed White Families Receiving
Welfare Durin 1971

la.1000 loal +

1=4000 80: -.20 0

(N=5) I

1001 -2000 79 21' 0.,

(N=14)

2001 +
(N=18)

67 22 .

A11- Female - Headed Whitelamilies in'
Sample : 122

.Such Families Receiving Welfare : 37,

Such Families Receiving Welfare,.. -
. 'and Earnings 110

4 1

4

F. Female- Headed Non-White Families
Receiving WeIfate During 1971

0 1-1000 1001 +
*1000 41 '12 47'

.(N =51) -.

..1001-200 43. .73 14,*

- 01=71).1- '

-,. 2001,+ 173 18 ' 9

y.'" (N=130)

;119

All Female7Headed Non-White Families
-in Sample ' , : 450

Such'Families Receiving Welfire ; 252

Such Families Receiving-Welfare
And Earnings' r 91
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On the other hand, among tale heads of"low income families which receivqdwelfare,
%

-previous data have suggested that under 50 percent receive welfare and work within

one year, while the Michigan study sample data suggest an estimate closer to 60

percent. The reader should note that data for families with diffekent heads during

the five year study are not shOWein Table 111-14; but, as a group, they combine

welfare and labor income less commonly than continuously male-headed families and

more commonly than continuously female-headed families.

Besides indicating that the combining of welfare and labor incomes is more

frequent in Bead:headed tharrin female-headed and in non-white rather than white

r

families the data.in,iable 111-14 also show that male-headed (as opposed to female-

. i - .

head and non-white'(ies opposed,to white) faMilies have greater earnings during

-

their years on welfare. Note also that perhaps two-thirds of fethale7headed families__

combining work and welfare, either serially or simultaneously, earn less than $1;000

during such years. Eota similar to that just discussed but not presented in Table 111-14

reveal that, as one would expect, welfare participation rates are higher in the two

groups of high benefit states than in the low benefit states:while the combining

of work andowelfare ie. more common in the low than in the high benefit states.

D. Conclusion

As background for the later analyses of wok and welfare experience in our
,

.; ,

two samples, this chapter has summarized the vork and welfare data and has suggested
4

4. Z

explanations for.t) observed behavior. The iajor poiAtErWith respect to work, wel-

fare, and work-while on welfare _experience are these:
L

1. Overwhelmingly, male heads of families 4.n both samples work at leSst some

of the time. AmOng men with their families, the mutjor re4son fo; non-p#rtitipation

in the labor'force is bad health. 'Remarkably, in.the Michigan sample; we found that

77 percent of those who always were female heads of families worked Prf'sdmdtime during

the five year study period.

2.. From a tabular analygis, we found that low earnings amOng;Male heads
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fa.

results typically from.the low earners working at low wage rates and experiencing

great job instability. These men seem to experience periodic unemployment as they

go from One job to another; When they work, it is usually at a full-time job.

3. Whether prople ever go on welfare depends both on their income and on

the prggralis which-they fade.'Comparing those ever going with those never going

on AFDC-UF, the differences 11 family incame,are great. Comparing those who

,

ever received with those who never received NIT payments, the difference in family

income is small, Families with lower incomes are more likely to go on welfare

under both AFDC-UF and NIT but the AFDC- Urrules require far greater drops in income

to establish eligibility. Examination of the Michigan data also suggests the

powerful effect of program structure on welfare participation: even though families'gen-

eraily have higher incomes in the more (welfare) generous states, they are much

more likelhan families in the less, generous states ever to participate in welfare.

Like the fact of participation itselfthe extent of welfare dependence

depends on family income and program structure. Family structure also affects the

extent .of dependence. A most interesting feature of the Wisconsin data is that they

allow, the analyst to examine how program parameters affect the degree'of welfare

dependence, measured by the amount of payments received over time, among families

with the ,Same income.

5. The simultaneous receipt.of welfare and earnings varies, again, by program.

In the Wisconsin data, "simultaneous" receipt is extensive and'twice as comion'under

the NIT as under the AFDC -.1F program. While the simultaneous receipt of transfers

and transfers may occur With some frequency under existing programs, under a universal

NIT program with generous guarantees and moderate tax rates .1.t would be the rule.
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CHAPTER III

Footnotes

1. We argue later that the earnings of workers can be explained by a linear model
and thus easily are subjected to statistical analysis. However, the behavior
of non-workers is not explained by the same linear relationship. Similarly,
transfer payments of recipients can be explained by a linear relationship which.)
does not hold for non-recipients.

2. The reader ought to 'be mindful of the fact that our discussion here relates
to the data made available to us in the fall of 1973. The experiment generated
other data which may be "cleaned up" and released at other times. Also, some
data exist onLy for certain sub-groups of the combined sample. For example,
monthly data on ArDC payments are available for families in the eight treatment
groupsbut not for families in the control group. Our discussion of income
transferl,experience pertains only to data available for families in all groups.

3. Families were not allowed to receive both AFDC-UF (or AFDC) and NIT payments
simultaneously. Wien they. did, in general, it was fraudulent., Some households
did have a member receiving Old Age Assistance or Aid to the Blind while others
received NIT payments.

4. Robert pall, "Turnover in the Labor Force," Brookings Papers on Economic
Astiyity, Vol. 3, 1972, Table 1, p. 16.

5. Vera C. PerreLla, "Work Experience of ehe Population,' Monthly Labor Review,
Vol. 93, February 1970, Table 2, p. 57.

6 Data for a sixth and seventh year were compiled and made available to the public
while'this study was in process:

7. The groups of .states are:
LOW.GUARANTEE-LOW TAX RATE: Alaska, Arizona, Arkansas, Florida, Georgia, Indiana,
Maine, Miss., Missouri, Nevada, New Mexico, South Carolina, Tennessee, Vermont,
Virginia.
LOW GUARANTEE-HIGH TAX RATE: Alabama, Colorado, D.C., Illinois, Iowa, Kentucky,
Louisiana, Maryland, Nebraska, North Carolina, Ohio,, Oklahoma, Texas, W. Virginia.
HIGH GUARANTEE-LOW TAX RATE: California, Delware, Washington.
HIGH GUARANTEE-HIGH TAX RATE: Connecticut, Hawaii,,Idaho, Kansas, Mass., Michigan,
Minnesota, Montana, Hew Hampshire, New Jersey, New York, North Dakota, South Dakota,
Utah, Wisconsin, Wyoming.

8. Recall that families whose heads were 60 or over in the first year of the Panel
Study were eliminated from the sample. Therefore, outside of General Assistance,
AFDC, and AFDC-UF, families in our sample should have been eligible only fOr.Aid to
the Blind and Permanently and Totally Disabled. In effect, all welfare payments

from any of these sources were lumped together in the Michigan data. Efforts

were made by the Michigan staff to distinguish AFDC from other welfare payments,
but they were totally unsuccPgsful. Moreover, in the first two years of the
study, non-AFDC welfare payments were printed an the Michigan.data tape, not in
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CHAPTER III

Footnotes

8. continued

single dollar amounts, but rather in bracketed quantities, like $1-1000, etc.
Through a very complicated procedure, we converted these bracketed 'amounts of
"other welfare" payments to estimates of actual dollar amounts; and the
combined the latter with the dollar amount of AFDC payments. Therefore, --

the sum of AFDC and these,"other welfare"payments in each of the five years
is the amount of welfare to which we refer in all of our work with Michigan
study sample families who received welfare.

9. Moreover, if welfare participation rates in the low income popula ion appear
low in Table 111-14, it is because our sample includ families wh ave
been in the bottom 20 percent of the income distributies on in any of th five
years of the study., The Povertypopulation, which normally compris the
denominator in measures of welfare participation rates, has averaged roughly
12 to 14 percent of the income distribution in recent years.
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CHAPTER IV

Earnings Patterns and Welfare Patterns: A Case History Approach
'

Prior to presenting the statistical analyses of earnings patterns in Chapter VI
1

1..
.

.

and of'welfare patterns in Chapter VII, this chapter offers a "case history" approach -

to the study of work behavior and welfare experience' over time in the'Wisconsin sample.

Because we hate neither week-by-week employment histories nor, as noted, stated reasons

for movements in and out of the labor force, unemployment, and jobs, we are not

actually offering "case histories." We only mean to imply by use of the term that

we have traced for each individual that part of his employment history on which we

have information; and. then have grouped these individual histories into several types

of "patterns." By discussing these patterns, we hope to add to the picture of work

histories later characterized only by the mean and standard deviation of earnings.

Ai a complement to the later analypis of the variability in earnings through-time,
A

we begin by assigning the male heads of families toone of six groups, each character-

ized by a different type of earnings pattern: These are distinguished from each other
lot

on the basis of casual examination of plots of earnings for individual male heads.

Then we attempt to find individual characteristics that are associated with the 4,

differences in efningvatterns, before examining in closer detail how work experience

varies among thearnings pattern groups. Similarly with welfare experience, our pur-

pose is to "complement the s atistical analysis of variations among families in income

transfer payments by assign g each family to one of foir groups based on types of

wqlfare patternt.again distin ished from each other by vigual examination of plots,of

NIT and AFDC-UF pa;:hks. In t a analysis of welfare patterns, we seek to complete

the picture of how welfarelexperienc differ among families. The chapter concludes
ny

with a brief dismission of the.job histories of the male heads, thus providing the reader.

A. .
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with an understanding of, the occupational and industrial mobility associated with Changes.

in earnings.

4
Earnings patterns were distinguished,aper plotting quarterly earnings for each

4
of the '12 experimental periods'for a very large fraction of the male heads in the

1

'Wisconsin sample. Six types of patterns were distinguished and then assignmefits,of

males to the six groups were made. The patterns, the labels given to them, and the

numbers of male heads assigned to thep;' are:

Earnings Patterns Number in Group

4

.Mean Std. Dev. of
Mean QiiarterlY-iarnings Earnings2 ,

($) ($)

Stable Low
Unstable Low
Stable High
Unstable High
High, 1 Dip
Missing Data

62

279

150
193

90
116

144

879
1232

1469
1151
560

.
191
551
140 ,

374
384
'355

I

A person had a Stable Low pattern if he never worked -- non workers amounted to 50 percent

of the 62 cases in'this group -- or had regularly low earnings. Thus, it turned out

that even among the 51 workers in the Stable Low group mean quarterly earnings averaged

.

only $288. Males were assigned to the Unstable Low group if they.were workers who

had low but fluctuating earnings. As is shown above, this group had a higher mean than the

Stable Low group but also had a much higher standard deviation of earnings on the average.

Those assigned to the three high earnings groups are characterized by their relatively

high mean earnings while those with, the stable and unstable high earnings patterns are

distinguiihed from each other by a significant difference in the standArd 'deviation of

-their earnings. The reader should be mindful alit our label "Unstable High" does not

imply that workers in this category necessarily were iri and out of.jobs. One of the more

interesting 'aspects of this chapter is an examination of how the fluctuations in earnings

arose in this category. Lastly, mares assigned to the Missing Bata group largely were

Perickis who separated from their families early in the experiment. 44early 40 percent7 '

of this group -left their families between the time of selection and the start of the
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experiment. Ninety7four percent of this group was with their families for 6 or fewer

of the 12 periods.

Welfare,, atterns were distinguished after plotting NIT and AFDC-UF payments for
4

a very large fraction of the families in the study sample for each of the 12 experi-
.

mental periods. 3 Four types of patterns were distinguished and then assignments of

the'families to the four groups were made. The patterns, the labels given to them, and

the numbers in each group are:

Mean Quarterly
Transfer Payment

Mean Standard Deviation-
of Transfers

Welfare Patternd Number in Each Group ($) $ )

Stable Low , 433 70 37

Low 1 Jump 63 190 199

--Stable High 60 694 81

Unstable High 334 545 260

Once again, we can observe that our assignment by visual judgment of fpaillies to the

welfare patterns groups is consistent with the data on average payments and the variability

of payments. The two low groups have lower.meangthan the two high groups. Moreover,

families in the two low groups differ from each other by the degree of variability in

their transfer payments? as do those in the two high.4roups. Thus, we can proceed to

determine the factors associated both with earnings and welfare patterns as they have

been defined here. ,.

The reader may want to pause, however4to examine Figures ,-4, where the earnings

pattern and other charaCteristics of four different male heads are plotted,each chosen

as a pical example of a different ming pattern. Associated with the male heads'

earnings patterns are their famil welfare patterns.
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A. Work Experience and Other Characteristics of Males With Different Earnings Patterns

1. Demographic Characteristics of Earnings Groups

Table IV -1 displays the demographic factors associated with the six

earnings patterns. T1e data there indicate some discernable differences between the

people who experience the various work patterns. Males in the Stable Low group, for

example, generally are older, have slightly smaller families with fewer young children,

and are less educated than those who receive higher earnings. The higher incidence

of formal jab training in this group may indicate that thty.were attracted by a govern-

ment training program which does not seem to have gotten them ()lit of poverty. As noted,

a majority of the men in this group always are absent from the labor force, thgir absence

apparently associated with the extensive prevalence of poor health in this group. Thus,

the Stable Low group,can be considered the chronically poor, handicapped both by ill

health and limited formal education.

While the chronically low earners are slightly older and white, those in the Missing

Data pattern are somewhat younger and largely Black. Disproportionately, then, in this

sample young Blacks with limited education left their families, typically at an early

stage of the experiment. Their families, while not as large as,those in the other groups,

averaged 5 p rsons at the time of their departure.

Among the remaining four earnings pattern groups in Table IV-1 it is more difficult

to find distinguishing characteristics. High earners stay with their, anilies slightly

more than low earners, and also halve somewhat larger families. Also, those in the unstable

groups are slightly younger than those with the stable4atterns. Higher average in-

stlOility in earnings in this group simply may reflect attempts by young men to improve

their position in the labor market. As will be clear when we review the data on their

work experience, the insufficiency of income amo g the high earners which results in de-

pendency relates as much to their large families as to their earnings levels or patterns.
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TABLE,IV-1

Characteristics and Employment Experience of, Male Heads
By Earnings Pattern

.

(Wiscorisin Sample)

r

Characteristics

.4. rattern-----------
(4) (5)

Unstable High
High 1 Dip'

(N =193) N=90

---------
(6)

, Missing

'Data

N=116

(1)

Stable'
Low
(N=62)

(2)

Unstable
Low

N=279

Earnings

(3)

Stable-
High
(N=150)

Mean No. Pds. Prsnt(H) 10.9 11.4 11.9 11.8 11.8 2.6

MeariFamilY Size 5.6 6.0 6.4 6.3 6.0 4.9 .

Pct. With Children< a, 60 80 78 81 7? 71

Pct.Black & Span.Surn. 47 59 55 49 53 78

Mean Age (H) 41 36 38 36 39 34

Pct.Unhealthy(H) 81 66 41 40 56 29

Pct.H.S. Graduates(H) 15 18 25 31 18' 13

Pct. With TrainingcHY 29 24 22 29 21 16
.

'..

Mean No.Pds.Empl.(H) 2.0 8.8 p44.1 11.9 11.6 11.2 1.8

Mean Nu.Pds.NLF(H) 7.0 .9 0 , .1 .1 .4

Mean No.Pds.Unempl.(a) 1.8 1.6 0 .1 ,4 .3

Mean Wkly.Hrs.Wrkd.(H) 4.6 25.7 40.3 40.4 35.5 5.1.

Mean Hrly.Wage Rate(H) 3.69 3.79 3.75 3.87 3.75 4.12
.Mean Qtly.Earnings(H) 144 879 1232 1469' 1151 560

Mean Std.Dev.Earnings(H) 191 551 140 '374 384 354

Pct.With 1 Jot(H) 39 35 81 63 62 36

Pct.With 3+ Jobs(H) 3 40 6 18 19 15
r.

Mean Qtly.Earnings(S) 183 ' 89 84 77 85 208.

Mean Fam.Non-Trnsf.Inc. 351 276 231 212 251 197

NOTES

The first eight variables listed in this table are defined in the notes to
Table III-1. Eight of the remaining eleven variables are defined in the notes.to

Table 111-2. The other three variables are defined here.

Definitions of Variables

1. Mean No. Pds. NLF(H): The mean number, of quarters during which persons in
group were not in thealabor force in tile last week of -she quarter.

2. Mean No. Pds. Unempl. (H): The mean number of quarters during which persons
in the group were unemployed in the last week of the quarter.

3. Pct. With 1 Job (H)): The percent of persons in the group who had 1 and
only 1. job during the course of the study period.
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A number of queptions.remain about work experience. Do the male heads move in and out
.

f of the labor force frequently? Or does instability arise from movements in and out of

unemployment? When employed, do the pen work part-time or full -time? Are,difference6 in

earnings patterns associated with differences in wage rates? Clearly, differences in the

pattern of earnings can arise in a limber of ways, which we now seek to identify,. 4'

Beginning with the Stable Low group again, which makes up 7 percent of the total group;,

we note from Table IV-1, that this pattern primarily is assotiated with extended absence
,

from the labor force and secondarily is related to the high incidence of unemployment. It

the grOup as a whole, 60 percent, of the periods in which the men were with their families

were spent out of.ehe:labor force. This absence from the'labor force was concentratea,

undoubtedly, among,the 30 men who devet worked during the three years. But while the

men in this entire group Spent three-fifths of their time out of the labor force, another

one-''sixth .of their total time yes spent. being unemployed. They were unemployed' for 40

percent of the time during which they wereim the labor force. While these men averaged

.
only 4.4 hours, Worked during the last weeks of each of the 12 experimental periods, they

averaged roughly 30 hours of work when they were employed. Thus, only a few of them were

part-time workers when employed. And lastly, we note in Table IV-1 that the averaghourlY

wage rate of persons in the Stable Low group was only slightly below that for the other .

groups. Stable Low workersAthen, are chronically poor either because their health keeps

44

them out of the labor force or because they experience unusually excessive unemployment

when they. are in the labor force.

By contrast with the Stable Low group, males in the Unstable Low group, con-

stituting just over 30 percent of the entire sample, experienced low' but highly var-

table earnings only secondarily because of excessive absence from the labor force. Their

primary problem was high unemployment, amounting to a, substantial 14 percent of the periods

'during which they were with their families. 'Absence from the labor force equaled 8 percent,
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of aticperiods at home. Again in this group, work largely was full -time when:it

existed, averaging 3,5 hours per week of work. What is especially noteworthy is that

.'

40 percent .of the,males in this group had 3,or more jobs,:in a 36,month stretch:.
4/

This large degree of job turnover occurred when the average length of a job for
.

persons in the national labor force at that time was;rPughly 27 months.
4

So,wg,

have a second variety of work experience, one'inolving periodic unemployment and

very frequent job changes. These workers do not seem to return to their initial jobs

when they become unmployed.hus, the UhstableLow group may seem,, at first glance,_

to contain the types of person who work'a in the "secondary labor market." But note

that their average wage when working is about at the average for the entire sample.

Their problem appears to be employment instability, not necessarily low wage rates.

Now we may consider the three high earnings pattern groups together. Any one

of them constitutes a sizable part of the sample; all told, they form ,nearly half If,

the sample. In all three high earnings pattern, groups, there was little absence from

the labor force. In two Of, the three, unemployment of the head was virtually non-
.

existent for periods which be was with his family, which typically was nearly the

entire tiMe.of the experiment. Only in'the High, 1 Dip group did unemployment rise

7E16 3 percent of the periods. Quarterli,earnings,in these three groups basically

were high because of continuous attachment to the labor force and because of full -time

work. Most probably, the instability in the Unstable High groUp resulted from changes

in the amount of overtime and moonlighting work, as well as from fairly frequent

changes in jobs.

The high degreeo,f regular work effort in twp of thaf4 pree high earnings patterns

groups merits further exploration, espedially to see whether there are other explanations

for the instability in the Unstable High group. In that group, 57 percent of the 193

men averaged 41 hours or more of workjer week during the three year study period.

(In the Stable High group,,37 percent of the men worked so much so regularly.).
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.Thus,, the Unstable High group contained the greatest proportion of excessive or

" overemployed" workers. From this we infer chat some of the variability in earnings

f*.

in the Unteable High grOup results from the men working more or less overtime or

frommoVingin and out of the moonlighting jobs.

It'is of great interest to note that one-fifth of the men in all six earnings

pattern groups combined averaged 41 hours or more of work during the experiment. In

contrast to the small group of males who spend all of their time out of the labar force,

there is a large group that spends "all of its time working-Veryihard. This group is.

young, relatively healthy, and relatively well educated. Their mean wage on the average

is at the game level as the mean for other workers averaging fewer hours. Also, as a

group they exhibit a markedly higher degree of attachment to their jobs -- although the

overemployed just in the Unstable High group do exhibit a somewhat smaller degree

of job attachment.

3. ,Earnings-Patterns and Welfare Experience. .

La ly, we may ,examine the relationship between earnings patterns and

1!
welfare expect ce. Table IV-2 contains the data on welfare experience for the men

,-----4

grOuped by their earnings patterns. What is clear is that although the families of men
L.

in the low earnings patterns groups collect NIT payments more often and in higher amounts

than the lamilies,,of men in the high earnings patterns groups, the big difference between

the high, and low earnings.grouRs in wpliare experienCe emerges 1.d.the AFDC-UF (or AFDC)

programs. It.is only the non-workers.or the fullyunemployed' whoccan get either AFDC-UF

or AFDC). Full unemployment being uncommon in, any of the three high earnings groups,

receipt of AFDC-UF (or AFDC) in those categories,is relatively rare. When'we examine

the propartiona of, men in each earnings pattern group that fall into the various welfare

pattern groups, we note that roughly tw-thirds of all the high earners are in the Stable

tow welfare pattern group, whereas roughly two-thirds of the low earners are heavily

dependent on welfare, regularly or irregularly.
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TABLE IV-2

Welfare Experience and Welfare Patterns of Families of Male Heads,
by Earnings Pattern

(WISconsin Sample)

Stable
Low
(N=62)

Unstable
Low
(N=279)

Earnings Pattern

Stable Unstable
High High

(N=150) (H=193)

High
1 Dip
(N=90)

Missing
Data
(N=116)

Mean No, Pds. on NIT 5.5 5.2 4:6 4.3 . 4.3 3.7
,

Mean No. Pds. on AFDC-UF 3.7 2.2. '1.0 .8- 1.2 tits

Mean NIT Payment. 420 255 231 180 200 144

Mein AFDC-UF Payment ' 299 17Z 53 50 90 '

,01

366 ,.

a

Std. Dev. Total Trnsf. 162 190 65 74 95 , 210

Welfare Patterns
Column Totals 100 100 106 100 100 100

Pct. Stable Low 24 36 66 67 . 64 28

Pct. Low, 1 Jump 5, 9 4 5 10 9

Pct. Stable High 18 3 10 5 6 10

Pct. Unstable High 53 52 20 , 23 20- 54

NOTES

Definition of Variables;

gMean No. Pds. on NIT (AFDC -UF or AFDC): This is the mean for the group of the
number of quarters during the experiment in which the families of themalli,heads,
received -some NIT (or AFDC-UF or AFDC) payment.-

2. Mean NIT (AFDC-UF or AFDC)Payment: This is the mean for ,the group of the average
. NIT (AFDC-UF pr AFDC) paYment received by each family over the 12 quarters, including

'' _the quarters in which each received no NIT (AFDCUF,or AFDC) payffient,

3. Std. Rev. Total Trnsf.: This is, the mean for the group of_the,standard deviation
Oar each family of the quarterly sums of tlIT end AFDC-UP rar AFDC payments, including
periodiin.which each received neither NIT nor AFDC payments: In other words, for

each family a standard,dekaation was calculated for Its twelve quarterly transfer

amounts. Then, a mean of thOse individual standard deviations was computed for

each earnings pattern grOup. The mean standard deviation appears in the;:table.

'
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1

B.. Welfare Experience and Other Characteristics of Families with Different e a.

Welfare Patterns

44f:

The data in Table IV-3 reflect the characteristics f.familles and the wdrk

experience of their male heads when present in tfieir original family unitat As between
4 sf,

'the two groups receiving low and the two receiving high average welfare payments, wecan
,

--,

. .

,
.observe a difference in average family size and in the presence of young.lchildren.

*
.4,

t

heavily dependent have large families and more frequently'have young children. I on

trast to the tabular analysis in Chapter III, Table IV-3 shows no relationship between
fir-0

,

..,

absence of the male head and the welfare pattern of his family: Of course, we have ,
1

not distinguished between AFDC and NIT payments in this chaptef, while in Chapter III,

I'
we noted that families more heavily dependent on AFDC were more likely tot be without

R.

their male heads; the degrel of dependence on NIT was not associated with the presence

of the male head. While family site and the presence of young children distinguish

the less frOm the more dependent, bad health clearly seems to he associated with the

moreof welfare dependence within both the less and more dependent welfike pattern

groups. &family may have.loW income relative to its family size and comesition, but,

a stretch of poor health may precipitate a change in the degree of dependence, by.in-

terrupting the income flow that obtains. Bad health thus leads to unstable welfare

;Terns.
. -, ,

The interruption of income -- sometimes resulting from bad health and sometimes frpm

unemployment -- which leads to a sudden increase id the degree of welfare dependence is

reflected by the data pn employment experience associated with the four welfare patterns

in table IV-3. Both for those who receive low payments and for thole receiving high
;

I,.

.. L,

t

payments, those with unstable welfare histories have fewer periods of-Imployment than

those yi h stable welfare histories. Data not in Table IV-3 indicate that the periodrrt

_LA on ployment in each of the welfare pattern groups is split evenly between periods 6

. . '.. , ,

pf,Unemplpyment,and periods of non-participation in the'labor force; It is also the cage

0"4

that,when they are employed, the men in all four colUmns work an average number of hours
.

t
I

I.1:3 7J.

A
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.TABLE .

Characteristics, Employment, and Welfare Experienci of Male Heads,
By Welfare Pattern

(Wisconsin Sample)
-

Welfare" Patterns

$

(1)

Stable Low
(N=433)

(2)

.Low, 1 Jump.

(N -63)

(3)

.Stable High
(N -60)

(4)

Unstable High
(N -334)

f,
Meai No. Pds. Prsnt. (H) 11 ,10- 10 . 10

Mean Family.Size - ,5.6 5.8 6.8 6.4
Pct. With Children <5 71 68 87 ,83

i

Pct.lUitealthy (H) 42 56 48 64
, . t

Mein No. Pds. Empl. 10.1 .6.8.6 .7.9 7.3..(H)

Mean Wkly. Hrs. Worked (H) '33 28 25 22

Mean, Qtly. Earnings (H) ' 1326 1241 952 902
Std. Dev. Earnings (H) 353 464 245 422
Pct. With 3 + Jobs (H) l8

,
27 8 .27

Mean Qtly. Earnings (FS) 152 153 62 . 92
' Mean Non=lrnsf: Family Inc. '1688 1530 1079 1084

Std. Dev. Non-Transf. Inc. 504 627 333 557

:' Mean No. Pds. on NIT 2.9 3.6 8.7 6.4

Mean No: Pds. on AFDC -UF
,-,

.4 "1.6 2.9 4.0

Mew; NIT Payment ' 75 113 583 318

Mean AFDC -UF Payment 30 122' 217 300

,'Std. Der. -Total Trangfer 37 199 81 260

Definition ,of Variables:

-t

NOTES
;

1., Mean Non-Trnsf. Family Inc.: This is the mean idrtlhe group of each fathily's
averaged (undeflated); quarterly income, excluding its NIT and AFDC -UF payments
,but incldding all other components of cash income 1ike earnings anclUI benefits.

., . ! . 's.

,2. Std. Dev. Non -Trnsf. Inc.: This is tha
:

5ean for the group6of the "standard
deviation for each family of the income measure dained:in (1)'above. ,

.0/

I r 13S

!

4

,

**

;
r
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equal to full-time Work, so that the instability in earnings observed among both the

less and more heavily welfare dependent seems to reflect movement in and out of

employment as opposed to movementsbetween part-iime and full-time employment. The

. .

heavily dependent have loWer incomes than the_less-heavily.dependent, but within.

each of theSe groups we can see that fluctuations in welfare payment_are related, to
--e

,fluctuations in the male heads' earnings and, thus, in family incouA. Those with

fluctuating transfer payments also change jobs more frequently than those4with stable

transfer payments. Further, while female spOuses seem to work more in this sample;

as in general, when theirliusband:s earnings are lowthere is only suggestive evidence

that they work more tOloffset the fluctuationS in their husband's earnings. At low

Levels of welfare-dependency, the mean earnings of female spoUses are equal for those

with more or less stable earnings of the male head. At high levels of dependency,

.

female spouses do seep to compensate for-fluctuatioa in their husbands'. earnings by.

Working more.
r

.

,

.

.

From the data on welfare experience.by welfare pattern groups in Table IV-3, we can
.-..:

see that our welfare pattern groups do pick up differences in the level of NIT and

AFDC OF Payments, as well as differences in their variability. Note that the more ,

,

highly dependent families not only, have lower incomes than the less dependent, but that

those with more unstable patterns have, on the average, a larger standard deviation of

transfer payments over time.

The impact of program parameters on welfare experience can be seen in data not_

presented in our tables. While only 56 percent of the families in the two low payment

welfare pattern groups are eligible for NIT payments, 78 percent of the families in the

two high payment welfare pattern groups are in the experimental groups. Allowing fat

some, negative,impact_of.guarantees and -tax rates on work effort, this heavier concentration

ofNIT-eligible families in the more dependent, pattern groups is strongly suggestive of

the importance of program parameters guarantees, tax rates, and eligibility rules-,-. in

defermiaingyelfare patterns, even when... behavior is uninfluenced by the program.
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1

. Occupational and Industrial Changes Associated With. Work Pattern's'

Though the variability of earnings results frbmffactors in a dition
.

_changes, here We inquire briefly into how job changing varied by occupation

dustry to proViie an additional insight,O.nto these potential sources Of the

.of earnings through time.;

Job change§ are`defined in the Wisconsin data as changes in employers.

is
.

,
temporarily out of work and returns to the same employer upon re-employment, there

to job

O

var .{ability ,

If :a person

is MA job change. 'If a person goes from one employer to a second and then returns to

his initial eimplOydr, he is credited with two job changes. So job changes, as defined

in this data set, have nothing to do. with intra-firm mobility, but do reflect inter- '

firm movement of workers. in the labor market.

TEIble IV-4 indicates how the amount of job changing varies wth occupation, Table IV-5

by industry. The-m*10r of jobs held is associated for each worker with his first

known occupation and industry. Since the sample contained only 894 Workers, we collapsed

data from the,3 digit U.S. Census Bureau occupational and industrial codes into nine

occupational and seven industrial groupings. (In Tables IV-4 through Table IV-7,

"unknowns" and "others" largely denote periods of nor- employment..) In fact, under the

original 3 digit codes, a very large prOportIon of workers were placed by the Wisconsin

staff in the "not elsewhere classified': categories within broad classifications like op-
,

eratiVes:. Thus a finer .breakdown by. occupations and industries would hardly have been

more informative than the onb used.

In Tables IV-4 and Table. IV-5, no indication of an association between j6b changes

and occupation or industry is,- apparent, Most of -the male heads originally were in four

occupational categories4.craftsmen,:operatives, services workers, and laborers.

In each of these. four groupings, roughly two-fifths of the workers changed jobs one
,
.or more times duiing the three. year experiment, while roughly one-kOutth of the worker's

a

in each of the four categories changed jobs two or more times. Workers changing jobs

9140
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TABLE 1V-4

Percentage Distribution of Male Heads. By- Number of Jobs

Held During tiPeriment-and HyOccupStion-

(Wisconsin Savv10.,fr'

-...?,,-----Musiber-.;Of Jobs
4 (1) (2), (3):: (4), (5)
1onli One Two Three-or More-.: Total in Row

(Na89) (N=462) (N.148)- 7.(N.1105) (N=899

ridessional, Technics]. 0 57 19. ::- 14. 100% (ilq-).,

And Kindred *ricers ' 5:-

-
.-"'

4 --

Managers 15 -% 39 -:15 31 V- ,,/00% (N=13)

Clerical And*Kindred 5 34 '7 .16 100% (N=43)

Workers
, t

Skles Workers -100 0 100% (N=3)

Craftsmen, Foremen, 6 51 1.8

And Kindred, Workers

'24 100% (N=115)-

. .

Operativesand Kindred 2 57 -20 k 22' 100% (N.405 )

Workers'

Service Workers 55 18 . 25 100% (N=91)

Including Household . -,

- .
.

-,

Laborers,', Farm and :57 14 25 100% (N=I39)

.Nonz-Farm--

UnknoWn .
. 83 , 12 3 3 .100% (N=78)

Definition, of Variables:

A
NOTES

-

1. Professional, Technical, and Kindred Wbrkers: In the 3 digit occupational code of

the US Bureau of the Census, this group includes thoie,coded 001 through 195.
-

Managers: This group intludespirsons with' codes-200-295'.

3. Clerical and Kindred Workers: .kersOns with codes,401-375.

Sales Workers: Persons 'with codes 380-395.

5.- Craftimen, FOrement, and Kindred Workers,: Persons with codes 401-495.

6. Operatives and _Kindred Workers:- Persons with codes 801-895.

Service Workers, Indluding- Household: Persons with codes 801-893..

:Laborers, Farm and-Non4armL, Persons -with codes 991-994.

Unknown:- Persona with codes' 9-6 to 999, as well as persons who were assigned no

yositivetbde on the 'data ,tape.:.

A: 1
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TABLE'IV75

Number of Male Heads By Number- of Jobs Held
During Expeximent_and By Industry

cra,., -(Wisconsin'Sample). ,

-:-=-------N4Mher.of'Jobs

(1), (2) -01
None One_ Twd

(N=462) (N=147)

He1d -----

(4) (5)
Three ,or -More Total in .R.O4--

'(N=194) -(N =839)
Industry (N=36)

Conatruction" 12 , 46 10 32 100% (N=29)-

Manufacturing, Durables 2
. 62 17 "19". 100% (N=162)

Manufacturing, Nondurables 1 54 20 25, 100%- (N=184)

Transportation, Communication 7 51 . 12 30 lodx (N=59)
and Utilities

Wholesale and Retail Trade 4 56 17 23 '100% (N=94)

Services; Private and Govt. 8 51 19 ,- t--21 100% (N=127)

Others 0 75 . 25 0 100% ,(N=238)*

NOTES

Definitions of Variables:

1. Construction: In the 3 digit industry codes of the US Bureau of the Census, this
group includes those with codes 190-199.

2. Manufacturing, Durables; This group inClUdes persons coded 206-296.

3. Manufacturing, Nondurables:' Persons coded/306-459.

4. Transportation, Communication, and Utilities: Persons-code6-566-579.

5. Wholesale and Retail Trade: ?arsons coded 606-696:

6. Services, Private and, Govt; Persona coded1706-936..

7. Others: Persons coded 996-999 persons assigned no positive code on,the data
tape, and persons not falling within the first six4roupings.

1
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two times in a three year period would average only twelve months on each of three jobs,

if they experienced no gap in employment between jobs. Although the proportions having

two or more jobs were similar among industries, the proport4ns bolding three or more

,jobs were higher in construction and transportation.

When changing employers, the men in this sample frequently also changed occupations
,

and industries. The data in Tables IV-6 and IV -7 are intended to indicate the occupational

and industrial mobility of. the workers in this sample over the relatively short period

of three years. From the data in Table IV -4 (or IV -5), we-know that two-fifths of all

the men had two or more jobs during the experiment. Tables IV -6 <and IV -7) show where

the part of the sample that changed jobs went when they took their subsequent jobs. The

numbers in the dells of these two tables represent the number of job changers from a

given original occupation (or industry) who at some time during the three years worked

in any particular subsequent occupation (or industry), i.e., excluding the first one in

which they worked. Thus, the table does not contain information on those who never changed

jobs. Also, men changing jobs may have entered the same or a different occupatiop.after

their first job.

Looking first at Table IV -6, note that there is substantial inter=occupational

movement in the four categories in which most of the men originally are located. Al-

though it is hard to combine then i data, it seems to be the case that workers initially

n;
in thellaborers category do the most moving, ususally, upwards to the operatives category.

Excluding the unknown category, only 45 percent of the subsequent jobs taken by laborers

who do change fit into the laborers category; 34 percent are in the operatives category.

Operatives and service workers are less likely to enter new occupations when they change

jobs, and neither enter any other occupational category as fequently as laborers enter

that of operatives. While operatives and craftsmen do change occupational catego"ries

with some frequency, there is no obvious evidence in these data that persons in either

group engage in marked upward movement in. the labor market.

144
I
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Comparing the data in Table IV-7 with that in IV-6, we see that industrial identifi=

cation or attachment, as might be expected, is somewhat less prevalent than occupational

attachment as these men move through the labor market. Whereas 44 percent of job changes

(into a known occupational' group) result in changes in occupational category, 47 percent

of all changes (into a known induAry group) result in changes in industry category. The

job changers in each original industry category show a marked tendency to move widely

among industries.as they change jobs.

In sum, these data on the incidence of job changog and on occupational and industrial

changes associated with job changes reflect limited attachment among two-fifths of the
0

workers to their jobs. Among the latter, there are many workers who also have limited

attachments to their occupations and industries. Such lack of attachment, if sustained

over longer periods, should lead periodically to income interruptions and at least

'occasional dependence en income transfers. Income interruptions would be more likely

for such workers if their job search procedures are complicated by a lack of occupational

and industrial attachment.

D. Conclusion

Our analysis of employment and welfare histbries by a "case history" approach

has yielded insights not provided by the statistical analysis that follows in Chapter VI.

1. Within the Wisconsin sample of male heads of families, several distinct

earnings pattterns have been distinguished. The men first may be divided into "regular"

and "irregular "workers, constituting, respectivdly, 39 percent and 48 percent of the

total, sample (which also includes the 13 percent who make up the Missing Data cases).

Regular workers further are subdivided into those with Stable High and Unstable High
A

earnine, respectively representing 17 percent and 22 percent of the total sample.
p.

Within both of these groups, observed unemployment or absence from the labor force is
. . .

negligible. There may be some short-term unemployment that we cannot detect because

our data cover only the last week in each of 12 quarters. Instability in earnings

in the second of the two groups must derive from fluctuations in moonlighting and

overtime work. We deduce from the very low unemployment and overall regularity of earnings

which we observe that if unemployment strikes, these men try to return quickly to work.
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TABLE; IV-7

Nutbers of Male Heads (Who Changed Jobs)' Moving Between Original

and Subsegnehfi Industry, by Industry . I

(Wisconsin ample)'

Subsiguent Industry= ; -

Mfg., Trns. Whdle- Services,
Con- on sale & -Privat

,,struc- Dur- ',and Retail and
Original industry tion ables Util. Trade. Govt.- t Others,
Construction 19 4 5 5

. (N=21)

Manufacturing, Durables '5' 62 . 22
(N=72)

Manufacturing, Nondurables 3 17 90 10,
(N=99)'

Transportation, Communication 4 2 3 34
and Utilities
(N =34)

Wholesale, and .Retail Trade 5 i 5
(N-44)

9

Services, Private, and Govt. 7 12 ",.13 12
(N=71)

Others, Including UnknoWn 0 1 0 0.

(N=1)

I

The numbers in each'6011 indicate the tumber, of wotimrs ip(an original induaPPY,
who entered e'llfert#44.er:Wustty for at le4st Period tycitthatigiTigjohp. For 6241,110-qt:
the '4 in the first roar, second-01i10144.ndicas th4t412en-millyere in .construction in
their ':first johs'enieied 4,44rahier:mintifacturing.ggipt johf4t:et.leegt one,p0rioea 0
they.ieft thelx IirOt

2 . ,5 15.-

)

14 15 51

14 17 69

,26,

40 -. 35

6
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. Irregular workers may be subdivided further into those with Stable Ldw, Unstable Low,

and Bigh-1 Dip earnings patterns. hey nonsiitUte, respectively, 7,percent, 31 percent,
.-- -.. ,.

... . .

and 10 percent of the total sAmPle.
.

Persons in the Stable Low work very littler ofte;i

as a consequence of poor health. libet,ig most interesting about..the earnings patterns
. .

of the latter two groups is that where breaks in employment arise, we can obsei-ve froni-

the plottings pf individual earnings ,that re- employment is,bound to result.in the, over -'
,- -,. -

whelming prOportionf cases. By and large, then, among Irregular and. regular workers,
/

attachment to the labor fokce is the rule -- even in the presence of generous welfare

...

progrgms.

2. One-fifth of the men in the entire sample worked very hard, averaging 41 or more hours

of work per week during the experiment. Or those with Unstable High earnings, 57 percent

averaged 41 or more hours of work per week over a three year period.

3. Not surprisingly, those with low earnings generally were more dependent on welfare

than those with high.earnings. Besides earnIngs,.diOugh,

welfare patterns: those who were eligible for more

''dependent onwelfare.!

4. .TrY,ing to detect an affLt of occupation

tbegYeocIatIon between the requency of job

1

.4014414ipii of an'itsociation,between job

ticpupetion::,00nglit;itgje apparent in our data

program structure also affected

generous welfare benefits were more

or industry on earnings patterns, we examined

changes and those two variables, No in-

changes, defined as,changes'in employers, and

Tne44,0n fob,ctianges suggest a seemingly low degree of occupational and induetrial:

itttgOme4 amongtfie worfcer:g'in this sample.

sample 14nO dpongil:employer s during
0.- , %!

..;esulted in:dbeages.in.ocouPati4tal category

ittatangeOltduetr441 category.

.N s ', ;7\ "
. ' ' :6 .J:.

...
17'

iit 7,1

?r.,T

,
n:*

Among those roughly 40 percent of the

the, experiment, 44 percent of all job changes

and 47 percent of all job changes resulted

C/4,'I, 'ff." '1'
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'CHAPTER IV

FOOTNOTES

1. Recall that our earnings data actually are for the last week in-each quarter.
Quarterly earnings siMply are weekly earnings multiplied by 13. Also, in the
discussion of.earnings patterns we use earnings deflated by the consumer price
index (1967 100).-

2. The numbers of persons for whom the standard deviations could be computed were
smaller than those for whom patterns were determined because of missing informa-
tion. The cell sizes for the standard deviations were, respeEtively: 39, 150,
90, 278, 193, 80 and 10.

3. 'Recall that our transfer payments data, unlike the earnings data, actually
are quarterly amounts. In the discuqsion of welfare patterns, they are not
deflated.

4. Robert E. Healy "Why Is the Unemployment Rate So High at Full Employment?"
Brookings Papers on Economic Activity, No. 3, 1970, p. 390.

4



CHAPTER V

A Model of Earnings
ti

In the remaining chapters, we want to delve More deeply*iUto the interactions
A

,, .
.

i '

. , / ,

between income and transfer payments and into the full range of other variables

affecting these two qdantities. Since a number of variables operate on income and

transfers simultaneously, statistical techniques are required to isolate the separate

affects of the exaplanatory variables. In order to formulate statistical tests, we must:
f;

formulate h thtses reflecting both the nature of transfer programs and the likely

behavioral response of recipients. In this chapter, ,we will formulate our earnings

model while in the next we will present our statistical, tests on earnings. Investi-

.
transfergations of transfer payments are presented in Chapter VII. Part A of this chapter gives

a general description of the model, Part B presents a more technical discussion of,the

thedretical model,and Part C discusses estimation techniques. Parts B and C may be

.omitted by a reader anxious to!tee the empirical results.

A. General Description of the Model

In orderto study income, we must examine its parts separately. Some's:4 the

income of a household may come from a government sponsored transfer program (e.g., AFDC -UF

or -NIT). Let W represent the transfer payments to a household while I represents other

or non-transfer income (which, henceforth, we:will call income). One difficulty for

analysis is that W and I are closely interrelated. The transfer programs we are Studying

-- AFDC-UP and NIT -- are both income-conditioned so that the amount of W is adjusted
,

on the basis of the amount of I. The effect of I on W is thus determined by aspects of
.

program structure like the guarantee level, the tax rate, and the income accounting

,.

,aysteM, But there may also be a causal relationship running the other way, from W to I.

This arises if, for example, the transfer fayment induces a family member to reduce

Work effort, thereby reducing his earnings. It is useful, to break down the parts of I
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further by writing

I == Em + EF + E0 + Q

where'Em, EF, and go are the earnings, respectively, of the husband, wife, anti other

family members, while Q measures unearned; ton-transfer income. W will'affect I to the

' 4(

extent that it affects the parts of I, Em,'EF, and E0, the earnings of various family
,

members. A family might_even try to reduce its Q in order to qualify for more benefits'

but we will not try to account for this effect here. We must thus be prepared for
, .

,

causal effects running both from I to W and from W to I. 'In thq presence of mutual
, i-,

.
. . .

causation, it is known that any direct estimate of the effect of I on W or W on I

will be statistically biased.

We can begin to disentangle these mutual effects by considering'the typical formula
,

for an income transfer payment, Wr

k W =-0 = tI

where G is the guarantee level end t the tax rate. (We ignore the complications intro-

Auced by the income accounting system.) G and t are both .program characteristics fixed

independently of 'the behavioral response of the family. The effect of W on I is thus

a consequence of the separate effects of G, t, and I on I. We could elminate the problem
.

(of, in effect; explaining I in part on the basis of itself) if we could legitimately

replace W as an explanatory variable by justG and t, variables not determined by the

behavior of the family. Economic theory tell6,us that this is appropriate. To apply
4

,

sthe_usual economic model, we,must analyze-the earnings of each family member separately.

A
The standard model of "the work effort of an,individUal explains his work effort on, the

'
, .' .

, .-

basis of his wage rate, the un
ie

arnesiincomeof the family,, and some term accounting for
...

.

.

the earnings of other family members., Since the earnings of an indivi4ualere'equal, to

,

his work effort (hour's worked) multiplied by ,his average wage, his earnings also will
, $ -

4 '

depend on the same variables. It.gollows from,the,standard model that the guarantee .

,.

level has the same effect on earnings. as unearned income, While the tax rate modifies,:

the wage ;Ate. Some.simple manipulations sIiown,in'Part Bailow,Us to:incorporate.the

4".

c

6
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tax slate and the guaiantee level into a new family unearned income variable, N, combining
. .

_

the effects of Q and the exogenous program parameters of the welfare system. The

assumptiOn%of a Cobb-Douglas utility function leads to the convenient result that
.

it

earnings area linear function of the-previouely mentioned variables. Standard"

..

.
.1

.

%
theory thus suggests equations for mare and'femalvarnings, respectively; in the

following form :'
.,

(1g1 EM = +.a2W1., + a3N + um

(lb BF R f33.14m f3 3N + ui

wit and WF measure, respectively', the husband's and wife's wage rates. The a's and f3 's

. 4
-are constant terms t o:be eitimated:While,the u's are error terms.

,

-

The standard model of earnings discussed above has the apparent drawback for our.

purposes that it is 7 static model. It explains earnings for a single period, but gives

little direct losight into our principal interest -- the pattern of earnings over time.

We will condentrateen two 'aspect s of earnings patterns -- their mean and standard

,deviation. The mean provides a measure of the variability about that level. We halie

:found a very convenient and fruitful way to use the standard model of earnings in

Studying the Mean,and,standard deviation. Suppose that in equations (la) and (lb)

we assume that the'error'term has an expected value of zero. Then those equations give

the expected values of EM and EF, respectively, conditional upon givenvalues of

"Wm,WF, and In other words, we'may think of the standard model as explaining expected

' earnings. Now actual earnings ib any period are likely to deviate from the expected.

% 1 r I

value because of the error term, um or ug. But we hge two sets of longitudinal data,
. .

,

from Michigan and :horn' the,New Jersey experiment;, both having a series of observations

)

on each variable for each family"over time. It is known that the mean of a rand9m variable

approaches the expected value as the sample size becomes larger. Although our time series

is not especially long, we 0111.take the mean over time as an.approXlmation to the ex-
..

petted value of a variable for an individual and explain mean earnings using the standard
.

Me

151



-:

t.
1

t

earnings Model on the bads of, the mearyvalues'of AIM, Wcrand N,'
l -F .- -

,. .

. . .

.

The standard model pf earnings can also be Useful-in diCi4i#g how to define Ol
. .. '. $ .; "- ... ; - e

standard deviation. Since we explain mean earningS6n,the besia of WM,WF, and N,ahanges
. . , .,''. "

in these variables lead Eo changes In earnings. .Some of 'the variation in earniegs can
, .

- . ,-

then, be explained, directly, by Wm, Wp,.. and N`rin'the e'citiatioli.a.f6r mean earnings. But.

even 4.. an inftvidual

because of.varfations

had unchanging Values of

in the error term. *as

Pm, tii,,,a44

,.variations

earnings might fluctuateaK-
110,t ilready explained by the

mean earnings equations Are measured by the atarldatd deviations of the .errors,: tm anduy,
"

it
,

.* .

respectively.. 'We might expect different` individUalp,td have different patterns and heice
, . . .

. .

different standard deviations, sm and sp.' These differences dhould'vary systeMatically

depending on factorg'related to the individualisItastes.and abilities'and on his sit-
,

uation in the labor market. For example, some individuals Mightwork'in industrial -

with seasonal fluctuations in demand and employment.

. The difficu

uF are not directly observable. InPart.0 Of,t110.s chapt0r, we. preseot

-
4 .

h our,.proppsed measure o "the standard 'deviation is that um and.

that we Will use to

estimates to refiip

, .

estimate these standard devi ations and how, We,will

,

the isChnigne
_ .

then 'use '',o,er

our mean earnings equations. Chapter VI, part A presents a dis-,.

,

cussion of what variables might aystematically affect the standard deviation, f011Owed

,tf-
by empirical estimates; while part B of ;chapter Vt,presentsempirical results, for

A:

the mean earnings' equations. The reader.notwanting to follow.a further elaboration
4-

of'the technical details of the model now May proceed directly tq Chapter VI.

A B. The Theoretical Model

N. 1., Cobb Douglas Variant of-'the WorkrteisureModel. . '0
-....--

- I 1

Consider a family which consumes aobuhdle,of goods measured by the indek
.

i-

i

X. Let pm be the leisure time of the liale'and LF that of the female." (We will igdoxe

I ' .. '.

(4.

the workLleisure
.1,

choices of-other family members.) An assuming,a.Cobb-Douglas.

utility function'we have

0* aF
(2) U(Lm, LF, X) Lm LF X
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-.In: the:: absence:of the male, am = b; and, in the absence of the female ap

y- 142-:

Tile' hods worke,d

Let-Wm and WF measure

by the-male and female are km and Hp, respectively.
.

. .

the male and female wage rates, and lee tbprice of the index

in terms

= 0.

a

*--pf.tbods:be unity, so that in effect Wm.and.WF.measure the realwagexates
.

.

,of goods; .The income of the household may come from earningi, WMHM and WFH-Jr -, from
t.

Unearned, non-traniferincete, Q, and from transfers

. . f
income- guarantee leVel, G, minus a correction or tax based onjlon-transfer income.

.r
letting-tE be the-tax rate on earnings and 4 tbe tax-rate on dhearned income,

Transfer income, equals an
4

G G --- tF(WmHm + WFHF) -,tQ Q, if > 0,

- ;

0,-otherwise

A family receives an income

:Mains positive. ,The budget

transfer only if its income is mall enough

Constraint of the, family is thus

X = WON+ WiHr + Q tE(WOK + WOF) -.NQ4

(1-fE)W +.(1-tE)'I;IFHF + tQ)Q + G, if W: >

9;:. WFHF + Q, if 0

SO

---O

that
.71

i. ;.T .,. '

The 'variables HM and H
X.

fo the budget constraint can be related to the variables
..

-,

. .

.,...,

NEP/ --
tM AndLF of the utility function, if we introduce the:constants HM and,HF, the maximum .

,hUiberof hoUrs the male and"female, respectively, can work. While Wm and; canna emceed.
. ,

the total number of pours in the period under

sw

.- -: .

as behairibral parameters rather than as techni

consideration, 'thiy should be interpreted

cal constants.
1

In Part, they meaduret

ihe maximuminumber of hours that the male or female could be induced to work under

the condiuions most ei3couraging to work effort. In addition they may reflect economio,

' 'constraints on the amount of work the person can do -- constraints beyond the control

of. the individual resulting perhaps from market forces like insufficient aggregate
c_

demand or possibly from discrimination in hiring certain kinds of workers. It follows

part of leisure displacing
_-

then, -that the leisure quantitites LM and LF measure only that

potential work effort. We have

(4) Lm = HM -.Hm, LF HF
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Using (4) we ureCan,eXPress the budget constraints in terms of 1e.sure time

.

work time. Using (4) in (3) and rearranging, we obtain
4

.

(5a) X + (I -t)WmIim + (1-t
E )W1,1,1? = ))*ItiRK + (1-tE)i.IFHF -13 `,( + Wt. if W >, 6

E

instead .of

,ot
I.

(5b) X + 1.44Lu =-Wmi:Im"+ WIic + Q, if W= 0

We thus have two alternative budget constraints, (Oa) and
'

(5b). If the family is
. ,

receiving a transfer benefit,*the parameters of the'transfersystem enter the constraint
. 0

. . -t

no transfer benefit is received, the transfer parameters do not constraina), while if

choice and the family can move along (5b).

, . .

We assume that the family seeks to adjust LM, LL, and X.In.order to maximiimaximize' '

,

utility, (2), subject to its budget constraint, and given Wli, WF,H,,H, Q, and the
" I:

parametera of the transfer system. As part of this choice, the family must decide whether
' -

or not to receive income transfers. ThedecisiOh to, go on a transfer program can be

t -

formalized in two steps. ,First, let,thefamily matrix Utility.with respect to:(54),

* * * *'
-leading to optimal quantities, Hie Hp; , and U. = U(k- H.*, H H,*, X ). Note that

gL g g_

.there is,a restridtion oh the attainable values of these Variables,' for if the optImil

quantities produce so much income that-W cannot remain positive, the individual cannot ,

remain on the'tranafer program. In the second step, let the family Maximize utility

with respect-to constraint -(5b), finding optimal quantities,
2 -, .,, . - .i.

**:- ** ** ** ** * .** . /.

HM, ii , X , and U := I; - Hm , H. - HF ,X ,).

E

Comparing the results n the two steps, if V > U:, the family choosee to go on the
.

,

4** '-* " f. r_

prograMwhileifU-,:> U , the familIy chaoses'not 6o do So-.

't

Applying the usual first order conditions for a maximum, we find after tax earning§

euations for the husband and wife. If U > U (so tha050,) is the relevant constraint),
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:,

(ltz,)1,11,11%, Nj(1=-tE)Wmrlif + (1-tE)WFTIF- (1 -t )Q + G W'> 0
(6a) '" "

11-tE)1,1;Lp ia'aF,E-(1-tE)Wmil + (1=tE)WFILF + (1-til)Q + G], W > 0

When U"

4

(with (5b) thfi relevant,constraint),

WA4 al. WIRE + Q] , W ,

(6b)

wiv wFH, Qi* W m 0

'The valui3Of the leisure time chosen by each family member i a
-

constant fraction-am or
. _ , , .ap-of '.'full; income,.'; the expression in brackets in each case., whicli-is what income -

. 5

would be if every family member:worked the maximum amount. Using (4), and dividing each

equation by' ( -1 -t g) when IT* > U**, we obtain, pre-tax earnirtgii-:.2
... _ g

(1-am)liem d FWg 7_.am.,Q 0- and VT at 0

t i l t (1'0 , if > -0 and W- >
4

41,

7"-W1AF

(1-ap)ffer,..- otFM,1M ap Q, if > 0 and W at 0 .

* G
, if >' 0 and W 044ccidlIFWI? c'efiliti a.1!.

otherwise

- v .

D4ta are available on the variables W Q, and the perimeters of the transfer

programs. Thefirst two cases of, both equations 04 and (7b) are thus linear equations
. . .

in Was VI., and an income tee. The _poiefficient-a to be estimated, given our Cobb-Douglas
, .,.. , ,

model, can be interpreted as behavioral pa enterers;, The coefficient of the income .term, -,-: ' , . - , .
- ,,, . - ,,.

-am or .-ap, measures (the negative of). the frac,tiOn a "full income It that the respective

''iiiiii,y member chooses "pa -consume 1.0.tt;e'fCiiin,;;i1 leiiigc6., ,The ,co'effici;nt of the own-
,

, .
,,, -

' wage, (1-ixm)Ijm in (7a) and at, , in , , aus ,e pos tivs einca-am and a 'are both,A
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less than one. Given estimates of am and aF, from the_g_i_come tenger, taese own-wage

coefficients-can be unscrambled to obtain estimates of HM and ir
F
.which we assumed to

0 to be behaviOral parameters. The crosd-wage coefficients g and
5

are both,

negative. Significant coefficients not satisfying these theoreticaf, restrictions would
rp

,

crest serious doubt on the Cobb-Douglas formulation of the theory. of. work effort.

Notice finally that we Dave thr'see variants of both (7a) and (7b).'The first two

4.

are identical except i4 the way income is measured. When the family receives transfer

.
. .

benefits, the paritheters of the transfer system must be introduced into the income

term in the way derived in our previous calculations. The third variant is different.

The difficulty wita the first two is that if either the appropriate income measure

or the spouse's wage is too large relative to the own-wage, a negative value of earnings

is predicted. Since negative earnings,(or work effort)aake no economic sense, we

conclude that earnings would be zero when either of the first two variants predict

negative earnings. This raises the important problem that the zero earnings of those'

who do nptyork are not explained by the same linear relationship that explains positive

,
darnings. The two groups must be treated separately,,. The non-workers do Apt satisfy

the first order equality conditions that the workers do. They can be shown to satisfy
. *;*

, inequality conditions and lie at a "corner solution."

2- Choice Of Income Transfer Program

c

As has already been noted, the introduction of an AFDC -UF program in New Jersey

not only provided a\welfare program to the control group under the experiment, but also
0

provided a second option to those.covered under the experimental plans. If eligible,

they could receive either a NTT payment, or they'could switch to the AFDC-UF program.
,

.

Since equations (7) include an income term iuvolving parameters of the transfer program,

A

,

some principle iikneedekto determine which parameters to use for a.family facing a.choice

of_ two transfer programs. A simple extension of the argument on whether a person chooses

to be on or off a transfer, program pro$ides such a principle. Given the parameters of

each:transfer'program we can construct a separate budget constraint corresponding to each

:156
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I

program. .COnfronting the family fitst with one budget constraint, we calculate the

maximized value of utility. The operation.is then repeated with the second constraint.,

The family chooses the program that leads to the.highest utility (prol4ided that this

level of utility is higher than that obtained receiving no transfer benefit). To
. . . . . .

.,
.

achieve this highest utility, the family must be on the budget constraint determined by

the parameters of the chosen-program: 1

. To apply this principle, we observe which transfer programthe family chooser.
.

Assuming that it makes the Choice deXimizing its utility, 's use in equations (7) only-

the guarantee and tax rate parameters of the chosen program.
3

3. Fluctuations in Earnings

Equations (7) predict changes in earnings in response to change's in wage rates

or in the appropriate income measure. However,'fluctuations in earningd also may be

caused by changes on the demand side

individual behavior not incorporated

of the labor market'or by 'additional aspects of

into equations (7). Consider first problems re-

lated to the dp==cid'for labor. With wages inflexible., fluctuations in the demand

labor will tend to lead to fluctuations in employment. The extent of these fluctue't ina

will differ by labor market, by industry, by occupation, and perhaps by worker Character-

istics of significance to employers, like seniority. Whatever the source. of the fluctu-7

ations; they mean that'in the short run, at least, the attual earnings of an individual

Will deviate from his desired level. Earnings, will be less than desired when a person

is fired or laid off temperarily and higher than desired when there are required increases

in overtime.' If we interpret equations (7) as giving the level of earnings desired by

the individual; it thus proVides only a artial explanation of actual earnings.

However, equations (7) may not even p ovide an adequate reprasedtation of desired

eernings. In.addition to the obvious simplifications resulting from the Cobb-Douglas

ford of the utility function, equations (7) do not consider the timing of the decisions.
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One person may prefer steady employment while another prefers work interspersed with

frequent breaks. Over a sufficiently long time horizon, eqUations (7) could explain

the difference in some cases, perhaps by a difference in a. The person desiring fre-

quent breaks over a long period prefers to devote a larger fraction of "full income"

s
to leisure. But we arp interested in short term fluctuations. lloreover, steady part-

.

time work could yield the same a as intermittent full-time work. The standard model in

itself explains a desired level of earnings, but provides no way of distinguishing a

preference for a particular pattern..

For purposes of analysis we find it convenient to consider separately the deter-

mination of the normal or desired level of earnings and the fluctuations about this

normal level. The earnings model given by equation (7) provides a Convenient explanation

of the normal level of earnings. Then the demand side factors together with individual

preferences for patterns determine fluctuations. To be more specific, rewrite equation

(7a), expressing the first two cases (when earnings are Positive) in the same'form, and

including an error term ut.

(8) EMt b1WMt b2WFt + b3Nt + ut.

This relationship holds for a given period, t, indicated by the subscript attached to each

variable. Here b
1

= (1DI.1)Tm'i. b
2 m e b

3
are=-. N

t
is the appropriate measure of

other income depending on the kind of transfer payments received. (The argument is ident-

ical for female earnings so we present only, the case of male earnings.) We assume that

the parameters b1, b
2
and b

3
remain constant from period to period _over the time.inter-

val considered. We assume that for this individual u' is randomly distributed over time

with expectatioh, slut) = 0, and standard deviation s. The expected value of

e(Bmt}, is thus

(9) e(Emt) = b1WMt + b2WFt + b3Nt,

We thus assume that earnings of an individual over time can be analyzed

were randomly distributed with conditional expectation given by (9) and

of the conditional distribution given by s.

earnings (other than those explained by 1411WF

likely to vary from one individual to another

earnings,

*158

as if they

standard deviation

The distribution of the fluctuations in

and N) is thus determined by s. But a is

depending on his situation in the labor
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and on his preferences concerning pattern. Although we do not try to explain everq change

in a person's earnings, we do study the.overall pattern (or at least that aspect of it

measured by the standard deviation) in a way that al]ows us to make predictions of

individual behavior and comparisons between individuals.

Ih Part C, we discuss our techniques for studying the conditional expectation of

earnings on the one hand, and the standard deviation, s, on the other, Before proceeding

to that, consider some general asiSects of our approach. Although equation (9) can be

viewed as an equation for normal or long tun desired earnings e (Emdis not obiervable.

We know from equation (8) that actual earnings in any period will differ from its

expected value by ut, which may be large. Since we are hypothesizing that it is the

long run or normal level of earnings that is explained by equation (9),'it is desirable

to measure the mean of earnings over time rather than the actual level in any one period

and to use the mean in explaining the normal level of earnings. To see the advantage

of working with the mean, take the average over time of both sides of equation (8), let-

ting bars denote averages over time,

(10) E = b TIM b 211F +.b 3N IT

Since we assumed that e(ut) = 0, it fdllows that e6ij.= 0. Therefore, the mean EM is

explained by the means of the independent, variables in exactly the same way that Bmt

is explained by equation (8), except that the. standard deviation of the error term is now

deduced. Whereas ut has standard'error s, u has a standard error where T
Afr7

is'the number of observations used to calculate each of the means. We will
,

frequently

refer to the normal or long run level of earnings as mean or average earnings. Equation

(10) is the one we will estimate in our empirical investigations of mean earnings.

Many factors besides Wm, W,, and N may explain period-by-period earnings, but our
. ,

argument suggests that they should not enter equations (8) or (10) as additive dummy
o

variables. Indeed, the Cobb- Douglas model implies that equation (8) should have no_con-
;

stant term. Consider the example of a variable like education which is usually expected
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.to have an effect on earnings. In terms of.pur model, the'pribdiP4feftectof education

on earnings would be transmitted through the wage rate, assumitg that to:ore edUcitiot

allowed the individual to face a higher wage. In additiOn, amore educated perSon might -/

have different tastes than a less

differences in the coefficients b
1,

b2, .and b3,nd b' not to'differenCes'ill'ihe'constant
-

, . .

,,. . , .

.. ...
term. The only other, effect of education might heron the paterfi.4:e4rningi. ,/f more

.-..

educated ,ote. Bui differences it'taites:lead
,

educated people either faced More stable marketopportutities,of prAferre4 gre4ter'

stability, they would. have a smaller value_of.s.. Similarly, `any variable affecting
- -

earnings outside of the channels through "
M'

i
F'

N either met change one of the

coefficients b
1,

b2, or b
3
in which case.it affects mean earnings, or it must Change

in which case it affects 'the pattern of earnings.

4. The Treatment of-Unemployment.

s

Equations (7) presented expressions
..

. .. .

first two, involving positive earnings, entered the discussion on fluctuations.
%

4
,

third case, with zero earnings, must be considered separately. Zero earnings 66414

for earnings in three cases. -Only ihe

The'

...ari,se_ in two -situations.

. .
. . ,

First, if equation 0) predicted an expected value' earnifig6
.;-

of either zero or.les than zero, actual earnings Would no ,doubtequil ;erd. qitien
. ..

values of W
M'

W.., and N thathe,faces .he "iiiooSes not to work:
iv

Equations (8) - (10), do not apply this situation.. Second, his actual earnings in

( some period may be zero because of a large negative valut'of ut, even'though his'nOrmal
;

desired.levelds-poaitive. -The negative u
t
could result froni'an involuntary layoff or'

from a desire for periodic breaks in employment, combined with a long run desire far
- r-

earnitge. As long as desired _earnings' are positive; equations (8) 011.0)' hold:
. Q

earnings ate.siilaply part bf,a tempOtarllictuation.

the person's tasted -arid

positive

The zero , ..
,

In ,principle the two situations' axe diet

,

or not equation ,0)-predicps a positive valUe

distinguish because an unemployed Worker does

worker may have a good idea of what wage rite

inct. The difference depends On whether

. in' practice;, the Situatiotscate'haid to!

,not have Ari.observable wage rate. The

he can norgall,expecebut'suCh infor-

mation is probably,not'available to the analyst.
4 We will assume th4eany person with

.

16'0 .
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:v.ihee..62 is a common Kale,
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2;. Estimation: of the Standard Errors

,.
In the glean- earnings equation (10), we have already thade use of the'time

.

series aVailable.on each indiVidual by calculating the mean over timeof each Variable

-
.

for each individual.and then using these means in the cress-sect ion.estimation. By ,

so-doing, we reduced -the standard deviation of estimate from what it,mOnldhaVebeen

.. .4

had we:used cross- section data from, a single period. Now we plopose to exploit again;,

our'_ time series data -to calculate -the standard error of the unexplained fluctuations in

earnings for each, individual. We need. estimates of the coefficients, ii equation (10) to

calculate the unexplained fluctuations.. HOwever,*the best linear unbiased OLS estimates
, 1 . .

of the coefficients can be Calculated only once -the standard deviation of the unexplained
t. t
1 ,

fluctuations is known. There is` nevertheless a way around these difficulties.. Although

,

the coefficient estimates using OLS are best linear unbiased, estimates from ordinary

least squares (OLS) are also unbiased, even in the presence of heteroscedascity. As

,

a first step, we will estimate equation,(10) using OLS.. For convenience, the estimated
, -

earnings equations for a cross - section of n indilLuala may be written in matrix form
-ft

.'as

-(11) E =-Xb + v
-., .

.

where. E is the (nxl) vector of mean earnings, X is the (nik) obsdivatio matrixTof the

iii.diViduarmeans of the k independent variables b is the coefficient ve tor estimated,-.. . 1 i,,,,
.: v

.

by the use of OLS, and v' is
'

the (nxl) vector of errors resulting from the iestimation;

. $

.1

Equation,(11) giVea a single error, "vi, fOr each individual.

., . 1

We assumed earlier that the coefficients explaining mean earnings for an .individual
=

(1

ilici explain the expected value of Miod-by-period earnings. We may therefore, use the

, .

coefficients estimated for the mein.earnings equation to predict petiod-by-period earnings

' based ,onthe period-by-period values of the independent variables for an individual.,
.

For individual i, let E be the (Txl) vector of his actual earnings for T.periods.

Similarly, let Xi be the (Txk) matrix if observations on the k independent variables

faced by individual i in each ofthe T periods. The asterisks denote that these variables

were not used directly in calculating the regressibp; only. the E and.rwithout asterisks,
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(whose elements artalleans) were so used. ,Using the OLS coefficient vector b, we may

calculate the (Tx4 vector v
I
"c)f prediction errors over time for individual i.

,.

(12) ft. =:Et - X.tb

We propose to 'Use the standard error of the T elements of vii (which we denote as ai)

as an estimator of'ai, the standard deviation of unexplained fluctuations for individual i.

N To evaluate the properties of our estimator, let8 be the true coefficient vector

-*So that,the true vector of:unexplaihed fluctuations u*" is defined by
1.9r

,(13)
*

-',Xi s + ui

What we really want to measure is the standard deViation of the elements of ui, which is

the ith element of the diagonal of a2V, i.e., aZa =.ce(utAut). The prime (#) denotes

the transpose and the c is a proportionality factor accounting for the correction for

degree of freedom. (The ai entering the GLS estimation need be determined only up to

a scale factor. Since, with the same number of time series observations for each in-

dividual, the degrees of freedom will be-the same for all, so will c. Henceforth, we

*-ass Ume that c.is absorbed into a2 and write a2ai E(ui . u
I
) ) Now consider the sum

of sOired-prediction errors using the OLS coefficient estimates.

vrA = (E - Xtb)".(Et - Rib)

:_>, ;,a190-

'1 fickirrtx
1.: i

I *
. m (443b) .4. 411]A[40-0 + 40

*, - 1'
"71-- \

.4,

I A
whey the last step uses (13).- Our proposed estimator cvis proportional to vi v:

.

.

.
\ .

.

Take the expected value of both sides of (14), remembering that in our model, e(ut), = 0.

(15) e (vt '4) c[43 -brXt 4(0 -b) + (tiru*i)

Therefore, (vrvt), is not an, unbiased 'estimator of e(ui,
A
ui). The expected value of the

J
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,.-, -
.-., .

. , .
,- . * ..

squared prediction error, e(v
!-

v.i), equals the true variance of earnings fluctbations, ,
.

.1,--
, -

e(ui ui), plus a,term accounting for the error in the,estimation* t, Indeed, if we are

to construct_ an eatimator,N,.of the'vatiance-covariance matrix a2ibised

measured errorsivi, the'coVariancee would not all -equal zero.

6(vi*Avt)
a,

*A *Although the,true'errors Are uncorteIated, i.e., e(ut up'= 0 I, 0 j
, -

the etrot'an the estimation of b again contributes a nonzero term..

n the,

r

Now examine the term leiding.to the bias in equation (15), noticing that the matrix

in brackets (urns out to be just asAarldr,,

(17) er(8- by:xicnZttp --,13) = e(tre3-135"444(f3-13)1

= e[tr(31"4)(13-3)(0-b)."I =`:tr(X X )6[(,b43)o-or],

Here tr stands for trace and the last step follows since X/ is a set of given independent
= . .

variab ).es. The expression cub-upall is the variance - covariance matrix of the OLS

coefficient vector.obtained in the croiarsectiOn estimation of equation (10). Although
.

4 .

the 0LS estimator is not best linear unbiased-in the presence pf.heteroscedasticity, it

/

is unbiased and consistent, with the property that every term in the variance-OOvarlance

matrix approaches zero as n (the size of the cross-section sImple).gets very'large.5

Therefore,

' (18) plim e[(13-b1 Xt-"Xt(8 -b)] P tr AXI.) c[(i;43) 043 yl

n±:0 n403

= tr(4'4)[0] = 0.

The matrix (xtAxt) is unaffected by the probability limit since it measures the variables

for a single individual; which are unaffected as more individuals are added to the sample.

fq4



'From, this it folldvd-tHat

(10 P-61'.3.3!) e(utut)
r*:.
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'00414MatOr is thua an asympototically Vnbiesed estimator of the true variance as the
'
816100 ii(teofAd-,evass-section hecOmee very large. In a similar way, we could demon-

Strata that all, the co-vaiianoesgven by Aquatic) (1() approach zero it the probability
.

;If

-We-knOW;that-the variance- 'covariance matrix of, the lit is given by

:eT

s

p(u*ut) . dzi.
- . .

AnotHer way_olooking'at this,result is that the expected value of the variance-covariance

*-

'

;;; ~i'itatri]Coi the 4
i

eiv),4 a consistent estimator of a2v. Our sample estimator of the
.

for

. .

standiid deviation r individual i,ai,,is proportional to the square root of the ith-

diagonal eleMentof V. It can'be easily established that GLS estimation of the mean

4., ;4;

earnings equationl.based'on the matrix e[V], provides consistent estimates of all parameters
...

'f

We arestill'attprepared for the GLS procedure "since consistent estimation requires

A2 ".2us to use E(0) as air estimate of individual variance, not ai which we can calculate.

A.2,

Indeed a is estimated rot!! a time series for each thdividual, but the time series is

There should' thus he substantial error in the measurement'of ;I, so its actual value

short.

if A
will'ofien be f r from its expected value. Our measure of di, however, does allow is to

proceed with one of our chief purposes,' which is to investigate what determines the

standard deviation of unexplained fluctuations in earnings. To do thie,d4e will identify

a series of variables,some related to the labor market situation ofeach individual

' andothers related to his tastes and abilities. Denote these variables by

We hypothesize that

(21) chi + ...arZri + wi

4'
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,wherewhere w is an error term. Assuming that the appropriate assumptions are satisfied,

,we apply bLS to equation (21). First, s allows up to study the determinants of the
A A

standard error of fluctuations. Second ;:using the estimated coefficients a
l'

_ ...,a
r
, we

can calculate.an estimate of a
1
freeof the error wik

A

6i

t . A ..-

Given the properties of OLS, we know that a
i
- e(d

i
). This dtepsfinally provides the

A .

. , .. t , .

- 8 ,

standard errors that weluse in the GLS estimation of the mean .earnings equation,.

\,.....
, f

In the summary, our procedure has the following steps:
. ,

.e.
,

#

,

1. Estimate the parameters of the cross-section mean earnings equation

(10) by OLS.

2. Use the resulting coefficients to ptedict the period-by-period earnings for

each individual; calculate the prediction-error for each period; and take

the'standard.deviation of these errors , ai, for each indiyidual.

3. Analye thedeterminants.of a by'means of OLS.

4. Use the coeffiCient estimates from step 3 to calCdlate a, if* e(ai).

5. Re- estimate tfie parameters of the mean earnings equation .(10,using

GLS by dividing each variable for individual i.by

ti

Oa i66
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CHAPTER'V

FOOTNOTES

1. In a recent paper, Hall tried to account for differences in tastes by differences
in the a's.and in the Although we do not investigate differences in tastes'

these viva, we do use the interpretation of the H's as behavioral parameters
rather than as technical constants. See Hill, Robert E., "Labor Supply and the .

Negative Income tax Etperiment," presented as part of the Brookings Panel ,on

Social Experimentation, April 29-and 30, 1974. ..

2. Division by (1-tE) in thetransfer programcase converts an equation-for after-tax
earnings-to one for pre-tax earnings. This is reasonable in that earnings. are
measured before the tax. In fact, the tax appears to the family as i reduction.
in G rather than as a sum rempved*from its income. It is only for analytical
purposes that we speak of it as a tax on earnings. Note that the behaviorarcon-
sequences of the model are completely unchanged by this transformation,

#3. Actually, data are not available on all relevant.aspects.of the AFDC-UF program.
For example, a large work expense allowance can provide a sizable benefit even.
td a person with earnings, making AFDC-UF more attractive to this person than
NIT, which does npt have a similar allowance,. However, the stork expense alloWince
is calculated on a case-by-case basis. We do not have data on,it for our families.
There may also be subjective factors affecting the relative attractiveness of pro-
grams, like more inconvenience or stigma attached to one program or the other.
All we can do is'observe the actual choice of the family and use only the readily,
calculable parameters of the program -- the. guarantee level and tax rate.

4. Some unemployed waters may have an unreasonable expectation,holding.out for a'
wage they cannot attain. At a realistic wage, they might prefer not to work.
Such.individuals are hard to classify even in principle.

5. The variance - covariance matrix approaches zero as n approaches infinity, provided
the matrix X continues .to have rink.k; if all second-order moments of the independent
variables remain finite; and provided the true diagonal matrix V remains finite,:
See Theil, Henri, Principles of Econometrics, 1971, pp. 362-3."
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CHAPTER VI "Z.

Empirical Results on Earnings

I

As Chapter II demonstrated, there have been. mumberous studies of what

the level of work effort or earnings, and.also.how this level mardiffer from one group

1 . . ,

to another, or may change in response toa stimulus like the negative income tax ex-
f

.

periment. However, there has been little attention.. td how earnings fluctuate over time
.

, . ..
,

(although there was the important Hall -cOntribution on flucivations in emp1oyment1). ..

.
., . .

Both the Michigan and Wisconsin data gets are:longitu'dinal and thus provide a basis
, .

. c
for investigating,thp, pattern of earr4ngs over time. _ige ihuis begin'in Part A with our

, . . . . .. , , . .
.

results on.fluct2 uations ilt earnings: We.then present the results of our approach to the
. .'c

_4 ,
previously studied problem of explaining the average level-of earnings in Phrt B of .

. ,

this-chapter.

A.. Fluctuations in Earnings

1. -Specification of the Fluctuation Model

We showed in Chapter IV that the meanearnings of en individual will depend

on his own wage, the unearned income of his family; and possib/ythe wage of his spouee.'
«, 0

,.

Therefore, a Change in any'of these variables leads, to a Change in his mean orexpected
. . ,. .

_ 0 *. .

earnings. But then fluctuations in arnings resulting from these variables are accounted
. k. i

study
. e

for fully by the mean earnings equation, jluctuations are wbrthy of,separate study on.14
.

to the extent that they are caused, by factors not accounted for in the mean earnings,
.,4

. , .

equation. To review our measure of fluctuations, we first calculate preliminary estimates-
A

of the coefficients of the mean earnings equations (either ,(10) or'(1) of Chapter'IV).

iThese coefficients are then used to,prediat the earnings of each ndividuator each

..
time period. Thesepredicted earningeayd ourmeasure of the,"explained" portionof

. .., .

. ,
.

, . .. ... ''
,.

.,

k
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.
tt

. .

isactual. earnings accounted for bythe wage rates and unearned income. The error it

( 4

prediction -- the difference between actual and predicted r. measures the:remaining

part of earfllgs which must be explained by other variables. We assume that, on .the

.,
averageispredicted earnings'will equal actual earnings, so that the prediction errors

cat be thought of as fluctuations abdut the mean. Yoz each individual,, then take, the

standard deviation of the period-by-period preoliction errors. _Our measure of earangs

.

variability for individual i is thus the standard deviation, 6i, of, those fluctuations

in hisearnings not explained bythe mean earnings equations. Although we cattot

explain each fluctuation, we assume that there is some regUIarity to them over time which

can be detected by our measure 6i. (Our 'preliminary OLS estimates of the mean earnings

_equation used to calculate this standard deviation are presented in Part,B together

,

with our later refined estimate of that
.

equation.) .

. .

Given the measure of variability, ail WQ proceed tO1-'investigate what determinesit
7' . 4

-

-and how it differs from one individual to another by using regression analysis. ..Thus

. . -. A 4

we mu-st specify the independent mariables that exPlaina . We expect Variability to

dfffer from, one individual to another, first because of differences in labor market

4, '' , : t-:..: -

e, . I
. ...

situation, and second because of differences in' preferences concerning the timing of..-\ .
.

,work effort; The labor market situation of an indiliidual_maidepend on factors external.,
,-- -

. %

to himself, like unexpected fluctuatiois in the demand for the product he produces.

On the other hand, his skills, ability, or personality might affect bis labor market

opportunities.. A person may have an unstable work record b.e6ause successive employers

4 e
1,1

found undesirable traits in him.., Unfortunately, if-ibsere Indiiidual. Characteristics

. -- .

that significantly affect earnings variability, these charaCteristiCs may matter either

, t 4
:", 4

' .

, .

A

because they reflect the individual's tastes for, variability or because "they influence
I 0 a

.
CY .

, . ,_ .

dla employer's judgment of thi.individUale-IthiaTiWilloften be idpassibis to determine
, .

,
,

, . ...

. the reason a variable matters. or whether the, iearnings variability is voldntary ar not,-

It Should be Clear that au

1

.0 .
- .,,,

,equation to,explain.fluctuations in the end _can provide only
4 -..'" "f . - . .r

- s



factors resulting from the,labor market situation of the individual. Since wages are

.
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a Statistical description of what variables account'for ai. We cannot deduce much

about causality. What we can discover is how ai differs systematically between people

with different measurable characteristics.

The distinction between labor market and taste facto kis useful primarily in

motivating the, search for measurable explanatory variables onsider first involuntary

often inflexible, changes in the demand for labor tend to leadto changes in'employment.

Different inchistries face different conditions in the markets fdr their own outputs., '

Some industries operate seasonally, while others operate throughout the year; some inr

dutries are strongly influenced by the ups and downs of the aggregate economy, while

others are only mildly so. These patterns in output are likely to influence the demand

for labor and thus also'actual employment. To test for such effects, we will use-a set ,

of industry diunuy variables in our regiession equation. These variables will have a

value of 1 if the' individual: works in the indust2y, 0 if he does not. A positive,

'eignificant.Coeficient fOreame industry would,meanthata wbrkerwho'works in that
A

industry would .have g_ signifibantly higher. value of a than a person who did not. The

magnitude of the coefficient would give a measure of how much 'higher it would be.

Since each industry .(except for one used as a standard of comparison) requires a

separate dummy variable, aild since there is a 1iiit to the number of variables that can

be successfully introduced into an equation, we.are not alole to use the three digit

classification of industries, but must fely on a limited number of broadindustrial

categories 'which will' be'described in conjunction with our results.

Given fluctuations

of labor, but differefit'

in the demand, for'itS product; a firm will adjust its use'

occupations will be affected in different ways. A firm.may,'

be particularly reluctant to"give up certain skills and then have to rehire qualified

workers again. In some occupational categories, the firm may tv;so Minimize iluctua-
,

tions, while letting them proceed apace in others. In addition, it simply may be easier

170
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to economize on one kind of labor than another. To account for differences in a due to

occupation, we introduce a set of uccbpational dummy variables similar to the industry

dummy variables. In a similar way, also, we must rely on a limited number of broad

occupational categories. It is conceivable that a given occupation.May have more

fluctuations in one industry than another, but we do not attempt to detect such in-,7

duatry-occ4ation interaction effects.

Although we introduced the industry and occupation variables as measures of in-
.

voluntary effects from the demand side of the labor mArket,there is some ambiguity

in interpreting these variables. For the individual had to choose his industry and

occupation. It is conceivable that a person with a taste for variability might choose

an occupation with a variable employment pattern. More serious is the possibility

that inherently unstable workers are pushed out of more stable occupations or industries

(if they even gain employment there in the first place), and can find employment only

in unstable jobs. Doeringer and Piore carry such an argument further by claiming that

the labor market opportunities open to some people are severely limited to begin with.

These limits, together with other social conditioning. factors, may help make the_

person an unstable worker.2 Our tests cannot distinguish to what extent the Doeringer,

and Piore hypothesis is true.

The industry and occupation dummy variables arc based on the first recorded in-
1

dustry and occupation for each individual. Over time, as the person changed jobs, he

may, also have changed industries or occupations. Without detailing the individual

changes, we characterize a person's job history by measuring the number of his job

changes. (In Chapter IV'we did attempt to fill in more of the details in the circumstances

of job changing.) Although job changes are not the only source of.earnings fluctuations,
A

they are likely to berelated to tr. What we want to discover is how Much of the Vari-

Sbility in earnings Is due toln unstable job history, .0f course, interpreting ,the job

change variable is difficultp.for we Cannot distinguish whether the changps are vol-

untary or involuntary. The job change variable measures the observed fact, but does
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not convey information concerning the reasons.

Labor market conditions vary by locality. To discover the extent that such

differences affect the pattern of earnings, we introduce location dummy variables, in

the Michigan da111 ta for regions, and,in the Wisconsin data for cities. Even here there

is some possibility of ambiguity in interpretation since tastes could differ by region

or more people in one locality could have labor market problems than in another.

Another set of variables reflects individual characteristics of the worker. These

characteristics may affect the ease of finding work or the kind of job attainable. On

the other hand, individual tastes may also vary with these factors. We include the

age of the worker, measures of his education and trafning, as well as of health, dis-

ability,,and disfigurement. We treat male and female flubtuations separately, and for

each, we further separate people by race. We thus distinguish the effects of race and

sex by running separate regressions for each race-sex combination. Some variables

may reflect the family situation of the worker. We include the presence of the spouse

and the number of phildren. Especially in the case of females, these variables could

affect the desire of the woman to remain at home. We want to check whether the effect

is strong enough to affect the standard deviation of earnings.'

Finally, we include a few variables to discern the effects of the economic

situation of the family on members' earnings patterns. Greater family income or assets

could induce one family member to seek more leisure. Previous writings suggest that

female workers are likely to be influenced more than male workers in reducing work

effort. We want to oberve whether the pattern of earnings also is affected by the

presence of other family income. We thus include unearned income, a measure of assets

and the earnings of the spouse. One of the larger components of unearned income for

families, with spells of unemployment is unemployment institance, which we introduce

separately.
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2. Results for thelrariationt in Male Earnings

a. Wisconsin Data

Regression results for, the standard deviation of unexplained fluctuations;-

a, in male earnings are presented in Table VI -1, by race. The variables Used are.e*-

plained in the notes to the'table. In this and all other tables presenting regression

results, t ratios are given in parentheses below the appropriate coefficient. The

table reports the results of stepwise regressions, where variables are added only as

long as they increase the value of,R
2

by .01. Thus, of all the variables triedi only

those contributing to the explanatory power of the regression are reported. The de-
,

pendent variable, a measures in effect the average deviation of real earnings above

and below the mean level in 1967 dollaAS. The coefficients indicate how changes, in
e .

the independent variables will affect a. For example, the wage coefficient for whites

in line 2 means that an intrease,in the real wage of $1 an hour will increase the average

fluctuation in earnings by $116.9 per quarter.

One of the more interesting results is the significance of the wage rate in the

equation for whites. Although it is not. significant for the Spanish.:surname or Black

males, we will find it significant for both whites and Blacks and otherminorities in

the Michigan sample. Also the positive coefficient means that a higher wage rate is

associated with more variability in earnings. There are several possible explanations
A

of this result. First, it could be a statistical error. For a Ls calculated from the

pkediction errors of the mean earnings equation. But the prediction of mean earnings

`depends on the wage rate. Thus, misspecification of the mean earnings equation could,
,

produce a positive relationship between a and the wage rate if, for example, mean

earnings actually increased with the wage rate at an increasing rate rather than linearly.

The wage effect could also be explained in the absence of any statistical. error.
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For example, suppose that work effort diminshes as the wage rate rises (backward .

bending suppay,curve:)-.Since,the work week often has a standard length, the easiest

way to diminish work effort may be .to take periodic breaks in employment, thus in
- L -

creasing the variability in earnings. We,have already seen in Chapter III that in our

sample, those with the highest wages tend to haVe a lower average of hours worked, a
2

relationship attributable mainly-to the truncation of the sample rather than to'a

backward bending supply curve. Actually, .the likeliest explanatiOn of the positive

coefficient is probably a mechanical one. When a worker loses his job, the fall in

earnings is larger the'higher, his wage rate. If high wage workers lose their,jobs as

frequently se low wage workers,,there will be a poditive relationship between the

'wage rate and the variability in the earnings..,

The strongest variable for each race is transfer payMents othei than,NIT and AFDC-UP.

This includes- social security, pensions, unemployment.insurance, workman's compensation,

veteran's disability, etc., although we have no breakdowq of these separate Components.

The partial correlation coefficient of this tetm is .064

Spanish-surname, and..143 for Blacks. Although we tried

foY whites, .092 for those with

several other income and wealth

terms; none emerged significantly in the regreSsions. We,iried at various times assets,

earnings of the spouse and a measure'of unearned income excluding the types of transfers

just enumerated. (All,were means over time). It ip likely that the importance of the

coefficient of other transfers steMi;'from the inclusion of unemployment compensation.

Unfortunately, there is reason to believe that the coefficient is biased. Coeffidents

will be biased if an explanatory variable is correlated' with the error term of the re-

gression equation. To see that the coefficient of transfer payments is likely, to. be

correlated with the error term, trace the effeqt,of an increase in error. With given

. .
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*Vatiabla.,

1: Tran'sf'ers

Xekbept NIT, F6C-UF

2. Wage' 4

, Construction

4. Transportation,
Communications,
Utilities

5. Service Industries,

0

6: White Collet )

. Self -Enployell.

8. Unknown Ocaupation

9. One Job Chanste

10. Two or Vidre Jbb Changes

11. HJelth

12. Trenton

`13. Jersey ,

14. Scranton

15. Control.

16. Age

17.. Constant term
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TABLE VI-1

Equations for Ile,Variability of Earnings '(a):

Regression Reeulti for the WisConsin Data I

White Spanish - surname Black

.6,486 .9451" 1.1470
(5.02)4* (4.09)**, (6.42)4*

116.8881

I (4.16)***

136.9939
(2.74)**

tt JI ` 123.7470
% (3.23)**

'a I

79.8185
(2.26)

9943646
0.33)!**.

'.6646510

,(2i73).,5*

-62.9351
(-1.70)

-

71.9583
-(2,12)*,'

12442673
(3.42)4*

146.6244 : 4

(2.64)**

39.5500
(1.34)

-113:56787%
',(, 3 :73)***

_304.031

.

,

--179::563;

-,

,

244.2823

298.4485- .

(3.0,3)**

7436.3242

(-2.92)4.

137.5688
(3.67)4*

,"-70.4193
(2.39)*,

-194:3154
(-1.60)

-4.0608
(-2,96)**

559.048'

R2
Number of Observations ;
F ratio

288

16.40.

. 175
,

.39

119
10400

.135
'196

12477'
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Numbers in-parentheses are t ratios.

** *denotes signfieance at .001 level.; * *
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TABLE VI-1

NOTES'

-

at .011.evel; * at .05 level:

The OLS coefficients of the earnings equation used in calculating a appetr in
Table VI -7. °

I

Gray-males with, positive a included in.regressions.

Definitions of Variables

.1. Transfers: mean over time Qf work conditioned transfer income (social security, peAsions,
unemployment insurance, workman's compensation; veteran's disability, etc.),-but-
excludes welfare of public assibtance, food stamps, and NIT; in 1967 prices.

2. Wage: Mean over time of male "predicted wage" (calculated by Poirier and Watts
and included'on Analysis Tape of Wisconisin Graduate Income Experiment) deflated
by piice index (1967 = 100). Mean calculated over periods for which male_prespnt
and for which positive "predicted wage" available. The "predicted wage" is used
throughout this chapter rather than the actual wage in the hope that any endogenous
eqMponent is thereby removed.

3-15. Dummy variable'equal to one.in indicated circumstance' 0_otherwise. First recbrded
.industry or occupation used for 3-8. T

-5. Service Industries: financial services, business and repair services, peronial services,

enteitainment apd recreation services,: professional and related services, public
t

' adminisqation. 0

White Collar: professiofial and technical; managers, officials and proprietors;

clerical and sales Workers.

46alth; equals oneif Elesh health variable on Analysis Tape ever indicates unhealthy.

«
15. Control: family assigne4 to control group.

Variables includ?d in steOzise regression, but not appeaining in tablebecause of

Insignificance: 0

.

Trade (wholesale and rhail); service workers, years of
program's; number of children under 5; days of work lost
of thejamily (excluding e transfers in variable (1),

measure of welfare or NI 4 earnings of the wife.

ti 6'

schooling; participant n training

due to illness; unearned income
but including an eicogenoud
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A

vriluts of the fndepeddent variables, the Increased error increases a. A higher

variability might arise from loss of a job. If that is the case, the person may be

eligible for unemployment insurance so its amount will rise. Therefore, an in-

crease in the error term may lead to an increase in unemployment compensation.

It folloWs that the coefficient of transfer payments will be biased upward, over-
;

stating the true effect of this, variable. In other words, the problem is one of

mutual causation. If'unemployment insurance is mote or less a mechanical response

, .

to unemployment, the 'cause the UI,so that our entire effect is spurious.

UI should not appear.as ad explanatory variable for the variation in earnings. If,

on the, other hand, fluctuations in earnings are larger because people know they

can fall back on a UI syitem, then it must play a role in the explanation of earningS

fluctuations. There hac been some recent literature arguing that the design of the
46.

current UI system. encourages instability in earnings.
3

To,the extent that this is

.

true, our coefficient, although exaggerated because of the hies, has some validity.

We have not been able to measure the extent of the bias in the coefficient. It seems

clear that a prime task.;for future studies of earnings fluctuations will be to

elucidate the effects of the unempl yment,insurance'system on earnings stability.

Now consider the effects of the industry and occupation dummy variables. Whites

in construction and the grOuping of transportation, communications, and utilities

have significantly higher variability in earnings than other workers. Among Spanish-
.

surname workers', there may be less variability in the service industries, a result

significant only at the 9% level, while other industries and occupations do not

seem to differ,significaatly. Blacks working in white collar industries have signi-
,

ficaatly less variability, while self-'empldyed Blacks have significantly higher
A r

values of a. There is, in addition,'significantly less variability among Blacks of

,

unknown occupation. These are for the most part peOpIe with recorded earnings at some

O
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4

.

time, but who did not work most of the time. The standard.deviation of a series of

zeros and a couple of small posftive, elements will bE small. It should be remembered ,

that all of the Wisconsin, data come'froi cities in%the same region of the country.

In different areas, people might work in differentindustries with differing patterns

of employment. Thus, our specific results concerning occupation and industry should

not be generalized to males living in other areas. In spite of all the. peculiarities

possible in individual earnings patterns, we,nevertheless,do find some regularities

among individuals, even though we have used vary,broad.industrial and occupational

categories. It may be concluded that industry and occupation do help explain differences

ndividuals in earnings patternd, but the specific features of the relation-

ship are likely t epends
on the particular sample studied.

Lines9 and 10 of Table VI-1 show that individuals with a history of job changes

all races, those with two or more

t the effect is stronger for

have significantly more earnings variability. For
A.

,job changes have significantly higher values of a,

Spanish-surhame and Blatk individuals than for whites. Among white and Spanish-

surname males, there is also a significant effect from just one job change, although
A 4

the addition to a is,smaller than for those with two Or more job changes. From line 11,

unhealthy whites have significantly adre variability than healthy ones, but a similar

effect is not detected for other groups. Unhealthiness could affect a in two ways:

a person who is ill much of the time may seldom work, givin him a low a while a

person afflicted by illness Intermittently may have a high a. Apparently, the two

types of effects may counterbalance each other among Spanish-surname and Black individ-

uals. The age variable in line 16 is signficant only for Blacks. The negative co-

efficient means that earnings variability is high amoung young' Blacks, bq tends to

decline with age. Lines 12 through 14 indicate significant differences in variability

between the cities of the experiment for Blacks and those with Spanish-surname,

poisibly reflecting differences in overall labor market conditions facing these two groups.
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There remains the important problem of whether or not the transfer system affect

the variability of earnings. We tried using parameters of the transfer system as ex-
,.

planatory variables. For example, we used the guarantee level facing each Individual.
4

Introducing it with various combinations of other variables, it was never significant.

We also tried the breakeven level -- the guarantee divided by the tax rate facgd by

each individual -- but with similar results. We tried dummy variables based on some'

of the NIT experimental treatment groups (which differby tax rate and guarantee level)

and again found no effect. Of course, differenceg in rules and administrative pro-

cedures of welfare programs could have important effects.. There are significant

differences between NIT and AFDC-UF in that it is easier as we have noted, both to get.

on and to stay on NIT. We thds introduced a dummy, variable equal to one fdr members

of the control group and zero for others. This variable was strongly significant

for those with Spanish-surname implying a lower value of a for Spanish-surname members

of the control group. One interpretation is.thatSthe various restrictions in the

AFDC-UF program made it less satisfactory compared to NIT as a cushion of support in

the face earnings variability; AFDC-UF recipients thus tried to avoid variations in

,
their earnings. It is not clear why the other groups were not similarly affected.5

,

For whites and Blacks, then, we have not been able to detect an effect.ofthe ,transfer

system on the variability of eainings,. For the Spanish-surnamed we find an effect,

although the interpretation is uncertain.

Now consider the overall, quality of our. estimates.

somewhat low, but, the F ratio reveals significance for each regression'at lea's than

-Indeed; it is not surprising that much Unexplained./ariance remains.

. .

as the dependent variable for each individual is the standard deviation

The values of R
2
are perhaps

:001 level.

The a
i
used

Ye
series of only thirteen elements., Moreover, there is consideinble error

\in measuring the period-by-period earnings figureb. Our earnings data are earnings

6

for the last week in the quarter, mnitiplied by thirteen `(the number of Weeks in"a,

of a time

AquarterYto put them on a quarterly besis. ' Weekly earnings are only.impertectly

related to quarterly earnings,.which is what we are trying to, explain.

7 .

0
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MI.kh of the unexplained variance is thus a Consequence of errors in measurements. But,

in addition, there are unique aspects to he earnings pattern of each individual

which will,never be explained by a few easily measurable variables. Given'the
1 ,

intricacies in stud earnings patterns, the problems with measurement, and the.

unique elements of ea ndividual's situation, the surprising thing is perhaps that

we explained as much of the variance as we did.

1,6;show "the cOnsequences, of.these results, Table VI-2 preients predicted values

of a for various typeE,pf indiAuals. We take as our standard of comparison in line 1

, , t

.the value of& for a labo in a manufacturing industry in Patterson earning $3.80
1. .

(the mean wage. for whit9s) who has never changed jobs, is healthy, 40 years old, in
.,

, t
.

. .
, . ,- , .

the experimental vroup, and who has not received unemployment insurance. Each other .
.

1 0- A

line presentaj*the value of a for an individual identic w the standard irldividual-
-I

except in the one characteristic listed on that line;; Each number in the table

should be interperted, as the average deviation per quarter, measured in dollars,

of a person's actual earnings From his mean earnings. For example, a standard Black

11` , male (line 1) has a a of 1364, indicating that.in the average quarter, the fluctuation

in livearnings is $364 aboveor below the mean level of this earnings. Notice that
. .."

. r
t,

except for construction workers and those with health problems, whites generally

are predicted to have thelowesl Variability. On the other hand, ,lacks tend So,have

the highest predicted variability, except for older workers and white collar workers.!*

r.
b. Michigan DAA

00

The Michigan data include five annual observations on most variables

for each household. Each annual earnings figure cov the entire year, not, as in

the case oPthe Wisconsin earnings series, just the last week of the period. This

,reduces one type oemeasurement error. The Michigan data permit the study of annual

f

fluctuations in earnings rather than the quarterly fluctuations studied with the

.. -

180
,
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Wisconsin data. This could be a disadvantage if fluctuations are of short duration.

COnsider, for example, a person who has several short fluctuations each year. If

the pattern is the same each year, annual earnings will show little change even

Ahouglithe person has a volatile earnings pattern. There is a better opportunity

to detect short run fluctuations using quarterly rather than annual data, but the

annualiaata should uncover longer lasting fluctuations. As one final element of

comparisoil, the Michigan data are based on,a national ple, while the WiscOnsin

data areoll from tri. same area. The national dnmple is likely to include mere

varieties of experienc). Pn the other hand, if earnings patterns differ by locality,

a nationwide cross-section which portrays the "average" pattern may not give a

satisfactory p ture of what determines earnings variability in any particular locality.

It Jai nece ary to remember these points in comparing results from the two data sets.

RegressiOffresults for the variability in male earnings are presented in Table VI-3.

In the Midhigan data, earnings are measured in hundreds -of dollars so the standard

deviation has the same units. For the Michigan data, we.present separate results

for two categories, 1) whites and 2) Blacks and other minoritied.,'THe variables are

explained in,the notes to the table.

As with whites in the Wisconsin sample, the wage rate is strongly significant,

now for both racial categories. Unemployment insurance isnomeasured separately

and is also a strongly signficant variable for both groups just as it was in Wisconsin.

Again, there is'reason to believe that an unknown part of its effect is the result

of statistical bias. In contrast to the Wisconsin results, we now find,ift* whites

at least, a'significant impact of thecconomic situation of the family on the pattern
o t

.t'z7,

of earnings ofsthe male. For example, line 3 shows a significant positive effect of

unearned income other than UI on the variability of earnings. This means that more

unearned income in the 'household encourages greater variability in male earnings.
e'

0

The unearned income measure includes the guarantee level of the,etansfer payment

system for recipients, sothis result suggests that the welfate system. may el-Courage

181 .16



TABLE VI -2-

/
^ x

Predicted Values of a for Males, Wisconsin Data
(Based on coefficients in Table vIll)

Each individual is identical with standard individual, except in
the one characteristics listed.

White Spanish

1: Standard. 265 304

2. Construction Worker 401
304

3. White Collar Worker 265
304-

4. Changed Jobs Twice 364
428

304
5. Unhealthy 331

6 Age 20 265
304

7. Age 60 265
304

8. Average UI Benefit 329
399

over time of mg

9. Control group 265 190'

Black

$64*-

364

120

502

364

461

266

479

3(14

. .

Standard individual: laborer in manufacturing in Petternson, 40 years old,

healthy, no job changes, experimental groUp, never received UI, earned $3.80 an hour.

a*

# 18 2

1.1

o
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TABLENT.7-----r-

Male Equations for the Variability of Earnings:

Regression Results'for the,Michigan Data

Variable .

-

1. Wage

2. Unemployment Insurance

3. Other Unearned Income

4. Earnings of Spouse

5. Number of Periods Spouse Present

6. Age

7. Number of children.

8. Transportation, CommunicWons,
Utilities s

'

9. Farm Work

10. Army

11. Durable Manufatfuring

12. White Collar

13. Disability

%

14. Constant

R
2

; :

Number of Observations -

F ratio (d.f.) 15.20(10;324)

White Blacks and.other Minorities'

2.8448 2:2504
0.82)*ii* . (6.54)***

.8718
(3.82)***

.0802'

1,1469

(6.36)***

(3'.75)***

.0906

.(2.44)1!

.-.5322
(2.88)**

-.1163
(-3.85)** 8

-.7406
(-4.26)1***.

4.2346 .

(3.05)**
2.4549

(-2.31)*

3.1212
(2.88)**

6.0835
(2.33)*

I

-2.2999
(-2.14)*

5.2876

(4.22)***

1.8894
(3.13) **

7.212 3.482 ;

4

.32 .25'

335 .454

0

183 -
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TABLE VI-3

NOTES

The OLS coefficients of the earnings equation used in calculating a appear,in
Table VI-8. ,

Only males, withlpositjve a included in regressions.

Definitions of Vdriables

1. Wage: mean over time of average hourly earnings f r each year, deflated by consumer,
price index 41967 = 100). .Mean calculated only ov r those periods for which male

was present and had positive earnings.

2., Unemployment Insurance: mean over time of UI benefits, deflated by price index.

3. Other Unearned Income: calculated in same way as Unearned Income, Table VI-8,
except UI.ekcrded.

4. Earnings of spouse: mean real earnings of spouses. Value of zero assigned in each

period when spouse did not work or was not present.

$ -11. Dummy variables.,

12. White Collar: professional, technical; managers proprietors; self4.mployed;

clerical; sales.

Disability: equals one if ever any indication of disability.

IP

ariables included-in step-wise regression, but not appearing in table because of in-

s icance: Craftsmen and foremen, operatives; non-durable manufacturing; construction;
grade (retail and wholesale); government worker; high school graduate; recipient of
job training; disfigured; number of job changes; North central region; South; West;
mean over.time of guarantee level in state of residence, corrected for family size.

fA

/

4
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instability in white male earnings in the Michigan sample. A possible interpretation

is that white males tolerate (or,choose) more variability in their earnings as long

as they know there is other income available to the household. Consistent with this

view. is the significantly positive coefficient on line 4 for the earnings of the

spouse, again, just for whites.

Whereas family income may encourage vatiability in male earnings; other aspects

of the family situation of a male seem to limit that variability. For Blacks and other

minorities, variability is, lower the longer the wife is present, shown by the negative

coefficient on line 5. For whites, the number of children seems to impose a,similar

pressure in restraining variability, indicated by the negative coefficient on line 7.

For whites, variability declines with age. Various industries and occupations affect

variability. Variability 33 higher among whites working in transportation, communi-

cations, utilities, agriculture, and among those who were in the Army at an early time

in the survey. It is lower in durable manufacturing. Among Blacks and other minorities,

variability is lower in transportation, communications, and utilities; but highet

for white collar workers. Disabilities increase variability among non - whites..'

All regressions are significant at the .001 level. The values of R
2
are similar

to.ihose from the Wisconsin equationi.

3. Female Equations

ti
a. Wisconsin data

In both the equations foran earnings and for the variability in

earnings, we include only individuals who at some time had positive earnings. Since

so many women in the Wisconsin sample never worked, we have a fairly small number

of observations for our regressions. The number of Spanish - surname females who worked

was too small to give significant results, 'so we combined Spanish-surname and Black

females in a single categoky. Thus all female results using Wisconsin data are

presented for just two categories. ysults forttt equations for the variability of 4

earnings appear in Table VI-4.

185

1
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Female Equations for the Variability of Earnings:
Regression Results for Wisconsin Data

"variable Whites Blacks and Spanish-Surname

1. Wage 46.1328 101.1981
(3.35)** (7.93)***.,

2. Unearned Income (Excluding UI) -6.4588

(-4.01)***

3. Assets -4.3740'
(-2.39)*

4. Onejob Change -68.1229'
(2.13)*

5. Two or More Job Changes 71.7067 80.0956

(1.99) (2.27)*

6. Opfk'at!ve 40.3200 79.6514

(1.42) (2.26)**

7.' Service Occupation -62.7064
(-1.78)

8. Control Group -50.7284 Y 38.4936

(-1.69) (1.52)

9 Trenton -150.9746,

, (-1.69)

10. Jersey City -64.4770
(-2.45)*

11. Scranton -138.1891
(-4.56)***

12. Constant, 283.329 -12.744

R
2

Number of 'Observations
F ratio

.56

82

11.43

.48

92

10.87

186
;4
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TABLE VI-4

NOTES

4

The OLS coefficients of the mean earnings equation used to calculate a appear-in
Table VI-10. dnlq women with positive a are included in regression.

17

1. Wage: mean over time of female "predicted wage" (from Wisconsin Analysis Tape)
deflated by Consumer price indeX. Mean calcualted'over periods for which female
present and for which positive "predicted wage" available. Calculated duly for.

. women who at some time during the survey worked.

2. Unearned income: excludes UI benefits but otherwise calculated in same way as un-
earned income in Table VI-10 (see notes to that table).

3. Assets: finitncial assets, in 1967 prices.

4-11. Dummy variables equal to one in indicated situation, otherwise zero.

Variables included in stepwitse regression, but not appearing in table because of in-
significance's Non-durable manufacturing; trade; service industries; unknown occupation;,
number of children under 5; received job training; number of work-days lost due to
illness; UI; mean earnings of the husband.

a

187
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it -As;-w-itir males, the wage strongly-significant, ve coefftcient

.
....

for both racial categories., .(Table VI-,4, line 1) . But there is a difference from?the
' ,.,..

.. 0,

.
,

. 4

males in the effect of other family income. *Wh/ l9eas whiti males in the Midhijan sample'
. ,

. ...

. .

had positive coefficients for Measures Of other family resources, the Wisconsin
II. I '

A
At.

. . .. *
female equations show' negative coefficients for similar variables. : For white females;

-. . .. 4

unearned income (excluding UI) is strongly significant with a negative coefficient

' (line 2), while for Black and Spinish-burnme females it is an assets variable that

has the negative significant coefficient (line 3). Both of these results show that

as the resourceS'of the family increase, the variability of female earnings decreasest

Since unearned income includes the guarantee, level of the transfer system, apparently

welfare may, reduce the variability of female earnings. To understand this result,..

note that the,standard deviation of a series will be small, either if the serieg is

ovidte stable at a positive leVel or if the ,series stays at zero most of the time.

Our theory of mean earnings (to be testedin Part B) suggests that an increase ,

in unearned income will reduce mean earnings. The white males of the Michigan sample

apparently accomplish the reduction in mean earnings by taking more breaks in employment.

This shows up as greater variability, but it does so because they continue to work,

only more sporadically. On the other hand, the results for. Wisconsin females suggest
.

,

that the discouragement from higher unearned income tends to induce them to leave

the labor market altogether. For if earnings are reduced to zero' much of the time, the

variability in earnings becOmes very small. Indeed, of the 82 white females entering

the regression, 50 had positive earnings forj.ess than six quarters out of thirteen,

0
while the similar number out.of the 92 Blacks and those of Spanish-surname was 54.

We find no effect of unemployment insurance in these female equations, The only

other significant variable fox whites is the dummy variable for Scranton. Among Blacks

. f
,

and those of Spanish-surname operatives,have significantly higher variability as do

those who change jobs, while residents of Jarsey'City have less.

e

X18 8
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. gan rata, e tle d u,.

The negapive Income tax experiient'in New Jersey',andPennaylvania

covered only m46-heided. families, so the only families in our sample are those
A

4

initial* having'a male head. In contrast, the Michigan data are based on a sample'

of the entiee_Oopulation and so, include a sizable' number of female-headed families:

In studying female,earnings in the' Michigan samPle,,,ve treat two groups separately;
, 0 P.

(1) females who were family heads.for the entire duration of 'the survey;.(2) females
. .

who at some time during the survey were spouses. Fdi each group, we separate further

:whites from Blacks and other minorities. We proceed now to examine the regression

results presented in Table VI -5, for the female heads.

Note first,that the explanatory power of the equations for this,group,'measurea

by R
2

, is substantially lower than that for all other gfoups. The results are,1

nevertheless, interesting because of the strong contrast they'show between the female,

heads of the Michigan sample and,the female spouses of the Wisconsin sample in Table VI-744..

_First, the wage term is not significant for female heads in the Michigan sample. Second, I

no measure of othef family income or assets is significant either-. Thus the economic

1
a

variables which might have reflected vpluntary instability'or withdrawal from the labor"'

force for the yfsconsin female spouses do not seem4to affect the patterns of the Michigan

. .

female heads. UnemplOykent insurance has a significant effect on Blacks Ana other ..

minorities. The variables'that do matter are some,of the dummy variables for-industry,

occupation; and ofhgr personal characteristics.

c. .Michigan Data,Female Spouses

.

The results for the female spouses of the Michigan sample.arg presented
,

.

in Table V1-6.
,
They are more similar'to the Wisconsin:female spouses than to the

1

Michigan female heads. .The wage is again strongly significant for both' whites and Blacks

and other minorities. There is no significant effect of a.vAiiable for other family

income. However, the variable measuring the number of'perioda theead is present

ty
,

NJ

T,
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4 FemaleeHead Regression Results fqr the Standard Deviation
t

-
of ,Unexplained Earnings, MichigahData

.
.:-

..
., . __cs.

Variables -libitesH 'ilacks and Other ilinoritiea
77 __.___ ,.

a t
.

1.

2.

Unemployment Insurance

Professional', managerial worker.

oz self-employed

1.8129

(1.11)

A

.3. Clerical Worker., 212392

(2.04)*

4. High School Graduate 1.1979
(1.18,)

t1 *
5. Jib braining

(2:63)*

, .

6. Disability,

8. Constant 4*

1.4413 '
.43)

2.800

Go

: . .
----

1.1115

(2.99)**

6.1195
(4.01)***

2.9699

(3.63)***,

1.2745
(2:53)*

-:759L
(-1.90)

.18

Number of:ObiervatiOPe 97

3'.96(5;'91),F.ratiO

4.664'

.14

345
, . 6(5339)

NOTES ,
,

- , . ' ---,

The OLS poefficients
.

of the mean earnings equation used to caltulate a appear in Table V1-13.

A woman is extluded from the regression unless its a is greater than.zero. a,o
,..

'; , o
.

1.' Uneniffoyient Insurance: 'as in Table I-3.

variables equal one in indicated circumstances,0 otherwipe.
'sN

, 9-

Variables included .in stepwise regression, but omitted
,

due to insignificance:;' Operative; ;

durable manufacturing;, non - durable menufacturingi, iradergovernment wprkers; age; number-7'

,of- children; disfigurement; number of job changes; unearnedincome excluding UI;ffortti '-':

. Central region; South; m'ean guarantee of,Welfare,program in state otf residence.
,

, . ,

4 '4 -'e
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of Earnings:
Data

.Blacks and Other Minorities

ra.yI -6

the Variability
for the Michigan

Whites

tile Spouse Equations for
t.4,

. ,Regression Results

Variables

/
1. Wage

.

2. Nuinber of Periods Head Present

3.2483
(8.48)***

-..11020

.
2.8823
(8.33)***

(-2.96)** f-3.89)***

3. High School Graduate 1.1036
(2.59)*

4. Professional, Managerial, Selfzmployed. 3.3403

(3.64)***
I

5. Manufacturing 2.3332 3.0672
(2.72)** (4.94)***

6. Trade 1.4652
(1.89)

77-Clerical -1.4243
(-2.01)*

.

8. 'Constant 3.022 2.905

R
2.

Nnmbef of Observations
F ratio

4
. .35

265
28.43

.29

365
29.77

NOTES

o'

The 01,8 coefficients of the mean earnings equation used to calculate a appear in Table,VI-11.

1. Wages:, mean over time of average hourly earnings in 1967 prices for years in which
the woman worked. $

t

3-7.Dummy variables equal t9 one in the indicated cizumstance, zero otherwise.
,

Variables included in stepwise regrassioa,'but omitted due to insignificance: Operative;
agriculture, foredtry; government worker; age; number of children; unearned income,
husband's earnings; North Central region; South; West; mean guarantee level faced by family.

19 -1
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V

is stroqgly significant, with a negative coefficient for both racial categories.

This variable may, reflect the same phenomenon as the unearned income term Of the

Wisconsin female equations. We argued there that other income in the household tends.

to induce womtn to leave the iabor_force, leading to low6variability. If the husband

is the source of other income, the more he is present,, the inpre the wife can withdraw'

from employment. In contrast to MI Wisconsin result, the fact that the presence

of the husband rather than his parningg is the significant variable suggests the

possibility that the inducement to remain home may be chiefly social .or psychological

rather than only economic.

.7\
B. Mean Eaningp .

In Chapte? V we developed our equation for mean earnings which depends on the

wage rate of the individual, the wagerate of his spouse, and a measure of unearned

income. In the tests we performed of the mean earnings equations,the wage rate of

the spouse never emerged as a signficant variable. Usually, it At least had the right

sign in female equations, but not in the male equations. In contrast_to the mean ear-

nings equations, our results for the variability of earnings suggest the possibility

of important effect% of the husband on the variability of the earninis of the wife.

Others, like Gronau:
5'

have attempted to design more sensitive tests of intra-family
.

, .

%

effects. In view of our experiences with our mean earnings equationswewill

present only results with the spouse's wage excludefrom the regression. In section

1, we digcUss the results of our mean earnings equations for each'in5Up studied Andy

in section 2, we examine the implications of the results for the questionipf

transfer payemtnd system affects earnings.

1. Discussion of Regression Results

a. Males

From the Cobb-Douglas formulation of the utility function in Chapter V,

tie deduced that in'the mean earnings equatioq the coefficient of unearned income should

I

192 4.
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Mean Earnings Equations for Males:

Variable

White

OLS GLS

Male Wage 302.6792 494.1040
(5.77)***- (21.34)***

Unearned -.1345 . -.1041
Income (-5.48)*** (-4.74)***

Constant 167.93 -1.550

R
2

4.18 .61
F ratio 31.75 22781

' Nuiber of
Observations. 294'

OLS: ordinary least squares

0

Mean, Earnings

4'

Equations for Males: Regression Results, Michigan Data

1..!"

salon Results,: Wisconsin Data

Spanish
Surname

OLS /

382.1943

(44)***

.-.0325
(-1.10)

229.442

.15

10.97 ,

TABLE VI-8

128

GLS:

GLS OLS,
-

GLS

365.2786
(15.81) ***

7:0232

336:9751

(3 -.77)***

.-.6668

-

-383.6920
(25:10),***

(-1.19) (-2:52)* ,(,-2.13)*

-.479 82.681 -.635
.

.68 .09 .85

131.08, 9.91. 58244

211

Gemeralized least pquares

White

Variable OLS

Male Wige 16.1201
.(19.65)***

.

Unearned IMcome -.1125
,(-2.57)*

COnstatit . 8.682

.,

,GLS

19.8278

(44.92)***

-.1576

(-3.54)***

.186

Blacks And
Other Minorities

OLS GLS 1 .

17.3019 22.9522
(30.06)*** (4g.91)***

-.0970
(-7.17)*** ( 4.12)**!e,

6.112 -.895

- .

kutber .of -Observations

44,

.'

:49

149.11
.411

.83

1024..98

439

19.3-

.64

467.88
334

.79

p56:45
377

14,



P

- 183 -

TABLE VI-7

NOTES

Only males with positive mean earnings included in regression.

dean earnings: mean over tike.,6-f-mali-earnIngirlincludak-zero earnings.) -141-1,967 prices7

Mean computed over all quarters for which the man was present in the surveyed'household.

Male wage: Same as Wage, Table VI-1.

Unearned Income: calculated for each quarter accoring to formula,

(1-t(4) Q + G

1-t
E

Then, the mean over time of these figurestis the variable used. Q is the income of the
household, less earnings of the husband and wife, and less NIT or AFDC-UF payments, in
1967 prices; (It includes the earnings of other family members since we do not try

to explain them, but treat them as if they,-were exogeneous.)

to is the tax rate on unearned income, tE is the tax rate on earned income, G the guarantee

lgvel of the transfer system,in 1967 prices.

(see equatiO. (7),Chapter V).

For a person receiving neither NIT nor AFDC-UP, we ,assume tn = 0, = .05 to allow for

the social security tax on earnings, and G = O. (We ignore the positive tax system

since most of our sample will be little affected by it.) *V.

For a person receiving NIT, t = t is determined by the experimental treatment group

to which his family is assigngd. 'Mowever, the earnings tax is applied to earnings

after deducting the social security tax. We thus use a denominator of .95 (1-tE).

The guarantee as a percent of the poverty line is determined by.the experimental
treatment group: The poverty line is determined by the family size and number of

spouses present. (Sae Wisconsin staff memo, "Key to Plans.").

For a person receiving AFDC -UF, tn = 1. Since we cannot measure work related expenses,

We assume that the average effective tax on earnings is t
E
= .5, which includes a deduction

,for social security taxes. The guarantee levels are those prevailing each period in the
New Jersey and Pennsylvania AFDC-UF program, with adjustments for family size and number"

of spouse present. (Our information on AFDC-UF guarantees was obtained from The Home/
Economic Advisory, State of New Jersey, Division of Public Welfare, and from the Bureau

of Policy, State of Pennsylvania, Department of Public Welfare.)

For a person receiving bo h.in a quarter, we used the NIT parameters.

Note on price deflation: since the experiment ran over different periods of calendar

time in the four cities, it is necessary always to deflate for each city separately.
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TABLE VI-8

NOTES

Phly males with positive mean earnings included in regression.

Descri tionof-Variables

`1.

Mean earnings: mean over time of male earnings inhluding-zera earningsY Ta-1967 prIceg.
Mean calculated over all years for whiCh the man was present.

Male wage: mean over time of'average annual earnings in 1967 prices. Mean calculated
only over years for which average earnings positive.

Unearned income: calculated for each year according to formula,

4, (1 -t ) Q + G

4 1-t
E

(see equation (7), Chapter IV).

Then, the mean over time of these figures is the variable used. Q is the income of the
household, less earnings of the husband and wife., and less welfare payments, in 1967 prices.

For a person not receivingwelfare, we assume t(1 = tE = G = Q. .

Far welfare recipient, top = 1. We assume that the average effective tax rate, allowing
for work-expenses,.'set-agide, and social Security tax is tv = .5. We obtain estimates
of the guarantee level for a family of 4 for each state each year from Gertrude Litwin,
"States' Methods for Determination of Amount of Grant for an AFDC Size of Four (1 Adult
and 3 Children),;' unpublished table, Department of Health, Education, and Welfare,
January 1972; and from U.S. Department of Health, Education and Welfare, National Center
for Social Statistics, NCSS Report Series D-2, ':OAA and AFDC: Standards for Basic Needs
for Specified Types of Assiatance'Groups."

To correct the guarantee for family size, we assumed in the first year a $40 extra
payment for each individual above fdur in New York. The amount in other states is
assumed to be the fraction of $40 equal to the ratio of their guarantee to the New York
guarantee for a family of four. We then, correct this figure in other years based on the
growth in the guarantee level in each state.:

- rte
In'view of the complications in calculating actual benefits and the arbitrariness of our
procuedures, it.is not surprising that occasionally actual welfare payments to a family
'exceeded our estimate of the guarantee. In such cases,we used the actual payment as

4. .1`a substitute measure of the guarantee.

t!

t

)
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be negative and between zero and minus one, while the coefficient of the wage rate

should be positive. Examination of Table V1-7 for the Wisconsin data and Table VI-8

for the Michigan data reveal that all male equations satisfy these conditions.-

All.coefficients are significant except that of unearned income for the Spanish-surnamed

in the Wisconsin sample. The ordinary least squares (OLS) and generalized least

squares (GLS) coefficients. are similar, with the GL$ wage coefficient somewhat higher

and the unearned income coefficient somewhA.lower than the corresponding OLS co-

efficient. The constant term is affected by the GLS technique. Compared to the OLS

constant term, the GLS constant is very close to zero, conforming to our theoretical

requirement that the constant term be zero. The biggest difference seems to'be in the

higher R2 of the GLS equations, indicating that the equations for the variability in

male earnings contribute substantially. to the explanation of average earnings.

principle, the GLS estimates are preferred. We did indicate some possibility of bias

in the earnings variability equations which could, reduce the reliability of the GLS-

estimates. Nevertheless, we shall rely on them in our remaining discussions:

There are possibilities of bias in these

included in the measure of unearned income.

causality runs not

results. UnemplOyment insurance is

AS with Ae earnings variability equations,
x'

. I

only from UI to earningS but walso the other ay, creating,bias in

the coefficient estimates in two ways. First, UI is received because of unemployment

when earnings are zero. The more a person is unemployed, the lower his mean earnings
s

.will be, but the higher his UI benefits. This produces a negative bias in the co-

efficient of unearned income. Second, Ut benefits are hither, the higher a person's

earnings'befors
i
he lost his job. This means that higher mean earnings will be

. -

/
, , -

/

associated with higher UI, for a given length, of time
/

unemployed. But this creates

coefficient of unearned income. It is not possibleto know

or whether they just balance each other.

a positive bias in. the

/4

Which bias; /is stronger

196

7



t

- 186 -

To investigategur estimates further, it is useful to unscramble the coefficients.

In Chapter V, we demonstrated that the coefficient of unearned income is - am, where

a is the coefficient of leisure of the male in the Cokh7LIOJIglassiltility4unction.

It measures the fraction Of qfull income" that the household choose's to devote to

leisure. In other words, there is some maximum amount that the person could can-
:-

ceivably work, Tim. The "full income" of the household is its income on the assumption

that the male (and other household, members too) work the maximum amount. In fact,

the husband will ordinarily workless than HM taking some of the family's full income

in the form of leisure. The amount of income foregone for the sake of the leisure

of the male is the fraction am of "full-income." The coefficient of the wage rate

was shown to equal (1-am) HM. We argued that Tim should not be considered a technical

constant, but rather is a.bbhavioral parameter. It might measure the maximum amount

an individual could be induced to work under the most favorable circumstances. Alter-

natively, HM might reflect a limitation on the amount the individual is able to

work d(le to external market forces. Itiividuals often cannot work the amount they

want at the prevailing wage. In particular, we know that there was a substantial

amount of unemployment in the cities of the NIT experiement, and this unemployment

increased during the experiment. Blacks and Spanish-surnamed were particularly affected.
4-

To an extent, external market forces have already been introduced in the equations

for earnings variability, b4t we then investigated only fluctuations in earnings about

the mean. But the mean itself was reduced for the entire duration of the experiment

because of external market forces. The depressed state does not show up in wage rates,

4which are inflexibledownward, but in unemployment. A convenient way to introduce,

external market factors into'the mean earnings'equation is to assume that they play,

.?

._
role in determining HM. Thus, HM should be interpreted

,

as the maximum amount that
t ; .

. .

a person either would be willing to,work or Would be able to work given current market

-197
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Conditions. .From the actual coefficient estimates, we can deduce the values of

and -.which are-presented in Table VI-9..,-,"
bar_theyisropsir qamp14 there are notinglahle eliffprpnrPc in ft And FL

race. rem is highest for whites, lowest for alse with Spanish surnames, and

intermediate for Blacks. Whites would devote about 10% of "full income" to leisure

while those with Spanish-surnames would give up only about 2%. Thus, the actual

work effort of those with Spanish-surnames will be much closer to their maximum

Rfri than for whites, with Blacks in betWein. But now consider the estimates of

11
m

There are big differences here, with the largest 'value for whites and the

amalle'st for Spanish-surname. Assuming a 40-hour week, a 'person would work 520 hours

per quarter. But we estimate &maximum work effort for whites of 551 hours, 400

hours for Blacks, awl 374 hours for those with Spanish-surnames. We cannot dis-

tinguish an Hm voluntarily low from one low because of market pressures. Never-

theless, our results are at least consistent with the idea that Blacks and those

with Spanish-surnames had considerably more difficulty in obtaining employment during

the NIT experiment.

For the Michigan sample, Blacks and other minorities had a lower value of am than

whites,.but a higher value of;. A 40 -hour week would lead to an annual work effort

Of 2,000 hours. The estimated values of are considerably higher than this for

both whites and non-whites. Apparently, unemployment was a less serious problem

for those in the MiChigan sample than for those in the Wisconsin sample,. On the

other hand, the estimates of a are higher from the Michigan sample. indicating that

these people were perhaps somewhat more willing to devote their resources to leisure

than those Wisconsin sample.
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TABLE VI-9

Unscrambled Coefficients, Male Equations

Wisconsin Sample
1

Michigan SamR1e2

al/ MM (quarterly) 1 1-M (annual)

White .1040 551 .1576 2,354-

Spanish .0232 374
Surname .0970 2,542

Baack .0430 400

1Based on GLS coefficients, Table VI-7.
2
Based on GLS. coefficients, Table VI-8.

,TABLE VI-10

Mean Earnings Equations for,Females: Regression Results, WisConsin Data

Variable OLS

Female Wage 120.783'
(5.86)***

Unearned Income -.0467
(-2.28)*

Constant 29.483

R
2

. .17

F ratio 20.11,.,
. Number, of Observations 200

,..... 7

NOTES

Only women with positive mean earnings included in regressions.

Mean Earnings: mean over. time of female earnings (including periods of zero
earnings)1 in 1967 prices.

Mean cal4lated only over quarters in which female present.

Female-Wigei ,same as wages in Table VI-4

Unearned Income: same as, in Table VI-7.
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b. Females

The results for females are much less satisfactory, than those for

males. With the Wisconsin sample, the GLS estimates for remains were completely

unsatisfactory. In addition the ordinary least squares results for Blacks and those

with Spanish-surnames were unsatisfactory. We need OLS coefficients in order to

construct our measure of earnings variability, a. In order to'estimate a, We treated

the Wisconsin females as a whole in deriving OLS estimates, which are presented in

Table VI-10. The coefficients have the right signs, and the coefficient of un-

earned income, lies between zero and minus one. The explanatory power of the equation

is poor.

For the Michigan sample, we did obtain OLS estimates,tor,both white and Black

and other minority'female spouses (Table VI-11). The coefficients alt,satisfy the

expected conditions, although the unearned income coefficient for Blacks and other

minorities is not significant. The equation for non-whites is still poor,. although

A

. we did use it in calculating a. The'GLS estimates for both radial categories of

female spouses were again unsatisfactory. 'The GLS estimates are based on predictions.,

of a calculated' from the'variability equations. Whereas for males in both the

7
consin and Michigan samples GLS made a strong improvement, the GLS estimates for

Michigan female spouses are decidedly worse than the OLS estimates. Thus, for

female spouses in both the Michigan and Wisconsin samples, we must rely on the OLS

estimates.

Unscrambled coefficients for female spouses are presented in Table VI -12.

The reliability of,thesa.coefficients is questionable. However, the estimates of

--
B. are consistent With what might be expected. For the whole Wisconsin sample, ifF,

. f

is 127 hours,compared to full-time quarterly Irk effort Of 520. For the Michigan

sample, Tip is 878 hours for whites add 899 for non - whites, compared to full-time

annual work effort of 2,000. The maximum amount female spouse's would be willing to

work appears to be substantially less than the normal full-time effort. Female

200 .
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TABLE VI-11

Meee'ti Earnings Equations for Female SpodseS:
Regression Results, Michigan Data

Whites Blacks and Other Minorities

Variable 9T=6

Female Wage 7.8346 4.9970
(10.97)** (7.54)***

Unearned Income -.1053 -.0279
(-2.93)** (-1.03)

Constant 1.092 3.922

R
2

.30 .13
F ratio 64.92 28.92
liumber of Observations 301 404

White

TABLE VI-12

Unscrambled, Coefficients, Female Equations

Wisconsin Sample
1

Michigan Sample2

Female Spouse , Female Spouse Female Head

a
F

i4(quarterly) a
F

Tc(annual) a
F

17 (annualF

Blacks and Other
.1431 878, .1053 876

Minorities .1976 899 .0279 514

Whole Female .047 127.

Sample

1Based on OLS coefficients, Table VI-7101
2
Female Spouse; Ba§ed on OLS'coefficients, Table Vi-11;
Female Head, based on GLS coefficients, Table VI-13.

, NOTES TO TABLE VIL11 .

Only women with ,positive mean earrings included in regression.

Mean Earnings: mean over time of earnings (including periods of zero earnings),
in 1.967 prices. Mean calculated ofily over years in which female present:), Y'

\

Female Wage: mean over time of average hourly earnings of females, in 1967 prices.
Mean calculated only over years in which average hourly earnings positive.

Unearned Income: same as in Table VI-8.
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spouses may reach their limited target by part-time work. The major explanation of

this result, however, is probablythat the female spouses included in our regressions

orb for a period, but, then wUhdraw_fronl the labor_fprce altogetherfor the-remainder

of the time. Indeed, as discussed in Chapter V, the earnings of a p rson not in

the labor force are not explained by the same linear equation that explains the

earnings of workers. Our treatment of this difficulty was to assume that the earnings

of.anyone who never .worked during the Michigan.or Wisconsin surveys could not be

explained by our linear model, so that such individuals were excluded from our re-

gressions. For those who ever worked, any periods of zero earnings were considered

temporary deviations away from a non zero mean. That assumption seemed suitable enough

when examining male earnings. Many of our females, however; are probably out of the

/
o our treatmentlabor market much of the time even though they do work at some t

.

--
:- ,

of them is,probably inappropriate. While this reduces the reliability o

the estimates es*, nevertheless provide a picture consistent with this view.

We _e similar problems with the female heads of the Michigan sample.\ In Table VI-l3,ba
2_ ..

we do obtain satiafactory estimates from both OLS and GLS. All coefficients are sig-
1,,

the estimates

__-
nificant and,satisfy the appropriate conditions. However, the GLS estimates are

oo
A

slightly worse than the OLS estimates, indicating' that the predicted value froma from

the variability equations do not contribute to the explanatory poWer of the mean

earnings equations. Unscrambled coefficients for female heads appear-in Table VI-12.
f's-

As for female spouses, the estimates of are e far below full-time work effort.

2. The ImEact of a Transfer Payment System on Mean Earnings

We can use our estimates of the mean earnings equations to predict the

effects on mean earnings of changes in the guarantee level and tax rate of the transfer

payment system, assuming no change in either the wage rate or unearned, non-welfire

income, Q. Boththe guarantee level, G, and the tax rates, t E on earned income and tQ

,
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TABLE VI-13

--Mean Earnings Equations for Female Heads:
RegressionAtesults. Michigan-Data

Whites , Blacks and Other Minorities

Variable OLS GLS 'OLS, GLS

Penile Wage 8.5004 7.5229 9.4317 7.2120
(9.04)*** (9.11)*** (13.09)*** (10.32)***

Unearned Income -.1740 -.1431 -.2050 -.1796

(-5.43)***(_5.37)*** (-10.53)*** (-11.30)***

Constant 6.572 1.464 8.192 2.193

2
.40 .36 .32

F ratio 58.78. 51.27 129.78 101.23

Number of Observations 182 442

Variables same as Table VI-11. See Notes to that table4.

fir

0
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7

on unearned income, appear in the unearned income term for a person receiving transfer

payments. From equations (7) of Chapter IV, we know that the appropriate measure

of unearned income N -for a transfer recipient is

(1-tn) Q + G
N. at

1- t
E

where Q is the non-transfer, unearned income of the family. To determine the effect

.4

of a change in either G or one of the tax rates on earnings, we first calculate its

effect on N. Then, the estimated regressiod coefficient of N gives the final effect

on earnings. Notice that the effect of a change in G depends on the prevailing level

of t
E.

Similarly,_the effect of a change In tE'depends on the existing level of

the guarantee.

The New Jersey NIT experiment was designed to isolate the pure effect of various

NIT plans. The intentiOn was' to determine whether'an NIT in comparison to no transfer

plan at all would affect earnings or work effort. As we discussed in Chapter II,

this question could not be answered on the basis of the experiment because it,was

contaminated by :t1te introduction of AFDC-UF. The effects of the various treatments

can only .be deduced from a non-experimental process of analysis. Our regression

results provide a basis for such an analysis. Table VI-14 provides estimates of,

the difference in real earnings between a person receiving each of the eight ex-
,

perimental treatments and a person receiving no transfer payments at all, 'The initial

100% guarantee for a family of four in the experiment was $3300,*or $825 on a qUatterly

basis. We will take this as our estimate. of the real guarantee. The various guar-

antee_levels for different experimental groups are then given as varying percentages --

50%, 75%, 100%, 125% -- of this basic amount, Under the NIT experiment, the tax on
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TABLE VI-14

' Predicted Reductions in Quarterly Real Earnings Resultig from
ee---"NIT Experimental Treatments in Comparison to No Transfer

-Paympnt-, Wittconain Sample

Experimental Treatment Female
Guarantee Tax Rate White

:Male
Spanish Surname Black

1: 50 4 30 $61 $14 $25 $28

2. 50 50. 86 19 35 39

3.' 75 30 92 21 38 42

4. .75 50 129 29 53 58

5. 75 70 215 A8 / 89 97 ,

6. 100 50 172 38 71 78

7. 100 70 4286 64 118 129

8. 125 50 215 48 89 97

A

Predictions assume a family of 4. Guarantees are percents of $825.

No unearned income is assumed. Family, income: is low enough so that family is

always eligible for benefits. GLS estimates of am used for males, OLS estimate of

a
F

is used for females.

Applying the.t test for the significance of predictions, we found that all figures for

white males differ significantly from zero at the .001 level, for1females and Black

males at the .05
t
level, and the results for those with Spanish surnames do not differ

significantly from zero.

41.
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earnings tE, was equal to the tax on unearned income, tQ. However, it simplifies

calculations to consider an individual with no other unearned income, Q. (The pre-,'

dicted reduction in earnings' would be smaller, the more Q the family had.) The

numbers in Table VI-14, then, give the difference by race in male earnings and in

female earnings, not by race, for members of a family of four. Earnings are first

calculated given a particular NIT treatment, and then in the absence of any transfer

payment. The difference between these -- the reduction in earnings due to the NTT

treatment --.is recorded'in Table VI-14. (Note that the dollar amount of the reduction

is the same no matter what the initial earnings of the individual.)

There are substantial differences by treatment group and by race. The earnings

of white males show the largest reduation; Spanish-surnamed males the smallest. All

the results for white males differ significantly from zero at the .001 level, for

females and Black males at the 5% level; for,Spanish males the results do not differ

significantly from zero. From our formhla, both the-guarantee level and tax rate

mul affect earnings if there is any effect of- unearned income. The table gives an

idea of the .quantitative effects. The tax rate, for example, is the same on lines

2, 4, 6, and 8, but the guarantees differ. ,Comparing these lines for every group,

we see a larger reduction in 'work effort the larger-the guarantee (although the

magnitude of the difference by guarantee varies by race). Similarly,.the guarantee

4
is the same on lines.3, 4, and 5 and also lines 6 and 7 (at a different level), but

the tax rate differs. .There is a noticeable impact fronchangi4 the tax rate.

Although the NIT experiment was originally degigned to compare the effects of an
e

NIT with no transfer program, we have seen that the actual comparisons in most studies

,of the NIT were between an NIT and AFDC-UF. Indeed, as the Wisconsin staff has noted,

,61e interesting comparison is between an existing program and some revision of it.
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The welfare contaimination of each of the NIT experimental groups made it impossible

to observe even this effect experimentally. However, we can attempt to deduce the

'effects of a change in the existing system using our estimated equations for mean

earnings. The Michigan sample consists of families faced with the existing welfare

system. "The'chief difficulty is that there is not oimply one\2xisting program, but

I
many different ones in different states. We Will present, therefore, a few possibilities

to illustrate how a change in an existing program can affect earnings. Since' our

results are best for males, we will consider adjustments by male'head8 using the

Michigan data.

In the fifty states, the average guarantee available to a male-headed family of

four, including AFDC-UF, General Assistance,and Food Stamps, is $2,431. The effective

tax rate for a male head, beginning to work up to 20 hours at a wage of $1.60, averages

41i; while if` he were to work up to 40 hOurs at a wage of $2.00, the tgx rate would

be 88X.
7

To approximate the actual system, we will assume a guarantee of $2,400 and

a tax rate of 40%. We will then consider an increase in the guarantee of $1,000,

and, alternatively, an increase in the tax rate by 10 percentage points. FOr the

sake of comparison, we repeat some of these exercises for a guarantee of $3,600

and a tax rate of 40% and 70%. We assume throughout that the family has no other

unearned income. Again, the dollar change in earnings does not depend on the initial

jot
level of earnings. Results are presented in Table VI-15.

The predicted reductions for,whites all differ significantly from zero at the

5% level and for Blacks and other minorities at the 1% level. The interesting thing

to observe i$ how the effect of a given change in a parameter of the transfer system"

depends on the existing system. Con'sider first the increase in guarantee. A higher

guarantee would have the same effect on earnings no matter what the initial guarantee,

so we do not illustrate this effect. The effect Of the guarantee can vary sub-

stantilly, however, depLnding on the prevailing tax rate. At a tax rate of 25%,
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-TABLE VI-15

Predictions of Reductions in, ale Annual Earnings Resulting from

Changes, in Existinpiprograms, Michigan Sample

Proposed Program
Change

.1. Increase guarantee
$1,000

Blacks And
Existing'Program. Characteristics White Other Minorities
Guarantee Tax Rate-

$2,400 40% $263 $162

2. same 2,400, 70 525 323

3.- same 2,400 ;25 210 129

*

A, Increase Tax Rate ,2,400 40 126 78
by.10 ,, .

r
'A. r

5. same - ' 2,400 70 630 388

.6. same MOO 40- 189 116

7. same 3,600 70 946 582

Predictions based on GLS estimates in Table VI-8.

Applying the t test; for predictions, all results far whites differ signficantly
0

from zero at the 52 level and for Blacks and other minorities at the 1% level.
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a $1000 increase in the guarantee reduces earnings of whites by $2.10, or about 70

hours during the year if the hourly wage is $3. If the tax rite is 40%, the re-

duction is slightly larger, $263. But when the tax rate is 70%, the effec't is more

than doubled, $525. In 'a similar way, the effect of raising the tax rate depends on

the Initial tax rate and also on the initial guarantee. For example, raising the tax
7:

-rate by 10 percentage points from 40% to 50% has a modest effect on earnings, an

effect slightly larger when the guarantee is $3600 (line 6) rather than $2400 (line 4).

However, in both cases the effect is about five times greater when the tax rate is

raised from 70% to 80%. It thus appears that, at least in our Cobb-Douglas model,

a given increase in the tax rate has a somewhat larger discouragement effect on,

work effort the higher the prevailing guarantee. In addition, the discouragement

effect of both a higher guarantee_anda higher tax rate depend on the prevailing

level of the tax rate. For low and moderate tax rates, the extrirdiscouragement
t.

associated with higher tax rates of guarantees is small. However, as the tax rate

becomes large, an increase in the guarantee and especially a further increase in the

tax rate begin to have a very substantial effect in lowering work.effort. Although

we are not prepared to generalize theseresults, it is likely that the relationship

between earnings, the guarantee, and the tax rate will be non-linear; thus, differential

responses depending on existing parameter levels should be carefully investigated.

C. Conclusion

For our statistical investigation of the pattern of earnings, we chose to con-

ceatrate on two measures of pattern: the mean and the standard deviation. We attempted

to identify factors explaining mean earnings and those accounting for the variability

in earnings, to measure these explanatory factors, and to test their significance

. -

statistically. In chapter V we developed a procedure to estimate jointly the mean

and variability equations, thereby improving both. In explaining mean earnings, we

relied primarily on the standard economic model of.work effect, in particular on the
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;

In explaining the variability'ia earnings, we had no similar guidance from standard

economic theory. We speculated that variability depends on market forces beyond the

control of the individual,.on some of ihrs own 1 tations, skills, and abilities,

also largely beyond his control, but also possibly ion his own preferences, We'tried

to identify variables relatilig to these factors, and then ,by an essentially experi-.

mental process, chose those variables that seemed t contribute most to the explor-
,

ations of the variability in earnings. Wefound fir t that a number of industry

and occupational dummy variables were significant, well as some measures of in-

dividual characteristics. It is hard to generalIie bout these, since what mattered

varied by group and locality. HowaVer, to the exten that thesejariables measured

external market forces, we could conclude that much_ the variability in earnings

is explained by factors beyond the control of,-the individual. BUt-then we found

variables which suggested a possible voluntary basis to some of the variability. The

effect of the vbearned ihcome term for Michigah-males seemed to reflect a desire for

breaks in employment, made possible by an income cushion in the family on which to

rely. Although the desire for leisure seems to rise with income, there generally, appears

to be a continuing long-run commitment to the labor force. In 'contrast, the unearned

income term for females, or alternatively, the presence of the 'husband variable,

prodUced effects-' suggesting that dh income 'cushion wopld lead to a complete with-

drawal from the laborTEoree. Since tranigerjliayments rosy be expected to have an

effect similar to that of unearned income, it seems likely that they also could con-
(;,

tribute to variability in earnings. Nevertheless, our work in this area must be

considered' exploratory rather than definitive. In Chapter VIII, theie results will
.

'be considered once more to investiage their polty
.$, *,
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We were able to investigate more explicitly the role of the transfer payment

system in affecting mean earnings. We found for almost all groups a small but

'significant.reduation in work effort resulting from any increase in the benefits

offered by the transfer system. Perhaps thelmost interesting conclusion was that

the effect of any change in the transfer system depends on the program already in

-place. For example, when the tax rate is at low or moderate levels, a given increase

-in it will cause only a modest reduction in work effort. But if the tax is-high

already, further increases begin to. have much more marked .effects on earnings. The

effect of changing the guarantee depends in a similar way on the prevailing tax

.

rate./We are not sure how far we can generalize this conclusion of the Cobb-Douglas

mod4;but it seems ide to conclude that previous studies have not adequately

investigated the interaction between the'guatantee and tax rate.

,'

4

-4
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CHAP,TER V

Footnotes

1. Robert E. Hall, "Turnover in the Labor Force," Brookings Papers on Economic
Activity, 3:1972

2. Peter F. Doeringer and Michael J. Piore, Internal Labor Markets and Manpower
Analysis (Lexington, Mass., D.C. Heath, 1971).

3. Martin S. Feldstein, "Lowering the Permanent Rate of Unemployment," Harvaid
Institute of Economic Research, Discussion Paper Number 259, 1972, pp. 77-106.

4. We calculated a guarantee level, including an adjustment for family size, for each
family each period. Members of the control groups were faced with AFDC-UF
guarantees;as were members of the experimental groups, only in the periods when
they received it. Otherwise, members of the experimental groups were faced with
their experimental guarantees. .

5. Another interpretation is that program participants first reported net earnings,
but interviewers sought information on gross earnings. With the careful re-
porting required NIT recipients, they learned to give their gross earnings,
wheras control group participants did not. The switch from net,to gross
among NIT participants could show up as higher variance for them. Again,

it is not clear why only the Spanish should be so affected. For discussion
of this problem, see Harold W. Watts, et al, "Concepts Used in the Central
Analysis and Their Measurement' in' Watts and Red's, Chapter B I.

6. Rueben Gronau, The Intrafamily Allocation of Time: The Vilue of the Housewives'
Times," American Economic Review, September, 1973.

7.. Storey, pp. 5, 53 and 55.
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CHAPTER VII

An Analysis,of Transfer Payments

;

Any transfer payment system is governed by a complicated package of regulations.

Different families are likely to receive varying treatments under it depending on their

circumstances. First, there are rules govdrning eligibility -- whether benefits to

a family are to be positive or zero. Then if the family is eligible, its benefits

are calculated. Under both the NIT and AFDC, benefits are calculated'according

to a formula of the form.

(1) W = G -tY

where W is the amount of the transfer payment, G the guarantee level, t the tax or the

benefit reduction rate, and Y the income of the family. However, there are compli-

cations inapplying the formula, since there may be differences in the guarantee or

the effective tax rate between families. For example, the guarantee typically varies

by family size. The tax rate may differ with the type of income (earned or unearned).

In addition, the effective tax rate under AFDC is affected by program features such

at the set-aside and the work expense allowance. It. is not possible to produce a

single formula that will explicitly incorporate all the rules of a transfer system.

Nevertheless, it is reasonable to relate transfer payments to a few key variables

like income and family size, where the rules of the system, though not entering the

A
formAation directly, do determine the observed relationship between the payments

and the explanatory variables. This procedure is particularly useful in comparing

R'

In this chapter we rely heavily on the work of Mr. Hefty Sun, a research assistant
in the Heller Graduate School, associated with this research grant.

.4,
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transfer systems havinz_different rules, for one can then examine whether the ob-
i

served relationships differ between systems. In, the remainder of Part A of this chapter,

we will try to identify measgrable variables that can contribute to the explanation

of transfer payments. In Part B we will apply our model to_the Wisconsin study sample

. /

where we can compare several NIT plans and AFDC-UF. In Part C we will investigate

.welfare experience in the Michigan sample where families are covered by AFDC, AFDC-UF,

and General Assistance programs which differ by state.

A principal concern in studying transfer programs is to learn about the "welfare

dependency" of recipients. One measure of welfare dependency for a family would be

the proportion of time,it received transfer payments over a prolonged period. Chapter III

provides some information on this measure in Tables 111-6, 7, and 8. Yet there is more

to the story of welfare dependency. In an income conditioned, rogram, a family may

receive benefits even though it has income, provided its income is-low. The amount

of its payment ranges from its guarantee level when it has no income, down to. zero

as its income rises to the breakeven level of the program. -Thus, the welfare. dependency

of a family depends not only on w ,hether or not it receives benefits, but also on

the magnitude of the benefits received. A measure reflecting both elements of welfare

dependency is the mean over time of transfer payments received by the family. The mean

will be zero only if the transfer payment in each period is zero, in which case the

family has never received transfers payments over the period studied. At the other

extreme, the highest degree of welfare dependency occurs when the mean equals the

guarantee level of the family, for then it must have equaled the guarantee level all

the time. Intermediate values of the mean benefit arise either because the family

is ineligible some of the time (receiving a zero benefit) or because it has income

even while receiving benefits (so th t these are below the guarantee level) or both.

It should be noted that the mean benefit depends not only on the income, of the family,

b also on the structure of the transfer program. It thus measures welfare dependency

214
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I

.

in the'context of a given program and cannot be interpretedas a measnre of the4 .

relationship between family income and "family needs." Notice finally that the mean

benefit measuresytixesaverage.coat to tbe,government of OuPiortingi the family nnder,

the existing welfare system over a prolonged period of time...We' will use the mean

benefit level of a family as our depeni4ent variable.
*.

, : ':'
. ; ' i , t ' ; .

In explaining mean benefits, we must deal with the question of eligibility.,.: ,-,

The-rules differ substantially from one program to another and can get complicated.
.

,

For Our purposes, it is useful to distinguish three types of families: 1) those

F.

who are never eligible and are thus never recipients, 2) those who are e1igib1e in

every period of the study so that they always receive benefits, 3) those whose

'

eligibility varies over time so that they receive benefits, but only some of the .

time. For types 2 and 3, mean benefits will vary with income. Although type 1 ,

families experience different levels of income, their mean benefits are always the

same --.iero. Thus type 1 families should not be included in the same equation

that explains the mean benefits of families of types 2 and 3. (Differences between

type I families and the others are discussed in Chapter III.) We return to a.

discussion of what determines eligibility aft r'ciapsideriig what determines benefits

for type 2 and 3 families. .,

In any period in which a family is'eligible, its transfer payment is related to

its4noome by equation (1). For a family of type 2,(whicil is always eligible), the

,

neanhenefit, 4, will 14 related to mean income, 7, by the same equation, provided G

and i remain constant over time. If we 'could statistically estimate equation (1) just

for type 2 families, the estimated4befficient of Y should be the average, 4fiective

Nre

'tax rate. Howevai,_ our samples of type 2 families, alone are too small, since type 3

families are far more common. For a type 3 family, 17 will also be related to y, but
.

nOtby equation (1). in periods when the family receives no bene4itesnd when its

ineome-is high,. equation (1) wouldpredict a negative W while the actual benefit

":-,
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4

,would be zero. The value of Ti predicted by equation (1) would thus be smaller than the

true value. If we statistically estimate the relationship between actual W add Y, the

.estimated coefficient of Y should be negative, but smaller (in absolute value) thah

the tax rate..-. The coefficient of the mean income term will thUsomeasure the combined

effect of the average,.effective-taX rate and, the proportion of time families in our

simple are ineligible.

Observe that equation (1) is a linear expression involving income in one term

and .the guarantee in the other. As we observed earlier, the main reason for' differences

itS. the guarantee between families is differences in family size. For simplicity we

assume that the guarantee is,a linear function of family size, F.

(2) G =4A' + BF

The basic guarantee for a family offoUr is thus A + 4B, and B measures the increase

in_guarantee resulting from each additional person in the household. For a family of

,type 2, mein benefits would be .6

(3) = A + - tY

where F is the mean family size. However, if we estimate an equation in the form

.
(4) 171=a +a1 f-A2?

for both family types 2 and 3, we would expect each of the estimateicoefficients, ao
,

a and a2, to be smaller that the correspbnding program parameters A, B, and t. The

reason again'is that type 3 families are ineligible,for benefits part of the time.

During this ineligible time, equation (3) would.;predict a negative W when actual benefits

are zero. The estimating procedure, will thus tend to scale down he program parameters

in arriving at an equation that will predict actual W.

Indeed there is a serious difficulty in estimating equation (4) for family types

2 and 3 combined. Consider two families, one of type 2 and the other of type 3, such that

F and Y are the same for both. Since the type 3 family was ineligible soma of the time,

it may have had a high income in periodsof eligibility counterbalanced by a low income

in the other periods to make its mean income eqUal to that of the less Volatile income
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stream of the type 2 family. But then W will probably differ for the two families

even though equation (4) would predict an identical value for both.. The problem is

that we must introduce variables to control for the changes in eligiblity among type 3

families. Changes in eligibility result primarily from changes in income or in family

structure.

As the illustration in the last paragraph showed, there may be an independent effect

of the variability in income on the mean benefit to the extent that the variability is

associated with changes in, eligibility. A convenient measure of variability is the

standard deviation of income. However, the relationship between W and income variability

is likely not to be a simple
.

one. Consider a family with low mean income. If it is

-
a type 2 family (always receiving benefits), then variability in its income has no

independent effect on W. The variability begins to matter only when income in some

period"ecomes.large enough to make the family ineligible. To the extent that the

family is ineligible part of the time, its W will be smaller thaliothkt of a type 2

famq. with the same mean income. Thus, for a family with a given low Y, the larger

the variability in income, the greater the likelihood that the family will be inr

,44-'
ome of the time. The greater the period of its ineligibility, the smaller will

4

far

be its W. We may thus expect a negative relationship between income variability and

W a'family with low mean income. Consider, however, a family with mean income

above its breakeven level. On the basis of the mean alone this

no benefits. It becomes eligible to the extent that its income

in some periods. The higher the variability of its income, the

that it will be eligible part of the time, so the greater its W.

expect no relation between W and income variability for families

family would receive_

becomes low enough

greater the likelihood

To summarize, we

of type 2. For

families of type'3 we expect a negative relationship when mean income is low andkia

00-positive association when it is high.
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To accommodate all these cases in one model, we first define a variable Sy, equal

to the standard deviation of income for families of type 3 and equal to zero for families

of type 2. We then add this variable to equation (4),* but instead of assuming that

its coefficient is constant, we make it an increasing function of mean income of the

.

form a
3

117T- a
4 .

(Any increasing,- function of Y could be tried,-but we Obtained

the best results using the squ#re root.) This coefficient is negative when Y is low

enough, but becomes positive as Y rises. 04k model thus becomes

(5)

W = a
o
+ a

1
- a

2
f + (a

3
Irf_ a.4 ).Sy =

a
o
+ a1F - a2Y + ;

3
S yin" -,a

4
s7

We thus add not only the variable Sy, but also the product term,S
57'

as a separate

variable.

Consider now changes in eligibility resulting from changes in family

structure,. Suppose a female-headed family received AFDC. If the woman marries, the

family is no longer eligible for AFDC. It

is available in its state, but eligibility

As another

for AFDC.

easier for

is present

may qualify for AFDC-UF if such a program

standards are more stringent than for AFDC.

example, if a husband leaves his family, the family may become eligible

Thus, although a male- headed family may receive welfare, it is usually

a female-headed family to qualify. The number of periods the male head

is a variable that might measure this effect. The fewer periods the'male

head is present, the more periods the family is likely to qualify for welfare and

so the higher its mean benefits may be.

As one final consideration, note the likelihood of bias in estimating equation

(5), due to simultaneity. For not only does, income determine transfer payMents,

but transfer payments.may influence income.. We could have replaced actual income by

an instrumental variable constructed to bie uncorrelated with the error in equatidn (5).
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This construction could have been obtained.by using the predicted values from our

male and female earnings equations, then adding these to other non-welfare income

(aesumed exogenous) for each family. In view of the poor quality of our female

earnings equations, we decfded not to attempt such a 'procedure. Note in making

comparisons that while all-magnitudes id our earnings equations are expressed in real

terms, the variables in equation (5) are all in nominal terms. The theoryW labor

supply underlying the earnings equations relates only real variables. In contrst,,--

transfer payments are calculated in terms of nominal income.

B. NIT and AFDC-UF in the Wisconsin Study Sampler

1
'1. The Choice Between NIT and AFDC -

The introduction of'anAFDC-UF program in New Jersey shortly after the

beginning of the NIT experiment gave NIT recipients the option of switching to an al-

ternative program., Thus, average NIT benefits over time for a family could be low

"either because the family received small transfer payments altogether or because the

family switched to AFDC-UF. Two families could have the same values for all of the

independent variables in,equation (5) but different values of mean NIT benefits if

one of the families switched while the other did not. an estimating equation (5)

for the various experimental and control treatments, it is necessary to add a variable

to control for program switch g. The only switching possible was from a family:8

assigned NIT treatment group to AFDC-UF (or back again). What matters is the amount

of time spent under the alternative program. Let P be the ratio of the number of

quarters in which NIT was received to the number of quarters in'which any transfer

payment -- NIT or AFDC-UF -- was received. We will use P as our variable,to control,

for switching. It measures the percent of total welfare time spent on NIT.

As was shown earlier in Table 8 of Chapter III, P differs subetantiallifrom

one experimental treatment group to another. Apparently, the inducement to switch was
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stronger in some of the groups than in-others. Before proceeding with the estimation

of equation (5), it is thus interesting to investigate what detertines P. Our sample

for .this investigation is limited to members of the eight experimental-NIT treatment

groups who had the option of receiving NIT 'benefits. To insure a finite P, we limit
L.

the sample further to those families who receive some_transfel: piYment, whether AFDC=UF,

NIT,.or both, during the experiment. We then try a Number of explanatory variables

and estimate the relationship by least squares. The result is reported in Table VII=1.c.
. ,

The first_three-variables in_the table are variables that we-expect to explain

mean. payments under any given program as in equation (5)1 From line 1 we observe ,

that the higher mean income, the larger the proportion of "Welfare"' time spent on

NIT rather than on AFDC-UF. This is consistent with the features of AFDC=UF which'

require first that the male head net be working.in order to qualify for benefits

,(although he must have worked recently), and second thei'family income be less than

the guarantee level. In addition, male earnings are taxed at a high rate if the man

begins to work a substantial number of hour,. As a "result of these features, income

-must be low in any period itywhic4 AFDC-UF benefits are received. In'contrast

.eligibility in the-NIT plans depends only do income, not on pale hours worked. More-

over, the income eligibility level under NIT is at the breakeven level, not the ewer

guarantee level. Since income of NIT'families can be higher, than that:Of AFDC OF

-0. :families while receiving benefits, it is, not surprising that families with higher

mean incom .tend,to spend relatively more of their, welfare time on NIT.

The measure.of Income variability, S has a negative effect on P, so that families

'with greater variability spend more welfare time on AFDC-UF. As we have juat'observed,

44411Aincome must be verT for a family 'to qualify for AFDC-UF. But the male head must

have been working,before his earnings fell to zero. IIUS, AFDC-UF recipients must

:have fluctuating incomes Co qualify. In contrast, earnings of NIT family heads need

not, fall
"
to-zero for the family to qualify. A family can stay on NIT with little

%. 2'20*
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'TABLE' VII-1

4 -
Regression Estimaies,forT,'Proportion of Welfare Time Spent on NIT

Mean Income

err/
2-. S

y

.0002
(12.58)***

-.0003
(-7.51)***

3. Family Size . -.0443'

(-6.25)***

4. NIT Guarantee Minus
AFDC -UF Guarantee

5. NIT Tax Rate Minus
AFDC -UF Tax Rate

6. Trenton

.1671-
(4.98):!**

-.2420
(-2.56)*

.1509
(3.93)***

7. Constant .830

R2 .

Number of Observations

F ratio

.32

549

41.99

is
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TABLE VII -1

Notes

Sample includes only members of experimental treatment grOups who received some form

of transfer payment during' experiment.

P: ratio of number of quarters on NIT to number of quarters in which any transfer

payment (NIT or AFDC-UF) was received.

Mean Income: mean over time of non-transfer income in current priced.

Sy: same as in equation (5). Equals zero for a family receiving NIT all twelve

periods. Otherwise equals standard deviation of income.

Family Size: mean family size over duration of experiment.

NIT Guarantee Minus AFDC-UF Guarantee: NIT guarantee, as fraction of poverty line

for_the family, determined by experimental treatment group of family; AFDC-UF guarantee

-assumed to be 1.26 poverty line, since quarterly guarantee in New Jersey for a'family

of four was $1041 beginning in 1969 while the initial poverty line for a family of

four used in the experiment was $825 .per qudrter.

* NIT Tax Rate Minus AFDC-UF Tax Rate: NIT tax rate determined by experimental group

of family. AFDC-UF tax rate assumed to be .67.

Trenton: Dummy variable equals one if family lived in Trentou, zero otherwise.

Variables included in step-wise regression, but omitted from table'due to insignificance:

Spanish-Surname, Black, Jersey City, Scranton, meam hours worked by male'and by female.
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Iluctuation in income. Indeed, this'result, is consistent with our later findings that

,AFDC -UP payments are larger the larger the variability in income, while NIT payments

decline with Variability, at least up to a. fairly high level of.mean income.;

The negative coefficient of tae family size term may reflect the fact that even

as a family. size becomes very large, benefits continue to rise under APpd-UF.

contrast, NIT benefits increase only up to dfamily size of eight.

'The differential guarantee and tax rate have significant effects on the choi0-

of program in the expected directions. The higher the NIT guarantee relatiGe to that
14

of AFDC -UF, the more attractive the NIT. On,the other hand, a relatively higher NIT

tax rate induces families to sviichfo AFDC -UF.
ob-s

Thioositive coefficient for Trenton probably results from the fact that 'the ex-

periment began there earlier than in the other.oities. 'Since AFDC -UF was not intro-

duced,until after the start of the experiment, families in Trenton had less time in

which they could receive AFDC -UF. If they were to receive anything in the early quarters

of the experiment, it had to be NIT.

2. Empirical Results oNIT and AFDC-UF Payments

In order to detect differences in payment 'systems, it is necessary

,to estimate equation (5) separately for each different welfare treatment. We must

I

.
.

.

first separate mean NIT payments from mean AFDC-ptpayments (remembeting that some

,

.

individuals receive both, serially). There are eight different NIT treatments, so,
- :

,a. separate regression is run for mean NIT payments in each'of the. NIT treatment groups.

.;(

_Results appear in :,Table VII-2. Nebbers of the control group were eligible only for

APDP-00:, .,In.addit&iic any eligible family in, the experimental group could Switch

from NIT to.A7Do74Photice the:program became available. Since members of the control

,
group were faced.byonlSr oneprogram while members of the experimental group had, a

choice, wre estimated,,, gparately mean AFDC=uipayments for the experimental group as
, -

1440,aU4,fOr the pt"01 grOupesults appear in Table VII-4.

'2 2 a,

'
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TABLE VII-2

Notes

'Regression samples include only families with positive mean NIT payments.

mean over time of non-transfer family income, in nominal prices.

Sy: equals zero for families receiving NIT payments all 12 periods;. equals the
Standard deviation of non-transfer family income for others. .

Y': product of Sy and Y.

mean overtime of family size up to 8; a larger family is counted as having
8 members. (NIT payments adjusted on basis of family size only up to a family
of 8.)

P: ratio of the number of periods in which NIT payments received to the number of
periods in which any transfer payment - NIT or AFDC-UF - received.

2 5

4

04
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In examining the NIT, payments equatiois, notice first that P is strongly signi-

ficant with positive coefficient in every equation. As is reasonable, the larger the

fraction of welfare time spent on NIT, the larger is the mean of NIT payments over
ro,

the twelve quarters of the experiment. The variable P is included to control for the

fact that families in every experimental group chose to spend some of their welfare

. time on AFDC-UFgather than on NIT. As the significance of P shows, this opportunity

v"
to choose between programs had an important effect on the NIT payments actually

received. Indeed, it is possible that P does not fully control for the phenomenon

so that other coefficients are also influenced by the opportunity to switch to AFDC -UF.

Mean income (line 1) is strongly significant with a negative coefficient in all

eight NIT groups, but the magnitude of the coefficient varies from group to group.

Recall that the coefficient depends first on thetax rate and second on the amount of

time over which positive NIT payments were received. To see the effects of these two

factors on the coefficient, we can compare groups that differ only in the tax rate,

e.g., 1 and 2; 3, 4, and 5; 6 and 7; and also groups that have the same tax rate

differing only in guarantee, e.g., 1 and 3; 2; 4, 6, and 8;:"5 and 7. Although the

tax rate is 50% in group 2 as*opposed to 30% in group 1, the mean income coefficient

for group 2 is much smaller. The reason is obvious from Table VII-3 where we,see

in line 1 that members of group 2 receive NIT payments for an average of only 2.88

quarters as opposed to the 7.25 for group 1. Although/Ole guarantee is the same in

both groups, the higher,, tax rate greatly reduces the breakeven level (line 2 of

Table VII-3, for a family of four) making families ineligible at a lower level of income.

The only difference between groups 3, 4, and 51 is again the tax rate. The mean number

of periods for which NIT was received againdeclines dramatically as the tax rate
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increases. Nevertheless:the mean income coefficient is

relative to 3, so that the direct effect of the tax rate

case apparently predominates over its indirect effect on

coefficient` for group 5 sharply falls again, showing the

actually higher in group 4

on the coefficient in this

?articipation in NIT. The

strong effect of families

not participating in NIT, either because of ineligibility or switching Lo AFDC-AM:

Similarly, the coefficient is lower for group 7 than for group 6, In considering

changes in the tax rate, then, with one exception, the indirect effect of,the tax

rate.onprOgram partiCipation predominates over its direct effect on the mean income

-coefficient. When comparing, groups with the same tax rate, it is'apparent that the

higher the guarantee level, the greater the magnitude of the mean. income coefficient.

This-also reflects the importance of program participation since the higher the
I,-

guarantee (with given tax rate), the hier the breakeven level and also, the more

attractive the NIT treatment relative to AFDC-UP. It appears then that the coefficient

of mean income reflects not,only the direct effect of the tax rate on payments re-

ceived, but also the significant, but indirect effect ofboth the tax rate and guarantee

level on 'program participation.

From.equation(5) we,knowthat the effect of'the variability in income is re-

' , nested b5r_the coefficients of both S and S-Y Y. The product term is included to

detect the possibility that the effect of variability on mean earnings may switch

t. dfrom being negative to positive at some mean ome level: The Sy term is significant

with the:expeceed negative sign for groups 5, Le,' 6,.and 7,:while the product term

is significantly pbsitive for groups,4, 6, an47,. Thus.4or groups 4, 6, and 7
, 7 ,

4

.(and,also..for 8, even thougb the.coefficients are insignificant), we can caluculate
,

the levels of mean income which divide betsieen negaiiVe and positive eff Pots of Sy

,

(line. 3, Table VII -3).. In all cases, these levels are soiewhatiabove the breakeven
A0

, . . . .,.

level for a family of four. Since larger.families'have larger breakeven levels, the
. , , .

dividing income, levels could be cloge.to or, even.below breakeven levels for them.
.-

These numbers are not unreasonable in vtew of our argiiment that high variability

should reduce mean payments for families heavily dependent on welfare while it should
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Increase mean payments for families with higher incope. Both S and the product

term have the correct sign for group 8, but the coefficients are insignificant, That

is not surprising, since the S term measures. the effect of variability on mean

payment to the extent that the variability results in a change in eligibility for

$1;

benefits., In group 8 -- the most favorable treatment -- there are few shifts in

eligibility:' families who receive benefits tend to receive them most of the time.

In groups 2 and 5, families receive NIT for such limited periods that the equationg

are of questionable validity altogether. Overall then, to the extent that an effect

of the Sy term, emerges, it seems to be negative, at least for low mean incomes. For

groups 4, 6, and 7 we'can detect a shift to a positive effect in the neighborhood

of the breaketen level.

The, family size term is positive for all groups and significant for all,

except groups 2..,Ind 5. This seems to confirm the unreliability of the equations for

these_two groups. For the other groups, variations in the coefficient from group

to group'accord with expectations. First, in the formula for calculating henefits,
. 1 .

the family size correction Is larger the more generous the guarantee of the treatment

group. Due to this direct.effect on payments, we should expect a larger coefficient

the higher the basic guarantee. Second, the coefficient is increased by greater

program participation, which is encouraged by higher guarantees, and discouraged by

higher tax rates, By comparing coefficients on line 4 of Table VII-2, we observe

that coefficients are larger when the guarantee is larger, given a tax rate. They

are Smaller the higher the tax rate, siven a guarantee level.

We performed tests to determine whether each equation taken ass whole differs

from'others. We tested all,eight equations simultaneously ai well as

the equations for all groups with either the same tax rate or the same guarantee.

jn,ali. cases, the appropriate F ratio shows differences significant at letlis than the

.001 level. In view of the unreliability of groups 2 and 5,'the tests were repeated

22 9
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omitting these two groups. ,Again, the differences are strongly significant.

To see the implications of the differences, we calculated the.predicted value

of mean NIT payments based on each of the eight equations for a family of four having

a mean income of $1300 per quarter, a value of Sy of $400 a quarter, and a value of

P equal to one so that its entire welfare time is spent on NIT. The results are

presented in line 4 of Table VII-3. The $1300 mean income is above the quarterly

breakeven levels for a family of four for groups 2, 4, 5, and 7. Payments arise in

these groups only because the variability in income occasionally makes the family

eligible. Payments are much higher when the mean income is well below the breakeven

level, as in groups 3, 6, and 8. Groups 3 and 8 have the same breakeven level but

very different predicted payments. Group 3 has a high breakeVen leirel becauseof its

low tax rata, while group 8 has a high guarantee. Although eligibility standards

are the same for the two groups, the higher guarantee gives higher ayments in-group 8.

. Examining'now the results for mean payments under AFDC-UF presented in Table VII-4,

the mean income term is again negative and significant while the family size term

is positive and significant in both equations. In contrast to the NIT results,

the variability term, Sy , is positive in both equations, although significant only

'.' .

i

t;:smOng the experimental group. In the NIT program, change in income across the

. , .J.

'-JOreakeven level changes eligibility (except for complicationp introduced by the 230
income accounting system). 'In contrast, income must fall below the breakeven level

to the guarantee level and tale earnings must fall to zero for a_family to qualify

for AFDC -UF. It iligceivable that those with greater variability in income are

likely to qualify more often and thus have a higher mean AFDC-UF payment. In addition

we already observed in our discussion of the choice between NIT and AFDC-UF that

those 'with higher variability in earnings tend to spend more time on AFDC -UP. ,The

sample in the experimental group equation may thus include a large number of families

with both high variability and high mean AFDC-UF.payments. The significance of $

only` for the.experimentalgroup may thus'reflectsthe peculiarities of a self-selected

sample which chooses the program presumably because of its relative attractiveness
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TABLE VII-4

Regression Results on Mean AFDC-UF Payments, Wisconsin Sample

.Experimental Group Control, Group

-.3088 -.2892
(-7,59)*** (-5.9§)***

.2267 .0725

(3.22)** (:87}

83.5259
(8.59)***

-161.9201
(-2.69)**

73..0752

(6.74)***.

-124.7691

,4,:( at85)

,107.1278

(1.89) ---::::

421.0'3 . CL7t54

R
2

.

Number of"Observations
F ratio

.39

17'7

21.72

Notes

Regression samples include only families with positive mean AFDC-UF payments.

mean o,er time of Lion- transfer family income :in nominal prices.

S 1,: equals Zero for any family receiving AFDC-UF for 12 periods; equals the
,;a ,standard deviation of non-transfer family income for others.,

11 : mean over time of actual family size.

Trenton, Jersey City: dummy variables.
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In order to control for the program switching in the experimental group,

we tried the same varfable, P (the ratio of periods of NIT receipt to periods on

either form of welfare), used for.the same purpose is the NIT payment equations.

It was insignificant. In view of the possible peculiarities in the experimental

group sample, the equation for the control group probably gives.,a mord'reliable

A.

picture of the determinants of payMents under AFDC -UP.' However, with only one

equation, we cannot observe how particular elements .of program structure affect
0

the form of the equation as we could with the NIT groups.

.

We include ty,Idummyci variables in the AFDC4iJF equations to
d,
detect two possible

.
effects. First, AFDC -UPconld be administered differently indifferent cities.

Such differ cesere less 'likely under NIT. Second, since the experiment ran over
0

different periods of calendar time in each city, and since AFDC -UF was introduced
.

..

after the start of the experiment,' families in different cities had the AFDC -UP option

available for different lengthilof time. We observe' a negative `coefficient for

a
Trenton, significant for the experimental grchip.

C. Welfare Payments in the. Michigan Sample
0

A convenient feature Of the Wiscbnsin sample is that we can 'distinguiih,

several subgroups within which all families are subject to the same transfer program.

The Michigan'sample, however,is a natioza). sample. There are-numerous differences in

guarantee levels and tax rates between states and variationsin administration not

only between but within states. In order to get samples large enough to study, wei
w14 group states into the same four categories used in Chapter III. 'It should

,

be remembered that there etely be significant differences within these categories.

Moreover, the distinguishing charicteristics'of each Category are not known with

the same precision as is the case withthe Wisconsin subgroups.

Whereas the Wisconsin sample consists essentially of)male-headed, families, ,

the Michigan sample contains a variety of family types. Male- headed families may

qualify for General Assistance or AFDC-UP in those states offering it, while. families

232
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with female heads may be eligible for AFDC. In view of the more stringent eligihility ,

1

requirements for AFDC -UF and its more limited availability, we will study mean paymenti '
- .

.

for families "there the male head is always present separately from other families,..
,

The other families then include those whiCh always have a female head as well ae.Ao:se.:
, A

having both male and female heads at different times. The families with changig-
z

family heads nay qualify for AFDC -UF when the tale is present. However,,,the'likelier

source of benefits for such families is AFDC. We assume then that our cablegory

combining families with female heads and changing heads will receive priMirili AFDC

and General Assistance with just a small amount of AFDC -UF,srhile the AFDC -UF pay-

ments will be concentrated in the category of male-headed families. Results from

testimating equation (5) are presented in TablepI -5.

Since welfare status could change with a change in family head, the number of
.

the male head was preOent was included as a. variable, but it was insignificant.

V

Casual obsemiation of Table 111-7 had sUggeited the influence of disability on mean
-.

payments, but it too.wasinsiglecant'as a variable. ,AppareUtly, with the close
.

.

association between income and disability, the income term picks up post of the effect

of disabilities.

As with the mean payments equations for the Wisconsin sample, the family size terra

is always positive and *tally significant while the mean income-term. is alWays

negitiye and significant. Iwaddit4onthe Sy term and t$e product terzPappear with

correct signs for the loW, low and high, high groups.' Avoar.vv.a,_

In examining the mean income coefficient within each group of states, it is clear

that the coefficient for always male-headed fatilies is lower than that for the other

families in the first three categories. This is a reflection primarilikof the lower

participation rate of male-heided families in welfare programs. The exception is

, .

the high, high group. Wekoow that'Particiliation of male-headed families is higher

in this group. In additionlany of the states With AFDC -UF fall in this category.

,

1.
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Mbieover, the effectie tax rate in AFDC-UF is higher than that in AFDC, ranging up

to 65,-percent.

D. Conclusion

I

In this chapter wehive used the mean transfet payment over-a period of,a

few years as our measure of welfare dependency. It is more informative than a measure

o; simply presence on welfare since it presents the average cost-over a prolonged

period of supporting a family with a specific set of characteristics under .a given

program. Our principal. conclusion.is.perhaps best stated in a negative way.

Essentially, knowing the degree of welfare dependency implies little else about the

characteristics of the &rally (other than that it is poor over at least part of the

period under consideration). In particular, one cannot deduce matters st3ch as

whether or not family members are lazy or whether or not they are unstable'workers.

There are two chief reasons for the uninfqrmative nature of welfare dependency.

Firstii.our results show significant differences in what determines welfare dependency

resulting from differences in program structure. Second,even under a given program,.

.welfare dependency is:likely to depend, both on mean income and the variability of

income so that many combinations of these two variables can produce the same level

of welfare dependency.
(

The effect of program structure on,welfare dependency can be seen most explicitly

from the mean NIT equations for the eight experimental groups. We have there a set

.

of eight transfer programs identical except for guarantee and tax rate. We explain

welfare dependency in each program on the basis of the same independent variables.

-Table VII -2 shows that the coefficients of the variables vary in.e systematic way

as the tax rate and guarantee level change. Ourdiscussion showed' how the differences

in coefficients result first from differences ill payments, and second, from differences

in rdtes of participation in the program. In other words, a major part of the effect'

on welfare dependency of changes in the guarantee level and the tax rate comes from

I
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chines in eligibility.
,

Ou tedtt showed that the coefficients differ significantly
I- '

- 3

fron-one equation to:another. This means that-families in different treatment groups

with the same values Of, the independent variablet; will exhibit different levels of

welfare dependency:

Under a given.tranaferprogram, the appearance of both mean income and the'vari-
.

ability of income, 9 $ in, the equation creates the difficulty in interpreting a par-
, 7

. - ,

.. ticuiar level of welfare dependency. A given level of welfare dependency
.

can occur -

with various combinations,of mean income and variability. However, the trade-Offs
. ,.

it

'between mean,income and variability are complicated. The variability term was

introduced,to detect the effeCt of changes in eligibility on mean payments resulting

from changes in income. A given degree. of welfare.dependency,can result either

froi steady lbw icome, or from income sometimes higher, but sometimes negligible..

/41 other wordslhpth the steady, low wage worker and the higher wage worker who

, -

e.iperiancesVeriodic breaks is employment may have the dime degree of Welfar-d-aepend-=
onpt,.;:Work patterns must be investigated directly. In general, they cannot be deduced

frolaa-siteaaureof welfare dependency i
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0 /.1
Implications of the-Study-for thiim rro#4:ilv

objective of welfare prograths is to move _people from,"weIfire to work." -

fterwhelmingly, males-in the lowrincome and'near.low-income.popgiations typically
. ,V.

ff,
.

_, 7 . _ .

move-from welfare to work On thetr owm., OVer a longer stretch, ottime, most. female.
',.:.,,"... ----

1

.-

.heads of families in these income groups appear to do likewise. Therefore, tare is.

.

,needed in judging the success of the VO Program. A welfare recipientureturningto

work is only a partial measure of program success. The critical,element il_how .

Ce.

rapidly the change is made. Our results concerning' work patternsiand the deterr

minants of work effort provide a framework forejudging the exte4t't4.: 1'414 work-

effort can be influenced by _deliberate policy. In other words, our'finAings give
,

an,indicationof the limits of success fora prograth like WIN

Acttially the study Of program "success is more complicited becauseit is necessary
.

to distinguish a snort -term success --r'getting'a welfare recipient to work -- from a

Jong-term :success -r getting a recipient to, work in a situation where the probability

v-

is very low that he will leave work and return to the welfare rolls. Our results show

that whij. e there is much movement bepween work and welfare, there is little and slow

movement out of the low income ranges for most familiesfinding themselves there.

,A PrOgram'therefort, which,seeks to move people from welfare to work. may be successful

ona Ohortrterm beide but. nnsuccessful on a 1ptig=terp basis. Unfortunately, our

results,ptovlde.littleadditiOnal insight into ehe eyalugrOn of long-terM success,

being-udef4primatily fot the appraisil'of'shOtteetm success,;

Ins,:ietiOnii.of this chaptei we review_our findings Conceining,patterns

_

and the deterillAnants of'work effort, in order, td" the opportunities' far success

of the wiTyxOgram. $ection B considers possible effecte.pnWor* effort and welfare

,

of work

.4%
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dependency of changes in welfare programs. Section C considers limitations of the

study, indicating kroblems in the investigation of particular design elements of income

maintenance programs'like categorical programs or work tests,

A. Work Effort and the WIN Program

1. Work Patterns , .

The work,patterns of males,e 4 females wereinveitlia ed4separately in

'both, the Wisconsin and Michigan4ati sets.

Amon bale heads of families in the low income population, there is a
,

ey9f
kttierns,and:00atantialL

evidence of fluctuations n employment status
eci

. .
and earningsoyer time: lany point, rime --4oring_theNIT experiment, the Wisconsin

data indicate that roughly-06 percent of the mare heads were employed. During the

three year_experiment, however,,, roughly 96 percent of the males who basically remained

with. their families wprked'at one'time or,another. Similarly in'the Michigan data,

we'founa* that overtimelalmoSt all male heads worked at one point or another. Over

1

a five,year period, 96 percent of ,the male heads worked at some time. Thus, there

is not a fixed group'of employed working poor. Rather there is a flow of males

through employment, with the group as a whole evidencing a high degree of labor force

attachment.

Closer examination reveals that there are identifiable groups with significantly

different work patterns. bnelinteresting group in the Wisconsin sample, roughly one -.

fifth of the total, averages more than 41 hours of work per week'during the entire

experimental) period. .A majority of these men has substantial fluctuations in earnings,

, but the fluctuations do not result from unemployment. They result mainly from

fluctuations in overtime hours or from movinginana out:of moonlighting jobs. -These

very hard workers tend to be young, healthy, more educated, but nevertheless poor

or near poor. In addition to these workers who work regularly more than.full-time,

there is another group, over 10 percent of the total, consisting of Men who work

I #,
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. , .

Steadily at just the full-time level. Workers in these two groups would not normally

'be covered by the WIN Program. Although any of them could lose their jobs, given

ohoite, these people vOluntatily choose work. If they did lose their jobs and fell

under the coverage of'AFDO-UF and thus the WIN Program, they might need help only

in finding new 'obs. Other service trerentsmietbe unnecessary. These two groups

constitute nearly half of the Wisconsin sample of poor and near-poor male family heads.

In the Michigan data, we also find a sizable group of stable workers: nearly two-thirds

of the male heads averaged 1800 hours or more per year over .the five years.
4

The remaining half of the Wisconsin sample consists of males who at some point

during the study wereout of'work. In this, half, there is a small proportion who

never work and typically suffer froth some disabling condition. Another group, ton-
t

stituting over 30 percent -of the total has both unstable employttent and earnings. When

working, these people work full-time and earn wages similar on the average'to:those

of other groups. However, they often are unemployed and change jobs frequently. The

remainder of this half of the sample consists of those who work most of the time with

0

one or two brief spells of unemployment during the period of study. ,Almost always

those who lose these jobs do return to work again. This result holds for those covered

by the WIN Program as well as for, those who are not. (Since many of,these were covered

by, the NIT experiment rather than by AFDC-UF, they did not, in fact participate in WIN.)

It is this half of the poor and non-poor who are the potential clients of the WIN

Program. The very unstable workers might have special problems requiring special

treatments. For most, however, the critical question is whether, the observed unemPloy-

vent is voluntary.

In considering'a spella unemployment voluntariness can appear at the beginning,
kr

the end, or,both.",For example, a persom may lose his job involuntarily, but then
,



- 229 -

.

delay his return to work voluntarily. The WIN Program has little control over the

loss of jobs. Its main concern is the return to work. _Therefore, only voluntary
. .

A,

influences on the speed of return to work need be considered. If there is no intentional
-.

delay, the WIN Program is useful primarily to the extent that it provides job placedent.

i

If, however, the worker seeks to prolong unemployment, then there is an opportunity
.. .,.....

for the WIN Program to succeed in inducing a more speedy return to work.with treatments
st,

:. :-.

other than .placement services. In order to judge the voluntariness Of unempiOyma4,

it .is necessary to examine the determinants of, work effort and, in ,particular,

welfare programs affect work effort.

Although the study concentrated on males, substantial attention was devoted to Ellg_i,

work effort of females. In the Wisconsin data, no more than 15 percent or so of.the
..

. 7-

. . .

female spouses were employed at any point in time. Interestingly, in the Michiga# data

77 percent of the female heads of families worked at some time during the five years.

.And.over one-third of the latter group averaged 1800 hours or more of work per year

",over, the five yeari.

2. Determinants of Work Effort and Earnings

The statistical analysis of mean earnings and of the variability inearnings

from Chapters V and VI provide our evidence on the determinants of work effort. It-is,

of course, possible that a low wage rate will discourage a worker from exerting himself.

HoWavAi, we will concentrate on the determinants of variability in earnings and on the

effects of unearned income (including transfer payments) on mean earnings. Although

the principal interest of the WIN Program is in the work effort of those experiencing

unemployment, it is necessary for statistical purpoSes to use a sample consisting of

all workers whether or not they experienced some unemployment.

a. Unearned Income Effect

Our-equations for mean earnings showed a significant negative coefficient

for unearned income for most groups tested. That means that an increase in unearned

240
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Will tend to lead to, u reduction in, earnings and .presumably also in work;affOrt.,

Anbnenitien 'in both the Michigan and Wisoonsiti flyleaf the clitoouregoment effect
'

largest fOr *bite', while it is insignificant to those
w4

ith Spanish surnames in the
_

;Woke:nein:44201e..

-Our measure of unearned income depends on both the guarantee and tax (or benefit toes-

rite of-the welfare program: To see the implicationi of our, estimates consider aome_

Suppose that the welfare guarantee is increased by $1,000' from an knitial.

level of $2,406, which is close to the current national average guarantee available

to i male-headed family of four, inclu1ing AFDC -VF or GeneXalAsaistahciand Foo4 Stamps.

Using the Michigan data, for white males, we predict a reduction in annual earnings

that rangeefrom,$210 per year at a benefit-loss rate of 25 percent to $525 at a benefit?.

, loss rate of 70 percent. At a wage rate of $3.80 an hour, the corresponding reductions

in hours of, work per year are 55404,138. For Blacks and Tersons of other races, the

Similar reductions are $129 and $323, with'annual liours of work going down,b 34 and 85.

Now suppose that,the welfare program benefit-loss rate is increUted by 10 percentage

points from an initial level of 40 percent. At a guarantee,of,$2.400-fOr_white males

00 predicted declifie in earnings is,$126, or at awage of $3`48,0 an'hourk, 33 hours,

per year. Again, the induced decliue in earnings., is lower foreales:whO'are Black,

or of other races",, amounting to.$78, or 21 hours annusilly.-'

We found-relatively little incidence ofpartlime work: Therefore, these reductiOns"

in work effort will mean for the Boost part increased unemployment. (although for some

, . , , , ,

it could mean a reduction in overtime or moonlighting): Moteoverj,ithiS is extra An-
/ ' if _',

'

employmentth4"4,4oluntary: We May conclude then ghat .existing, welfere programs

induceon the average a small but significant reductitin in work effort Smi;pgMos,'

igroupa in-the'lxiorrand near poor population.

/
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b." Variability of EarniUgS

Additional information'on the voluntariness of unemployment is provided

by our analysis of the variability of earnings. Not surpridingly, unearned income is

significant variable in the earnings variability equations for some groups, reinforcing

the conclusion that increased unearned. income discouraged work effort, If higher

unearned income reduces work effort, the reduction can take the form of either more or

longer breaks in employment, prodUcing greater variability in earnings./

-In addition to unearned income, other signficant.factors explaining the variability

in earnings include various occupations, industries, locations, and numbers of job

changes, as well as characteristics of the worker like health, disabilities, age, and

education. These variables reflect labor market conditions beyond the control of the

worker as well as some of his own qualities which he also cannot control, but which

affect his labor market opportunities., Although these variables are related primarily

to involuntary factors, the. discussion in Chapter VI indicates that there May also be

a voluntary cOmpOnent in some of them. It is.'thus not possible to say precisely what

proportions of the variability in earnings are voluntary or involuntary. It is

probably safe to conclude, however, that although on the average there is a voluntary

component in the earnings fluctuations of an individual, much ofthe variability is

1

chwto factors beyond his control.

B. Welfare Liberalization and WelfareDeoendency.

In view Of the freqUent proposals for welfare-reform, it is desirable to yH

antiiipati what difficulties would arise if a reform plan*reyadopted. Our results

,

can giveeame insights into possible effectston work effort, and welfare dependency.

:

, .

The diaUSSion:Iithe previous section suggeststhit'moaerate.liberalizatiOn of

Wei4;e prOgriMs'dOiis.not,run the risk of eliminating work effort among the poor in
,. .

.,

genera4'evenAf coyersge.is extended to the working podr. Work end welfare will
t

"
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will continue to go together, both..aerially and sienitaneduily. But liberalization

eley,Induce more cutbAcks in work among some workers, as returns to-work are delayed,

- oVertime-andeoonlighting reduced, And voluntary-job separations increased.

411*evert.the_extent of welfare dependency' results aot_014'frod the, labor market
AA

eeperiente of individuals, but Alio depends greatly on the characteristics Of the welfare

_prOgrae they face.. Dependency., measured by time spent on Welfare-oramonnt of paYmentk:
, ,

received over time, can be influenced markedly by simple changes in program character

istici,,,even if mork,behaVior is completely uninfluenced. by the program changes.

Relying on. the Wisconsin data, we found noteurprisingli that males who averaged

high earnings during the experimental period received lower-Welfare payments than

'did those with low- earnings. But whereas the differehces betWeen the Ord groups.

were substantial when Considering regular welfare, they were telitifelyliinor when

looking at_NIT payments. Unljke the regular ABDCItiprogrAm the: NIT plane allOWed

families with working heads to receive payments and earnings simatanconsly. Thus,

men. with "unatable4-low" earnings who faced one of the 'NIT treatments received NIT

paymentsAveraging $225 per quarter compared to,$231 for those with 'Atable high"

earnings, a difference of only $24,per quarter., In contrast, the difference is muck'

greeter for recipients of AFDC -BP, where wen with "unstable-loW" earnings received an
, .

,
. .

average of, 4172. in AFDC-UP .payments per quarter compared" to $53.for .those with "stable-4
,.'

bigb,orilioss. .Similar,reaults are confiree4.by-tbe,statistiCif.tedta,of Chapter VII,

I4beralifzetiOn of Welfare. programs will .extend, welfaretdepeodency --,:s1191/ as a

. Stetter Of. Arithmetic., -Raising, benefit levels, fdr example, exteNts' coverage and tikes:

At-more:difficult gor people, to become :totally ineligible. If 'work, effort is affeCted:,

,

.P.Sii*Y04-100.1Seralizetion, then dependency willindisasefore,aecond reason.
5

wOrkeffortAioUld undoubtedly decline somewhat, but also since go many more people

,

J4414.,Covered.velfare liberalilation would greatly, expand the, tasks of the WIN Brograin.,

eeaince,*.eg1? with welfare 4beriiizatio4, hogeye;, is like4±_to be not the reduction

,/ork,.-legfOrt;,', but the ,4Crease in cost.
- t

4 ia
2,..3



.C. Limitations of the Study.

The chief limitation in the study is that it was not able to investigate

detailed design- elements of the W,IN Program. We relied on existing sets of. data

which are-rich in information on work and welfare experience and which provide a

Picture. of the context in which the WIN PiOgram operates. However, an investigation

o any specific design element would require a series of detailed questions'in.a
r

specially designed survey. Since-the project did not include its own survey, it .

could not_deal with such questions, but only with the .broader issues.ofthe relation-
.

'Ships between -work and welfare. It should be noted that our continuing _research

/on the work test is designed-to evaluate detailed eipects of program operation based

On a survey constructed specially for the project. This section concludes with .

(
a consideration Of two topics not dealt with in this study, the work test and the

problem :of :categorization:.:

1. Work Tests

A work test, strictly defined,wbuld overcome the work discouragement
I

effects of a transfer payment (or anything. else reducing work effort) simply by making

they payment conditional on some minimum level of work effort being maintained. However,

as a practical matter, work tests are unlikely to operate so easily, since much un-

employMent is involuntary, resulting from labor market conditions beyond the control

of the worker. In addition, some workers have Characteristics that employers do not ,

want -, making it especially difficult for them to get jobs.. Thus, work tests cannot

require actual work effort of all; they can only demand some Sort of evidence,that the

unemployed worker is seeking a job actively. The actual-work requirement can be appliedA ,

only once a Sob is available: Prior to that point,york testa usually areworkregis-

tration requirements requiring only work search on the part of the registrant. However.,

a'teit of job search rather than a straightforward requirement of work opens opportun-

ities for evasion. It is not necessarily a success for a work -test to return a person

214



,-0,0004 that would probably happen anyway. The critical test is whether

-test _induces a person into a Job more quickly than he would go ,on his Own

, ,
Vtanntary:UneMPloyment largel,i-it matter of timing, it is not obviOuS, hat a Work

Since

.

test This reseatch grant continues in its next phase w4 an empirical
,:

.

'investigation -of the of actual work tests' based on surveys conducted in. five

ThUa, althOugh a work test seems like an obvious device to increase work

effort, careful investigation is required-to determine whether this actually is
-0

,the 'case.

s.

. The :Categorization Problem

Although the desire is often expressed,that:the poor be encouraged to

. work, the coicern 4&e& not apply equalk to all poor. For example, it is often felt

,that women with young children or the disabled should not be required to work. In
-

, ,,

other words, an attempt is made to distingUish those;to be encouraged to work from

others. Such a process of categorization is needed in most cases where Workencourage--
. ,

ment device& are included in the income maintenance progiap. For example, the WIN
-

Frograt excludes young persons enrolled in school and the disabled, As another example,

i-one believed that low tax rates had very little effect_on work effort, one might

Want a categorical negative income tax with a low tax rate'and alovsnarantee for

potential 'workers, but a high guarantee together with a high tax.rate for others.

40%0464-of a work test, of course, requires a categorized population. Categor-
,

izingachemed can be even more complicated. Suppose, for example, that an income

maiutenance'prog#Onvolves several treatments to encourage,work. effoit, 2ike job

q6u#0.144,iOd a work test. Then individuals must 1:41g4t.egOrized,on the

)1:4140":Of their suitability fOr each of treatments. Categorization; thus is re.:,

4444. to iteplreiaettt,'apecific ,program: features designed to encourage work effort."

.
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Individuals can be categorized most readily on the basis of easily observed

characteristics, for example, women with children utider six. However, we have ob-

served much unexplained variance in earnings in cross-sections of individuals even

after controlling for demographic factors. It is likely,that any grouping based solely

on measurable demographic characteristics will include considerable variety in:

employment patterns. In our original proposal we suggested a refined approach to

categorization. We argued there that'anyone can.work ateome cost. A mother of

young_children can work if the chidren receive day-care treatient. Most individuals

with disabilities can be placed ia jobs that they can learn to.perform. Individuals

lackini skills may be trainable, while those with psychological problems interfering

. .

.with, work effort can recieve counseling. In other words, nearly everyone can be

made to work if,society is willing to absorb the cost. Now Suppose the income maln-

stenance program. _includes a.sum of money for getting participants to work..Itall/

.potential recipients are arrayed according to the cost of putt4g them to work, the

4
availablp sum should be applied beginning from those.-withlowest,.cost up to the point

where the given sum is exhausted. That point marks the dividing line between the

category of those who are. to be required to work and the others. The approach can be

modified if one wants to measure the benefits of putting a,person to work. The Cal-
,

culation of individual costs may depend on the range of treatments to be offered.

Allowing for various complications, the principle involves categorizing people on

the basis of their labor market potential rather than some demographic characteristic,

only loosely related to suitability for work.

If this principle were to bedeveloped, several kinds of information would be Aeeded.

First, the effectiveness of a particular treatment in getting various sorts of in-

4, dividuals to Mork must be known. As we have discovered, learning the effects of gl.work

.

.test alone requires a major research effort. Second, the cost of each treatment must

.
4Vo

:,

4
..
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474 established. Third, the various work related problems of individuals Must be

identified and people classified on the basis of such_problems. We had intended to

concentrate on the third area.,

Serious difficulties beet attempts to dlassipeople on the basis,of-their

work- related problems. The program could establish general guidelines to be applied

to each individual by a caseworker. The classification of individuali then depends It

I.

largely on the judgments of the caseworkers, among whom there are significant differ-
,

,,o.
.,

encee in judgment. An approach such aawe suggested could be valxble mainly if it

reduced the discretion of caseworkers in assigning individuals to categories by
1,--

, I . .
developing a more specific set of guidelines. Guidelines should satisfy two criteria;.

1) if the individual has some characteristics of interest, the guidelines should
. .'

:be such that there is a high probability of detecting that characterisltc; 2) if the

individual doe `WO:t possess 'some quality,

lines not attribute to him mistakenly.

must first diStinguish those worker
11,

But then there must be a highly reliable

'Possesses each of the characteristics.

the probability must be high that the guide=

If follows that a reasonable set of guide-
' *

characteristics of concern to the program.

.

formula ,for predicting whether a worker

)
The variability in the earnings of awindividual is. only one element contributing

to,an understanding of his work - related problems. Nevertheless, one can see Acme of

the difficulties inconstructipg an adequate set of guidelines by examining our equations

for the variability in earninge (ChapteryI, Part A). 'Regression equations like these

allok prediction of, the dependent variable given any set of values of the independent

variables. ThUk, as long as we kneW the values of the independent variables for an

We.couid predict the value, of his dependent variable without needing to

observe it directly. difficulty with prediction is that there is always some error.
.

4

NO10loOking,at our equations for the variability of earnings, their explanatory power

.14 hot too high and it cai be shown tha the confidence limits for prediction are wide.

That ia,,the probability is high that for any individual the true variability in hie
t

247
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earningS differs substantially fromits predictedyalue. As aconsequence, a person'

,could be easiIrplaced in. the wrong category of earnings variability on the, bests of
....,...-

-

our equation.. More realistically, categories would depend on several characteristics
.

.

which,like the variability in earnings, are each likely to be predicted imperfectly.
.

.

Satisfactory -.guidelines could be established only, if the probablity is high that the
.1.

..
error in the.joint prediction is small.

The difficulty with an equation like ours for earnings variability is not- hatd

to find. The independent variables include a number of easily measurable general

characteristics of workers. The equation is useful in identifying which characteristics

are significantly related to the variability in.earnings'and thus helps provide a

r
ff

picture of 'common elements contributing to the earnings variability of many individuals.

Although there are' similarities in.earnings patterns, however, there are liksly,also

to be unique leeentslaffecting the earnings of many individuals for which the eiuition

cannot control.: Tiie reason the predictiverpower of our equations is low (besides errors

1.1ameasuting the variables) .fs thus the omission of many ofhe Actual explanatory

variables. It is Conceivable that a survey designed to examine the- details of work

problems could yield more explanatory variables which could improve the predictive

power of our eqdations. Yet there is no'pnssibility of isolating

.peculiaritiesAm&I' thus eliminating all errors in prediction., The practical question

is how much of the variability in earnings (or any other variables of interest) is

.

. ...

.

.

i

.

explained by unique factors peculiar to justteingle individuals and how much depends

on features common to many people. The greater the uniqueness in individual behavior,

.:: .

the less readily research can be used to establish detailed guidelines for a procedure

like categorization. But if thelguidelines cannot beiset reasonably, the process of.

categorization itself becomes questionable.

218
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.

Tt nay be thet,further research will provlge-the kind of detailed information

. .

Oet_itticeesety to construct guidelines for categorization. Indeed, programi

tnencOnrage'vtfk effort face the. best chance of success if treatments are applied
i

to 01618* individuals most suited for them -- that is,. if the recipient population

can i)le adequately categorized. However, our results coot be stated with the

definiteness required to establish an adequate system of categqrization. .

J

* I A,
1;
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